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The /’-Gaussian-Grothendieck problem with vector
spins
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Abstract

We study the vector spin generalization of the ¢”-Gaussian-Grothendieck problem.
In other words, given integer x > 1, we investigate the asymptotic behaviour of
the ground state energy associated with the Sherrington-Kirkpatrick Hamiltonian
indexed by vector spin configurations in the unit ¢’-ball. The ranges 1 < p < 2
and 2 < p < oo exhibit significantly different behaviours. When 1 < p < 2, the
vector spin generalization of the ¢”-Gaussian-Grothendieck problem agrees with its
scalar counterpart. In particular, its re-scaled limit is proportional to some norm
of a standard Gaussian random variable. On the other hand, for 2 < p < oo the
re-scaled limit of the ¢?-Gaussian-Grothendieck problem with vector spins is given by
a Parisi-type variational formula.
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1 Introduction and main results

Given an N x N matrix A = (a;;) and some 1 < p < oo, the ¢?-Grothendieck
problem consists in maximizing the quadratic form foj:l a;jo;0; over all vectors
o = (01,...,0n) € RY with unit "-norm, ||o||5 = Zfil|di|p = 1. In other words, it
involves computing the quantity

N N
GPn,(A) = max{ Z a;j0;0; | Z|ai|p = 1}. (1.1)
i=1

ij=1

In the case p = 2, this is the maximum eigenvalue of the symmetric matrix (A+ A7) /2. On
the other hand, the limiting case p = oo has been extensively studied in the mathematics
and computer science literature for its applications to combinatorial optimization, graph
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theory and correlation clustering [1, 5, 10, 14, 26]. The range 2 < p < oo can be thought
of as an interpolation between the spectral and the correlation clustering problems [21],
while the range 1 < p < 2 seems to be unexplored in the literature. Finding an efficient
algorithm to solve the ¢P-Grothendieck problem whenever p # 2 is generally difficult
[18, 20, 24, 25, 27], so it is natural to study the /P-Grothendieck problem for random
input matrices first. In fact, it should help understand the typical behaviour of (1.1). This
leads to the /P-Gaussian-Grothendieck problem,

N N
GPy, = maX{ > gijoioy | D loil? = 1}, (1.2)
i=1

4,j=1

where (g;;) are independent standard Gaussian random variables.

The asymptotic behaviour of (1.2) was studied in great detail in [6]. It was discovered
that the re-scaled limit of (1.2) exhibits significantly different behaviour in the ranges
1 <p<2and2 < p< oo; in the former, it is proportional to some norm of a Gaussian
random variable, and in the latter, it is given by a Parisi-type variational formula. In this
paper, we will show that this behaviour persists in the vector spin generalization of (1.2).
Our work is motivated and greatly influenced by [6]; however, new ideas are needed to
treat the range 2 < p < oo. These will be detailed at a later stage, and they will allow us
to avoid the key truncation step in [6] as well as its associated technicalities. Therefore,
specializing our arguments to the scalar setting, x = 1, yields a simpler proof of the main
result in [6].

Before we describe the vector spin analogue of (1.2), let us mention that another
motivation for investigating this optimization problem comes from the study of spin glass
models. In the language of statistical physics, the quadratic form ijzl 9i;0:0; is known
as the Hamiltonian of the Sherrington-Kirkpatrick (SK) mean-field spin glass model, and
the quantity (1.2) corresponds to the ground state energy of the SK model on the unit
(P-sphere. From this perspective, the vector spin generalization of (1.2) which we will
study in this paper is very natural; it also appears in the computer-science literature
[1, 5, 14, 19, 21] when studying the convex relaxation of (1.2).

Let us now describe the vector spin generalization of (1.2) using the notation and
terminology of statistical physics. Fix an integer « > 1 throughout the remainder of this
paper. The Hamiltonian of the vector spin SK model is the random function of the N > 1
vector spins taking values in R",

&= (71,...,7n) € RM)Y, (1.3)
given by the quadratic form
N
HY (&)= > 9ii(7i ;). (1.4)
i,j=1

where the interaction parameters (g;;) are independent standard Gaussian random
variables and (-, -) is the Euclidean inner product on R”. Denote the coordinates of each
spin &; by

5!1' = (O’i(l),...,Ui(I{)) GRH, (1.5)
write the configuration of the k’th coordinates as
o(k) = (o1(k),...,on(k)) € R, (1.6)
and introduce the ¢”2-norm on the Euclidean space (R*)",
N
1Z1p2 = Y _I@ll5- (1.7)
i=1
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The ¢P-Gaussian-Grothendieck problem with vector spins consists in maximizing the
Hamiltonian (1.4) over the unit /?2-sphere. In other words, it involves computing the
quantity

GPy, = max {HY () | | Flp2 = 1}. (1.8)

To handle the range 1 < p < 2, we will use the Gaussian Hilbert space approach to
the Grothendieck inequality [1, 5, 14, 21] in order to show that for any N x N matrix
A = (ai;),

N
GPyp(A) = max{ N i (70 75) | Il = 1}. (1.9)
ij=1
This identity was mentioned in [19], but no proof was given. Combining (1.9) with
theorem 1.1 and theorem 1.2 in [6] will immediately give our main result for 1 < p < 2.

Theorem 1.1. If 1 < p < 2, then almost surely,

1 12 *\1/p"
Jim oGPy = 2 (Blg) (1.10

where p* is the Hélder conjugate of p and g is a standard Gaussian random variable. On
the other hand, if p =1 or p = 2, then almost surely,

1
li Pyi1=VvV2= 1 —GP 1.11
Do \/logNG Nt V2= N N2 ( )
The range 2 < p < oo will require substantially more work, and will occupy the
majority of this paper. It will be convenient to introduce a re-scaled version of the
Hamiltonian (1.4),

N
Hx > 9i(70 7)), (1.12)

1,j=1

aw

as well as a normalized version of the ¢/?2-norm (1.7),

s 1
Mﬂ&=fIP—NZwW (1.13)

If we denote the classical SK Hamiltonian on R by

N
HY (o (k) = —= > gijoi(k)o;(k), (1.14)
VN

ij=1

we may express the vector spin Hamiltonian (1.12) as
Hy () =Y _ Hf(o(k)). (1.15)
k=1

It is readily verified that for two spin configurations &', &' € (R*)" and two integers
1<k K <k,

’ ! ’ 2
E Hf (o' (k) HY (0" (F)) = N (R ), (1.16)
where
A
Riy ==Y ol (1.17)
=1
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is the overlap between o' (k) and o (k’). We will denote the matrix of all such overlaps
by

’ /T
R(@, &) = (Riﬁ 7! (1.18)

kk’<m -

\\Mz

The covariance structure of the vector spin Hamﬂtonlan (1.12) may therefore be ex-
pressed in terms of this matrix-valued overlap as

EHy(G)Hy =N Z (Ri#)* = NI R ||s. (1.19)
ke,k/ =1
where ||y||fs = Y4 1 [7k,k|* denotes the Hilbert-Schmidt norm on the space of k x
matrices. Writing

SN ={F e @)V | F]],, =1} (1.20)

for the unit normalized-¢?-2-sphere, the /P-Gaussian-Grothendieck problem with vector
spins may be recast as the task of computing the ground state energy

1 —
GSEy, =N+ 3GPy, = ¥ dax Hy(@). (1.21)

Using Chevet’s inequality as in section 3 of [6], it is easy to see that this is the correct
scaling of (1.8) when 2 < p < co. To study the constrained optimization problem (1.21),
it is natural to remove the normalized-¢”>>-norm constraint by considering the model
with an #72-norm potential. For each ¢ > 0 define the Hamiltonian

Hypi(F) = Hn(F) — t]| 2]} 2, (1.22)

and introduce the unconstrained Lagrangian

1 —
Lyp(t) = 5 Sax Hy (). (1.23)

Our first noteworthy result in the range 2 < p < oo, which we now describe, will relate
the asymptotic behaviour of the unconstrained Lagrangian (1.23) to the limit of the
ground state energy (1.21).

Consider the space of k x kK Gram matrices,

I, = {v € R**" | v is symmetric and non-negative definite}, (1.24)

endowed with the Loewner order vy; < 7, if and only if 7, — v, € T, and denote by '}
the subspace of positive definite matrices in I',,

It = {y €T, | vis positive definite}. (1.25)
For each D € I',, write
S(D) = {7 € (R%)Y | R(7,7) = D) (1.26)

for the set of spin configurations & € (R*)" with self-overlap D, and introduce the
constrained Lagrangian

1
L t) = — H 7). 1.27
Np,D(1) N A2 Npt(F) (1.27)
In section 2, we will show that the constrained Lagrangian (1.27) admits a deterministic
limit L, p(t) with probability one, and in section 4, we will establish the following
asymptotic formula for the unconstrained Lagrangian (1.23).

EJP 27 (2022), paper 70. https://www.imstat.org/ejp
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Theorem 1.2. If2 < p < oo, then almost surely the limit L, (t) = limy_,oc Ly p(t) exists
for every t > 0. Moreover, with probability one,
L,(t) = sup L, p(t) = sup L, p(t). (1.28)
Del's Dert

Subsequently, in section 5, we will use the basic properties of convex functions to

derive the following key relationship between the limits of (1.23) and (1.21).
Theorem 1.3. If 2 < p < oo, then almost surely the limit GSE, = limy_,.c GSEyN,
exists and is given by
2-1 ., 2
GSE, = g(g - 1) T L) (1.29)
for every t > 0.

This result reduces the study of the ground state energy (1.21) to that of the La-
grangian (1.27) with positive definite self-overlaps D € I'}. The main result of this paper
will be a Parisi-type variational formula for the limit L, p(¢) of (1.27) when D € I'}.
Together with (1.29), (1.28) and (1.21), this will give a Parisi-type variational formula for
the /P-Gaussian-Grothendieck problem with vector spins when 2 < p < cc.

Given D € T'}, we now describe the Parisi-type variational formula for the limit
L, p(t) of (1.27). Let us call a path 7 : [0,1] — T',, piecewise linear if there exists a
partition 0 = ¢_; < g9 < ... < ¢, =1 of [0, 1] and matrices (v;)-1<j<, C I'x with

m(s) =yj-1 + ‘j_ﬁ(% —75-1) (1.30)
when s € [g;_1, ¢g;] for some 0 < j < r. Denote by II the space of piecewise linear and
non-decreasing functions on [0, 1] with values in T,

Il = {r:[0,1] = I | 7 is piecewise linear, 7(z) < m(z') for z < z'}, (1.31)
and for each D € I',, write IIp for the set of paths in II that start at 0 and end at D,
Ip = {weH\w(O):Oand w(l):D}. (1.32)
Notice that any path 7 € IIp can be identified with two sequences of parameters,

0=¢-1<¢=<...<¢-1<gr =1, (1.33)
O=v1=vv<m<...<vnaly=D, (1.34)

satisfying 7(g;) = ; for 0 < j < r. Explicitly, the path 7 is given by

S —q;_
ﬁ(%’ —Yj-1) (1.35)

w(s) =vj_1+
! 4 — qj—1

when s € [Qj_17Qj] for some 0 < 5 < r. Denote by N the set of finite measures on
[0, 1] with finitely many atoms, and given ¢ > 0 and X € R#(++1)/2 consider the function
2 R® — R defined by

(@) = sup ( (@,2)+ Y Mwolk )—tll?\\g). (1.36)

TER” k<k!

Notice that any discrete measure ¢ € N¢ may be identified with two sequences of
parameters

0=¢1<q<...<q¢-1<¢ =1, (1.37)
0=C1<C<...<G-1<¢ <00, (1.38)
EJP 27 (2022), paper 70. https://www.imstat.org/ejp
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satisfying (({g;}) = ¢; — (j—1 for 0 < j < r. Moreover, the sequences (1.33) and (1.37)
can be taken to be the same by duplicating values in (1.34) and (1.38) if necessary. We
will often abuse notation and write ¢ both for the measure and its cumulative distribution
function. Given independent Gaussian vectors z; = (z;(k))k<, for 0 < j < r with
covariance structure

Covzj = v — vj-1, (1.39)

recursively define the sequence (Yl’\’g’”)oglgr as follows. Let
YT ((25)0<5<r) = I3° (\@Z Zj)a (1.40)
j=1
and for0 <[l <r—1let

s 1 s
VM (osict) = & 108 Bay exp QYR T (21)oss <) (1.41)

This inductive procedure is well-defined by the growth bounds established in lemma A.2.
Introduce the Parisi functional,

1
Poo(X¢m) = YT = > A Dy —/ ¢(s) Sum (7(s) @ 7'(s)) d s, (1.42)
K<k’ 0

where Sum(y) = >, ;, Yk is the sum of all elements in a x x x matrix and © denotes
the Hadamard product on the space of k X x matrices. We have made all dependencies
on k,p,t and D implicit for clarity of notation, but we will make them explicit whenever
necessary. The following is our main result.

Theorem 1.4. If2 < p < oo, then for any D € I'; and everyt > 0,

Ly p(t) = irclf Po(A, ¢, ), (1.43)

’ 17T

where the infimum is taken over all (\, ¢, ) € RF#H1/2 x N'd x TIp.

We close this section with a brief outline of the paper. Section 2 will be devoted to
the range 1 < p < 2 and will include a proof of theorem 1.1. The rest of the paper will
focus on the range 2 < p < co. In section 3, we will use the Guerra-Toninelli interpolation
[13, 29] and the Gaussian concentration inequality [28, 29] to show that the constrained
Lagrangian (1.27) admits a deterministic limit. In section 4, we show that, in a certain
sense, the limit of the constrained Lagrangian depends continuously on the constraint.
This continuity result is inspired by lemma 7.1 in [6]. Unfortunately, lemma 7.1 in [6]
does not extend to the vector spin setting since we can no longer modify overlaps by
simply re-scaling spin configurations. To overcome this issue, we will revisit lemma 4 in
[33], originally designed to prove a vector spin version of the Ghirlanda-Guerra identities
[12], and we will leverage Dudley’s entropy inequality [9, 35]. With this continuity
result at hand, we will closely follow section 7 and section 8 in [6] to prove theorem 1.2
and theorem 1.3. This will be the content of section 5 and section 6. In section 7,
we will introduce a free energy functional that depends on an inverse temperature
parameter 5 > 0 and is asymptotically equivalent to the constrained Lagrangian (1.27)
after letting § — oo. For each finite § > 0, a simple modification of the arguments in
[33], which we will not detail, gives a Parisi-type variational formula for the limit of the
free energy functional. This is reviewed in section 8. The rest of the paper is devoted
to finding a similar Parisi-type variational formula after letting 5 — oo. This is where
our approach differs substantially from that in [6]. In our attempt to generalize the
truncation argument in sections 10-12 of [6] to the vector spin setting, we discovered

EJP 27 (2022), paper 70. https://www.imstat.org/ejp
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that by a careful analysis of the terminal condition (1.36) and its positive temperature
analogue, the proof for the scalar, kK = 1, case could be considerably simplified. This
simplified proof extended with minor modifications to the vector spin setting and is
what we present between section 9 and section 11 of this paper. In particular, our
arguments can be used to simplify the proof of the main result in [6]. The careful
analysis of the terminal conditions is undertaken in section 9. The resulting bounds are
combined with the Auffinger-Chen representation [4, 16] in section 10 to compare the
Parisi functional (1.42) and its positive temperature counterpart. The specific form of
the Auffinger-Chen representation that we use is a higher dimensional generalization
of that in [6, 7]. The proof of theorem 1.4 is finally completed in section 11. For the
reader’s convenience, we have postponed a number of technical estimates to appendix A,
and we have included a review of elementary results in linear algebra in appendix B.

2 Therange 1 <p<2

In this section we show that the (P-Gaussian-Grothendieck problem with vector spins
agrees with its scalar counterpart in the range 1 < p < 2 by proving (1.9). Recall the
definition (1.1) of the ¢?-Grothendieck problem GPy ,(A) for an arbitrary N x N matrix
A = (aij).

Lemma 2.1. For any N x N matrix A = (a;;) and every 1 < p < 2,

N
GPyp(4) =max { 3" ay; (5, 7,) | 1Fllp2 = 1}. (2.1)
ij=1
Proof. Given o € RY in the unit #’-sphere, consider the vector spin configuration
& € (R*)"N defined by
ifk=1
(k) = {" ' ’

0 otherwise.

N

Notice that || &[]} , = [lo]s =1and 3_,;_,

A;j0;05 = Zz]'\,]jzl Qi (5')1‘, 5’2) . It follows that

N N
> ayoio; < maX{ > aii(T075) [ 1@ ]p2 = 1}7

i,j=1 i,j=1

and taking the maximum over all such & € R" gives the upper bound in (2.1). To
prove the matching lower bound, fix a vector spin configuration & € (R”)" in the unit
¢P2_sphere. Let g be a standard Gaussian random vector in R* and foreach 1 <i < N
consider the random variable

o
Observe that EX;X; = Y7, 0;(k)o;(k) = (&5, ;). Normalizing the random vector
X = (X,)i<n, it is easy to see that

N N N 2/p
> ai(F075) =B Y ayXiX; <GPy, (A)E (D 1x) (2.2)
Q=1 Q=1 i=1

To bound this further, denote by ||-||z: the L?-norm defined by the law of g. Minkowski’s
integral inequality and the assumption 1 < p < 2 imply that

N

2/p N /2 2/p >
E(DIX) " = XUl < X202 = (3 (BIX2)72) T = 1312, = 1.
i=1 =1

Substituting this into (2.2) gives the lower bound in (2.1) and completes the proof. O
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Applying this result to the random matrix Gy = (gi;)i,j<n conditionally on the
disorder chaos shows that GPy, = GPy, for 1 < p < 2. Theorem 1.1 is therefore
an immediate consequence of theorem 1.1 and theorem 1.2 in [6]. This concludes our
discussion of the /P-Gaussian-Grothendieck problem for 1 < p < 2.

3 The limit of the constrained Lagrangian

In this section we begin the proof of theorem 1.2 by combining the Gaussian con-
centration inequality with the Guerra-Toninelli interpolation to show that the random
quantity (1.27) almost surely admits a deterministic limit for every constraint D € T',.
As usual [13, 29], the proof will come down to proving super-additivity of an appropriate
sequence and appealing to the classical Fekete lemma.

Theorem 3.1. If2 < p < oo andt > 0, then for every D € I',;, the limit

Lp,D(t) = hHl ELN,pyp(t) (31)

N —oc0

exists. Moreover, with probability one, L, p(t) = limy_oc Ly p,p(%).

Proof. We will be working with systems of different sizes, so let us make the dependence
of (1.26) on N explicit by writing ¥ (D). Given & € ¥ (D), the covariance structure of
the vector spin Hamiltonian (1.12) established in (1.19) together with lemma B.3 reveal
that

E Hy(&)? = N||R(F, @)|is < Ntr(R(&, 7)) = Ntr(D)?.
It follows by the Gaussian concentration of the maximum that for any s > 0,

Ns? )

P{IE30(0) B L ol0)] 2 s} < 205 (- 12).

Since the right-hand side of this expression is summable in /N, the Borel-Cantelli lemma
implies that
limsup|Ly pp(t) = E Ly p(t)] =0
N—00

with probability one. It is therefore sufficient to prove that the sequence (E Ly, p(t))n
admits a limit. We will do this through the Fekete lemma by showing that the sequence
(NE Ly, p(t))n is super-additive. This is equivalent to proving that for all integers
N,M >1,

E max H o)+E max H c)<E  max H 7). 3.2
o By el T E e Hupa(9) < FeInX (D) N+M,p,t(F) (3.2)

Given a spin configuration g € (R*)¥+M, write g = (&, 7) for & € (R*)Y and 7 €
(R*)M. Consider three independent vector spin SK Hamiltonians Hy 4/ (8), Hy (&) and
H )y (7) defined on Xy (D) x ¥p(D), ¥n(D) and Xy (D) respectively. For each s € [0, 1]
introduce the interpolating Hamiltonian on Xy (D) x X/(D),

Hnym,s(B) = VsHnim(B) + V1 —s(Hn(F) + Hy (7)) — t]| &5, =t 7

p
P,2°
Given an inverse temperature parameter $ > 0 and two probability measures uy and

war supported on ¥y (D) and ¥, (D) respectively, denote by

1
(s) = 7]E10g/ exp BHN 1 m,s(P) dpun () d pp (7
O = S B L e An(@) 4 @) d(7)

EJP 27 (2022), paper 70. https://www.imstat.org/ejp
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the interpolating free energy and write (-), for the Gibbs average with respect to the
interpolating Gibbs measure

exp BHN yar,s(B) d pn (T ) (7'))

dGnim (T, 7T) = .
v ) sz(D)XzM(D)eXPBHN+M7s( )dpn(F) d par (7)

The Gaussian integration by parts formula (see for instance lemma 1.1 in [29]) yields

/ 1 OHN 1 1,5(F) 1 -1 =1 21 =2
- E , — E _
¢(s) = a0 < B > EY; (c(p',B")—-C(8,8%),
where
S1 ooy BN+ M) Bl B2 N 7! &2
Clp,p°) = 5 <||R( Mzs — N+M” ( )Izs
M 21 22
- IREL RS-
Since N v
—1 22 -1 =2 —1 =2

the convexity of the square of a norm implies that C'(p*, p?) < 0. Combined with the fact
that R(p!, ') = R(o', ') = R(F!, 7') = D, this shows that ¢’(s) > 0 and therefore
»(0) < p(1). Letting 8 — oo in this inequality and remembering that the L9-norm tends
to the L°°-norm as q — oc yields

E max H c)+E max H A<E max H D).
Fexn (D) Np(%) TeXn(D) Mpa(T) < BESN (D)X (D) N4Mpt(P)

Since L (D) x ¥y (D) C En1am(D), this gives (3.2) and completes the proof. O

The heuristic validity of theorem 1.2 should now be clear. From (1.18), the self-
overlap of any vector spin configuration is a Gram matrix in I';. This means that for
every integer NV > 1, the relationship between the unconstrained Lagrangian (1.23) and
the constrained Lagrangian (1.27) is

Ly p(t) = sup Ly p p(t). (3.3)
Del,,
Formally bringing the limit into the supremum and using the density of positive definite
matrices in the space of non-negative definite matrices yields (1.28). To turn this heuristic
into a rigorous argument, we will use a compactness argument. This will be done in
section 5 and will require the continuity properties of the constrained Lagrangian (1.27)
that we explore in the next section.

4 Continuity of the constrained Lagrangian

In this section we prove that, in a certain sense, the limit of the constrained La-
grangian (1.27) is continuous with respect to the constraint D € I',, by combining lemma
4 in [33] with the classical Dudley inequality as it is stated in equation (A.23) of [35].

Lemma 4 in [33] was originally designed to modify the vector spin coordinates in
the mixed-p-spin model in order to prove the matrix-overlap Ghirlanda-Guerra identities.
Using these identities, it is then possible to access the synchronization mechanism
[31, 32] and find a tight lower bound for the limit of the free energy through the
Aizenman-Sims-Starr scheme [22, 33]. We will apply this lemma for a different purpose,
and, as it turns out, we will need a more explicit expression for the constant L. > 0
appearing in the upper bound. For our purposes, it will be important that this constant
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is uniformly bounded for all D € I';, with uniformly bounded trace. We will therefore
repeat the proof of this result and carefully track the dependence of constants.
For each ¢ > 0 and D € T',; denote by B.(D) the open e-neighbourhood of D,

B(D)={yeTx ||y - Dl <€}, (4.1)

with respect to the sup-norm ||| = maxg i |vx 1| on the space of k x x matrices, and
consider the set of spin configurations

(D) ={& € R")N | R(¢,7) € B.(D)} (4.2)

with self-overlap in the e-neighbourhood of D. Denote by A\; > --- > A, the real and
non-negative eigenvalues of D and let

D = QAQT (4.3)

be the eigendecomposition of D with diagonal matrix A = diag(\q,...,\s). Given e > 0,
let 0 < m < k be such that \,, > /e and \,,41 < /€. Introduce the matrix

D= QAEQT7 4.4)

where A, = diag(A1, ..., Am,0,...,0). Notice that D, = D when ¢ > 0 is smaller than
the smallest non-zero eigenvalue of D. Given any & € X.(D), we will construct a £ X x
matrix Az such that the self-overlap of the configuration Az¢& = (Az7;)i<n is equal to
D, and such that, in a certain sense, Az has small distortion. Notice that the self-overlap
of Az @ is given by

— — 1 —> — - —
R(A3%, Az%) = =) (Az7:)(Az7:)" = AzR(7,7)A%, (4.5)
so we will need a matrix with Az R(&, &)AL = D.. In this context, small distortion will
mean that the overlap of & with other configurations should not change much when
& is replaced by Az@. To control this distortion, fix a configuration g € (R*)" with

|||f)’\||§2 < u for some u > 0, let 7 = Az & — & and observe that by the Cauchy-Schwarz
inequality

N
|R(453.B) — R(@. Blus = |+ DAz 77 — . 777

HS
=1 i=1

1 & 1 Y
< 5 L7 s = 5 LI LA 7

A

1 - =2 12 1/2 =2 2\\1/2
<Vu(5 LI7ilE) = vau(RE 7))

= Vutr (Az — DR(&,3)(Az — D7), (4.6)

where the last inequality follows from the fact that 7 = (Az — I)&. We therefore need a
matrix for which tr((4Az — [)R(&, &)(Az — I)T) is small. The construction of the matrix
Az is precisely the content of lemma 4 in [33].

Lemma 4.1. Given 0 < e < k2, D € I', and R € B.(D), there exists a matrix A = A(R)
such that ARAT = D, and

tr(A—DRA-1DT) < C(tx(D) + 1)V/e (4.7)

for some constant C' > 0 that depends only on k.
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Proof. The proof proceeds in two steps: first we reduce the problem to the case when
D = A and then we use Gershgorin’s theorem to conclude. For the reader’s convenience,
Gershgorin’s theorem has been transcribed as theorem B.1 in the appendix.

Step 1: reducing to D = A

Let us suppose temporarily that the result holds when D is a diagonal matrix. Since
@ is an orthogonal matrix and the Hilbert-Schmidt norm is rotationally invariant,

1QTRQ — Alloe < ||R — Dllns < re.
We may therefore find a matrix A(QT RQ) with A(QT RQ)QTRQA(QTRQ)T = A, and
tr ((A(Q"RQ) — NQTRQ(AQTRQ) — I)T) < Ctr(A)Ve.
If we set A = QA(QTRQ)QT, it is easy to see that ARAT = QA.QT = D, and

tr ((A=IDR(A-DT) = tr (QAQTRQ) — QT RQ(AQTRQ) — Q")
< C'tr(D)ve.

The last inequality uses the cyclicity of the trace, the orthogonality of () and the fact that
tr(D) = tr(A). This shows that it suffices to prove the result when D = A and R € B.(A).

Step 2: proof for D = A

Introduce the matrices R,, = (Ri i)k k'<m and A,, = diag(Ai,..., A,,) consisting of
the first m rows and columns of R and A respectively. Consider the matrix
Ry = ARy AL?. Since R, € B. (A,) and A,, is diagonal with all elements bounded
below by v/e, it is readily verified that || R,, — I||sc < v/e. Gershgorin’s theorem implies
that all the eigenvalues of R,, are within m./e from 1. The assumption € < k2 implies
that ]:Zm is invertible and allows us to define the matrix

B = B(R,,) = AY2R;Y2A; M2
Using the fact that R,,, = A71n/ 2RmA7ln/ 2 itis easy to see that BR,,BT = A,, and
(B~ D)Ry(B — 1)" = AY2(I — RY2)PAY.
Since the eigenvalues of R,, are within m+/€ from 1, so are the eigenvalues of Rl/ 2,

Observe that FEW{ _is symmetric and non-negative definite, so it admits an eigendecompo-
sition R71n/ 2= QmA., QT . Tt follows by the orthogonality of Q,, that

11 = R} llas = I = Amllns < m|T = Amlloe < K*Ve.
The cyclicity of the trace, the Cauchy-Schwarz inequality and lemma B.3 now give
tr (B = DRou(B — )7 = tr (A (I = RY>?) < 1Asallissl T — RY |3
< khr(Anm)e.

Finally, define the matrix A by filling all rows and columns of B from m+1 to x with zeros.
It is clear that ARAT = A.. If we denote by T' = (R 4’ )k k'>m+1 the matrix consisting of
the last kK — m rows and columns of R, then

tr(A—DRA-I)T) =tr (B—D)Rn(B—1)7T) +tx(T)

Sli4t1“(/\ Je+ (k —m)e+ Z i
k=m+1

< (k*tr(A) + 28) Ve
We have used the fact that 7 € B.(A) in the second inequality. This completes the
proof. O
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This result allows us to map any spin configuration & € (R")" with self-overlap in
the e-neighbourhood of D € I, to a modified spin configuration Az & that is not too far
from & and has a configuration-independent self-overlap D,.. These two facts will be
fundamental to understanding the continuity of the constrained Lagrangian (1.27). We
will now quantify the distance between & and Az & in two different ways: with respect
to the normalized-¢?2-norm and relative to the canonical metric associated with the
Hamiltonian (1.12),

1/2
47,52 = (B (Hn(F) - H(32)") . (4.8)
It will be convenient to notice that for any & € (R*)Y
13115, = Z Zlaz =Y R(&,3)r = tr(R(F. 7)), (4.9)
=1 k=1 k=1
and to write
= {7 € RN |[IZ]5, < u} (4.10)

for the ball of radius y/u with respect to the normalized-¢%-2-norm.

Corollary 4.2. If0 < ¢ < k=% and D € T',,, then for any & € ¥.(D),
425 — @I, , < C(tr(D) + 1)}/2e/*, (4.11)
where C' > 0 is a constant that depends only on k.
Proof. By (4.9), (4.5) and lemma 4.1,
1457 — Fl|2, = tr(Az — DR(F, F)(Az — 1)) < C(tx(D) + 1)e"/2.
This finishes the proof. O
Corollary 4.3. Ifu > 1 and &', &2 € B (u), then
A&, &%) < 2NV - 325 (4.12)
In particular, if0 < ¢ < k=2 and D € T, then for any & € ¥.(D),
d(&, Az ) < CNV2(tr(D) + 1)e/®, (4.13)
where C' > 0 is a constant that depends only on k.
Proof. By the reverse triangle inequality,
d(@',d%)? = N(|R(@", 7" lliis + I1R(T%, ) IIs — 2|1 R(T", ) liis)
< N(|R(@".a") - R(@", 0% |us(|1R(T, &) s + [|R(T, F°)]|us)
+IR(@?,72) = R(@", ) [lus(|R(G%, %) |lus + [ R(F", &%) ns))-

To bound this further, notice that by (1.18) and the Cauchy-Schwarz inequality,

1 N
NZII?}(?% 73) " lus = ZH 7ill2ll; = 77l

17 12,2015 = &l]5,2-

IR(@",7") — R(&", %) |ns

IN

IN
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Similarly;,

R(@',7?)|lus < ||| l5.5ll182||l5 o- It follows that for any &', &2 € By (u),

d(6_>17 532)2 < 4N1/2u3/2|\31 _ 32”272.
Taking square roots yields (4.12). To prove (4.13), observe that for any & € X.(D),
112]Il5. = tr(R(F, 7)) < tr(D) + ex < tr(D) + 1. (4.14)

Invoking corollary 4.2 and (4.12) implies that d(&, Az &) < CNY?(tr(D) + 1)e'/®. This
completes the proof. O

Combining corollary 4.2 and corollary 4.3 with Dudley’s entropy inequality, we will
now show that, in a certain sense, the constrained Lagrangian (1.27) is continuous with
respect to the constraint D € I';. To state this continuity result precisely, for each € > 0
and D € I'; introduce the relaxed constrained Lagrangian

1 —
LN,p,D,e(t) = N Fg)a)((D) HN7p7t(O'). (415)

Proposition 4.4. If2 < p < oo, then foreach 0 < € < k2, everyt >0 and all D € T,,,

limsup Ly p p.c(t) < Ly p, (t) + C(1 4 tp)(tr(D) + 1)P/2€'/64 (4.16)

N—oc0
for some constant C' > 0 that depends only on k.
Proof. To simplify notation, let C' > 0 denote a constant that depends only on x whose

value might not be the same at each occurrence. By the Gaussian concentration of the
maximum and a simple application of the Borel-Cantelli lemma, it suffices to prove that

1 -
limsup —E max Hy,(F) < L, p. (t) + C(1+tp)(tr(D) + 1)p/2€1/64. (4.17)
N—oo 3€EE(D)

To simplify notation, let u = tr(D) + 1. Notice that |H5"H|§2 < u for every @ € X.(D)
by (4.14). Invoking corollary 4.3 and corollary 4.2 gives

1 1 1 t
—E H A< —F H &)+ —(I)+ —(IT 4.18
N ma N,p,t(a)_N S N,p,t(0)+N( )+N( ), (4.18)
where
_ 1 — — —1 —2
(0= N o [Hn(@) ~ Hy(Az <, (@) = (@)
I = max Az lp 5 = lIE 7 2)-

To bound the first of these terms, for each € > 0 denote by N (4, d,€) the e-covering
number of the set A C (R*)" with respect to the metric d on (R*)Y, and write By for
the Euclidean unit ball in (R*)". Dudley’s entropy inequality and corollary 4.3 imply
that

CuNl/‘ZEl/S
(I < 0/ VIog N (BY (u). d,6) d§
0

CuN/2e/8
: C/ \/log/\/(BéV(u% [[l2,2,272u=3/2N~1/262) d §
0

CUN1/261/8
<c / V108 N (By, | l22:2-2u=2N~16) d.
0
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At this point, recall that the covering number of the Euclidean unit ball By in (R*)¥
satisfies

Nk

(%)NK SN(Bw, [l22:€) < (% + 1)

for every € > 0. A proof of this bound may be found in corollary 4.2.13 of [38]. Combining
this with a change of variables reveals that

CuNL/2c1/8
(I) < CNl/%l/?/ Vlog(1 + 8u2Né—2)d 6

/85172
v/log(1l +9) d§<CN/ )

=CN
u/c<€—1/16 53/2 —1/16 53/2

< O Nuel/64, (4.19)

To bound the term (1), notice that for any z,y > 0,

1 1
d
(:Hy)”*ff”:/ ;@ +ty)rdi=p / (x+ty)P lydt <pylz+y)P~'.  (4.20)
0 0

If & € ¥(D) is such that ||Az7]l,, > [[|&]ll,. then applying this inequality with
z =@, and y = [[|[Az 7|l , — [[I&]]],, gives

Azl 5 = 121} 5 < plllAzd — F|ll, .14z}, (4.21)
<pH|A"3_°'|H2 2H|A"‘7|H . (4.22)

The second inequality uses the fact that 22 is continuously embedded in /72 for p > 2.
Since this bound holds trivially when [[|Az ]|, , < [||&]|,, ,, we deduce from corollary 4.2

that

p,2’

(IT) < CpuP/?e'/4, (4.23)
Substituting (4.19) and (4.23) into (4.18) and letting N — oo yields (4.17). This com-
pletes the proof. O

In the heuristic proof of theorem 1.2 given at the end of section 3, we used the density
of positive definite matrices in the space of non-negative definite matrices to obtain
the second equality in (1.28). When we come to the rigorous proof of this equality, the
argument will be more subtle as proposition 4.4 does not quite give continuity. We will
instead content ourselves with controlling the limit of the constrained Lagrangian (1.27)
for a non-negative definite matrix D € T'; by that for some positive definite matrix in '}’
through the following bound.

Proposition 4.5. If2 < p < oo, then foreach 0 < ¢ < k™2, everyt >0and all D € T,
Lpp(t) < Ly pier + C(1 + tp)(tr(D) 4 1)P/21/04 (4.24)
for some constant C' > 0 that depends only on k.

Proof. Fix N > 2x and & € ¥(D). Endow R”" with the inner product

1N
p,T Nz_:

Since N > 2k, there exist mutually orthogonal vectors 7z(1),...,7#(x) that are also
orthogonal to each of the vectors o (1),...,0(x) and satisfy (rz(k),7z(k)) = k~! for
EJP 27 (2022), paper 70. https://www.imstat.org/ejp
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1 < k < k. Consider the configuration gz € (R*)" defined by pz(k) = o + /eTz. By
orthogonality,

R(B, P = (p(k),p(k")) = (o(k),0 (k') + i r = R(T, )i + €dp i,
where 6 = 1 if k = k' and is zero otherwise. This means that gz € X(D + €l).

Moreover, the normalization of the vectors Tz (k) implies that

K

B = Dlloa (k) — o ()I3 = €D (ra (k) T (k) = e
k=1

k=1

18z — 7|

If we let u = tr(D) + 1, then (4.12) reveals that
d(_>5’7 5')) < ON1/2,3/41/4 < 2N1/2ue1/8,

while an identical argument to that used to obtain (4.22) yields

— — — — — —1
1Bzl = 1Z5 . <plBz — ZlllsllBzll5, < pveur’?.
It follows that
1 —> 1 — 1 —> — — P =P
NP (F) < SHNpi(Bz) + [ HN(F) = Hx(B2)| + ([Pl — N1F1152)

1

+ = max Hy (Y — Hx (2)| + tp/eut’?.
Nd(c‘r’l,a-’z)§2uN1/251/8| N(G) — Hn(T7)| 4 tpy/e

< Ly p,Dter(t)
Taking the maximum over configurations & € ¥(D) and using Dudley’s entropy inequality
exactly as in the proof of proposition 4.4 gives

ELnyp(t) <ELyppicr(t) + C(1+ tp)ub/2e /64
for some constant C' > 0 that depends only on k. Letting N — oo completes the proof. O

The results established in this section together with the arguments in section 7 of [6]
will allow us to give a rigorous proof of theorem 1.2. The proof will consist of two key
steps. First, we will use proposition 4.4 to express a version of the Lagrangian (1.23)
localized to a ball of fixed but arbitrary radius v > 0 as a supremum of constrained
Lagrangians (1.27). Then, we will modify the scaling arguments in section 7 of [6] to
show that the unconstrained Lagrangian (1.23) can be obtained by taking the supremum
of these localized Lagrangians over all radii « > 0. The formula obtained by taking
these successive suprema will be equivalent to the first equality in (1.28). As previously
mentioned, the second equality will follow immediately from proposition 4.5. The
purpose of restricting the supremum to positive definite matrices is technical and will be
emphasized when we prove lemma 11.2.

5 The limit of the unconstrained Lagrangian

In this section we combine proposition 4.4 with the arguments in section 7 of [6] to
prove theorem 1.2. As explained at the end of section 4, we will first find a formula for
the limit of the localized Lagrangian

L pu(t) Hy 1 () (5.1)

= — max
N 121112 , <u
defined for each u > 0. If ', ,, denotes the set of matrices in I'; with trace at most u,

T..={DeTl,|t(D)<u}, (5.2)
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then (4.9) implies that for every ¢ > 0,

Lypu(t)= sup Lyypp(t). (5.3)
Delx v

A compactness argument similar to that in lemma 3 of [33] can be used to show that this
equality is preserved in the limit.

Proposition 5.1. If 2 < p < oo, then for every t > 0 and u > 0, the limit L, ,(t) =
limy 00 E Ly p..(t) exists and is given by

L,.(t)= sup L,p(t). (5.4)
DeT,..,

Moreover, with probability one, L, ,(t) = limn_ 0o LN pu(t).

Proof. Given € > 0, observe that the collection of sets B.(D) for D € T, ,, forms an open
cover of the compact set I, ,,. It is therefore possible to find n € IN and D',... D" ¢ Tyu
with 'y, C U<, B (D) or equivalently B (u) C |,.,, Xc(D?%). With this in mind, given
a probability measure ;" supported on Bév (u), an inverse temperature parameter 5 > 0
and a subset S C BY (u), consider the free energy

F’B(S’) N—ﬂlog/expﬁHN,p,t(E")duN(E").

By monotonicity of the logarithm and the inclusion By (u) C U,<,, Zc(D?),

I 1 _
%87 ¢ L log max / exp BHy (@) d i (3)
. (D?)

Fr (B3 (w) NB T NB i<t )y,

The Gaussian concentration inequality implies that the free energy Fﬁ,(S) deviates from
its expectation by more than 1/ V/N with probability at most Le~ /%, where the constant
L does not depend on 3, N or S. We deduce from this that with probability at least
1— LeN/L,

FE(BY (u)) < ~g T max E F2(S(DY)).

Letting 8 — oo and remembering that the Lq—norm converges to the L°°-norm reveals
that with probability at least 1 — Le= /L,

2
< — i .
Lvpalt) < Z+ 108 Lnppec(t)
The Borel-Cantelli lemma and proposition 4.4 now give a constant C' > 0 that depends
only on x with

limsup Ly ,pu(t) < max (L, pi(t) + C(1+tp)(tr(D*) + l)p/261/64).
Nesoo 1<i<n © PP

Since tr(D!) < tr(D?) < u, this can be bounded further by
limsup Ly pu(t) < sup Ly p(t) + CO(1 + tp)(u + 1)P/2€!/64,

N—oo €l u
Remembering that Ly, p(t) < Ly, (t) for every N > 1 and D € T, ,,, it follows that

20 Lrplt) < Hninf Lyt

<limsup Ly p(t) < sup Lpp(t)+C(1+tp)(u+ 1)”/261/64
N—o0 Delyx u

Letting ¢ — 0 and using the Gaussian concentration of the maximum completes the
proof. O
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This result reduces the proof of theorem 1.2 to establishing the asymptotic version of
the equality

Ly,(t) = Su% Ly pu(t) (5.5)
u>

This will be done using the techniques in section 7 of [6] and relying upon the identity

L pu(t) ax  Hy,(F) = (uHN(F) — tu??| @ ,) (5.6)

TN iFlas P N [l p<1
which holds for every ¢,u > 0 by a change of variables. The absence of such an equality
at the level of the constrained Lagrangian (1.27) is the reason we had to develop the
results in section 4.

For technical reasons, before we start thinking about proving the asymptotic version
of (5.5), we will have to upgrade the statement of proposition 5.1 to show that L, ,,(¢)
is the limit of the localized Lagrangian (5.1) with probability one simultaneously over
all t,u > 0. Heuristically, this should not be too surprising. As the maximum of a
collection of concave functions, the localized Lagrangian (5.6) is concave in the pair
(u,t) conditionally on the disorder chaos (g;;). Since a concave function is Lipschitz
continuous on compact sets, this suggests that (u,t) — Ly, ,(t) should be Lipschitz
continuous on compact sets. This continuity would immediately promote almost sure
convergence for each ¢, u > 0 to a convergence with probability one simultaneously over
all t,u > 0. To make this argument rigorous, we will use an #2>-boundedness result of the
N x N random matrix

GN = (9ij)ij<N- (5.7)
Its proof will rely upon Chevet’s inequality as it appears in theorem 8.7.1 of [38].
Lemma 5.2. There exist constants C, M > 0 such that with probability at least 1 —
CefN/C,

1
ﬁ”GNHQ < M. (5.8)

Proof. Since |Gy |2 = max,,=1(Gnz,z) and E(Gyz,z)* = 1 whenever [|z]|; = 1, the
Gaussian concentration of the maximum gives a constant C' > 0 such that with probability
atleast 1 — Ce N/C,

1 1

VN VN

If g is a standard Gaussian vector in R”, then Chevet’s inequality applied with 7" and S
equal to the Euclidean unit ball in RY gives an absolute constant M > 0 with

IGnl2 < ElGnl2 + 1.

E|Gn|2=E lmax (Gnz,z) < M E|gls. (5.9)

lz|l2=1

We have used the fact that the Gaussian width of the unit ball is E sup,,1 (g, ) = El|g||2
while its radius is one. Finally, Jensen’s inequality reveals that

(Ellgll2)? < Ellg|l3 = N E|g:[* = N.
Substituting this into (5.9) and redefining the constant M > 0 completes the proof. O

Lemma 5.3. If2 < p < oo, then for any 0 < K; < K,, there exist constants C,M > 0
such that with probability at least 1 — Ce=N/C,

|LNpu(t) = Ly ()] < M (Ju—u'| + [t —¢']) (5.10)

forallt,t',u,v € [Kq, K.
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Proof. Let p € BJ (1) maximize the right-hand side of (5.6), and define the vector
spin configuration 7 € BY(1) by 7; = (x7/2,...,k"/?) € R* for 1 < i < N. The
Cauchy-Schwarz inequality shows that

o T N
uN'?||Gy 2 — tu??|BP 5 > Vi > (Gnp(k), p(k)) — tu?? || BIP
k=1

U K
> ——=> [(GnT(k),7(k)| — tu??| 7|
> \/Nkle ~nT(k), T(k))| 17115,
> —uN'Y2||Gy|l2 — tuP/?N.

Rearranging and using the fact that p > 2 gives

2u'P/2|| G |2 1 < 2Gn|2
2w NGl 4 g ¢ 2GNT
tV/N K"?/N

It follows by (5.6), the Cauchy-Schwarz inequality and the mean value theorem that for
any v/, t' € [Ky, K3],

11811152 < +1.

Ly pu(t) = L pw (') < N Hu— o' [Hy(B) — (tu?”? — t'u'P?)||BIIP
< [GN]l2

VN

||GN||2 ’ ’
<M———(lu—u'|+]t—t
= e =)

lu— /| + BN (K52t — ¢/ + pEy TRy u — o))

for some constant M > 0 that depends only on K, K5 and p. Interchanging the roles of
u,u’ and t,t’, it is easy to see that

G
Eapalt) = Lovpar ()] < MUEAE (10— 0.
Invoking lemma 5.2 and redefining the constant M completes the proof. O

Proposition 5.4. If 2 < p < oo, then almost surely

Ly u(t) m Ly pu(t) (5.11)

=1
N— 00
for every t,u > 0.

Proof. By lemma 5.3 and a simple application of the Borel-Cantelli lemma, for any
0 < K; < K5 there exists some constant M = M (K, K5) such that almost surely

lim sup| Ly p,u(t) — Ly pur (t)] < M (Ju— o[ + [t — t’|) (5.12)

N—o0

for all u,u’,¢,t" € [K;, Ky]. Since L, ,(t) is a deterministic quantity, we also have
| Lp,u(t) = Lp,u ()] < M (Ju—u'| + [t —']) (5.13)

for all u,u’,t,t' € [K;, Ks]. By countability of rationals and proposition 5.1, we can find a
set 2 of probability one where (5.12) holds simultaneously for all rationals K7, Ko € Q+
and at the same time L, ,,(t) = limy_ 0o Ly po(t) for all u,t € Q4. The triangle inequality
implies that for any u,t > 0 and v/, € Q.

|LN,p,u(t) - Lp,u(t)‘ < |LN,p,u(t) - LN,p,u/(t/” + |LN,p,u’ (t/) - Lp7u/(t/)|
+ L (t') = Lpu(t)].
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It follows by (5.13) that on the set €2,
limsup| Ly p o (t) = Lpu(t)] < 2M (Ju —o'| + [t = #]).

N—o0

Letting v/ — v and ¢’ — ¢ along rational points completes the proof. O

In addition to proposition 5.4, the proof of theorem 1.2 will rely on the fact that the
/P2-norm potential in the definition of the Hamiltonian (1.22) forces the maximizers of
this random function to concentrate in a large enough neighbourhood of the origin with
overwhelming probability.

Lemma 5.5. If2 < p < oo, then there exist constants C, M > 0 such that with probability
atleast1 — Ce N/C,

Lnp(t) = Ly pa/e(t) (5.14)
for allt > 0.

Proof. Given & € (R*)N with Hy ,+(&) > 0, the Cauchy-Schwarz inequality implies that

1 G2

tIFNy2 < 5 HN () < TN 17113,5-

It follows by Jensen’s inequality that

G2
121122 < N1F11l5.2 < N 112115 2-

Since Ly ,(t) > % Hn . (0) = 0, rearranging shows that

Ht(l\;\%g)l/(p—m}.

Invoking lemma 5.2 completes the proof. O

1 —> —
Ly () = 5 max { Hy (@) | 1lz,2 < (

Proof (Theorem 1.2). By lemma 5.5, there exist constants C,M > 0 such that with
probability at least 1 — Ce=N/C,

Ly p(t) = Ly parye(t)

for any ¢t > 0. It follows by a simple application of the Borel-Cantelli lemma and
proposition 5.4 that with probability one,

Lpu(t) = Jim LInpu(t) <lminf Ly p(t) < limsup L p(t) = Ly aye(t) < sup Ly (?)
for every t > 0 and v > 0. Taking the supremum over all v > 0 gives the almost sure
existence of L,(t), and invoking proposition 5.1 shows that

L,(t) =sup Lp.(t) = sup Ly p(t). (5.15)

u>0 Del,
To establish the second equality in (1.28), fix a non-negative definite matrix D ¢ I';; ,, as
well as 0 < € < k~2. By proposition 4.5, there exists a constant K > 0 that depends only

on k such that
Lpp(t) < Ly pyer(t) + K(1+tp)(u+ 1)7/2"/54,

It is readily verified that D + el € I‘i, so in fact

Ly p(t) < sup Ly p(t) + K (1 + tp)(u+1)7/%/%%
DeT

Taking the supremum over all D € I ,,, letting ¢ — 0 and remembering (5.15) completes
the proof. O
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6 The ground state energy in terms of the Lagrangian

In section 5 we proved the first noteworthy result of this paper by expressing the
unconstrained Lagrangian (1.23) as a supremum of constrained Lagrangians (1.27) in
the limit. As we will see in section 7 and section 8, the constrained Lagrangian (1.27)
can be understood using the results in [33]. It is for this reason that we constrained the
Lagrangian (1.23) in the first place. However, the task that we originally set ourselves
is understanding the ¢P-Gaussian-Grothendieck problem with vector spins (1.8). In
this section we connect the unconstrained Lagrangian (1.23) and the ground state
energy (1.21) by proving theorem 1.3. This will reduce the ¢P-Gaussian-Grothendieck
problem with vector spins to understanding the asymptotic behaviour of the constrained
Lagrangian (1.27).

Before we proceed with the proof of theorem 1.3, we give a formal argument that
will motivate the results in this section. Given N € IN and ¢ > 0, let g(¢) be a point at
which the Hamiltonian Hy , ; defined in (1.23) attains its supremum. Differentiating the
expression Ly, (t) = 4 Hn (B (t)) shows that

('), Vo Hypu(B®) = —lIBOIL,  6.1)

1 N 1
Nolt) = Ot (BO) + 5

We have used the fact that VzHy ,,+(p(¢)) = 0. This suggests that

1 1

max HN,. 3
N IZIE =Ly, () pe(@) = N iz

P27

Lyp(t) = Hy(F) +tLYy (1), (6.2)

nax
» r*L/N,p(t)

and therefore

1 iy (Ll (1)) = Y20 = a0

GSEy. max
P N R =Ly, (0 P (=L, ()P

(6.3)

To express this ground state energy entirely in terms of the unconstrained Lagrangian
(1.23) as in theorem 1.3, we compute the gradient of the Hamiltonian (1.23). Since our
calculation will be rigorous, we formulate it as a lemma.

Lemma 6.1. If & € (R*)" and t,u > 0, then, conditionally on the disorder chaos (g;;),
(VaHnpi(F), &) = 2HN () — tp|| &I} . (6.4)
Proof. Given 1 <i < N and 1 < k < k, a simple computation shows that

OH 1 &
Npt o S p—2
T a5 (k) % 4 —1 zk i .
S = T 20 s~ o Rl

It follows that

N
(VeHnpi(3),3) =Y —= > (gij + gji)oj (k) —thZIIozllp 20:(k)?

k=1 i,j=1 i=1 k=1
N
=23 Hy(a(k) —tp Y |75 = 2HN(F) — tpl|F]5 -

This finishes the proof. O

This simple calculation suggests that

0= (VaHn,:(B(1), B(t) = 2HN(B(t) — tpll B[} 2. (6.5)
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which combined with (6.1) gives

p — p
Lup(®) = (5 = D)IBOIE, = (5 = 1) L, (). (6.6)
Substituting this into (6.3) gives (1.29) upon letting N — oo. The problem with this
argument is that the map ¢ — p(¢) might not be differentiable. To overcome this issue,
we will prove (6.6) directly at the points of differentiability of Ly ,(¢). We will then use a
convexity argument to deduce that (6.6) holds for every ¢ > 0 in the limit.

Lemma 6.2. If (g;;) is a realization of the disorder chaos for which the unconstrained
Lagrangian Ly, is differentiable att > 0, then

Ly p(t) = —t(g - 1) (8. (6.7)

Proof. Fix ¢ >0 and A > 0. For any configuration with |||&||[} , > —Ly ,(t) +¢,

1 — 1 — —
N pa(@) £ 5 @)+ AIF 52 + Ly (1) — €)

< Lnp(t = A) + ALy, (t) — Ae

— )\(L’N)p(t) _ L) = fN’p(t — A)) — Xe+ Ly ().

Similarly, for any configuration with [||&|[} , < —Liy ,(t) — ¢,

1 — 1 —> —
NHN,p,t(U) < NHN,p,t(U) A= 5 — Ly, (1) —€)
< Lnp(t+A) = AL ,(t) — Ae
_ /\<LN7p(t + )\) — LNﬁD(t)
A

- L;Vm(t)) — Xe+ Ly p(1).

The differentiability of Ly , at ¢t gives A = A(¢) > 0 small enough so that

1 A€
-— max HN, t(&’) S LN’ (t) —_ —.
N I A+ Ly, O]ze v 2

p

This means that an optimizer g(t) of Ly ,(t) satisfies ||||B(t)|[[; + Ly ,(t)| < ¢ for every
¢ > 0. Letting € — 0 reveals that ||| g ()|} , = —Ly ,(¢). It follows by lemma 6.1 that

1 R tp - tp
Lyp(t) = tLy (1) = FHN(B() =SB D2 = =5 Livy(0):
Rearranging completes the proof. O

Lemma 6.3. If2 < p < oo, then the function L,(t) is differentiable on (0, o) with

L(t) = —t(g - 1) L (1), (6.8)
Proof. Using theorem 1.2, fix a realization (g;;) of the disorder chaos for which Ly ,(¢)
converges to L, (¢) for all ¢ > 0. Notice that Ly, and L, are convex functions. In particu-
lar, they are continuous everywhere on (0, co) and differentiable almost everywhere on
(0,00). If 0 < t1 < s < tg are such that Ly, is differentiable at s, then the convexity of
Ly gives

Lyp(s) = Ly p(t1)

s — 1t

Ly p(ta) — Ly p(s)
tg — S

b

< Ly, (s) <
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and lemma 6.2 yields

Lnp(s) — Lnyp(th) < _ Lnp(s) < Lnp(t2) — Lnp(s)
s—1t - (E-1s to— s

By continuity of Ly , and density of the points of differentiability of Ly, in (0, c0), this
inequality implies that for all 0 < ¢; <t <t < o0,

Lnp(t) — Ly p(ts) < _ L p(t) < Lnp(t2) — Lnp(t)
t—1t - (g—l)t_ to —t ’

Letting N — oo and then letting ¢; ¢t and ¢2 \, ¢t shows that at any point ¢ € (0, c0) of
differentiability of L,,

Li(t) = __L®) (6.9)

(5 -1t

We will now use this equality to show that L, is differentiable everywhere on (0, c0). By
convexity of L, and theorem 25.1 in [34], it suffices to prove that the sub-differential
OL,(t) consists of a single point for every ¢t > 0. Fix ¢ € (0,00) as well as a € 0L,(t), and
let (sx) and (i) be points of differentiability of L, with ¢ ¢ and s; \, t. By definition
of the sub-differential,

Lp(t) — Lp(tk) <a< Lp(sk) — Lp(t)

L (ty) <
p(te) < t— 1ty sp—t

< Ly (sk)

for every integer k£ > 1. Letting £ — oo and combining (6.9) with the continuity of L,
yields

————7 _ = limsup/ <a<l fr = "
@ -1yt 1}1€nsup p(tk) a < limin p(Sk) -1yt
This completes the proof. O

To leverage this result into a proof of theorem 1.3, we must verify the legitimacy of
the change of variables used in (6.3). In other words, we must show that L;(t) does
not vanish on (0,00). Our proof will rely upon the properties of the eigenvalues and
eigenvectors of the Gaussian orthogonal ensemble discussed in chapter 2 of [2]. Recall
the definition of the random matrix Gy in (5.7), and notice that the N x N random matrix

a GN—FG]T\}
N=—=—
V2

is distributed according to the Gaussian orthogonal ensemble.

(6.10)

Lemma 6.4. If2 < p < oo, then the function L, is strictly positive on (0, c0). In particular,
L,(t) <0 for every t > 0.

Proof. Given o € RY, consider the vector spin configuration & € (R*)" defined by

ifk=1
F(k):{a if k ,

0 otherwise.
Notice that [|&[]? , = [[o|4 = 1 and Z?fj:l Gijoio; = Z?fj:l 9ij (T, @;). It follows that

P\ _ (GNU,U)
P72) - V2N3/2

1 — —
Lylt) =  (Hn () — 17 ~llellz. (6.11)
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With this in mind, let v denote the ¢?>-normalized eigenvector associated with the largest
eigenvalue )\% of the Gaussian orthogonal ensemble G . Given § > 0, applying (6.11) to
the spin configuration o5 = vV Ndv reveals that

(GNU570'5) 5 AN 2 nrp/2—1
L e

V2N3/? ~ V2VN

By corollary 2.5.4 in [2], the eigenvector v is equal in distribution to g/||g||2 for a standard
Gaussian random vector g in R". Moreover, by the strong law of large numbers,

LNm(t) >

» 15 P P
poillglly _ & ienlgil _,_Elg| = E|g|?

lglly (& Xienlail?)P2 - (Elgr[?)r/?

almost surely. Together with the asymptotics of /\% established in theorem 2.1.22 of [2],
this implies that

N

Ly (t) > V26 — t6?/2 E|gy P

Taking 6 > 0 small enough and using the fact that p > 2 shows that L, is strictly positive
on (0, 00). Invoking lemma 6.3 completes the proof. O

Proof (Theorem 1.3). Using theorem 1.2, fix a realization (g;;) of the disorder chaos for
which Ly ,(t) converges to L,(t) for all t > 0. Let 2 C (0, c0) be the collection of points
at which Ly, is differentiable for all N > 1. Fix ¢ € (), and notice that by convexity of
Lnp,

Lnp(t+h) > Lyp(t) + Ly ,(t)h (6.12)
for every i € R. By lemma 6.2, the sequence (Ly ,(t))n is uniformly bounded. It
therefore admits a subsequential limit a. Letting NV — oo in (6.12) shows that a belongs
to the sub-differential 9L, (t). Invoking lemma 6.3 shows that a = L;,(¢), and therefore
Ly ,(t) = L, (t). It follows by lemma 6.4 that Ly ,(t) < 0 for large enough N, so

L p(t) —tLy (%)
(=L ()P

Since (2 is dense in (0,00) and L’N7p is continuous, this equality extends to all ¢ > 0.
Letting N — oo and using lemma 6.3 completes the proof. O

1
GSEy ) = ,ma

— X Hy((=Ly,@0)"YPe) =
N |Z|I12 =L}y, ) N (=L (0) )

7 Replacing the constrained Lagrangian by a free energy

So far, we have reduced the ¢P-Gaussian-Grothendieck problem with vector spins
to understanding the asymptotic behaviour of the constrained Lagrangian (1.27) with
positive definite constraints. This task will occupy the remainder of the paper. The
starting point of our analysis will be the Parisi-type variational formula for free energy
functionals established in [33]. To access this result, we must first replace the con-
strained Lagrangian by a free energy functional. In this section, given a constraint
D e T'; which is fixed throughout, we introduce a free energy functional that depends
on an inverse temperature parameter § > 0 and is asymptotically equivalent to the
constrained Lagrangian (1.27) upon letting 5 — oc.

For each inverse temperature parameter 5 > 0 and every ¢ > 0, consider the free

energy
1

Fy(8) = = log exp SHN () d T (7.1)
El ﬂN Eé(D) i) g
and the quenched free energy
1 >\ =
Fy.(B) = —Elog/ expSHy pi(0)d 0. (7.2)
’ BN $.(D) w
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Recall the definition of the relaxed constrained Lagrangian in (4.15). Since the L9-norm
converges to the L°°-norm, it is clear that

lim lim lim Fy(f) =lm lim ELy, p(t). (7.3)

e—=0 N—oo f—o0 e—=0 N—oo

We will now use the continuity result in proposition 4.4 to show that the right-hand side of
this equation coincides with the limit of the constrained Lagrangian (1.27). Subsequently,
we will prove that (7.3) still holds if the limit in § is taken after the limits in € and V.
The benefit of exchanging these limits is that the main result in [33] gives a Parisi-type
variational formula for the limit in € and NV of the quenched free energy (7.2) for each
fixed 8 > 0. In section 9 and section 10 we will study this formula in the limit 5 — oo to
finally prove theorem 1.4 in section 11.

Proposition 7.1. If2 < p < cc and t > 0, then

lim lim LN,p,D,e(t) = lim lim ELN,p,D,e(t) = Lp,D(t) (74)

e—0 N—oo e—0 N—oo

almost surely.

Proof. By the Gaussian concentration of the maximum, it suffices to prove that

lim lim ELNypyDyg(t) = vap(t). (75)

e—+0 N—oo

Given 0 < € < x~2 smaller than the smallest non-zero eigenvalue of D, the equality
D. = D and proposition 4.4 imply that

limlimsupE Ly p.(t) < Ly p(t). (7.6)

=0 N0

On the other hand, the Gaussian concentration of the maximum reveals that for every
e>0,
L,p(t)= lim L t) < liminf L t) =liminf £ L t).
po(t) = m Ly p(t) <lminf Ly, p(t) =liminf B Ly, p.(t)

Letting ¢ — 0 and remembering (7.6) establishes (7.5) and completes the proof. O

Lemma 7.2. If2 < p < oo andt > 0, then

limsup lim lim Fy(8) < L, p(t). (7.7)

B—ro0 e—0 N—oo

Proof. Fix § € (0,t), and for each ¢ > 0 let g; be a maximizer of the relaxed constrained
Lagrangian (4.15). By Fubini-Tonelli and a change of variables,

- 1 P
Fno(B) < Lnpp.c(t—20)+ 3 log / e PNy q 7

1 — — P KlOg/B(g 1 —|ZIE 3=
= i (Bes) 4 Sl Besllf g — S5+ Slog [ 174G

< Ly lt) 4 8Bl = 5 4 Slog [ 1B (78
’ pB B .
To bound this further, let A € R*** be a symmetric and non-negative definite matrix
with AA” = kD, and denote by &; € R” the i’th column of A. Consider the subsequence
M = Nk, and define the k-periodic vector spin configuration & € (R*)M by 7@; = &;
whenever j = i mods. From (1.18), it is clear that & € X(D). Indeed,

M K

R(o,0) = g 70 =~ g 7.0 = —AAT = D.
K K
' i=1
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If Gj; denotes the M x M random matrix in (5.7), then the Cauchy-Schwarz inequality
implies that for each ¢ > 0,

p

— — (12 —
Hyp(Pr) S VMIGull2lllBelll2,2 — Bl 20

and similarly,
— — —>112 —
Hyrpt(Be) = Hirpt(F) = =V MG urll2l[|E]l]22 — tIF 72
Rearranging and remembering (4.9) gives

2|Gu||2(tr(D) + €r)
tvM
2(tr(D) + ex)\Y
V2Mt 1<i<

where M\ denotes the largest eigenvalue of the Gaussian orthogonal ensemble G
in (6.10). Substituting this into (7.8), appealing to the Gaussian concentration of the free
energy and leveraging the asymptotics of )\% established in theorem 2.1.22 of [2] shows
that

IA

— p = ||P
B + max |45 (7.9)

2v/2(tr(D) + er)
t—0
klogBd 1 / 2P 1 —
- + —log eIz g7,
pp g .

We have implicitly used the fact that the limit of Fiy () exists and therefore coincides
with that of Fi(8). This can be shown using a Guerra-Toninelli argument as in theo-
rem 3.1, or by appealing to the results in [33] as we will do in section 8. Letting ¢ — 0,
then § — oo and finally § — 0 completes the proof upon invoking proposition 7.1. O

lim Fy.o(8) < Jim Lypp.e(t) +5(

+ max |[13)
N—o0 1<i<k

Theorem 7.3. If2 < p < oo andt > 0, then

li[rggs;ip 121(1) A}gnoo Fn(B) < Lpp(t) < liﬂn_l)ioléf ]\;gnoo Fy g-1(8). (7.10)
Proof. By lemma 7.2, it suffices to prove the upper bound in (7.10). Fix € € (0,1), and
let 6 = ¢/K for a large enough K > 0 to be determined. Consider the subsequence
M = Nk as in the proof of lemma 7.2, and let g € ¥5(D) be a maximizer of the relaxed
constrained Lagrangian Ly, ps(t) in (4.15). Introduce the §/1/k-neighbourhood,

Coryw(B) = P+ [=0/Vk, 8/ Vu]"" c {@ € R)M [[|F — Blll,2 < 0},

and observe that Cs, (8) C (D). Indeed, the same argument used to obtain (4.6)
implies that for any & € Cs, /=(8),

IR(@,F) = R(B. B)llsc < 1T = Blllo 2 (1G22 + 1Blll,2) < (1 +2v/tx(D) + )
€
<2
provided that K = K(D, k) is large enough. The second inequality uses (4.9). This

means that

Fare(B) > -+ exp fHprp () d T
pM Cs;yw(P)
> L O+~ inf (Hupa(@) — Harpe(B)) + S log 20 711
= I,p,D,é I = p,t\ O ) — D5 708 —. :
M,p,D M zecsr =(3) M,p,t M,p,t 3 NG
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To bound this further, fix & € C; / \/g(f)’) and recall the definition of the M x M random
matrix G, in (5.7). The Cauchy-Schwarz inequality implies that

Hy(F) - Hy(P) = Z ((Gar + Ghy)(a (k) = p(k)), o (k) + p(k))

2V ¢
) > (k) b1l 8 + o)
> —WIIGMIIzHIU— Blllo (Il 2 + [11B1l]2,2)
> —M&%(l—i—Q\/‘m). (7.12)
On the other hand, an identical argument as that used to obtain (4.21) shows that

|;v72)p_1'

Together with (7.12), (7.9) and lemma 5.2, this gives constants C, K’ > 0 that depend
only on , D, p and ¢ such that with probability at least 1 — Ce=M/©,

= 1 —>
11152 2 < Mpllld = Blll, I FI} " < Mpo(1+ (1P

Hyppi(F) — Hyrpt(P) > —MSK'.

Substituting this lower bound into (7.11) and combining the Gaussian concentration of
the free energy with the Borel-Cantelli lemma to let N — oo yields

2¢
> —_ —lger B .
th Fn.(8) ngn Lyppei(t)—eK K +Blog Tr

Taking € = 8! and letting 8 — oo completes the proof upon invoking proposition 7.1. [

8 The limit of the free energy

In this section we describe the implications of the main result in [33] on the asymptotic
representation of the constrained Lagrangian (1.27) established in theorem 7.3. Given a
constraint D € T',, some ¢ > 0 and an inverse temperature parameter 5 > 0, all of which
will remain fixed throughout this section, consider the measure on R” defined by

du(7) = exp (—t8]|7]5) d 7. (8.1)

Notice that the quenched free energy (7.2) may be written as

Fwe(3) = gy Blog [ exp8HN(3) 4 (), (8.2)
' BN £.(D)

If it were not for the fact that the measure p in (8.1) is not compactly supported, this
free energy functional would fall into the class of free energy functionals studied in [33].
Fortunately, the compact support assumption in [33] is not necessary. Instead, it is a
convenient assumption that ensures all objects introduced are well-defined and spin
configurations in the set ¥.(D) remain bounded. Replicating the arguments in [33], it
is not hard to use that the measure (8.1) exhibits super-Gaussian decay in the range
2 < p < o to show that the analogue of the Parisi formula with vector spins proved in
[33] for compactly supported measures also holds for the free energy functional (8.2).
We will not give any more details than this, and simply content ourselves with stating
the asymptotic formula for (8.2) which we will use between section 9 and section 11 to
prove theorem 1.4.
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Denote by M the set of probability distributions on [0, 1] with finitely many atoms.
Notice that any discrete measure a € M? may be identified with two sequences of
parameters

0=¢1<¢@=<...<¢p15¢ =1, (8.3)
O=a1<a<...<apy <ap =1, (8.4)

satisfying a({g;}) = 0;37- — aj—1 for 0 < j <r. For each Lagrange multiplier A € RA(+1/2)
define the function fy : R® — R by

(@) = %mg/m expﬂ( (7.2)+ Y Aewolk )—t||3\|g)d3. (8.5)

k<k’

Given a path 7 € IIp defined by the sequences (1.33) and (1.34), for each 0 < j < r con-
sider an independent Gaussian vector z; = (z;(k))r<, With covariance structure (1.39).
Define the sequence (Xl/\’am”@)oglgr recursively as follows. Let

XM (2)0gier) = S (V2D %) (8.6)
j=1
and for0 <[ <r—11let
o 1
X" (25)0<i<1) = B log E.,,, exp BaleH P((z))0<j<i41)- (8.7)

This inductive procedure is well-defined by the growth bounds in lemma A.1. Introduce
the Parisi functional,

Ao, 6
Pa(\a,m) = X3 ™ = " N Dy — 5 > ai(lvrlis — lvillks).  (8.8)
k<k’ 0<j<r—1
Observe that

2 EAR 2
S (s - lks) = Y / )l (s) s s

0<j<r—1 0<j<r—
_2/ a(s) Sum (7(s) ® 7'(s)) d's, (8.9)
0

where we have abused notation by writing « both for the measure and its cumulative
distribution function. The Parisi functional may therefore be expressed as

Ps(\ a,7) = X3*™F — Z)\k ke Dy iy — / Ba(s) Sum (7(s) © ' (s)) ds. (8.10)

k<K’

We have made all dependencies on D, p and ¢ implicit for clarity of notation, but we will
make them explicit whenever necessary. The proof of theorem 1.4 will leverage the
following consequence of the main result in [33].

Theorem 8.1. If2 < p < oo, then

lim lim Fy.(8) = inf Pg(A a,7), (8.11)

e—0 N—oo Ao,

where the infimum is taken over all (\, o, 7) € R*("T1/2 x M? x TIp.
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This result can be viewed as a positive temperature analogue of theorem 1.4. Together
with theorem 7.3, it essentially reduces the proof of theorem 1.4 to showing that

Bh_}rrgo A{gfﬂpg(A,a,w) = )},Iqufﬂpoo()\,(,ﬂ). (8.12)

Notice the similarity between the Parisi functionals (8.10) and (1.42). If it were not
for the terms Xy and Y} in (8.7) and (1.41), there would be a natural correspondence
between these two functionals obtained by setting ( = Sa. The proof of (8.12) will
therefore consist in showing that, when evaluated at almost minimizers, the terms X
and Yj in (8.7) and (1.41) differ by a quantity that vanishes as 8 — oco. To control this
difference, we will compare the terminal conditions (8.5) and (1.36) in section 9. We
will then use the Auffinger-Chen representation [4, 16] in section 10 to translate the
bounds on the terminal conditions into control on X, and Y,. This analysis will be
exploited in section 11 to establish (8.12) and therefore prove theorem 1.4. This strategy
is considerably different to that in [6], where the free energy functional (8.2) is truncated
at some level M > 0. This truncation simplifies much of the analysis for fixed M > 0,
but requires a lot of care when sending M — oo. By not truncating the free energy, we
simplify and shorten the proof of theorem 1.4 even in the scalar case, x = 1, studied in
[6].

9 Comparison of the terminal conditions

In this section we prove quantitative bounds on the difference between the terminal
conditions (8.5) and (1.36). Although the analysis in this section uses only elementary
concepts, it is the key to proving theorem 1.4; the rest of the paper will use tools from the
literature to transform the bounds established in this section into a proof of theorem 1.4.
To alleviate notation, the inverse temperature parameter 8 > 0, the Lagrange multiplier
A € R#(++1)/2 and the parameters ¢t > 0 and 2 < p < oo will be fixed throughout this
section. We will write C' > 0 for a constant that depends only on «, p and t whose value
might not be the same at each occurrence.

We begin by bounding ff from above by f{° up to a small error. It will be necessary
to make the dependence of these terminal conditions on ¢ > 0 explicit by writing fﬁt and
15

Proposition 9.1. If2 < p < oo, Z € R* and § € (0,t), then

FE) < f355(3) - By Jlog [ 17 ©.1)

Proof. By a change of variables,

1 o
FRal®) < fR5ms(@) + 5 log/ —BSITIE § 7

= klogBd 1 =P . -
= f_s(@) — —i—flog/ e 17z q 3.
At 6( ) p,B 6 .

This finishes the proof. O

This result will play its part when we prove the upper bound in (8.12), at which point
we will have to replace ff’jt_ sin(9.1) by f ~t- This will be achieved through a continuity
result that is an immediate consequence of the following bound on any maximizer o'% ,
of (1.36).

Lemma 9.2. If2 < p < oo and 7 € R", then there exists 7% , ;, € R" which attains the
maximum in (1.36). Moreover,

Ao\ 77 (2027
17l < ma (257527 (L)) ©2)
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Proof. Consider the function g : R* — R defined by

9(7) = (3. Z) + > Mwo(k)o(K) —t| 7|5 (9.3)
k<k’

By the Cauchy-Schwarz inequality,
9(@) < 17 1201Z ]2 + X713 — t]IZ 5.

Since p > 2, it follows that lim| 7|, o 9(¢) = —oc. Remembering that a continuous
function attains its maximum on each compact set, there must exist 0% , , € R* which
attains the maximum in (1.36). If we had

7% x5 > max (217% 5 272, 2155 4511 0) (9.4)

then we would have
P

HTm s | t1T5 0

0=9(0) < (@) = 9(Thp0) < —5 S T alE =0
which is not possible. Rearranging the reverse of (9.4) gives (9.2) and completes the
proof. O
Proposition 9.3. If2 < p < co and 7 € R*, then
lim fj\’ft_é(i’) = ff{ft(i“’). (9.5)

6—0

Proof. Fix § € (0,¢/2). It is clear that f{5(7) < f35_5(7). On the other hand, lemma 9.2
implies that

IS5 () = (T a5 T) + Z Mok T2 ai—s(k)T %2\ 5(K) = (t =0)[T% x:—sll5

k<K’
A Moo\ 772 (47 2T\ P
Sfﬁ(x)‘i‘émax((%) 2’( ”ZJ”Z) 1) -

Letting 6 — 0 completes the proof. -

We now turn our attention to bounding f{° from above by ff up to a small error.
Once again, we drop the dependence of these terminal conditions on ¢ > 0. Through a
simple calculation detailed in the proof of proposition 9.5, this essentially comes down to
bounding the average of the function (9.3) on a cube by its value at the centre of the cube.
In other words, we need a type of mean-value property for the function (9.3). There
are two main issues to address: the function (9.3) is not necessarily convex and, for
technical reasons, we would like this mean-value property on cubes instead of balls. We
will deal with the lack of convexity by adding a convex perturbation to (9.3). Replacing
balls by cubes will be done by applying Jensen’s inequality to a function defined on a
cube of side-length § > 0 centred at some p € R¥,

Cs(B) = B+ [-6,0]". (9.6)

When we prove (8.12), the error incurred by these two fixes will vanish upon letting 8 —
oo. The mean-value property for cubes takes the following form, and uses corollary B.2
to establish convexity of the function to which Jensen’s inequality is applied.

Lemma 9.4. If2 < p < oo, © € R* and § > 0, then

1
. — ( 7.7) + Ak,k,a(k)g(k')—t|\3||1’)d3 (9.7)
|C<S(U g,m” Cs(T% 5 p) ( ) ,CZ;, 2

+ O (0% aells 2+ 077 + Al

(@)
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Proof. To simplify notation, for k > k' let A\; v = A/ . Recall the function g : R* — R
in (9.3). Given § > 0 and § € R”, consider the function f : C25(7) — R defined by

where the constant h;(7) depends on 7 and is given by
hi(7) = (tp(p — 1) + tp(p — 2)8) (2II Bll2)" % + (2VES)P72) + 20kl + D [Ake].
k'#k
Fix & € Ca5(7) and 1 < k < k. A direct computation shows that
O () () F (7)) = 20k — tol|F 52 — tp(p — 2)|| T8~ o (k) + hie(7)
> 2N + Piil) + tp(p = D (2] Bll2)7 2 + VRSP — |7]577)
+tp(p — 2)k(2IB12)7% + VRSP ) + > el

k' #k

> tp(p = 2)r((2)B112)" 2 + (VRO ) + D (A

k'#k
Similarly, for 1 < k # k' <k,

Do (ko (k) [ (F) = M — to(p = 2)|T 5 o (K)o (k).

It follows that

> 0o on F(@) < D e+ tp(p = 208115 < (o) /(7).
k' £k k' £k

Invoking corollary B.2 shows that the Hessian of f is non-negative definite, and therefore
f is convex. With this in mind, let X = (X,),<, be a vector of independent random
variables with X; uniformly distributed on the interval [p(¢) — 6, p(i) + 6]. Jensen'’s
inequality implies that

S7) = SEX) SBIX) = gy [ (@)a7

Substituting the definition of f into the right-hand side of this inequality and integrating
yields

1 — 1 5
f(7) < 9(3)d T + > Spk)*hi(B) + — > h(7)
1Cs(P)] Jes i) ;2 6 ;
Rearranging and taking g = @% , , completes the proof. O

Proposition 9.5. If2 < p < oo and L > 0, then for any @ € R” with || 2|2 < L and every

0<d<LiT, w2
= Kk log 2
FE(@) < S+ 08 (Moo + L5 ) = 2= 9.8)
Proof. Given 7 € R*, Jensen’s inequality implies that
1 —> —> —
K@z 0o [ ewp((@.7)+ 3 Mwolblolk) ~[7]8) 47
B Cs(7) <k’
1 - o klog2s
> ( z, Moo (K)o (k') — t|\cr||p) as + . (9.9)
Cs(P)] Jes(7) k; ’ p
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Applying this with 7 = &% , ; and invoking lemma 9.4 yields

klog 20
5

The result now follows by lemma 9.2. O

@)= £52(T) = C2 (1T aalls > + 0772 + Aloo) +

This result will play its part when we prove the lower bound in (8.12), at which
point we will have to carefully deal with the fact that it only gives a bound of f3° by
ff for values of 7 in a (possibly large) neighbourhood of the origin. Fortunately, this
will not be a problem. It turns out that the bound (9.8) will be applied to one of the
Auffinger-Chen control processes introduced in the next section. The generalization of
the moment bound in lemma 12.3 of [6] to the vector spin setting, which corresponds
to lemma 10.4 in this paper, will be used to show that dominating f° by ff around the
origin is sufficient for our purposes.

10 The Auffinger-Chen representation

In this section we extend the Auffinger-Chen stochastic control representation estab-
lished for k = 2 and Lipschitz terminal conditions in [7] to the setting of arbitrary integer
x > 1 and terminal conditions with sub-quadratic growth such as (8.5) and (1.36). The
results in this section will be combined with the bounds obtained in section 9 to compare
the quantities Xy and Yj in (8.7) and (1.41). This will lead to a proof of theorem 1.4 in
section 11.

Throughout this section, a constraint D € T',, an inverse temperature parameter
B > 0, a Lagrange multiplier A € R*("+1)/2 g k-dimensional Brownian motion W =
(W1,...,W,) and parameters ¢t > 0 and 2 < p < oo will be fixed. We will also give
ourselves a piecewise linear path = € IIp defined by the sequences (1.33) and (1.34),
as well as a discrete probability distribution o« € M? defined by the sequences (1.33)
and (8.4). To prove the Auffinger-Chen representation, it will be convenient to replace the
Gaussian random vectors z; with covariance structure (1.39) appearing in the definition
of the Parisi functional (8.10) by a continuous time stochastic process B = (B(s))s>0
that plays the same role,

B(s) :\/i/osw’(r)%dW(r). (10.1)

Since 7/(r) = (q; — qj—1) " *(v; —vj—1) € I for r € (gj_1,q;), this process is well-defined.
Moreover, the Ito isometry shows that

Cov (B(q;) — B(gj-1)) = 2/% m'(r)dr = 2(vy; — vj-1)- (10.2)

gj—1

If we introduce the function @ : [0, 1] x R" — R defined recursively by

(1, 7) = (),

— 1 —
(s, 7) = Bos log Eexp Ba;®(gj+1, T + B(gj+1) — B(3)), s € [¢),¢j+1),
J

(10.3)

then the independence of the increments of B and (10.2) imply that the Parisi func-
tional (8.10) may be written as

1
Ps(\ a,m) = ®(0,0) — Z Nt Do jr — /0 Ba(s) Sum (7(s) © 7'(s)) d s. (10.4)

k<k’
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We have made all dependencies of ® on D, 3, A\, a, w, p and t implicit for clarity of
notation, but we will make them explicit whenever necessary. To obtain the Auffinger-
Chen representation, we first use Gaussian integration by parts (see for instance lemma
1.1 in [29]) to show that ® satisfies a non-linear parabolic PDE.

Lemma 10.1. If2 < p < co and (s, ¥) € [0,1] x R", then
0,0(s, ) = — ((w’(s), V20(s, 7)) + Bals) (' (s)VB(s, T), VO(s, 33’))), (10.5)
where 0,9 is understood as the right-derivative at the points of discontinuity of c.

Proof. Introduce the process Y (s) = Z + B(q;+1) — B(s), and fix s € [gj, ¢;+1). A direct
computation shows that

0y, (5, 7) = E g, (qj41, Y (5)) Z(s)
for the process Z(s) = exp Ba;(P(gj+1, Y (s)) — ®(s, ¥)). Differentiating again yields
Diroy (5. 7) = E (©uayay (4151, Y (5)) + By, (4741, Y ()@, (g1, Y () Z(5)
— Bo; @y, (s, Y)@xl, (s, 7).

To compute the time derivative of ®, let g be a standard Gaussian vector in R" and
consider the function
2(qj41 — s
U(S) _ (q]-i-l ) (

)1/2.
qj+1 — 4y

Vi+1 =5
Since ®(s, ¥) = ﬂ% log Eexp fa;®(q;+1, T + v(s)g), the Gaussian integration by parts

formula gives

Z )i B gy ®a, (541, T + v(s)g) exp B ((gj+1, T +v(s)g) — (s, T))

= > V' ($)rv(s)i B (Ta, (g741, Y (5))
+ B Py, (qj41, Y (5)) Do, (g541, Y (5))) Z(5)

’Y 1— "Y NG
Z L R (@, (g541, Y (5))
7] qj+1 — 4y

+ Baj®u (441, Y (5))Pay, (4511, Y (5))) Z(5)
S ((Tr'(s), V20(s, 7)) + Ba, (7' (5)VD(s, T), VB(s, z))).

Remembering that o(s) = a; completes the proof. O

The Hamilton-Jacobi equation (10.5) is the vector spin analogue of the Parisi PDE
[29]. We now use similar ideas to those in [4, 16, 29] to obtain the vector spin analogue
of the Auffinger-Chen representation from (10.5). To overcome the lack of Lipschitz
continuity in the terminal condition (8.5), we will rely upon three classical results in
stochastic analysis: the Ito formula, the Girsanov theorem and the Novikov condition
[11, 17]. Given a filtration F = (F;,)o<s<1, it will be convenient to denote by A the class
of admissible control processes,

A= {v = (v1,...,9¢) | v = (v(s))o<s<1 is progressively measurable (10.6)

1
and IE/ lo(s)3ds < oo}
0
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Proposition 10.2. If 2 < p < oo, then there exists a probability space (2, F1,P), a
filtration F = (F,)o<s<1, @ Brownian motion W = (W ,)o<s<1 and a continuous adapted
process X = (X ;)o<s<1 which together form a weak solution to the stochastic differential
equation

d X (s) = 2Ba(s)7'(s)V®(s, X (s))d s + V271 (s)/2d W (s), X(0)=0. (10.7)

Moreover,

2(0,0) = sup fA / Ba(s)n'(s)v(s)d s+ B(1 )) (10.8)

_ /0 Ba(s)(w'(s)v(s), v(s)) d 8}

with the supremum attained by the admissible process v(s) = V®(s, X (s)).

Proof. To alleviate notation, let C' > 0 denote a constant that depends only on x, A, «, 7,
B, D, p and t whose value might not be the same at each occurrence. An induction based
on lemma A.1 and lemma A.3 can be used to show that for any (s, 7) € (0,1] x R*,

IVe(s, D)l < C(1+1157). (10.9)

With this in mind, consider the process L = (L(s))o<s<1,
\f/ Ba(r)x' (1) /?Vd(r, B(r))dr.

The growth bound (10.9) and the assumption p—il < 1 imply that

1
Eexp/ ||L(s)||§ds < CEexp (C sup HB(s)H%) < CEeXpC( sup HW(S)H%),
0 0<s<1 0<s<1

where the last inequality uses the fact that 7’ is piecewise constant. Combining this with
Doob’s maximal inequality reveals that

Eexp/olllL(sHI%ds < OEoiuglexchvv(s)H% < CEexpC|W(1)|2 < .
It follows by the Novikov condition that the stochastic exponential
E(L)s = exp (/ V2Ba(r)r (n) 2V e(r, B(r) - dW(r)
e /0 a(r)?(x' (r)Ve(r, B(r)), V&(r, B(r))) dr)

is a martingale. If we denote by Q the measure under which W is a Brownian motion
and introduce the measure dIP = £(L); d Q, then Girsanov’s theorem implies that

W(s) = f/ Ba(r)r' (r)Y/2Vd (s, B(r))dr
is a P-Brownian motion. Rearranging shows that (B, W) is a weak solution to (10.7).

Henceforth, we will write F = (]:S)ogsgl, W = (Ws)ogsgl and X = (Xs)ogsgl for a
filtration, a Brownian motion and a continuous adapted process which together form a
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weak solution to (10.7). Given v € A, let Y (s) = 2 [ Ba(r)n’(r)v(r)dr + B(s). By Ito’s
formula and the Parisi PDE (10.5),

d® = ®,ds+2Ba(s)(VO, 7' (s)v(s)) ds + (V2@,7'(s)) ds + V2(V, 7(s) AW (s))
= fﬂa(s)((w'(s)(vfb —v(s)), VO — v(s)) — (W/(s)v(s),v(s))) ds
+V2(VO,7(s) dW (s)),

where ® and its derivatives are evaluated at (s, Y (s)). The growth bound (10.9), the
Cauchy-Schwarz inequality, the boundedness of 7’ and the Ito isometry reveal that

1 1
E [ IVo(s, Y (s ds <€+ sup BIY()I) < C(1+E [ o(s)ds) < o
0 0<s<1 0

This means that (v2 [ (V®,7(s) d W(s)))s<1 is a martingale. Together with the non-
negative definiteness of 7/, this implies that

E®(1,Y (1)) — ®(0,0) S/o Ba(s)E (7' (s)v(s), v(s)) ds

with equality for the process v(s) = V®(s, X (s)). Rearranging gives the lower bound
in (10.8). To prove the matching upper bound, it suffices to show that v(s) = V&(s, X (s))
belongs to the admissible class A. Fix 0 < s < r < 1. By the triangle inequality, the
Cauchy-Schwarz inequality and the growth bound (10.9),

T
sup [X(F<C(1+ [ sup [X(s)Bdwt sup [B)]E). (10.10)
0<s<r 0 0<s<w 0<s<r
On the other hand, Doob’s maximal inequality and the Ito isometry yield
E sup |B(s)|3 < E|B(r)|3 < Ctr / ' (w)dw < Cte(D). (10.11)
0<s<r 0

Substituting this into (10.10) and applying Gronwall’s inequality to the resulting bound
shows that IEsup,<,<,[| X (s)||3 < C. Invoking (10.9) one last time completes the proof.
O

Of course, an analogous result holds for the random variable Yj in (1.41). Given
a discrete measure ¢ € N/ 4 defined by the sequences (1.33) and (1.38), introduce the
function ¥ : [0, 1] x R® — R defined recursively by

W(lﬁ?)::ﬁf<§>
_ 1 R (10.12)
(s, 7) = o log Eexp (;¥(gj+1, 7 + B(gj+1) — B(s)), s € [gj,¢j+1)-
J

The Parisi functional (1.42) may be written as

1
Poo(N, ¢, ) = ¥(0,0) — Z Nk Dy —/ ¢(s)Sum (7(s) ©7'(s)) dss, (10.13)
0

E<k’
and the Gaussian integration by parts formula can be used as in lemma 10.1 to show
that (10.12) satisfies the Parisi PDE,

8, U (s, 7) = —((w/(s),v2\11(s, 7)) + C(s) (2 (s)VU(s, T), VU(s, y))), (10.14)

where 0,V is understood as the right derivative at the points of discontinuity of (. An
identical argument to that in proposition 10.2 gives the following weak form of the
Auffinger-Chen representation.
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Proposition 10.3. If 2 < p < oo, then there exists a probability space (2, F1,P), a
filtration F = (F,)o<s<1, @ Brownian motion W = (W ,)o<s<1 and a continuous adapted
process X = (X ;)o<s<1 which together form a weak solution to the stochastic differential
equation

d X (s) = 2¢(s)7' (s)VU(s, X (5))d s+ V27 (s) dW (s), X(0)=0. (10.15)
Moreover,
0(0,0) :zggE e / C(s s)ds+ B(1 )) (10.16)

_ / C(s) (7 (s)v(s),v(s)) ds}
0

with the supremum attained by the admissible process v(s) = V¥ (s, X (s)).

We close this section with a moment bound on the weak solution to the stochastic
differential equation (10.15) which will allow us to deal with the fact that proposition 9.5
only holds for bounded values of 7.

Lemma 10.4. If (X (s))o<s<1 is a weak solution to (10.15) and n = max(1 + p—il, %) €
(1,2), then

_2
E|X(1)]3 < C(1+1iclloo(1+ M) *72) 77 (10.17)
for some constant C > 0 that depends only on x,p,t and D.

Proof. To alleviate notation, let C' > 0 denote a constant that depends only on «, p,t and
D whose value might not be the same at each occurrence. If E[| X (1)||3 < 1 the result is
trivial, so assume without loss of generality that || X (1)||2 > 1. Introduce the process
v(s) = V¥(s, X (s)) in such a way that

X(1)= /0 2¢(s)7'(s)v(s)d s+ B(1).

The triangle inequality and (10.11) reveal that
1 2
E[X(1)|2 < 0(1+EH/ ((s)w'(s)v(s)dst). (10.18)
0

With this in mind, fix 1 <[ < k. The Cauchy-Schwarz inequality implies that
/Q ds <C’Z /C 7'( 1/2Z7T ,1€/2vZ ds)2
<cz/g o (N ()4 s
/ ( Z 7' ( ifvz ) ’ ds

QWMAGMMM@MWM

Substituting this back into (10.18) yields
1
EM@ﬁﬂﬁ+M@A%mW@mM@MQ
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On the other hand, taking the zero process in proposition 10.3 shows that

1
E|f2(X(1) - / () (7 (s)0(s), v(s)) ds| = W(0,0) > B f2(B(1) > 0,
0
and therefore
B X (1|3 < C(1+[I¢o B £2(X(1))). (10.19)
To bound this further, observe that by (A.6) in appendix A and Jensen’s inequality,

1

B /(X (1) < 1+ [Alo) 757 (BIX (1B 770 + (B X (1)]8)4

+ (BIIX (1)]3)7T +1)
<O+ M oo) 72 (B X (1)[3)72,

where we have used the assumption that || X (1)||3 > 1. Substituting this back into
(10.19) and again using the fact that E|| X (1)||3 > 1 gives

BIX(1)]3 < C(1+ <o 1+ [Mloe) 4757 ) (B X (1) [3)2.

Rearranging completes the proof. O

11 Proof of the main result

In this section we finally prove theorem 1.4. The proof of the upper bound will follow
section 12.2 of [6]. On the other hand, the proof of the lower bound will be considerably
shorter and less involved than its one-dimensional analogue in [6]. In particular, it will
leverage the results of section 9 to avoid the technicalities associated with truncating.
Specializing our arguments to the scalar, kK = 1, case gives a shorter and more direct
proof of the main result in [6] when 2 < p < oco.

Lemma 11.1. If2 <p<oo, D €T, andt > 0, then

L,p(t) < irclf Poo(A, ¢, ), (11.1)

k) )Tr

where the infimum is taken over all (\, ¢, ) € RF-HD/2 5 N4 x TIp.
Proof. By theorem 7.3, it suffices to show that

liminf lim Fy g- < inf . 11.2
it Jim P (8) < Jof Poo(d Com) 112
Fix a Lagrange multiplier A € R*(*t1)/2 3 piecewise linear path = € IIp and a dis-
crete measure ( € N defined by the sequences (1.37) and (1.38). Given an inverse
temperature parameter § > 0, introduce the measure

af(s) = B71¢(s) 10,1y (8) + L{13(s)
B

on [0, 1]. It is clear that o’ € M for 3 large enough. Moreover, o ({g;}) = af —aj_, for
the sequence of parameters (8.4) defined by af = 5—1gj. The Guerra replica symmetry
breaking bound in lemma 2 of [33] implies that
Jim Fyvg-1(B) < Pg(A, o)+ YA+ LB (11.3)
— 00
for some constant L > 0 independent of 5. To bound this further, recall that by proposi-
tion 9.1,

B /> 0o — Iilog 5(5 1 / —IZN1E 4=
z) < _s(x) — + —=1lo e 2do
f)\,t( ) f/\,t 6( ) p/B /B g .
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for any § € (0,t/2). If we make the dependence of the functions ® and ¥ in (10.3)
and (10.12) on the underlying measure and parameter ¢ > 0 explicit by writing 3"t and
U<t then a simple induction yields

8 _ klogBsd 1 =P
d1(0,0) < WST0(0,0) — +710g/ e Ielzq 7.
(0,0) (0,0) = "5 4 Flog |

It follows that

1
733()\,045,77) < \Ifc’t_‘s(0,0) — Z Mok Dy ot —/ ¢(s) Sum (7‘(‘(8) ® W/(S)) ds (11.4)
E<k’ 0

klogBd 1 / 2P 4 —
- +=lo e 19l q 7.
BB

Substituting this into (11.3) and letting 8 — oo gives

1
lim lim Fyg-1(8) < ¥&'°(0,0) — Z ik Dig v —/ ¢(s)Sum (7(s) ©7'(s)) ds.
0

B—o00 N—oo
k<k’

By proposition 9.3 and an induction that combines the dominated convergence theorem
with (A.6) in appendix A, it is readily verified that lims_,o ¥¢*=9(0,0) = ¥$*(0,0). Letting
0 — 0 in the above inequality and taking the infimum over A, ( and = establishes (11.2)
and completes the proof. O

The proof of the matching lower bound in (1.43) requires more work. Given an inverse
temperature parameter 8 > 0, denote by ()\5 ol B ) a triple of almost minimizers defined
by the condition

P\, 0P 7P < /\igfﬂpg(/\,a,w)—kﬁ*l. (11.5)
It will be convenient to control the magnitude of \?. It is at this point that we have to
specialize the claim of theorem 1.4 to positive definite matrices D € T'}". The author’s
inability to extend the following result to the space of non-negative definite matrices
is the reason for proving the second equality in (1.28) and extending section 4 beyond
proposition 4.4.

Lemma 11.2. If D € T} and (M, o, 7%) € RF-HD/2 x M9 x TIp satisfies (11.5) for
some [ > 1, then there exists a constant C > 0 that depends only on p, x, D and t with

M < CB. (11.6)

Proof. To alleviate notation, let C' > 0 denote a constant that depends only on p, s, D
and ¢t whose value might not be the same at each occurrence. For each pair k > ¥/,
let AQk, = )\f,yk. Consider the k x k symmetric matrix A® = ()\fjk,) as well as the k X k
symmetric matrix sgn A? = (sgn )\fk,) containing its signs. We adopt the convention that
sgn(0) = 0. Since D is positive definite and |sgn A?||,, < 1, using lemma B.5 it is possible
to find € > 0 small enough that depends only on D and « such that

D' =D +esgnA\?

is positive definite. Introduce the Gaussian measure

du(3) = (\/%)K\/%exp(— %WDH?) a7

associated with a centred Gaussian random vector X having covariance matrix D’.
Denote by ® the function (10.3) corresponding to the parameters \?, o®, 7 and 8 > 0.
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Since the terminal condition (8.5) is convex, taking the zero process in proposition 10.2
and invoking Jensen'’s inequality shows that

®(0,0) > B f{;(B(1)) > £y, (EB(1)) = f1,(0).
Another application of Jensen’s inequality gives

logvdet D! 1 N -
VT 4 flog/ exp (3 M o (koK) ~ 17 |2) d u(7)
g g R~ fot

/
> log \/get D n

®(0,0) >

SN L EXp X — tE| X5,
E<k’

It follows by definition of the Parisi functional in (8.8) and the equality D; ;, — Dy =
€sgn /\g,k’ that

log v/det D’
Pa,a”,n%) 2 € 3 I | — tEIIX I + —=—5——
k<k’
B
=5 Y A (llEs = 10 s)-
0<j<r—1

To bound this further, observe that

r

ST (s — 1107 1Rs) = b 02 1Rs — 3 (o — o) & < ID]1Es,
0<j<r—1 j=1

where the last inequality uses lemma B.4, and denote by YAt the function (10.12)
associated with the Lagrange multiplier A\ € R*(*t1)/2  the discrete measure ( € N'¢, the
piecewise linear path 7 € IIp and the parameter ¢ > 0. By (11.5) and (11.4),

logpt/2 1 _izP .
Ps(N 0P Py <1 - L0802 L D / e 172 Q7 + inf (TNG™2(0,0
o R I it (6m/2(0,0)

— Z Mok Dy i — /0 ((s) Sum (m(s) ® 7'(s)) ds).

k<k’

Combining these three bounds and rearranging yields

log v/det D’

11.7
3 (11.7)

e SN < CBHE|X|} —
E<k’

Notice that the matrix D’ depends only on D, x and sgn A?. Since there are only finitely
many choices for the matrix sgn A® and 37! < 1, we can absorb the term 5~ log v/det D’
into the constant C > 0. To deal with the term involving the random vector X, let
M € R"** be a positive definite matrix with M7 M = D'. If g is a standard Gaussian
vector in R”, then the Cauchy-Schwarz inequality implies that

E||X|5 = EllMgl5 < | M| Ellglls = tx(D")*? Ellgl5 < (tx(D) + )"/* El|g]l5-
Substituting this into (11.7) completes the proof. O

Proof (Theorem 1.4). To alleviate notation, let C' > 0 denote a constant that depends
only on p,x,D and t whose value might not be the same at each occurrence. By
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theorem 7.3, lemma 11.1, theorem 8.1 and the choice of the minimizing sequence
(A3, aP, 7P) satisfying (11.5), it suffices to show that

inf Poo (N, ¢, ) < limsup Ps(N?, o, 7). (11.8)

56, B—ro00

Fix 3> 1, L > 0and 0 < § < min(LY®~1 1/2). Consider the measure (# = ga” € N,
and denote by V¥ the function (10.12) associated with the Lagrange multiplier A3, the
measure (7 and the path 7. Let X # be a weak solution to the stochastic differential
equation (10.15), and write v”(s) = V¥(s, X (s)) for its corresponding optimal control
process. Consider the set on which X* (1) lies within the ball of radius L > 0 around the
origin,

B = {|IX?(1)]: < L},

and notice that by proposition 9.5,

klog 20
5

Ef3(X7(1)1p < B L (X (1)1p + €6 (V]| + LF71 ) = (11.9)

To bound this further, observe that by (9.9) and symmetry,

— 1 S - - , klog2d
fﬁ 7 27/ 7, 7))+ N o(BYo(K) —t|Z|2)d T +
@2 G o (D) + 2 Mipoto®) — 7 1E)

k<k’ p

- 52)\ﬁ K log 20
glhdo + ———.
20)" /[ 55]~H 2 B

It follows that

K 52/\5 ¢ N N
B £ (X ()1 < B (X7 (1) - 30 22 |, 171Eaz

P 3 (20)~
B /»zlog%)lB + 02N + r|log 26|
B
t - o 2rlog2d
B XPW) 4 O+ g [ 1747 - FE
Together with (11.9) and lemma 11.2, this implies that
p—2
E f35 (X7 ()15 < B fJ,(X7(1) + €% (5 + L5 (11.10)
4 R - 3klog2d
+ / clbdod — ——.
(25)”’ [ 56]"”” ”2 B

On the other hand, if 7 = max(1 + ;= L, = —2-) € (1,2) as in lemma 10.4, then Hélder’s
inequality and Chebyshev’s inequality give

E f35(XP(1)1pe < (BIf33(X7(1)2/M"/2P(B) "/
1

< oy (LS (X (1)) 277172 (B X7 (1)]3)" /2. (11.11)

Remembering that ¢(? = $a” and invoking lemma 10.4 as well as lemma 11.2 shows that

B X ()] < C(1+ ¢ (1 + [V |e) 772 ) 77 < €55, (11.12)
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where K > 0 is a constant that depends only on p whose value might not be the same at
each occurrence. Leveraging (A.6) in appendix A and lemma 11.2 yields

EIf5(XP (1)1 < C(EHXB(l)H% +INISEIX D)3
+ IV IZEIXPWIE+ IV)1X) < cp". (11.13)

Combining the bound resulting from substituting (11.12) and (11.13) into (11.11) with
(11.10) reveals that

—2 K
E f33(X?(1)) < E fL,(X?(1)) + 052 (ﬁ + L*) + %

4 R - 3klog2d
+ — g|hdd — ——.
a5 /[ 71 ;

If we write ® for the function (10.3) associated with the inverse temperature 5 > 0,
the Lagrange multiplier \?, the measure o’ and the path 7%, then proposition 10.2 and
proposition 10.3 imply that

w(0,0) = B [£35(X°0 / () (507 (5),0%(5)) d 5

p=2 CpK t R - 3rlog26
(0,0) +C§2<5+LP71) + L2 * (20)= /[ 55]~H0”3dg B

It follows that

CcpE
L2

nf Po(A¢m) £ P, %, 7%) < Pp(N, 0, 7%) + C0* (B + L3 ) +
4 R -, 3rlog26
g | I91BdT - PR

(20)" Ji_sqpe B
Taking L = 8™ and § = B(mi}rlw for m = KH and letting 8 — oo establishes (11.8) and
completes the proof. O

A Terminal conditions growth bounds

In this appendix we include the technical bounds on the terminal conditions ff and
f5° in (8.5) and (1.36) that make it possible to define (1.41) and (8.7). We also show
that these bounds are preserved by the iterative procedure used to define X, and Y,
in (8.7) and (1.41), which plays an instrumental role in the proofs of proposition 10.2
and proposition 10.3.

Lemma A.1l. If2<p<oo, >0, T € R¥, A e R*("t1/2 and t > 0, then
g@ e+, (A1)
I (@)l < (141715 (A2)

for some constant C > 0 that depends only on (5, k, A, p and t.

Proof. Fix 1 <i < k. Since p > 2, a direct computation shows that

Jrw ) exp (7, 7) + Sy Ao k)oh') — ] 715) d 7

NNEIE
* Jie €XD 5((3, T) + Ve Ao (kK)o (k) — |7 ||’5) do
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To simplify notation, write (I) for the numerator and (1) for the denominator in this
expression. Introduce the set

A:{JER”|||$||2<*H 15~ 1} { eR*||F]2 > (M)ﬁ}

t

On the one hand, the Cauchy-Schwarz inequality implies that

/IIUHzeXPB(IIUII 172+ Y- Mo ko) —|7]3) d 7

k<k’
+ [ 17 lews(@.7)+ T dwol®o) - d718) a7
k<k’
t — —
< [ 17 lhesp (3 Mwoltiolw) - 51715) a7

K<k’

N (@)* / expB((7.7) + Y MwoR)a(k) ~t|F|}) d 7

k<k’

On the other hand, Jensen’s inequality and symmetry yield

(II)Z/[ . expﬁ( (¢, 7) + Z)\kk/a )—t”a’)”g)d?

k<K’

> exp / (7.%) + X AewolR)o(k) —t]7|2) a7

1
730" k<E’

o (X eawo®o ) =t 715) a3

1
—3,3] k<K’

Combining these two bounds gives (A.2). The fundamental theorem of calculus reveals
that

@)= 100 |</ pteDlas < [ VRET. IS

e
ija D)2l 72 sgc(unxuz )
which establishes (A.1) and completes the proof. O

Lemma A.2. If2 < p < oo, T € R¥, A € R*"t1)/2 and t > 0, then

@) < (i7" (A3)

for some constant C' > 0 that depends only on A\,p and t. Moreover, the function f{° is
differentiable for almost every ¥ € R"* with

1

IV£° (@)oo < C(1+I15) (Aa4)
for a possibly different constant C' > 0 that depends only on A\, p and t.
Proof. Consider the function g : R* x R” — R defined by

9(Z,7) = (7,7) + Z Ao (k)o(K) — 7 [5.
K<k’
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Notice that f{°(7) = supzcp~ 9(Z, 7). By lemma 9.2, there exists o (7) € R" with
fAT) = 9(7, 5’(?))and

7@l < ma (2= 7 (22 )

It follows by the Cauchy-Schwarz inequality that
0=g(Z,0) < f(Z) <T@ 2072 + Mo (D)3

2\ =1 141 2|I\ =,
< (B 4 () (2.6)

() el T+ (PRe)

ey
gc(1+ux||;"*),

where the last inequality uses the fact that —— 7 <1. To establish (A.4), notice that
T — g(7,7) is convex for each & € R*. As the pointwise supremum of a family of
convex functions, the function f3° is also convex and therefore differentiable almost
everywhere. If 7 € R” is a point of differentiability of f2°, then for any other Z’ € RF,

@) = () = (T = 7. V@) +o(17 - 7).
Combining this with the fact that
@) = [2(F) 2 9(3,7(F)) - 9(T,7(T)) = (F(F), 7' - T)

yields

This is only possible if Vf°(Z) = & (Z7) so the result follows by (A.5). O
Lemma A.3. Let f : R" — R be a convex and differentiable function with
~M < f(@) <O+ |TI5) and [VA(@)2 < CO+[T]3) (A7)
for some a € (0,1) and some constants C, M > 0. IfF : [0,1) x R®” — R is defined by
F(s,7) = %logEexpmf(E’—l-A(s)g) (A.8)
for some m > 0, a standard Gaussian vector g in R" and a non-negative definite matrix

A(s) A(s)||#s < C, then there exists C' > 0 that depends
on k,a,C,m and M such that

IVF(s,Z)]2 < C"(1+]1Z]9) (A.9)
for all (s, 7) € [0,1) x R~.

Proof. To simplify notation, write C’ > 0 for a constant that depends on &, a, C, m and M
whose value might not be the same at each occurrence. Fix s € [0,1) x R and 1 <[ < k.
Since a € (0,1),

E 0y, f(Z + A(s)g) expmf (T + A(s)g)

aale(Sjy) = ]Eexpmf(Y“i’A(s)g)
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With this in mind, consider the set B = {||Z|2 < ||A(s)g||2}. On the one hand,

B0y, f(Z + A(s)g)|e™ (FTA®D 1, < C’(l +E|A(s)glge™ ”A(é)g”m)
< ' (1+ | A(s) s Bllgligem e 14N ol ™)
<o'(1+ Blglge s ) < 0,

where the last inequality uses the fact that a + 1 < 2. On the other hand, Jensen’s
inequality and the convexity of f imply that

e~mM < (mf(F) _ qmf(Z+EAG)9) < [ omi (F+AG)9),

It follows that
B|0,, /(7 + Als)g) e+ 1,
E emf(Z+A(s)g)

E|Z||ge™f (T+AG)9) =1
Eemf (Z+A(5)9) ) < C'(1+1Z]l3).

|0z, F(x, 7)| < C" +

<c'(1+
This completes the proof. O

B Background material

In this appendix we collect a number of elementary results from linear algebra.

Theorem B.1 (Gershgorin). If A € R"*" and R; = }_,_;|aij| is the sum of the absolute
values of the non-diagonal entries in the i’th row of A, then the eigenvalues of A are all
contained in the union of the Gershgorin discs,

G(A): U{Z€C| ‘Z—Cbii| SRZ} (B.1)
i=1
Proof. See theorem 6.1.1 in [15]. O
Corollary B.2. If A € R"*"™ is a symmetric matrix with non-negative diagonal entries
satisfying
ai; = |ag| > Z|aij| (B.2)
J#i

for1 <i<n, then A is non-negative definite.

Proof. In the notation of Gershgorin’s theorem, condition (B.2) may be written as a;; >
R;. 1t follows by the symmetry of A and Gershgorin’s theorem that all the eigenvalues of
A are non-negative. This completes the proof. O

Lemma B.3. If A € R"*" is a non-negative definite and symmetric matrix, then
[Allus < tr(A). (B.3)

Proof. Let \, > A\,—1 > --- > A1 > 0 be the real and non-negative eigenvalues of the
matrix A. Since the trace of a matrix is the sum of its eigenvalues,

)% = tr(AAT) = ZAQ (ZA) ~ (A

We have used the fact that the eigenvalues of A% are \2 > \2_, - > A\ > 0in the
third equality and the non-negativity of the eigenvalues of A in the 1nequa11ty. O
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Lemma B.4. If A, B,C € R™*"™ are non-negative definite and symmetric matrices with
B < C, then tr(AB) < tr(AC). In particular, || Bllus < ||C||lus whenever B < C.

Proof. Since A is symmetric and non-negative definite, there exists a symmetric and
non-negative definite matrix M with MTM = A. If M = (my,...,m,), where m; € R"
denotes the i’th column of M, then

A=MTM = imim;
i=1

The linearity and cyclicity of the trace imply that

tr(AB) = Ztr(mim?B) = Ztr(mlTBmi) = ZmZTBmi.
i=1 i=1 i=1
Invoking the assumption that B < C yields tr(AB) < >, m;Cm! = tr(AC). To
complete the proof observe that

1Bll&s = tr(B" B) < tx(B"C) = t2(C" B) < tx(CTC) = |[Clliss,

where we have used the fact that the trace of a matrix coincides with the trace of its
transpose. O

Lemma B.5. If A € R"*" is a symmetric and positive definite matrix and P € R"*" is a
symmetric matrix, then there exists ¢* = €*(A, || P||«,n) > 0 such that

A+eP (B.4)
is symmetric and positive definite for every e < €*.
Proof. Denote by )| the smallest eigenvalue of A. For any = € R™ and every € > 0,

2T (A+eP)a > 2’ Az — €| Plloo |zl > (M — enl| Plloo)l|]3.

Since \; > 0 by positive definiteness of A, setting ¢* = ﬁ completes the proof. O
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