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We show that various functionals related to the supremum of a real function defined on an arbitrary set or
a measure space are Hadamard directionally differentiable. We specifically consider the supremum norm,
the supremum, the infimum, and the amplitude of a function. The (usually non-linear) derivatives of these
maps adopt simple expressions under suitable assumptions on the underlying space. As an application, we
improve and extend to the multidimensional case the results in Raghavachari (Ann. Statist. 1 (1973) 67-73)
regarding the limiting distributions of Kolmogorov—Smirnov type statistics under the alternative hypothesis.
Similar results are obtained for analogous statistics associated with copulas. We additionally solve an open
problem about the Berk—Jones statistic proposed by Jager and Wellner (In A Festschrift for Herman Rubin
(2004) 319-331 IMS). Finally, the asymptotic distribution of maximum mean discrepancies over Donsker
classes of functions is derived.
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1. Introduction

The general framework. The supremum or uniform norm has been systematically used in statis-
tics to quantify the deviation between an observed phenomenon and a theoretical model. A well-
known case is the goodness-of-fit problem, where the Kolmogorov distance (i.e., the uniform
distance between distribution functions) is one of the main tools to carry out the testing proce-
dures. In this context, the prototypical example is the Kolmogorov—Smirnov test in which the
supremum norm of the difference between the empirical distribution function of the sample and
the reference distribution function is employed. The sup-norm has also been notably considered
in the literature of almost all fields of statistics such as robustness, density estimation, regres-
sion and classification, among others. The reason for the extensive use of this distance might
rely on different factors: it has a clear and simple interpretation; it takes into account the global
behaviour of the functions; and, in general, it is easy to compute.

The aim of this work is to discuss the (directional) differentiability of the supremum norm — as
well as various related functionals that commonly appear in statistics — viewed as a real functional
from the space of bounded functions defined on an arbitrary set or a measure space. We consider
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the supremum norm, the supremum, the infimum, and the amplitude of a real function. As an
application, we use an extended version of the functional Delta method to derive the asymptotic
distribution of many statistics that can be expressed in terms of these maps. In this way, we
provide a simple and unified approach and the appropriate framework to deal with such type of
statistics.

The problem under study. Throughout this work, X is a nonempty set and ¢°°(X) is the real
Banach space of bounded functions f : X — R, equipped with the supremum norm, || f ||~ :=
sup,cx | f(x)|. If additionally (X, A, 1) is a measure space, where A is a o-algebra and p a
positive measure, we denote by £>°(X, A, ) the set of classes of equivalence of measurable and
essentially bounded functions f : X —> R with the norm || f || oo () :=esssup,¢x | f (x)], where

esssup f:=inf{C e R: u({x € X: f(x) > C})=0}.
xeX

Important examples of this general setting are ¥ = R? or R? (d > 1), with R = [—00, +-0]
the extended real line, and X = F, a class of real functions. To avoid unnecessary repetitions,
unless specifically mentioned, from now on we will only consider the supremum.

For g € £°°(X), the quantity of interest that we want to estimate is ¢ (¢), where ¢ is any of the
following functionals:

5= 11flloos o(f):=sup f, ((f)=inf f, and
x X

(1.1)
a(f):= aI;lp fo [el®X),

with ampy f :=supy f —infx f (the amplitude of the function f).
We will assume that ¢ can be estimated by Q,, a random element taking values in £°(X) a.s.
satisfying

(@, —q)~Q inf>®(X),asn— oo, (1.2)

where r, is a sequence of real numbers such that r,, — 0o, Q is a tight Borel random variable in
£%°(X), and we use the arrow ‘~~’ to denote the weak convergence of probability measures in the
sense of Hoffmann—Jgrgensen (see van der Vaart and Wellner [54]). The scaling r,, usually goes
to infinity as the square root of n, but its behaviour could be different in some examples. In van
der Vaart and Wellner [54] the theory of weak convergence is developed for a net of probability
spaces, that is, a family of spaces indexed by a directed set. We recall that a directed set A is a
non-empty set with a partial order relation ‘<’ satisfying that for every a, b € A, there is c € A
such that @ < ¢ and b < c. The results obtained in this paper could also be stated in terms of nets.
Nevertheless, this generalization is not relevant for the applications considered in this work and
it will not be considered in what follows.

For ¢ € {§,0,t,a} in (1.1), we are interested in analyzing the asymptotic behaviour of the
normalized estimator of ¢ (g), that is, the statistic given by

Dy(9) = Dy(q, Qu, ) :=ra(¢(Qn) — ¢(q)). (1.3)
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Background. By the continuous mapping theorem, when g = 0 (the null function), the weak
convergence in (1.2) directly implies that D,,(¢) ~ ¢ (Q). (Note that in this case ‘~~’ is the usual
convergence in distribution of random variables.) This situation often corresponds to the case in
which Dy (¢) is a normalized discrepancy — usually measured in terms of the sup-norm — for
testing the null hypothesis Hp : ¢ = 0. In this setting, the limiting behaviour of D, (¢) if ¢ # 0
provides information regarding the asymptotic power of the underlying testing procedure. The
classical result on the asymptotic distribution of the Kolmogorov—Smirnov statistic under the null
hypothesis (see, e.g., van der Vaart [53]) is a well-known example. It is also worth mentioning
the usefulness of this approach for testing composite null hypotheses such as Hq : ¢ < 0. In this
case, the limiting behavior of D, (¢) when g # 0 provides information about both asymptotic
power (when g £ 0) and asymptotic null behavior (when ¢ < 0 and g = 0). In Beare and Moon
[6], Seo [46] and Beare and Shi [7], the focus is on asymptotic null behavior.

Finding the asymptotic distribution of D,,(¢) in (1.3) when ¢ is not identically zero is a more
challenging problem. So far, this problem has been tackled generally for the sup-norm and some
particular choices of the function ¢g. To the best of our knowledge, the first remarkable result in
this direction was obtained by Raghavachari [39]. This author found the asymptotic distribution
of the normalized version of the plug-in estimator of ¢ (F — G) (for ¢ € {8, 0, «}) in the one-
sample and two-sample cases when F and G are continuous univariate distribution functions.
The results in Raghavachari [39] have also been summarized in DasGupta [13], Chapter 26.
Over the years, the ideas in Raghavachari [39] have been used and replicated by several authors
to obtain different results in similar settings. A non-exhaustive list of these references is: Alvarez-
Esteban et al. [1,2], Freitag, Lange and Munk [23], Schmoyer [43], among others. In Genest and
Neslehova [24], the authors discussed a test of radial symmetry for copulas in which the key
element is the estimation of ||C — C |, where C is a bivariate copula and C is its survival copula.
Dette et al. [16] used the same technique to find the asymptotic distribution of the estimator of
lm1(B1) — m2(B2)|leo, Where m1(B1) and mo(B2) are regression functions with parameters 81
and B,, respectively. In Dette, Kokot and Aue [15], Theorem 6.1, a result in the same spirit as
Raghavachari [39] is obtained for convergence of suprema of non-centered processes indexed by
directed sets (see Remark 3.2).

The proposed methodology. In all the previous references the approach used to compute the
limiting distributions is based on the direct probabilistic analysis of the considered statistics.
For instance, the proofs in Raghavachari [39] are essentially based on a careful analysis of the
behaviour of the empirical process in the set of points around which the supremum in || F — G|
is attained. However, we explore here an alternative, more general, approach. It is based on
the idea that the statistics in (1.3) have indeed the usual form, suitable to apply the functional
Delta method. Therefore, in light of (1.3), a direct and intuitive approach to find the asymptotic
distribution of D, (¢) could be to analyze the differentiability of the maps in (1.1) and use the
functional Delta method. In fact, as it will become evident in this work, looking at the behaviour
and analytic properties of the underlying functional is much more enlightening than working
directly with the probability distribution of the statistic.

Though there are many possible ways of defining the concept of differentiability for maps
between metric or normed spaces, Hadamard differentiability is perhaps the most convenient in
this context as it is appropriate for applying the functional Delta method (see van der Vaart [53],
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Section 20). However, there are many important examples of maps which are nor Hadamard
differentiable. This is the case of the functionals in (1.1), which are clearly continuous but non-
differentiable. Despite not being fully differentiable, we will show that these maps are Hadamard
directionally differentiable. This weaker notion of differentiability was introduced by Shapiro
[47]. Shapiro [48] and Diimbgen [19] (see also Romisch [41]) independently showed that the
Delta method still holds for directional differentiable maps. Recently, this idea has been success-
fully exploited in the econometric literature; see Beare and Moon [6], Kaido [30], Seo [46], and
Beare and Shi [7]. Fang and Santos [20] illustrate in depth the applicability of the directional
differentiability to a wide variety of problems in econometrics. See additionally Beare and Fang
[5] and Sommerfeld and Munk [50].

Structure and main results. In Section 2, we give the necessary definitions, prove that the maps
in (1.1) are Hadamard directional differentiable and determine their derivatives under very gen-
eral assumptions. In particular, this implies that an extended version of the functional Delta
method can be applied for these mappings. As far as the authors know, in the statistical commu-
nity the Hadamard directional differentiability of the infimum under no additional conditions on
the underlying space was first obtained by Romisch [41], Proposition 1, after a personal commu-
nication of P. Lachout in 2004. Fang and Santos [20], Lemma S.4.9, also obtained an expression
for the Hadamard directional derivative of the supremum for continuous functions defined on a
compact metric space.

In Section 2, besides reviewing the different notions of differentiability and the Delta method,
we also obtain several original results.

(a) Theorem 2.1 in Section 2.2 follows the spirit of Romisch [41], Proposition 1, though our
proof is slightly different and we include the supremum norm (not covered in Romisch
[41]). In the rest of Section 2, we rely on this result to obtain simplified expressions for
the derivatives of the mappings in (1.1) when the space X is endowed with additional
structure.

(b) In Section 2.3, we assume that X is a compact metric space. The main novelty here is that
the involved functions are not required to be continuous (and we continue to deal with the
supremum norm). Fang and Santos [20], Lemma S.4.9, is obtained as a particular case.

(c) In Sections 2.4 and 2.5, we consider the case in which X is a totally bounded metric
space and a weakly compact subset of a Banach space, respectively. To the best of our
knowledge, the corresponding differentiability results are new in the literature.

(d) In Section 2.6, we analyze in detail the situation in which X = R and the functions belong
to D(Rd) = the extension of the Skorohod space in [0, 17 (introduced in Neuhaus [36])
to the whole R?. The space D(Rd) is an important subspace of EOO(]R" ) as it includes the
paths of many well-known stochastic processes with jumps in their paths such as multi-
variate empirical processes. Hence, the functions in D(R?) are not necessarily continuous
and the expressions of the derivatives of the maps are new.

The versatility of the proposed methodology is illustrated in depth in Sections 3—-6, where we
derive the asymptotic distribution of various statistics with no additional effort. We base the re-
sults on the directional differentiability of the functionals and the weak convergence of the under-
lying stochastic processes. Hence, this unifying approach allows us to reduce a usually difficult
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statistical problem to a much simpler analytical question related to the directional differentia-
bility of the corresponding functional. Using these ideas, we obtain the following applications:
In Section 3, we extend and give simpler and shorter proofs of the results in Raghavachari [39]
both in the one-sample and two-sample cases. The extension is carried out in different directions.
First, no assumption on the involved distribution functions is necessary to derive the asymptotic
results. In contrast, in Raghavachari [39] the continuity of the distribution functions is required.
Secondly, the results are obtained in a multidimensional setting. We note that the proofs are very
simple (compared with those in Raghavachari [39]) because they just rely on the analysis of the
differentiability of the functionals and the convergence of the associated processes separately. It
should be further remarked that those works that have used the results and ideas in Raghavachari
[39] were forced to impose the continuity of the involved functions as an assumption in their
statements; see for instance Alvarez-Esteban et al. [2], Equation (11), Freitag, Lange and Munk
[23], Section 2, or Dette et al. [16], Assumption 7.4. The regularity limitation of working with
continuous functions is not mathematically aesthetic and it is in fact unnecessary, as we will
show in this paper. Moreover, in Section 4 we will extend these results to copulas. Also, in Sec-
tion 5, we apply this technique to solve an open question by Jager and Wellner [28] related to the
Berk—Jones statistic. Finally, in Section 6 we derive the asymptotic distribution for the plug-in
estimators of maximum mean discrepancies with respect to a Donsker class.

The main results of this paper can also be applied to find the asymptotic distribution of the
empirical risk over Donsker classes of functions and estimators of kernel distances. These appli-
cations are not included in the present paper due to the limited space available and they will be
developed in future works.

2. Main results

In this section, we introduce the definitions of directional differentiability of maps between Ba-
nach spaces, recall an extended version of the Delta method for these mappings, and discuss
the analytic properties of the functionals introduced in Section 1 according to the mathematical
structure of X.

2.1. Directional differentiability and the Delta method

In many situations it is common to face the problem of estimating a transformation, ¢(6), of
a (possibly infinite-dimensional) parameter 6. Typically, 6 is unknown but can be estimated by
means of 7,, and ¢ is a map defined in a metric space. If ¢ is smooth enough in a local neigh-
borhood of 6 — for instance, differentiable at 6 in a precise sense — the asymptotic distribution
of (the normalized version of) ¢ (7;,) can be determined by expanding ¢ around 6 and using an
invariance principle for 7, in the underlying metric space. Of course, this is the key idea be-
hind the (functional) Delta method, one of the most frequently used methodologies in statistics
to compute the limiting distribution of an estimator of a quantity of interest (see van der Vaart
and Wellner [54], Section 3.9). This technique is specially fruitful when dealing with the popular
plug-in estimators, which, by construction, are functions of the empirical distribution function
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of the observed sample. In such cases, the powerful theory of weak convergence of empirical
processes provides the suitable mathematical machinery to determine the asymptotic behaviour
of this kind of estimators (see Giné and Nickl [25]).

We start with the notion of Gateaux directional differentiability.

Definition 2.1. Let D and £ be real Banach spaces with norms | - ||p and || - || ¢, respectively.
A map ¢ : D — £ is said to be Gdteaux directionally differentiable at 0 € D tangentially to a
set Dy C D if there exists a map qﬁé : Do — & such that

—gp(h)| —0, 2.1

£

H¢(9+tnh) —¢©)
t

n

for all & € Dy and all sequences {t,} C R such that ¢, | 0.

It is well-known that Gateaux differentiability is too weak for the Delta method to hold. To
solve this problem, the directions along which we approach to ¢ (0) in (2.1) have to be allowed
to change with n. This naturally leads to the concept of Hadamard directional differentiability.
We follow Shapiro [47] for the next definition.

Definition 2.2. In the context of the previous definition, we say that ¢ : D — & is Hadamard
directionally differentiable at € D tangentially to a set Do C D if there exists a map ¢y, : Dy —>
& such that

—¢p()|| —0, (2.2)

&
for all 4 € Dy and all sequences {#,} C R and {h,} C D such that ¢, | 0 and ||k, — h||p — O.

’ ¢O +1.hyn) — P (0)

In

Obviously, the Hadamard directional differentiability condition (2.2) is stronger than the
Gateaux notion (2.1). The only difference between the directional and the usual differentiability
is that the derivative ¢, is no longer required to be linear in Definitions 2.1 and 2.2. Nevertheless,
if equation (2.2) is satisfied, then ¢y, is continuous and positive homogeneous of degree 1 (see
Shapiro [47], Proposition 3.1).

Remark 2.1. If ¢ is as in Definitions 2.1, and additionally ¢ is locally Lipschitz, that is, there
exists a constant C > O such that ||¢(f) —¢(g)lle < C|lf — gllp, forall f, g € D in a neighbor-
hood of each point of D, then Hadamard directional differentiability is equivalent to the Gateaux
one (see Shapiro [47], Proposition 3.5). This condition is satisfied by 8, o, ¢, & : £°(X) — R
defined in (1.1). Hence, to check that the maps considered in Section 1 are Hadamard direction-
ally differentiable at f € £°°(X) we only need to show Gateaux directional differentiability.

The important fact about Hadamard directional differentiability is that it is the crucial condi-
tion to ensure the validity of the following extended (functional) Delta method.

Proposition 2.1. Let D and £ be Banach spaces and ¢ : Dy C'D — £, where Dy is the domain
of ¢. Assume that ¢ is Hadamard directionally differentiable at 0 € Dy tangentially to a set
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Dy C D. For some sample spaces 2y, let Ty, : Q, —> Dy be maps such that rp(T, —0) ~ T,
for some sequence of numbers r,, — 0o and a random element T that takes values in Dy. Then,
rn(@(Ty) — d(0)) ~~ ¢é(T). If additionally (l)é can be continuously extended to D, then we have

that ry (¢ (Ty) — ¢(0)) = ¢ (rn (Ty — 0)) + op(1).

Remark 2.2. The detailed proof of Proposition 2.1 can be found in Shapiro [48], Theorem 2.1
(see also Romisch [41], Theorem 1, or Fang and Santos [20], Theorem 2.1), but it is essentially
the same one as for the traditional Delta method; see van der Vaart [53], Theorem 20.8. The
key idea is to apply the extended continuous mapping theorem (van der Vaart and Wellner [54],
Theorem 1.11.1) to the sequence of functionals defined by ¢, (h) := r, (¢ (0 + rn_lh) —¢()),
neN.

In the present context, let us assume that 6, — 6 and r,(T,, — 6,) ~» T, and we want to
determine conditions so that r,, (¢ (T,,) — ¢ (6,,)) ~ ¢(; (T). Asitis pointed out in van der Vaart and
Wellner [54], page 375, a stronger form of differentiability is needed to obtain such a “uniform”
version of the Delta method.

Definition 2.3. In the context of Definition 2.1, we say that ¢ : D — & is uniformly Hadamard
differentiable at 6 € D tangentially to a set Dy C D if there exists a map ¢, : Dg —> & such that

— 0,
&

— ¢y (h)

‘ ¢(9n + tnhn) - ¢(9n)
Iy

for all & € Dy and all sequences {t,} C R, {6,,}, {h,} C D such thatt, | 0, ||6, — 6|p — 0, and
lhn —hllp — 0.

If ¢ is uniformly Hadamard differentiable at 6, 6, — 6 and r,(T,, — 6,) ~> T, we still have
that r, (¢ (T;) — ¢ (6,)) ~ ¢é (T); see van der Vaart and Wellner [54], Theorem 3.9.5.

2.2. A general result on Hadamard directional differentiability

In the next theorem, we show that the maps introduced in Section 1 are directionally differen-
tiable at every function of £°°(X), where X is an arbitrary space. In the sequel sgn(-) denotes the
sign function.

Theorem 2.1. The maps 6, o, and « in (1.1) are Hadamard directionally differentiable at every
f €L£°(X)\ {0}. For g € £°°(X), their derivatives are respectively given by

8':(g) =lim sup (g-sgn(f)), o’ (g) =1lim sup g,

/ eWAE(\fD( ) ! W0 A

2.3)
/(g)=lim inf g,  os( )=lim(su — inf )
I8 =o0sin® A A
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where, for € > 0 and h € £°°(X), Ac(h) and Be(h) are the superlevel and sublevel sets of h
defined by

Ac(h) = {x €X:h(x)>suph —e} and B.(h) = {x X h(x) §infh+e}.
x x

Moreover, if (X, A, ) is a measure space, the result still holds if we substitute the suprema
(respectively, infima) by essential suprema (respectively, infima) with respect to [L.

Proof. We first start with o as the conclusion for the rest of the maps can be derived from this
case. Let us fix f € £°°(X) \ {0}. For n € N and each sequence of real numbers {s,} such that
sn 1 0o, we consider oy, (f) : £°°(X) —> R defined by

on(f, 8) = S;p(snf +8) —sn st;ep fi gel™(X). (2.4)

From Remarks 2.1 and 2.2, it suffices to show that o, (f, g) — 0} (g), as n — oo, with U} (&)
defined in (2.3). For € > 0 and x ¢ A.(f), we have that

snf(x) +g(x) —spsup f <supg — sye.
X x
Hence, for all € > 0, we obtain that

limsupo,(f, g) = lirnsup< sup (s, f +g) — spsup f)

n—o00 n—00 ‘A (f) X
< sup g. 2.5)
Ac(f)
Conversely, let us define
h(e):= sup g, €>0. (2.6)
Ac(f)

Observe that 4 is non-decreasing and thus the limit as € decreases to 0 exists and, by definition,
coincides with a]’, (g). For each m € N, there exists x,, € A1/, (f) satisfying

gCtm) = h(1/m)—1/m and f(xy)>sup f —1/m. 2.7)
x

From (2.7), for each s,,, we have that
h(1/m) < g(xm) +1/m
= Snf (om) + 8(xm) — sn f (Xxm) +1/m
<on(f.8) + (sp+1D/m. (2.8)
Now (2.8) implies that, for all n € N,

lim sup g= lim h(1/m) <o,(f, g). 2.9)
Wacp moe

The proof corresponding to o follows from (2.5) and (2.9).
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Now, we consider the map § in (1.1). Assume that f € £°°(X) with || f||cc > 0. For g € £°°(X),
we have to show that §,( f, g) — 8}(g), as n — oo, where 6, (f, &) ;= lIsnf + glloo — Sull fllco
and s, 1 oo. First, for € < || f|loo/2 and s, > 2|8 lco/l f llco> it is readily checked that s, | f| +
sgn(f) - g > 0 globally on Ac(|f|). We hence conclude that

Jim 8, (f. )= lim on(1f1. g - sgn(f)) = o (g - sgn(f)) = 87 (g).

The proof for ¢ and « follows from the duality between supremum and infimum. Finally, the
case in which X is a measure space can be treated in a similar way so it is therefore omitted. [J

As pointed out in the Introduction, Romisch [41], Proposition 1, provides the same result as
Theorem 2.1 for the infimum. Obviously, the derivatives of the supremum and amplitude of a
function can be derived from the infimum by duality. The additional contribution of Theorem 2.1
is the differentiability of the supremum norm operator, §. Also, the proof we have included here
is slightly different to the one in Romisch [41]. The expressions in (2.3) will be used throughout
Sections 2.3-2.6 to obtain simplified expressions of the derivatives.

Theorem 2.1 ensures that the functionals in (1.1) are Hadamard directionally differentiable.
Nevertheless, in general these maps are not uniformly Hadamard differentiable (see Defini-
tion 2.3) as the following example shows.

Example 2.1. Let X be the interval [0, 1] in R and we consider the function f = 1. For x € [0, 1]
andn € N, let f,,(x) :=1+4+x/n, g(x) := 1 —x, and s,, = n. We have that f,, — f in £>°(X) and it
is easy to check that o,,( f;;, g) = 0, where o, is given in (2.4). However, a} (g) =supp 18 = 1.
We conclude that o is not uniformly Hadamard differentiable, and therefore neither are the rest
of the maps in (1.1).

Following the same ideas as in the proof of Theorem 2.1, the following partial result can be
proved.

Corollary 2.1. Let 8, o, t and o be as in (1.1). For each f, g € £°(X) and all sequences
{t,} CR, {fn}, {gn) CL°(X) such thatt, | 0, f,, — f and g, — g in £°(X), we have that

1) t -4 t —
lim sup (fu +1agn) (fn) < 8}(g), lim sup o(fu+tugn) —o(fn) < U}(g),
n—00 In n—00 Iy 2.10)
tngn) — tngn) — '
liminfL(fn + tngn) — t(fn) Zt/f(g), limsupa(fn + thgn) —a(fy) Sa}(g),
n— 00 tn n—00 In

where 8}, a}, L’f and oz} are given in (2.3).

In general, the reverse inequalities in (2.10) fail to hold because it is not possible to control
the term (¢ (f,,) — P (f))/tn (@ € {8, 0,1, }), for all sequences {t,} C R and { f,,} C £°°(X) such
thatt, | Oand f, — f.
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2.3. Compact metric spaces

In some occasions the limit in € of the derivatives in (2.3) can be removed. For example, if X is
a compact metric space, the derivatives can be characterized by means of convergent sequences
in X as the following corollary shows.

Corollary 2.2. In the context of Theorem 2.1, let us further assume that (X, d) is a compact
metric space. The derivatives in (2.3) can be expressed as

A
8p(9)= sup (g-sen()y  op(e)= sup gF,
Ao(lfD Ao(f)
. (2.11)
14 = inf ¢V, o = su — inf ¢V,
fatd At 8y 7@ AO(% 8 = pnb &5
where for h,l € £*° (%),
Ag(h) = {x € X : there exists {x,} C X with x,, = x and h(x,) — suph],
x
(2.12)
Bo(h) := {x € X : there exists {x,) C X with x, — x and h(x,) — igfh},
hlA (x):= sup{limsuph(xn) 1 Xy — x and [ (x,) — supl}, x € Ao(l),

hlv (x):= inf{liminfh(xn) 1 X, —> x and l(x,) — infl}, x € Bo(l).
n— 00 x

Proof. We only give a detailed proof for o because the rest of the cases are analogous. We
consider the sequence {x,,} satisfying (2.7) obtained in Theorem 2.1. As (X, d) is compact,
we can extract a convergent subsequence x,,, — x in X, as k — oo. From (2.7), we have that
x € Ap(f) and, recalling (2.6), from Theorem 2.1, we obtain that

0}(g) = lim h(1/my) <limsup g(x,) Sg;(x) < sup g;. (2.14)
' k—00 k—o00 Ao(f)

In the other direction, let x € Ap(f) and {x,} C X such that x, — x and f(x,) — supg f.
For each € > 0, we have that x,, € Ac(f), for n large enough. We therefore conclude that

limsupg(x,) < sup g, foralle > 0. (2.15)
n— 00 Ac(f)
The conclusion follows from (2.14), (2.15) and Theorem 2.1. U

Remark 2.3. From the proof of Corollary 2.2 we see that the result is still valid for sequentially
compact topological spaces. As this extension is not important for the applications in this work
we will omit this framework in the following.
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In the following, if (X,d) is a metric space we denote by C(X,d) the subset of continu-
ous functions in £°°(X). We observe that if g € C(X, d), then g; (x) =g(x) (x € Ap(f)) and

g]! (x) = g(x) (x € Bo(f)), where g; and g; are defined as in (2.13). If we further assume that

f €C(X%,d), we have that Ag(|f|) = MT(| f]), Ao(f) =M™ (f) and By(f) = M~ (f), where
for h € £2°(X),

M+(h):={xex:h(x)=suph} and M‘(h)::{xe%:h(x):infh}. (2.16)
X X

This observation yields the following corollary.

Corollary 2.3. Let (X, d) be a compact metric space and let §, o, . and o be the maps defined
in (1.1). The maps o, ¢ and a are Hadamard directionally differentiable at any f € £°°(X)
tangentially to the set C(X, d) with derivatives, for g € C(X,d),

o(g)= sup g, !+(g) = inf and o';(g)= sup g — inf g. (2.17)
8 Ao(g)g 7= gin® 78 Ao(?)g v

If additionally f € C(X, d) \ {0}, we have that

Sr(@)= sup (g-sgn(f)),  op(g)= sup g,
M*(£D) M*(f)
(2.18)

Vp(g)= inf g, afp(g)= sup g— inf g,
M=(f) M*(f) M=(f)

where M () and M~ () are defined in (2.16).

The expression of the derivative o/ in (2.18) for continuous functions defined on a compact
metric space has been previously obtained in Fang and Santos [20], Lemma S.4.9. Observe that
equalities in (2.17) are valid even when the function f is not continuous (as in the more general
Corollary 2.2). Note also that M (| f|) (respectively, MT(f) and M~ (f)) in (2.16) is the set of
extremal points corresponding to the sup-norm (respectively, the supremum and infimum) of f.

Another interesting question is to find conditions under which the derivatives of the maps
are linear, i.e., the cases in which the mappings are fully Hadamard differentiable. This kind of
results can be traced back to Banach [4] (see also Leonard and Taylor [31,32], and the references
therein). In these works the supremum norm differentiability was investigated from the point of
view of functional analysis within the space C(X, d), with (X, d) a compact metric space. The
following result, a direct consequence of Corollary 2.3, provides general outcomes in a different
context. We denote by Card(A) the cardinality of the set A.

Corollary 2.4. Assume that (X, d) is a compact metric space and let f € £°°(X)\ {0}. Let Ao(-)
and By(-) be the sets in (2.12). For the maps defined in (1.1) we have that:

(a) The map 8 is (fully) Hadamard differentiable at f tangentially to the set C(X,d) if
and only if Card(Ao(|f])) =1 and {limsup,_, ., sgn(f(x,)) : x, = x and | f(x,)| =
I flloc} = {c}. In such a case, 8’ (¢) = cg(x™), where Ao(| f1) = {x*}.
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(b) The map o is (fully) Hadamard differentiable at f tangentially to the set C(X, d) if and
only if Card(Ao(f)) = 1. In such a case, a} (g) = g(x™), where Ag(f) = {xT}.

(¢) The map ¢ is (fully) Hadamard differentiable at f tangentially to the set C(X, d) if and
only if Card(Bo(f)) = 1. In such a case, L/f(g) =g((x7), where Bo(f) ={x"}.

(d) The map o is (fully) Hadamard differentiable at f tangentially to the set C(X, d) if and
only if Card(Ag(f)) = Card(Bo(f)) = 1. In such a case, oz} (g) =g(xT) —g(x7), where

Ao(f) = {xT} and Bo(f) = {x}.

Note that when f € C(X,d), we have that Ag(|f|) = Mt (|f]) in (2.16) and the condition
Card(Ao(|f])) = 1 means that f is a peaking function, that is, there exists x* € X such that
[f ()] =Iflloo and | f (x*)| > | f (x)], for all x € X with x # x*.

From a statistical point of view, identifying the cases in which the maps are Hadamard differ-
entiable has two important consequences when the limit in (1.2) is Gaussian: firstly, as the linear
derivatives are (essentially) the evaluation at an appropriate point, by the extended Delta method
(see Proposition 2.1), the asymptotic distribution of the statistic in (1.3) is normal; secondly, the
standard bootstrap for (1.3) is consistent if and only if the underlying map ¢ is fully Hadamard
differentiable (see Fang and Santos [20], Theorem 3.1).

2.4. Totally bounded metric spaces

If Q is a tight Borel measurable map into £°°(X) as in (1.2), then there is a pseudo-metric on
X such that the sample paths of QQ are uniformly continuous and X is totally bounded (see van
der Vaart and Wellner [54], Lemma 1.5.9). For statistical applications it is therefore important
to determine conditions under which the derivatives in (2.3) have similar expressions as those in
Corollary 2.3 when the underlying space is totally bounded.

We recall that if (X, d) is a totally bounded metric space, (X, d) is a compact metric space,
where ¥ is the completion of X with respect to d. Further, the space C, (¥, d) of bounded and
uniformly continuous functions f : X — R is isometric to C (i, d). Each f € C,(%,d) has a
unique extension to a function f € C (X,d). For x € X \ X, this extension is defined by f(x) =
lim,,_, » f(xn), with {x,,} C X such that x,, — x (in fact, Cauchy-continuity is enough to check
that f is well-defined, but uniform continuity suffices for our purposes).

In this setting, it is straightforward to check that Corollary 2.2 still holds if we substitute the
sets Ag(+) and By(-) by

Ao(h) :={x € X : there exists {x,} C X with x,, — x and h(x,) — suph},
x
(2.19)
Bo(h) ::{x € X : there exists {x,} C X with x,, — x and h(x,) — i%fh},

for h € £°°(X). In particular, the following corollary, important for statistical applications in
which X is a class of functions (see Section 6), holds.

Corollary 2.5. Let (X, d) be a totally bounded metric space and let §, o, t and a be the maps
defined in (1.1).
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(a) The maps o, and o are Hadamard directionally differentiable at f € €°°(X) tangentially
to the set C, (X, d) with derivatives, for g € C, (X, d),

o (g) = sup g, V(@)= inf g and o;(g)= sup g — inf g,
Ao(f) Bo(f) Aoy B

where Ao(-) and Bo(-) are defined in (2.19).
(b) If additionally f € C, (X, d) \ {0}, we have that

8p(g)= sup (g-sgn(f), op(@= sup g, ()= inf g,
M*(| f]) M*(f) M=(f)

af(g)= sup g— inf g,
M*(f) M=(f)

where for h € C,,(X, d),

M+(h):={xef_£:ﬁ(x)=suph} and Mf(h):z{xeiﬁzl_z(x):infh}. (2.20)
x X

Remark 2.4. Corollary 2.4 still holds if (X, d) is a totally bounded metric space and we replace
C(%,d), Ap(-) and By(-) with C, (X, d), Ao(-) and By(-) (defined in (2.19)), respectively.

2.5. Weakly compact sets

The compacteness assumption on X in Corollaries 2.2 and 2.3 could be too demanding in some
infinite-dimensional settings. A simple inspection of the proof of Corollary 2.2 shows that a
similar result can be stated when X is a weakly compact subset of a Banach space by using
Eberlein-Smulian theorem (see Conway [12], page 163). In such a case, Corollary 2.2 still holds
by substituting the sets Ag(k) and By(h) in (2.12) and the quantities h? (x) and h; (x) in (2.13)
respectively, by

AV (h) :={x € X : there exists {x,} C X with x, — x and h(x,) — suph},
X

(2.21)
By (h) :={x € X : there exists {x,} C X with x, — x and h(x,) — igfh},
and
*(x) _sup{hmsuph(xn) Xy, — x and f(x,) — supf} x € AF ().
e (2.22)

h;’w(x) ::inf{liminfh(xn) txp, — x and f(x,) —> inff}, x € By (f).
n—00 X

where x, — x stands for the weak convergence in the corresponding space. We recall that if
{x,} C B with B a Banach space, x,, — x means that ¢(x,) — ¢(x) for all ¢ € B*, the topo-
logical dual space of B3 formed by linear and continuous functionals from 5 to R. If B=H is
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a Hilbert space with inner product (-, -), the weak convergence amounts to (x,, y) = (x, y), for
ally e H.

In this context, we have analogous results as Corollaries 2.3 and 2.5 by changing the set of
tangency points.

Definition 2.4. If X is a subset of a vector space, a function g : X — R is said to be prelinear
onXif Y i, Ajg(x;) =0 whenever y ;_, Ajx; =0,forr <oo,A; e Randx; e X(i=1,...,r).

Every prelinear function g defined on X admits a unique extension to a linear function on
span(X), the linear span of X (see Dudley [17], Lemma 2.30, page 88). This extension is given
by

r r
g(Z,\ix,-) =Y Jig(x). withxeXandr eR(=1,....r). (2.23)
i=1 i=1

In the following, if (X, d) is a metric space contained in a vector space, we denote by Cp (X, d)
the subset of C(X, d) formed by prelinear functions on X. Further, if B is a Banach space with
norm || - ||, dg stands for the metric on B, that is, dg(x, y) = ||lx — y|| (x, y € B).

Corollary 2.6. Let B be a Banach space and let §, o, t and a be the maps in (1.1). Let us assume
that the set X C B satisfies the following two conditions:

(1) X is a weakly compact subset of B.
(i) For each g € Cp (X, dp), its linear extension g in (2.23) is continuous on span(X).

Then, the maps o, t and o are Hadamard directionally differentiable at f € £°(X) tangentially
to Cp1(X, d) with derivatives, for g € Cp1(X, dp),

o(g) = sup g, /(g)= inf g and o'r(g)= sup g— inf g,
! A () ! By (f) ! AY(f) By (f)

where Ay (-) and By (-) are defined in (2.21).
If additionally f € Cp(X, dg) \ {0}, then the derivatives of §, o, L and a are as in (2.18).

Proof. As in the previous proofs, we only discuss the map o. Let us consider x € Ay’ (f) (defined
in (2.21)) and g € C, (X, d). We consider a sequence {x,} C X such that x, — x and f(x,) —
supy f (the existence of such a sequence is guaranteed by condition (i) and (2.7)). Condition (ii)
and Hahn-Banach theorem imply that there exists a linear and continuous map, say g, defined on
B such that g = g on span(X), and hence g = g on X. As g € B* and x,, — x, we conclude that
lim;,— 00 g(x,) = g(x). This shows that g;’w(x) = g(x), with g;’w(x) defined as in (2.22), and
the conclusion follows from the observation at the beginning of this section.

Finally, if f € Cp1(X, dp), the same argument used before shows that Aj () = M T(f), where
the set M T (-) is defined in (2.16). O

We observe that hypothesis (i) in the previous corollary is essential to extract a weakly con-
vergent subsequence in X. We also observe that condition (ii) cannot be dropped as, in general,
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the linear extension g of a function g € Cp,(X, dp) is not necessarily continuous in span(X) as
the following example shows: Let B be an infinite-dimensional Banach space with norm || - ||.
We consider X = {x,}°2 , C B, where xo = 0 and {x,};2, is a linearly independent subset of
B such that ||x,|| = 1/n (n € N). It is easy to check that the function defined by g(0) = 0 and
g(xy) = 1/4/n (n € N) belongs to Cp1(X, dp), but its linear extension g is not continuous because
it is not bounded on the unit sphere since g(x, /|| x,|) = /7 (n € N).

The following proposition provides easy to check conditions guaranteeing that Corollary 2.6

(i) is fulfilled.

Proposition 2.2. Let B be a Banach space with norm || - || and X C B. Let us assume that one of
the following two conditions is satisfied:

(a) There exists x € X and § > 0 such that B(x,8) :={yeB:|y—x| <8} CX.
(b) B is a Hilbert space and there exists {x;}ic; C X, where I is an arbitrary index set such
that span(X) = span({x;}ics), {xi}ic are pairwise orthogonal and c :=inf;¢y ||x; | > O.

Then, for each g € Cp1(X, dp), its linear extension g in (2.23) is continuous on span(X).

Proof. Let us assume that (a) holds. As g € C(X, dg), the condition B(x, §) C X ensures that g
in (2.23) is continuous at x, and, by linearity, continuous on span(X).

Assume now that (b) is satisfied. For x € span(X), we can write x =) ;_; A;x;, with 4; € R
(i =1,...,r). Taking into account that |lx|| = > ;_; [Ai[lx;[| = ¢>_;_; |A;|, we finally obtain
that

r

2] < llglloo D 12il < lIglloolixll/c.

i=1

The previous inequalities show that g is continuous on span(X) and the proof is complete. [

Closed bounded convex subsets of a reflexive Banach space are weakly compact (see Brezis
[10], Corollary 3.22). Therefore, the hypotheses of Corollary 2.6 are general enough to include
many infinite-dimensional sets. Thanks to Proposition 2.2, an important example covered by
Corollary 2.6 is when X is the closed unit ball of a reflexive Banach space, and, in particular, the
closed unit ball of a Hilbert space. On the other hand, working with prelinear functions could
seem to be too restrictive. However, we point out that if P is a probability measure and a set X
is P-pre-Gaussian (Giné and Nickl [25], Definition 3.7.26, page 251), there is a version of the
P-bridge whose sample paths are prelinear (see Giné and Nickl [25], Theorem 3.7.28, page 252).
Such a version is usually called suitable.

Remark 2.5. Corollary 2.4 still holds with the obvious modifications if X is in the conditions
of Corollary 2.6. It is enough to replace convergence with weak convergence and C(X, d), Ao(-)
and By(-) with Cp(X, dp), Ay (-) and By (-), respectively.



2158 J. Cdrcamo, A. Cuevas and L.-A. Rodriguez
2.6. The case X = R? and the Skorohod space ’D(IFR")

Throughout this section ¥ = R? (d > 1) endowed with d,, the metric corresponding to the Eu-
clidean norm on [0, 1]¢ through a given homeomorphism. Hence, (R?, d,) is a compact metric
space and we can apply Corollaries 2.2 and 2.3 in Section 2.3.

Many important stochastic processes take values in the one-dimensional Skorohod space,
D(IE_{), consisting of all the cadlag functions, that is, right-continuous functions having limit
from the left at every point. This space provides a natural and convenient setting to analyze
the behaviour of processes with unidimensional time parameter and jumps in their paths such
as Poisson processes, Lévy processes, empirical processes or discretizations of stochastic pro-
cesses, among others. Skorohod-type spaces are usually equipped with different norms to make
them separable. However, we are only interested in a multidimensional extension of the Skoro-
hod space viewed as a subset of £°(R¢) with the supremum norm. The final aim of this section
is providing alternative expressions for the directional derivatives in (2.11) when the involved
functions belong to the d-dimensional Skorohod space.

The d-dimensional Skorohod space, introduced in Neuhaus [36] (see also Bickel and Wichura
[9]) and more recently considered in Seijo and Sen [45]), is usually defined in compact rectangles
of RY. We will firstly extend this space to functions defined in RY.

Forve{—1,1}and x € R, let

J, ifr=—1,x=—00,
[—o0,x), ifv=-—1,x¢€ (—00,+00],
Iy(x) = .
(x,400], ifv=+41,x€[—00,+00),
J, ifv=+1,x =400,
and
[—o0,x), ifv=—1,x <00,
~ R, ifv=—1,x =400,
I(x):= .
, ifv=+1,x =400,
[x,+o0], ifv=+41,x <o0.
We consider V := {1, l}d the set of 29 vertices of [—1, 1]¢. For v = (vy,...,v4) € V and
X=(X1,...,Xq) € R4, we define the v-quadrants of x by

Ov(X) 1= 1Ty, (x1) X - X Ly (xg) and  Qy(X) := I, (x1) X -+ x L, (xq).

Observe that Qy(x) C Oy(x), Ov(X) N Oy (X) = & whenever v, vV € V with v # v/, and
Uvev QV(X) =R, for all x € R?. Additionally, for each x € R?, there exists a unique vx € V
such that x € va (x). For instance, if x € R?, we have that vy = 1, where 1:= (1, ..., 1).

With the previous concepts we can define the quadrant limits. Let us consider a function f :
RY — R, veV and x € RY. We say that [ € R is the v-limit of f at x if Qy(x) # & and for
every sequence {X,} C Qvy(x) such that x, — x, we have that f(x,) — /. In such a case, we
denote / = fy(x). Additionally, it is said that f is continuous from above at x € R4 if So (X)
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exists and fy, (x) = f(x). We say that f is continuous from above if it is continuous from above
at every x € RY.

Definition 2.5. The Skorohod space on ]I:Qd , denoted by D(Rd), is the collection of all continuous
from above real functions f defined in R? for which the v-limit of f exists for every v € V and
x € R¥ such that Qy(x) # @.

When d = 1, D(R) is usual Skorohod space on R. The properties of the multidimensional
Skorohod space in [0, 119 shown in Neuhaus [36] can be extended with no difficulty to D(Rd).
For instance, the elements in D(Rd ) belong to D(R) in each coordinate, have at most countably
many discontinuities and all of them are of the “first class”. The fact that D(Rd) C EOO(Rd)
follows from Neuhaus [36], Corollary 1.6, by noting that functions in D(R?) have finite quadrant
limits at infinity points.

Remark 2.6. We observe that if f € D(Rd ) and {x,} C Qv(x) such that x,, — x, then f(x,) —
fv(x). This follows from the fact that

0y ={yeR?:ye 0y,»N O}

where A denotes the closure of the set A. In other words, the functions in D(R?) have quadrant
limits in Qy(x).

We are now in position to see how the derivatives in (2.11) look like when X = R¢ and the
functions on which they act belong to D(RY).

Corollary 2.7. For any f € D(R%) \ {0}, the maps 38, o, t and « in (1.1) are Hadamard direc-
tionally differentiable at f tangentially to D(R?). For g € D(R?), their derivatives are given
by

Sp(g)=max sup (gv-sen(fy)).  oh(g)=max sup g,

VeV M) eV M ()
(2.24)
L’f(g) =min inf gy, a}(g) =max sup gy —min inf gy,
veV My (f) veV M) veV My (f)
where for h € D(Rd),
M (h):={xe RY : Qy(x) # @ and hy(x) = suph},
(2.25)

M, (h) = {x e R?: Qy(x) # @ and hy(x) = infh}.

Proof. This corollary can be proved as Corollary 2.2 by taking into account Remark 2.6 and
the following fact: As the number of non-empty quadrants of each point in R¥ is finite, each
sequence converging to a point x € R? has a subsequence contained in Qy(x), for some v € V. In
particular, for every h € D(RY), it holds that Ag(h) = Uvey M (h) and By(h) = Uyey My (h),
where Ag(h) and Bg(h) are defined in (2.12). [l
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The sets M5 (h) (respectively, M, (h)) in (2.25) might coincide for different v € V. For in-
stance, when f is continuous, M (| f1) = M T (| f1), M (f) = M™T(f), and My (f) =M~ (f),
for all v e V, where MT(-) and M~ (-) are defined in (2.16).

We emphasize that gy = g, for all v € V, whenever g € C (Rd, d,). The following corollary
is important for applications because many stochastic processes that commonly appear as weak
limits of other processes have continuous paths a.s.

Corollary 2.8. For any f € D(R) \ {0}, the maps 8, o, L and o_in (1.1) are Hadamard di-
rectionally differentiable at f tangentially to C(R?,d,). For g € C(RY, d.,), their derivatives are
given by

8 (g)=max sup (g-sen(f)).  o}(g)=max sup g.
VeV M £ eV M ()
/.(g) =min inf g, o’-(g) =max sup g —min inf g,
! veV My (f) ! veV M) veV My (f)
with M () and M () defined in (2.25).
If additionally f € C(RY, d,), the derivatives are as in (2.18).

2.7. Statistical applications

In a wide variety of situations Theorem 2.1 and its subsequent corollaries, joint with the extended
Delta method in Proposition 2.1, provide the right framework to obtain a number of significant
examples in which the asymptotic distribution of a statistic of interest can be determined with
ease. The combination of these results is summarized in the following theorem.

Theorem 2.2. Let g € £*°(X) \ {0} and assume that there exists Q, taking values in £°(X) a.s.
such that r,(Q, — q) ~ Q, for a sequence of real numbers satisfying that r,, — 0o and a Borel
random element Q in £>°(X). Then, for ¢ € {8, o,t, a} in (1.1), we have that

rn(¢(Qn) — d(q)) ~ ¢y (Q), (2.26)

where the derivatives (MI are given in (2.3). Moreover, we have that r,(¢(Q,) — ¢(q)) =
¢(;(rn((@n —q)) +op(1).

Theorem 2.2 is still valid for the maps o, ¢ and & when ¢ =0 as o;(g) = supx g, ;(g) =
infx g and o((g) = ampy (g) are continuous maps. Further, for those g € £>°(X) such that qb; is
linear, i.e., ¢ is fully Hadamard differentiable at g (see Corollary 2.4 and Remarks 2.4 and 2.5),
and when Q is Gaussian, we conclude that ¢(’1 (Q) is normally distributed.

In this setting, despite ¢ € {3, 0, t,a} in (1.1) not being uniformly Hadamard differentiable
(see Example 2.1), if we know that ¢,, — ¢ in £°°(X) and r,(Q,, — g»,) ~> Q, we can still conclude
that r, (¢ (Qn) — ¢ (gn)) ~ qb; (Q) if we assume: (i) ¢ is fully Hadamard differentiable; (ii) the
sequence r,, (g, — q) is relatively compact. Further, if (i) is not satisfied and r,, (g, — q) — h, we
still have that r, (¢ (Q,) — ¢ (qn)) =4 d); Q+h) — ¢; (h). See van der Vaart and Wellner [54],
page 375, for details.
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In what follows, we will apply Theorem 2.2 in different contexts to obtain the asymptotic
distribution of several statistics.

3. Distribution functions

Let X and Y be two non-degenerate random vectors taking values on RY (d > 1) with joint
cumulative distribution functions F(x) := P(X < x) and G(x) := P(Y < x), x € R4, where ‘<’
stands for the coordinatewise order in R?. The goal in this section is to estimate ¢ (F — G), where
¢ € {8, 0, a} are defined in (1.1).

One-sample case. In this situation, we have at our disposal a random sample Xi,..., X,
from X. We estimate F — G with F,, — G, where F}, is the empirical distribution function of
the observed sample, that is,

1 n
Fo(x):= - Z Iix,<x), X€R?,
i=1

and 14 stands for the indicator function of the set A.
The problem consists in finding the behaviour, as n — oo, of

D, (8) =/n(IIF = Glloo — IIF — Glloo).
Dy (o) = v/n(sup(F, — G) — sup(F — G)), (3.1)
Dy () = v/n(amp(F, — G) —amp(F — G)).

When F # G, the asymptotic distribution of the statistics D, (8), D, (o) and D, («) in (3.1)
can be viewed as the limit under the alternative hypothesis of the corresponding two-sided and
one-sided Kolmogorov—Smirnov test statistics and Kuiper statistic, respectively.

In this example, for ¢ € {8, o, o}, the statistics in (3.1) are D,,(¢) = Dy (q, Qp, ) in (1.3) with
q=F—G,Q,=F, — G, and r, = v/n. The underlying normalized process, i.e., r,(Q, — q),
is nothing but the multivariate empirical process (indexed by points),

Enr(X) = v/n(F,(x) — F(x)), neNxeR (3.2)

When there is no confusion with respect to the underlying distribution, we simply use the notation
E, for the empirical process in (3.2). As the collection of all indicator functions of lower (hy-
per)rectangles of RY, {1(—o0,x 1% x(—00,xq] - (X1, ..., Xq) € Rd}, is Donsker (see van der Vaart
and Wellner [54], Example 2.1.3, page 82), the empirical process converges in law in ZOO(R”’).
The weak limit of E,,, denoted in the following by Br, is a F-Brownian bridge, that is, a cen-
tered Gaussian process with covariance function E(Br (X)Br(y)) = F(xAy) — F(x) F(y). (Here
XAY=(X] AV, Xg AYg) ifX=(x1,...,x9) andy = (y1, ..., ¥q).) If d = 1, the assertion
“E, ~ Bp in £°(R)” is nothing but the celebrated Donsker’s theorem (Kolmogorov—Doob—
Donsker—Dudley central limit theorem). In such a case, B = B o F, where B is a standard
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Brownian bridge on [0, 1]. When d > 2, BF is also called a tied-down or pinned Brownian sheet
based on the measure with distribution function F.

In this particular case we have that F — G € D(Rd), E, € D(Rd) a.s., and E, ~ Br in
ZOO(R”I ). Therefore, as a direct consequence of Theorem 2.2 and Corollary 2.7 we obtain the
following result.

Proposition 3.1. Assume that F # G and let Br be an F-Brownian bridge. For ¢ € {5, 0, o},
we consider the statistics D, (¢) defined in (3.1). We have that D, (¢) ~~ qﬁ}_G (BF), where the
derivatives ¢, _; are given as in (2.24).

When d = 1, Proposition 3.1 improves Raghavachari [39], Theorems 1, 2 and 3, as here F
and G are not assumed to be continuous. If F is continuous, then Br € C (]Rd, d.) a.s., and the
limiting distributions in Proposition 3.1 have simpler expressions (see (2.18)). The following
corollary provides a multidimensional extension of the results in Raghavachari [39].

Corollary 3.1. In the conditions of Proposition 3.1, let us further assume that F, G € C(R?, d,)
and we consider the sets MT(-) and M~ (-) defined in (2.16). We have that:

() Dn(8) ~ supy+(r—g))(BrF - sgn(F — G));
(ii) Dyp(o) ~ SUPy+(F—G) Br;
(lll) Dn(a) ~ supM+(F7G) BF — info(p_G) BF.

Remark 3.1. In the setting of the previous corollary, when M (|F — G|) (respectively, M (F —
G),and M*(F — G) and M~ (F — G)) contains only one point, the mapping § (respectively, o
and «) is fully Hadamard differentiable at F — G (see Corollary 2.4). In particular, the asymptotic
distribution of D, (§) (respectively, D, (¢) and D, («)) is a zero mean Gaussian distribution. The
asymptotic variance can be directly computed from the covariances of Br.

Remark 3.2. In Dette, Kokot and Aue [15], Theorem 6.1, the authors obtained a similar version
of the results in Raghavachari [39] for convergence of suprema of non-centered processes in-
dexed by directed sets. Using the results in Section 2.3 we can state the following slightly more
general result: Let (7', d) be a compact metric space and u € C(T,d) \ {0}. Let {X, :a € A} be a
net of random variables taking values in £°°(T') and r : A —> [0, 0o) satisfying that lim, r, = oo
(with r, =r(a)). Assume that Z, :=r,(X, — i) ~» Z in £°°(T), where Z is a Gaussian random
variable with paths in C(T, d) a.s., then

Dy (8) =ra(1Xalloo — ltlloc) ~ 8,(Z) = sup sgn(u)Z.
M (|pl)

It is worth noting that we can drop the assumption on the normalizing sequence r, in Dette,
Kokot and Aue [15], Theorem 6.1. A similar result can be provided when (7, d) is a totally
bounded metric space by using the results in Section 2.4 (see Corollary 2.5(b)).

Remark 3.3. The results in the paper can be used to make inferences on the quantity §(F —
Fo) = || F — Fylleo, Where Fj is a fixed and known distribution function. It should be taken into
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account that in general the corresponding limiting distribution, 87 _ Fo (BF), cannot be approxi-
mated by a standard bootstrap approach. It is known that the standard bootstrap fails when the
mapping is not fully Hadamard differentiable and the limit of the underlying process is Gaussian;
see Fang and Santos [20], Theorem 3.1. Observe that the map § is fully differentiable at F — Fy
if and only if F — Fy is a peaking function (see Corollary 2.4). Therefore, an alternative approach
has to be used if we do not assume this “peaking condition” on F — Fy. In Fang and Santos [20],
Theorem 3.2, a method to consistently estimate this type of asymptotic distributions is proposed.
The key idea is estimating in a suitable way the directional derivative. A detailed study of these
topics is beyond the scope and space limitations of the present paper.

Two-sample case. Here, two (mutually independent) random samples are available, one of size
n from F and another one of size m from G. Let F;, and G,, be the empirical distribution
functions of the two samples, respectively, and set N = an:n The two-sided, and one-sided
Kolmogorov—Smirnov and Kuiper statistics in the two sample case are given by

Dy (@) :=~'N(IFy = Gulloo = IF = Glloo).
Dy m(0):= x/ﬁ(sup(Fn —Gy) —sup(F — G)), 3.3)
Dy (@) := \/ﬁ(amp(Fn — Gp) —amp(F — G)).

In the general setting specified in (1.3), this situation corresponds to the case ¢ = F — G,
Qum = Fy — Gy and 1y, = +/N. Hence, we have that

m n ~
rn,m(@n,m —q) =4/ n+—mEn,F -/ I’l+mEm’G

with E,, r and ]Em,G independent empirical processes. We further observe that if the sampling
scheme is balanced, that is, n/(n +m) — A, with 0 < A < 1 as n,m — 0o, then 7y (Qy.m —
q) ~ 1 —ABp — \/XIE%G in EOO(Rd), where By and IE%G are two independent Brownian bridges
associated with F' and G, respectively. Hence, Theorem 2.2 and Corollary 2.8 directly imply the
following result which improves and generalizes Raghavachari [39], Theorems 4 and 5.

Proposition 3.2. Ler us consider a sampling scheme such that as n, m — 0o, n/(n +m) — A,
with 0 < A < 1 and let BF and Bg be two independent Brownian bridges associated with F and
G, respectively. For ¢ € {8, o, a}, we consider the statistics Dy, ,,,(¢) defined in (3.3). We have
that Dy () ~ ¢ _ (V1 —ABp — VABg), where the derivatives @ _ are given in (2.24). If
we further have that F, G € C(R?, d,), then the derivatives can be expressed as in (2.18).

4. Copulas

In this section, for simplicity, we will assume that the involved distribution functions are contin-
uous. Let us assume that the d-dimensional distribution function F has copula C and continuous
marginal distribution functions Fi, ..., Fy. In other words, F(x) = C(Fi(x1), ..., Fg(xq)), for
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X=(x1,...,xq) € R?. Let F, and F,i; (i=1,...,d) be the empirical joint and ith marginal
distribution functions of a random sample of size n from F. The empirical copula is

Co(u) = Fy(F, | ). ... F (), wi=(uy,....uq) €[0, 11, 4.1

where F l.l stands for the generalized inverse of F; ;, that is, the marginal quantile function of
the ith coordinate sample. The empirical copula process is defined by

Cp(u) :=V/n(Cy(w) — Cw)), neNuel0, 1. (4.2)

Empirical copula processes play the same role for copulas as empirical processes for distribution
functions and they have been extensively used in goodness-of-fit testing problems for copulas
(see Fermanian [21] for an overview about this subject).

Several works have been devoted to discuss the asymptotic behaviour of C, in (4.2). For
instance, in Segers [44] (see also the references therein) it is shown that, under certain not
very restrictive smoothness assumptions on the underlying copula C, C,, converges weakly in
£2°([0, 11%). Specifically, let us assume that C satisfies the following regularity condition:

Condition 1. For each i € {1, ..., d}, the ith first order partial derivative of C, 9;C, exists and
is continuous on the set {u = (uy,...,ug) € [0, 17:0<u; < 1}.

If Condition 1 is satisfied, C,, ~ C in £°°([O0, 1]d) (see Segers [44], Proposition 3.1), where C
is a Gaussian process that can be represented as

d
Cw =Bcw) — Y ;CWBY ), u=(ur.....uq) €[0, 1], 4.3)

i=1

with B¢ a C-Brownian bridge (see Section 3) and ]B%g)(u,-) =Bc(,...,1,u;,1,...,1), the
variable u; appearing at the ith entry.

Using Theorem 2.2 and Corollary 2.8, we immediately obtain the following result. Though de-
tails are omitted, similar results can be stated for the unilateral Kolmogorov—Smirnov and Kuiper
statistics and the associated two sample problems. Therefore, we obtain analogous outcomes to
those of Raghavachari [39] for copulas instead of distribution functions.

Proposition 4.1. Let C be a copula satisfying Condition 1 and let C,, be as in (4.1). For any
copula D # C, the statistic

T.(C, D) :=/n(lICy — Dlloo — IIC — Dlloc)

converges in distribution to 8, _,(C) = supyr+(jc—py (C - sgn(C — D)), with C defined in (4.3)
and the set M¥(-) is given in (2.16).

For any bivariate copula C, we consider the survival copula C defined by

C(u,v)::u+v—1+C(1—u,1—v), (u,v)e[O,l]z.
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The statistic
T,(C) := /n(Cy — Culloo — IC = Cllso), (4.4)

where Cj, is given in (4.1), has been used in Genest and Neslehova [24] to derive a test of radial
symmetry for bivariate copulas. The next proposition provides the asymptotic distribution of
such statistic.

Proposition 4.2. Let C be a bivariate copula satisfying Condition 1 (for d = 2). The statistic
T, (C) in (4.4) converges in distribution to

8. &(C)= sup (C*-sgn(C-0)),
M*(C-C)

where C*(u,v) := C(u,v) — C(1 —u, 1 —v), (u,v) € [0,11%, and C and the set M*(-) are
defined in (4.3) and (2.16), respectively.

Proof. From Theorem 2.2, it will suffices to show that
Cii=/n(Cp — Cp — (C = C)) ~C* int>([0, 11%).

Observe that C)f(u, v) = C,(u,v) — Cp(1 —u, 1 —v), (u,v) € [0, 1]%, with C,, being the em-
pirical copula process defined in (4.2). Therefore, from Condition 1 together with Segers [44],
Proposition 3.1, and the continuous mapping theorem, we have that C, ~» C* in £°°(]0, 11%) and
the proof is complete. (]

5. On a question by Jager and Wellner related to the
Berk—Jones statistic

Let F,, be the empirical distribution function of a sample of size n from a univariate random
variable with continuous distribution function F. Suppose that we want to test the null hypothesis
Hy : F = G versus the alternative H; : F' # G, where G is a fixed (and usually known) continuous
distribution function. Berk and Jones [8] (see also DasGupta [13], Chapter 26.7) introduced the
test statistic

R(Fy, G) := sup K (Fy(x), G(x)), (5.1)
xeR

where

K(x,y) :=xlog<{> +( —x)log(1 —x)’
y l—y

for x € [0, 1] and y € (0, 1). (The values of K (x, y) when x =0 and x = 1 are taken by continu-
ity.)

For each x e R, nK (F,(x), G(x)) is the log-likelihood ratio statistic for testing Hy : F(x) =
G(x) against H; : F(x) # G(x). Hence, R(F},, G) in (5.1) is nothing but the supremum of these
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pointwise likelihood ratio tests statistics. Additionally, K (x, y) is the Kullback-Leibler diver-
gence between two Bernoulli distributions with means x and y. Hence, K (x, y) > 0 with equality
if and only if x = y. In particular, R(F,, G) = ||K (F;;, G)||co-

Berk and Jones [8] computed the asymptotic distribution of (the normalized version of)
R(F,, F), i.e., the distribution of the statistic under the null hypothesis F = G. For a detailed
proof, see Wellner and Koltchinskii [56], Theorem 1.1, or Jager and Wellner [29], Theorem 3.1.
It holds that

nR(Fy, F) —dy ~ Ys, asn— oo, (5.2)

where P(Ys < x) = exp(—4exp(—x)) for x € R, i.e., Y4 has double-exponential extreme value
distribution, and

1 1
dy :=logyn — 3 logzn — 510g(47r),

with log, n :=log(logn) and log; n :=log(log, n).

In Jager and Wellner [28], Question 2, page 329, it was set out the open problem of finding
the asymptotic behaviour of the Berk—Jones statistic under the alternative hypothesis. In other
words, assuming that F' ## G, the question consists in finding conditions on F and G for which
the statistic

By = J/u(R(Fy.G) - R(F.G)). (53)

converges in distribution and, in such a case, identifying its weak limit, where R(F;,, G) is given
in (5.1) and R(F, G) :=sup, g K(F(x), G(x)).

Here we give a precise answer for the previous question. First, we note that B, in (5.3) has the
general form of (1.3). In other words,

By =D, (q=K(F.G),Q,=K(F.G),r, =+/n), (5.4)

where o is defined in (1.1). Therefore, from (5.4) and Theorem 2.2, to obtain the asymptotic
distribution of B,, in (5.3) it is enough to find the weak limit of the process W,, given by

W, :=/n(K(F,,G) — K(F, G)). (5.5
This result is stated in the following theorem.

F(1-G)
G(I=F)

/ logz(w) dF(t) < 0.
R G@)(1—F())

Theorem 5.1. Let us assume that the function log(

) is monotone around 00 and

The process W, defined in (5.5) satisfies that W,, ~» W in ZOO(R), where

F(1-G)

W:=Bplog
PO = F)

(5.6)

and B is an F-Brownian bridge.
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Proof. Using Taylor’s theorem, we have that

F1=G) 1 (F— F)?

K(F,,G)—K(F,G)=(F, — )1 , 5.7
(F2. G) = K(F.) = (Fy = P)log o+ 3 e s 5.7)
where F,’ is between F and F,. We set
~ F(1-0G)
W, = Fy, — F)log ————. 5.8
= /n(Fy ) log G(—F) (5.8)
From (5.5) and (5.7), we have that
s nl|l (F, — F)?
”Wn_wn”ooz%_ —| . (5.9)
Fr(l=FD e

Now, from (5.9) and Wellner and Koltchinskii [56], equation (2.2) (see also Jager and Wellner
[29], equation (9)), we obtain that

W, — W lleo =st VAR(Fy, F)

1 dn
=ﬁ(nR(Fn,F)—dn)+ﬁ, (5.10)

where ‘=g’ stands for equality in distribution. From (5.2) and (5.10), we conclude that
W, — Wnlloo ~> 0. Hence, the processes W, and Wn have the same asymptotic behaviour
(see van der Vaart [53], Theorem 18.10). Finally, the conclusion follows from van der Vaart [53],
Example 19.12, page 273. U

Remark 5.1. As it follows from the proof of Theorem 5.1, the process W,, behaves asymptoti-
cally as W, in (5.8), which is a weighted empirical process. Therefore, necessary and sufficient
conditions for the convergence of the process W, defined in (5.5) are given by the Chibisov-
O’Reilly theorem (see Shorack and Wellner [49], page 462).

We are now in position to solve the question proposed in Jager and Wellner [28].

Corollary 5.1. In the conditions of Theorem 5.1, the statistic B, in (5.3) satisfies that

By~ ogry W)= sup W, asn— oo,
M*(K(F.G))

where W is given in (5.6) and the set M (-) is defined in (2.16).

Remark 5.2. Similar results can be stated for the family of test statistics S,(s) based on ¢-
divergences introduced by Jager and Wellner [29]. Details are omitted.
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6. Maximum mean discrepancies

6.1. Definition and examples

Let X and Y be two random variables taking values on a topological space (X, r) with Borel
probability measures P and Q, respectively. Throughout this section we will use the notation
Ep(f) to detone the mathematical expectation of f with respect to the probability measure P.
Further, the set X will be a class of real functions defined on X that will be denoted by F. We
consider a statistic to measure the dissimilarity between P and Q (see Fortet and Mourier [22]
and Miiller [33]).

Definition 6.1. Let us consider a class F of measurable functions f : X — R. The maximum
mean discrepancy (MMD in short) between P and Q with respect to the class F is defined by

MMDI[F, P, Q] := sup (Ep(f)—EQ(f)). (6.1)
feF

To avoid indeterminate forms in the difference between expectations in (6.1), it is usually as-
sumed that F is a subset of C(X, 1), the class of bounded and continuous real functions on X.
The probability distribution of the variables is usually completely identified with the MMD with
respect to C(X, 7). In fact, if (X, d) is a metric space, then P = Q if and only if Ep(f) = Eq(f),
forall f € C(X,d) (see Dudley [18], Lemma 9.3.2). However, the class C(X, d) is in general too
large to deal with, so that suitable subsets are usually employed in practice. Another possibility
is assuming that the functions f € F satisfy that sup,.y | f(x)|/b(x) < oo, for a measurable
function b : X — [1, 0o) such that Ep(b) < oo and Eq(b) < oo. For simplicity, in the fol-
lowing we will not mention these necessary integrability requirements and we will assume that
sup e 7 Ep(f), sup re 7 EQ(f) < 00.

We observe that when F is symmetric, that is, —f € F whenever f € F, we have that
MMDI[.F,P,Q] = sup s 7 [Ep(f) — EQ(f)I. In other words, the MMD in (6.1) is the integral
probability metric generated by F (see Miiller [33]). In Rachev et al. [38], Section 4.4, it is also
said that the metric has a ¢-structure; see Zolotarev [57]. In this section we will also assume that
F is symmetric.

Some frequently used probability metrics can be expressed as MMD[.F, P, Q], for a suitable
choice of the set of functions F. In the following examples X and Y are two random variables
with distribution functions F and G and associated probability measures P and Q, respectively.

1. Kolmogorov metric. This distance is || F' — G|/, Which is the integral probability metric
generated by F = {l(_xo x] : x* € R}. Further, it is also generated by the set of all functions
of bounded variation 1 (see Miiller [33], Theorem 5.2).

2. LP metrics. For 1 < p < 0o, this metric is defined by d,,(F, G) := ||[F — G|, (|| - || , being
the usual L”-norm). When X and Y are integrable, d,, admits the dual representation (see
Rachev et al. [38], page 73) d,(F,G) = MMD[F), P, Q], where F), is the class of all
Lebesgue a.e. differentiable functions f such that the derivative f” satisfies || f'll; <1 (¢
being the conjugate of p,i.e., g issuchthat 1/p 4+ 1/g =1).
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3. Wasserstein metric. This distance is a particular and important case of the L?-metric with
p = 1. Its generator is also the class Fw = the set of functions f : R — R satisfying
the Lipschitz condition | f(x) — f(y)| <|x — y|, for all (x,y) € RZ. By the Kantorovich-
Rubinstein theorem, ||F — G||; = MMD[Fyw, P, Q]. In the context of image processing,
this metric is called the earth mover’s distance (see Rubner, Tomasi and Guibas [42]).
The importance of the Wasserstein metric, as well as its relevance for optimal transport
problems, has been summarized in Villani [55], Section 6.

4. Bounded Lipschitz metric. This metric (see Huber [27], page 29) is the integral probability
metric generated by Fpr :={f : || flsL = 1}, where || fllsL := | fllL + | flloc and || - [IL is
the Lipschitz norm given by

L= sup L& =W

x#yeR lx — ¥

5. Zolotarev ideal metrics of order r. For r € N, let Z, be the class of (r — 1)-times continu-
ously differentiable functions f : R —> R satisfying the Lipschitz condition | £~ (x) —
FO=D(y)| < |x — y|, for all (x, y) € R2. (Here we use the notation f©@ = f.) The class
Z, can also be substituted by the set of functions f having rth derivative f) a.e. and such
that |f(r)| <1 a.e. The metric ¢, = MMDI[ Z,, P, Q] is called the Zolotarev metric of order
r (see Rachev et al. [38] for a general reference and properties of these distances). Con-
vergence in ¢,-metric implies weak convergence plus convergence of the rth absolute mo-
ment. Zolotarev metrics have been used in Rao [40] to obtain a CLT for independent, non-
identically distributed random variables. As mentioned in Rachev et al. [38], Section 15,
the case r = 2 is appropriate for investigating some ageing properties of lifetime distribu-
tions. In Baillo, Carcamo and Getman [3], ¢> has also been used to generate new distance
measures for classifying X-ray astronomy data into stellar classes. The metric ¢3 has been
considered in the context of distributional recurrences (see Neininger and Riischendorf [34]
and Neininger and Riischendorf [35]).

6. Zolotarev metric of orderr in L? .Forr e N,and 1 < p < oo, the metric ¢, , is generated by
Z,,p, the set of functions f : R —> R for which £+ exists and satisfies || £+ lg <1,
where ¢ is the conjugate of p. Note that ¢, 1 = {41 (the Zolotarev ideal metric of order
r+1). Inrisk theory, the metrics {1 ~ and {11 are respectively called the stop-loss distance
and the integrated stop-loss distance (see Denuit et al. [14]).

7. Kernel distances. When F = {f : || f|l% < 1} is the unit ball in a reproducing kernel Hilbert
space H, the associated MMD is called kernel distance.

6.2. An asymptotic result for the MMD over Donsker classes

The use of the empirical counterpart of the MMD was already considered in Fortet and Mourier
[22] and it has been extensively employed in machine learning when F is the unit ball in a
reproducing kernel Hilbert space (RKHS) (see Gretton et al. [26]). In Sriperumbudur et al. [52],
the authors showed the consistency and rate of convergence of some estimators of various integral
probability metrics. The asymptotic behaviour of an estimator of the Zolotarev metric of order
r in L? has been discussed in Cdrcamo [11]. Here we provide a general result regarding the
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estimation of the MMD. We only consider the two sample case as this situation is the most
frequently considered in the literature, but similar results can be obtained in the one sample case.

Let Xq,..., X, and Y1, ..., Y, be two independent random samples from X and Y with prob-
ability measures P and Q, respectively. We denote by P,, and Q,, the empirical measures associ-
ated with these samples, that is, P, = n~! Yol 8x; and Q,, = m~! Z;’Ll 8y;, where 8, stands
for the Dirac delta at the point a. Given a class of functions F, the empirical counterpart of
MMDI[.F, P, Q] in (6.1) is given by

1 n 1 m
MMDI[F, P, Qul = — X)) —— Y. 6.2
Q ;zg(ni;f( ) m;f( ,)) (6.2)

In this section, we are interested in the asymptotic behaviour of the quantity
. nm
My = \/N(MMD[]-", P, Qu] — MMD[.F, P, Q]), with N = P (6.3)
n+m

We observe that M,,, , is precisely Dy ;(0) = Do (D, Dy 1, 7, ) in (1.3), where the underlying
space is X = F; the target functional is D € £°°(F) given by

D(f):=Ep(f) —EQ(f). [feF; (6.4)

its estimator is

1 1 &
Dum(f) =Ep,(f) —Eq, (N == fX)——> f(¥p), feF;
i=1 j=1

and ry, , = /N . Therefore, from Theorem 2.2, to derive the asymptotic distribution of M,, , in
(6.3) we only need to study the weak convergence in £*°(F) of the process ry (D, m — D) =:

Gy.m given by
m n
Gn,m = ,l ’H_—mGn,P - n +me,Qv (65)

Gn,P = \/E(Pn —P) and Gm,Q = \/%(Qm -Q

are two independent F-indexed empirical processes associated with P and Q, respectively. In
other words, for f € F, we have that

where

Gup(f)=n""2>(f(X) —Ep(f)) and Guqo(f)=m~">> (f(¥;) —Eq(f)).
j=1

i=1

Given a probability measure P, we recall that a class of functions F is said to be P-Donsker if
Gn,p ~> Gp in £°°(F), where Gp is a P-Brownian bridge, that is, {Gp(f) : f € F} is a zero-mean
Gaussian process with covariance function

E[Gp(f1)Gp(f2)] =Ep(f1f2) —Ep(fDEp(f2). f1, f2€F.
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Additionally, F is universal Donsker if it is P-Donsker, for every probability measure P on the
sample space.

We observe that whenever F is P-Donsker, the process Gp can be uniquely extended to the dp-
closure of the symmetric convex hull generated by F (see Giné and Nickl [25], Theorem 3.7.28),
where dp is the intrinsic pseudo-metric on F defined by

d3(f, ) =E(Gp(f) —Gp(2))’ =Ep(f —)* — (Be(f —2)), figeF.

To simplify the writing, we will not use a different notation for this extension of Gp.
We are in position to state the main result in this section that determines the asymptotic distri-
bution of the statistic M}, ,, in (6.3) over Donsker classes.

Theorem 6.1. Let X and Y be two random variables with probability measures P and Q, re-
spectively. Let us assume that

(a) The sampling scheme is balanced, that is,n/(n +m) — A, withQ <A < 1,as n,m — oo.
(b) The class F is simultaneously P and Q-Donsker.

We consider the metric d on F given by

d(f.8) = \Ep(f — )+ /Bo(f — g2, figeF. (6.6)

We have that (F, d) is a totally bounded metric space, the function D in (6.4) belongs to C,(F, d)
and the statistic My, p, defined in (6.3) satisfies that

My~ sup G,
M+(D,d)

where G :== /1 — AGp — \/XGQ is a zero-mean Gaussian process with Gp and Gg two inde-
pendent F-indexed Brownian bridges associated with P and Q, respectively, and

M*T(D,d):={f € (F,d) :Ep(f) — Eq(f) = MMD[F, P, Ql}
with F being the d-completion of F.

Proof. First, from (a) and (b) we have that G, , ~ G, where G, ;, is in (6.5). Hence, by The-
orem 2.2, My, ~> o,(G). Now, as F is P and Q-Donsker, the pseudo-metric spaces (F, dp)
and (F,dq) are totally bounded, where dp and dq are the natural pseudo-metrics given by
d3(f.g) =EBs(f —g)*> — (Es(f — g))*, for S € {P,Q} and f,g € F (see Giné and Nickl
[25], Remark 3.7.27). Further, Gp € C,(F,dp) and Gq € C,(F,dq) a.s. Now, as the class
F is bounded in L'(P) and L'(Q) (i.e., sup s+ |Ep(f)I, sup se x [EQ(f)| < 00) and (F, dp),
(F,dgq) are totally bounded, using the same ideas as in the proof of Giné and Nickl [25], The-
orem 3.7.40, page 262, we conclude that (F,d Lz(P)) and (F,d Lz(Q)) are also totally bounded,
where dl%z(s)(f, g) =Es(f —g)?*(f,ge FandS e {P,Q)}).Itis easy to check that this implies
that (F, d) is totally bounded, where d is in (6.6). On the other hand, by Cauchy—Schwarz in-
equality, we have that |D(f) — D(g)| < d(f, g) and hence D € C,(F,d). Further, the paths of
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G are in C,(F, d) a.s. since dp, dg < d. Therefore, the conclusion follows by applying Corol-
lary 2.5(b). O

Condition (b) in Theorem 6.1 is the key assumption that has to be checked to apply the previ-
ous result. In other words, we have to ensure that F is P and Q-Donsker. There are many results
in the literature on empirical processes guaranteeing that a class of functions is Donsker (see van
der Vaart and Wellner [54]). For instance, it is well known that the set of indicators generating
the Kolmogorov distance is universal Donsker. The unit ball for the Bounded Lipschitz metric is
P-Donsker whenever P has some finite moments (see Nickl and Potscher [37], Corollary 5 and
Remark 2). In the same work, Nickl and Pétscher [37] showed that bounded subsets of general
function spaces defined over R? are Donsker under some appropriate conditions on the underly-
ing probability measure. Examples include (weighted) Besov, Sobolev, Holder, and Triebel type
spaces. Some of these results have been extended in Sriperumbudur [51].
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