Annales de I’Institut Henri Poincaré - Probabilités et Statistiques

ANNALES
2021, Vol. 57, No. 1, 273-325 DETINAS
https://doi.org/10.1214/20-AIHP1079 HENRI
© Association des Publications de I’Institut Henri Poincaré, 2021 POINCARE

PROBABILITES
ET STATISTIQUES

Phase transition for the interchange and quantum Heisenberg
models on the Hamming graph

Radostaw Adamczak?®, Michal Kotowski®" and Piotr Mitogb-

Anstitute of Mathematics, University of Warsaw, Banacha 2, 02-097 Warsaw, Poland. E-mail: r.adamczak @ mimuw.edu.pl
b Institute of Mathematics of the Polish Academy of Sciences, 141. Sniadeckich 8, 00-656 Warsaw, Poland.
E-mail: "~ michal.kotowski@mimuw.edu.pl; ' pmilos @mimuw.edu.pl

Received 23 April 2019; revised 25 May 2020; accepted 18 June 2020

Abstract. We study a family of random permutation models on the Hamming graph H(2,n) (i.e., the 2-fold Cartesian product of
complete graphs), containing the interchange process and the cycle-weighted interchange process with parameter 6 > 0. This family
contains the random walk representation of the quantum Heisenberg ferromagnet. We show that in these models the cycle structure of
permutations undergoes a phase transition — when the number of transpositions defining the permutation is < cn?, for small enough
¢ > 0, all cycles are microscopic, while for more than > C n? transpositions, for large enough C > 0, macroscopic cycles emerge with
high probability.

We provide bounds on values C, ¢ depending on the parameter 6 of the model, in particular for the interchange process we pinpoint
exactly the critical time of the phase transition. Our results imply also the existence of a phase transition in the quantum Heisenberg
ferromagnet on H (2, n), namely for low enough temperatures spontaneous magnetization occurs, while it is not the case for high
temperatures.

At the core of our approach is a novel application of the cyclic random walk, which might be of independent interest. By analyzing
explorations of the cyclic random walk, we show that sufficiently long cycles of a random permutation are uniformly spread on the
graph, which makes it possible to compare our models to the mean-field case, i.e., the interchange process on the complete graph,
extending the approach used earlier by Schramm.

Résumé. Nous étudions une famille de modeles de permutations aléatoires sur le graphe de Hamming H (2, n) (c’est-a-dire le produit
cartésien de deux graphes complets), incluant le processus d’échange et le processus d’échange pondéré par les cycles avec parametre
6 > 0. Cette famille comprend la représentation par marches aléatoires du modele de Heisenberg quantique ferromagnétique. Nous
montrons que dans ces modeles, la structure des cycles des permutations satisfait une transition de phase — lorsque le nombre de
transpositions définissant la permutation est < cn?, pour ¢ > 0 assez petit, tous les cycles sont microscopiques, tandis que lorsque ce
nombre est > Cn? avec C > 0 assez grand, des cycles macroscopiques apparaissent avec grande probabilité.

Nous déterminons des bornes sur les constantes C, ¢ dépendant du parametre 6 du modele, en particulier, pour le processus
d’échange, nous déterminons exactement le temps critique de la transition de phase. Nos résultats impliquent également 1’existence
d’une transition de phase pour le modele de Heisenberg quantique ferromagnétique sur H (2, n), stipulant que pour des températeurs
assez basses, une magnétisation spontanée apparait alors que cela n’est pas le cas aux hautes températures.

Le cceur de notre approche consiste en une nouvelle application de la marche aléatoire cyclique, qui pourrait étre intéressante en
elle-méme. En analysant les explorations de la marche aléatoire cyclique, nous montrons que des cycles suffisamment longs d’une
permutation aléatoire sont répartis uniformément sur le graphe, ce qui rend possible une comparaison entre nos modeles au cas du
champ moyen, c’est-a-dire le processus d’échange sur le graphe complet, étendant ainsi 1I’approche antérieure utilisée par Schramm.
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1. Introduction

In this paper we investigate the cycle structure of random permutations in the interchange process (sometimes called the
random stirring process) and its generalizations. For a finite graph G = (V, E) the interchange process o = (0;);>0 on G
is defined as follows: put particles numbered from 1 to |V| on vertices of the graph and Poisson clocks of rate 1/|E| on
each edge. Whenever the clock on an edge e € E rings, the particles at the endpoints of e are swapped. In this way for
each r > 0 we obtain a permutation o, : V — V, which is determined by the sequence of transpositions corresponding to
swaps occurring up to time 7.

The model has attracted considerable attention, in particular one is interested in how the cycle structure of o, changes
with ¢, especially in the asymptotic case where G = G,, belongs to a family of graphs with |V | =n — oo. The starting
point of our work is a remarkable result due to Schramm [28], which shows that in the case of the complete graph G = K,
the model exhibits a phase transition. Suppose the interchange process is run for time cn, then if ¢ > 1/2, the resulting
permutation will, with high probability, contain a macroscopic cycle (i.e., of size comparable to n), while for ¢ < 1/2 all
cycles will have size o(n). Furthermore, for ¢ > 1/2 after proper rescaling the joint distribution of macroscopic cycle sizes
converges to the Poisson-Dirichlet distribution with parameter 1 (which is also the limiting distribution of macroscopic
cycles for permutations chosen from the uniform measure on S, ). This should be contrasted with the classical result of
Diaconis and Shahshahani [14] that the mixing time of the random transposition process on K, is %n logn, in particular
Schramm’s result shows that long cycles equilibrate long before the distribution of the whole permutation.

Our main interest is twofold — first, to move beyond the complete graph and extend these results to graphs with non-
trivial geometry, and second, to obtain similar results for a certain generalization of the interchange process, motivated
by studies of models in statistical physics.

Namely, we will be interested in the cycle-weighted interchange process, depending on an additional parameter 6 > 0,
in which the probability of a sequence of transpositions is weighted depending on the number of cycles in the resulting
permutation (a more precise definition will be given shortly). The physical importance of this model is that for 6 = 2 it
corresponds to the random walk representation of the quantum Heisenberg ferromagnet.

We will first state our main result informally and just for the case of the interchange process, with more precise
statements given afterwards.

Main result. Let G be the Hamming graph H (2, n) = K, x K,,, where K, is the complete graph on n vertices. Consider
the interchange process on G run up to time t = Bn*. Then the permutation o, obtained at time t exhibits a phase
transition: for B > 1/2 with high probability o; contains macroscopic cycles, while for B < 1/2 all cycles of o; are with
high probability of size o(n).

We will now introduce the more general setup, which will allow us to formulate our results rigorously.

We consider the Hamming graph H = H,, = H(2,n) = (V, E). The vertices V = {0, ..., n — 1)2 are given by a subset
of the square lattice and an edge is present between a pair of vertices if they are either in the same row or the same column,
where fori € {0,...,n — 1} the sets L; ={0,...,n — 1} x {i} are called rows and D; = {i} x {0, ...,n — 1} columns.
One can check that |V| =n? and |E| =n*(n — 1). In the whole paper, we assume implicitly that n > 2.

Let X be the space of finite subsets of E x [0, 1), which we will call configurations. Given X € X we denote by X' the
sequence (ey, ..., e|x|), where (e, 1), ..., (e|x|, tjx|) are all points of X ordered with respect to the second coordinate
(and an arbitrary fixed order on E if #; =1t;). We define o (X), a permutation associated with the configuration X, by

o(X):=exjoex—10---0eq, (1)

where any edge ¢; € E is identified with the transposition of its endpoints.
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We call a function C: X — Ry admissible if for any X, Y € ¥ we have C(X) = C(Y) whenever X' = Y1 and the
following Lipschitz condition holds

|C(X) —Cc()| <|XAY], 2

where A is the symmetric difference of sets.

Fix B > 0. Let B be the law of a Poisson point process on E x [0, 1) with intensity measure given by nﬁ%]#() ® Leb,
where #(-) is the counting measure and Leb is the Lebesgue measure. Here we treat the Poisson process as a random
element of X (we endow this space with a o-field S, being a completion with respect to the measure B of the o-field
generated by all functions of the form X — X N A, where A € 2E @ Bor([0, 1))).

By rescaling time and changing intensity on the edges to 1/|E| one easily sees that if a configuration X is drawn at
random according to 5, the resulting sequence of transpositions has the same distribution as the interchange process on
H after time An?. In particular the intensity is chosen so that X has size |E| - n‘%] = Bn? on average.

Fix 0 > 0 and an admissible function C. We define a probability distribution j1g ¢ ¢ on X which will be the main object
of our study

npocU):=2Zgy L 1y (X)X B(dXx), 3)

where Zg g c = f x 9¢XB (dX) is the partition function normalizing the measure to 1. Note that the condition (2) ensures
that the measure is well defined. Throughout the paper we set ® := max(#~"', 9).

The process defined by g ¢ ¢ will be called the weighted interchange process in general and we will use the name
cycle-weighted interchange process if C(X) is the number of cycles in o (X) (which is easily seen to be an admissible
function). Note that 6 = 1 corresponds simply to the interchange process.

The main result of our paper states that for 8 large enough the random permutation induced by the measure 115 g ¢ has
macroscopic cycles with high probability

Theorem 1.1. Let 8,0 > 0 be such that B > © /2 and let C be an admissible function. Let X be randomly sampled from
ug.o.c. Then

lim lim ianP’(there exists a cycle of o (X) of length at least enz) =1.

e—>0n—>+o0

This contrasts with the situation when 8 is small.

Theorem 1.2. Let 8,60 > 0 be such that B < ®~' /2 and let C be an admissible function. Let X be randomly sampled
from g g c. Then for some C >0

lim ]P’(all cycles of 0 (X) are shorter than C log n) =1.

n——+00

Together our results imply the existence of a phase transition from microscopic cycles when g < ©®~!/2 to macro-
scopic ones when > ® /2. We expect that the point of the phase transition is unique, possibly under some mild assump-
tions on C.

The two most important cases in which our results apply are 6 = 1 and 6 = 2 (with C being the number of cycles).

Interchange process. In the special case of the interchange process, corresponding to § = 1, we have @7 !/2=0/2 =
1/2, so the above theorems determine precisely the transition point for the occurrence of large cycles: for 8 < 1/2 (and
large n) with high probability all the cycles are of logarithmic size, while for 8 > 1/2 we get cycles of length comparable
to the size of the graph with probability arbitrarily close to one.

Quantum Heisenberg model. The case 6 = 2 is particularly interesting from the point of view of statistical physics,
since it corresponds to the random walk representation of the quantum Heisenberg ferromagnet. In this representation,
introduced by Téth in [30], the existence of macroscopic cycles translates to nonvanishing spontaneous magnetization in
the model. We describe the connection very briefly here, referring the reader to the survey [17] for more details on this
model.

The quantum Heisenberg ferromagnet is a model of a spin system whose physical properties depend on a parameter
B > 0 called the inverse temperature. One of the major questions about the model is whether a spontaneous ordering of
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spins occurs at low enough temperatures (corresponding to high 8). Toth’s random walk representation of the Heisenberg
model is given by the measure g9 ¢ With 8 equal to the inverse temperature, 6 =2 and C(X) being the number of
cycles in the permutation o (X). One can then express all physical quantities of interest in terms of the cycle-weighted
interchange process given by g g ¢. For example, the correlation between spins at sites # and v corresponds to the
probability that u and v are in the same cycle of o (X) when X is sampled from ugg c.

Crucially, our results in Theorem 1.1 and Theorem 1.2 imply the existence of a phase transition for the model on the
Hamming graph — for B < 1/4 there is no magnetic ordering as n — oo, while it emerges for 8 > 1. Our methods do
not imply sharpness of the phase transition, although we conjecture that it is indeed sharp, with the critical value being
B = 1. It is a major open problem to determine whether a similar phase transition occurs for G, = [—n, n]d Nzd d>?2,
asn — oo.

For a more precise relation between the existence of macroscopic cycles and the phase transition for spontaneous
magnetization see Section 4 of [17].

Outline of proof strategy. 'We now outline the main ideas behind the proof of Theorem 1.1 (the proof of Theorem 1.2 is
much less involved). First, however, we would like to stress that the novelty of our paper comes not only from the result
itself but also from the methods developed for this purpose. Our new techniques establish a precise geometric picture of
cycles which is believed to hold for a much broader family of graphs. We also note that the tools developed in this paper
proved useful in the analysis of loop models related to the XXZ model on the complete graph [10].

Broadly speaking, we would like to follow the approach used by Schramm for the complete graph, which consists of
showing that after a long enough time cycles of mesoscopic size appear and then quickly merge into macroscopic ones.
This in turn relies on analyzing a split-merge process of cycles in the complete graph, with each new transposition either
causing two cycles to split or to merge. In the case of the complete graph it is easy to give an upper bound on the rate at
which cycles split and a lower bound on the rate at which (long enough) cycles merge.

The key difficulty which appears on any graph with non-trivial geometry, in particular in the case of the Hamming
graph H,, is that, unlike on the complete graph, the split-merge probabilities depend not only on sizes of the cycles, but
also on their spatial structure, more precisely on their isoperimetric properties. We are able to prove that long enough
fragments of cycles on H,, are typically “uniformly spread” on the graph, resembling an exploration of a simple random
walk and thus making their isoperimetric properties easy to analyze. In particular, the split-merge probabilities (and thus
the behavior of the interchange process) can be approximated by the mean-field (complete graph) case.

This intermediate result is at the core of our arguments and we believe it might be of independent interest when
analyzing random transposition processes on other graphs. The crucial tool that we employ is the so-called cyclic random
walk (abbreviated by CRW), introduced in [30] and later used by Angel in [5] under the name cyclic time random
walk. This is an exploration process which, given a configuration X of transpositions and a starting vertex v € V, visits
subsequent vertices of the cycle of o (X) containing v. The fundamental difficulty in the analysis of the CRW is that it
is a non-Markovian process, involving interactions of the random walk with vertices visited in the past. The bulk of our
effort is devoted to the analysis of these interactions.

We analyze the behavior of the CRW at a mesoscopic timescale which is:

e short enough so that the interactions with the history are tractable and it is possible to exploit methods similar to
excursion theory for random walks,

e long enough so that the trace of the CRW occupies the vertices of the graph in a uniform way, and probabilistic bounds
we obtain are strong enough to extend results (by union bound) to longer timescales, including macroscopic (i.e., of
the order of n2).

A more detailed outline of this part of the proof is given in Section 3.1. Once we know that the trace of the CRW with
high probability occupies the graph in a uniform way, we can extend this property to cycles of o (X) and carry out the
analysis of the corresponding split-merge process described above. We note that the assumption 8 > ® /2 is crucial in
our approach, as it enables us to show that the explorations of the CRW are sufficiently long.

Schramm’s approach requires as a prerequisite the existence of mesoscopic cycles. To prove that indeed they exist with
high probability, we employ a natural coupling between the random transposition process and a percolation process, with
the quality of the coupling on a fixed timescale depending on the isoperimetric bound.

We use this coupling twice to obtain cycles of mesoscopic length, and then employ the argument by Schramm relying
on the mean-field behavior of the split-merge probabilities. An abstract version of Schramm’s argument that we use is
presented in Section 5.1 and we believe that this part of the paper might be of independent interest, as the results are
formulated in a way convenient for application to general transposition processes (e.g., the interchange process on more
general graphs).

It is worth noting that an additional difficulty is present in both parts of the proof in the case of models with 8 # 1,
as subsequent transpositions appear there in a non-i.i.d. fashion. Our methods are based on the observation that on small
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timescales having 6 # 1 tilts the measure in a controllable way. Roughly speaking, adding or removing a transposition
from a configuration changes the number of cycles only by one, which can change the relative probability of the configu-
ration by at most a factor of ®2. Thus we can compare this process with an i.i.d process, which makes the analysis of the
cyclic random walk and emergence of macroscopic cycles still possible. For 8 5 1 this approach allows to analyze the
size of cycles for small and large 8, however it does not give the critical value of the phase transition.

We end this part with a plan of the rest of the paper. The whole Section 3 is devoted to the analysis of the cyclic random
walk. The main results of this part are encapsulated in Proposition 3.1 and Proposition 3.3, providing an upper and a lower
bound on the typical isoperimetry of the trace of the CRW. In Section 4 we flesh out the connection between the CRW and
the cycles of the transposition process. The crucial property that split-merge probabilities are comparable to the mean-
field case is stated in Proposition 4.2. In Section 5.1 we provide an abstract formulation of Schramm’s argument regarding
macroscopic cycles. It is given in Lemma 5.1 and we believe it might of independent interest. We then use it together with
results from Section 4 to prove Theorem 1.1. The (much simpler) proof of Theorem 1.2 is given in Section 5.4.

Related works. By now the interchange process and its generalizations have attracted considerable attention, both from
the point of view of probability theory and mathematical physics. Here we mention some of the work that is most closely
related to the topic of this paper.

e The existence of a phase transition for the appearance of macroscopic cycles in the interchange process on the complete
graph, together with convergence of the law of macroscopic cycles to the Poisson-Dirichlet distribution, is due to
Schramm [28]. An alternative, simpler proof of the statement that large cycles appear after cn transpositions, for
¢ > 1/2, was given by Berestycki [6].

To the best of our knowledge, the only rigorous results concerning finite graphs other than the complete graph, all
in the case 6 = 1, are due to Kotecky, Mito§ and Ueltschi [22] and Mito§ and Sengiil [25]. In [22] it is proved that
on the hypercube {0, 1}" with N = 2" vertices for any ¢ > 0 and large enough times a positive fraction of vertices is

contained in cycles of length at least N e,

In [25] it is proved that on the Hamming graph H (2, n) for § > 1/2 and any ¢ > 0 asymptotically almost surely
a constant fraction of vertices is contained in cycles of length at least n>~¢. In this work we build on the approach of
[25] and obtain significantly stronger results, proving the existence of truly macroscopic cycles and also considering
the case 8 # 1, which, as mentioned above, poses an additional difficulty. The techniques of [25] enabled the authors to
analyze only relatively short explorations of the cyclic random walk (on a timescale of the order of n) and thus obtain
rather crude bounds on the isoperimetry of the cycles. The main improvement in our work is a detailed analysis of the
structure of explorations of the cyclic random walk (in particular its interactions with its history) on a long timescale,
enabling us to give tight isoperimetric bounds on the cycles’ spatial structure.

e Another approach to the analysis of the cycle structure of random permutations, based on representation theory of the
symmetric group, was developed in [2] and [7], with the second paper providing yet another proof of the existence of
macroscopic cycles in the interchange process on the complete graph. This approach was recently extended in [3] to
prove a sharp phase transition in the 6 = 2 case on the complete graph (mean-field Heisenberg ferromagnet). Another
recent result by the same authors [4] implies that in the case & = 1 macroscopic cycles emerge with positive probability
on the Hamming graph for large enough B (note, however, that their result does not identify the critical value of 8 and
concerns only cycles of length at least n2/2, instead of en? for any & > 0).

o In [9] Bjornberg, also using representation theory, computed the free energy and the critical temperature in a family
of quantum spin models on the complete graph corresponding to the cycle-weighted interchange process with 6 =
2,3,4,.... This extends previous results obtained by Penrose [27] and Téth [29] for 6 = 2.

The existence of large cycles was established for arbitary 8 > 1 by a different method in [8], where it is proved that
macroscopic cycles appear on the complete graph for 6 > 1 as soon as 8 > 6 (note, however, that apart from the case
6 =2 this is strictly larger than the critical value B, determined in [9] for 0 =2,3,4,...).

e The interchange process can be defined in a natural way also on infinite bounded-degree graphs. Here one asks whether
infinite orbits appear almost surely when time exceeds certain critical value. It is conjectured that a phase transition
occurs if the underlying infinite graph is transient. The case of a d-regular infinite tree was first considered by Angel
[5], who proved that infinite orbits exist in an appropriate bounded time interval, and then in subsequent work by
Hammond [18,19], where an actual phase transition was established for large enough d. These results were recently
extended to more general random loop models (see below).

e Another generalization of the interchange process are the so-called random loop models, corresponding to a family of
quantum spin models containing, among others, the quantum Heisenberg antiferromagnet [17]. Recently it has been
proved by Hammond and Hegde [20], building upon earlier work by Bjornberg and Ueltschi [11], that there exists a
phase transition for the appearance of infinite loops on the infinite d-regular tree for d large enough. In the case of
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finite graphs, it is proved [10] that on the complete graph the distribution of macroscopic loops for § > 1 converges to
the Poisson-Dirichlet distribution with parameter 1/2.

Further research and open questions. There are a number of open questions closely related to our paper. We believe
that techniques we have developed here could be useful in approaching some of them.

e We expect that the same techniques as for the Hamming graph H (2, n) could be used to analyze other families of
Hamming graphs {H (d, n)},>2, for fixed d € N. Here H(d, n) has vertex set {0, ...,n — 1}¢ and an edge is present
between any two vertices which differ in exactly one coordinate. In this paper we decided to focus only on the case
d =2, s0 as not to obfuscate already long proofs.

On the other hand, it would be of interest to extend our results to Hamming graphs H (d, n) which satisfy d — oo
(as well as possibly n — 00). An extreme example is the hypercube {H (d, 2)}4>2, which is interesting as the degree
of each of its vertices diverges as d — o0, but only slowly (as it is logarithmic in the number of vertices of the graph).
We believe that many ideas from our paper should be applicable to this case, although some new insights will also be
required, as the geometry of the hypercube is more complicated that of {H (2, n)},>2. We expect that understanding
the hypercube would essentially enable one to analyze any Hamming graph.

e The results of this paper do not establish the critical value of § at which the phase transition occurs (apart from the case
6 = 1). It is conjectured (and partially proved, see results and discussion in [9]) that on the complete graph the critical
value is given by

ﬂc(9)=!9 o i0<6<2,

2(3=) log(0 — 1) if0 > 2,
which coincides with the critical parameter of the random-cluster model on the complete graph with ¢ =6 [12]. It
would be an interesting question to explore the possible connection between the two models further and determine the
critical value of 8 for the Hamming graph.

e We conjecture that the properly normalized list of macroscopic cycle lengths obtained in the weighted interchange pro-
cess with parameter 6 should converge to the Poisson-Dirichlet distribution PD(6). This would extend the convergence
to PD(1) in the case of & = 1 on the complete graph proved in [28].

Glossary
To help the reader we include the glossary of notation used in the paper.
H=H, the Hamming graph on n? vertices 274
L;, D; rows and columns of the Hamming graph H 274
X the space of configurations (finite subsets of E x [0, 1)) 274
x?t sequence of edges corresponding to a configuration X 274
HB.6.C measure defining the weighted interchange process with parameters 8,0,C 275
X the cyclic random walk at time s 279
X1, Z1 the path and trace of the cyclic random walk on interval / 279
Zs, Zk trace of the cyclic random walk (up to times s, resp. first k vertices) 279
Ty time of entering the k-th new vertex by the CRW 280
O, O the orbit of v under the permutation o (X) and its first k vertices 280
Fs, Gk filtrations of the cyclic random walk 280
LX isoperimetry upper and lower bound of a given set 280
T T < nlog?n, timescale on which we study the trace of the CRW 282
G, graph induced by the cyclic random walk 282
Y the bad set at time ¢ 282
Tiio time until which the trace of the cyclic random walk has small ¢ 283
T time when the cyclic random walk closes into a cycle 283
I,1°, 19  processes counting internal, bad and direct jumps 284
A, A2 A9 intensities of internal, bad and direct jumps 284
P potential of the path Ao ;) 286
& (k) event that the CRW makes an excursion of length k at time ¢ 289
Gt© core of the graph G; 291
Df event that the graph G, does not contain too many high degree vertices 292

Q; event that all straight paths of length log? n in G? have good potential 295
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T time of the visit to the k-th new vertex in L 298
orbg (v), orbf(v) orbit of vertex v in the permutation oy and its £ first elements 304
T event that that orbits of o; have good isoperimetric properties 305
Cr(0) set of vertices belonging to components of oy of size at least £ 309
{G}}u=o,..., | x|—s random graph process coupled to oy, 312
Gsu(0) vertices belonging to components of size at least £ in G, 313

2. The cyclic random walk — preliminaries

Let us now introduce the cyclic random walk (abbreviated as CRW), which will be the crucial tool in our analysis of
permutations arising from the distribution g g c.

Recall that X consists of finite subsets of E x [0, 1). For a configuration X = {(ey, #1), ..., (ex, #x)} € X the pairs
(ei, t;) will be called bridges. For a vertex v € V the set {v} x [0, 1) will be called the bar of vertex v. If ¢; = {v, w}, we
think of a bridge (e;, #;) as joining the bars of a vertex v and a vertex w at time #; € [0, 1).

We note that in the sequel X will always be sampled from a distribution for which almost surely all ¢#; are pairwise
different and there are no bridges at prescribed deterministic times, hence there is no ambiguity in how the process is
defined.

Consider now a (possibly random) configuration X € X. The associated cyclic random walk X = (X;: s > 0) is a
continuous time process with values in V x [0, 1), exploring the bridges given by X. It starts at a point Xy = (v, 1) €
V x [0, 1), then moves upwards on the bar of the vertex v at unit speed, starting at height 7, until it encounters a bridge
({v, w}, s) € X. Upon encountering a bridge, the CRW jumps to its other end and continues moving on the new bar. Once
it gets to height 1, the CRW moves to the bottom of the bar, at height 0. Note that the CRW can encounter an already
traversed bridge, in which case we say that it makes a backtrack.

Notice that the CRW is periodic. Once X" reaches its starting point again (which will happen in a finite time), then it
will repeat itself. See Figure 1 for an example of a configuration X and the trajectory of the corresponding CRW.

The CRW as well as other jump processes we will consider in the paper will be always cadlag.

For a time interval I by X; we denote the path of the CRW during 7, likewise Z; is the set of vertices visited by X7,
ie.,

Zr:={weV:X =(w,z) forsomeseandze[0,1)}

[ ] [ ] [ [ ] [ ] [ ]
A A
A
L A A A
A A —<
A
> A A
A
> A >
J l A
« [ ] [ ] [ ] [ [ ]
1 2 3 4 5 6 1 2 3 4 ) 6
(a) A configuration X of bridges (b) The corresponding cyclic random walk

Fig. 1. A configuration of bridges and the corresponding CRW. (left) The dotted lines represent the bridges of X. The permutation o (X) is determined
in the following way — the labels at the bottom are the labels of the vertices and at the top we have put where they map to under o (X). In this example
we have o (X) = (1365)(2)(4). (right) The path of the CRW using the bridges of X. The direction in which the CRW travels is indicated by the arrows.
Note that some bridges are traversed twice, which corresponds to backtracks.
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We will use the abbreviation Z; := Z|o ) and simply write Z for Zg, o). For k € N we denote by T :=inf{s > 0: | Z| >
k} the time at which the CRW discovers a previously unvisited vertex for the k-th time (where we use the convention that
inf @ = oo and note that 77 = 0). For k € N we set Z; := Z7,.

The cyclic random walk started at (v, 0) will be denoted by X (v) (and likewise for Z(v), Tr(v), Zx(v) etc.). We
will often write simply X = X (v), Z = Z(v) etc. if v is fixed. We will also often abuse notation and write X; = v for
Xs; = (v, t). Note that since the bars are of height one, the second coordinate ¢ can be read from the time s, i.e., t = s
mod 1.

The reason for introducing the cyclic random walk is the following relation between the CRW & using the bridges of
X and the permutation o (X). Consider the sets

OW) = {w e Vo0& (v) = (w, O)}, (@]
Oc(v) == {w € V: Fepo,0 X (v) = (w, 0)}. 5)

It is readily seen that O(v) is equal to the orbit of the vertex v under the permutation o (X). Moreover if the orbit
has size ¢, then Ok (v) consists of the first k A £ elements of the orbit. In other words, vertices visited by X (v) at
integer times enter the orbit of v under the permutation o (X). Note that we have O(v) C Z(v) but not necessarily
Ok (v) C Zk(v). For example, the CRW shown in Figure 1, started at 1, visits vertices 1, 2 and 3 up to time 1 (blue path),
but O>(1) ={1,3} Z {1,2} = Z»(1).

Suppose now that the set of bridges X is random. Then for v € V the cyclic random walk X (v) = (X;(v): s > 0) is
itself a stochastic process. Let F = (Fs : s > 0) denote its natural filtration. Set also G := Fr,.

In what follows we will be interested in the situation where X is drawn from the distribution g ¢ ¢ defined in (3).
Fix 8,6 > 0, an admissible function C, and let X € X be distributed according to wg ¢ c. For a fixed vertex v € V, by
XP-0-C () we will denote the corresponding cyclic random walk and call it the cyclic random walk associated to ug g ¢,
started at v.

As a final note, we remark that on several occasions we will work with events defined in terms of uncountable inter-
sections over a set of times. Since the processes we are considering almost surely make only countably many jumps, all
such events will be in fact measurable.

3. Isoperimetry of the cyclic random walk
3.1. The setting and main results

We will now define a notion of isoperimetry for subsets of H,. Foraset A C V let

L(A):=max{ max |L; NA|, max |D,~mA|} (6)
i€f0,...n—1} i€{0,...n—1}
and
X(A)::min[ min  |L;NA|, min |D,-mA|}. %)
i€f0,...n—1} i€{0,...n—1}

Given A C V by E(A) we will denote the set of edges {v, w} € E such that v, w € A. As each vertex v € A has at least
2(x(A) — 1) and at most 2(¢(A) — 1) neighbors in A, we have the inequalities
iy — 1= By,
|Al
which justifies the name “isoperimetry”. Note also the following subadditivity property of ¢: for any two subsets A, B C V
we have (AU B) <1(A) +«(B). We also have t(A) < ((B), x(A) < x(B) whenever A C B, in particular both ((Z;) and
x (Z;) are nondecreasing in ¢.
Our main technical result is the following upper bound on ¢ of Z;

Proposition 3.1. Fix 6 > 0, an admissible function C and let By, B1 be such that B > By > © /2. Consider 8 € [Bo, B1]
and let Z(v) := Zﬂ’e’c(v) be the trace of the cyclic random walk associated to g g ¢, started at v € V. Then there exist
C, ¢ > 0 (depending only on By, B1, 0, in particular independent of C) such that

P(Y0 € V (2,02, () < Clog?n) = 1 — Ce~¢¢™,

n
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The above proposition will be a key tool in the proof of existence of long cycles. Together with a corresponding (easier)
lower bound on the quantity y, given in Proposition 3.3 below, it gives good control of the isoperimetric properties of
mesoscopic segments of cycles (i.e., of length roughly n log? n), which can be then lifted to isoperimetry of full cycles of
length at least n log? n. This will enable us to prove that with high probability the conditional split and merge probabilities
in the evolution of cycles behave similarly as in the mean-field case, allowing for an application of a modification of an
argument due to Schramm.

The parameters By, 1 are introduced for technical reasons. When applying the above proposition in the proof of
Theorem 1.1 we will need uniformity of constants for 8 belonging to the interval [By, 81], with appropriately chosen By,
Bi.

The crucial part of the proof of Proposition 3.1 is a bootstrap argument regarding isoperimetry. Informally speaking,
we will show that if at some time 7' < nlog”n we have with high probability “good” isoperimetry (of the order of n®
for some small enough o), then actually we have with high probability “very good” isoperimetry (of the order of log? n).
This is formalized in the following

Lemma 3.2 (Bootstrap). Let6,C, Bo, B1, 8, Z2(v) be as in Proposition 3.1. Leta € (0,1/100) and T <n log2 n. Suppose
that for some C1, c1 > 0 we have

IP’(VU eV L(ZT(v)) < n”‘) >1—Cre log*n_
Then there exist C, Cy, ¢ > 0 (depending only on 6, By, B1, «, c1, C1) such that we have
P(Yv eV ((2r(v)) <Clog?n) > 1 — Cre™ log’n_

With this lemma the proof of Proposition 3.1 is rather straightforward and is given in Section 3.6. The whole next
section will be devoted to the proof of Lemma 3.2.

Later on we will also need a lower bound on x, which is analogous to Proposition 3.1 provided the orbit of the
permutation defined by the CRW contains at least n 1og2 n vertices. Recall the definition (4) of the sets O (v) and O(v).

Proposition 3.3. Fix 6 > 0, an admissible function C and let By, B1 > 0. Consider B € [Bo, B1] and let X (v) := Xﬂ’g’c(v)
be the cyclic random walk associated to ugg c, started at v. There exist C,c > 0 (depending only on Bo, B, 0, in
particular independent of C) such that

P(VveV x(@nlogzn(v)) > clog?n or oW < nlog? n)>1- Ceclog’n,
As the proof of the above proposition is much less involved than for Proposition 3.1, it is given separately in Section 3.7.

Outline of the proof of Lemma 3.2. Here we outline the proof strategy of the main technical result of this section —
Lemma 3.2. Most of our effort is devoted to the analysis of interactions of the CRW with its history. When the CRW enters
a previously visited vertex it may reuse already explored bridges, which can generate a complex behavior depending on
the graph G, of already visited vertices.

One should keep in mind the following intuitive picture. By the assumption ((Z7) < n* <« n the trace of the CRW
is not too concentrated in any row or column. Thus, while moving on the bar of a vertex v, if the CRW discovers an
unexplored bridge, it will typically jump to a yet unexplored vertex. If it fails to discover a new bridge, it backtracks to
the vertex visited before v. Such backtracks are common and may cascade creating some interactions of the CRW with
its history. Due to the assumption 8§ > ® /2, the rate of discovery of new vertices is fast enough so that the CRW tends
to escape its history, making the above mentioned interactions short-ranged and thus fairly easy to analyze. For a very
similar reason, unless the CRW closes into a cycle quickly, it makes a fairly long cycle. When T is at least of the order
of n, the CRW occasionally jumps to a vertex visited a long time before. Analysis of such long-range interactions is the
main technical difficulty of the proof.

The main task is to show that the time between two subsequent visits in any fixed row or column, say L, is cn
(for some ¢ > 0) with uniformly positive probability. Having done that, by a comparison with a sum of independent
random variables it is straightforward to conclude that | Z N Lo| < Clog? n with very high probability and thus also
UZ, 1pg2,) < Clog*n.

The CRW can hit L either by a direct jump using a previously unexplored bridge or by entering through its history.
As T < nlog?n and at each step the CRW has chance roughly c¢/n of a direct jump, typically it will make clog? n visits
of the first type.

log?n
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To analyze entering L through the history we distinguish two cases. The first is when the CRW jumps using a new
bridge to a vertex which is close in G; to L. The second is when the vertex is far from Ly and the CRW makes a long
backtrack employing already used edges.

To rule out the first possibility we show, using a rather delicate argument, that the dangerous zone (“bad set”) consisting
of small balls around L in G, is small enough so that the CRW is quite unlikely to jump to it. Thus it is very unlikely to
observe log® n of such jumps.

In the second case it is enough to show that any sufficiently long path in G, has what we call “large potential”.
Intuitively speaking, the CRW traversing such a path has many chances to escape it by jumping to a new vertex and
performing a long excursion avoiding its history. Thus the CRW is unlikely to ever make a long backtrack. This part of
the argument is rather technical and again uses crucially the assumption g > ® /2.

The roadmap to the proof is as follows. In the rest of this section and Section 3.2 we set up the framework for analyzing
the excursions made by the CRW, in particular providing bounds for the intensity of discovering new vertices, number
of jumps to the history (Lemma 3.12) and the rate at which the “potential” corresponding to bars is exhausted (Lemma
3.13). This is then used in Section 3.3 to show that the CRW is likely to make short excursions not intersecting its history
(Lemma 3.15). In Section 3.4 we show that the bad set described above is typically small (Proposition 3.20) and thus
is unlikely to be hit by the CRW (Lemma 3.21). In Section 3.5 we show that long paths typically have large potential
(Lemma 3.23) and thus are unlikely to be backtracked (Proposition 3.24). All these pieces are then used in Section 3.6 to
show that visits to Ly are infrequent (Lemma 3.25), which easily implies (Corollary 3.26) good isoperimetry claimed in
the conclusion of Lemma 3.2.

Basic notation and assumptions. Our goal for the rest of this section is to prove Lemma 3.2. Therefore, from now on
we fix

6 > 0 and an admissible function C,

Bo, B1 such that By > © /2, and B € [Bo, 1],
o €(0,1/100) and T < nlog’n,

g€ (0, %) such that ¢ < ¢/4

(the parameter ¢ will play a technical role in intermediate calculations).
We will be considering the cyclic random walk X’ ﬁ'e*c(v) associated to ug g ¢, started at (v, 0) for a fixed vertex v.

From now on for brevity we write simply &; = Xtﬁ’g’c(v), Z = Z,’g’e’c(v) etc.

In what follows whenever we write about global constants like C, ¢ we allow them to depend on By, B1, € (in addition
to dependence on 6 and ), so that for 8 € [Bo, B1] all the statements hold with constants depending uniformly on . The
dependence on 0, «, By, B1, € will be suppressed in the notation. Occasionally, if a constant depends additionally on some
other parameter §, we will stress it by writing e.g., ¢ = ¢(8). All constants will be independent of the function C as long
as the Lipschitz condition (2) is satisfied.

In proofs we will often take n large enough, depending on the other parameters, but unless stated otherwise the
propositions being proved will be such that this can be absorbed into constants C, ¢ appearing in the statements, so the
propositions in fact hold for all 7.

We will now introduce several notions which will be useful in analyzing the explorations of the cyclic random walk
(see Figure 2 for an illustration of these definitions).

The graph G;. The vertices Z, and bridges explored up to time ¢ by the CRW induce a graph denoted by G, (we
allow multiple edges if there is more than one bridge between two vertices). Let dg, (-, -) be its natural graph metric. By
Bg, (v, r) we denote the ball of radius 7 in this metric around the vertex v in G;.

The bad set. Recall that ¢ is a parameter fixed at the beginning of this section. Let

Y= U Bg, (v, n°) (®)

veZNLy

be the bad set at time 7. Note that Y is nondecreasing in 7.
The reason for calling this set ‘bad’ is that once the CRW ends up in Y}, it might quickly backtrack its way to L and
then make multiple jumps inside the same row, thus ruining good isoperimetric properties of the trajectory.

Dead vertices. As the CRW explores the set of vertices, it might happen that at time ¢ the bar {v} x [0, 1) corresponding
to a vertex v is completely exhausted, i.e., {v} x [0, 1) C X[o,;}. We will call such a vertex v dead.



Phase transition for the interchange model on the Hamming graph 283

Stopping times. Later on it will be convenient to use the following stopping times related to the CRW. For § > 0 we
define Tiio as the time when the CRW loses good isoperimetric properties, i.e.

Tiio = inf{t >0:1(Z) > n‘s},

and let 7. be the time that the CRW closes into a cycle, i.e.
T 1= inf{t >0:4 = (v, O)},

where v is the starting vertex, meaning Xy = (v, 0).

Jumps. It will be important to distinguish several types of jumps that the CRW can make. We will call a jump fresh
when a previously unexplored bridge is used, otherwise we call it a backtrack. Suppose that X makes a fresh jump at
time ¢. We will call it an internal jump if X; € Z;_, a bad jump if X; € Y;_ and a direct jump to Lg if X;— ¢ Lo and
X[ € LO

3.2. Intensities of jumps and the potential

Recall that a counting process is a nondecreasing, integer valued cadlag stochastic process starting at zero and with jumps
equal to one.

Intensity. Let Y be an F;-adapted counting process. We will say that a nonnegative process A is an intensity of Y if X is
Fi-progressively measurable, fé Ay du < oo for all ¢, and the process Y; — fé Asds is an F;-martingale.

In what follows we will often need (conditional) concentration inequalities for counting processes. Two of them,
used most frequently, are stated below for convenience and the other two, which will be used only once, are stated in
Appendix A. Proofs of all of them can be found in Appendix A as well.

Lemma 3.4. Let Y; be a counting process with bounded intensity ) and compensator A; = fot Asds. Assume that o, T
are bounded stopping times such that o < t. Consider £ > 0 and let X be a Poisson variable with parameter £. Then for
any r > 0 we have almost surely

P({Y: — Yo = r} N{Ar — Ay <O} F5) <P(X >1).

If r > £, we have in particular

P({Y: — Yo = r}N{A; — Ay <O} F5) < exp<—rlog<er—€) - 6),

We will also need a corresponding lower bound.

Lemma 3.5. Let Y; be as in the previous lemma. Let o, T be bounded stopping times such that o <t and let §,¢ > 0.
Let also X be a Poisson random variable with parameter £. Then with probability one,

P({Y: = Yo <€(1 =8} N{Ar — Ay > O} F,) <P(X < (1 —8)€) <exp(—87¢/2),
where A, = fé Agds.

Set of accessible vertices. By A; we will denote the set of vertices which at time ¢ are available to the CRW by a fresh
jump. Formally, A; = & if the CRW has closed into a cycle before time 7, otherwise let (w, z) = X; and

Ap = {v eV:{v,w}eE and (v, z) ¢X[0J)}.

Lemma 3.6 (Intensity of jumps). Let Q; be an F;-adapted cadlag process of subsets of V such that Q; can jump only
at times when X; jumps. Let J; = |{s <t: X makes a fresh jump at time s and Xs; € Q;_}|. Then the counting process J
has intensity A which satisfies

207! < ilmz N Q| <xO.
P

In particular for 0 =1 we have A; = %Mt N Q¢l.
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(a) The CRW starts at v and makes an exploration leaving the bad set. The

exploration ends with an internal jump (blue edge).
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)
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jams

(b) The CRW continues the exploration outside the bad set, making a direct

Jjump to Lg at the end (green edge).

AN

)

A

Lo

Y
)

(d) The CRW makes an excursion leaving the bad set, ending in a bad jump

(c) After a jump to Lo some of the previously visited vertices become a part of
(purple edge).

the bad set. The CRW then makes an excursion inside L which is completely
backtracked (grey edges), ending up outside L.

Fig. 2. Sketch of the evolution of the graph G, with the CRW started at v. Dead vertices are shown in grey. The bad set Y; is marked in red.

The proof of this lemma is presented in Appendix C. We stress that the lemma is not specific to the Hamming graph
and its statement holds for any weighted transposition process on a finite graph (with % replaced by the appropriate

edge intensity of the underlying point process).
Let I; (resp. Ilb, Ild) denote the total number of internal (resp. bad, direct to Lg) jumps up to time ¢. They are counting

processes. We will denote their intensities by A (resp. A?, A9). The intensity of the process | Z;| will be denoted by .

Corollary 3.7. Fort < t.,

n—uZz) 9)

=208
n—1

and

408 (10)

A = —u(Zy).
n
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Proof. Let us start with (9). For any ¢ > 0 let the current vertex w = A} belong to the column D and row L. Using Lemma
3.6 with Q; = V \ Z, together with the definition of the parameter ¢ and the obvious containment (D U L) \ Z, C A;, we
have

B

2
41 z@”n’%lMDUL)\ZA =®—1nj(|D\zt| + L\ Z) z®—1nf

1 (n - L(Zt)),
as desired. For the proof of (10), we write again by the definition of ¢ and Lemma 3.6 applied with Q; = Z;

2 4
w=oLljanzizo L (pnzitiLnz)=o- Lz 0¥z .
n— n— n— n

It will be useful to have an estimate of how quickly previously unexplored vertices are discovered by the CRW. We
have the following upper bound

Lemma 3.8 (New vertices are not very frequent). There exists an increasing function g : (1, 00) — (0, 00) such that
forany § > 208,k > 0andl € N we have

P(1Z74x \ 21| < [8K11G1) = P(Tir1s01 = Ty +kIG) = 1 — ek,
where ¢ = 2®ﬁg(ﬁ).
Proof. By Lemma 3.6 the intensity u, of | Z;| satisfies
B B
me <O—— A\ 2| < O——|A;| <268.
n—1 n—1

By Lemma 3.4 (applied with Y; = |Z;|, 0 =T;, t =T + k, A = u, £ =208k, r = [§k] > £) we obtain (recall that
Ap = [y Aeds),

P(1Z744 \ 2| > [8k11G1) = P({|Z544 \ Z1,| > [8k1} N {A7 44 — Ar; <20Bk}|G))

< exp(—Bklog(ﬁ) - 2®ﬂk>.

Using again the inequality § > 20, it is easy to see that the right hand side is bounded from above by e, with
c=2®ﬂg(ﬁ) for g(x) = xlogx + 1 — x as desired. O

In the remaining part of this section we will work under the following assumption which will not be explicitly stated
in the hypotheses of theorems (we recall that we consider the CRW started at Xy = (v, 0) for some fixed vertex v).

Assumption 3.9 (Main assumption). There exist C, ¢ > 0 such that
P(.(Zr) > n®) < Ce~c1ogn,
We will often need the following lemma, which is a consequence of Markov’s inequality.

Lemma 3.10. For any event A, any o-field G, and any C,r > 0, if P(A) > 1 — Ce™", then with probability at least
1—Ce™"/2,

P(AIG) =1 —e ",

Corollary 3.11. There exist C, c > 0 such that for any stopping time n < T we have
P(:(Z7) <n®|Fy) = 1 — e e,

with probability at least 1 — Ceclog’n,

In the next lemma we show that I, the total number of internal jumps up to time 7', is small with high probability.
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Lemma 3.12 (Internal jumps are rare). There exist C, c > 0 such that
1 e loo?
P 1T25n2a <Ce clog n
Proof. We have
1 20 1 2a
P17 =z 5n™ ) <P Iraeg, = 5n +P(r2, <T).

By Assumption 3.9 the second term is small enough. Now we bound, for r < 7% ,

the intensity A, of I; by Lemma 3.6

40 40
A < —ﬂt(zl) < —’3 “ =408n% ",
n n

Since T < nlog®n and %nza > 40@Bn*~!T for n large enough, we can apply Lemma 3.4 to the stopped process Y; =
1 AT 5 obtaining for n large enough the bound

1, 1, 3> 1, n®
Pl Itpee = sn™ ) <exp| —5n™log| —=——— ) ) Sexp| —5n"log( ———— ),
o = 2 2 40Ben—1T 2 80Belog’n

. . . . 2
and the right hand side is at most e“1°2"" for some ¢ > 0. O

The potential. While visiting a vertex the CRW does not necessarily exhaust its whole bar. For ¢ > 0 by P; we denote
the Lebesgue measure of unused parts of visited bars and call it the potential. Formally,

Pz = |Zt| -U,

where the number of visited vertices | Z;| is equal to the total measure of visited bars and U; is the measure of their used
parts, which is equal to the Lebesgue measure of the path X[ ).

Notice that until time 7. the potential 7; increases by 1 each time the CRW visits a previously unexplored vertex and
otherwise decreases linearly with ¢. This means that for # < . the potential P; follows the equation (with Py = 1)

Pr=12|—1. 1)

In the following technical lemma we show that the potential of a path Xj; ;) is typically proportional to s and cannot
drop significantly before time 7. Furthermore, with probability bounded away from 0 it stays strictly positive. These
properties will be useful in the forthcoming analysis of excursions and backtracks of the CRW.

Lemma 3.13 (Controlling the change in potential). Fix a < ©®~!8y — 1/2. There exist positive constants C = C(a),
c =c(a), g such that for n large enough, any stopping time n and any s > 0 the following hold with probability at least
| — Ceclog’n;

Lz znts) - P({Pypgs — Py <as} N {te = n+s}|F)) <C(e™ + ¢—clog? "), (12)
P(VufT_nP,,+u — 73,7 +1> Ol]:n) >q, (13)
P({3y<usr—nPoru — Py + 1 <asy 0 {ze = n+s}Fy) < Cle ™ 4L ). (14)

Proof. Leto =inf{t > 0: «(Z;) >n*} =1 .Sett =1, Ao. Let
={Pyrs =Py <as)Ni{ze =n+s}N{T = n+s}.
By Corollary 3.11 and (11), with probability at least 1 — C e‘”lOgQ”,
P(E|F,) <P(EN{o > n+s}F,) + Ce oL

2
=P({|Zn+s| - |Zn| =< (Cl + 1)5} n {‘L’ >n +S}|]:,7) + Ce—clog n
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Recall that i; denotes the intensity of | Z;|. By (9) of Corollary 3.7 and the definition of o, for < t we have

v

207! 207!
1223 P (n - L(Zt)) P

— — (n—n*)=1+2a=:p>1, (15)

for n large enough. Thus, setting A; = fo Wy du, we obtain

I[D({|Zi7-§—x| - |Zr]| <(a+ 1)5} N{r> 77+S}|-7:n) S]P)(“Zn-i-sl - |Zn| <(a+ 1)5} N {Ar]-i-s _An ZIB/S}l‘Fn)'

Recalling that a = 2(;3 — 1) > 0 and using Lemma 3.5 with £ = 8's, § =
above is almost surely bounded by

/3

—Yﬂll( 2/3/ —e S

for some ¢ > 0. This proves (12).
Let us now prove (13). Denoting the event there by £ and noticing that once the CRW closes into a cycle the potential
stays constant, we estimate

PE|Fy) =P({Vueo.7nee—nPru — Py + 1 = 0}| F)
> P({Vuet0.7rre—nl| Znul — 129] Zu — 1} N{o > T}HF,)
> P({Vucio.c—nil Zptul = 125l Zu — 1} N{o > T} Fy)
> P({Vucio.c—nl Zntul — 1Z9| Zu —1}|F)) = P(o < T|Fp).

By Corollary 3.11 the second term is with probability at least 1 — C e=c102’ hounded by C e=c102’ 1 and thus negligible.
As for the first term, note that thanks to (15) the intensity u; is bounded away from 1 for n large enough and ¢ € [n, 7],
so Lemma A.2 guarantees that the increase of the associated counting process, i.e., | 2,1/, is always at least u — 1,
with probability bounded from below by some g > 0 (observe also that Lemma A.2 does not require any of the involved
stopping times to dominate the other one). This concludes the proof of (13).

Now we pass to the proof of (14). Again denoting the event there by £ and noticing that once the CRW closes into a
cycle the potential stays constant, we estimate

P(E|Fy) < P((Fs<usrnre—yPoiu — Py <as — 1} N {o > T F,) + Po < T|F))

2
= IP)(Elue[s,r—n]|zn+u| - |Zn| =u +as|]:n) + Ceclog ",

where the second inequality holds with probability at least 1 — C e—clog’n (for some C, ¢ > 0), by Corollary 3.11 applied
to the second term. Similarly as in the proof of (13), the intensity of | Z, ;| is bounded away from 1, so by Lemma A.3
(applied with B’ instead of B), the first term is almost surely bounded by e~ for some ¢ > 0 depending only on 8’. [

3.3. Excursions

In this section we introduce lemmas which in the final proof will help us show that the CRW with probability bounded
away from zero may leave L¢ (or more generally the bad set) and move far away from it (in the metric of the graph G;,),
thus making a quick return difficult.

The first lemma is of technical nature and asserts that there is a non-negligible probability that the CRW will make a
move within its current column. The second lemma will be crucial in proving that the CRW with high probability will not
backtrack to L.

Lemma 3.14 (Jumps within columns are quite likely). Let k > 0 and let D(v) denote the column containing vertex v.
Let Xy := Xy, There exist C, p > 0 such that

P({Xk+1 € DX} N {Tiq1 < Te + 131Gk) = plize<t) (16)

with probability at least 1 — Ce—clog’n for some C,c > 0.
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Proof. Let D; (resp. L;) denote the number of jumps of the CRW to a previously unexplored vertex in the same column
(resp. row). Then up to time 7. by Lemma 3.6 their intensities (denote them by 8;, v, resp.) satisfy 8,071 < n"%llA, N

D(X)| <80 and v,0~! < n’%ﬂA, N L(X;)| < v,©. In particular, on the event { < 7,{, A 7.} we have

m:= ®_1L(n—n°‘)§8,,vt. 17)

We also have trivially
8, v < OB. (18)

Consider the event A = {75 > T} and two stopping times p = inf{t > Ty : D; > Dr,}and y =inf{t > Ty.: L, > L, }.

Define also £ = {p < ¥y A (T + 1)}. The lemma will follow once we prove that almost surely
P(E1Gk) = pla. 19)

Indeed, the event {14 < 1{7,<7)} is contained in {ri‘:o
Ce¢ log2 n

Let B be any element of G; and denote P :=P(€ N AN B). Note that on A we have Ty < co. Observe also that with
probability one p # y A (T + 1) and so

< T} which by Assumption 3.9 has probability at most

Ay AT +1)
P =EDpryrti+1) — D1)lang = E/ dsLanpds,
T

where we used Doob’s theorem and the fact that A, B € Gy.
Since between Ty and p A ¥y A (T + 1) the quantity ¢(Z;) does not change and the CRW does not close into a cycle,
we can use (17) to estimate

P=E(pAy ATk + 1) — Te)mLang
=mE(p — Ti)Langne + mE(y A (Tk + 1) — Tx)Lans
—mE(y A (Tc +1) = Te)Lanpne
=mE(y A (Tx +1) — Ti)Lang —mE(y A (Ti + 1) — p)Lanpne- (20)

Note that

| rATD
E(y ATk +1) — p)Lansne < n—1]E/ vsdslanpng
0

1 P
=—E(L —Ly1 =—,
o (Ly A(Ty+1) o) lanBne .
where in the first equality we used Doob’s theorem (note that AN B N & € F,) and in the second one the observation that
on & we have Ly, (7 +1) — L, < 1.
Combining the above inequality with (20), we get
m
P> E]E(y ANT+1)— Tk)]]-AﬂB~ 21

Integrating by parts we get
m [
P2 [ ELisPr - 1> si00ds
0
m (!
= 5/ E1anP({L7+s — L7, = 0}/Gx) ds.
0

Using (18) and the concentration estimate from Lemma 3.4 with r = 0, we get that

P({L7+s — L7, =0}|Gk) > P(X =0),
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where X is a Poisson variable with parameter ®fs. Thus
_—
P>P(AN B)S / e 9P gs.
0

Setting p =5 fol e~ ds and using the definition of P together with the fact that A € Gy, we get
E(P(€1G)1alp) =P(ENANB) > Eplalp
for all B € G, which implies (19) and concludes the proof. O

Excursions. Let t be a stopping time. We will say that the CRW makes an excursion of length k starting at time ¢, the
event which we denote by & (k), if there exists s > 0 such that the following conditions hold:

L4 Z[l,t+s] N(Z;-ULy =2,
e X, isatdistance k from &} in Gy ort+s=T.

Note that in particular if 7 +s < T then the CRW has to discover at least k previously unexplored vertices and it is possible
for &|;,;+s] to intersect itself. The condition ¢ + s = T is included as we are interested in the CRW only up to time 7.

Lemma 3.15 (Excursions are quite likely). There exists C, ¢, g > 0 such that for any [ > 1 we have
P(Er; (n)1G1) = q - Ly, ¢Loinim<T)- (22)
with probability at least 1 — Ceclog’n,

Proof. Throughout the proof we assume that {X7, ¢ Lo} N {7; < T} holds.
Let v = inf{u € (T}, 00): X, makes an internal jump} and o = inf{u € (7}, 0c0): X, makes a direct jump to Lo}. For
k,s eNlets'=s A (T —T;) and

Ek,s) :={t > T+ s} N {¥Vy<¢Pryu — Pr— >0} N ({7)T1+s —Pr, =k} U{T; 45 > T}) N{o > T; +s}. (23)

The lemma will follow once we prove E (k,s) C &Er,(k) and that with high probability ]P’(f:' (n, s)|G;) > q for some
s > 0 and some constant g > 0.

The first two conditions of (23) imply that the subgraph Gls, of G1,4y induced by the exploration A}z, 7,447 is a tree
and the CRW does not revisit Z7,_, i.e., Zi7;, ;451 N Z27,— = . Indeed, as there are no internal jumps the CRW can
revisit Z7;_ only by backtracking the bridge used at time 7;. This happens only when all vertices Zr; 7,44 are dead at
some time u < s’ (we again use the fact that there are no internal jumps). This is equivalent to Pr,+, — Pr;— = 0 which
is impossible. Once we know that Zj7, 7,451 N Z7,— = @ and there are no internal jumps during [7;, T; + s'], the only
possibility left is that the exploration is a tree. As a corollary we observe that the first two conditions of (23) imply that
the CRW does not close into a cycle, i.e., 7. > Tj + 5.

If T; +s > T, then the second condition from the definition of an excursion is trivially satisfied. Assume therefore that
T+ s < T, so that s = 5 in the argument above. As G/ is a tree, one sees that the distance d; of the vertex X7+, from
Xt is f — b, where f (resp. b) is the number of fresh jumps (resp. backtracks) during time (T;, T; + s].

Notice that f = |Z(7;, 1;4s]| — 1 = |27,45] — | 27,1, as there are no internal jumps.

Moreover, we have b < s, since a backtrack occurs only once a whole bar has been exhausted (i.e., the corresponding
vertex has become dead) and the CRW moves at unit speed. Altogether this implies

dgt (X745, A1) Z |1 Z2145| = 1211 =5 =Pr+s — Pr;.

To conclude we notice that dgy,,, (X745, X7)) = dgi (X145, A7;) and by the third condition of (23) the assumption
T; + s < T implies that the right hand side above is at least k.

The final condition of (23) together with {X7, ¢ Lo} ensures that Z7; 1,45 N Lo = @.

These arguments proved that Ek,s) C Er, (k), with the excursion taking total time s’. Now we are left with showing

that with probability at least 1 — Cec108° 1 e have P(E(n®,s)|G)) > ¢ for some s > 0 and g > 0. For this part we fix
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k =n® and s = k/a, for some a € (0, ®~'f — 1/2). We recall that the first two conditions of (23) imply 7. > T} + s’
Thus we have

P(Ek, )|G1) = P({t > Ti + 5} N {Vu<y Pryu — Pr— > 0} N {0 > T1 + 5}IGy)
—P({Pris — Py, <k} {T+s <T}N{r. = T, +5'}1G))
>P(Vu<yPry+u — Pry— > 01G)) —P(x < T +5|G1) —P(o < T; + 51G1)
—P({Pr4s — P, <k} {T1+5s < T} N{we = T; + s}IG1),

where on the event {T; + s < T} we replaced s with s.

By Lemma 3.13 with probability at least 1 —Ce™¢ log> n (for some C, ¢ > 0) we have P(V, <y P44 — Pr;— > 0|G)) > ¢
for some g > 0 (notice that Pr,_ + 1 =Pg;). Thus to conclude the proof it is enough to show that the other terms are
o(1). Fix § > 208. We have

P(t < Ty +51G) <P({t < Ty + sy N {Tigrss1 = T + s1G1) + P(Tigrss1 < Ti + s1G).
The second term is o(1) by Lemma 3.8. For the first term we write
P({t <71+ s} N {Tigrss1 > T1 + 54G1) =P({Ns = 1} N {Tig 51 > T1 + 511G,

where N, = I, — Ir; is the number of internal jumps during time [7}, 7; + u]. Recall that by Corollary 3.11 the event
{t(Z7;) < n®} has high conditional probability. On this event for u < s A (Tj4+1551 — 7;) we bound the intensity A, of N,
by (10) from Lemma 3.6

408

40 40
b= Pu(Z) < Tﬁ(wzm 4 rosT) < 2P

n®+8n°/a+1)=:A.
n

Now we have & -s < A -n®/a = Cn**~!, for some C > 0. Thus by Markov’s inequality, Doob’s theorem and monotonicity
of N,
P({t <Ti + s} O {Tigpss) > T1 + S}|gl)]]-{t(ZT])§nS} < E(NsA(Ti 155~ L Zy) <01 191)

<EQGsTiyzg)<ne)|G) < Cn** " =o(D),

and consequently with probability at least 1 — C e—clog’n (for some C, ¢ > 0)
P(r < T; +51G) = o(1).
Analogously one can show that
P(o = T; +51G1) = o(1).

Indeed, by Lemma 3.6 we can easily estimate the intensity of direct jumps by )J,f <ias|A,NLgl<1.
Finally, by the choice of s above and (12) in Lemma 3.13 we have

P({Prj+s — P, <k} 0 {T1 +5 < Ty N {ze = Ti 4+ 5"}|G1) = o(D), (24)
thus the proof is finished. ]

As in the forthcoming proofs we will need to apply Lemma 3.14 and Lemma 3.15 for random k, we state the following
easy corollary

Corollary 3.16. Let T be a stopping time such that with probability one T € {T;: i <n?} and let ' be such that T’ = Tj |
on the event {t = T;}. Then with probability at least 1 — Ce‘dogz”,

P({Xr € DA} N {t' <7 +1}IF:) = plie<ry (25)
and

P(E (n°)1F2) = q - L, ¢Lopnie<T)- (26)
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X0

Xy

Fig. 3. Graph G; and its core G t© (edges shown as thicker blue lines). Parts of the graph removed in the construction of the core are shown in grey. The
starting and end vertices of the CRW, &{y and X}, have been marked in green and red, respectively.

Proof. It is enough to note that

n2

P({Xy € DX} N{t <t +1}1F) =D P({Xep1 € DX} N {Tiq1 < T + DGk) Lr=1)
k=1

so if (25) does not hold then (16) fails for some k < n2. Now the statement follows from Lemma 3.14 and a union bound
over k.
Analogously, we can write

n2

P(E: (n°)| Fx) ZP NFo)Lje=ry = ) P(En (n°)IG1) Lie=y,
=1

and (26) fails only if (22) fails for some [ < n2. Again we finish by Lemma 3.15 and a union bound. O
3.4. The bad set

Recall that the bad set Y}, defined in (8), consists of vertices which are close in G; to L. Our goal is to show that the
CRW is unlikely to ever hit the bad set. Since it is difficult to know exactly which part of Y} is accessible to the CRW at
time ¢, we will in fact prove a stronger statement, namely that with high probability Y, itself is small forall t < T.

The core of G;. 'We now introduce a special subgraph of G;, which will play an important role in the analysis of bad
jumps and backtracks.

For a graph G and a vertex v € Vi denote by degg; (v) the degree of v in G, counted with multiplicities. Below, to
simplify the notation we will often write v € G instead of v € V5.

Let G? be the subgraph of G, obtained by successively removing dead vertices of degree one (i.e., we remove dead

vertices of degree one in G, obtaining the graph Gtm, next we remove dead vertices of degree one in Gt(l), etc. until no
more vertices can be removed). We will call the graph G? the core of G; (this is similar to what is called the 2-core of
G, in graph theory, except that we allow possibly two vertices of degree one which are not dead). See Figure 3 for an
example of a graph G, and its core.

The procedure described above corresponds to removing trees consisting of dead vertices, connected to the core. Note
that G? can still contain dead vertices and it is not necessarily nondecreasing in ¢. The role the graph G? will play in
subsequent arguments is twofold. In the analysis of the size of the bad set, it will be convenient to handle the intersection
of the bad set with the core and the trimmed trees separately. In the subsequent part we will also use the special structure
of the core to show that if the CRW is outside the bad set then it is very unlikely to backtrack all the way to Ly.

The degrees of vertices in Gt© are in a simple relation with the number of internal jumps I;.

Lemma 3.17. Foranyt >0,

Y (deggo(v) —2) =21, = —2.

UEG?
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Proof. We will first prove that for any ¢ > 0,

> (degg, (v) —2) — 21, = —2.

veGy

The expression on the left hand side equals —2 at time + = 0 and changes only when the CRW makes a fresh jump.
The increase of the degrees caused by such a jump is compensated either by the summand —2 (if the CRW explores a
new vertex) or by the increase of I; (in the case of internal jumps). This proves the above formula.

To pass from G; to G? note that whenever one removes a vertex of degree one then the sum of degrees decreases by
2 and the number of vertices decreases by one, so the sum in question does not change. ]

For § > 0 let us define
D) = { Y (deggo(v) —2) < n5}.
veG,©

Combining the above lemma with Lemma 3.12 we obtain immediately
Lemma 3.18 (The core has few excess edges). There exist C, ¢ > 0 such that
P(Y,<7DX) > 1 — Ce™c1ogn,
Moreover, the intersection of the core and the bad set is small, as asserted in the following lemma
Lemma 3.19. There exist C, ¢ > 0 such that

N 2
]P’(sup [Vgo Ny > n4€> < Ceclog'n,
t<T !

Proof. We will first estimate the size of the k-neighborhood of any vertex in Gf@ for arbitrary k > 1.

To this end, fix any vertex r € G? and consider a spanning tree 7 of G? obtained by a breadth first search starting
from r, so that the distances between r and any other vertex of G© are the same in G© and in 7.

Let B; denote the ball B7(r, i) (we assume B_| = @) and let deg(w) be the degree of w in 7. Obviously we have
degr(w) < degG?(w). We have |By| =1, |B1| — |By| =degy(r) and for any i > 1,

|Biyil—IBil= ) (degr(w)—1),
weB;\B;—1

since 7 is a tree. For j > 1 we can sum these equalities from i =0 to j — 1, getting

IB;| — 1= Z (degr(w) —1) +1,

wij,l

SO

|Bjl=Y_ (degr(w)—2)+I[Bj_1]+2.

weB;_|

In particular

Bjl< ) (deggo(w) —2) +[Bj_i| +2. 27

wij_l

Note that Gt© contains at most two vertices of degree one, Xy and &;. Therefore

Y (deggow) —2) <24 Y (deggo(w) —2).

weBj— weG?
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By Lemma 3.18 with probability at least 1 — Ce™® log?n (for some C, ¢ > 0) for all + < T the right hand side above is
bounded by n2* 42 < nf + 2. From this and (27) we obtain

|Bj| <n®+2+|Bj_i|+2

with high enough probability. This in turn implies that for any £ > 1 we have | Bi| < k(n® +5).
We now apply this estimate to bound the size of the intersection of the core with the bad set. For any v € Z; N L let
G (v) be the induced subgraph of G? with the set of vertices equal to Bg, (v,n®) N VG,©- Note that it may happen that

v ¢ GO, but if G (v) is nonempty, it is connected and of diameter at most 2n°. Indeed, Gt© is connected and distances in
G between any two vertices w, u € G are the same as in G, (since the shortest paths between any elements of the core
are disjoint from the trees which are removed during its construction).

Now choose any r € G(v) and let By be defined as in the first part of the proof. Taking k = 2n® > diam(G (v)) we get

G (v) C By, which by our bound on | By | proves that for n large enough with probability at least 1 — Ce_dogz", for any
t <T and v € Z, N Ly we have

|Bg, (v,n°) N Vgo| <3n*. (28)
Now using the definition of the bad set we get

Voo N Y= |J Ba,(v.n%) N Ve,
veZNLy

By Assumption 3.9 with probability at least 1 — Cje™°! IOgQ”, for some Cy, ¢; > 0, we have | Z; N Lg| < n®. This estimate
together with (28) concludes the proof. (]

To prove that the whole bad set is small up to time 7', we will show that dead trees removed in the construction of G?
cannot be too large and then estimate the total number of such trees.

Proposition 3.20 (The bad set is small). There exist C, ¢ > 0 such that
P(ITr| = n7) < Cemclo8™n,
Proof. Let K be the graph removed from G7 in the construction of G(}D. We will first prove that

P(|Vk N 7| > n®%) < Ceclog’n, (29)

To this end we first estimate the size of the largest connected component of K (i.e., the largest tree removed in the
construction of the core). Let A be the event that there is a component K’ of size [ > n®. Note that after entering K’
for the first time, say at time Ty, the CRW traverses the whole tree K’ in a depth first search manner, exhausting all the
bars corresponding to visited vertices. Due to the constant speed of the CRW, the time needed for this equals exactly /.
Since the number of vertices and edges in a tree differ by one, during that time the CRW makes / — 1 jumps to previously
unexplored vertices and the same number of backtracks. It follows that

Proyi—Pr=1—1—1=—1. (30)

Using (14) from Lemma 3.13 with n = T} and s = n®/2 we get that for fixed k, [ the probability that the condition (30) is
fulfilled is smaller that Ce=1°€"" for some C, ¢ > 0. Observing that k, [ < n? and applying a union bound we get

P(A) < Cje=c1log™, 31)

for some Cq, c; > 0. To prove (29) it remains to bound the number of trees with nonempty intersection with Y. Note
that such a tree either

(a) 1is attached to a vertex from Y7 N VG@T;
(b) or contains an element from Z7 N L.
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The number of the former trees is at most the sum of degrees of vertices in Y7 N VG?‘ The number of the latter trees
equals at most ((Z7).

Now we show that with probability at least 1 — Ce"", for some C, ¢ > 0, no vertex has degree greater than n°.
Indeed, for a fixed vertex w we can estimate the number of bridges incident to w by using Lemma B.1 (which gives a
general bound on the number of bridges in a given subset of E x [0, 1) in terms of a Poisson process). More specifically,
we apply the second part of the lemma with A = E, x [0, 1), where E,, is the set of all edges incident to w. Note that
the Lebesgue measure of A satisfies |A| =2(n — 1). Thus we obtain that with probability at least 1 — C’ <" for some
C’, ¢’ > 0, the total number of bridges incident to w is at most n®. A union bound over w finishes the argument.

Using Lemma 3.19 with probability at least 1 — Cec102° 7 we have |VG§> N Yr| < n*. Recall that the size of a single
dead tree is smaller than n® with high probability, see (31). Thus the total number of vertices belonging to trees from case
(a) above is at most n* - n® - n® = n% with high probability.

On the other hand, by Assumption 3.9 the total number of vertices from trees satisfying case b) is at most n - n® =n
with high probability. Combining the two cases yields (29).

Thus with the required probability, | Yr| = |Y7 N Vx| + | Y7 N VG?| <n* +n% <n’® for n large enough. O

2¢

Bad hits process. Here we prove that 12, i.e., the number of bad jumps up to time 7 is small with high probability. The
argument is similar as in Lemma 3.12, but more subtle.

Lemma 3.21. There exist C, c,§ > 0 such that for any stopping time n we have

P(1p -1V > 1|1F) < .

nd

with probability at least 1 — Ceclog’n,

Proof. We will work on the event {5 < T} (on its complement the probability in question vanishes due to monotonicity
of I?). Let us set

T =inf{t > 0: «(Z) > n® or || > n"*}.
Using a union bound we write

P17 — I} = 1|F)) <P(I} 0, — I} = 1|1Fy) + P(x < T|F). (32)

Observe that P(t < T|F;) < e=c1og’n with probability at least 1 — Ce—clog’n (for some C, ¢ > 0), since by Proposition
3.20 the bad set is small with high probability (and thus, by Lemma 3.10, also conditionally on ), and by Corollary
3.11 «(Z;) is small with high probability conditionally on F,.

To deal with the first term we estimate the intensity AP of I°. For any ¢ suchthatn <t < T At let D(Yy) (resp. L(Y}))
denote the set of columns (resp. rows) which have non-empty intersection with Y. Formally, D(Y;) ={D; : D; Y, # &}
(and likewise for L(7Y})). Let K; = D(Y;) U L(Y}). Recall that by A; we denote the set of vertices accessible at time ¢
by a fresh jump. Observe that if w = A&} is a vertex in a row or column belonging to K;, then |A, N ;| < n’¢, otherwise
|A; N Y;| =0. Note also that A; = & if t > 7.. By Lemma 3.6 we have

Trt Tt TATATe
©p op ‘
A Z=/ )\.i)dl‘ < m/ IA[ N Ttldt < 1”175/ ]l{X,EUKt}dt?
n n n

n—

where X; € | J K; means that X} is at a vertex belonging to a row or column having nonempty intersection with Y. As
Y} is nondecreasing in 7, so is K, thus we can further estimate

@ﬂ ; TATAT: ®:B 7 TATAT:
Ain_ln 8/ ]]'{XtEUKT/\r}dt:n_ln ‘ Z / ]]'{XreF}dt
7 FeKrar n

For any row or column F € K7, we have

TATAT: TATAT:
/ Lixerydt=) / Lix,—u)dt < |F N Zrpcl SU(E7ar).
n veF Y
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We used the fact that for a fixed vertex v the integral is bounded by 1, since ¢ < 7. and the bar corresponding to v has
height 1. Combining the above facts we obtain

o
A < ——n" K ncli(Brno),

We have | Y7 nr| <n’¢, thus |[K7 | < 2n7¢. Moreover, ((Z7 ;) < n® and thus A <408n'5¢1,
As I,b — fé AZ du is a martingale, we have by Doob’s theorem

TAT
E((I7pe = 1) Lr rezn)| Fy) :E<1{Tmzn}/ i dfl]:n> <4@pn'>*1
n

Now by an application of the conditional Markov inequality we bound the first term of (32) by n =% for some § > 0. This
concludes the proof. O

3.5. Backtracks

We will now show that after an internal jump the CRW is unlikely to backtrack its steps back to Ly.
We start with a deterministic lemma about the structure of the core Gf@. Recall that a path in a graph is a sequence of
pairwise distinct vertices vy, ..., vg such that for all i < k vertices v; and v;4 are adjacent.

Lemma 3.22. Suppose that G? contains at most n® vertices of degree greater than 2, for some 8 € (0, €). Then there
exists no > 1 such that for any n > ng and any v € Lo N G,© the following holds: every simple path in G; which connects
v with Y{ N G? must contain a subpath of length at least log® n consisting only of vertices of degree two in G?.

Proof. By the definition of the bad set any path connecting v with Y has length n®. Note that if the end vertex of the
path is in G? then the whole path is fully contained in G? (otherwise to return to G? the path would have to repeat
one of its vertices). Dividing the path into consecutive subpaths of length log?n we obtain n®/ logzn subpaths. Since
n® < n®/log?n for n large enough and we assumed there are at most n® vertices of degree more than 2 in Gt©, there must

be at least one subpath with only vertices of degree 2. ]

Let P be a path in Gt©_ consisting only of vertices of degree two in Gt©_. We will call such a path straight. If t < 1.,
we will call the potential of P the total Lebesgue measure of these parts of bars corresponding to vertices of P which
have not been explored up to time ¢. For t > 7. we set the potential to be zero. Formally, if we denote the potential of P
by P(P), we have

P(P) := 1< yLeb((V(P) x [0, 1)) \ Xjo,1)).

where V (P) is the set of vertices of P. We stress that this notion as well as the property of being a straight path depends
strongly on ¢, which is suppressed in the notation but should not lead to misunderstanding in the sequel.

Suppose that t < t.. Let #1(P) be the time the CRW entered a vertex of P for the first time, and > (P) < ¢ the time
when it left a vertex of P for the last time before 7. Because of the property (11) at time ¢ the potential of P equals to
PuPy— = Pu(p)-

Given b > 0, we will say that P has large potential with constant b if

P(P)=Db|P|, (33)
where | P| is the length of P, i.e., the number of its vertices minus one. Later on the parameter b will be fixed and we will
simply use the term “large potential”, with b being implicit.

We now introduce the event
Q, (b) := {all straight paths in G} of length [log® n| have large potential with constant b}. (34)

Lemma 3.23 (Straight paths have large potential). There exist C,c > 0 and b > 0 such that

P(VI<T/\1'¢. Q[(b)) > 1— Cefclogzn‘
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Proof. Let y = 1/40p, fix arbitrary a < ® 19— 1/2 and let b = ay . Suppose that there exists < T' A 7. and a straight
path P in G,© of length m = [log? n] which does not have large potential. In particular this implies that there exist [ > 1
and k£ > m such that

Pry— — Pr, < bm. 35)

Indeed, we can take #;(P) = T; and let Tj1x <t be the moment the CRW enters the other end vertex of P. Note that
k > m since the CRW may have traversed some dead trees between 7; and 7} .
The lemma will be shown once we prove that

P :=P@21J=m Py, — Pri <bmand Ty < T) < Ce 18", (36)

for some C, ¢ > 0. Note that writing 744 < T we implicitly assume that the CRW visits at least / + k vertices. Now, if
the event in the definition of p holds, then either after some time 7; we have discovered at least k > m additional vertices
very quickly (so that 7)1y — T; < ym and Tj4x < T), or after 7; the potential failed to increase by bm in a time interval
of length at least ym. Thus we may estimate

P <P@Ei=1Fuetym1-11Pry4u — Py <bm and 1o > T + ym) + Pz 1kom Tk — T1 S ymand Tj < T).

Note that we have chosen y small enough so that by Lemma 3.8 we get

n2

PEiz13eenTivk—Ti<ym)< ) ) e * <Cre™m.

=1 k>m

Thus

ol ’

p=< P(lelaue[ym,T—ﬂ]Pﬂ+u —Pr,<bmandt. > T; + ym) + Cie 1"

for some C1, ¢; > 0. Now using a union bound over / (observe that 7; = oo for [ > n?) and (14) from Lemma 3.13 (recall
that b = ay) we obtain (36), thus concluding the proof. |

From now on we fix b to be the constant guaranteed by Lemma 3.23. Let S; be the set of endpoints of all straight paths
in G?_ with potential at time ¢ at least 5log® n and let p; denote the k-th moment r when the CRW enters a vertex from
S; by a backtrack. More precisely, set pp =0, and for k > 1,

Pk = inf{t > pp—1: X € Sy, Xi— ¢ S; and the bridge ({X,, X;_}, t) has been traversed before time t}.

Note that py are stopping times and px < 7. (since if t > 7., then §; = &). Moreover, the minimal path in G;’?k_ with
potential at time py at least blog® n, and starting at X' o> 18 uniquely determined. Let us denote this path by Py.

Let us say that the CRW completely covers Py if after entering its end vertex by a backtrack it eventually exhausts all
the bars corresponding to vertices of Py, possibly departing from them at some intermediate time intervals. Denote by
Ay the event that p; < oo, the CRW completely covers Py before time 7 and while traversing Py it does not make an

excursion of length n® (recall Definition 3.3). Formally,

A = U ({t > prtN {Pk x [0, 1) C X[O,t]} N m (&(ng) N{s > pk})c).
1€(0,7T] s€(0,1]

Proposition 3.24 (No straight paths of large potential are covered without excursions). There exist C,c > 0 such
that

(o]
IP’(U Ak> < Ceclog’n,

k=1

In other words, the probability that before time T the CRW completely covers some straight path of potential (at the time

of entry) at least blog® n without making an excursion of length n® in the process, is bounded by C e—clog’n,
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Proof. Note first that for some C > 0 we have P(p,2 < 00) < e Indeed, each pi involves a backtrack and before the
CRW closes into a cycle each bridge can be used in at most one backtrack, so the number of moments py is bounded by
the total numer of bridges in the process. It follows from Lemma B.2 (applied with r =0, s = 1 and k = Cn? for suitably
chosen C > 0) that this number is at most Cn?, for some C > 0, with the required probability.

Thus, as we can perform a union bound over k < Cn?, it is enough to show that for every k > 1 we have P(Ay) <
Ce’“ng " for some C, ¢ > 0.

To simplify the notation, in what follows we will drop the subscript k and write simply p, P for px, Pr. We will also
identify P with (V(P) x [0, 1)) \ &[0, ], i.e., with the part of all the bars corresponding to vertices from P which at time
o was unused.

Let us first introduce a change of time to merge into one interval all the random intervals of time during which the
CRW stays on P. Define

t
H, :/ 1p(Xpys)ds,
0

where in the case p = oo we interpret 1 p (X, ) as zero (we will use this convention throughout the proof). The process
H; measures how much of the potential that the path P had at time p has been used up to time ¢. In particular P gets
completely backtracked up to time ¢ if and only if H;_, equals the potential of the path at time p.

Define now o9 =0 and for s > 0

oy = (inf{t >0: H > s}) AT — p)+.

Consider also the processes

o Jy=|Z;\ Lol,

e M, = f(; 1 p(X(p+s)—) dJpts — the number of jumps to previously unexplored vertices outside L that the CRW makes
from P between times p and p + 1.

e Ny = M, — the number of jumps to previously unexplored vertices outside Lo the CRW makes during the first s time
units spent on P during the backtrack.

Note that oy is a stopping time with respect to the filtration (F,1,);>0. Moreover, if o, < T — p, then X(,15,)— € P.

Our strategy for proving that P(Ay) is small is as follows. First we will show that on the set Ay N {73 > T} we have

N, log2n > clog®n, i.e., the CRW makes many jumps to previously unexplored vertices while backtracking P. Then, to
finish the argument, we will use Lemma 3.15 to show that the probability that none of those jumps is a beginning of a
forbidden excursion is small.

Let us thus first estimate the intensity of N; for r < blogzn with respect to the filtration (F,44,)s>0 on the event
{O'blogzn <T—p}ni{z},>T}.

Denote by ;] is the intensity of J; and note that by Doob’s theorem and the properties of integrals with respect to
counting processes, the intensity of M, with respect to (F,4¢);>0 equals 1p (X(p+,)_)u[{+,.

Now, again we employ Doob’s theorem together with a change of variables (note that function s — oy is constant on
intervals where 1 p (X{,+0,)—) vanishes and otherwise increases linearly with speed one) to conclude that the intensity of
N with respect to (F 44, )s>0 €quals

fis =1p(Xipto,) - ) 1o, -

Therefore we can use the same argument as in the proof of (9) in Lemma 3.7 to conclude that if 7 < 7% , then for

180°
Lebesgue almost all s such that p + o5 < T A 7, we have
@—1

s =

(n—2—n°‘)26/>0

for some ¢’ > 0. Since A; C {p + Oplogn =T A 7.} we have

blog®n 5
. ~ /
Ahlogzn .:/O sds > c'blog™n

on the event Ay N {t¥

it > T'} and thus by Lemma 3.5 and Assumption 3.9, we get for some constants C, ¢ > 0

P(A N {Nyjog2, < clog?n}) < Cemelos™, 37)
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It remains to bound the probability P(A; N {N, log2n > € log?n}).
Denote thus by y1, y2, ... the times of subsequent jumps from P to previously unexplored vertices outside Ly made
after time p. The condition Nblogzn > clogzn translates into Viclog2n] = P 1 Oplog2 n- Thus A N {Nblogzn > clog2 n} C

A N {y[clogzn] <T}.
Let

Ji=inf{r = 1: P(&, (1°) 1) <q - Lix, ¢ro L1 -

with g as in Corollary 3.16. J is a stopping time with respect to the discrete time filtration (F,,),>1. By Corollary 3.16,
for each r the probability that the inequality in the definition of J holds is bounded by C e—clog’n, Taking the union bound
over r < [clog®n] we get P(J < [clog®n]) < C'e=¢'192° 1 for some C',c>0.

We can now estimate

P(Ak N {Nblog2n > clogzn}) < IP’(Ak N {yfclogzn] < T})
I'L’log2 n]
X J 2
< P( ﬂ &, (ng)C N {Vretogzn) <THN {J> |_clog2n-| }) + e logn
r=1
<(1- q)clogzn + C/efc’logzn < zefc”logzn
where the third inequality is obtained by a sequence of conditionings with respect to F,,, r = [¢ log?n7, ..., 1. Together

with (37) this shows that for all &,

P(Ar) < Ce™len,
which ends the proof of the proposition. O
3.6. Isoperimetry upper bound

Let 7o =0 and for k > 1 let
T =inf{t > p—1: X € Lo, Xy ¢ 2}

be the k-th time a new vertex from L is visited by X.
First we present the main technical lemma stating that the CRW does not visit L too often. This result will be used to
prove the forthcoming Corollary 3.26 claiming good isoperimetry.

Lemma 3.25. There exists C, c, p > 0 such that for any k € N
P(tks1 — e >n A (T — )| Fy) = p - Lig=r—1

holds with probability at least 1 — Ceclogn,

3

Proof. Throughout the proof we will use “with high probability” as a shorthand for “with probability at least

1 — Ce=c198° 1> for some constants C, ¢ > 0 (whose values may change from line to line).

At time t; a new vertex w € L is visited (unless k = 0 and Xy ¢ Lo, which is easily dealt with below). Our first aim
is to show that the CRW escapes from L¢ and then from the bad set (with conditional probability uniformly bounded
away from 0). Define the stopping time o = inf{t > 7 : A; ¢ Y;}. By Lemma 3.14 with high probability the CRW has
a chance bounded away from O of performing (in time less than 1) a jump from w to a previously unvisited vertex from
the same column, thus leaving Lo. From the new vertex the CRW can, with probability bounded away from 0, make
an excursion described in Corollary 3.16. Note that if this happens, then ¢ < t341. Thus with high probability we have
P(o < tx411Fg) > g for some g > 0, independent of n.

Note that if 7] > o > T then, 41| — Tx > 0 — 7 > T — 11, S0 it is enough to prove that for some g’ > 0 we have

]P(Z[a,(a—i-n)/\T] N LO = @|}—0) = q/]]-{ofT,o<rk+1}7 (38)

with high probability. This also takes care of the case k =0, Xy ¢ Lo, since then o = 19.
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From now on we will implicitly work on the event {o < T, 0 < t;4+1}. Denote by t the time of the first hit of L
after time o. This hit can happen either by a direct jump or by a backtrack. Denote the event that the former (resp. the
latter) situation happens and tx4+; < (0 +n) AT by R (resp. by K). Clearly on R and K we alsohave t < (o +n) A T.
Moreover on K we have T < 14| < 00, so in particular T < .

Recall that Itd is the number of direct jumps to L in the time interval [0, ¢]. By Lemma 3.6 the intensity Afl of Itd is at
most % as long as the CRW is outside L, in particular on the interval [o, T) (the intensity can be O if the only possible

vertex in Lg is dead). Denoting A; = fo )Lt , we thus get

n
P(R|Fs) = P({If,\(ngn)AT - Iél = 1} N {A‘L'/\(O-‘rn) —As = m(aﬁ}lfa)

and by Lemma 3.4 the right hand side is bounded from above by P(X > 1), where X is a Poisson random variable with
parameter = €
for some g > 0 we have

P(RIFo) = qLio<Trnes1) = 4- (39)

As I C R€, to obtain (38) it thus suffices to show that P(KC|F,) = o(1) with high probability. We will first show that
we can restrict to an event on which for all # < T the sets Y; have at most n®/? vertices of degree greater than 2 in GE@,
there are no bad jumps for ¢ < t, and all straight paths in Gt© of length at least log® n have potential greater than blog? n.
To this end recall the notation of Lemmas 3.18, 3.21, 3.23 and define

c=(D*n{k=0}n( 2.

t<T t<T

with b as guaranteed by Lemma 3.23.
We see that C satisfies all the properties mentioned above and moreover by the aforesaid lemmas (and Lemma 3.10),

with probability at least 1 — C e=c102’ 1 we have P(C|Fy) > 1 — Cn~° for some 8 > 0. Thus it is enough to show that
P(IC N C|Fs) = o(1) with high probability.
By definition we have X, ¢ Y, . Let

t=max{s € [0, 7): Xy # X,—, and X, ¢ Y}

i.e., t is the time of the last jump of the CRW before 7 such that X; ¢ Y; (note that < 7). On IC N C the assumptions of
Lemma 3.22 are satisfied, so every simple path in G; from &; to Ly must contain a straight subpath in G? of length at least
log? n. By the definition of the event C at time ¢ every such path has potential at least »1og?n. Since on X NC C R°NC
there are no bad jumps or direct hits to Lo, to get from &; to Lo the CRW must completely cover at least one such path
(we give a formal proof of this intuitively clear fact below).

Moreover, between ¢ and T the CRW does not make an excursion of length n®, since at the end of such an excursion it
would be outside the current bad set, which would contradict the definition of 7. Therefore, by Proposition 3.24, P(C N
C) < Ce=¢1°€' which by Lemma 3.10 shows that P(K N C|F,) < e~ 292" with probability at least 1 — Ce™ 21927 We
have thus proved that P(KC|F,) = o(1) with probability at least 1 — C e=¢102’ 1 for some C, ¢ > 0, which together with
(39) proves (38).

We finish with a formal proof of the existence of a straight path with large potential which is covered by the CRW
between time ¢ and t (assuming that the event C holds). First, it is easy to see that the next vertex visited by the CRW after
time ¢ must belong to ;. Indeed, assume that the next jump happened at time s. Then by the definition of ¢, X € Y.
Moreover the shortest path in G from X to Lg avoids A} (otherwise we would have X; € Y;). Thus this path uses only
edges from G¢, and so X € Y;.

Now, between ¢ and 7 there are finitely many jumps. Denote by vy, ..., vy consecutive vertices from Yy, visited by
the CRW between times ¢ and 7. Let #1, ..., t) be the times of visits to vy, ..., vy. Note that in particular #j; = 7, since
by the definition of t and the event IC, X} € G, C G;.

We will show by induction that each vy is connected to Y/ N G? by a path in G; consisting only of vertices which
have been visited by the CRW between times ¢ and #.

This is true for v = X; because it belongs to T; = Ys_ and so (due to absence of bad jumps) the jump from A} to X
is necessarily a backtrack. Assuming that the statement in question holds for vy, ..., vr, we have three possibilities:

e The vertex vgy is visited directly after vg, in which case the statement extends to v since due to absence of bad
jumps between times ¢ and #;4 the bridge used for this jump corresponds to an edge in G;.
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e The CRW leaves Y; after visiting vt and the re-entry into Y; happens by a bridge corresponding to an edge in G;. In
this case the statement in question also holds for vi41, since then X, € G?).

e The CRW leaves Y; after visiting vy and the re-entry into Y, happens via a bridge which up to time ¢ was unexplored.
Since vg4+1 € Yy and after time ¢ there were no bad jumps, in this situation, the vertex viy; must equal v; for some
| <k, since the bridge used for re-entry must have been used for the first time only after time ¢ and it could have been
used only to leave Y;.

Thus in particular A; is connected with Yy N G,© by a path P in G, consisting only of vertices visited by the CRW
between times ¢ and 7. Note that since T < 7., we must have X; € Gt©. By Lemma 3.22 the path P contains a straight
subpath P’ of length at least log? n. It is now easy to see that this subpath is completely covered between ¢ and 7. Indeed,
using again the absence of bad jumps and the fact that on K we have t < 7., we see that the order in which the vertices of
P’ are visited by the CRW between times ¢ and t is uniquely determined — the first entry into each consecutive vertex of
P’ must be made by a backtrack from the previous one and after each departure from P’ the CRW returns by backtrack
using the same bridge through which it has left. This shows that the whole path P’ must be exhausted before time t.
Denote by ¢’ the first time after  when the CRW enters a vertex of P’. Then clearly P’ is a straight path in Gt©/_ and
therefore by the definition of the event C it has large potential at time ¢’. In particular ¢ = p; for some k (recall the
definition of pj given before Proposition 3.24). ]

Corollary 3.26. There exist C, c > 0 such that
P(1Zr N Lol > Clog?n) < Ce 8",
Proof. Let H; = F7, and let Ay denote the event that the estimate from Lemma 3.25 holds. For k > 0 consider the events
G=({ms1—u>nA"T -} NAN{ <T-1})UAfU{rx > T —1}.
We have
P(ExIHr) = Lagnim<r -0 P({ti1 — 7 > n A (T — w) }1Hk) + Lacugm>7-1)»
and by applying Lemma 3.25 we can estimate
P& Hi) = pLayLime<r—1) + Lacuig>T—1y = P- (40)

Now let K = %|’10g2 n] and consider the sum g, + --- + 1g, . Introducing & := 1g, — p, we observe that by (40) the
sum My =& 4 --- + &y (with My = 0) forms a submartingale with increments bounded by 1. As any submartingale can
be written as a martingale plus a nonnegative predictable term and here the martingale part has bounded increments, by
Azuma’s inequality for martingales with bounded increments [24] we get

2
P(My < —1) <e™ W

foranyr >0and N > 1. Taking N =K, t = % and rewriting the inequality in terms of 1¢, we obtain the estimate

Therefore with high probability at least pK /2 of the events & hold. Since P(Ag) > 1 — Cec102° 1 for some C,c>0,
by doing a union bound over k we can assume that none of the events A{ hold. This implies that either 7y > 7' — 1 for
some k =1,..., K, or the event {tx4+1 — 7% > n} holds at least pK /2 times, which implies tx > npK /2 A (T — 1). As
T < nlog2 n, in both cases we have tx > T — 1, so with probability at least 1 — e‘dogz” (for some ¢ > 0) we have at
most K = (% log? n] vertices from L visited up to time 7 — 1. An easy estimate shows that with high enough probability

there are at most clog2 n visits to Lo between times T — 1 and 7', which ends the proof. O
Proofs of Lemma 3.2 and Proposition 3.1.  Using the results of Section 3.6 the proof of Lemma 3.2 is now immediate.

Proof of Lemma 3.2. Since in Corollary 3.26 the starting vertex of the CRW was arbitrary, by symmetry of the graph
H, the claim of the corollary holds with L replaced by any other row or column. Thus by performing a union bound



Phase transition for the interchange model on the Hamming graph 301
over all rows and columns, and all starting vertices v € V, we obtain that there exist constants C, C’, ¢’ > 0 such that
P(Vv eV ((2r(v)) < Clogin) > 1 — C'e~< 08",
Since we worked under Assumption 3.9, this finishes the proof of Lemma 3.2. (]
With this lemma we can finally prove Proposition 3.1.

Proof of Proposition 3.1. Fix « € (0,1/100) and T = n®/?. Consider the cyclic random walk X = X (v) started at a
vertex v. By Lemma 3.8 we have

/2

P(Tr4®ﬂna/2'| < Lna/zJ) S CeiCnDt

for some C, ¢ > 0. Since [408n%/?] < n® and e—en’? < e=clog®n for large enough, we obtain that with probability
at least 1 — Cje logZ”, for some Cy, ¢y > 0, until time T fewer than n® vertices have been explored by the CRW. In
particular, this implies ((Z7) < n®.

Now by a union bound over starting vertices v and Lemma 3.2 we obtain that for some C, C,, c2 > 0 we have

P(VU eV L(ZT(U)) < C10g2 n) >1—Chre @ log’n_

@/2 pl-a/2 log2 n] we have

The rest of the argument is inductive. Suppose that for some 7' € [n

P(Vv eV L(ZT(U)) < Clog® n) >1-— Cle=c'log’n 41
for some C’, ¢’ > 0. Consider the CRW started at a fixed vertex w and run up to time 7’ = | T ||n®/ 2|. Divide the
time interval [0, 7'] into k = Ln“/zj intervals I; = [S;, S;j+1) of length S = | T]. Observe now that for any v € V by

construction of the cyclic random walk we have Z; s,,,1(v) = Zj0,5)(Xs; (v)). Since § < T and the bound in (41) is
uniform over all vertices, we obtain

P(Vi=1,..,,kvv eV l(Z[Si,SiH](U)) < C]ngn) >1-— C/e—c’logzn.

for some C’, ¢ > 0. Finally, by subadditivity of ¢ we can bound ¢(Z7(v)) by the sum of L(Zs;,5,1(0) fori=1,...,k,
obtaining

P(Yv € V (27 (1)) < C|[n®|log?n) = 1 — C'e" 108",
As C|n%? | log?n < n® for n large enough, we obtain that for some constants C1, ¢; > 0
IP’(VU % L(ZT/(U)) < no‘) >1—Cie logn
Now an application of Lemma 3.2 gives for some constants C, C2, ¢z > 0
P(Vv e V ((Zr () < Clog?n) > 1 — Cre™ 218",
which finishes the inductive step.
Now, since we started from 7 = n®/? and at each step we increase the time by a factor of |n®/2 |, after at most (%1 +1
steps we obtain
P(Y0 € V (2,102, () < Clog?n) = 1 — Ce~lo¢'™
for some constants C, ¢ > 0 depending on «, but not on 7. This finishes the proof. ]

3.7. Isoperimetry lower bound

In this section we prove the isoperimetry lower bound given by Proposition 3.3. The proof is independent of the previous
section (we will only make use of Lemma 3.6 and Lemma 3.8, which do not require Assumption 3.9).
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Proposition 3.27. Fix 6 > 0, an admissible function C and By, B1 > 0. Consider 8 € [Bo, B1] and let X (v) := XPOC ()
be the cyclic random walk associated to pg g c, started at v. There exist C, ¢ > 0 (depending only on By, B1, 0) such that
2, (V) < oo}) < Ce—clog’n,

IP’({|Z (v)ﬂL0|§c10g2n}ﬂ{T

nlog?n nlog

Proof. Let k < 1/208; and T > knlog®n. Let Y; = | Z; N Lo| and let X, be the corresponding intensity of the process
Y;. Fix 8 < Bo©® '« /2. We will first show that

P({Yr <8log?n} N {z. > T}) < Ce™“1o¢" 42)

for some C, ¢ > 0.
Consider A; = f(; As ds. Observe that

@—1
{Yrgglogfn}ﬂ{rczT}C{ATE'BO 5 Klogzn}. 43)

Indeed, up to time 7., unless the CRW is at a vertex from a column containing an already visited vertex from L, the
intensity of making a direct jump to Lo (and thus necessarily discovering a previously unvisited vertex from Lg) is

bounded from below by ’310—:11 > @

by Lemma 3.6. Note that there are at most nY7 such bad vertices and until time
7. the CRW can spend time at most 1 at any given vertex. Thus on the event {Y7 < %logzn} N {t. > T} the total time

spent at bad vertices before 7T is at most nYr < 5n log? n. We thus have

T —1 -1

e C]

AT :/ Ardt > Po <T — 5nlog2n> > 'BO—Klogzn,
0 n 2 2

proving (43). As 8 < Bo® 'k /2 we thus get
@—1
P({yr <8log’n} N{zr. = T}) §IP<{YT <élog’n}n {AT > ﬂ(’TKlogzn})

and by Lemma 3.5 the right-hand side above is bounded by C ¢=c102° 1 for some € , ¢ > 0. This proves (42).
Now we prove the statement of the proposition. Let M =n log2 nand A={|Zy NLy| <4 log2 n} N{Ty < oo}, with
the same § as above. We have

P(A) <P(AN{Ty <knlog’n}) +P(AN{Ty > knlog’n})

§IP(TM < Knlogzn) —HP’(A N {TM > Knlogzn}).

As 1/k > 2081 > 208, by Lemma 3.8 the first term on the right hand side does not exceed e='192° 1 for some ¢ > 0.
For the second term we write

IP’(A N {TM > /cnloan}) :]P’({|ZM N Lol < 810g2n} N{Ty <oo}n {TM > /cnlogzn})

<P({I1z

«nlog?n

N Lg| < 510g2n} Nz = Knlogzn})
and by (42) the right hand side is small enough, which finishes the proof. (]
The proof of Proposition 3.3 is now rather straightforward.
Proof of Proposition 3.3. Fix a starting vertex v. Let 7o = 0 and let
T =inf{t > 1p_1: Xy € Lo, Xy ¢ 2}

be the k-th time a new vertex from Ly is visited. Let J; be the total number of fresh jumps made up to time 7. By Lemma
3.6 the intensity A of J is bounded from above by 28®. By Lemma 3.4 we obtain

P(Jrk+l - th = 1|]:tk)jl{rk<oo} < ]P(X > 1)7
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where X is a Poisson variable with parameter 280. In particular this implies that for some p > 0 bounded away from
0 the following holds: each time the CRW visits a new vertex X7, = w from L, with probability at least p it makes no
fresh jumps for time 1, thus exhausting the whole bar of w. In particular with probability p > O the vertex w enters the
orbit O(v).

The rest of the proof is a rather standard concentration estimate. Let K = [clog? n], with ¢ as in Proposition 3.27. Let
Hy = Fr, and

A= ({te <00} N{Xr, € O(0)}) U {1r = 00}

By the argument above we have P(Ay|Hy) > p, which implies that for & :=14, — p the sum My =&, +--- + &y (with
My = 0) forms a submartingale with increments bounded by 1. As any submartingale can be written as a martingale
plus a nonnegative predictable term and here the martingale part has bounded increments, by Azuma’s inequality for
martingales with bounded increments [24] we get

2
P(My < —1) <e 3%

foranyr > 0and N > 1. Taking N =K and t = % we obtain the estimate

_ 1)21(

K
P(]].AI‘I—"—'—H.AKSPT)Se 8.

Together with Proposition 3.27 this implies that with probability at least 1 — C e logn (for some C’, ¢’ > 0) we have
either

o T

nlogzn(v) = 00, which implies |[O(v)| <n logzn,

K
eortg <T, <ooand2,§:1]lAk2pT.

log2 n

In the latter case we get that the event {t;y < oo} N {X;, € O(v)} holds at least % logzn times for k < K, implying in
particular |O, log2n (V) N Lol = ¢” log? n for some ¢” > 0 (note that for k > 1 if T < oo, then Ty <k — 1).

To finish the proof we note that by symmetry of H,, the above argument is valid with L replaced by any other row or
column (as Proposition 3.27 has the same symmetry) and the starting vertex v was arbitrary. Thus by performing a union
bound over starting vertices v € V and all rows and columns we obtain the desired bound on x (O, logzn(v)). O

4. General transposition processes

In this section we introduce the notion of a general transposition process, which is another perspective on the permuta-
tion model ug g ¢ defined in (1) and (3) In this formalism we will state Lemma 4.1 and Proposition 4.2. These are all
prerequisites needed in the next, final section.

For X € X let (e1,t1), (e2, 1), ..., (ex), tjx|) be the points of X sorted by the second coordinate. We define
{ot}iefo,1,...)xy by op :=id and for t € {1, ..., | X]}

o;:=e0---0e],

where any edge is identified with the transposition of its endpoints. This becomes a stochastic process when X is sampled
according to ug g . Note that o1x| = o (X), with the latter permutation defined in (1).

In what follows we will consider (0,-)5.‘:O conditionally on € := {|X| = k}. We use (}',-)ﬁ.‘:0 to denote the filtration on
Qk associated with the process.

Obviously this transposition model depends on the parameters of g ¢ ¢. What might be surprising is that its evolution
is not far from the i.i.d. transposition process on the edges of H, . This observation will play a crucial role in the proof of
forthcoming Proposition 4.2.

Lemmad.1. Let 8,0 > 0 and C be an admissible function. Let X be sampled from jig ¢ ¢ and let {01},>0 be the associated
transposition process. For any i,k e N,i <k, e € E we have

(44)

_ 0?2 @?
]P)(O','_HOO‘I- l:el]—',',|X|:k)e|: ]

|E| " |E|
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Proof. Let us fix ¢ € E and a sequence of permutations o = (o1, ..., 0;) such that for any j € {1,...,i — 1} the compo-
sition 641 00 j_l is a transposition. Let U(’,’tl be the set of all X € X such that |X| =k, e;11 = e and the transposition

process associated to X agrees with o up to time i. For any e € E let T : Uf,f;l — U;El be the mapping which swaps
the (i 4+ 1)-th point of X from e to ¢, i.e., (¢j+1,t+1) = (e, ti1+1) in X is replaced by (e, #;+1). Note that T is a bijection
which preserves the Poisson point process B. Thus we have

oo ety [xLym OOCOBEX) [ 1,0 (X)eCT XD B@X)
npocWUe)  [x 1t (0OOCOBEX) [ Ly (OICNIBEX)

By the Lipschitz property (2) of C clearly we have |C(T (X)) — C(X)| < 2. Thus the integrands in the numerator and the
denominator above can differ by a factor of at most 62, which leads to the estimate

MB,(),C(U,it;l)/ﬂﬂ,e,C(Ué;l) <o~
From this and an analogous argument for the lower bound it is straightforward to obtain (44). (|

In the final arguments we will need statements holding uniformly in a large enough time window before time | X |. Thus,
conditionally on |X| = k, we let k' = max{0, k — 2[n'1/]} and define the time interval I := {k’, ..., k — 1}. We will now
prove that on / the transposition process corresponding to the measure (g g ¢ behaves in a certain sense similarly to the
mean-field case (corresponding to & = 1 on the complete graph), i.e., for most values of k the process, when conditioned
on | X| =k, with high probability has splitting and merging probabilities comparable to the mean-field case.

To formalize this intuition let us introduce a stopping time 7, corresponding to the moment when the cycles lose good
isoperimetric properties. Denote by orb, (v) the cycle of the permutation o containing v € V and by orbf; (v) its first
£ A |o| elements. We will write orb! (v) as a shorthand for orbf,’ (v).

For constants ¢, ¢ > 0 which will be fixed later we define

hi= inf{s el: e Vt(orb?bgz"(v)) > ] logzn},

% :=inf|s € I: Jv € V|orbs(v)| > nlog”n and x(orb?logzn(v)) <clog’m)},

=1t ' ATX.
Note that for each k, T is a stopping time with respect to the natural filtration of the process (o,)fzo on {| X| =k}.

Proposition 4.2. Let 8,0 > 0 be such that > © /2 and let C be an admissible function. Let X be sampled from g g c
and let {0/}1¢(0,..., x|} be the associated transposition process.

Then there exists K, C N, C, ¢ > 0 and constants c1, ¢y in the definition of T, depending only on 8, 6 and C, such that
the following properties hold.

(i) P(X|€Ky) > 1 — Ceclog™
(ii) Fork e Kn, P(t = 00||X| =k) > | — Ce—clog’n,
(iii) Consider £ > n log2 n. Denote by D; the event that in the transition from step i to i + 1 a cycle of o; is split into two
cycles, one of which has size smaller than €. Then for everyi € I,

V4
P(Di|Fi, IX| = k)Lkek, Lir=iy < Cﬁ'

(iv) Let Cy, Ca be two cycles of o; such that |C;| > n log® n, for j € {1,2}. Denote by M; the event that they are merged
in the transition from step i to i + 1. Then for every i € I,

IC11ICa]
1n4 Tikek, ) Lie>i)- (45)

P(Mi|F;, IX|=k) = ¢

The proof is deferred to the end of the next subsection.
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4.1. Isoperimetry and its consequences

Here we use the notation from the previous section and assume that {o;}¢(o,...,| x|} 1S a transposition process associated to
the distribution g g c. The proof of Proposition 4.2 is rather easy once we know that any (long enough) fragment of oy
is “spread evenly on the graph”. This is formalised in events Z* and Z* defined below.

Recall that I = {k/, ..., k — 1}, where k' = max{0, k —2[n'1/67}, conditionally on | X| = k. Let ¢, ¢» > 0 and consider
the events

I'={r'> |X|}={V¥VselVveV L(orb;”"gz”(v)) <cylog®n}, (46)
2
%= {* > |X|} = {¥s € I Vv e V x(orby ¥ "(v) = 2108 nL 0 (1=nlognt}- 47)

Finally, let Z :=7"* N Z*.

We will show that the event Z holds (for appropriate choice of ¢y, ¢3) with high probability. As a first step we prove
that the conclusions of Proposition 3.1 and Proposition 3.3 hold uniformly for cyclic random walks using their bars only
up to a certain level.

More precisely, for s, ¢ € (0, 1) let X7 be the restriction of X to [s, t), i.e., the space of finite subsets of E x [s,1). We
can define measures ,u%’fa con X% by a formula analogous to (3), i.e.,

1
Wyl eWU) = —— / 1y (V)6 B(dY). 48)
h ZggcJx

If X e X and X = {(e1,11), ..., (ek, 1x)}, we define the restriction of X to [s, ), denoted by X*, by including only
these pairs (e;, t;) for which #; € [s, ). We have X/ € X%, For simplicity we will write X’ instead of X%, etc.

For Y € X' let Z¥ (v) denote the trace of the cyclic random walk (started at (v, 0)) using the bridges of ¥ and running
on bars of height ¢ instead of height 1. Note that if Y is distributed according to “;3,9,6 (for some B, 6, C), then the

process (Z}/ (v), T > 0) has the same distribution as (ZYX/,(U)), T > 0), where X € X is distributed according to g ¢,¢
(this follows directly by properties of the Poisson point process 13).
Furthermore, if X is distributed according to g c, then the law of X’ under g c is given by Mfe g ci» Where

C": X' > R is a function defined by
pC' ) . / OC(YUZ\EX[t,l))B(dZ)’
X

where Z|gxp,1) = Z N (E x [t, 1)). Itis easy to check that if C is admissible, then so is cl.
Let us define the analogues of (46) and (47) for the CRW. Recall the sets O, O, defined in (4), and denote by OY, O
the analogous sets for the process Y. For fixed 79 € (0, 1) and ¢y, ¢ > 0 we set

A= {vieln. ) VveV (2Y . ) <cilogin},

tnlog

. X! 2
AX = {Vt €l, ) VveV X(O gzn(v)) > ¢y log ”]1{|OX’(u)|anog2n}}'

nlo

We also set A := A' N AX. We will now prove

Proposition 4.3. Fix 8,0, C such that 8 > ® /2 and let ty € (0, 1) be such that tof > ® /2. Let X be distributed according
to pg.g,c. Then there exist C,c > 0 and cy, ca > 0 in the definition of A* and AX above such that

P(A) > | — Ce~clog’n,

Proof. It will be convenient to divide the time interval [0, 1) into subintervals small enough so that each of them contains
at most one bridge, as then it will be enough to control isoperimetry at the endpoints and use a union bound.

Let k¥ > 0 (to be specified later in the proof). Let fo = 59 < 51 < --- < s = 1 be such that k = [Bn?e~ log? "7 and
Isis1 —si] < B~ 'n"2e <18 for i € {0, 1, ..., k — 1}. For simplicity we will write X’ := X% and X/*+! := X%5i+1 (and
likewise for X).

Consider the event that there is at most one bridge in each interval [s;, s;+1)

& = {Vieo,..k—n| X"t < 1}.
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First note that

P(£) < Ceclog™ (49)
for some C, ¢ > 0. Indeed, for any fixedi =0, ...,k — 1 by Lemma B.2 applied with t = s;, s = |s;+1 — s;| we have

P(| X5 > 1) < e P(y;, > 2),

for some C > 0, where 1; < ®¢*1°¢"" and Y), is a Poisson variable with parameter A;. Using the simple estimate

Py, =2) < k? (valid for A; small enough) we obtain
P(‘Xi,i+1| - 1) < 6,COe"‘l"g ”@2 —2klog?n < Cle —2clog?n

for some C’ > 0. Applying union bound over all i =0, ...,k — 1, gives P(§) < k - C'e™%¢ log”n < 2C’,3n26_"l°gz" <
Ce‘“‘)gz" for some C, ¢ > 0.
Now we prove that each of the events defining .4 holds with high enough probability. We start with the event A*.
Recall that ZX' (v) is the trace of the CRW using bridges of X’. Consider the event
J = {Vie,1,..10 Vuevt(ZA nlog? , () < Clog®n}

with C as in Proposition 3.1.
As remarked before, for any fixed i € {0, 1,...,k} the law of X* under ugg c is given by ,u;" g cs and the trace

ZX" (v) has the same distribution as the trace Z;(/ist_ (v), where X' has distribution jt4, 9. csi with B; = s; (note that the
latter CRW uses bars of height 1). Note that 8; > ® /2, as by assumption 7o > ©® /2, and we have S; € [t 8, B].
Therefore, by Proposition 3.1 we obtain for any fixed i

P(Vvevl(z 2 (v)) < Clog n) >1— Ce*Clogzn,

sinlog”n
with constants C, ¢ depending only on ®, 8 and ¢y (but not on C%).
Applying a union bound overi =0, ..., k we get

P(JL) < (k+ I)Cefclogzn S4C13n261610g2nefclog2n'

. / 2
Now we can fix k < ¢/2 to obtain that P(7) > 1 — C’'e~¢ 192" for some C’, ¢’ > 0.
On the event & there is at most one bridge in each interval [s;, s;+1), which implies for any v € V

sup t(ZXt

tnlo
telsi,sit1) en

2, @) =max{u(ZF) o @) (2K . ).

siy1nlog n

Thus on the event £ N J we obtain

X! 2
tes[lt:)pl)rl?ea\}t(zm logzn(v)) = Clogn.

Since each event £ and J occurs with high enough probability, we can take ¢; = C to obtain that A" holds with the
required probability.
The proof for the event .AX is analogous. Using the same notation as above, let

K = {Vicqo.1,..k) Yoev x(OX' , (1)) = Clog?n or |0*" (v)| < nlog*n}

nlog n

with C as in Proposition 3.3.

As before, (Z;f "(v), T > 0) has the same distribution as (ZT /s (v), T > 0), where X' is distributed according
to g g,csi with B = s;8. Applying Proposition 3.3 and performing a union bound over i gives us that P(K) >

1 — C'e=¢' 10’7 for some C’, ¢’ > 0 depending on 9, B, tg.

On the event £ for each r € [s;,s;+1) we have either Oz log? v) = ml 2, (v) and ox' (v) = OX" (v), or

2, (v) = OX"™! 2, (v) and OX'(v) = OX"*' (v). Thus € N IC C AX. We finish by observing that both £ and

lnlo s+1n10g

K hold W1th high enough probability, so in the definition of AX we can take ¢c; = C with C as in the definition of . [
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Now we can prove that the good isoperimetric properties 7' and Z* defined in (46) and (47) hold in the discrete time
setting (for some c1, ¢3) with high probability. Recall that Z = 7' N ZX.

Lemma 4.4. Let 8,0 > 0 be such that B > © /2 and C be an admissible function. There exist cy, ¢ > 0 in the definitions
(46) and (47), C,c,c’ > 0 and K,, C N such that

P(Z)IX|=k) = (1 - Ce_dogzn)ll{kel{,,} and P(IX|€K,)>1- e—¢'log’n

Proof. Let X be sampled from g ¢ ¢ and fix #o € (0, 1) such that o8 > © /2.

We first prove that the event Z = 7' N ZX holds with probability at least 1 — Ce‘“"gz”, for some C, ¢ > 0, when ¢y,
¢ are chosen appropriately.
Consider the bridges oy = (e;, ;) for s = | X| — 2[n'1/°7, ..., |X|. The event
S = {|X| Z 2[”11/61} N {VSE{|X|—2[HII/6] \X\}ts > t()}

.....

holds with high probability. Indeed, if | X| < 2[n'1/6] or t, < to for some s, then necessarily | X N (E x [tg, 1))| < 2[n!1/67.
An application of the second part of Lemma B.2 with k, = 2[n!1/9] shows that with probability at least 1 — Ce"‘”z, for
some C, ¢ > 0, this does not happen.

From now on we work on the event S. As in the proof of Proposition 4.3 let X’ denote the restriction of X to the
interval [0, 7;) and let ZX” (v) be the trace of the corresponding cyclic random walk started at v.

s 2 Is
By the construction of the cyclic random walk we have orb, (v) € ZX" (v) and orbg log™n (v) C an o

the definition of the event .A*, by Proposition 4.3 there exist C, ¢ > 0 such that with probability at least 1 — Ce™* log?n e
have

n (v). Recalling

sup maxt(Z;tlogzn(v)) <Clog’n.

teltg,1) V€V
Ason S we have 7y > 1 forall s = | X| —2[n!1/°7, ..., |X], together with the observation about the orbits this shows that
7', with ¢; = C in the definition (46), holds with probability at least 1 — C'e=¢' 1€ for some C’ o >0.

Is ¥ 2 . .
For the proof that the event ZX holds with high probability, note that (’)txnlogzn(v) = orby log "(v), in particular

orbg (v) = ox® (v). Therefore, recalling the definition of AX, we can use Proposition 4.3 to conclude that with prob-

ey 2
ability at least 1 — C’ e=<'log°n for some C’, ¢’ > 0, we have

2
VselVveV x(orby ™" (v)) = Clog?nly gy,

(v)lznlogzn}'

As before on the event S we have t; > g, so if we take ¢ = C in (47) we obtain that the event ZX holds with probability
atleast 1 — C'e=<'1°€° " for some C',c>0. ,
Now suppose that C, ¢ > 0 are such that P(Z) > 1 — Ce™¢192"" et

K, :={k e N: P(Z||X| =k) > | — Ce31¢"n},
We write by definition of K,

P(I%) = Z P(Z°NX|=k)P(IX| =k) + Z P(Z°/1X| = k)P(IX| = k)
kek, k¢Ky

> P(|X| ¢ K,) - Ce™ 212

and now the lower bound on P(Z) together with a simple calculation gives us

2
Cefclog n ¢ 2
P(IX|€Ky)>1— ————=1—¢ 208"
Cei% log=n
as desired, which proves the second assertion of the lemma with ¢’ = ¢/2. O

We will now relate good isoperimetric properties of cycles to the probabilities of splits and merges in the corresponding
transposition process.
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Lemma 4.5. Let o be a permutation and let e = {u, w} be an edge chosen at random according to a distribution {pe}ecE
satisfying c/|E| < pe < C/|E|, for some C,c > 0. Let (u, w) denote the transposition of endpoints of e.

(1) Suppose that for some k, m € N and each v we have
L(Ol‘b]; () <m. (50)

Then for any £ > k the probability that a cycle of o is split in (u, w) o o into two cycles, one of which has size smaller
than £, is at most

4C¢
—m.
kn

(i1) Suppose that for some k,m € N and each v satisfying |orbs (v)| > k we have

X(orbﬁ(v)) >m. (51
Then given two cycles Cy, Cy of o of length at least k, the probability that they are merged in (u, w) o o into one cycle
is at least

e leiliCalm?

2 nZk?

Proof. We start with the proof of (i). Fix a vertex v € V, let D, L denote respectively the column and the row containing
v, and let orb;l(v) = orbf;_1 (v). The number of w € V for which (v, w) is an edge such that a cycle of o is split in
(v, w) o o into two cycles, one of which has size smaller than ¢, is equal to

| (orb’ (v) Uorb, “(v)) N (DU L\ {v})] < 2¢(orbf, (v) Uorb, “ (v)).

By dividing orbf; (v)u orbgz (v) into pieces of length k and exploiting subadditivity of ¢ we obtain
2¢ 2¢
t(orbl (v) Uorb, “(v)) < | = | max¢(orbs (v')) < | = |m.
k |vev k

Thus for fixed v there are at most [2k—£1 m edges with one endpoint equal to v which would cause a cycle of ¢ to split with

one of the resulting pieces smaller than £. By our assumptions each such edge e is chosen with probability p, < % As
each vertex has degree 2(n — 1) in H,,, we obtain that the total probability of such a split is at most

C [2¢ 4C¢
— |m<—m,
n—1| k kn

as desired.
For the proof of (ii), consider two cycles C; = orb, (v1), Co = orb, (v2) of length at least k. By the assumption of the
lemma we have x (orb’f, (v;)) =m for j =1, 2. By dividing C; into segments of length k and recalling the definition of y,

we obtain that each C; has at least L%Jm > %lcf% vertices in each row and each column of H,. This implies that there

2
are at least 2n(% 'C}J"’)(% Icil'") =5 Iy ”1522"" edges joining a vertex from C; with a vertex from C,.
For each such an edge e we have p, > “?3—‘ As choosing such an edge results in a merge between C; and C,, we obtain

C1]IC2|m?

c n|C1]|Calm? ¢
2 n2k?2

P(Cy and C; are merged in (4, w) oo) > oy 5 s

=
as desired. O

Now we can finally employ Lemmas 4.1, 4.4 and 4.5 to prove Proposition 4.2.

Proof of Proposition 4.2. Let K, C N and C,c,¢’ > 0 be as in Lemma 4.4 (in particular (i) of Proposition 4.2 is
satisfied). We have

P(Z]1X| =) = (1 — Ce™¢ ") Le, ),
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which in particular implies (ii), i.e.,
2
P(r = o0ol|X| =k) > (1 — Ce 8 ") Lk, ). (52)

Fix i € I and let C; = orb; (vy), C» = orb; (vy) for some vy, v, € V. Let £ > nlogzn. As on the event {t > i} we have

2
L(orb? log "(v) < ¢ log2 n for all v, by Lemma 4.1 and part (i) of Lemma 4.5 we obtain

ol

2

P(Di|Fi, IX| = k)Lkek, Lir=iy <
n-nlog n

0
crlog’n = C'—
n

for some C’ > 0, giving (iii).
Let us now pass to the proof of (iv). Fix i € I and let C; = orb; (v{), C2 = orb; (v2) be two cycles of length at least

2
nlogzn. On the event {t > i} we have X(orb;l log ") > e logzn for j = 1,2. Thus by Lemma 4.1 and part (ii) of
Lemma 4.5 we obtain
0~ [C1lIC2(c2log? n)?

P(M;|Fi, | X|=k) >
(Mil 75 1X] =) 2 n2(nlog®n)?

Tikex, 1 e

IC11Cal
Likek,)Lir>i) = C”T

for some C” > 0 as desired. O

5. Macroscopic cycles

In this section we will prove our main results, namely Theorem 1.1 and Theorem 1.2. We will need one more ingredient,
which is a variant of an argument due to Schramm, described in the next subsection.
In most of this section we will work with the general transposition process introduced in Section 4.

5.1. Schramm’s argument

In this standalone part we develop ideas of [28]. Our contribution is to rephrase them in terms of an abstract split-merge
process. We will then apply the results of this subsection to transposition processes coming from measures (g g c (see
Section 5.3) and we believe that they might be useful in more general cases.

Let V be a finite set and & € N. We say that {ox}ke(0,1,...,n} 15 a random split-merge process over V if any oy is a
(random) partition of V. We refer to the sets of this partition as components. We call a random split-merge process simple
if in transition from oy to ox+1 (Which we will call step k) we allow only

e a component to be split into two,
e two components to be merged.

We denote by {Fi}ke(o,1,....n) the natural filtration of the process and write C(¢) for the set of v € V which belong to
components of o} of size at least £ € N. We set I, :={0,1,...,h —1}.

Now we state the main result of this section. Its proof is essentially the same as proofs in Section 2 of [28], with only
very slight modifications.

Lemma 5.1. Let h € N and {Uk}ke{o,l_,,..,h} be a simple split-merge process over a finite set V. Let ty € Ij,, § € (0, 1],
e €(0,1/8) and j € N be such that 2/ < e8|V |. Assume moreover that for a stopping time t the following conditions
hold

(i) there exists c1 > 0 such that for any k € I, € > 27 we have

IE”(some component C of oy is split in transition from step k to k + 1 into C1, C»

. 14
and min(|C\|, |C2|) < €| Fi)Ljr=k) < Clm-

(ii) there exists ¢2 > 0 such that for any k € Iy, and any two components Cy, C € oy such that |C1|, |C2| = 2/ we have

|C1]]Ca|

P(components Cy, Cy are merged in transition from step k to k + 1| F) > CQW

Lir>ky-
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Then there exist c3, ca > 0, depending only on c1, ¢, such that if

1% v
ty:i=tg+ [At], At= 387! |2—]| 10g2(|2—j|), (53)
satisfies t| < h, then
E(|Cy(27) \ Cy (8IV)[1F0) e, @iyze1viy < 48 'e[logy(e8)|IV] + cad T VIP(z < 11| F). (54)

In other words, if sufficiently many vertices are in components of size at least 2/ at time 79, most of them will be in
components of size ¢5|V| at time #; (unless the split-merge properties (i) and (ii) fail, which is reflected in the second
term).

The proof is an implementation of the following simple idea. Fix K := [log,(¢6|V|)] and set milestones 1) = T; <
Tiy1<---<Tg =t1.Ineachepoch {T;, T; + 1, ..., Tj41} we expect the size of moderately large components to grow
by a factor of two. The subtlety lies in formalising this statement and finding the correct lengths of the epochs. They need
to be long enough so that most components have a chance to merge into bigger ones and at the same time to be short
enough so that not too many splits occur. It turns out that the proper choice is

Tiy1 — T =m; :=[a;], a;:= iS_lm 0g2<m>. (55)
(o)) 2! 2!
Now the form of At in (53) is rather natural.

In proofs below we will use N as shorthand for |V| and log for log,. All unspecified constants are assumed to be
independent of § and . We implicitly assume that the condition #; < & is met. We can also assume that P({|C;, 2H| >
8|V]) > 0. For notational simplicity fix an arbitrary A € JF;, such that P(A N {|Ct0(2j)| > 4|V|}) > 0 and set P(-) =
P(-|AN{|Cy, (27)| = 8|V1}). We denote by E(-) the corresponding expectation. The inequality (54) is then equivalent to

E[C/y(27) \ C,, (e8N)| < ca8™ " e[log(e8)|N + cas 7' NP(x < 11)

for all admissible sets A.

The idea behind the proof of Lemma 5.1 consists of showing that for any epoch i € {j,..., K — 1} the number of
vertices in Cr, 2\ Cr., (21+1) must be small.

The first reason for a vertex to fall in this set is splitting. Namely, by S; we denote the set of vertices v € V which
at some time ¢ € {T;, ..., T;+1 — 1} belong to a component which in transition to time ¢ + 1 is split and v ends up in a
component of size smaller than 2!, In Lemma 5.2 we show that S; is small.

The second reason is failure of the components to merge. We define M; = Cr, 2hH \ (C1iyy (it U §;), the set con-
taining vertices whose components did not split, but failed to merge into a bigger one. In Lemma 5.3 we analyze M; in
more detail and prove that it is small as well.

We also denote

k k
Sk :=US',', M;, ::UMi'
i=j i=j

The following inclusion reveals the rationale behind the above definitions:
Cr, (27)\ Cri, (K1) € Sk U M. (56)
We first deal with splits
Lemma 5.2. Under assumptions of Lemma 5.1 there exists ¢ > 0 such that
E(1Sk-111{r>15)) < ce|logy(e8)|N. (57)
Proof. Fixi e {j,..., K — 1} and let

Dy = {a split occured in transition from time ¢ to ¢ + 1 creating a component of size smaller than 2i+1 }
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Whenever a split creates one or possibly two components of size smaller than 2i*1 at most 2 - 2/ vertices are added to
the set S;. Thus

Tip1—1

1Silesry <2270 D" Ap, Lpeaty)
1=T;

Applying assumption (i) of Lemma 5.1 we obtain 1(;-7,}P(D;) < C2i+l/N, for some C > 0. As {t > T} C {t > T;},
we have

K—-1
E(ISk111(r>74)) <8C Y m;2%/N.
i=j

The rest of the proof follows by calculations employing the form of m;.

K—-1 K—-1 K-1 K—1
1 2i 2 2i 8 -1 i N 8 -1 i N
i=j i=j i=j i=0
8

=—31((2% —1)logN —2 + 2K+ 2K )
2

8
< —87"((log N — K)2K +2K+1),
2

Recalling K = [log,(¢§N)], we check easily that 2K+l < 4¢8N and (log N — K)2K < 2|log(e8)|e8N, therefore (57)
follows. O

Analysing M; is somewhat tricky. We introduce an additional index
o :=min{i € {j,..., K —1}: |C,(2")| <8N/2 forsomet € {T; +1,..., Ti11}}, (58)
with the convention ¢ = 400 when the set is empty. Now we can state

Lemma 5.3. Under assumptions of Lemma 5.1 we have

E(IM(-ak—1|Lz=Tx)) < 288N. (39

Proof. Consider an epochi € {j,..., K — 1} and let v be any vertex. Recalling the definition of Mi, ifve Mi, then at
time 7; the vertex v is in a component of size at least 2! at time T;+1 the component of v is smaller than 2i+1 and v ¢ S,
so there is no splitting between these two times which would put v in a component smaller than 2!+!. Therefore, we have
veC(2H\C QY forall t € (T}, ..., T4 — 1}. For any step ¢ of the epoch consider the event .4, that the component
of v merges with another component of size at least 2/. Notice that {v € M;} C (), Af, where the intersection is over 7 €
{T;,..., Ti+1 — 1}. Indeed, had any .4; happened the component of v would have been of size at least 2i+1 and, as v ¢ S’,-,
it would have survived until the end of the epoch. Denote also the event & := {|C,(2)| > §N/2} N {v € C,(2)\ C, (21T 1)}.
By assumption (ii) of Lemma 5.1 we have

1/2-2 i

£ lo)
v Llelwen Z el

SN2 —2iF]
P Fr) > 2
(Al F) =2 =4 N

— el 2 02’

Using the facts above we conclude
P(lve Mj}N{o >i}N{t = T;11}) < E(]lm,e“-i,mji+171)(A;.ﬁ€t)ﬂ{f>l})

= E(ﬂm’dTi »»-»Ti+1*2}(A?m5’)m{t>’}187i+1*1 1{r>Ti+171}P(A%+1*1 |]:Ti+1*1))

¢y 218 cp 2V8\™
=\ 7w7 ) BNy gy Ainéonen) = S\ =2 )
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The choice of m; in (55) is such that
P(fve Mi}n{o >i}N{r > Ti11}|Fr) <2'/N.

The rest of the proof follows by the estimate

K—1
_ 2K
E(IMe-i)ak-D|Liz=1x)) < E(IMi|1o>iylir=7,,)) < NW <2eéN.
i=j

We are now ready for

Proof of Lemma 5.1. By (56) on the event {o < +oo} we have Cr; 29\ Cr, (2°) C So—1 U Ms_1. Consider now
t €{Ts +1,...,To41} such that |C,(27)] < 8N /2 and any v € Cy, (27) \ C;(27). Recall that we work on the event
{|C,0(2j)| > 6N} Ifv ¢ Cr, (29) then v € Sy—1 U Ms_1, otherwise v € Cr, (27) \ C;(2°) and so v € Sy C Sk—_1. Thus
Cr;(2))\ C;(27) C M(g—1yak—1) U Sk 1. Since |Cr;(27)| = 8N, we conclude that {o < +00} C {|M(s—1)ak—1) U
Sg—1l =8N /2}.

Now let A :=E|C;, 2)) \ C,(e6N)|. Using (56) we have A <E|Mg_1 U Sg_1|. Furthermore,

A <E(IMg_1USg_1l1l{c=+o0}) + NP(c < +00)
<E[Mu-nak—-1)USk—1l + NP(IMG—iyak—1) U Sk—1] = 3N /2)
= (L+2/9)EMe-1ak-1) Y Sk-1l
<(1+2/8)(EIMG—1yak—1)| +E|Sk-11),
where in the second line we used Markov’s inequality. Furthermore, we write
EIMo-iyak-1| +EISk—1l SE(IMe—ak -1 |Lir>141) + (EISk—11L{r>74)) + 2NP(T < Tk)
Now applying Lemma 5.2 and Lemma 5.3 we get (recalling that Tx = #1)
A < (1+2/8)(2e8N + cellog(e8)|N) + (2+4/8)NP(t <11).
As § < 1 and ¢ < 1/8, one readily checks that the right hand side is bounded from above by
/87 e|log(e8)|N + /s 7' NP(x < 11)
for some ¢’ > 0, which concludes the proof. |

5.2. Mesoscopic cycles

In this section we will work in the setting of general transposition process, introduced in Section 4, for X sampled from
ug,c- All quantities like C;(-) are implicitly related to this process. We focus on the supercritical phase 8 > © /2. Our
aim, formalized in Proposition 5.4, is to show that a substantial fraction of vertices belongs to mesoscopic cycles (of
size at least nlog”n). This result will be used in the next section as an input to Lemma 5.1 to prove the existence of
macroscopic cycles. The crucial ingredient that we use are the isoperimetric properties of the cycles stated in Proposition
4.2.

Proposition 5.4. Let f > © /2. There exist § > 0 and sets K, C {Tn'1/%7, [n'1/07 4+ 1, ...} such that lim,_, . P(|X| €
K,)=1and

lim inf min IP’(|C,(n log2 n)| > 8n?||1X| = k) =1.
}

n—>00 keK, refk—[nll/67],... k

The proof of the proposition hinges on a coupling between the generalized transposition process and a random graph
process. Let s € {0, ..., | X|} and consider a process G* = {G} }.¢(0,...,x|—s} Of random graphs on the vertex set V defined
as follows. Initially, Gy, is a graph whose connected components are the cycles of oy. There might be many graphs
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satisfying this property and for our purposes it will not matter which one is chosen. Next, for any u € {1, ..., |X| — s} the
edge e corresponding to transposition es, (i.e., 054y = €54y © O544—1) is added to the edge set of G?.

Recall that C; (€) is the set of vertices which belong to cycles of length at least ¢ in o;. Correspondingly, let G , (€)
be the set of vertices of G}, which belong to connected components of size at least £. Importantly, any cycle of oy, is
contained in a connected component G . Hence, it follows that Cs, (€) C Gs () for any s, u, £ € N.

There are two key ingredients in the proof Proposition 5.4. First, G° is monotonic and thus can be studied using
standard random graph techniques. In particular Lemma 5.6 below shows that macroscopic clusters emerge quickly in
G*. Second, on sufficiently short time intervals the difference G, (£)\Csy (€) is small, which is formalized in Lemma
5.5.

Consider an interval I C {0, ..., |X|}, k € N and let ¢; > 0 be the constant from Proposition 4.2. Let

i () := Hsupmam(orbf(v)) <c logzn}

rel V€V

denote the event that fragments of permutation orbits for ¢ € I have good isoperimetric properties. Our first lemma
quantifies the quality of the coupling between C,,, and G3,.

Lemma 5.5. Let s € N and let A be an |X|-measurable N-valued random variable. Suppose that k, £ € N satisfy k < £.
Then for some C > 0 on the event s + A < |X| we have

,,,,,

Proof. The proof is an adaptation of [25, Lemma 4.2] to the discrete time setting and the case ® # 1. Let I be the set of
u € [0, A — 1] such that o experiences a fragmentation at time s 4+ # which splits a cycle and at least one of the resulting
cycles has length less than £.

From Lemma 4.1 and point (i) of Lemma 4.5 we obtain that at any time u the (conditional) probability of a fragmen-
tation in which one piece is smaller than £ is at most

402¢ )
n cylog”n + Lz, (qupyey-

Hence we see that

40%A 5 , c
E[I1111X]] < cilog™n + AP(Zi ({s, ..., s + A} 11X]). (60)

Letu € [1, A] and consider any cycle y of o5, such that y C G ,,(£)\Cs+, (£), that is, y is contained in a component
of G} of size at least £ and |y | < £. Then it follows that there must have been a vertex v € y such that the cycle containing
v must have fragmented at some time in {s, ..., s + u} producing a cycle of size smaller than £.

Forte{s,...,s +u}, let yt(v) be the cycle of o; containing v. Let ¢’ € {s,...,s + u — 1} be the maximal time such
that the size of yl(,v) jumps downwards, that is, the cycle containing v experiences a fragmentation. Then at this time ¢/,
o experiences a fragmentation which splits a cycle into two and at least one of the resulting cycles has length less than £.
Note that the cycle thus obtained is a part of y. It follows that ¢’ € I and consequently |G , (£)\Cs+,(£)| < 2£|I|. Taking
suprema and using (60) we obtain the desired result. (]

The second lemma quantifies how quickly big clusters emerge in the random graph process G;,.

Lemma 5.6. For any § € (0, 1/8) there exists a sequence {a,}n,en such that the following holds: a, /' 1 and for any
s,u, £, h € N satisfying 10g2n <t<n?andu> (nz/ﬁ) logn, s +u <h and P(|G; 0(£)| > sn2, |X|=h) > 0, we have

P(|Gs.u(8n7/8)| = 81 /81|Gs.0(0)| = 8n*,|X| = h) = ay.
As the proof is an adaptation of [25, Lemma 4.3] and is of graph-theoretical nature, it is moved to Appendix C.

In the two subsequent lemmas we show that in the supercritical phase the random graph process has macroscopic
clusters for times close to | X|.



314 R. Adamczak, M. Kotowski and P. Mitos

Lemma 5.7. Let B > ® /2. There exists § > 0 such that

im P(1X| = 2[n*/logn] and |G x| -2 j1ogu1 (5n7)] = 6n%) = 1.

Proof. Let I = [0, a), for a < 1, be an interval such that 8’ = ,B|I|®_1 > 1/2. We also set J :=[0, 1) \ I. Recall the
notation used in Lemma B.1. By the monotonicity of the graph process it is enough to show that for some ¢ > 0

lim P(|Go,xy, 1 (cn®)| = en?) =1, im P Xk > 2[n?/logn]) = 1. (61)

n——+00

For X € X we set X := {e :Fiep0,1) (e, 1) € X}. We intend to compare )A(Exl and XEXJ with the Bernoulli percolation on
E. To this end we use the Holley theorem [16, Theorem 4.6] with £ =1 and S = {0, 1}, where 1 indicates that e is an
open edge (i.e., belongs to a given set). For any e € E by the first part of Lemma B.1 we get

P(e € ff{e}xllff(E\{e})xl) =E(P(IX(ejx1] = 1|X(Ex[0,1))\({e}><1))|)2(E\{e})x1)

plre~! g !
>1l—e T =1—¢ n1> p

—o(1/n) =: p,.

n—1
This yields that X {e}x1 18 stochastically bounded from below by the Bernoulli percolation process with the probability of
opening py. As 8’ > 1/2, for n large enough this process is in the supercritical phase. As a consequence, to get the first
convergence in (61) we can apply known results on the emergence of the giant component in supercritical percolation
(see Theorem 1.1 in [31] and the discussion therein; we note that the results of [31] are formulated only for p, in the
critical window, but the proof techniques carry over to the strictly supercritical case, see e.g., discussion in Section 3 of
the cited paper).

~ plre~! o—
Similarly, X g s is bounded by a percolation process with the probability of opening > 1 —e™ =T > £ zl(J, 1‘91)1 . From

this bound and the fact that |E| = O (n3) we infer that | XExy| > |)A( ExJ| > 2|'n2 /logn] with probability converging
to 1. O

Lemma 5.8. Let 8 > ©/2. There exist § > 0, sets K,, C I, := {an/lognj, e, Ln210gnj} and a sequence {ay}n>1 such
that the following holds: lim,_, y o P(|X| € Ky) =1, a, /' 1 and

P(1G04— 12/ 10gn] (6n%)| = 8n*||X| = k) > aplikek,)- (62)

Proof. Denote A, :={1G) | x|—2[n2/10gn7 67)] = 8n?}, with 8 as in Lemma 5.7, and set L, := {k € N: P(A,||X| =k) <
cn}, for ¢, € (0, 1) to be fixed later. As P(A,) <P(|X| € L,)c, + P(1X]| ¢ L,), by a simple calculation we get

- P(An)

., P(1X| € Ly).

By Lemma 5.7 we have P(A,) — 1, so we can find ¢,, § such that ¢, / 1 and the left-hand side converges to 0.
Consequently, we have P(|X| € K,) — 1 for K, ;=N\ L,. We set K,, := K, N I,. Using Lemma B.2 we see that
P(X| ¢ I,) — 0 as n — oo. Thus we get lim,_, .o P(|X| € K,) =1 and P(|g0’k_2an/10gnJ (Sn)| = sn?||X| = k) >
cnlirek,) as desired. O

The proof of Proposition 5.4 follows by making comparisons of the random graph process and the generalized inter-
change process on appropriate time intervals, as made possible by Lemma 5.5. Below we make only two such compar-
isons. It is possible to iterate Lemma 5.5 more times on shorter and shorter time intervals, thus getting a tighter control
on the difference Gs , (£)\Cs+, (€). This method was used in [25] to prove the existence of cycles of size n?=¢ for any
& > 0. To the best of our knowledge this method alone cannot be pushed to obtain macroscopic cycles. Instead, in the next
section we use modified Schramm’s argument presented in Lemma 5.1, together with Proposition 5.4 as a prerequisite.

Proof of Proposition 5.4. Let §;, K., a! be 8, K,,, a, asserted by Lemma 5.8. We first apply Lemma 5.5 with k; =
c1 logzn/2, ¢y =n'3logn, sy =0and A; = h < n*logn, conditionally on |X| = h. Clearly, Tk, (I) = Q for any interval
I. Thus for h € K,} using Markov’s inequality we get for some C > 0

Cn'31 Zn21 4C
B[ max [Go(e)\Co(e0)| = in2/201xX| =] < SO OENIOER o, 3C 15103
te{0,...,h} (log® n/2)n(81n2/2) 31
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Combining this with Lemma 5.8 we get

lim inf IP’( min |Cl(€1)|281n2/2||X|=h)=1. (63)
n—>+00 pek}  \te{h—2[nl1/07,... h}

Using this result we will be able to repeat the argument above on a short time interval contained in the supercritical phase.
Crucially, on this interval we can use Lemma 4.4, which will let us obtain a much better estimate in Lemma 5.5.

Fix t € {h — [n'V/07, ..., R}, conditionally on | X| =k, and set Aj := (1107, Let s := 7 — As. Starting from (63)
we first apply Lemma 5.6 with £; = n'/3logn (note that Ay > ;—% logn), getting

lim inf P(|Gy,.a,(82n%)| = 821%||1X| =h) =1, (64)

n—>+00 pek )

for some 8> > 0. Fix €5 = ko = nlog®n. Let K,% = K,i N K,, where K,, is given by Lemma 4.4. Let h € K,f, using Lemma
5.5 we estimate

Ci(nlog®n)>n'l/6
sup E[‘gsz,Az(Zz)\Cr(Zz)’||X| =h] < 1 g .
hek? (nlog o

log? n +2(nlog? n)n“/6e_“’1°g2”

11/6

=Chn log4 n.

for some Cy, C2, ¢ > 0. Markov’s inequality implies

sup P[|Gs,,n, €2)\Cr (£2)| = n'/Clogl || X| = h] < C2/log? n.
hek}?

This combined with (64) yields the statement of the proposition. (]
5.3. Macroscopic cycles in the supercritical phase B > © /2. Proof of Theorem 1.1

Now we are ready to show our main result. Recall the general transposition process {o;} introduced in Section 4 and,
importantly, that o|x| = o (X), where o (X) defined in (1) is the main object of our study.

Proposition 5.9. Let 8 > © /2. There exist sets K, C N such that lim,_, .o P(|X| € K,) =1 and

lim liminf inf IF’(there exists a cycle of o (X) of length at least 8n2| | X|= k) =1.

e—>0 n—>0o0 kek,

Proof. Let § and K ,{ be respectively § and K, asserted by Proposition 5.4. This proposition shows that cycles of size
at least nlog”n are common. We will use this information to show the existence of macroscopic cycles. The key role
in this proof is played by Schramm’s argument, encapsulated in Lemma 5.1, and isoperimetric properties of cycles. The
latter imply that the split-merge process behaves similarly to the mean-field (the complete graph) case, which is stated
conveniently in Proposition 4.2. We denote sets K, from that proposition by K ,%

In the proof we work conditionally on |X| = k, where k € K,} NK 3 Fix ¢ € (0, 1/8) and consider the largest j € N
such that 2/ < nlog® n. Employing the notation from Lemma 5.1, we set 1o = k — At, where At is given by (53). With
this choice we have #; = k. Observe that for j as above we have At = o(n), in particular 7o > k — (n11/61. Let 7 be the
stopping time from Proposition 4.2. One easily checks that conditions (i) and (ii) of Lemma 5.1 are fulfilled by assertions
(iii) and (iv) of Proposition 4.2. Consequently we get

E(|Cio (27) \ Ce(e8n®) |1 Fig. 1X1 = k) Lyie, iy zan2) < €87 'e[log,(e8)[n* +c8™'n?P(t < k| Fy, |X| =),
for some ¢ > 0. Using Markov’s inequality we get

P(|Cip(27) \ Ci(e8n®)| = 8n% /21 Fiy 1X| = K)1yic, 2iyjzom2) < 26872 (¢ |logy (e8)| +P(z < k|Fy. |X| =K)).
Consequently,

P(|Ck(e8n?)| = 8n*/2]|X| = k)
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> B(P(|Ciy (27) \ Ci(e8n?)| < 6n% /21 Fiy. 1X1 = k) Lyie, iy 5m2) | X1 = &)
= E(Lyie, @iyzan) (1 =287 (e[logy (e8)] +P(z < k| Fy. IX] =))))
> P(|Cyy (27)| = 8n?(1X| = k) (1 — 2c8%e|log, (£8)|) — 28 *P(t < k||X| = k).

By Proposition 5.4, with our choice of j and fy the first probability on the right hand side approaches 1 as n — oo
uniformly over k € K ,]l NK ,% The second probability goes to 0 uniformly over k € K ,l NK 3 by (ii) of Proposition 4.2.
Noticing that lim,_, ;oo P(|X| € K;;) = | and taking the limit ¢ — 0 we obtain our result. U

Proof of Theorem 1.1. Let K,, be the sets claimed in Proposition 5.10. We write
]P’( there exists a cycle of o (X) of length at least 8n2)

> Z P( there exists a cycle of o (X) of length at least en?||X| = k)P(|X| = k)
kek,

= P(|X| € K,,) kienI;f P(there exists a cycle of o (X) of length at least en’?||X| = k).

Since P(|X| € K,,) — 1 as n — oo, by taking liminf over n — oo and then the limit ¢ — O using Proposition 5.10 we
obtain the statement of the theorem. ]

5.4. Microscopic cycles in the subcritical phase B < ©®~'/2. Proof of Theorem 1.2

We will now sketch a proof of the statement about the behavior of cycle lengths in subcritical phase. This is a much easier
task than in the supercritical phase. Our main result follows directly from the following

Proposition 5.10. Let B < ©~1/2. There exist C > 0 and sets K,, C N such that lim,,_, .o P(|1X| € K,,) = 1 and

lim 1an(|ck(c1ogn)y_0||X| k)=1.

n—>ookek,

Proof. Let C > 0 and recall that C,(C logn) C Go,((Clogn). For X € X we consider X :={e: (e, 1) € X}. Similarly as
in Lemma 5.8 we can prove that X is stochastically bounded from above by the Bernoulli percolation process with the

probability of opening an edge being nﬂT,l for some B’ < 1/2. Now the result follows by a rather standard argument using
coupling with branching processes or a random walk (see e.g., [15, Theorem 2.3.1]). (]

Appendix A: Concentration of point processes

The proofs of our auxiliary lemmas concerning counting processes will be all based on the following well known result
(see e.g., [23] or [13, Chapter I11.6]).

Theorem A.1. Let Y be a counting process with intensity A. Let A; = fot Asds be the compensator of Y. Then (on an
enlarged probability space) there exists a Poisson process N with intensity one such that almost surely for all t > 0,
X = Ny,.
Proof of Lemma 3.4. Let A € F; be any event of nonzero probability. The process EN’I Y54+ — Y, is a counting process
with intensity A, = Ay 4+ With respect to the filtration .7-} Fo++ and the conditional probability P= P(-|A).

Set A, = fo %sds and note that T — o is a stopping time with respect to the filtration F;. Let N be the Poisson process
of intensity one, given for Y by Theorem A.1. We have

B({(Y: — Yo =1} N{Ar — Ay < €)) =P({Yr—6 = 1) N {Ar—p < €}) < B(N > r).

If r > £, by using the form of the Laplace transform for the Poisson distribution we get

P(N¢ > r) < inf exp(£(e" — 1) —ur) < exp( —r log ) e
-7 T ux0 - el '
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Going back to the original probability measure, we conclude that for any A € Fy,
P({Y: — Yo >r}N{A; — Ap <3N A) <P(APX > 1),

and forr > ¢

P(X>r) < exp(—r log(%) — Z),
e

which implies the lemma. |

Proof of Lemma 3.5. Again, consider any A € F, with positive probability and the process Y, = Yo4+1 — Y5, which
isa countlng process with intensity A, = Ao+ With respect to the ﬁltratlon ]—', Foyr. Let P= P(-|A). We have A,
fo hsds = Ag4s — Ay In particular if N is the Poisson process given for Y by Theorem A.1, we get

P({Ye — Yo <=8} N{Ar — Ap = €}) =P({Yey <A =)} N{Ar—0 = £})
<P(Ne < e(1-9)).
Using the form of the Laplace transform of N, and Chebyshev’s inequality we obtain

P(Ny < £(1—98)) < inf exp((e™* — 1) +at(l - )

1 1
< inf exp a*t—ats) = exp —=8%t),
a>0 2 2

where in the second step we have used the elementary inequality e ™ — 1 +a < !

jaz valid for a > 0. Thus we get
1 2
P({Y: = Yo <€(1 =8} N{A; — Ag = €}|]A) <P(X < (1 —8)€) <exp —53 2),

for arbitrary A € F, of positive probability, which implies the lemma. O

Lemma A.2. Let Y be a counting process with bounded intensity . Consider two bounded stopping times o, T. Then for
any B > 1, with probability one

P({Hue[o,rﬂr]yﬂﬁd —Y, <u—1}N {VuE[O,‘[f(T])"Uﬁ»M = ,B}|]:r7) <1-gq,

for some q > 0 depending only on B.

Proof. Fixing A € F, with P(A) > 0 and using notation from the proof of Lemma 3.4, we have

@({HME[O,T—U]YO’-HA - Ya <u-—- 1} n {VME[O,‘[—O’])\'G’-‘,-M > ,B})
= P((Fucro.c-o1NK, <1 — 1} N {Yuclo.c—o1ha+u > B})

<P@us0Npu <u —1).

The law of large numbers and the Markov property for the Poisson process implies that for 8 > 1 the last probability
is bounded by 1 — g for some ¢ > 0 depending only on 8. Since A in the above argument is arbitrary, we obtain the
lemma. =

Lemma A.3. Let Y be a counting process with bounded intensity ). Consider two bounded stopping times o, T. Then for
any B > 1, s > 0, with probability one,

IED({Elue[s,r—a]ya+u —Ys <u+4asin {Vue[O,r—o])\a+u = ,3}|]: )

_ B-1 _ 1 14+a\2
wherea_T>0andc_§(1—T“) B.
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Proof. Denote the event in question by £ and fix A € F, with positive probability. Using the notation from the proof of
Lemma 3.4 and arguments from the proof of Lemma A.2 we get

~ N,
PE) < ]P)(HHZSN/SM <u+as) =< P<3uzﬁs7u <Il- /))s

where N is a Poisson process with intensity one and p = 1 — 132 € (0, 1). Let G, be the o-field generated by {N; : 1 > u}
and note that for any 0 < u <t we have E(N, /u|G;) = N;/t. Thus for any a € R the process (exp(aN,/u)),>0 is a
reversed submartingale. Using Doob’s maximal inequality for reversed submartingales we get

Pl 3, S& <(1—-p)p 1nf]P’ sup exp(—bN, /u) > exp(—b(1 — p)
P

u>ps

. Nﬂs . —b/(B
<infE — 1— = inf /Bs) _ 1 1—
b11>10 exp( b . + b( ,o)) ;20 exp(ﬁs (e ) + b( p))

= gngexp(sﬁ(e_b - 1) +bBs(1 — p)) < exp(—%p%&v).

As in previous lemmas, since A is arbitrary, this implies the assertion. ]

Appendix B: Estimates on the number of bridges

Here we collect useful estimates enabling us to compare the distribution of bridges for general 6 > 0 with the i.i.d. case,
ie,0=1.

In the first lemma we show that for & not necessarily equal to 1 the number of bridges using any subset of edges can
still be approximated by a Poisson distribution (with parameter depending on 6).

For any measurable A C E x [0, 1) and a configuration X € X we denote X4 :={x € X: x € A}.

Lemma B.1. Let A, := go” ! Ap 1= ﬂ— . Then for any measurable A C E x [0, 1) we have

P(1Xal = 11X xjo.10a) € [1 — e 1A, 1 — em141R], (B.1)
and

P(1Xal > KIXExjo.0a) < eIC20P(Y > k), (B2)
where Y has Poisson distribution with parameter A, |A|.

Proof. For X e Xand A C E x [0, 1) let UA:0 ={XeX:|X4]=0}and U;k ={X € X: | X 4| = k}. Furthermore, let V
be any event measurable with respect to X £xjo,1)\4 such that B(V) > 0. We have

- C(XAUXEx
PWENYV)  ppoeWzav)  Jxlyz(Xa)lygtFaXeonwBdx)
PWUFV)  wpacUz®NV) [ ﬂUAZO(XA)]lVeC(XEx[O,1)\A)B(dX)

By the Lipschitz property of C we have [C(X 4 U X gxj0,1\4) —C(X gx[0,1)\4)| < |X 4|. Furthermore, using independence
of X4 and X gx[0,1)\4 under B we get

Pzt vy _ Jelup X0 B@X)
PWURV) ~ [y Ly=o(Xa)B@EX)

o 14
_ 5o Gult 1Ay’ )

=k

where in the last equality we used the fact that under B the random variable | X 4| is Poisson with parameter 8|A|/(n — 1).
As IP’(UA V) + ]P’(U_0| V) =1, by elementary calculations we get

P(UZV) <1 — e AP,
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Thus we obtain the upper bound in (B.1). The lower bound can be proven analogously. Now from (B.1) and (B.3) we
infer (B.2). ([l

The second lemma gives tail bounds on the number of bridges in terms of tails of Poisson variables with parameters
depending on 6 and S.

Lemma B.2. Let X € X be distributed according to jugg c. For any k € N, t € [0,1) and s € (0, 1] such that t +5 < 1
we have

P(|X N (E x [t, 1 +51)| = k) < PO Py > k),
P(|X N (E x [t, 1 +51)| <k) < PO Py < k),

where Y is a Poisson variable with parameter s©pn>.
In particular for k, = o(n*) we have for sufficiently large n

P(|X N (E x [t, 1 +51)| <ky) < Ce™’
for some C, c > 0 depending on 8,0 and s.
Proof. Let X, ;1 =X N(E x [t,t + s]). Observe that by the Lipschitz condition (2) we have

GCX\Xri0) @~ IXerws| < gCX) < gCX\X 1 145) @ Xrts] (B.4)
To prove the first estimate we write

S Lo, 12006 FB@X)
P(1X145] 2 k) = 900
(| ti+s| = ) fxgc(x)B(dX)

By employing (B.4) we can bound the right hand side from above by

f% 1{|XM+Slzk}QC(X\Xz.tJrs)@\X[.t+x|B(dX) B fx ]1{|Xr,t+s|Zk}®|Xr"+‘Y|B(dX)
[y 0CX Ko XunlB@x) [y @ XunlBdX)

’

where in the equality we used the fact that the integrals factorize due to the independence property of the Poisson point
process B for disjoint time intervals.

To estimate the integrals, we observe that under 5 the variable | X, ;4| has Poisson distribution with parameter A =
spn?. Thus we can write

/ O~ Wurts BdX) = E@~Xurts| = HG=D),
X

and
. ,
ML)
/ L(1X, 11,120 © 1 B(dX) = Ze_k¥ =MOVPY = k). (B.5)
X T “ il
i=k
where Y is a Poisson variable with parameter @1 = s©8n>. Thus we obtain

P(1 X1 1451 2 k) = HEDHODRY 2 k) = PO Py 2 k).

The proof of the second estimate is analogous.
For the case of k, = 0(n?) we use Bennett’s inequality — if Y is a Poisson variable with parameter A, then for any
0 <x < A we have

x2 X
PX<A—x)< exp{—iw<—x>},
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where

(1+t)log(1+1) —t

Y() = 7

fortr > —1.
Writing &k, = &, A, with A = sﬂ®n2 and ¢, — 0 as n — oo, we have

P(Y < gyh) < ¢~ HEnlogentl—en)
and thus
IP’(|X n (E X 1.1 +s])| < kn) < el*&e—x(an logen+1—en) _ e*)»(é*é?yﬂrs,, logen)_
Since ¢, — ¢, loge,, — 0 as n — oo, the right hand side is at most Ce“‘”2 for some C, ¢ > 0. O
The following lemma will be useful in the proof of Lemma 3.6.

Lemma B.3. As in the previous lemma, let X; 4+, = X N (E x [t,t + h]). Forany k e Nand t € [0, 1) we have

/ (1%, ,al=k)| Xei+0|OF 1 BdX) = O (h¥),
X
where the implicit constant may depend on ®, 8, n and k.

Proof. As under B the variable | X, ;| has Poisson distribution with parameter ~8n>, we have for small enough & > 0

0 2yi o 2yi
152, (OhBn°) g2 (®Bn~)

f L1, a2k Ko O B X) = e z—f, <hteMPry —(iﬁ oy = 00) .
X i=k : i=k ©

Appendix C: Proof of Lemma 3.6

Proof of Lemma 3.6. Recall from the introduction the definition of the canonical probability space (X, S, B). Fix A € F;
and define for t > s

f(t)=EJ14.

Note that by Lebesgue’s dominated convergence theorem and the fact that with probability one there are no jumps at a
prescribed deterministic moment in time, f is a continuous function.

In what follows we will denote ¢ =¢ mod 1. Consider any ¢, # such that r; <, < [#1]. Note that f(z) — f (1) is
bounded from above by the mean number of bridges in E x (1, #;]. Using (2) and independence properties of the Poisson
process we thus get

1
Zgo.C

|f(t) — fa)| < /x X N (E x (1], 1) [0€PB@EX)

=<
Zgo.c

— #/ @C(@)HXQ(EX(l{,lélc)lg(dx)/ |X N(E x (t{,té])@‘xm(EX(I{’té])‘B(dX)
Zgoc Jx x

/ X 0 (E x (1], £5]) | @ XNEX LDl gC@+HXNEX 61 Bg x)
X

< K/ X N(E x (1], 5]) [@XNEX 16D Bg x)
X

O— 214 —
=K®,3n2|t2—t1|e(0 DBn|r t1|’
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where K is some constant (depending on #n and the parameters of the process but not on #;). Thus f is locally Lipschitz
which implies that f’ exists almost everywhere and f satisfies the fundamental theorem of calculus.

Consider any differentiability point > s of f and small 4 > 0, in particular small enough so that ¢’ + /& < 1. As with
probability one there is no jump at time 7, by using Lemma B.3 and exploiting the properties of the process Q (specifically
the fact that it may jump only when X" jumps and that it is cadlag) we can write for z \ 0

fa+h) — f@O) =E(Jiqn — J)1a =ELalyy,,—s=1y1xnEx ' +h]|=1} + 0(h)

= > P(AN{X =v}N ByunN{we Q) +oh),

v,weV
where

Bywh= {there is a unique bridge in E x (¢', ¢ + h], it is unexplored at time ¢ and joins v with w}.
Consider an additional event

Cy,w,n = {{v,w} x [, " + h] has not been visited by X before time t}.

Note that By ., N {A; =v}NCE = &. Moreover By, 5, N{&; = v} C {w € A;} (recall that A; is the set of vertices

v,w,h —

which at time ¢ are available to the CRW by a fresh jump). Thus, we have

Eiin —J0la= Y Elx—vwean0)1anB, ,unCous + 0(h)

v,weV

=Zg4c D /1{2@:1),weA,th}ﬂAmBu,w,hncv,w.hQC(X)B(dX)+0(h)-
” x

v,weV

Denote a summand above by I, ,, 5. Since for a while we will be working with fixed v, w denote for simplicity e = {v, w}.
Note that for any U € F;, the event C, ,, , N U is measurable with respect to the restricted process X, := X \ ({e} x
@', t' +h)).
Denote also

Dv,w,h = {X n ((E \ {6}) X (t/,t/ +h]) = @}.

Recall that conditionally on having just one point of a Poisson process in an interval, its position is distributed uni-
formly. Combining this with the independence properties of Poisson processes we get

t'+h ,
IU,U),h Z/ II‘{XrZUxweAerr}leﬂDv,w‘thv,w,hKe—Kh/ QC(XhU{(e’u)}) du B(dX)v
X t/

where k = nﬁ%l Note that on Dy, N {X N (E x {t'}) = @}, the function [¢', t' + h] 3 u — C((X), U{(e, u)}) is constant,

so using the fact that almost surely there are no bridges at height ¢’ we can further write
Lywn= /x L, =v,we N0 LAND, 4 41NCyw e <M pgCH @D B X).

By Lemma B.3 we also have
/x 1pe  OCKCODB@Ex) < /x ipe, , OCPTHHB@xX) = 0,

so we get

Lywi = / 1, —v.wea,nolanc, , e o€ XD B X) + o(h).
x

Similarly, up to an error of order o(h) we can restrict the integration to the set {X; = X}, replace o€ X Vite.H) by
6CXUleD) and then again return to integration over the whole space X, obtaining

Lywi = / 1(x, 0. wea,no1anc, ke M hoCXNCOMB@EX) + o(h).
x
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Note also that on the event {w € A;} N {X; = v} neither (v,t’) nor (w,t’) could have been visited by X before
time ¢. Since with probability one there are only finitely many bridges, this implies that up to a set of probability zero
{fwe A} N{X =v}NCyuwn /{w € A} N{A; = v} as h (0. Thus we get

Iv,w,h
h—0+ h

p /f 1o ey o 1ABCE N BAX),
which implies that

(1) =Elx Z YY =Elak Z E(Y"|F),
weA,NQ; weANQ;

where ¥ = 1y, u)e ) #CHIX 01D —CO0

Now for fixed w we have that ¥, : [0, oo) x X — R is measurable with respect to Bor([0, 00)) ® S, so by Corollary 2
in [26] we obtain that there is a choice of E(Y;”|F;) which as a stochastic process is J;-progressively measurable. Set S; =
K ZweAtht E(Y*|F;) and define the progressively measurable process A; = (k|A; N Q107 Vv (S, A (k|A; N Q;]©)).
Note that by the Lipschitz condition (2) on C, for every ¢ we have S; = A, almost surely.

Thus, by Fubini’s theorem, we have for 7 > s,

t t t s
E(Jt—Js)ﬂAzf f’(u)du:/ E]lASudqu]lA/ Audu—]EnA/ Audu,
s s 0 0

which proves that J; — fot Audu is indeed a martingale with respect to (F;);>0. O

Appendix D: Proof of Lemma 5.6

Proof of Lemma 5.6. By Lemma 4.1 p, ., the conditional probability of an edge e being added to the graph process
in the transition from u to u 4 1 belongs to [@’2/|E|, @2/|E|]. Let {Uy.c}ueN,eck be i.i.d. random variables uniformly
distributed on [0, 1] which are also independent of G*. We define a coupled random graph process G*. First, we set
68 := Gy, then in the transition from u to u + 1 an edge e is added to the edge set of Gf, if and only if it is added to G}
and U, , < (®?|E]| Pu.e)”!. Note that in the new process at each step there is probability 1 — ©®72 of no new edge being
added, and if a new edge is added, each one is chosen with probability 1/|E|, independently of the previous steps.

Clearly, for any s, u, £ we have gs u(€) C G, (£). As the process G* is monotonic it is enough to prove the statement
for the process G* and u = (n2/~/€) logn.

The proof is an implementation of the classical sprinkling argument, introduced in [1]. We will work conditionally
on ég To shorten the notation we denote Q(-) = IP(-|G‘6, |Gs.0(£)| > 8n?,|X| = h). Also, for any two sets A, B C V by
E(A, B) we will denote the number of edges {v, w} € E such that v € A, w € B.

The event {|Q~M (6n?/8)| < 8n?/8} (i.e., there is no component of size at least sn?/8in (N};) implies that Q~S,0(€) can be
partitioned into two sets A and B such that each of them has size at least 8n> /4, each of them is a union of some connected
components of G¢, and there are no paths joining A and B in G‘;. We will show that such a partition is unlikely to exist
in Gs,0(0).

Fix two sets A and B which partition g},o(e) as above, each of size at least 8n2 /4, and let C 4,8(G) be the event that
no path in a graph G C H,, has one endpoint in A and the other endpoint in B. We write simply C4_ p for Cy4, B(Gi). Let

Dyp:={veV:E({v},A) >8%n/64 and E({v}, B) > 8’n/64)

be the set of vertices that in the Hamming graph H, have at least §21/64 neighbors both in A and in B. Let Dy := {v €
Dpsp:veAUB}and Dy:=Dy g\ Dy.

First we bound the size of D4 p. Note that there are at least 82t /16 paths of length 2 in H, between A and B, since
in H, all vertices are connected by a path of length at most 2 and we assumed |A|, |B| > $n?/4. On the other hand, for
every v ¢ Dy p, there are at most 82n/64-2(n — 1) < 8?n?/32 paths of length 2 between A and B with v as the midpoint.
Every v € D4 p can be a midpoint in at most 4n” paths of length 2 between A and B.
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Hence the total number of paths of length 2 between A and B is bounded from above by (8212 /32)| D gl+ 4n%|Dy Bl
Combining this with the lower bound we get that
8%n? 82n*
32

(n —|Da, B|) +4n? [Da.gl > 16
and thus there exists a constant p > 0 (depending only on §) such that | D4 g| > pn?.

Throughout the rest of the proof it will be convenient to work with a random graph which has edges chosen indepen-
dently. Since in the graph process G* at each step with probability @2 a uniformly random edge is added, the graph G?
is obtained by adding k uniformly random edges (with multiple edges allowed) to G, where k has binomial distribution
corresponding to u trials with success probability ® 2. Now let Gy, be a random graph obtained by adding each edge
eck td G(s) independently with probability p = "ch—;

Let Q(P) denote the probability that the graph G, satisfies property P. By using the second moment method one can
see that with high probability after removing multiple edges from és we will still have (for n large enough) at least “5— "@
edges in the graph, distributed umformly Indeed as u is small compared to | E|, the expected number of edges chosen

at least once in G5 is at least, say, —uO . As the edges present in GS are negatively correlated, the variance can be

bounded from above by u®~2, which implies that with high probability we have at least % distinct edges. Therefore
by the equivalence of G(n, p) and G(n, M) random graph models with respect to monotone properties (see e.g., [21,
Section 1.4]) Q(P) — 0 as n — oo will imply Q(P) — 0 for any decreasing graph property P.

From now on we will work with the graph GY «. Let gv « (k) denote the set of vertices of GY « contained in connected
components of size at least k. Let

Er={{v,w}€E:ve Dy, {v,w}e E(A, B)}

and let C(E1) denote the event that none of the edges from E; are in C_;S, «. Let C(Dy) denote the event that none of the
vertices in D; have neighbors both in A and in B in G ;. Clearly we have

Q(Ca,5(Gsw)) <Q(C(E) NC(D2)) = Q(C(EN)Q(C(D2)). (D.1)
We first estimate @(C (E1)). Because of independence of the edges in C_}W we have
Q(C(ED) =1 = p)'Hl.

Since |E({v}, B)| = 8%n/64 for each v € D; N A and likewise |E ({v}, A)| > 8°n/64 for each v € D; N B, we easily get
|E1| = 51D118%n/64, s0

rIDy |62n

Q(C(ED) < (1 — p)P119*n/128 < = 5

For the upper bound on Q(C(D5)), we note that by independence of the edges in G,

Q(C(D2)) = l_[ (1 — Q(v has neighbors both in A and B))

veDy
= (1 —Q(vhasa neighbor in A)Q(v has a neighbor in B))|D2|.

Since |E({v}, A)| > 8>n/64 for v € D>, we have

szn

Q(v has a neighbor in A) > 1 — (1 — p)>"/6* > 1 — ¢~ 6",

An analogous estimate holds for B, which gives

pé' n

QD) < (1— (1 — e )2) P21,

Recall that p = #\EI and |E| = n%(n — 1). Since |Da.B| > pn?, we have |D| > 2n or | D3| > £n?. In the first case
we get

_ L2 w?,

Q(C(E])) <e 128 502\ 2 Se—cu
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for some ¢ > 0 depending on & and ©. In the second case we have (exploiting u < n?)

2 ru?

2 u
BCwn) = (1~ (1— & TP < o

for some C, ¢’ > 0 depending on § and ©.
As u = (n%/+/€)logn and logn < +/€, we have u?/n* = (n?/€)log? n < u. Coming back to (D.1), we obtain for some
C,c>0

0 ~ ‘)12
Q(Ca.n (Gs,u)) <Ce ¢T log”n_

Let C(G) denote the event that C4 p(G) holds for some partition A, B of the set G, o(£). Notice that there are at most
27*/¢ such partitions, so by performing a union bound we obtain

.n”

_ _ 2 2
Q(C(Gyu)) <27 - CecT I,

Recalling that {|§’;S,u (6n2/8)| < 8n2/8} C C(Gm), we have that there exist constants Cy, ¢c; > 0 (depending only on §, ®
and u) such that

n*log’n
7 .

2
@(|_C’;S,u (8n2/8)| < 8n2/8) <C exp{% log2 —c;

As £ < n? and n — oo, we have that the probability above converges to zero. Since the property of having a component
of size at least 8n%/8 is increasing, the same holds with Q(-) and Gy, replaced by Q(-) and Gj ,,. Thus we have

Q(|Gs.u(8n%/8)| < 8n?/8) =P(|Gs.u (807 /8)| < 8n*/8IG,

Gs0(O)] = 8n* |X|=h)<1—a,

for some a, / 1. By integrating this bound over all G(s) satisfying |G, 0(£)| > sn? we obtain the statement of the
lemma. O
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