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Abstract

Cyclic monotone independence is an algebraic notion of non-commutative indepen-
dence, introduced in the study of multi-matrix random matrix models with small rank.
Its algebraic form turns out to be surprisingly close to monotone independence, which
is why it was named cyclic monotone independence. This paper conceptualizes this
notion by showing that the same random matrix model is also a model for the mono-
tone independence with an appropriately chosen state. This observation provides a
unified nonrandom matrix model for both types of monotone independences.

Keywords: free probability; random matrices; matrix models; cyclic monotone independence;
monotone independence.

MSC2020 subject classifications: 60B20; 46L.54.

Submitted to ECP on March 24, 2022, final version accepted on August 18, 2024.

Supersedes arXiv:2202.11666.

1 Introduction

Monotone independence was introduced by Muraki [13], and Lu [12] in the context
of non-commutative probability theory. Later on, Muraki [13, 14, 15, 16], Hasebe [6, 7]
and Hasebe and Saigo [10] developed monotone probability theory, which is a non-
commutative probability theory with monotone independence, inspired by Voiculesu’s
free probability theory and Speicher’s universal products [20]. The construction of
non-commutative probability spaces which realize monotone independence was achieved
with the help of Fock spaces and universal products. This theory triggered substantial
interest because monotone independence connects different subjects. For example,
Accardi, Ghorbal, and Obata [1] realized monotone independence via the spectral
analysis of the comb graph. Schleissinger [18] found a relation between monotone
independence and SLE theory. The relation between Loewner chains and monotone
probability theory is developing rapidly [8, 5]. On the other hand, there was no matrix
model for cyclic monotone independence, and only random models in specific cases for
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monotone independence - see Theorem 7.1 in [11]. The goal of this paper is to provide
such a model.

Recently, motivated by the study of outliers in random matrix theory, Collins, Hasebe
and Sakuma found in [3] cyclic monotone independence. One cannot observe outliers
from the empirical eigenvalue distributions of random matrices, but can from their
operator norm. To overcome this problem from the point of view of eigenvalue distribu-
tions, they proposed considering non-commutative probability spaces with a weight. The
weight corresponds to the non-normalized trace. Computations of moments evidenced
the notion of cyclic monotone independence - a rule to compute joint moments that is
quite similar to monotone independence, with the additional property that it conserves
traciality. This similarity was left as a curiosity to explore. However, it raised the natural
question of the relation between both notions and the existence of a unified model for
both independences.

This paper is organized as follows. In Section 2, we recall the notions of monotone and
cyclic monotone independences, and then state and prove a theoretical result about the
structure of the free product algebra quotiented by the monotone (resp. cyclic monotone)
free product state (Theorem 2.7). In Section 3, we apply the result and provide a unified
matrix model for monotone (resp. cyclic monotone) variables. After that, we discuss
random matrix models for monotone and cyclic monotone independences.

2 Notation and abstract result

Let us first review basic notations for monotone and cyclic monotone independences.
For details, see [3]. A non-commutative measure space is a pair (A4,w), where A is a
(unital or non-unital) x-algebra over C endowed with a weight w, i.e.

* w is defined on a (possibly non-unital) x-subalgebra D(w) of A and w : D(w) — C is
linear,

* w is positive, i.e. w(a*a) > 0 for every a € D(w),

* w is respects the involution, i.e. w(a*) = w(a) for all a € D(w).

Additionally, if w is tracial, i.e. w(ab) = w(ba) for all a,b € D(w), we call w a tracial weight.
If Ais unital, D(w) = A and w(14) = 1 then we call (A4, w) a non-commutative probability
space and w is called a state. Moreover if (A, w) is non-commutative measure space and
in addition (A, 7) is a non-commutative probability space, we call the triple (4,w,7) a
non-commutative probability space with a weight w and a state 7.

Let (A,w) be a non-commutative measure space and let ay,...,a; € D(w). The
non-commutative distribution of (ay,...,ax) is the family of (mixed) moments

{wafl .. a;7") i p > 1,1 <y yip < k(61,00 8p) € {1, #}P).

Given non-commutative measure spaces (A,w), (B, ) and elements aq, ..., a; € D(w),
by,...,bx € D(€), we say that (aq,...,a;) has the same distribution as (by,...,by) if
wlag ---a;”) = (b5 - b;7) (2.1)

for any choice of p € N, 1 <'iy,...,ip, < kand (e1,...,e,) € {1, %},

Let (C,w, 7) be a non-commutative probability space with a weight w (or @). Let A, B
be x-subalgebras of C such that 1¢ € B. Let Idealg(.A) be the ideal generated by A over
B. More precisely,

Idealp(A) := span{bpai by - - - apby : m € Nyay,...,a, € A bg,..., b, € B},

which is a *-subalgebra of C containing .A. Note Ideal;s(.A) is not necessarily an ideal in C
but in A x B.
We start with the definition of monotone independence.

ECP 29 (2024), paper 58. https://www.imstat.org/ecp
Page 2/14


https://doi.org/10.1214/24-ECP622
https://imstat.org/journals-and-publications/electronic-communications-in-probability/

Matrix models for cyclic monotone and monotone independences

Definition 2.1. Let (C,®, 7) non-commutative probability space with a weight & and A,
B C C be x-subalgebras.

(1) We say that the pair (A, B) is monotonically independent or simply monotone with
respect to (w, 7) if

e Ideals(A) C D(@);
e foranyn € N,a,...,a, € A and any by, ...,b, € B, we have that

(Z)(boalblang e anbn) = &)(alag e an>T(b0)T(b1)T(b2) cee T(bn),

(2) Givenay,...,a, € D(®) and by, ...,b, € C, the pair ({as,...,ar},{b1,...,be}) is mono-
tone if (alg{a, ..., ar},alg{lc,b1,...,b¢}) is monotone. Note that we do not assume
that alg{ay,...,ar} contains the unit of C.

Remark 2.2. Note that for the monotone case w is not tracial. In fact, monotone product
of tracial states is not tracial in general.

Next, we recall the definition of cyclic monotone independence.

Definition 2.3. Let (C,w, 7) be a non-commutative probability space with a tracial weight
w and A, B C C be x-subalgebras.

(1) We say that the pair (A, B) is cyclic monotonically independent or simply cyclic
monotone with respect to (w, ) if

¢ Ideals(A) C D(w);
e foranyn € N,a,...,a, € A and any by, ...,b, € B, we have that

w(bgaibrasbs - - - apby) = w(arag - - ay,)7(by)7(b2) - - 7(brbo).

(2) Givenay,...,ar, € D(w) and by, ...,b, € C, the pair ({a1,...,ar}, {b1,...,bs}) is cyclic
monotone if (alg{ay,...,ar},alg{le,by,...,bs}) is cyclic monotone. As in the previous
definition, we do not assume that alg{ay,...,a;} contains the unit of C.

If (A, wo) be a (non-unital) measure space with a tracial weight wg and (5, 7) a non-
commutative probability space with a tracial state 7 then there is a natural way to
construct a non-commutative probability space with a tracial weight such that (A, B) is
cyclic monotone.

Definition 2.4. Let (A,wy) be a (non-unital) measure space with a tracial weight wy
and (B, T) a non-commutative probability space with a tracial state 7. We consider the
algebraic free product A x B and the unit 1z identified with Cl 4.5. More precisely if
B = Clz @ B is a direct sum decomposition then

AxB=Clas®BoA®(AB)d(BoA)®ARBA)...
Then the cyclic monotone product wy > 7 of w and 7 is defined by

D(wo & 7) := D(wo) ® (D(wo) ® B) @ (B & D(wy)) ® (D(wo) ® B® D(wp)). . -,
wo &> 7(boaiby ... anby) :=wo(ay...an)7(b1) ... 7(bp—1)7(bnbp).

It is positive and tracial, and then (A * B,wy > 7) is a non-commutative measure space
such that (D(wy), B) are cyclic monotone in (A x B,w > 7,7), where 7 is the free product
of the zero map on A and tracial state 7 on 5. So T is a tracial state on A x B.

Remark 2.5. 1. The construction of A * BB is similar to the free product construction

of non-commutative probability spaces (see [17]), though here one needs to take
into account that A is not unital and wy may not be defined on all of A.
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2. There is analogous construction for monotone independence. It is denoted by ©
instead of I, see Definition 2.3 on page 341 in [16] for details. The details of the
cyclic monotone case can be found in page 1122 in [3].

Let us motivate our main result of the section by the following calculation.

Let (A,wo) be a (non-unital) measure space with a tracial weight wy, (B, 7) a non-
commutative probability space with a tracial state 7 and consider the monotone and
cyclic monotone product constructions of in Definition 2.4 and Remark 2.5, where we
take B := ker 7. Thus we have the decomposition

B=Clga®B=Clgaker(r).

i.e. for any given b € B there exists b € B such that b = E—FT(b)l 5. Following Definition 2.4
we define

wi=wy>7:D(w) > C, &:=wo>7:DW)— C,

i.e., the cyclic monotone product and the monotone product of wy and 7. Note that D(w)
does not have any elements in B. Then any element of D(w) can be written as

b0a1b1 N anbn € D(w),

where n > 1, a; € D(wp) and b; € B with the exception of by, b, which may be equal
to 1 if the word begins resp. ends with an element of D(w). Let us explore how this
decomposition interacts with the tracial weight w and the weight @, and compute some
easy examples. Let 0 # a = a* € D(wp) and 0 # b = b* € B, then we have

w(ab) = w(ba) = wlar(b)1 + ab) = 7(b)w(a).
For words of length 3 we have

w(aba) = w(a®)7(b) + w(a2)7'(l°)) = w(a®)7(b)
w(bab) = w(a)T(b?).

Moreover consider

w(abab) = w(a(b+ r(b)1)a(b+ r(b)1))

= (,uo(aQ)T(lo))2 +27(b)wo(a?)7(b) + 7(b)*wo(a?) = 7(b)?wo(a?).

Now if b € B, then all of these expressions vanish besides the word bab. This illustrates
that the only expressions that do not vanish are words that do not have an element
b € B enclosed by elements of D(wp). We collect the results of the computations in the
following table, where * denotes values which may differ from 0. On the other hand, we

Table 1: Values of monomials evaluated in w/w

m a1 | aiby | biay | biaiby | others monomials
w(m) | x* 0 0 * 0
w(m) | x* 0 0 0 0

can compute

w(baab) = w(abba) = w(a(b+ 7(b)1)(b+ 7(b)1)a)
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= wo(a®)7(B%) + 7(b)*wo(a”)

and if 7(b) = 0 i.e. b = b then w(abba) = wo(a?)7(b?) > 0. The latter is an example on how
such a non vanishing term may be produced by a product of monomials, here ab - ba.
There are only a few of these instances where a product of two monomials may not
vanish, we capture the whole picture in the following tables. The first column and row
consist of monomials my,my alternating in elements b; € é, a; € D(wg) whereas the 0
and * denote whether w(m; - m2) (respectively @w(m; - m2)) is zero or might be different
from 0 (again denoted by an ).

Table 2: Values of w of monomial products, i.e. w(mims)

mi\msa | a1 aiby | bray i)gali)g others
as * 0 0 0 0
as b3 0 0 * 0 0
bsas | O | = 0 0 0
b3 a2b4 0 0 0 * 0
others | 0 0 0 0 0

Table 3: Values of @ of monomial products, i.e. w(mims)

mi\me | a1 | a1by | biay | baaiby | others
as * 0 0 0 0
asbs 0 0 * 0 0
bzas 0 0 0 0 0
b3 a2b4 0 0 0 0 0
others | 0 0 0 0 0

This shows that only a certain part of D(w) is not in the kernel of w. The main theorem
of this section describes this observation. We introduce more notation and then state
the theorem. First, we define I and J through the following equations:

I :=D(wp) @& (D(wo) ® B) & (B@D(wp)) & (B@D(wp) ®B) @ (D(wp) ® B& D(wp)) & - -
J

J := (D(wy) ® B@ D(wo)) @ - --

Namely, J is the sum of all tensor products with at least three legs and at least two
D(wp)’s, so that, in particular:

I =D(wo) & (D(wo) ® B) @ (B®D(wy)) & (B D(wy) @ B) & J.

Then we have the following

Lemma 2.6. J is an ideal in I.

Proof. The fact that J is closed under linear operations is clear. The elements of J are
linear combinations of words in alternating elements of D(wp) and B of length bigger
than 2 and having at least two a’s. Thus let n > 1, = := bpaibias . ..anb, € J, where
bo, b, may be 13 in case the word begins or ends on an a. and similarly let m > 1 such
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that y := 50&151 ... dml;m € I where we allow 50, l~7n = 1g. We write b = bni)o, then we can
decompose b = 7(b)1 + b € 1 ® B and hence
Ty = b0a1b1a2 ...y (bngo) dlgl N dmgm
b
= T(b)boa1b1a2 . andli)l . (Nlm -+ b0a1b1a2 e anédll;l . Ezmgm
Both summands are alternating products of length bigger than 2 i.e. elements of J. Note

this is due to the fact that A is non-unital, i.e. does not contain any invertible elements
and A and B have no algebraic relations i.e. the products cannot be reduced. O

Let us introduce more notation: Let H be arbitrary vector space, we denote by
Endsn(H) the collection of finite rank endomorphisms on H. As a vector space, it is
canonically isomorphic to H* ® H. We are particularly interested in the case of H = B.
In this case, H* ® H becomes Endg, (B). Note we also have the embedding

BB — Endﬁn(6)7 b1 ® by — (I — blT(bQZ‘))
We define v, on Endg,(B) as the linear extension of
Y7 (h] @ hg) = hi(1)T(ha).

Intuitively, it is the upper left coefficient of the matrix of the endomorphism. The map ¢,
is defined on Endg, (B) and via the embedding of B ® B — Endg,(B) we can evaluate it
in elements of B ® B. Note that ¢, depends on the state 7; however, we will omit this
dependence in the notation and write . Finally we can state the theorem.

Theorem 2.7. The weights w and w vanish on the ideal J, and we have a canonical map
x:I—=1/J=B®B®D(w),
which satisfies the following two properties:
w=wy® Trox,
where Tr is given by Tr(b; ® by) = 7(b1b2) and
w=wyRYPox.

Proof. First note that D(w) = D(@) = I. We need to show that .J annihilates w and ©.
Take a monomial bga by ...a,b, = x € J, where n > 1, then as we have seen in the
discussion above an enclosed element b € B will annihilate w,

w(z) = w(bgaiby ...apnby) = w(ay ...an)7(bg) 7(b1) ... 7(by) =0,
o
thus J is an ideal contained in the kernel of w and we have
I/J = D(wo) & (D(wo) ® B) & (D(w) ® B) & (B® D(wo) @ B),
the isomorphisms in the theorem are given by the identification
D(wo) = 15 @ D(wo) ® 15, D(we) ® B~ 15 @ D(we) ® B, B® D(we) = B ® D(wy) @ 15.

Hence w factorized over I/J and by definition wy ® Tr(y) = w(y) for every element in
I/J~B®B®D(wp), i.e. it must be the unique map that satisfies wg ® Tr o x. A similar
calculation shows the result for @. O

Remark 2.8. This result is the abstract version of the matrix model in the next section.
Note that there we have a large but finite n model such that we actually have an isomor-
phism of B = B* which means that B ® B ® D(wp) from the main result is isomorphic
to Endg, (B) ® D(wp). And indeed the elements in section 3 will be endomorphisms in
M, (C) @ M2 (C).
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3 Matrix model

This section is an application of the result of the previous section: it exhibits a matrix
model for monotone independence and cyclic monotone independence. Basically, this is
a concrete version of the above abstract result.

3.1 Setup

Let us denote by M., (C) the inductive limit given by the non-unital embeddings
M,,(C) into M,,(C) forn < m

Fom: Mo (C€) = My (C), a»—><g 8) 3.1)

i.e. we are plugging a € M, (C) into the left upper corner and padding it by zeros.
Note that these embeddings are compatible with the non-normalized traces on Tr, on
M, (C), i.e. Try, © frm = Try. This induces the trace Tr on M, (C). Given any collection
of elements a1,...,a, € My (C), we may always choose n € IN big enough such that
a; € M,(C), i.e. in an upper corner of size n of M (C).

From now on let (C,w, 7) be a non-commutative probability space with a tracial weight
w and a tracial state 7, where A, BB are x-subalgebras of C and C = A x 3. We also assume
that A = M (C). Moreover we consider the following setup:

* ai,...,ap € A are self-adjoint;
e 7(a)=0foralla € A;
* bp=1;

* by,...,b; € B are self-adjoint, 7(b;) = 0 and 7(b7) = 1 for any i = 1,2,...q, and
biJ_bj, that iS, ’T(blb]) =0ifq 7é ]

Roughly speaking 7 measures elements in 3, which we consider as large elements and
7(a) is O for all a € A which we consider as small elements.

Remark 3.1. There is no loss in making these assumptions on b; because we can
simultaneously take their real and imaginary parts if they are not self-adjoint. As for
orthogonality, we can subsequently make a Gram-Schmidt orthogonalization to ensure
that this property is satisfied too.

We consider a linear combination of words in a4, ... ay, b1, ... b, with the property that
each word non-trivially involved in the linear combination has a non-zero valuation in at
least one of the a;’s. Such a linear combination can be written as

q p
P = P(al,...7ap,b0,...,bq): Z Z)‘il,iz,ﬁbhaﬁbiz_‘_”" (3.2)

i1,i2=0 j1=1

”

where P can be viewed as a non-commuting polynomial in p + ¢ variables and “---
stands for a sum of alternating monomials in a;, b; with at least two a’s.

In the following we model the polynomial, we denote by I,, € M, (C) the identity
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matrix. Then we consider the operator i)j,n € M,(C) ® M (C), j =0,1,...q, defined by

bon = I ® I =: I, ® By

=1, JL® - QI
—_—

=:Bj, q terms
bon=I,00L3J® QI
— —

=:B>, q terms

(3.3)

bq,n:In®I2®"'®[2®J,
N——— e —

=:By, q terms

1
where J = <(1) 0). The tensor model for P in M,,(C) ® Maq(C) is the matrix

]5 = P(al, . ,CLp, I;O,nv e Bq,n) = Z )‘il,i27j15i1,ﬂ . d)(ajl) . ZN)iZm,

91,12,71

where
L 0 a 0 ...0
By = and ¢(a) :=a®@FES7= {0 0 ...0| € M,(C) ® My (C)
00 0 0 0

and we assumed n € IN large enough to fit a; € Mn(@) as described earlier. Here for
simplicity, we do not write P(¢(a1),...,d(ap),bon,---,bgn) but P(a1,...,ap,b0.n;---bgn)-
We aim to prove that noncommutative distribution of (a1, ...,ap,bo,...,by) under the

tracial weight w is same as noncommutative distribution of (¢(a1), ..., ¢(ap), Bo,n, coybgn)-
To do it, we shall see that the moments of P equal with the moments of P’.

3.2 A tensor model for cyclic monotone independence

Now, we assume that the pair (A, B) is cyclic monotone with respect to (w, 7). Then
the moments of P under w can be obtained from the tensor model P in the following
sense.

Theorem 3.2. We have
w(P(ay,...,ap,bo,. .., by)*) =Tr, @ Tr¥(P(ay, ..., ap,bon,-- - bgn)")
for alln € IN.

Proof. Let us start by computing the k-moment of P. Recall that by Theorem 2.7, only
the terms containing one a contribute to the calculation. We can ignore higher moments.
So its computation will be quite simple.

q p
w(P*) =w DD Nviauinbin@ibip + -

H >\i2r—1ai27‘7j7‘> w(bhah biy -+ bigy_, ), bi2k)

q

p
= Z Z <H /\i21-17i27-,j7~> w(a.jl s a’jk)T(bizkbil) s T(biQk—2bi2k—1)

i1i2y0ensi21=0 j1,eepj=1 \r=1
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q P k
E § H )\7;27*7171.27‘1.]-1' w(ajl e ajk)éi%,il(siz,% e 5i21«—2,i2k—1

11,82,..,82=0 j1,...,jk=1 \r=1

q P k
Z Z H )‘i27~—17i27~+1,jr w(ajl - -ajk)-

11,843,826 —1=0 j1,....Jk=1 \r=1

We show that it is equal to Tr,, ® Tr?q(ﬁ(al, ey Qpy i)o’n, ... ,Bq’n)’“). We have

1 dgp =11,... 0252 = l2p—1

Trég)q(BilEﬁqBiz"'Bi2k—1Ei8?Lq izk) = .
0 otherwise

0

from JE1,J = (8 1) and F11JE1; = 0. Here are examples in the ¢ = 2 case:

Te5? (BB Bs B2 B By) = 1,
Tr$? (B ES? BoBLES? By) = 0.
Thus, its computation will be quite straightforward again and we obtain

Tr, ® Tr?q(}:’(al, N EO,n; e bq,n)k)

q p k
® ® &
Z Z <H /\i2r17i2r,jr> Trn(ajl - 'ajk)Tr2 q(BilElqui2 s Bi2k—1E11qBi2k)

11,0826 =0 J1,....Jk=1 \r=1

P

q k
= > > Nioy 1 sizmgn | Ton @y« o+ @y )iy iy O i+« + Vg ing 1
11 ,5.ee 1 \r=1

k
H )\i2'r'71;i2'r'+l).j'r' Trn(ajl e ajk)
11,838,002 —1=0 j1,....Js=1 \r=1
q D k
§ E H )\i2r—1;i2r+1aj¢“ w(aﬁ s ajk)'
1 \r=1

11,8850 502k—1=0 J1,.. ., Jk=

[
(]
M=

Recall that we have Tr,(aj, ...a;,) = w(aj, . ..a;, ), which concludes the proof. O

3.3 A tensor model for monotone independence

As it follows from the main theorem, we can also treat monotone independence with
the very same model, provided that we modify the weight. Let us assume that the pair
(A, B) is monotone independent with respect to (@, 7).

Theorem 3.3. Let n(B) = By for B = (B,;);; € M>(C). Then we have
O(P(a1, - ap,bo, - - bg)") = Tr, @ ®U(P(ar, ... ap,bon, - - bgn)).

for alln € IN.

Note that Tr,, ® n®? is a non-tracial weight.

Proof. First, note that similar to the cyclic monotone case, we may omit all terms
containing at least two a’s. By monotone independence, we have for the remaining
terms:

O(P(a1, ... ap,bo, ..., by)"))
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q D k
Z Z (H )\i2rlyi2rfjr> (Z)(CL]'I ce ajk)T(biM)T(bil)T(bizbiz) e T(bizk—2bi21«—1)
1

<i25=0J1,....Jk=1 \r=1

q p k
E E H Nigy_1izr i w(ah T ajk)6i2k706i1706i2;i3 R S
1

Si2k=0J1,....Jjk= r=1

q

= E E A0,iz,j1 (H Nig, 277'2'r7.77‘> Aige—,0,4x (a]1 T ajk)‘

12,84, yi25—2=0 j1,...,jr=1

On the other hand, since n(JE;1J) = 0, we obtain

Tr, ® 77®q(15k)

q p k
- . NV® B, E®B. ...B. ®1p.
- Z Z <H )\7‘27“15227‘7]7‘> Trn(ajl "'ajk)n (BhEll Blz BlzkflEll Blzk)
11,02 =0 j1,...,Jk=1 \r=1

r=

q
= E : E A0z .51 (H Aig,— 2,l2r737> )\iQk—%O:jkw(a’jl s a’jk)'

12,8402k —2=0 j1,...,jk=1

q P k
= E E )\i2r—l1i27‘7j7‘ Trn(ajl s ajk)5i105i2i3 s 51'21«,721'2197151'%0

3.4 Replacing tensors by limit swaps

This subsection is a simple observation: the previous proofs rely on the same model
that relies on tensors and considers two different states — one for monotone cyclic
independence, and one for monotone independence. Here, we show that in a context of
a sequence of matrix models, we can avoid resorting to tensors.

Let us first recall that we are interested in polynomials P, € M, (C) ® My(C)®4. In
addition, P, depends tacitly on n, ¢ and is well defined for any ¢, n large enough via the
embedding described in Equation (3.1). Likewise, with the same embedding, we will
freely view P, (as a double sequence in n, q) as elements of M, (C). In the sequel of this
paper, we denote by 7; the function

This is sometimes called a partial trace, e.g. in the context of Horn inequalities (although
it is not the partial trace of quantum information theory). We have

Theorem 3.4. The following holds true

w(P*) = lim lim n(PY),

n—oo |l—o0o

i.e. convergence to the cyclic monotone independent moments and

O(P*) = lim lim n(PY),

l— 00 n—00

i.e. convergence to the monotone independent moments.

Proof. First, recall that we have

W(P(a1, ... ap,bo,s - b))%) = Te(Pu(ar, ..., ap,boms - - - 0g.n)F)

ECP 29 (2024), paper 58. https://www.imstat.org/ecp
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by Theorem 3.2. Note that the right hand side has a dependency on the size n that can
be easily removed by letting n — oo (taking n large enough is sufficient in the proof),
and we get

w(P(a,.. .,ap,b07...,bq)k) = lim Tr(Pn(al, .. .,apj)o,n, .. .7l~)q’n)k)

n—o0

which proves the first claim.
On the other hand we note Tr = lim;_, ., 7;, and therefore we get

UJ(P(CLl, e 7ap, bo, ey bq)k) = nhﬁn;o lli}go m(f?n(al, ey ap, BO,n; ey bq’n)k)
Likewise, Theorem 3.3 gives

O(P(at,. .. ap,bo, -, b)%) = Hm Tr(fnoin(In)Pa(an, ... ap,bon, - bgn)).

n—oo

Rewriting it as
O(P(at,. .. ap,bo, ... bg)*) = Tr( lim Frzan(L)Po(a, ... ap, Do, - - - bgn)),
we get
@(P(ay,..,ap,bo, . bg)*) = lim m( hm fo zan (L) P, ap Do, byn)®),

but clearly, for n > [, we have ;(fy 2en () P) = m(P) and therefore

@(P(ai,...,ap,bo,. .., bq)k) = llim 7 ( lim ]5"((11, cey Gy, 507”, e qu,)k),

— 00 n—oo

which concludes the proof. O

3.5 Example

Let us illustrate our result with an example. We consider a non-commutative prob-
ability space (C,w, ) with a tracial weight w, finite rank operator a € D(w) with the
eigenvalues (271,272 273) and a operator b € B with 7(b) = 0 and 7(b?) = 1. We, in
addition, assume that the operators a and b are cyclic monotone independent.

From our result we can give the following matrix model A and B for a and b:

3 00000
0 0000
00 £ 000
— diag(9~1 9—2 93 — 8
A d1ag(2 ,2 ,2 ) & E11 0 0 00 0 0 s
00 0O000O
000000
000100
000010
000001
B=LoJ=\"1 9000 0
010000
001000
We consider X = A+ BABandY = AB + BA:
$ 00 00 0 000 2 00
0§ 0 0 0 0 0000 % 0
00 £ 00 0 000 0 0 %
= 8 = 8
X ooogoo’y 100 0 0 0
00 0 0 1 0 03 00 0 0
000 0 0 3 00 5§ 000
ECP 29 (2024), paper 58. https://www.imstat.org/ecp

Page 11/14


https://doi.org/10.1214/24-ECP622
https://imstat.org/journals-and-publications/electronic-communications-in-probability/

Matrix models for cyclic monotone and monotone independences

The lists of eigenvalues X and Y are
{2717 271, 272’ 272’ 2737 273}

and
{271 271 272 272 973 9731

respectively. They correspond with the eigenvalues of a + bab and ab + ba, respectively.

3.6 Random matrix models and concluding remarks

This paper presents a matrix model for monotone and cyclic monotone independences,
which is not random. In free probability, there exist random matrix models which have
few symmetries [19], but symmetric random matrix models are much more common.
Therefore, it is natural to wonder whether there is a random model in the case of
monotone and cyclic monotone independences. This turns out to be the case, and we
can easily show that the model introduced by Collins, Hasebe and Sakuma in [3] is also a
model for monotone independence, provided that we consider lim; lim,, ; as our limiting
weight.

Theorem 3.5. Let A(" A(” ”), ... ,Bé”) € M, (C) be matrices such that there is
C > 0 such thatforanym e N, zl,...,im e {1,...,p} and jo,j1,---,dm € {1,...,q} we
have

Tr(AM ... AM)

Tm

<C

and
r(BYY ... B")

Im

<C.
Moreover let U = U(n) be a Haar unitary random matrix. Then, if

lim lim 771(14(”) e AEZ))tr(BJ(:)) . .tr(BJ(-:’))

l—o00 n—00

exists, it implies that

lim lim m(UBj(.g)U*AE?) UB LAy n)U*))

l—o00 n—+00 Tm .]m.

exists too, and that they are both equal.

Proof. It follows from a standard computation using Weingarten calculus (see for details
Section 4 in [4]) that

Ey (tr(UBMU* AT UBMU* . AV UBMU))

= Y KA A K (B, BM) + 0(n7?),
TeENC(m)

where NC(m) are the non-crossing partitions on m elements, K, are Speicher’s free
cumulants, and 7¢ is Kreweras’s complement (specifically, the largest partition on
{0,...,m} such that its concatenation with 7 respecting the alternating order remains
non-crossing. See Section 9, 11 and 14 in [17] for definitions and details of these.
Dividing both sides by n and observing that

Ko (A™, . AM) :nfl(al,#block( yTr(AM . AM)) + 0(n 1)), we get

11 7 Tm

Ey[Tr(UB U A UBMU* .. AW UBM U

—Tr( A A (BY) . (BIY) = O(n ).

It is similar with (4.15) in [3].

ECP 29 (2024), paper 58. https://www.imstat.org/ecp
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For | <n, recall f; ,,(I;) is the matrix whose first [ diagonal entries are 1 and all other
entries in M, (C) are zero, the above formula implies

Eu|Tr(fin(L)UB U A UB™MU* .. AT UBMU)
— Tr(frn(I)AM AT e(BSY) . te(B) = O(n 7).

1 Jm

Noting that
Tr(fin (1AL AL = (Al A,

11 : Tm

we obtain our desired model for monotone convergence by letting n — oo followed by
[ — o0. O

In the space of compact operators of 2, this is compared to the result of Collins,
Hasebe and Sakuma for the very same model, where we first take [ — oo (to get the
non-normalized trace), followed by n — co (to get monotone convergence).

Let us discuss the relation between this result and previous results on this model. In
the paper [3], the same model was in consideration, with the additional assumption of
moment convergence for the sequences A§”>, LA BYL), ...and B{™ € M, (C) respec-
tively. Namely, in addition to assuming |Tr(A§T) e AE:))| < C and |tr(B](?) . B](:))| <C,
it was assumed that

117131Tr(A§f> A = flin, i) and 117Ilntr(Bj(-:L) By = g1, )

Im

There, the main result was to prove that
lim Tr(AWUBMU* ... AMUBMU)
converges almost surely to

lim Tr(A™ A (BM) . tr(B),
which defines the cyclic monotone independence. Given that Tr = lim; 7;, Theorem 3.5
implies that the monotone state can be obtained from the same model provided that we
swap the limits n and /. In this respect, we completely generalize and conceptualize the
results of [3].

We conclude by remarking that in a work [2] by Arizmendi, Hasebe and Lehner, they
obtain models for cyclic monotone independence and monotone independence which are
different from ours.
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