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We apply the techniques of stochastic integration with respect to frac-
tional Brownian motion and the theory of regularity and supremum esti-
mation for stochastic processes to study the maximum likelihood estimator
(MLE) for the drift parameter of stochastic processes satisfying stochastic
equations driven by a fractional Brownian motion with any level of Holder-
regularity (any Hurst parameter). We prove existence and strong consistency
of the MLE for linear and nonlinear equations. We also prove that a version
of the MLE using only discrete observations is still a strongly consistent es-
timator.

1. Introduction. Stochastic calculus with respect to fractional Brownian mo-
tion (fBm) has recently experienced intensive development, motivated by the wide
array of applications of this family of stochastic processes. For example, recent
work and empirical studies have shown that traffic in modern packet-based high-
speed networks frequently exhibits fractal behavior over a wide range of time
scales; in quantitative finance and econometrics, the fractional Black—Scholes
model has recently been introduced (see, e.g., [14, 17]) and this motivates the
statistical study of stochastic differential equations governed by fBm.

The topic of parameter estimation for stochastic differential equations driven by
standard Brownian motion is of course not new. Diffusion processes are widely
used for modeling continuous time phenomena; therefore, statistical inference for
diffusion processes has been an active research area over the last few decades.
When the whole trajectory of the diffusion can be observed, then the parameter
estimation problem is relatively simple, but of practical contemporary interest is
work in which an approximate estimator, using only information gleaned from the
underlying process in discrete time, is able to do as well as an estimator that uses
continuously gathered information. Several methods have been employed to con-
struct good estimators for this challenging question of discretely observed diffu-
sions; among these methods, we refer to numerical approximation of the likelihood
function (see [1, 5, 32]), martingale estimating functions (see [6]), indirect statisti-
cal inference (see [16]), the Bayesian approach (see [15]), some sharp probabilistic
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bounds on the convergence of estimators in [7], and [10, 12, 31] for particular sit-
uations. We mention the survey [36] for parameter estimation in discrete cases,
further details in [21, 25] and the book [23].

Parameter estimation questions for stochastic differential equations driven by
fBm are, in contrast, in their infancy. Some of the main contributions include [18-
20, 33]. We take up these estimation questions in this article. Our purpose is to
contribute further to the study of the statistical aspects of the fractional stochas-
tic calculus by introducing the systematic use of efficient tools from stochastic
analysis, to yield results which hold in some nonlinear generality. We consider the
stochastic equation

t
(1) X,:@/ b(Xs)ds + BH, X0 =0,
0

where B is a fBm with Hurst parameter H € (0, 1) and the nonlinear function b
satisfies some regularity and nondegeneracy conditions. We estimate the parame-
ter & on the basis of the observation of the trajectory of the process X. The pa-
rameter H, which is assumed to be known, characterizes the local behavior of
the process, with Holder-regularity increasing with H; if H = 1/2, fBm is stan-
dard Brownian motion (BM) and thus has independent increments; if H > 1/2,
the increments of fBm are positively correlated and the process is more regular
than BM; if H < 1/2, the increments are negatively correlated and the process
is less regular than BM. H also characterizes the speed of decay of the correla-
tion between distant increments. Estimating long-range dependence parameters is
a difficult problem in itself which has received various levels of attention depend-
ing on the context; the text [3] can be consulted for an overview of the question;
we have found the yet unpublished work [11], available online, which appears to
propose a good solution applicable directly to fBm. Herein, we do not address the
Hurst parameter estimation issue.
The results we prove in this paper are as follows: for every H in (0, 1),

e we give concrete assumptions on the nonlinear coefficient b to ensure existence
of the maximum likelihood estimator (MLE) for 6 (Proposition 1);

e under certain hypotheses on » which include nonlinear classes, we prove the
strong consistency of the MLE (Theorems 2 and 3, depending on whether H <
1/2 or H > 1/2; and Proposition 2 and Lemma 3 for the scope of nonlinear
applicability of these theorems); note that for H > 1/2 and b linear, this has
also been proved in [18];

e the bias and mean-square error for the MLE are estimated in the linear case
(Proposition 3); this result was established for H > 1/2 in [18].

In this paper we also present a first practical implementation of the MLE stud-
ied herein, using only discrete observations of the solution X of equation (1), by
replacing integrals with their Riemann sum approximations. We show that
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e in linear and some nonlinear cases, the discretization time-step for the Riemann
sum approximations of the MLE can be fixed while still allowing for a strongly
consistent estimator (Proposition 5 and Theorem 4).

To establish all these results, we use techniques in stochastic analysis includ-
ing the Malliavin calculus, and supremum estimations for stochastic processes.
The Malliavin calculus, or the stochastic calculus of variations, was introduced by
P. Malliavin in [27] and developed by D. Nualart in [29]. Its original purpose was
to study the existence and the regularity of the density of solutions to stochastic
differential equations. Since our hypotheses in the present paper to ensure exis-
tence and strong consistency of the MLE are given in terms of certain densities
[see condition (C)], the techniques of the Malliavin calculus appear as a natural
tool.

We believe our paper is the first instance where the Malliavin calculus and
supremum estimations are used to treat parameter estimation questions for frac-
tional stochastic equations. These techniques should have applications and impli-
cations in statistics and probability reaching beyond the question of MLE for fBm.
Indeed, even in the case of (Itd-) diffusion models, the strong consistency of an es-
timator follows if one can prove that an expression of the type I; := f0’ f2(X,)ds
tends to oo as t — oo almost surely, but a limited number of methods has been em-
ployed to deal with this kind of problem (if X is Gaussian, the Laplace transform
can be computed explicitly to show that lim;_,, Iy = 0o a.s.; if X is an ergodic
diffusion, a local time argument can be used; particular situations have also been
considered in [21, 22]). Our stochastic analytic tools constitute a new possibility,
judging by the fact that the case of H < 1/2 is well within the reach of our tools,
in contrast to the other above-mentioned methods, as employed, in particular, in
[18] (see, however, a general Bayesian-type problem discussed in [19]).

The organization of our paper is as follows. Section 2 contains preliminaries
on the fBm. In Section 3 we show the existence of the MLE for the parameter 0
in (7) and in Section 4 we study its asymptotic behavior. Section 5 contains some
additional results in the case when the drift function is linear. In Section 6 a dis-
cretized version of the MLE is studied. Some crucial technical proofs appear in
the Appendix, while other more minor ones can be found in an extended version
of this article posted on arXiv.org.

2. Preliminaries on fBm and fractional calculus. We consider (B,H )1€[0,T]>
Béf =0, a fBm with Hurst parameter H € (0, 1), in a probability space (2, ¥, P),
that is, a centered Gaussian process with covariance function R given by

) R, s)=E[BIBI =1 + 52" — |t —s*), s,t€[0,T].
Let us denote by K the kernel of the fBm such that (see, e.g., [28])

(3) BH = /OIK(t,s)dWs,
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where W is a Wiener process (standard Brownian motion) under P. Denote by &y
the set of step functions on [0, T] and let # be the canonical Hilbert space
of the fBm; that is, # is the closure of & with respect to the scalar product
(110,11 110.51) % = R(t, s). The mapping 1j0,,] — BtH can be extended to an isome-
try between # and the Gaussian space generated by B’ and we denote by B (¢)
the image of ¢ € ¢ by this isometry.

We also introduce the operator K* from €y to Lz([O, T]) defined by

. T 9K
“4) (K ¢)(S)=K(T,S)¢(S)+_/s ((p(r)—w(S))a—r(r,S)dr-

With this notation, we have (K*1jo;1)(s) = K (¢, s) and hence, the process

t
5) W, = /O (K* ' 1j0.0)(s)d B

is a Wiener process (see [2]); in fact, it is the Wiener process referred to in for-
mula (3), and for any nonrandom ¢ € J¢, we have BH(p) = fOT(K*w)(s) dw (s),
where the latter is a standard Wiener integral with respect to W.

Last, we will use some elements of fractional calculus, with notation that can
be found in [30] or our arXiv extended version, including the Riemann-Liouville

fractional integral I ', f (t) and derivative Dg L f(t)ofany f € L'[0, T] for o > 0.

The linear isomorphism K g from L2([0, T) onto IfH/Z(Lz([O, T1)) whose ker-

nel is K (¢, s) has an inverse which, depending on whether H < 1/2 or H > 1/2,
equals

© (K h)(s) = s B2 1y 277 (5127 Hp () (5), or

_ H-1/2 _
— 1/2D0+ /(Sl/z Hh/(s))(s).

3. The maximum likelihood estimator for fBm-driven stochastic differen-
tial equations. We will analyze the estimation of the parameter € ® C R based
on the observation of the solution X of the stochastic differential equation

t
(7) X,=9/ b(Xy)ds + B, X0 =0,
0

where B is a fBm with H € (0, 1) and b: R — R is a measurable function. There
are some strong known results concerning equation (7). In [30] strong existence
and uniqueness is proved assuming only the linear growth

1b(x)| = C +|x])

for b when H < 1/2, and assuming Holder-continuity of order o € (1 — ﬁ, 1)
when H > 1/2. An extension is obtained in [8] when H > 1/2 if one adds
a bounded nondecreasing left (or right) continuous function to the Hélder-
continuous function b. In this paper we will only be using Lipshitz-continuous
functions b.
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Throughout the paper, we will typically avoid the use of explicit H-dependent
constants appearing in the definitions of the operator kernels related to this cal-
culus, since our main interest consists of asymptotic properties for estimators. In
consequence, we will use the notation C(H), c(H), cy, ... for generic constants
depending on H, which may change from line to line.

Our MLE construction is based on the following observation (see [30]). Con-
sider the process B,H = BtH + fé ug ds, where the process u is adapted and with
integrable paths. Then we can write

. t
®) 2 :/0 K(t,s)dZ,,
where

t .
) Z,:W,+/0 K;,‘(/O u,dr>(s)ds.

We have the following Girsanov theorem.

THEOREM 1. (i) Assume that u is an adapted process with integrable paths
such that

t
t—>f ugds € 107220, T as,
0

(i1) Assume that E(Vr) = 1, where

Vr = exp(— /OT K,:,l(/o.urdr)(s)dW;
— %/OT (K;Il(/o.ur dr)(s))zds).

Then under the probability measure P defined by df’/ dP = Vr, it holds that the
process Z defined in (9) is a Brownian motion and the process BH (8) is a frac-
tional Brownian motion on [0, T].

(10)

HYPOTHESIS. We need to make, at this stage and throughout the remainder of
the paper, the following assumption on the drift: b is differentiable with bounded
derivative b’; thus, the affine growth condition holds.

This Girsanov theorem is the basis for the following expression of the MLE.

PROPOSITION 1. Denote, for every t € [0, T],

(11) 0, = 0/(X) = K;,l(fo'bm)dr)(r).
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Then Q € L?([0, T1) almost surely and the MLE is given by

_Jo Qs dWs

Before proving Proposition 1, we need the following estimates.

LEMMA 1. Foreverys,t €[0,T],

(13) sup | X;| < (cez +sup|BsH|>eC9t
s<t s<t
and
(14) |Xt—Xs|§C9<1+su1;|Xu|)|t—s|+|BtH—BSH|.
u=<

PROOF. With C the linear growth constant of b, we have, for any s,
X = [ 1010t 1du-+1871 = €0 [0+ 1X,0) du +sup B
and by Gronwall’s lemma,
|X,| < (ces + sgp|Bf|>eC8S, s€[0,T],
u<s

and the estimate (13) follows. The second estimate follows by &’s affine growth.
O

PROOF OF PROPOSITION 1. Let
t
h(t):f b(X;)ds.
0

We prove that the process / satisfies (i) and (ii) of Theorem 1. Note first that the
application of the operator K ;]1 preserves the adaptability. We treat separately the
cases when H is greater than 1/2 and less than 1/2 .

The case H < 1/2. To prove (i), we only need to show that Q € L2([0, T])
P-a.s. Now using relation (6) we thus have, for some constant Cy which may
change from line to line, using the hypothesis |b(x)| < C(1 + |x]|), forall s < T,

|Qs| < CystI=1/2

N
/ (s — u)_l/Z_Hul/z_Hb(Xu)du
(15) °
< CH(I +sup|Xu|>,

U=<s
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which we can rewrite, thanks to Lemma 1, as

sup |0,] < C(H, T)<1 + sup |X(s>|),

s<T s<T

which, thanks to inequality (13), is of course much stronger than Q € L2([0,T))
a.s.
To prove (ii), it suffices to show that there exists a constant @ > 0 such that

sup E(exp(« Qf,)) < 00.

s<T

Since Q satisfies (15), the above exponential moment is a trivial consequence of in-
equality (13) and Fernique’s theorem on the exponential integrability of the square
of a seminorm of a Gaussian process.

The case H > 1/2. Using formula (6), we have in this case that
0. = e[ b(x,)

(1= D1 /s b(X)s' M — (X! H
2 0 (s —u)H+1/2

16)  =cn [s”z—Hb(Xo

I\ moip s g1/2=H _ ,1/2-H
+<H—§)s b(XS)./O = )12 du

I\ woipp [ 0(Xs) —b(Xu) jp—p
—|—<H—§>s /0 —(s—u)H‘H/z u du]

and using the fact that
/S(Sl/sz w2 Y (s — )y TH2 gy — c(HYs 2
0

we get

- — s b(X ) - b(Xu) _

= A(s) + B(s).

The first term A(s) above can be treated as in [30], proof of Theorem 3, due to
our Lipschitz assumption on b. We obtain that, for every A > 1,

t
(17) E(exp(kfo Afds>) < o0.
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To obtain the same conclusion for the second summand B(s), we note that, by
Lemma 1, up to a multiplicative constant, the random variable
X, —X
G= sup —| 2 Hils
0<u<s<T lu —s|

is bounded by
B —

N

BH
<1+sup|Xu|)|t—s|1H+E+ sup 7[_1:'
u<T O<u<s<T |u _S|

and it suffices to use the calculations contained in [30].

Conclusion. Properties (i) and (ii) are established for both cases of H, and we
may apply Theorem 1. Expression (12) for the MLE follows a standard calculation,
since [using the notation Py for the probability measure induced by (X;)o<s<; and
the fact that Py = P]

(18) F(0) :=log =—9/ Qdes—— Q ds. .

We finish this section with some remarks that will relate our construction to
previous work [18, 19, 33]. Details about these links are given in Section 5.

Alternative form of the MLE. By (7), we can write, by integrating the quantity
K*~ (9., (s) for s between 0 and ¢,

(19) /Ot (K”"*1 lio.1())(s)dXs =6 /OI(K*’1 110..1())(5)b(Xs) ds + Wy.
On the other hand, by (7) again,

(20) X,:/OIK(t,s)dZS,

where Z is given by (9). Therefore, we have the equality

1) /Ot(lc“’—l lo,n())(s)dXs = Z,.

By combining (19) and (21), we obtain

/0’ K;11 (_/(;'b(Xr)dr)(s)dS = /Ot(K*’ll[o,z](‘))(s)b(Xs)ds

and thus, the function t — f(f (K*~1 Li0.,1(-))(s)b(X,) ds is absolutely continuous
with respect to the Lebesgue measure and

d

(22) 0= E/o (K*~M10.0())($)b(X;) ds.
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By (9), we get that the function (18) can be written as

t 92 rt
F(0) = —9/ 0,dZs + —/ Q?ds.
0 2 Jo
As a consequence, the maximum likelihood estimator 6; has the equivalent form

_ Jo QsdZs

Jo Q3ds
The above formula (23) shows explicitly that the estimator 6, is observable if we
observe the whole trajectory of the solution X.

(23) 6,

4. Asymptotic behavior of the maximum likelihood estimator. This sec-
tion is devoted to studying the strong consistency of the MLE (12). A similar re-
sult has been proven in the case b(x) =x and H > 1/2 in [18]. We propose here
a proof of strong consistency for a class of functions » which contains significant
nonlinear examples. By replacing (9) in (23), we obtain that

_ Jo Qs dW
Jo@ids
with Q given by (11) or (22). To prove that 6; — 6 almost surely as t — oo (which

means by definition that the estimator 6; is strongly consistent), by the strong law
of large numbers we need only show that

0; —

t
(24) lim / Q?ds=00  as.
=00 Jo
To prove that lim;_, o fé Q% ds = 0o in a nonlinear case, it is necessary to make
some assumption of nondegeneracy on the behavior of b. In order to illustrate our
method using the least amount of technicality, we will restrict our study to the
case where the function |b| satisfies a simple probabilistic estimate with respect to
fractional Brownian motion:

(C) There exist positive constants fy and Kp, both depending only on H and the
function b, and a constant y < 1/(1 + H) such that, for all ¢+ > ¢y and all
& > 0, we have f’[lQ,(d))|/ﬁ < ¢] <et?H K, where under P, & has the law
of fractional Brownian motion with parameter H.

4.1. The case H < 1/2. In this part we prove the following result.

THEOREM 2. Assume that H < 1/2 and that condition (C) holds. Then the
estimator 6, is strongly consistent, that is,

lim 6, =6 almost surely.
t— 00
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Before proving this theorem, we discuss condition (C). To understand this
condition, we first note that, with ;L’H the positive measure on [0, ¢] defined by
u’H(dr) = (r/t)l/Z_H(t —r)"V2H gy according to the representation (6) we
have

t
0= /0 Wy (ds)b(@y)

and therefore, by the change of variables r = s/1,

Qr 'y b@n)

(25) ﬁ_fo Hudr)—g
D ! b(tHJ)r)
(26) =/0 b (dr) ==

where the last inequality is in distribution under P.

If b has somewhat of a linear behavior, we can easily imagine that b(t®,)/t"
will be of the same order as b(&,). Therefore, Q;/+/t should behave, in distribu-
tion for fixed ¢, similarly to the universal random variable fol ,ulH (dr)b(w;) (whose
distribution depends only on b and H). Generally speaking, if this random variable
has a bounded density, the strongest version of condition (C), that is, with y =0,
will follow. In the linear case, of course, the factors t disappear from expression
(26), leaving a random variable which is indeed known to have a bounded density,
uniformly in ¢, by the arcsine law. The presence of the factor t¥# in condition (C)
gives even more flexibility, however, since, in particular, it allows a bound on the
density of Q;/+/f to be proportional to 1.

Leaving aside these vague considerations, we now give, in Proposition 2,
a simple sufficient condition on b which implies condition (C). The proof of this
condition uses the tools of the Malliavin calculus; as such, it requires some extra
regularity on b. We also give a class of nonlinear examples of b’s satisfying (C)
[condition (28) in Lemma 3] which are more restricted in their global behavior
than in Proposition 2, but do not require any sort of local regularity for b.

PROPOSITION 2. Assume H < 1/2. Assume that b’ is bounded and that b"
satisfies |b" (x)| < b1 /(1 + |x|P) for some B € (H/(1 — H), 1). Assume that |b'| is
bounded below by a positive constant by. Then, letting y =1 — B, condition (C)
holds.

REMARK 1. The condition y < 1/(1 + H) from condition (C) translates as
B > H/(1 — H), which is consistent with 8 < 1 because H < 1/2.

The nondegeneracy condition on |b'| above can be relaxed. If, for x > xo,
|’ (x)| > x~ holds, then condition (C) holds as long as & does not exceed a pos-
itive constant «g(H) depending only on H. We omit the very technical proof of
this fact.
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The hypothesis of fractional power decay on b”, while crucial, does allow b to
have a highly nonlinear behavior. Compare with Lemma 3 below, which would
correspond to the case 8 = 1 here.

The hypotheses of the above proposition imply that » is monotone.

The proof of Proposition 2 requires a criterion from the Malliavin calculus,
which we present here. The book [29] by D. Nualart is an excellent source for
proofs of the results we quote. Here we will only need to use the following proper-
ties of the Malliavin derivative D with respect to W [recall that W is the standard
Brownian motion used in the representation (3), i.e., defined in (5)]. For simplic-
ity of notation, we assume that all times are bounded by T = 1. The operator D,
from a subset of L2(2) into LZ( x [0, 1]), is essentially the only one which is
consistent with the following two rules:

1. Consider a centered random variable in the Gaussian space generated by W

(first chaos); it can therefore be represented as Z = W(f) = ]01 f(s)dW(s)
for some nonrandom function f € LZ([O, 1]). The operator D picks out the
function f, in the sense that, for any r € [0, 1],

D.Z = f(r).

2. D is compatible with the chain rule, in the sense that, for any ® € C 1 (R) such
that both F := ®(Z) and ®'(Z) belongs to L?*(), for any r € [0, 1],

D,F =D, ®(Z) = (Z)D, Z = D' (Z) f(r).

For instance, using these two rules, definition (3) and formula (5) relative to the
fBm @ under P, we have that, under P, for any r <,

27) Dbt ag) =t"b " o) K (s, 7).

It is convenient to define the domain of D as the subset D2 of r.v.’s F € L?()
such that D.F € L%(2 x [0, 1]). Denote the norm in L2([0, 1]) by | - ||. The set
D2 forms a Hilbert space under the norm defined by

1
IF|,=E|FI*+E|D.F||*=E|F|? +E/0 |D, F|?dr.

Similarly, we can define the second Malliavin derivative D>F as a member of
LZ(Q x [0, 1]2), using an iteration of two Malliavin derivatives, and its associated
Hilbert space D?2. Non-Hilbert spaces, using powers other than 2, can also be
defined. For instance, the space D># is that of random variables F having two
Malliavin derivatives and satisfying

|FII3 4 =EIFI* + E|D.FI? +EID2Fll}20 1)

1 1 2
=E|F|4+E/ |D,F|2dr+E(f |D,DSF|2drds) < 00.
0 0
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We also note that the so-called Ornstein—Uhlenbeck operator L acts as follows (see
[29], Proposition 1.4.4):

LF=L®(Z)=—-Zd(Z)+ "D fI>*
We have the following Lemma, whose proof we omit because it follows from ([29],
Proposition 2.1.1 and Exercise 2.1.1).
LEMMA 2. Let F be a random variable in D>* such that E[|DF| %] < oc.
Then F has a continuous and bounded density f given by
—LF (DF®DF, DZF)LZ([O’1]2))j|
IDF|? IDF|4 '

fx)= E|:1(F>x)<

PROOF OF PROPOSITION 2. Using (26), and the notation p = ,ufl, let

O: ! b(t" o)
F=—= dr)———.
Nl wu(dr) o
It is sufficient to prove that F has a density which is bounded by K ptVH,
where the constant K, depends only on b and H. Indeed, P[|Q;(®)|//t < &] <
IS Kpt"H dx = et" K}, In this proof, Cj, g denotes a constant depending only on
b and H, whose value may change from line to line.

Step 1: calculating the terms in Lemma 2. We begin with the calculation
of DF. Since the Malliavin derivative is linear, we get D, F = —H fol u(ds)x
D, (b(t" &y)). Then from (27) we get D, F = [ u(ds)b' (1" @)K (s, r). Thus, we
can calculate

1 2
IDF|? :/ dr
0

1
/ w(ds)b' (tH o) K (s, r)

r

1 rl min(s,s”)
:/ f ,u(ds)u(ds/)b/(tHc?)s)b/(tchsr)/ K(s,r)K(s,r')dr
0 JO 0

1 1
- / / w(ds)u(ds"b' (1 a,)b "y )R (s, ).
0 JO

where R is the covariance of fBm in (2). A similar calculation yields

1
D2 F=t" [ u@b a0k (5. K 5. q)

max(q,r)

and

1 rl
ID2F I 1y =2 [ w@s)n(ds @ 300" 0" 30| Rs. ) P,

For the Ornstein—Uhlenbeck operator, which is also linear, we get

1
_LF— / w(ds)(0' (" ay)iog + b (11 o) M s2H),
0
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Step 2: estimating the terms in Lemma 2. With the expressions in the previous
step, using the hypotheses of the proposition, we now obtain for some constant Cy
depending only on H,

- 1 - 1
E[|ILF|] < Cyu( |V’ tHb/ d ZHE[—D
ILFN < Co (10w +101 [ (as)s™ B

1
= Car (101 161 [ it s ),
where Z is a generic standard normal random variable. We deal first with the in-
tegral in s. For s € [0, 1/2], u(ds) has a bounded density, and thus, for any a > 0
and any o < 1, we have fol/zds(l + as"‘)*1 <{- a)*la”; on the other hand,
for s € [1/2, 1], we can bound (1 + (z5)##|Z|#)~! above by (t/2)"FH|z|=A~1,
We immediately obtain, using a = t##|Z|# and o = BH,

- 1
E[|[LF|] <Chp(14+71-P —— _E[12|7F
ILFI = Coup (141707 Bl Z| )

+tH(1_’3)E[|Z|_’3]/1 ds )
12 (1 —s)l/2+H

< Cpp(1 4705,

The estimation of || D?F|| is similar. Using its expression in the previous step,
the measure du/ds - du/ds’ - R(s, s’) and the fact that fol ds(1+as®)2< (-
20) a2, witha = BH < 1/2, we get

E”DZF”LZ([OJ]Z) E Cb’HtH(l_'B).

Also, almost surely, for any p > 2, for some constant Cy, , depending only on H
and p, since b’ has a constant sign, we obtain

1 —_—
IDF||P

—p/2
([, @ R s 508 0 ar1) < Ca by

Last, it is convenient to invoke the Cauchy—Schwarz inequality to get

(DF X DF, D2F>L2([0’1]2) < ||D2F||L2([O,l]2)
IDF|* B IDF|?

Step 3: applying Lemma 2; conclusion. The third estimate in the previous step
(for p = 8) proves trivially that E| DF| =8 is finite. That F € D*>* follows again
trivially from the boundedness of b" and b” using the expressions in Step 1. Thus,
Lemma 2 applies. We conclude from the estimates in the previous step that F has
a density f which is bounded as

f&) < Cp(1+170P)ps2,
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With ¢ > 1, the conclusion of the proposition follows. [

A smaller class of functions b satisfying condition (C) and covering all H €
(0, 1) is given in the following, proved in the extended version of this article on
arXiv.org.

LEMMA 3. Let H € (0, 1). Assume xb(x) has a constant sign for all x € Ry
and a constant sign for all x € R_. Assume

(28) |b(x)/x|=c+ h(x)

for all x, where c is a fixed positive constant and limy _, oo h(x) = 0. Then condition
(C) is satisfied with y = 0.

Condition (C) also holds for any b of the above form to which a constant C is
added: |(b(x) — C)/x| = c 4+ h(x) and lim, _, oc A (x) = 0. Note that this condition
is less restrictive than saying b is asymptotically affine, since it covers the family
b(x) =C + cx + (|x| A 1) for any « € (0, 1). In some sense, condition (C) with
y = 0 appears to be morally equivalent to this class of functions.

PROOF OF THEOREM 2.

Step 1: setup. Since we only want to show that (24) holds, and since
f(; |Q,|%ds is increasing, it is sufficient to satisfy condition (24) for ¢ tending to
infinity along a sequence (z,),eN. We write, according to (6), for each fixed ¢ > 0,

t t 2
=100 = [ 10.coRds = | ds,
where X is the solution of the Langevin equation (7) and the positive measure i},
is defined by u}, (dr) = (r/s)l/z_H(s r)~Y2=H gy Since the theorem’s con-
clusion is an almost sure statement about X, and from the Girsanov Theorem 1
applied to X the measures P and P are equivalent, it is sufficient to work under P,
that is to assume that X = @ is a standard fBm; we omit the dependence of QO and
I; on X = & for simplicity.

We will show that with 7, = n¥ for some positive integer k chosen below,
I, converges to oo, by restricting the integration defining /;, to a small interval
of length b, = n~/ near t,, where j will be another integer chosen below. Indeed,

t’l til
L= ["10Rds= [ 1o,Pds
0 ty,—by

ty
zbn|Qt,l|2—/t 101, — Q.10 + il ds

/O WS (dr)b(X,)

29) zbn(|Qtn|2— sup IQz,,—QsllenJrQsI)

S€[ty—bp,ty]
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> byl Q11> —2by sup |Qs| sup  |Q;, — Ol

s€[0,2,] S€[tn—bn,tn]

= A, — B,.

Step 2: the diverging term A,. The term A, is easily shown to converge to
infinity almost surely thanks to condition (C) modulo a condition on j and k.
Indeed, we have, for any sequence a,,,

P[b,|0;, 1* < a?] < Kpt! P a, (bpty) ™12 = Kpnk Y H=1DHI2g,

In order for the right-hand side of the last expression to be summable in n while
being able to choose lim,,_, s @, =0, it is sufficient to impose

(30) j+2<(1-2yHk.

Thus, specifically, under this condition, with aﬁ =nlfor0<¢<(l— 2y H)k —
j — 2, we have by the Borel-Cantelli lemma the existence of an almost surely
finite no such that n > ng implies A, = b,|Q;, |2 > nt.

Step 3: the error term B,. To control the term B,, we need two esti-
mates, whose proofs are based on elementary facts on the trajectories of fBm,
namely, boundedness and Holder-continuity, which are derived from that process’s
Gaussian and scaling properties. Details are in this article’s extended arXiv.org ver-
sion. For any sequences by, t,, such that b,, < t,, (meaning lim,, b, /1, = 0), for any
fixed ¢ > 0, there exists an almost-surely finite random variable ¢, such that, for
all n > 0, we have

(31) sup | Q| < co(ty)/?+e
s€[0,1,]
and
(32) sup Qs — Q| < cetn) /P HTE D, )2,

s,te€ty—bp,ty]
One immediately obtains that almost-surely
B, < 2C§bn(tn)l/2+8(tn)l/2_H+€ ()¢ = 2C§nk(l—H+28)—j(l+H—a).
The statement that B,, converges to O (i.e., that ¢ can be chosen positive while hav-

ing the power in the last expression above be negative) now follows from assuming
that j and k are related by

(33) k(1-H)—j(l+H)<O.
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Step 4: conclusion. 'We may now use the results of the last two parts, namely,
that A,, > n® while lim,_ o B, = 0, to conclude from (29) that the statement of
the theorem holds, provided that conditions (30) and (33) hold, that is,

Jj+2 1+H .

—<k<——j.
1-2yH 1-H

The theorem now follows because the relation y < 1/(1 + H) in condition (C)

j+2 1+H ;
—2y8 <~ 1-H/" O

implies that if j is large enough, we do indeed have <
4.2. The case H > 1/2. Due to the fact that the function Q is less regular in
this case, we should not expect the proof of the following theorem to be a conse-
quence of the proof in the case H < 1/2. Nevertheless, it deviates from the former
proof very little. On the other hand, we cannot rely on Proposition 2 to find a
convenient sufficient condition for condition (C); instead, we can look to the non-
linear class of examples in Lemma 3, which satisfy the strong version (y = 0) of
condition (C) for all H € (0, 1). The next result’s proof is in the Appendix.

THEOREM 3. Assume that H > 1/2 and b satisfies condition (C) with y =0
le.g., b satisfies condition (28) in Lemma 3). Then the maximum likelihood estima-
tor 6, is strongly consistent.

5. The linear case. In this section we present some comments in the case
when the drift b is linear. We will assume that b(x) = x to simplify the pre-
sentation. In this case, the solution X to equation (7) is the fractional Ornstein—
Uhlenbeck process and it is possible to prove more precise results concerning the
asymptotic behavior of the maximum likelihood estimator.

REMARK 2. In[9]itis shown that, for any H € (0, 1), there is a unique almost
surely continuous process X satisfying (7), and it can be represented as

t
(34) X, = / S 0,7,
0

where the above integral is a Wiener integral with respect to B (which exists also
as a pathwise Riemann—Stieltjes integral ). It follows from the stationarity of the
increments of B that X is stationary and the decay of its autocovariance function
is like a power function. The process X is ergodic, and for H > 1/2 it exhibits
long-range dependence.

Let us briefly recall the method employed in [18] to estimate the drift parameter
of the fractional OU process. Let us consider the function, for0 <s <t <1,

(35)  k(t,9)=cy'sTH@—)"2H  withey =2HT (3 - H)T(H+1)
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and let us denote its Wiener integral with respect to BY by
t

(36) mH :/ k(t,s)dBH .
0

It has been proved in [28] that M is a Gaussian martingale with bracket

2HT (3 —2H)T(H + 1/2)

37) (M, = =) 2 2 ith Ay =
( ) < )t a)t H Wi H F(3/2—H)

The authors called M the fundamental martingale associated to fBm. Therefore,
observing the process X given by (7) is the same thing as observing the process

t
z,KB:/ k(t,s)dXs,
0

which is actually a semimartingale with the decomposition

t
(38) sz=9/0 0K dowt + M,
where
KB d !
39) ;= dcz)—H/(; k(t,s)Xds, tel0,T].

By using Girsanov’s theorem (see [18] and [28]), we obtain that the MLE is given
by

_ hoffazf®

(40) 9, :=0KB — .
T KB dolt

REMARK 3. We can observe that our operator (12) or (23) coincides (possi-
bly up to a multiplicative constant) with the one used in [18] and given by (40).
Assume that H < 1/2; the case H > 1/2 is just a little more technical.

PROOF. Using relations (11) and (35), we can write

t
0; = C(H)tH—l/Z/ V270G — =12 Hp(x ) ds
0
td
:C(H)zH—l/Z/ —k(t,$)b(X,)ds
0 dt

d t
:c(H)tH—l/z—/ k(t,5)b(X,)ds.
dt Jo

It is not difficult to see that % fot k(t,s)b(Xs)ds = C(H)t'—2H Q,KB and therefore,

(41) Q,=C(H)'*~H kB,
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On the other hand, it can be similarly seen that

(42) 7KB — C(H) /Ot sVt a7,

and the estimations given by (40) and (23) coincide up to a constant. []

To compute the expression of the bias and of the mean square error and to prove
the strong consistency of the estimator, one has the option, in this explicit linear
situation, to compute the Laplace transform of the quantity [é (Qf By2 dwfl . This
is done for H > 1/2 in [18], Section 3.2, and the following properties are obtained:

e the estimator 6; is strongly consistent, that is,
6, — 0 almost surely when ¢ — o0;

e the bias and the mean square error are given by:
— If & <0, when t — o0, then

2 , 2

(43) E@ —6) -, E@ —6)" -~ ~1L;
— If & > 0, when t — o0, then

(44) E®, —0) ~ =27 sint H0>/?e ' /1,

(45) E©®, — 0)> 2V sinmt HOY?e 01 /1.

It is interesting to realize that the rate of convergence of the bias and of the
mean square error does not depend on H. In fact, the only difference between
the classical case (see [26]) and the fractional case is the presence of the constant
v H in (43), (44) and (45). It is natural to expect the same results if H < 1/2.
This is true, as stated next, and proved in Section A.2.

PROPOSITION 3. If H < 1/2, then (43), (44) and (45) hold.

6. Discretization. In this last section we present a discretization result which
allows the implementation of an MLE for an fBm-driven stochastic differential
equation.

We first provide background information on discretely observed diffusion
processes in the classical situation when the driving noise is the standard Brownian
motion. Assume that

dX; =b(X;,0)+0(X;,0)dW,,

where o, b are known functions, W is a standard Wiener process and 6 is the
unknown parameter. If continuous information is available, the parameter estima-
tion by using the maximum likelihood method is somewhat simpler; indeed, the
maximum likelihood function can be obtained by means of the standard Girsanov
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theorem and there are results on the asymptotic behavior of the estimator (consis-
tency, efficiency etc...). We refer to the monographs [4, 34] or [24] for complete
expositions of this topic.

“Real-world” data is, however, typically discretely sampled (e.g., stock prices
collected once a day or, at best, at every tick). Therefore, statistical inference for
discretely observed diffusions is of great interest for practical purposes and at the
same time it poses a challenging problem. Here the main obstacle is the fact that
discrete-time transition functions are not known analytically and consequently, the
likelihood function is in general not tractable. In this situation there are alternative
methods to treat the problem. Among these methods, we refer to numerical approx-
imation to the likelihood function (see [1, 5, 32]), martingale estimating functions
(see [6]), indirect statistical inference (see [16]) and Bayesian approaches (see
[15]). We refer to [36] for a survey of methods of estimation in the discrete case.
When the transition functions of the diffusion X are known, and o(x,0) =ox
with o unknown and not depending on 6, then Dacunha—Castelle and Florens—
Zmirou [12] propose a maximum likelihood estimator which is strongly consistent
for the pair (0, o). They also give a measure of the loss of information due to the
discretization as a function depending on the interval between two observations.

A more particular situation is the case when o is known (assume that
o = 1). Then the maximum likelihood function, given by exp(é fé b(Xs)dX, —

2 . . .
97 fot b(X,)?ds), can been approximated using Riemann sums as

N-1 g2 N-1

exp(e D b X)Xy = Xi) = = 30 b(Xi) (ti — m).
i=0 i=0

As a consequence, the following maximum likelihood estimator can be obtained

from the discrete observations of the process X at times fg, ..., fy in a fixed inter-

val [0, T'], with discrete mesh size decreasing to 0 as N — oo:

YN b X)Xy — X))

S DX )P lier — 1)

(see [25], including proof of convergence to the continuous MLE).

In the fractional case, we are aware of no such results. We propose a first con-
crete solution to the problem. We choose to work with the formula (23) by re-
placing the stochastic integral in the numerator and the Riemann integral in the
denominator by their corresponding approximate Riemann sums, using discrete
integer time. Specifically, we define, for any integer n > 1,

~ 21;1:0 Qm(Zm+1 - Zm)
47 0, =
@7 m=010m!?

Our goal in this section is to prove that 6, is in fact a consistent estimator for 6. By
our Theorems 2 and 3, it is of course sufficient to prove that lim,,, 5 (6,, —6,) =0

(46) ONT =
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almost surely. One could also consider the question of the discretization of 6r
using a fine time mesh for fixed 7', and show that this discretization converges
almost surely to 6;; by time-scaling, such a goal is actually equivalent to our own.

It is crucial to note that in the fractional case the process Q given by (11) de-
pends continuously on X and, therefore, the discrete observation of X does not
allow one to obtain directly the discrete observation of Q. We explain how to rem-
edy this issue: Q,, appearing in (47) can be easily approximated if we know the
values of X,,n > 1, since only a deterministic integral appears in the expression
of (11); indeed, for H < 1/2, the quantity

n—1
(48) n=c(H)n"=123 " (n— jy=H-12 12 Hp(x )
j=0

can be deduced from observations and it holds that lim, (Q, — Qn) = (0 almost
surely. This last fact requires proof, which is simpler than the proof of convergence
of 6, — 6, to 0, but still warrants care; we present the crucial estimates of this proof
in Section A.3.1.

Note, moreover, that calculation of 6, also relies on Z,,, which is not observ-
able; yet from formula (21), where Z,, is expressed as a stochastic integral of
a deterministic function against the increments of X, again, we may replace all
the Z,,’s by their Riemann sum; proving that these sums converge to the Z,,’s
follows from calculations which are easier than those presented in Section A.3.1,
because they only require discretizing the deterministic integrand. We summarize
this discussion in the following precise statement, referring to Section A.3.1 for
indications of its proof.

PROPOSITION 4. With Q, as in (48) and Z, = ¥Z5(K* 10,1 ())(j) x
(Xj+1— X ), then almost surely 0, — én converges to 0, where én is given by (47)
with Z and Q replaced by Z and Q

Let (M), denote the quadratic variation at time n of a square-integrable martin-
gale M. We introduce the two semimartingales

t
(49) Ay :=/0 QsdZ;,

t
(50) B, = /O Ous1dZs,

where [s] denotes the integer part of s. We clearly have B, :~an_=]0 On(Zms+1 —
Zm). Thus, using the fact that Z is a Brownian motion under P, we see that

n—1
(51) (B)n=)_10ml,
m=0
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while

m+1

n ) n—1
(52) <A—B>n=/0 10, — Oyl ds=Z/ 10y — QP ds.
m=0""

Therefore, from definitions (12) and (47), we immediately get the expressions

Ay - B,

and 6, = .
(A)n (B)n

n:

The following proposition defines a strategy for proving that 6, — and, by the pre-
vious proposition, 8, — is a consistent estimator for 6. See Section A.3.2 for its
proof.

PROPOSITION 5. Let H € (0, 1). If there exists a constant o > 0 such that

e n“(A — B),/(B), is bounded almost surely for n large enough,

e for all k > 1, for some constant K > 0, almost surely, for large n, (B)ﬁ >
KE[(B)}],

e andforall k> 1, E[|(A — B),|*] < n=*E[|(B),*],

then almost surely lim,_, 6, =6.

The following theorem, proved in Section A.3.3 under the condition (C) below,
which is stronger than (C), still allows for nonlinear examples.

THEOREM 4. Assume b’ is bounded and the following condition holds:

(C') There exist constant ty, K, > 0 depending only on H and b, such that, for all
t >ty and all ¢ > 0, P[|Q:(®)|//t < e < &K}, where under P, & has the
law of fBm with parameter H.

Then for all H € (0, 1/2), almost surely lim,_, 0, = 0, where the discretiza-
tion 6, of the maximum likelihood estimator ), is defined in (47). If H € (1/2, 1),
the same conclusion holds if we assume in addition that b" is bounded.

By Proposition 4, the above statements hold with 0 replaced by 6.

REMARK 4. Condition (C’) holds as soon as the random variable Q;(®)/+/t
has a density that is bounded uniformly . When H < 1/2, this is a statement about
the random variables [01 Mfl (ds)b(tH &)t —H . In all cases, condition (C’) holds for
the class of nonlinear functions defined in Lemma 3.

We conjecture that Theorem 4 holds if we replace (C’) by (C), in view, for
example, of the fact that the conditions of Proposition 5 hold for any o < 2H.
Step 1 in the theorem’s proof is the obstacle to us establishing this.



1204 C. A. TUDOR AND F. G. VIENS

APPENDIX

A.1. Proof of Theorem 3. Recall from the proof of Proposition 1 that we can
write

t
(53)  Qr=c(H)t'*Hb(X,) + ' (H) fo 1y (dr) (b(X;) — b(X,)).

We note that in this case the expression ,u’H(dr) does not determine a measure,
but we still use this notation to simplify the presentation; the Lipschitz assumption
on b and the Holder property of X do ensure the existence of the integral.

One can actually follow the proof in the case H < 1/2 line-by-line. All we
have to do here is prove an equivalent of relations (31) and (32) on the supremum
and variations of Q, this being the only point where the form of Q, which differs
depending on whether H is greater or less than 1/2, is used. We briefly indicate
how the second summand of Q in (53) (which is the most difficult to handle) can
be treated.

Under P, we denote X by @, since its law is that of standard fBm. The quantity
Q) =[5 Wiy (dr)(b(X:) — b(X,)) equals [y uu}y (dr)t=H (b7 @) — b(tH d5,)) in
distribution. Now, let V/ := =Y ZQQ. Omitting the details, we state that instead
of relations (31) and (32) on Q’, it is equivalent to show the following bound for
some M > 2:

5 b HM
(54) B s v v | = cums(T)
S, €[ty —by,ty] Iy
which follows from some elementary calculations, and a standard application of
the Kolmogorov lemma on continuity (see [35], Theorem 1.2.1). Details are in the
extended version of this article on arXiv. A direct proof, via (31) and (32), not
via (54), is also possible.

A.2. Proof of Proposition 3. To avoid tedious calculations with fractional
integrals and derivatives, we will take advantage of the calculations performed
in [18] when H > 1/2; nevertheless, we believe that a direct proof is also possible.
Actually, the only step where the authors of [18] use the fact that H is greater than
1/2 is the computation of the process Q. By relations (20) and (22), we can write

N L
0/ =5 | [ o) ©)K s v) dsdz,.
dt Jo Ju
Note that from the formulas presented in Section 2, we have

t
(K*,—ll[o’l]())(s) — C(H)SI/Z—H/ Ml/Z—H(u _s)—H—]/Z’ H < %’
N

_ gd (" _
(K*, 11[0’[]('))(S)=C(H)Sl/2 Hd_/ ul/z H(I/l—s) H+1/2’ H>%

S Js
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To unify the notation, we write

d t
(K**—ll[o,m-))(s)=c<H>s1/2—Hd— f wPH @ — )72 g e (0, 1),

S Js
and we just observe that the constant c(H) above is analytic with respect to H. Let
us consider, for v < ¢, a function A(v, t) such that

t t
/ A(v,s)ds:/ (K* M0.0()) () K (s, v) ds.

Then, obviously, Q, = fé A(t,v)dZ,.

On the other hand, it has been proved in [18] [see relations (3.4) and (3.5)
therein] that, for H > 1/2, QKB = [J AKB(t,v)dZKB with AKB(1,5) =
c(H)*H =1 4 g2H-1y, Using the relations between Q and 0KB and between
Z and ZKB (see Remark 3), it follows that, for every H > 1/2, and s < t,

G\ 1/2—H I\ 1/2-H
(55 A(s,t) = c(H)[(;) + (;) ]

We show that the above relation (55) is true for H < 1/2 as well. We use an
argument inspired by [13], proof of Theorem 3.1. We observe that the functions

s\ 1/2-H N\ 1/2-H
He(0,1)— A(s,r) and He(0,1)— c(H)[(;) n (;> ]

are analytic with respect to H and coincide on (1/2, 1). Moreover, both are well-

defined for every H € (0, 1) (in fact, it follows from [18] that A is well defined

for H > 1/2 and it is more regular for H < 1/2). To conclude (55) for every H €

(0, 1), we invoke the fact that if f, g:(a, b) — R are two analytic functions and

the set {x € (a, b); f(x) = g(x)} has an accumulation point in (a, b), then f = g.
As a consequence, (55) holds for every H € (0, 1) and this shows that

t t t
/ Q,dZ; =/ 0KkBazks =c(H)<z,KB/ r2=lazKkB z)
0 0 0
and all calculations contained in [18], Sections 3.2, 4 and 5 hold for every H. [

A.3. Proof of Theorem 4.

A.3.1. Proof of Proposition 4. For conciseness, we only indicate how to es-
tablish one of the crucial estimates for this proposition, that the quantity

2 _0(Qm = Om)(Zins1 — Z)

B m=01Qm?

converges to 0 almost surely, and then only for H < 1/2. Since we want to show
that S, tends to 0 almost surely, and P and P share the same null sets, we may as-

sume that Z is a Brownian motion, and X is a fractional Brownian motion adapted
to Z’s filtration.

Sy :
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Define the quantity
= H-1)2 12-m (71
Ro=Y (n— jy~H-112j1/2- f (b(X;) — b(X,)) ds.
—0 j

This is related to S, via the fact that m”~1/2|R,| = O, — Qm. We claim
that, for any ¢ > 0, almost surely, for large m, that is, m > mg, |Ry| < ro +
m~H+1+ec1b'||, where rg is a fixed random variable. This is sufficient to con-
clude that lim,, S,, = 0. Indeed, we will see below [Section A.3.3, Step 2, inequality
(61)] that, almost surely, for large n, Y _o1Om |2 > n?. Then the sum of all terms
in the numerator of S, for m < my, after having been divided by §,,’s denomina-
tor, tends to 0 when n — oo. On the other hand, the IID terms {Z,;,+1 — Zmn}meN
are standard normal, so that one trivially proves that almost surely for n > mg
(abusively using the same mq as above), up to some nonrandom universal con-
stant ¢, | Zu+1 — Zm| < ca/Togm. It follows that the portion of S, for m > my is
bounded above by n=2Y"" _mH =12 (rg + m=H ¥ ey |11 ||)/Togm, which is it-
self bounded above by (ro+ cg ||6’||)n3/>+¢, which obviously tends to 0 as n — 00
assoon as € < 1/2.

Now let us prove our claim on R,,. It is a known fact, which is obtained using
standard tools from Gaussian analysis, or simply the Kolmogorov lemma (see [35],
Theorem 1.2.1), that, forany M > 1,

E[ sup  |X; — XS|M] < jHM.
s,telj,j+1]

The usual application of the Borel-Cantelli lemma after Chebyshev’s inequality
for an M large enough implies that, for any o > H, almost surely, for large j,
Supy serj, j+17 1 Xt — Xs| < j*. Consequently, for any & > 0,

Rl < 2010/ Z(n—j)‘”“/zj‘/z‘”/_ X — X,|ds
j=0 /

n—1
HIO Y (= TR sup X — X

j=mo s€lj,j+1]
n—1
=ro+n 2NN Y (A — /)y VRGP sup X - X
j=mo selj,j+11
n—1
< ro 4 n—ZHnH+£ Z (1 . j/n)—H—l/Z(j/n)l/Z—H(j/n)H+E
Jj=mo

=ro+cun A1+ 01 /n)),

. . . . 1/2+
where the last estimate is by virtue of the Riemann sums for fol U_)‘)C)if,il/z dx.
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A.3.2. Proof of Proposition 5. By our Theorems 2 and 3, it is of course suffi-
cient to prove that limy;— 00 (6, — 6,) = 0. In preparation for this, we first note that
by classical properties for quadratic variations, and using our hypothesis, for large
enough n we have

[(B)n — (A)n| = {(B — A), (B + A))n]
(56) < (B+ A),|'?[(B = A),|'/?
<V2n7|(B)al[(A) + (B2,
Now we prove that (56) implies, almost surely,
5 (A)n
im
n—o0o <B>”
Indeed, let x, = (A),/(B),. Then we can write
[{B)n — (A)nl
(B)n
< V20 (B |72 (A)n + (B)al'V?
= cvV2n7 |1 + x| V2,
where ¢ is a possibly random almost surely finite constant. Let ¢ > 0 be given;
it is elementary to check that the inequality (x — D2 <2e(x+1)is equivalent
to |x — (1 + &)| < +/4e + 2. For us this implies immediately |x, — 1| < 6cn™¢,

proving the claim (57).
Now we have
— A B A, — B B), — (A
(58) Gn—9n= no n__ “n n+An< )n < )n.
(A)n (B (B)n (A)n(B)n
Using (56), we have that the second term in (58) is bounded above in absolute
value by

7 =1.

|Xn — 1| =

o An [{A)y + (B)n|'/? o An (A 172
2n"¢ =2n"¢ 1 .
T 17 T e <A>n<<B>n+)

By Theorems 2 and 3, A,,/(A), converges to the finite constant . By the limit (57),
the last term in the above expression converges to 2, so that the entire expression
converges to 0. Let k and y be fixed positive values. For the first term in (58), using
our hypotheses, by the Chebyshev and Burkholder-Davis—Gundy inequalities, and
from the expression of the semimartingales Z as Z;, = fé Qs dWs+6 [ Qs ds, we
have

P[|A, — B,[* > n ¥ E[(B)X]] < n”*E"'[(B)KIE[|A, — B.|¥)

< c(0)2knrkpn ke,
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Thus, picking a positive value y < o and choosing k large enough, by the Borel—
Cantelli lemma, almost surely, for n large enough,

_ L
|An = Bal <nVE[B), 1" < —n ™7 (B,
which finishes the proof of the proposition.

A.3.3. Proof of Theorem 4 (Steps 1 through 4). In this entire proof ng(w) will
denote a random almost surely finite integer; it may change from line to line, as
it is introduced via various different applications of the Borel-Cantelli lemma, but
one only needs to take the supremum of all such integers to have correct statements
throughout.

Step 0. Strategy. First note that since the probability measures P and P are
equivalent (see Theorem 1), almost sure statements under one measure are equiv-
alent to statements about the same stochastic processes under the other measure,
and therefore, we may prove the statements in the theorem by assuming that the
process Z in the definitions (49) and (50) is a standard Brownian motion, since
such is its law under P. Furthermore, for the same reason, we can assume that,
in these same definitions, Q is given by formula (11), where X is replaced by @
whose law is that of standard fBm. We will use specifically, instead of (11), the
explicit formula (25) when H < 1/2. For H > 1/2, the formula (16) must be used
instead, which shows the need for a control of b’s second derivative. For the sake
of conciseness, we restrict our proof to the case H < 1/2. The result of the theorem
is established as soon as one can verify the hypotheses of Proposition 5. Here we
present only the proof of the first of the three hypotheses. The other two are proved
using similar or simpler techniques. To achieve our goal in this proof, it is thus suf-
ficient to prove that, almost surely, for large n, (B), > n*!, while (A — B), <n®?,
where the values «; and o, are nonrandom and o« > ap. We establish these esti-
mates in the Appendix.

Step 1. Bounding |Q|? below. Using only condition (C'), we immediately get,
forany y € (0,1/2 — H), for any large ¢,
P(1Q:] <127V < Kpt 7.

To be able to apply the Borel-Cantelli lemma, we now let # = n, where n is an
integer and A is a constant exceeding y . We then get, almost surely, for any
n > no(w),

(59) Q4] > nAU1/277),

We also bound other Q,,/’s that are in close proximity to O, . For any fixed inte-
ger m, consider the set I;; of integers m’ in the interval [m — m*, m], where y is
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also assumed to be less than 1/4. Then by inequality (32), for any ¢ > 0, for some
almost-surely finite r.v. cg,

sup | Qi — Q| < cem!/2H¥e (v H—e

m'el

_ V12 (H=e)(1=4p)

= con!/2¢

where ¢/ = (H — ¢)(1 — 4y) is positive for ¢ < H and our hypothesis on y. Thus
with 0 < ¢/ < H(1 —4y), almost surely, we may write that

10| > | Q| — o>~

Certainly, if 7z is of the form n# for large enough n, by choosing y small enough,
we obtain that the lower bound 7'/2~Y on |Q,|* obtained in (59) is dominant
compared to m!/2=¢ for ¢ close to H (1 —4y). Hence, we get, almost surely, with
m = n? large enough, for all m’ € [m — m*, m],

l/2—e

| Qi

Cem

(60) 10l = 1041 - ) > 10al/2.
Step 2. Bounding (B) from below. For n given, let n; be the largest integer
such that n? <n < (n; + DA. Also assume 7 is large enough so that n‘f > no(w).

. . — A
Thus, applying (60) with m = n{’,

nA

1
(B)m 10l = 10,0+ Y 1Qwl
m=0 m’=n’14—(nf‘)47’

=10, +270 30 10, =10

m/zn‘l‘\—(n‘l‘\)“V
We can now invoke (59) to say that, almost surely, for n > no(a))A,

(B)n = ()27 () =27 () AP

Given that we may write 7] 41 + ny 1 > n, so that n1 > n/2, we can finally con-
clude that

1

242y
> -
nZ STAa )t

(61) (B)

Step 3. Bounding (A — B)’s terms from above. 'We may generically bound the
general term of (A — B), directly using the bound (32) and its associated random
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variable c,: almost surely, for all m > 0,

m+1 ) m+1 )
f 105 — Ol dss/ ds sup |0 — Ol

m m te[m,m+1]

(62) = sup |Qr— Qul

te[m,m+1]
S Cg(ml/2—H+€1H—€)2 — m1—2H+28.
We conclude that, for any § =1 — ¢ < H, almost surely, for all m,

mtl 2 1-28
[ 100 = 0ulds < com! 3,

m
Step 4. Conclusion. From the formula (A — B),, = 21_:10 ,Z“Ll |Qs — Om|*ds,
using the last estimate of the previous step, we get
(A—B), <cen*™2.
From the final estimate (61) of Step 2, we may now write almost surely

(A—B) _ e
(B, — o

Hence, the first statement of Proposition 5 is established for any o < 2H.
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