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Abstract. We consider random walks on Z‘ with transition rates p(x, y) given by a
random matrix. If p is a small random perturbation of the simple random walk, we
show that the walk remains diffusive for almost all environments p if d>2. The
result also holds for a continuous time Markov process with a random drift. The
corresponding path space measures converge weakly, in the scaling limit, to the
Wiener process, for almost every p.

1. Introduction

Random walks are probably the most extensively studied models of non-
equilibrium behaviour. On a lattice Z¢, a random walk is defined by a matrix
p(x, y), x, y € Z° giving the probability of jumping from x to y at each time. The only
constraints on p are

p(x,y)=0, (1
gp(x, y)=1 Vx. V)

Usually one considers walks on homogeneous environments, which means that

p(x,y)=p(x—y). 3

For a random walk in a random environment (RWRE), p is a random matrix. The
randomness models the effect of impurities on a physical system, and one would
like to study properties of the walk (e.g. its long time asymptotics) for almost every
sample p.

Apart from its obvious interest in the study of diffusion in non-homogeneous
media, RWRE may be considered as a simple model related to various other
physical situations. These include Anderson’s tight-binding model for disordered
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electron systems, deterministic motion among random scatterers (the Lorentz gas),
or the time evolution of disordered systems.

In this paper we consider a RWRE, where p is a small short range random
perturbation of a homogeneous walk. We can deal with rather generic such
perturbations, but the most interesting is the one where the environment is
asymmetric: p(x,y) and p(y, x) are independent. For such walks we show that
normal diffusive behaviour takes place if d > 2: the diffusion constant is non-zero
and independent of p for almost all p. Also, the (long time) scaling limit of the walk
is the Wiener process.

The continuous time analog of random walk is Brownian motion. The analog
of RWRE is the Markov process (on the state space Z%), with generator

A+b-V, 4

where b is random. Thus, the transition probability P(x, t) in time ¢ from origin to x
satisfies the Fokker-Planck equation

0Pp=AP—V-(bP). (5)

Our results extend to such Markov processes for a distribution of b whose
covariance equals

E(b(x)by(y)) =800, (6)

with ¢ small, and d> 2.

One of the first results on asymmetric RWRE is due to Sinai [1]. He showed
that, in one dimension, the effect of the asymmetry in the environment is drastic:
the mean square displacement is typically of the order (logt)*, instead of ¢ in the
homogeneous environment.
~ Thisresult prompted investigations and some controversy about the behaviour

in higher dimensions. Some numerical work [2] indicated logarithmic behaviour
in d=2, for strong disorder. Subsequently, perturbative renormalization group
computations were performed [3-5] which gave support to diffusive behaviour in
d=2. The argument showed that the zero disorder (homogeneous) fixed point is
stable: upon scaling space and time, the effective disorder renormalizes to zero. On
dimensional grounds this is easy to understand for d>2. If we define P'(x,t)
= I’P(Lx, I*t), where P solves (5), then P’ solves (5) with a new noise b’ = L*b(Lx'). If
we replace the state space by R? and if b is white noise, then

E(o)by(y)) =2>L*6,40(x— ). ™

Of course, to make sense of this argument one has to regularize the delta
function and replace scahng by a renormalization group (RG) analysis. In d=2, a
second order computation in the disorder reveals the irrelevancy of the disorder
[3]. Of course the perturbative RG can be argued to be reliable at most for small
disorder. However, in [3], it was argued that the large disorder fixed point is
unstable under the RG, and, thus, this gives plausibility to the claim that the walk
is diffusive for all (local) disorder.

This claim was subsequently challenged [6, 8] by explicit counterexamples. In
[6], environments with long-range correlations were constructed which have
logarithmic behaviour like the one found by Sinai in d =1. These models do not fit
into the framework discussed above due to the non-localities. However, they can
be understood in the RG framework [7] at least heuristically.
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An important problem in the asymmetric walk is the presence of traps, i.e.
regions where the walk can remain trapped for long times. Such traps will occur in
all distance scales and, if too abundant, they may produce sub-diffusive behaviour.
These traps occur in local models and were used in the counterexample of [8].
However, as we explain below (see also [7]), such counterexamples again fit very
well in the RG picture.

The trapping properties of the asymmetric environments are absent in models
of RWRE in symmetric environments, where e.g. p(x, y)=p(y, x). For continuous
time, this means that the random force b is the gradient of a stationary random
potential b= V. If v is white noise, then, in the formal scaling argument (7), the
power of L is replaced by —d, i.e. the noise is irrelevant in all dimensions. This is
indeed the case: in [9 and 10] it was shown that the diffusion is normal in all
dimensions and without our restriction on ¢ being small. These results were
subsequently extended to various lattice models [11-14].

Our proofis outlined in detail in Sect. 3. It is based on a RG analysis, somewhat
similar to the one in [15]. The RG transformation consists of decimation in time,
combined with the scaling of space and time. This transformation maps a RWRE
to another RWRE, with local transition probabilities, but weaker randomness, as
in (7). Iteration of the RG drives the system to a fixed point, given by the Wiener
process, which describes the long time asymptotics of the original RWRE.

The method should extend to d =2, where a more detailed study of the RG in
the small disorder region is required. The proof given below works, formally, in
d=2+¢for all e>0. We hope to be able to use the method to study the emergence
of stochastic (diffusive) behaviour in deterministic models such as the Lorenz gas
and lattice versions thereof.

In Sect. 2, we state our results. The ideas of the proof are explained in detail in
Sect. 3, where the outline of the rest of the paper is given.

2. The Model and the Results

A random walk on Z¢ is described by the transition probabilities p(x, y) from x e Z¢
to yeZ4:

p: 2 x 7°-[0,1] (1)
satisfying

Y plx,y)=1. )
yeZd

p allows us to define measures p;, TeN on the space Q; of walks
w:{0,1,..., T} >Z* starting from »(0)=0:

pal)= T ploti=1),0(0). ®)

We will study in this paper the large T properties of such measures. It will be
convenient to realize them as measures v; on C([0,1]), the space of continuous
paths w: [0, 1]—>R?, by rescaling the time in a standard way. Thus, given an w € Q,
we obtain a piecewise linear path

o@)=T " wi—1)+(Tt—i+1)(0(i)—wi-1)), 4
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where i—1=[Tt] and [ ] denotes the integral part. v; is the measure induced by
(4) on C([0,1]), and we will study the limit
lim vg (5
T—
also called the scaling limit, and its properties. For convenience, we will consider
below times given by T=L*" for neN and L a fixed integer chosen later. We will
denote v;.. by v, for short.

A random walk in a random environment is a random walk for which the
probabilities p(x,y) satisfying (1) and (2) are random variables with a given
probability distribution. We then investigate the existence of the limit (5) almost
surely with respect to this distribution.

Let us now specify precisely the properties of p which we impose. For simplicity,
we consider nearest neighbor walks (see, however, Remark 1 after Theorem 2):

1
57 Ty Ix—yl=1

For b=0, (6) defines the simple random walk. From (2) we see that
Y b(x,y)=0. ()
y

Theb={b(x, y)},. yczais a family of random variables whose distribution 2 we now
describe.

(P1) Independence. We take b(x, y) and b(x', ) to be independent if x = x": order
the unit vectors in Z¢ in some arbitrary way: (e;,e,, ..., e,,). Put

b(x)=(b(x,x+ey), ..., b(x, x +e,4)) e R**. )

We take {b(x)} . za to be independent, identically distributed random variables with
mean zero

Eb(x)=0 O

satisfying (7) and (1) for p of (6). Note, in particular, that b(x, y) and b(y, x) are
independent: the environment is asymmetric

(P2) Isotropy. Let R € O(d) be a rotation of R fixing the lattice Z“. This induces a
permutation ne S,, of the ¢;’s, and thus a permutation of the coordinates of b(x),
n*b(x). Then, we require that

b(x) and 7*b(x) (10)

are identically distributed (note that this and (7) imply (9)).
We next require that b in (6) is a “small” perturbation in the following sense.

(P3) The generating function of b satisfies
Ee"™) <t (11)
Finally, we impose a condition on the probability that the p(x, y)'s are near zero:

(P4)
Prob(p(x,y)g %e“"’) <e ™, NeN, (12)
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This is designed to avoid the walk getting “trapped” in some region of Z¢, see the
discussion in Sect. 3; ¢ in (11) will be taken small and I in (12) large.
We now state the main result concerning the limit (4). Let us denote by

D —d/2 d 2
TH(x)= <2ng> exp[— 2%:' (13)

the transition probability density for the Wiener measure v? with diffusion
constant D. The scaling limit of our walk is given by v” for almost all environments.
The convergence takes place in at least in two senses: first of all, as Theorem 1
shows, suitable correlation functions converge, and this implies convergence of the
diffusion constant and of the finite dimensional distributions (take f(x)=e™**
below, and use Theorem 7.6 in [16]). We consider the following class of smooth
functions:
F ={fe C*RY||f(x)| +|Vf(x)| < Ce""} .

Then,

Theorem 1. Let 2 satisfy (P1)—(P4) and d > 2. Then there is an ¢, >0 and I, such that
for e<gy, I'> I there exists a D >0 such that the limit

lim {dv,(@)[] f{o(t))

n—o i

exists and is given by

[dv2(@)] flo(t:)
for any fy ... L,eF,and t, ... t,€[0,1] P-almost surely. Moreover, D satisfies
ID—1|<Zce?. (15)

Let us define the diffusion constant in time T=L*" by

1
D,(p)=7X pr(@)o(T)? (16)
and
D(p)=lim D,(p). a7
Then,
Corollary. The limit (17) exists ?-a.s. and equals
D(p)=D,

where D is given in Theorem 1.
Indeed, (16) equals
D(p)={ dvy{w)o(1)?
whereas
D=[dvP(w)w(1)*.
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Actually, the convergence to the Wiener measure also holds for all bounded
continuous functions on the path space, not only factorisable ones, as in
Theorem 1:

Theorem 2. Under the assumptions of Theorem 1,
vp—vP (14)
weakly, P-almost surely. D is the same as in Theorem 1.

Remark 1. Theorems 1 and 2 hold for a much more general class of RWRE’s than
described above. While the general case is described by our inductive assumptions,
our results extend, for example, to the following class of models: we assume

p(x, y)=T(Ix—yl) +b(x, y) (18)
with
0ST(x)SCe ™,  |b(x,y)<Ce 7, (19)
Y T(x)=1
and

Eb(x,y)=0 =Z b(x, ).

The random fields b(x)= {b(x, )}, za satisfy
(a) b(x), b(x') are independent, 1dentlca11y distributed.

(b) G(f)=Eexp (Z b(0, y)f (y)> Sexpe Z e If(y).

(c) (Isotropy) G(f)= G(R*f), where ReO(d) fixes Z“.
(d) Prob(p(0,y)>1—e " My<e M N2>1.

Remark 2. The analysis covers also a continuous time version of RWRE. Let
P'(x, y, B) be the solution of

dpt . o
= ATBPL Py p=d, (20
with 4 the Laplacian on Z, ¥ the finite difference operator and let f(x),i=1, ...,d,

x€Z* be independent identically distributed random variables with mean Zero
and

IBix)<e. (21)
This problem essentially reduces to the previous teN case by putting
plx,y)=e""""A(x, y). (22)

Clearly } p(x,y)=1 and p(x, y)2 0. Furthermore, p is analytic in {(x)}, , in the
polydisc (21) (as a bounded operator on 1%(Z) with
ALRT Es]

where n, are the multiplicities of B(x)’s, and d(X), for X CZ4, is the length of the
shortest connected graph on X'; (23) may be obtained via a repeated application of

ScVexp[—d(ux,uxuy)]1ng!, (23)
B



Random Walks in Asymmetric Random Environments 351

Duhamel’s formula and of

e4(x, y) S ce” XTI
Therefore

p(x, y)=Ep(x, y) + YCZZd by(x,y) (24)
and

[by(x, I (ce)™ exp[—d(xuyUY)].

These p(x, y)'s fit into our inductive assumptions. Here by collects terms in the
Taylor series of p with f(x), x € Y. Thus the by s are independent for disjoint ¥;’s.

3. The Renormalization Group — Outline of the Proof
1. The RG Transformation

The RG will allow us to replace the analysis of long time properties of the walk by
the study of a map, the RG map, relating transition probability densities of
successive scales.

Given a matrix p(x, y) satisfying (2.1) and (2.2) and thus defining a random walk,
choose an integer L>1 and set

L2
Pilxy)=L'T T] plali—1),w(@)= L'p(Lx, Ly) 6y
for x,ye(L™'Z)". In the sum, w(0)=Lx, o(T)=Ly and we write |w|=I2 Let
P7(x, y, p) be the probability, in the random walk defined by p, to go from x to y in
time T Explicitly
T

PY(x,y,p)=Y. ,l;ll plw(i—1), w(i)) 2

with w(0)=x, w(T)=y.
With definition (1) and T=IL?", we have

PT(x,y,p)=L""P™ (L™ 'x,L" 'y, p,)

LS e e), O

w:oi)e(L-1Z)4

where w(0)=L"'x, o(T;)=L"'y, T, = L™ *T. The powers of L in (1) are of course
chosen because we expect the long time limit to be diffusive. The ones in (3) become
very natural, provided we note that, since w now are walks in (L™ !Z)?, due to the
scaling involved in p,, it is natural to replace Y by an “integral.” Therefore, we will

shift to the following notation:

fdol,= [ | 1T dofdb(0)~ 930 -), @
where
dol)=L7* 5 ®

(L-1Z)d w(i)e(L~1Z)4
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and
o(w(0)—x)= Ldéww), x (6)
Equations (4-6) will shortly be used with L replaced by L*, ne N. Thus (3) reads
PT’(x1>pr1)=jdw£11ylpl(w), (7)
|o]
pi(w)= .1;[1 pi(w(i—1), w(i). ®)

Equations (2) and (3) are of course nothing but a convenient rewriting of P”. It is
obvious that we may iterate this operation, to obtain

PT(x,y,p)=L""P~" " T(L™"x,L™"y,p,), ©9)

where the right-hand side refers to walks on L™ "Z¢? with transition probabilities
pn:L"Z% x L""Z°—[0,1]. Indeed, we have the recursion

Dn+ l(x’ y)=Ld.(dw£;Lypn(w)’ (10)
where the right-hand side involves (4-6) with L— L. Clearly, the property
[dy p(x,y)=1 a1

is preserved under the map (10); (10) is the Renormalization Group map. It maps an
“environment” p, to another p, .. Thus p,, n=1, are random variables, being
functions of p. The meaning of (10) is that the rescaled long-time transition
probabilities for our RWRE are given as the transition probabilities in the rescaled
time of a RWRE with renormalized p’s. Given (11), it may be useful to think of
p.(x, y) as a transition probability density, in R?, which is constant on cubes of side
L™, To solve for the scaling limit we need to solve for the pis.

Consider for example the diffusion constant (2.16). We get from (2.16) and (9)

D,(p)=Dy(p,) = dy p.(0,y)y*. (12)

Thus the long time behavior is reduced to a time 1 problem for p,, as n— co.
The next step consists in dividing p, into a “deterministic” and a “random” part:

Pu(%, y)=T(x —y) +by(x, y), (13)

where
T(x—y)=Ep,(x,y), (14
bn(x’ y)=pn(xs y)_Epn(xa y)a (15)
and we used the translation invariance of the distribution of b. Evidently, by (11),
[dyT)=1, (16)
[dyb (x,y)=0=EDb,(x, y). 17)

The bulk of this paper consists in showing that b, tends to zero as n— oo,
whereas T, tends to (2.13). Let us consider T, first. The iteration (10) is very easy to
solve if b=0: we have a convolution and denoting by T the Fourier transform of T,
we have

K\
nak=1(5) 19
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ie.
R R k L2n
T(k=T (E) ; (19)
where, from (2.6)
d
T(k)= 2 Y. cosk,. (20)
a=1
Hence, as n— oo,
A~ k? -
T,(k)—~exp [ - 53] =Tk, (21)
where
D —df2
TH(x)= <27z E) e 42D (22)

Of course b is not zero and, at each scale, b, will modify the diffusion constant.
Since b, goes to zero, we shall obtain a sequence of approximations D,, given by
E(D(p,)), see (12), to the true diffusion constant D.

2. The Flow of the Disorder
Now, let us see in what sense b, goes to zero. The recursion (10), written for b, reads,
using (15)

bus 1(X,¥) =(Rb,) (x, y)= L | dof o, [(T, +b,) () — E(T, + b) ()] . (23)

Equation (23) defines the renormalization group map R for the stochastic
part b of p. The main difference between b, and b of (2.6)is that b,(x, y), b,(x’, y') are
no longer independent. Indeed, we have

bu(x,y)=L" [ donn{(T+b) () — E[(T+b) (w)]}, 24
which shows that b,(x, y) depends on b(X, ) for
|C'x —X|+ |y —%| < *". (25)

Also, p, are not strictly local: p,(x,y)=0 only if
|x—y|>L". (26)

Of course, we expect b,(x, y) and b,(x’, y') to be only weakly dependent if |x — x'| is
large, and be exponentially small if [x — y| is large. The third difference is that b,
lives on L™"Z* i.e. we have a proliferation of variables: obviously b,(x,y) and
b,(x',y") should be “almost the same” if |x—x'| and |y— )| are very small; in
particular, they will not be independent but, rather, strongly correlated.

These problems are solved by localizing b,(x, y) in terms of which b(%, j)'s it
depends on. We write

bn(xa y) = YCEZ"’ bnY(xa y) b (27)






