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Let{(X(),Y(s)):t€T,s € S}bean Rz-valued, centered, unit-variance
smooth Gaussian vector field, where T" and S are compact rectangles in the
Euclidean space. It is shown that, as u — oo, the joint excursion probabil-
ity P{sup,c X (t) > u, supscg Y (s) > u} can be approximated by E{x (Ay)},
the expected Euler characteristic of the excursion set A, = {(¢,s) € T x §:
X(t) > u, Y(s) > u}, such that the error is super-exponentially small. This
verifies the expected Euler characteristic heuristic (cf. Taylor, Takemura and
Alder (2005), Alder and Taylor (2007)) for a large class of smooth Gaussian
vector fields.

1. Introduction. For a real-valued Gaussian random field {Z(¢), € RV} and a compact
rectangle T C RY, the study of excursion probability P{sup,cr Z(t) > u} is a classical and
very important problem in both probability and statistics due to its vast applications in many
areas such as p-value computations, risk control, and extreme event analysis, etc. Various
methods for precise approximations of P{sup,.7 Z(¢) > u} have been developed. These in-
clude the double sum method, the tube method, the Euler characteristic method, and the Rice
method. We refer to the monographs Piterbarg [10], Adler [1], Adler and Taylor [2], Azais and
Wschebor [4] and the references therein for comprehensive accounts. However, the extreme
value theory of multivariate random fields (or random vector fields) is still under-developed
and only a few authors have studied the joint excursion probability of multivariate random
fields. Piterbarg and Stamatovic [12] and Debicki et al. [7] established large deviation results
for the excursion probability in the multivariate case. Anshin [3] obtained precise asymptotics
for a special class of nonstationary bivariate Gaussian processes under quite restrictive condi-
tions. Hashorva and Ji [8] and Debicki et al. [6] derived precise asymptotics for the excursion
probability of certain multivariate Gaussian processes defined on the real line R with specific
cross dependence structures. Zhou and Xiao [16] studied the excursion probability of a class
of nonsmooth bivariate Gaussian random fields by applying the double sum method. Their
main results show explicitly that the excursion probabilities of bivariate Gaussian random
fields depend not only on the smoothness parameters of the coordinate fields but also on their
maximum cross-correlation.

In statistical applications, such joint excursion probabilities are critical tools for construct-
ing simultaneous confidence regions in a continuous-domain approach [13]. In particular,
motivated by the expected Euler characteristic (EEC) approximation to excursion proba-
bilities of real-valued Gaussian random fields [2, 14], we prove in this work that the EEC
approximation holds in general for the joint excursion probability of Gaussian vector fields.

Let {(X(1),Y(s)):t € T,s € S} be an R?-valued, centered, unit-variance smooth Gaus-
sian vector field, where 7 and S are compact rectangles in RY and RV / respectively. Let
A, ={(,s)eT x S:X(t)>u,Y(s)>u} be the excursion set where both components X
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and Y exceed the level . Our main objective is to show that, as u — oo, the joint excur-
sion probability P{sup,.s X () > u, sup,cs Y (s) > u} can be approximated by E{x (A,)},
the EEC of A,, such that the error is super-exponentially small; see Theorem 3.1 below for a
precise description. This approximation result shows that the maximum correlation between
X(t) and Y (s), denoted by R (see (1) below), plays an important role in both E{y (A,)}
and the super-exponentially small error. Moreover, as we will see in the proof of Theorem
3.1 (cf. My in (44), M in (56), and M3 in (63)), the points where R is attained make the
major contribution to E{x (A,)}. Based on this observation, we also establish two simpler
approximations in Corollary 3.1 under the boundary condition (7) on nonzero derivatives of
the correlation function over boundary points where R is attained, and in Theorem 3.2 under
the condition that there is a unique point attaining R, respectively.

In general, the EEC approximation E{yx (A,)} can be expressed by the Kac—Rice formula
as an integral; see (6) in Theorem 3.1. In [2, 14], the authors derived a nice expression for
E{x(A,)} called the Gaussian kinematic formula, since they assumed that the real-valued
Gaussian field has unit variance, which is an important condition to simplify the integration
formula of E{x (A,)}. However, in our case here, the integration formula of E{x (A,)} (see
(6)) mainly depends on the conditional correlation of X (¢) and Y (s), which varies over T x S.
It turns to be very difficult to get an explicit expression for E{x (A,)}. Instead, one can apply
the Laplace method to extract the term with the largest order of u# from the integral such
that the remaining error is o(1/u)E{x (A,)}. To explain this, we show several examples of
specific calculations in Section 4. For an intuitive understanding of the EEC approximation,
we may roughly treat the main term E{x (A,)} as g(u)e_”z/(HR) where g(u) is a polynomial
in u (by approximating the integral in (6)), and the error term o(e_uz/ (1+R)_‘”‘2) is super-
exponentially small compared with E{x (A,)}.

The paper is organized as follows. We first introduce the notation and assumptions in
Section 2, and then state our main results Theorem 3.1, Corollary 3.1, and Theorem 3.2
in Section 3. We provide in Section 4 several examples on evaluating the EEC and hence
approximating the joint excursion probability explicitly. The rest of the paper focuses on the
proofs of the main results, which are demonstrated in three steps: (i) sketching the main ideas
in Section 5; (ii) studying the super-exponentially small errors between the joint excursion
probability and EEC in Sections 6 and 7; and (iii) providing final proofs for the main results
in Section 8.

2. Notation and assumptions. Let {(X(¢),Y(s)):t € T,s € S} be an R2-valued, cen-
tered, unit-variance Gaussian vector field, where 7 and S are compact rectangles in RY and
RN respectively. Let

(1) r(t,s) =E{X®)Y(s)}, R= sup r(t,s).
teT,seS

For a function f(-) € C2(R™) and t € R” withn > 1, let

@) 0 L)
fi(t) = o1 fij(t) = 51,01, , Yi,j=1,...,n,
) VIO =A@, [2©), VO =(fij®O); =y

vech(V2f (1) = (fij(t),1 <i < j<n),
(f, V f,vech(VZ £))(t) = (f (1), V f (1), vech(VZ £ (1))),

where “vech” denotes the half-vectorization operator. For a symmetric matrix B, denote by
B < 0 and B < 0 if all the eigenvalues of B are negative (i.e., B is negative definite) and
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nonpositive (i.e., B is negative semidefinite), respectively. For two functions f(x) and g(x),
we write f(x) ~g(x)asx — oo if limy_, f(x)/g(x)=1.

Denote by T = ]—]lN:][ai, biland S = I—[fvz/l[alf, b;]1, where —0o < a; < b; < oo and —o0 <
a; < b} < oo. Following the notation in Adler and Taylor [2], p. 134, we show below that T
and S can be decomposed into unions of their interiors and the lower dimension faces. Based
on these decompositions, the Euler characteristic of the excursion set A, can be represented
(see Section 3).

A face K of dimension k is defined by fixing a subset o (K) C {1, ..., N} of size k and a
subset e(K) = {g;, j ¢ 0(K)} C {0, 13Nk of size N — k so that

K={r=(1,...,tn) €T :aj <tj <bjif j eo(K),
tj = (1 —ej)aj +8jbjifj ¢ O‘(K)}.
Denote by 0;T the collection of all k-dimensional faces in 7. Then the interior of T is

denoted by T = oy T and the boundary of T is given by 97 = U,JCV;OI Ukear K. For each
teKeo,TandseL €98, let

VX|K(Z‘)=(Xi1(l),...,Xik(l))il ..... ireo(K)’ v2X|K(Z)=(an(t))m’neo'(K)’
VYiL(s) = (Yiy ()s - Y ()i, iveorys V2YL(5) = (Ymn(9) neo (L)

We can decompose 7 and S into

T:Lj\j U k. S:]LVJUL.

k=0 K €d T I=0Led S
For each K € 0xT and L € 9;S, define the number of extended outward maxima above u as
MP(X,K):=#{teK:X(0)>u, VXg(t)=0,V>Xx (1) <0,£5X,;(1) 2 0,Vj ¢ o (K)},
MEy, L) =#{seL:Y(s)>u,VYL(s)=0, VzY\L(s) <0,67Y;(s)>0,Vj ¢ o(L)},
where 87 =2¢; — 1, and define the number of local maxima above u as
My (X, K):=#{te K:X(t)>u, VX|x(t) =0, V>X g (1) < 0},
M, (Y, L):=#[seL:Y(s)>u,VYL(s) =0, V2Y|.(s) < 0}.

Clearly, ME(X,K) < M, (X, K) and ME(Y, L) < M, (Y, L).
We shall make use of the following smoothness condition (H1) and regularity conditions
(H2) and (H3).

(H1) X,Y e C*(RV) almost surely and their second derivatives satisfy the uniform mean-
square Holder condition: there exist constants C, § > 0 such that

E(X;; () — X,-j(t/))2 <C|t- t'||28, vt,t'eT,i,j=1,...,N,
E(Ymn(s) — Ymn(s/))2 <Cl|s— s/||28, Vs,s'eS,m,n=1,...,N’.
(H2) Forevery (1,1, s) € T? x S with r # t', the Gaussian vector
((X, VX, vech(V2X))(1), (X, VX, vech(V2X))(t'), (Y, VY, vech(V?Y))(s))
is nondegenerate; and for every (s,s’,r) € S 2 % T with s # s', the Gaussian vector
(Y, VY, vech(V2Y))(s), (Y, VY, vech(V?Y))(s'), (X, VX, vech(V>X))(1))

is nondegenerate.
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(H3) For every (z, s)‘ e kT xS, 0<k <N — 2, such that (¢, s) = R and the index set
I§ (t,s)={Ll: 2g’—trl(t, s) = 0} contains at least two indices, we have

a%r
3) ( . s)) <0
0t; 0t i,jeTR(t,9)

For every (t,5) € T x 9;S,0 <1 < N’ — 2, such that r(z,s) = R and the index set
I{f (t,s)={Ll: a%(t, s) = 0} contains at least two indices, we have

9%r
(t, S)) =0.
08,08y mneZf(t,s)

The smoothness condition (H1) and regularity condition (H2) imply the validity of Corol-
lary 11.3.2 in [2], showing that X and Y are almost surely Morse functions on 7 and S re-
spectively. Additionally, the conditions required for Kac—Rice formulas in Theorems 11.2.1
and 11.5.1 in [2] are satisfied, so that we can apply them to compute moments of the number
of critical points.

Although (H3) looks technical, it is in fact a mild condition imposed only on the lower-
dimension boundary points (¢, s) with r(¢, s) = R. Roughly speaking, it shows that the cor-
relation function should have a negative semidefinite Hessian matrix on boundary critical
points where the maximum correlation R is attained. Since r (¢, s) = R implies %(l, s)=0
forall £ € 0 (K), we have I§ (t,s) Do (K). Similarly, I§ (t,s) Do (L). We show below that,
fork =N — 1 or k = N, the property (3) is always satisfied.

(i) If k = N, then ¢ becomes a maximum point of » (as a function of ¢) in the interior of T
and ZR(t,5) =0 (K) = {1, ..., N}, implying (3).

(ii) For k = N — 1, we distinguish two cases. If I§ (t,s) =0 (K), then t becomes a max-
imum point of r restricted on K, hence (3) holds. If I§ (t,s) ={1,..., N}, let s be fixed, it
follows from Taylor’s formula that

r(t's)=rt.s)+ (' —0)V2r,s)( — 1) +o(|t' —t]?). €T,

where V2r(z, s) is the Hessian with respect to r. Notice that {(r' —1)/||t'—t|| : t' € T} contains
all directions in R" since t € K € ay_;T, together with the fact r(¢,s) = R, we see that
V2r(t,s) cannot have any positive eigenvalue and hence (3) holds.

It is also evident from the 1D Taylor’s formula that (3) holds if I§ (¢, s) contains only one
index. Combining these facts, together with the observations that

ar 0%r
8_t,-(t’ $) =E{Xi(OY (s)}, 2101, (t,5) =E{X;j ()Y (s)},
or 9%r
a_s,-(t’ 5) =E{X()Yi(s)}, 95,05, (t,s) =E{X(®)Y;j(s)},

we obtain the following result.

PROPOSITION 2.1.  Under the condition (H3), we have that, for every (t,s) € T X S such
that r(t,s) = R, the matrices

E{X OY ), jezri 20 and  (E{XOYu ()} ezr 5 <0
where the index sets I§ (t,s) and I{f (t, s) are defined respectively as

IR(t,s) = {L:E{X ()Y (s)} =0} and I&(t,s)={L:E{X®)Yi(s)} =0)}.
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3. Main results. Here, we shall state our main results Theorem 3.1, Corollary 3.1, and
Theorem 3.2, whose proofs will be given in Section 8. Define respectively the excursion sets
of X, Y, and (X, Y) above level u by

Ay X, T)={teT:X@1)>u},
Au(Y,S)={se€S:Y(s)>u}, and
A=A, X, T)x Ay (Y, S)={(t,s) €T x S: X(¢) > u,Y(s) > u}.
Let the number of extended outward critical points of index i above level u be
wi(X,K):=#{t € K: X(t) > u, VX (t) =0, index(V>X g (1)) =1,
ej-‘Xj(t) >0forall j ¢ 0(K)},
wi(Y, L) :=#{s € L:Y(s)>u, VY|L(s) =0, index(V2Y|1(s)) =
8’]'-‘Yj(s) >0forall j ¢o(L)}.

Recall that % =2¢; — 1 and the index of a matrix is defined as the number of its negative
eigenvalues. It follows from (H1), (H2), and the Morse theorem (see Corollary 9.3.5 or pages
211-212 in Adler and Taylor [2]) that the Euler characteristic of the excursion set can be
represented as

x(Au(X,T)) = Z Y (=D Z( D i (X, K),

k=0Keo, T i=0
(4)
x(Au(Y,5)) Z Yo Z( 1) i (Y, L).
[=0Leo;S

Since for two sets D1 and Dy, x (D; x Dy) = x(D1)x (D>), we have
x(A) = x(Au(X, T) x Ay(Y,S)) = x (Au(X, T)) x x(Au(Y,S))

k )
=Y Y (=p (z<—1>m,-<x, K)) (Z(—l)juj(Y, L)).

kil KedT,Led;S i=0 Jj=0

&)

Here and in the sequel, to simplify the notation, we denote by ), ; the sum taken over all
k=0,....,Nand[=0,...,N’.

Now we state the following general result on the EEC approximation of the joint excursion
probability.

THEOREM 3.1. Let {(X(1),Y(s)) :t € T,s € S} be an R*-valued, centered, unit-
variance Gaussian vector field satisfying (H1), (H2), and (H3). Then there exists a constant
o > 0 such that as u — 00,

2
IP’{ZSIEJIT)X(I) >u, ig[S)Y(s) > u} =]E{)((Au)} —i—o(exp{—1 Z_ 7 —au2}>,

where the EEC has the expression

Blxal=Y X 0 [ [ drdsporsnmn00.0

k, Keo,T,Leo;S

(6)
X E{detV2X|K(t)detVZY\L(S)]l{X(r)zu,s;X@(t)zo for all £¢o (K))

X Ly (5)>u,65 ¥, (5)=0 for all t¢o (L)} VX |k () =VY|L(s) = 0}.
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Note that condition (H2) implies R > —1. In general, the EEC approximation E{x (A,)}
is hard to compute, since the conditional expectation in (6) involves the joint tail estimate and
hence the conditional correlation on X (¢) and Y (s), which varies over T x S. However, one
can apply the Laplace method to extract the term with the largest order of u from E{x (A,)}
such that the remaining error is o(1/u)E{x (A,)}; see Section 4 for examples on this.

Note that, in (6), if k = 0, then all terms involving VX |k (#) and \2D ¢ |k (t) vanish. In
particular, if k = = 0, then the integral in (6) becomes a joint tail probability. We adopt such
notation in the results in Corollary 3.1 and Theorem 3.2 below as well.

It can be seen from the proof of Theorem 3.1 that those points attaining the maximal
correlation R make the major contribution to E{ x (A,)}. Therefore, in many cases, the general
EEC approximation E{x (A, )} can be simplified. To address this, we introduce the following
boundary condition: for all faces K1 C T and L; C S,

7 {(t,s)eleler(t,s):R, [ ?(r,s) I %(z‘,s):O}:@.

i¢o(Ky) ! jgo(Ly)

The boundary condition (7) is on nonzero derivatives of the correlation function over
boundary points where R is attained. In other words, (7) indicates that, for any point

(t,s) € K1 x L attaining the maximal correlation R, there must be g—tri(t, s) # 0 for all

i ¢ 0(K1) and gT’j(t, s) # 0 for all j ¢ o(L1). In particular, as an important fact, we see
that the boundary condition (7) implies condition (H3). Based on this boundary condition,

we obtain the following refined approximation in Corollary 3.1, which eliminates the partial
derivatives in the indicator functions in (6).

COROLLARY 3.1. Ler {(X(1),Y(s)) :t € T,s € S} be an R3-valued, centered, unit-
variance Gaussian vector field satisfying (H1), (H2), and the boundary condition (7). Then
there exists a constant « > 0 such that as u — o0,

]P’{sup X(t)=u,supY(s) > u}

teT sES

=y Y (=Dt / / dt dspvx ). vy, ) (0, OE{detVZX k (1)det VY| (5)
k! KedT,LedS KJL

2
u
X ]l{X(t)Zu,Y(s)zu}|VX\K(I) = VY|L(S) = 0} + 0<exp{—1 TR — omz}).

The following Theorem 3.2 provides an asymptotic approximation for the case when the
correlation attains its maximum R at a unique point. Such case is quite common in applica-
tions, especially when the correlation function has certain monotone property. We will show
refined explicit approximation results and examples in Section 4 below by employing the
Laplace method.

THEOREM 3.2. Let {(X(),Y(s)) :t € T,s € S} be an R*-valued, centered, unit-
variance Gaussian vector field satisfying (H1), (H2), and (H3). Suppose that the correlation
attains its maximum R at a single point (t*,s*) € K x L, where K € ;T and L € 9;S with
k,l > 0. Then there exists a constant o« > 0 such that as u — 00,

]P’{supX(t) >u,supY(s)> u}

teT seS

=ZZ(_1)dim(J)+dim(F)‘/;/Fdtdspvxlj(l)’vyw(s)(o’0)
J F
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2 2
x E{detV=X |, ()detV YIFG)L(x (1)zu.e7 X0 ()20 for all €28 (%50 (/)
X ]]‘{Y(S)zu,a‘ZYg(s)ZO for all ZeZ{f(z*,s*)\a(F)}|VX|J(t) = VY|r(s) = 0}

2
+o| expy— " —au’®
P75 %)

where the sums are taken over all faces J of T such that t* € J and o (J) C I§ (@*, s*), and
all faces F of S such that s* € F and o (F) C I}If(t*, s%).

4. Examples. Throughout this section, we assume that {(X(¢z),Y(s)) :t € T,s € S},
where T = S = [0, 1], is an R2-valued, centered, unit-variance Gaussian vector field satis-
fying (H1), (H2), and (H3).

4.1. Example with correlation attaining the maximum at a unique point. Suppose r(t, s)
attains the maximum R only at a point (¢*, s*), that is, r(t*, s*) = R. Let
X1(r) = Var(X' (1)), Aa(s) = Var(Y'(s)), i =21(t%), X2 =2a(s™),
rin(t,s) =E{X"()Y (5)}, rn(t,s) =E{X0)Y"(s)}, ria(t, s) =E{X' ()Y (s)},
Ryt =ri(t*,s%), Ry =rn(t*,s¥), Rix =ri2(t*, s%),
ri(t,s) =E{X ()Y (s)}, ra(t,s) =E{X @)Y (s)}.
Case 1: (t*,s*) = (0,0) and r1(0, 0)r(0, 0) £ 0. By Corollary 3.1,

2
P{fg)X(t) >u, ileng(S) > u} =P{X(0) > u, Y(0) > u} —|—0<exp{—1 Z_ e au2}>

(14 R)?
27/ 1 — R?
where the last line is due to a well-know asymptotics for P{X (0) > u, Y (0) > u}, see [9].

As a concrete example, consider cosine fields (cf. [2], p. 382) X (t) = &1 cos(l —t) +
& sin(1 —¢) and Y (s) =& cos(2+ s) + & sin(2 + 5), where &) and & are independent stan-
dard Gaussian random variables and ¢, s € [0, 1]. Then (X (¢), Y (s)) is an R2-valued, cen-
tered, unit-variance Gaussian vector field satisfying (H1), (H2), and (H3). In particular, the
correlation r (¢, s) = cos(1 + ¢ 4 s) attains the maximum R = cos(1) only at (¢*, s*) = (0, 0)
with r1(0,0) = r(0,0) = —sin(1) # 0. Thus we can apply the derived result above with
R = cos(1) to approximate the joint excursion probability.

Case 2: (t*,s*) = (0,0), r1(0,0) =0, and r2(0, 0) # 0. By Theorem 3.2,

]P’{supX(t) >u,supY(s) > u}
teT ses

3) 2
:IP{X(O) >u, Y(0)>u, X'(0) < 0} + I (u) —i—o(exp{— 1 lj_ R —au2}>,

I _ W
3¢ IR (14 o(1)),

where

1 00 00 ,
I(u) = —/0 pX'(t)(O)dl/ / Px@),y©) (x, y1 X' (1) =0)
u u

x E{X"(1)|X (1) =x,Y(0) =y, X'(t) =0}dxdy.
Since X’(0) is independent of both X (0) and Y (0), we have
(1+R)?
=R

L¢2

) P{X(0) >u,Y(©0)>u, X'(0) <0} = %e_ﬁ(l +o(1)).
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Let X(7) = (i (1))i, j=1.2 = Cov((X (?), Y (0))|X'(t) = 0), implying £11(#) = 1, Tn2(t) =
1— rlz(t, 0)/A1(¢) and X12(¢) = Zo1(t) = r(z,0). Then
1 1 00 oo e—%(x+u,y+u)2(t)_1(x+u,y+u)T
1o==[ Zah | ENEI0)
x E{X"(1)|X () =x+u,Y(0) =y +u, X'(t) =0} dx dy,

where the expectation can be written as f (t)u + g(¢) with f and g not depending on u and

- Rij —
ro =k (g §) (1) ="

By Theorem 7.5.3 in Tong [15], as u — o0, the Mills ratio

f°° /"O e HENEOT N @O @ gy gy
0 0

(10) |
T2EO D+ EO DAEO D + (50 Dol
Therefore,
1 1 1 1 1.2 ~1 T
~ ~—u(1, D)X~ (1,1
1) [0 N N O DA N
1

X dt.
[(EO D11+ EOHall(Z@O "D+ (Z@) 2]
It can be checked that the function

1 _ 2 —ri(t,0)2 /a1 (t) — 2r(t,0)
h(@t):==(1, D0~ 'a, nT =
W= 0 DO D = o 00 — r 1,07
attains its minimum only at 0 with 2(0) = 1/(1 + R) and A" (0) = Ry1(R11 — A1) /[M (1 +
R)?]. Applying the Laplace method (see, e.g., Lemma A.3 in Cheng and Xiao [5]), we obtain

1 1 1 A —R 2 M+ R)? \1/21 _.2
I(u) ~ = ! “(1+R)2<_’;M) Ze TR
227k 271 —R2 1+R u® Rii(Ri1 — A1)

VAM—Ri (1+R?* 1 _.2
= 2\/j?Zﬁ]- 27{\/1_:?7552256 T+R |
Combining (8) with (9) and (11), we obtain
(l + m) AR 1t (140(1)).
2 2J=Ru /21— R2u?
Case 3: (t*,s*) = (0,0) and r1 (0, 0) =r»(0, 0) = 0. By Theorem 3.2,

u

(1)

]P’{supX(t) >u,supY(s) > u} =

teT seS

P{supX(t) >u,sup Y (s) > u}
teT seS

(12)

2
= L) + L) + L) + La(w) +o(exp{—1 i - —omz}),

where
Li(w) =P{X(©0)>u,Y(0)>u, X'(0)<0,Y'(0) < 0}

4 —P{X'(0) <0,Y'(0) <0} a+R°
=X <0.YO0) <0} 7=

L¢2

1
—¢ R (14 o(1),
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since (X’(0), Y’(0)), which has covariance matrix Var(X’(0)) = Ay, Var(¥Y’(0)) = A, and
E{X’(0)Y’(0)} = Ry3, is independent of (X (0), Y (0)); and
1 oo oo 0 ,
12(M)=—/0 Px'(t)(0) dl/ / / Px 1),y 0),7©)(x, ¥, 21X (t) =0)
u u —0o0

x E{X"(1)|X (1) =x,Y(0)=y,Y(0) =z X'(t) =0} dx dydz,

1 oo poo 0 ,
I3(u) =—/O pY/(s)(O)dS/ / / Px0).Y(s).x'0)(x, ¥, 2]1Y'(s) = 0)
u u —0
x E{Y"(s)|X(0)=x,Y(s) =y, X'(0)=2z,Y'(s) =0} dxdydz,

1 1 [e%) 00
Lou) = fo fo Pxo.v) (0, 0) dt ds / / Xy (6, YIX'(1) = Y'(5) = 0)
u u

x E{X"()Y"(s)|X (1) =x,Y(s) =y, X'(t) =Y'(s) =0} dx dy.
Similar to (11), we have
VM =R (1+R? 1 _12R1 |
2V/—Ru Zn«/l—Rzu_ze (4o,
VA2 —R 1+R? 1 _.2
Bay~Y2—Re AR 1 5,0y
2J=Rxn 271 - R2u?

Let us compute Iy(u). Let X(z,s5) = (X;;(,5))i,j=12 = Cov((X (1), Y(s)|X' (1) =
Y'(s) =0), implying

=

L(u) ~

(14)

M3, s)
M(DAa(s) = riy(t,s)
ria(t, $)ri(t, s)ra(t, s)
M (D)A2(s) = ry(t,s)

M ()ri(t, s)
M (r2(s) —rd(t,s)

X, s)=1- Yoo(t,s)=1-—

Xia(t,s) =1 (t,5) =r(t,s) +

Then
I pl 1
14(u)=f/ dtds
000 21 [ii(ra(s) — (. 9)
(15) 00 00 =3 (YT ()™ (e, y+u) T
X
fo /0 2w /det(X(t, s))

xE{X"()Y"()X(0)=x+u,Y(s)=y—+u,X'(t)=Y'(s) =0}dx dy,

where the expectation is on the product of two noncentered (conditional) Gaussian variables
and hence its highest-order term in u can be derived from the product of the means of Gaus-
sian variables. We can write E{X" ()| X(t) =x +u,Y(s) =y +u,X'(t) =Y'(s) =0} =
f, s)u+ fo(t,s,x,y) such that

£0.0)= ik (4 f)_l (1) ="

and write E{Y" ()| X () =x+u,Y(s)=y+u, X' @) =Y'(s) =0} =g, s)u+go(t,s, x,y)

such that
-1
1 R 1 Ry — X2
g(0,0) = (Ra2, —22) (R 1) (1> = l—i-iR
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Therefore, in the expectation in (15), the highest-order term in u evaluated at (0, 0) is given
by [(A1 — R11)(A2 — Ry) /(1 + R)?]u?. Note that the Mills ratio in (10) with = (r) replaced
by X (¢, s) is asymptotically (1 + R)Z/u2 at (¢, s) = (0, 0). Plugging these into (15) yields
1,1 1 1
nw~ [ f
0o Jo 27.[\/)”(1‘))\2@) _ r122(t’ $) 27 /det(X (1, s))

ft,$)gt,s)u?

1
“RUEE ) D1+ (2@ s) D2

e ADSEHTADT g g

Since
_ l Ell(t’ S) + EZZ(I’ S) - 2212(ts S)
2 1 9)End,s) - SHh,s)
attains its minimum only at (¢, s) = (0, 0) with 2(0) = 1/(1 4+ R) and
1

(14 R)>(A122 — R)

(a1 — R11(R? — 2aR11)  Rio(Ai — Ri1)(Raz — A2)

Riz(M1 — R11))(Rpy —A2) (A2 — Rzz)(sz —MR»))’

(M — R11) (A2 — Rn)(R11 Rz — R%,)
(14 R)*(hi1r2 — RYy) '

h(t) == %(1, D@, )", nt

V2h(0,0) =

det(V2h(0,0)) =

Applying the Laplace method (see Lemma A.3 in [5]) yields

1 1 M —R A — R
L) ~P(Z1 > 0. Zy > 0) 2( 1 11)( 22 22) -
271\/)»1)\2—R%227T\/1_R (I1+R)
14+ R)?2 14+ R)*(Ary — R? 12 p
(16) X( +2 ) _7'2[( (I+R)*(MiA2 ) 5 ) =
u u= \ (A1 — Ri1) (A2 — R22)(R11R2 — RY,)

VOi—RiDG2—Rn) (1+R)?
VR11R2 — R}, 271 - R?

where (Z1, Z») is a centered bivariate Gaussian variable with covariance V2£4(0, 0). Plugging
(13), (14), and (16) into (12), we obtain

1 1+R
_e =+
u?

=P(Z;1>0,Z,>0)

P{supX(t) >u,supY(s) > u]

teT seS

Vi — Rn n Vi2— Rn

24/—R11 24/—R2

VO =R — R22)] (14 R)?
Ri1Ry» — R}, 2w/1 - R?

where the two probabilities on the right side become 1/4 when Ri» = 0.

Case 4: (t*,5*) = (t*,0), where t* € (0, 1) and rp(¢t*, 0) # 0. By Theorem 3.2 and similar
arguments in Case 2, we obtain

= [IP(X/(O) <0,Y(0) <0) +

142

I _
—¢ TR (14 o0(1),

+P(Z1>0,Z, >0)

L¢2

1
M—Ze—H—R(l +o(1)).

VA —R 1 + R)?
P{supX(t)zu,squ(s)Zu}: 1—Ru d+R)
reT ses v—Ri1 2n/1—R2
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Case 5: (t*,5*) = (t*,0), where t* € (0, 1) and r(t*, 0) = 0. By Theorem 3.2 and similar
arguments in Case 3, we obtain

P{supX(t) >u,supY(s) > u}

teT seS

[«/)»1 — R N VO =R — Rzz)}

V=R 2,/Ri1Rx — R},
2

2
AR 1 (14 o)).

X e —
2+/1— RZu?
Case 6: (t*, s*) € (0, 1)2. By Theorem 3.2 and similar arguments in Case 3, we obtain

2

2 — — ~TiR
]P’{supX(t)zu,squ(s)zu}=(1+R) V1 —Ri1)(h2 — Rp) e T+

2
teT ses ZJTVI—RZ,/RURzz—R%Z u

4.2. Examples with correlation attaining the maximum on a line. Here we consider the
bivariate Gaussian random fields in Zhou and Xiao [16], where the smooth case was not
studied since the double sum method therein is not applicable. Let X () and Y (s) be smooth
stationary Gaussian processes with covariances satisfying

(1+0(1)).

E{X(0)X (1)} =1— ’\—21|t|2(1 +o(l)) as|t|— 0,
E{Y(O)Y(s)} =1— %2|s|2(1 +o(1)) as|s| >0,

which implies Var(X'(¢)) = —E{X (t)X"(¢)} = A1 and Var(Y'(s)) = —E{Y (s)Y"(s)} = A».
Assume that the correlation of X and Y satisfies

r(t,s) =E{X()Y(s)} = p(it —s), Vi.s€[0,1],

where p is a real function. Suppose p attains its maximum R only at 0 with p’(0) = 0 and
p”(0) < 0. This indicates that the maximal correlation R is only achieved on the diagonal
line {t =s:0<t¢,s <1}. By Theorem 3.1, we have

]P’{ sup X(t) >u, sup Y(s) zu]
t€l0,1] s€[0,1]

1 rl 00 0O
Z/OfOPX'(t),Y'(s)(O,O)dldS/M /M Px),v(s)(x, yIX'(1) =Y'(s) =0)
x E{X"()Y" ()X () =x,Y(s) =y, X' (t) =Y'(s) =0}dxdy
—l—P{X(O) >u,Y(0)>u, X'(0)<0,Y'(0) < O}

2
FP{X(D)>u, Y(1)>u, X' (1)>0,Y'(1) >0} + 0<exp{— . ”+ i au2}>

=1w)(14o(1)),

where [ (1) denotes the integral term in the second and third lines. We shall derive below the
asymptotics of 7 (u) which gives the highest-order term in u. By the stationarity and change
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of variables (using z=s and w =t — s for 0 < s <t < 1 and the symmetry property),
1,1
I(u) = /0 /0 Px/0),y'(1—s))(0,0)dr ds
o0 o , ,
x [T pxor—sn (e X © = ¥'(1t = 51) =0)
u u
x E{X"0)Y"(Ir —s|)|X(0)=x,Y(t —s])=y, X' (0)=Y'(|t —s]) =0} dxdy

1 e’} o0
—2 fo (1 — 1) Py (0, 0) dt / / X7 (X, YIX'(0) = Y'(1) = 0)

x E{X"(0)Y"®)|XO0)=x,Y()=y, X' (0)=Y'(r) =0} dxdy

= 21y(u).
Let X (1) = (X (1))i, j=1,2 = Cov((X(0), Y (1))|X'(0) = Y'(¢) = 0), implying
B Ao’ (1)? _ dap' ()
211(0—1—m’ ZZZ(t)_l_m’
o (1)p' (1)

) =) =p@) + Mo — (D)2

Then

1 1—¢
I()(Lt)=/ dt
O 27/ hha — p/(1)?

L v
N oI
x E{X"(0)Y"(1)|X(0) =x +u,Y(t) =y +u, X'(0) = Y'(t) = 0} dx dy.
We have E{X"(0)|X(0) =x +u,Y(t) =y +u, X' (0)=Y'(t) =0} = f(t)u + fo(t,x,y)

with
70 = (210" 0) ¢ ’f)_l (1) =202

and E{Y"(1)|X(0)=x4+u,Yt)=y+u,X'(0)=Y'(t) =0} = g(t)u + go(t, x, y) with
Y 1 R —1 1 1 0 _)\‘
wevrn-iafl 8 ()05

Therefore, in the expectation in (17), the highest-order term in u evaluated at t = 0 is given
by [(A1 — p”(0)) (A2 — p”(0))/(1 4+ R)*]u?. Note that the Mills ratio in (10) is asymptotically
(1+ R)?/u? at t =0. Plugging these into (17) yields

a7 = atuy+wy SO etu, y+u) T

1 11—t 1
I ~ t t
0t /0 2 fata — o1 N ETID A

1

« -3 *LDEO AT 4
[(ZOHn+E@OHial?

Since
_IZn®+ Zn®) —2510)
2 Ti®)En@) — ()2

h(t) := %(1, o ~ta, n’
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attains its minimum only at t =0 with #(0) =1/(1 + R) and
—p" ()1 — p"(0) (2 — p"(0))
(1+ R)* (M2 — p”(0)%]
Applying the Laplace method (see Lemma A.3 in [5]) yields
1 1 1 [21 = p"(O)][A2 — p"(O0)] ,
Io(u) ~ = 3 u
227.[\/)%)\2_,0//(0)2 274/1— R? (I1+R)

h//(o) —

L L+ R (_ 2 (1+ R’ Mk = p"(0)%] )1/26_,@
u? p"(0) (1 = p"(0)) (32 = p"(0))

_ VO =002 = p" O A+ R) 1 a2

2 @YWI-R/=p"0)

u2

Thus we obtain

]P’{ sup X(t) >u, sup Y(s)zu}
tel0,1] s€[0,1]
(18)

_ U [Ga =g )G = p O+ R T 2
- (2,,)3/2\/ —p"O)(1 = R) q¢ o).

As a concrete example, consider the modified cosine fields X () = (§1 cos(¢) + & sin(¢) +
S3)/\/§ and Y (s) = (&1 cos(s) + & sin(s) + 54)/\/5, where &1, &, &3, and &4 are independent
standard Gaussian random variables and 7, s € [0, 1]. Then (X (¢), Y (s)) is an R2-valued,
centered, unit-variance Gaussian vector field satisfying (H1), (H2), and (H3). In particu-
lar, we have A1 = Ap = 1/2, and the correlation r(t,s) = [cos(t — s)]/2 attains the maxi-
mum R = 1/2 on the line {t =s5:0 <t,s < 1}. Let p(x) = [cos(x)]/2. Then p’(0) =0 and
0" (0) = —1/2. Thus we can apply the derived result (18) to approximate the joint excursion
probability as

IP{ sup X(f)>u, sup Y(s)zu} V6 1e—zf‘Tz(lJroa)).

1€[0,1] s€l0,1] - @2n)32u

5. Sketch of the proofs of main results. Note that, for a smooth real-valued function
f,sup,cr f(t) > u if and only if there exists at least one extended outward local maximum
above u on some face of 7. Thus, under conditions (H1) and (H2), the following relation
holds for each u € R:

{supX(t) >u,supY(s) > u}
teT seS

(19) N N
=UJU U MI&xK=1M Y L)=1} as.

k=01=0KeoT,Leo;S

Therefore, we obtain the following upper bound for the joint excursion probability:

]P’{supX(t) >u,supY(s) > u}
teT sES

<> > PMIX K=1MI(Y L)1)
k, Keo,T,Leo;S

<> >  EMIX K)MEY, L)

k, Keo,T,Leo;S

(20)
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On the other hand, notice that

E{ME(X, KYME(Y, L)} —P{ME(X,K)>1,ME(Y, L) > 1}

=Y Gj—DP{ME(X,K)=i,M;(Y,L)=j}
i,j=l

<> liG-Dj+j(—DilP{MFX, K)=i,ME(Y,L) = j}
i j=1

E{MLF (X, K)[ME(X,K) — 1|ME(Y, L)} + E{M[ (Y, L)[MF (Y, L) - 1]M] (X, K)}

and
P{MEX,K)>1,ME(Y,L)>1,ME(X, K'Y >1,ME(Y, L)) > 1}
<PMEX,K)>1,ME(Y,L)>1,ME(Y,L) > 1}
<E{MEX, K)ME(Y, LyME(y, L))

Combining these two inequalities with (19) and applying the Bonferroni inequality, we obtain
the following lower bound for the joint excursion probability:

P{supX(z) > u,sup Y (s) > u]

teT seS

>3 Y (EMEx, K)ME(Y, L))

k,| KeoT,Leo;S
—E{MEX, K)[MEX,K) —1]ME (Y, L)}
(21) ~E{ME, L)[MEy, L) - 1]ME (X, K)}}

-> > E{MEX, K)ME(X, K')\ME (v, L)}
k,k',l Keo,T,Leo;S
K'edyT,K#K'
—Cy Y. > EMEX.K)MF,LyME(Y, L)},

k0, KeopT,L€o;S
L/Eal/S,L#L/

where Cy is a constant depending only on N.

REMARK 5.1. Note that, following the same arguments above, we have that the expec-
tations on the number of extended outward maxima Mf(-) in both (20) and (21) can be
replaced by the expectations on the number of local maxima M, (-).

We call a function h(u) super-exponentially small [when compared with the joint excur-
sion probability P{sup,.s X () > u, sup,.¢ Y (s) > u}], if there exists a constant o > 0 such
that h(u) = o(e‘“”z_”z/ (+R)Yy as 4 — 00. The main idea for proving the EEC approximation
Theorem 3.1 consists of the following two steps: (i) showing that, except for the upper bound
in (20), all terms in the lower bound in (21) are super-exponentially small; and (ii) proving
that the difference between the upper bound in (20) and E{x (A, )} is also super-exponentially
small. The ideas for proving Corollary 3.1 and Theorem 3.2 are similar.
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6. Estimation of super-exponentially small terms in the lower bound.
6.1. Auxiliary results on multivariate Gaussian tails.

LEMMA 6.1. Let {(&1(x1), &(x2),&3(x3)) : (x1,x2,x3) € D1 X Dy x D3} be an R3-
valued, C2, centered, unit-variance, nondegenerate Gaussian vector field, where D;, i =
1,2,3, are compact sets in RV Let Rij = SUPy D, x;eD; E{& (xi)&j(x;)}, where i, j =
1,2,3,and i < j. If Ri2 < min{R|3, Ry3}, then there exists a constant a > 0 such that for
every integer m > 0, as u — 00,

sup E{|&1(x1)& (x2)&303) " Ligy (r)2u. 60 () 20,83 (x3) 20} |

x1€D1,x€Dr,x3€D3

(22) 2
2 u

=o|expy—au” — .

( { 14+ Rypp D

PROOF. Due to the exponential decay of Gaussian tails, it suffices to prove that there
exists o’ > 0 such that as u — oo,

sup P{&1(x1) > u, £2(x2) > u, £3(x3) > u}}

x1€Dy,x2€Dr,x3€D3

(23) 2

=o(eww| e’ - 57 })
=ol|expi—a'u” — .

1+ Rz
Note that,

Pl&1(x1) > u, &2(x2) > u, £3(x3) > u}} <P{(&1(x1) + &2(x2))/2 > u, E3(x3) > ul},
where (§1(x1) 4+ &2(x2))/2 is a centered Gaussian variable with variance bounded by
1+ R
sup  Var((&1(x1) + £20))/2) = — 12

x1€Dy1,x2€Dr 2

It is known that (see, e.g., Tong [15]), for a centered nondegenerate bivariate Gaussian vector
(Z1, Zp) with Var(Z;) = o2, there exists &’ > 0 such that as u — oo,

2
P{Zi>u,Z, > u} = 0(exp{—a’u2 — u_})
202

Combining these yields (23) and hence (22). [J

LEMMA 6.2. Let {(§1(x1), ..., & (xy) :x; € Dy, i =1,...,n} be an R"-valued, C2, cen-
tered, unit-variance, nondegenerate Gaussian vector field, where Dy, ..., D, (n > 3) are
compact sets in RN . Let Ry = SUPy, eD;.xreDs E{& (x)&E(x)}. If

{(x1,...,x) €Dy x --- x Dy :
E{& (x1)&(x2)} = Ri2, E{(&1(x1) + &2(x2))&i(x)} =0,Vi =3,...,n} =2,

then there exists o > 0 such that as u — 00,

(24)

sup E{|&1 ()& ()| Lig, 0z, () =u) 1§3(x3) = - - = &, (x) = 0}

x;€D;,i=1,..., n

2

2 I/t
=o|exp{—au” — ,
( { 1+R12}>

where m > 0 is any fixed integer.




EEC APPROXIMATION TO GAUSSIAN VECTOR FIELDS 5679

PROOF. Let &(x1,x2) = [£1(x1) + &(x2)1/2. Then
E{|&1 ()& ()| Lig, ez w6 () =u} 1§3(x3) = - - = &, (x,) = 0}
< E{E G, 0™ Ly, o [E3(63) = -+ = En(x) = 0},

Note that (£(x1, x2)|&3(x3) = - - - = &, (x,) = 0) is a centered Gaussian variable with variance

= - 1+ E{& (x)é2(x2)}
Var(€ (x1, x2)|€3(x3) = - - - = &, (x,) = 0) < Var(§ (x1, x2)) = 5
14+ Ri2

< b

- 2
where the first inequality becomes equality if and only if £(x1, x) is independent of each
& (x;), i > 3. The desired result follows from the continuity of the conditional variance in x;
and the compactness of D;, i =1,...,n. U

6.2. Nonadjacent faces. For two sets D, D’ C RN, let d(D,D") = inf{||t — || : t €
D, t" € D'} denote their distance. The following result shows that the last two sums involving
the joint moment of two nonadjacent faces in (21) are super-exponentially small.

LEMMA 6.3. Let {(X(t),Y(s)):t€T,s € S} be an R2-valued, centered, unit-variance
Gaussian vector field satisfying (H1) and (H2). Then there exists a > 0 such that as u — o0,

2
E{M,(X, K)My(X, K')My(Y, L)} = o(exp{— L auz}),
05) 1+R

2
E{My (X, K)Mu(Y, )M, (Y, L)} = o(exp{— 1 "J’r - auZ}),

where K and K’ are different faces of T with d(K, K') > 0, L and L’ are different faces of
S withd(L,L") > 0.

PROOF. We only prove the first line in (25), since the proof for the second line is similar.
Consider first the case when dim(K) =k > 1, dim(K’) =k’ > 1, and dim(L) =/ > 1. By the
Kac—Rice metatheorem ([2], Theorem 11.2.1),

E{M, (X, K)M,(X, K')M,(Y, L)}
= / dt / dt’ / dsE{|detVZX g (1)||detVZ X k(') | |detV2Y L (s) |
K ! L

X Lix (0zu X (t)2u,Y ()20} L{V2X 1 (1) <0, V2 X, () <0, V2¥|1. (5)<0} |

VX k(1) =0,VXg(') =0, VY|L(s) = O}PVX|K(t),VXlK/(t’),VY|L(s)(ov 0,0

00 00 00
S/ dl‘/ dl‘// dS/ dx/ dx// dypx(t)’x(ﬂ)’y(s)(x,x/, y)
K ! L u u u

x B{|detV2X x ()| |detV2 X g (¢')||det V2 Y |1 (5)]|
X)) =x,X(t')=x",Y(s) =y, VX|k (1) =0, VX x:(') = 0, VY|(s) =0}

(26)

X PYXk (0, VX ), VY. 5) (0, 0, 01X (1) = x, X (') = x", Y (5) = y).

Notice that the following two inequalities hold: for constants a;,, b;,, and ¢;;,

k K l k k4K K kK 41 [ kK
[T lail [T 16i) T leisl < i1 14 + Liy=i b0 + 2= 6| .
11 5] 3l = k+k/+l i

ii=1 ir=1 iz=1
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and for any Gaussian variable £ and positive integer m, by Jensen’s inequality,
E§" <E(EE| + € — E&)"
< 2" '(|BE|" +El§ —BE ") = 2" (BE|" + By (Var(§))""?),
where By, is some constant depending only on m. Combining these two inequalities with the

well-known conditional formula for Gaussian variables, we obtain that there exist positive
constants Cy and N such that for large x, x’, and y,

sup  E[|detV2X x (1)]|detVZX g (¢')||det VY| ()] X (1) = x, X (') = ¥/,
(27) teK,t’eK’ ,seL

Y(s) =y, VX|x (1) =0, VX g (t) =0, VY|L(s) =0} < Cy + (xxy)™.
Further, there exists C, > 0 such that

SUP  PVX(0),VX, 1),V () (0,0, 01X () = x, X (') =x", Y (s) = y)
teK,t’'eK’ ,seL

(28) < sup  Qm) *®HKED2[detCov(VX k (1), VX g (t)), VY|L(5)]
teK,t’'eK’,seL

—1/2

X(0)=x,X(')=x",Y(s)=y)] < Cs.

Plugging (27) and (28) into (26), we obtain that there exists C3 = Vol(K)Vol(K")Vol(L) such
that

E{M,(X, K)M,(X, K'\M, (Y, L)}

<C3C sup  E{(C1+ [XOX(E)Y M) Lixzux @)z v 0120 )

teK,t’'eK’,seL

(29)

The desired result then follows from Lemma 6.1. The case when one of the dimensions of K,
K’, and L is zero can be proved similarly. [J

6.3. Factorial moments. The following result shows that the factorial moments in (21)
are super-exponentially small.

LEMMA 6.4. Let {(X(1),Y(s)):t € T,s € S} be an R*-valued, centered, unit-variance
Gaussian vector field satisfying (H1), (H2), and (H3). Then there exists a constant o > 0
such that for all K € o, T and L € 0;T withk,l >0, as u — 00,

2
E{M, (X, K)[M,(X,K) —1]M,(Y,L)} = o(exp{— L au2}>,
(30) 1+ R

2
E{M, (X, K)M, (Y, L)[M,(Y,L) —1]} = 0<exp{— 1 ”+ ris au2}>.

PROOF. We only prove the first line in (30), since the proof for the second line is similar.
Note that, if K =0, then M, (X, K)[M,(X, K) — 1] = 0 and hence the desired result holds.
Without loss of generality, we assume k > 1 or even k = N for simplifying notation. We first
focus on the estimation when K is replaced by a small N-dimensional subset J C K.

Case (i): | =0. The face L becomes a single point, say L = {s}. Applying the Kac—Rice
metatheorem for high moments [2], we have the following upper bounds (removing one re-
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striction on u# and another restriction on the negative definiteness of Hessian matrices),
E{M, (X, ))[M,(X,J) — 1M, (Y, L)}
< /J dz/J dt'E{|detVZX (1)||detVZX (t') [ 1ix (1)>u.v (5)=u} | VX () = VX (t') = 0}
3D X pvx),vx)(0,0)
< /J dt/J dt’ fuoo dxpw(xIVX(t) =VX(t') =0)pvx).vx (0, 0)

x B{|detVZX (r)||detV2X (¢')||(X (t) + Y (5))/2 = x, VX (1) = VX (') =0},

where the last inequality is due to the fact 1(x ()>u,v(s)>u} < L{x(1)+Y(s)]/2>u)- Following
the same arguments for proving Lemma 3 in Piterbarg [11], we obtain from (31) that, for any
€ > 0, there exists § > 0 such that for J with diam(J) = sup, ,c; [It — t'|| <8 and u large
enough,

w2
(32) E{M, (X, )[M,(X,J) — 1M, (Y, L)} SGXP{—W}’
where
33 BUL)= sup Var((X (1) + Y (5))/2IVX (1) =0, V2X ()e = 0),

teJ,seL,eecSN-1

and SV ! the (N — 1)-dimensional unit sphere in RV

Case (ii): | > 1. To simplify the notation, without loss of generality, we assume [ = N.
Applying again the Kac—Rice metatheorem for high moments, we have the following upper
bounds:

E{M, (X, J)[M,(X, ) — 1]M, (Y, L)}
< / dt / dr’ / dsE{|detV2X (1)||detVZX (¢')||detV2Y ()L (x (1)=u.v (s)u)|
J J L

34 VX()=0,VX(t) =0, VY (s) =0} pvx).vx().vr(s)(0,0,0)

o
< / dtf dt// ds/ dxpxm+ves) (X|VX(Z‘) =0, VX(I’) =0,VY(s) = O)
J J L u 2
x B{|detVZX (r)||detV2 X (¢')||detVZY ()|[[X () + Y (5)]/2 = x,
VX(I) =0, VX(Z‘/) =0, VY(S) = O}pVX(t),VX(t’),VY(s) (O, 0, 0)

Comparing (34) with (31), the only essential difference is the additional effect of VY (s) =0,
which however will not affect the desired super-exponentially small estimation since (X, Y)
is nondegenerate under the condition (H2). Therefore, similar to (32), we have that, for any
& > 0, there exists § > 0 such that for J with diam(J) < § and u large enough,

2
E{My(X, ))[Mu(X, J) = 1]M, (Y, L)} < e"p{_zyuuﬁ}
(35) .
u
= exp{‘m}’
where
y(J.L) = sup Var((X () + Y (5))/2|VX (t) = VY (s) = VX (t)e =0) < B(J, L).

teJ,seL,eeSN-1
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The set K may be covered by congruent cubes J; with disjoint interiors, edges parallel to
coordinate axes and sizes small enough such that diam(J; U J;) < § for any two neighboring
cubes J; and J; (i.e., d(J;, Jj) =0). Then

E{M,(X, K)[M,(X,K) — 1M, (Y, L)}

<EV( S Mu(X, 0 )| Y Mu(X, Jj) — 1| M, (Y, L)
TSRS S W
:E{<Z My (X, J) S My (X, J)) = Y My(X, Jl-)>Mu(Y, L)}
i J i
(36) = E{M. (X, J)* My (Y, L)} + 3 E{My(X. J)My(X. J})My(Y. L)}
i i#]
— S E{Mu(X. J)M,(Y, L))

= > E{M,(X, J)[Mu (X, J}) — 1]M, (Y, L)}
+ > E{M, (X, J)M (X, J;))M, (Y, L)}.
i#]

By Lemma 6.3, there exists «’ > 0 such that for u large enough,

M2
(37) > E{MJ(X, )M (X, J)M,(Y, L)} < exp{—l —a’uz}.
i#j:d(J;, Jj)>0 +

If J; and J; are neighboring, that is, d(J;, J;) = 0, we have
E{M, (X, J; UJ)[M,(X, J; UJ;) — 1M, (Y, L)}
=E{[M,(X, J;)) + My (X, J)][Mu(X, Ji) + My(X, Jj) — 1M, (Y, L)}
=2E{M,(X, J)M, (X, J))M,(Y, L)} + E{M, (X, J)[M.(X, J;) — 1]M, (Y, L)}
+E{M,(X, J)[Mu(X, ;) — 1]M,(Y, L)}.

Applying (32) and (35) to the second last sum in (36) and (38), we see that for any ¢ > 0 and
u large enough,

ZE{MM(X, IN[Mu(X, Ji) — 1M, (Y, L)}

(38)

(39)

2

u
+ > E{ML,(X,L-)MM(X,JJ-)MM(Y,m}5exp{_7},
i#j:d(J;,J;)=0 2B8(K,L)+¢

where 8(K, L) is defined in (33) with J replaced by K. It is evident that

B(K,L)< sup Var((X(®)+Y(s))/2)=(1+R)/2.
teK,selL

Moreover, we will show below that
(40) B(K,L)<(1+4+ R)/2.

By the definition, if B(K, L) = (1 + R)/2, then there exist (¢, s) € K x L and e € S¥~! such
that

(41) Var((X (1) 4 Y (s))/2|VX (1) = 0, V2X (t)e = 0) = (1 4+ R) /2,
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implying r(¢,s) = Rand E{[X (#) + Y (s)]VX (1)} = E{Y (s)VX ()} = 0. By Proposition 2.1,
E{Y (s)V2X (¢)} < 0. Since X (¢) has unit variance, E{X (1)V?X (1)} = —Cov(VX (1)) < 0.
Therefore, E{[X () + Y (s)]VZX (t)e)} #0forallee SN=1. This contradicts (41) and hence
(40) holds. Applying this fact and plugging (37) and (39) into (36), we finish the proof. [J

6.4. Adjacent faces. The following result shows that the last two sums involving the joint
moment of two adjacent faces in (21) are super-exponentially small.

LEMMA 6.5. Let {(X(t),Y(s)):t€T,s € S} be an R2-valued, centered, unit-variance
Gaussian vector field satisfying (H1), (H2), and (H3). Then there exists o > 0 such that as
u—> 00,

2
E{ME (X, K)ME(X, K')ME(Y, L)) :0<exp{_1 u _ _au2}>’
(42) T

2
E{ME (X, K)ME (Y, LYME (Y, L))} = 0<exp{_1 i __ WZ})’

where K and K' are different faces of T with d(K,K') =0, L and L’ are different faces of
Swithd(L,L") =0.

PROOF.  We only prove the first line in (42), since the proof for the second line is the
same. Let [ := K N K’, which is nonempty since d(K, K") = 0. Without loss of generality,
assume

o(K)={l,....m,m+1,...,k},
o(KY=1{1,....mk+1,....k+k' —m},
o(L)y=A{1,...,1},

where 0 <m <k <k’ <N and k' > 1. If k =0, we consider o (K) = @ by convention.
Under such assumption, K € 9T, K’ € oy T, dim(I) = m and L € 9;S. We assume also that
all elements in £(K) and (K') are 1.

We first consider the case when k > 1 and / > 1. By the Kac—Rice metatheorem,

E{MEX, K)YME(X, K'\ME (v, L))

00 00 00 00 00
5/ dt/ dt// ds/ dx/ dx// dy/ dzk+1---/ dZjsk—m
K ! L u u u 0 0

o o
/ AWyt -+ f dwiE{|detV2 X g (1)||detV2 X k()| |det V2 Y L (5) ]
0 0

(43) X(t) =x, X(t') =x,Y(s)=y,
VX|K(I) - 0’ Xk+1(t) =Zk+1s---> Xk*l’k/*m(t) = Zk+k'—m>
VX|K/(I/) =0, Xm_H(t/) = Wm+1s---, Xk(t/) =wyg, VY|L(s) = 0}

/
X pt,t’,s(-X,x » Y 07 Zk+1s -+ s Zk4+k'—m> 0! Wm+1,5 -5 Wk, 0)
::/// A(t, 1, s)dedt’ ds,
KxK’'xL
where p; ¢ (X, X", ¥, 0, Zks 15 - -+ s Zhpk/—ms Oy Wit 1, - - ., Wk, 0) is the density of

(X(t)sX(t/) Y(S) VX|K(t)sXk+l(t)s“~’Xk+k’—m(t),
VX (1), X1 (1), - Xi (1), VY((s))
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evaluated at (x, x, ¥, 0, Zk+1s - - - » Zktk/—m>» 0s W41, - - - » Wi, 0). We define
) Mo:={(t,s) el x L:r(t,s)=R,E{X;(t)Y(s)} =E{X®)Y;(s)} =0,
Vi=1,.. k+k—m j=1..1I}

and distinguish two cases for My in discussions below.
Case (i): Mo=@. Since [ is a compact set, by the uniform continuity of conditional
variance, there exist constants €1, §; > 0 such that

sup Var([X (1) + Y (5)]/2IVX |k (1), VX |k ('), VY|L(5))
45 teB(I,81),t'eB'(1,8,),s€L
(45) 14+ R
S - < 81’
2

where B(I,81) ={t € K :d(¢t,I) <&} and B'(1,8)) ={tr € K’ : d(¢, I) < &,}. Partitioning
K x K’ into B(I,81) x B'(I1,681) and (K x K")\(B(1,81) x B'(I,61)), and applying the
Kac—Rice formula, we obtain

E{M, (X, K)M, (X, K')M, (Y, L)}

<

dt dr’ / ds i (0,0,0)
f(KxK’)\(B(I,fSl)xB'(Lal)) L CPVXK O VX (0¥ )

x B{|detV>X | (1)||det VX g ()] [detV2Y L (9) [Lix ()20, X ()21, ¥ ()20
VX k() =0,VXg(t')=0,VYL(s) =0}

(46)
* ./B(I,al)xs/(l,sl) a dt/-/L 43Py ik ®.9X 0 @), 94.) (0. 0. 0)
x B{|detVZX g (1)||detVZ Xk (¢') || det VY| L ()| Lx )20,y ()0} |
VX|k(t) =0,VX g /(') =0, VY|L(s) =0}
=L+ 1.
Note that

(K x K')\(B(1,81) x B'(1,81)) = (K\B(I, 81)) x B'(I1,81)) U (B(I, 81) x (K\B(I, 81)))
U ((K\B(1,81)) x (K\B(I, 1)),

where each product on the right hand side consists of two sets with a positive distance. It
then follows from Lemma 6.3 that /; is super-exponentially small. On the other hand, since

Lix0)zu.Y (9)zu) < LX)+ (5)1/22u}» ONE has

L < / dtdt’
B(1,51)x B'(1,8,)
o /
(47) X ./I: ds/; dpr(;HZ-Y(x) (x|VX|K(t)=VX|K1(Z‘)=VY|L(S)=O)
x Ef|detV2X g (1)||detV2 X g (') [|det VY| ()] I[ X (1) + Y (5)]/2 = x,
VX () =0, VX|g(t') =0, VY|L(5) = 0} pvx (1), VX, (1), 97,1 () (0, 0, 0).

Combining this with (45), we obtain that /, and hence E{M £ (X, K)ME (X, K'YME (Y, L)}
are super-exponentially small.
Case (ii): Moy # @. Let

B(Moy, &) :={(t,t',s) € K x K' x L:d((t,s), Mo) vd((t',s), Mo) <82},
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where § is a small positive number to be specified. Note that, by the definitions of Mg and
B(M,, 87), there exists £ > 0 such that

sup Var([X (1) + Y ()]/2IVX |k (1), VX|x(t'), VY|L(5))
“8) (t.1',5)e(K x K’ x L)\ B(Mg,82)

<—— —&.

Similar to (47), we obtain that f(KxK’xL)\B(MO,sz) A(t,t',s)drdt’ ds is super-exponentially
small. It suffices to show below that [ r4, s, A(t,t',s)dtdt’ds is super-exponentially
small.

Due to (H3) and Proposition 2.1, we can choose &, small enough such that for all (¢,1’, s) €
B(Mo, 82),

Aguk(t,s) = —E{[X () + Y () ]V X xuk (1)}
=—E{[XO+YOIXijON); i1 krnr—m

.....

are positive definite. Let {ey, e2, ..., ey} be the standard orthonormal basis of RN . Forre K,
t"eK'andseL,lete, = (" —1)/||t' —t|| and «; (¢, 1, s) = (e;, Akuk’(t, s)e; ). Then

N

(49) AKUK’(I,S)et,t’:Z(ez,AKUK (, s)ett e = Zaz f t, S
i=1

and there exists «g > 0 such that for all (¢, ¢, s) € B(My, 82),
(50) (er.rs Axukr (2, 8)e, ) > ap.
Since all elements in £(K) and ¢(K') are 1, we may write
t=(1y - sty bngls oo s By Dkt 1s ooy Bpatr—m, 0, ..., 0),
' =(t] .ty b ts oo bk g - g 0,24, 0),
where t; € (a;, b;) fori € o(K) and t} € (aj,bj) for j € o (K'). Therefore,
(ei,e; ) >0, Vm41<i<k,
(51) (eiver) <0, Vk+1<i<k+k' —m,
(ei,er) =0, Vk+k'—m<i<N.

Let
D; = {(t, t/,s) € B(My, 82) :Ot,'(l‘, l‘/,S) > ﬂi}, ifm+1<i<k,
D; ={(t,7',5) € B(Mo, 82) 1 a;(t,1',s) < —Bi}, ifk+1<i<k+k —m,
(52)
m
Do = [(l, t',s) € B(My, &) : Zoz,- (t,1',s)(ei, errr) > Boy,
i=1
where Bo, B1, - - ., Brk+k'—m are positive constants such that gy + Z“}’; +i" Bi < ap. It follows

from (51) and (52) that, if (¢, s) does not belong to any of Do, Dy,+1, - .., Diyi'—m, then by
(49),

k+k'—

(Aguk/(t,8)es e )= Z% t,t' s)(ei e ) < Bo+ Z Bi < o,
i=1 i=m+1
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which contradicts (50). Thus Do U UMK T D; is a covering of B(Mo, 8). By (43),

E{ME(X, K)ME(X, K')\ME (Y, L)}

k+k'—m

5/ At s)dtdt’ds + ) /A(r,t/,s)dtdt/ds.
Do i=m+1 7 Di

By the Kac-Rice metatheorem and the fact 1(x ()>u, v (s)>u} < L{[X(1)+Y (s)1/2=u}> WE Obtain

f A(t,t',s)dtdr’ ds
Dy

o0
< drdt’ de dXPVX ik (1).VX g (1), VY. (5)(0, 0, 0)
(53) Do u

X pix+y)12(xXIVX|x (1) =0, VX g (1) =0, VY|L(s) =0)
x E{|detV2 Xk (1)]|detV2 X g (¢')||det V2 Y| ()| [ X (1) + Y (5)]/2 = x,
VX)) = VX|K/(I/) =VY|L(s) = 0},

and thatfori =m+1,...,k,

/ A(t, 1, s)dtdt’ ds
D;

o0 o0
§f dta’t/ds/ dxf dw;E{|detVZX |k (1)||detVZX g/ (')||detV2Y|1.(5)||
(54) D; u 0

[X(0)+Y($)]/2=x,VX|k (1) =0, X;(t') = wi, VX (') = VY|(s) =0}

X PIXO+Y ())/2.VX |k (1).X; (). VX g (1), VY 5) (X, 0, wi, 0, 0).

Comparing (53) and (54) with equations (4.33) and (4.36) respectively in the proof of
Theorem 4.8 in Cheng and Xiao [5], the only essential difference is the additional ef-
fect of VY|, (s) =0, which however will not affect the desired super-exponentially small
estimation since (X, Y) is nondegenerate under the condition (H2). Therefore, following
similar arguments therein, we obtain that fDo A(t,t',s)dtdt' ds and fD,- A(t,t',s)dtdt’ ds

(i=m+1,...,k) are super-exponentially small.
It is similar to show that [, A(t,t',s)dtdt’ ds are super-exponentially small for i =k +
l,...,k+k"—m.Forthe case k = 0 or [ = 0, the argument is even simpler when applying the

Kac—Rice formula (see, e.g., (31)). Hence the details are omitted here. We have completed
the proof. [J

Notice that, in the proof of Lemma 6.5, we have shown in (46) that, if My = &, then
E{M,(X, K)YM,(X, K'YM,(Y, L)} is super-exponentially small. Under the boundary condi-
tion (7), which implies and generalizes the condition My = & in terms of the correlation
function r (¢, s), we have the following result.

LEMMA 6.6. Let {(X(t),Y(s)):t€T,s € S} be an R2-valued, centered, unit-variance
Gaussian vector field satisfying (H1), (H2), and the boundary condition (7). Then there exists
a constant a > 0 such that as u — 00,

2
E{M, (X, K)M, (X, K'\M,(Y, L)} = 0<exp{— 1 ”+ ris au2}>,

2
E{M,(X, K)M, (Y, L)M,(Y,L")} = 0<exp{—lj_—R -~ au2}>,

where K and K' are adjacent faces of T, and L and L’ are adjacent faces of S.
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7. Estimation of the difference between EEC and the upper bound. In this section,
we shall show that the difference between the expected number of extended outward local
maxima, that is, the upper bound in (20), and the expected Euler characteristic of the excur-
sion set is super-exponentially small.

PROPOSITION 7.1. Let {(X(2),Y(s)) :t € T,s € S} be an R2-valued, centered, unit-
variance Gaussian vector field satisfying (H1), (H2), and (H3). Then there exists o > 0 such
that for any K € T and L € 9;S with k,1 >0, as u — o0,

E{ME(X, K)YME(Y, L))
= (=D [ [ BJdetV2X i (0)detT Y0 ()L x20,020 o i o 00

X L1y (5)2u.et Yo ()0 for all e¢o (L)} |V X[k (8) = VY|L(s) = 0}

2
(55) X pvx ik (1).vY ()0, 0)drds + 0<exp{— 0 j_ i auz})
k l
= (—D"*’E{ (Z(—l)lm (X, K)) (Z(—l)juj(Y, L)) }
i=0 j=0

2
+ ol expy— Y a?
PlTiyr "))

PROOF. The second equality in (55) follows from the application of the Kac—Rice theo-
rem below:

k 1
E: (Z(—l)’m (X, K)) (ZH)" (Y, L)) }
i=0 j=0
k
>
i=0

)
=31 Y =1y fK /L dt dspvx .97, (0. 0)
j=0

2 2

x E{|detV=Xk (1)[|det VY| ()L index(v2 X,k (1))=i) L{index(v2 ¥ (1)) =}
X X (1) =u,63 X (£)>0 for all 6¢o (K)YL(Y (5)>u,67 Y, (5)>0 for all £¢o (L))
VX |k (1) = VY|L(s) =0}

=/K/LdtdsPVX‘K(z),VYM(s)(O,O)E{detV2X|K(t)detVzY‘L(s)

X Lix (1)2u.e3 X, (1)20 for all £¢o (K))L{Y (5) 2,637, (5)>0 for all ¢o (L)}
VX k(1) =VYL(s) =0},

where the last step is because, for a matrix B, (—=Di|det(B)| = det(B) if index(B) = i.
To prove the first approximation in (55) and address the main idea, we first deal with a
special case when the two faces are both the interiors and then prove the general cases.
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Case (i): k = N and | = N'. By the Kac-Rice formula,
E{ME(X, K)ME(Y, L)}
0 o
= [ [ poxosro©0dras [ [T axdypxa.ro (519X =¥ (6)=0)
u u
X E{detsz(t)detVzY(s)]l{sz(,)<0}IL{V2Y(S)<O}|
X(@#)=x,Y(s)=y,VX(t)=VY(s) =0}
o o0
2=/ / pvx(t)’vy(s)(o, O)dl‘dS/ / A(t,s,x,y)dxdy.
K JL u u
Let

Mi={(t,s)e K xL:rt,s)=RE{X®)VY(s)} =E{Y(s)VX(t)} =0},

(56)
B(M1y,8) = {(Z,S) eK xL: d((t,s),/\/l]) 551},

where 8 is a small positive number to be specified. Then, we only need to estimate

o 0
(57) / Pvx),vy(s) 0, O)dtdS/ / A(t,s,x,y)dxdy,
B(M,61) u u

since the integral above with B(My,d1) replaced by (K x L)\B(Mj,381) is super-
exponentially small due to the fact

1+R
sup Var([X (1) + Y (5)]/2IVX (1) =VY(s) =0) < )
(t,9)€(K x L)\B(M,,8) 2

Notice that, for all (¢, s) € M, E{X()V2X (1)} <0, and E{Y (s)V2Y (s)} < O since X (¢)
and Y (s) have unit-variance; and by (H3) and Proposition 2.1, E{X (VY (s)} <0 and
E{Y (s)V2X (¢)} < 0. Thus there exists 8; small enough such that E{[X (t) + Y(s)]V2Y (s)} <
0 and E{[X(¥) + Y(s)]VzX(t)} =< 0 for all (¢,s) € B(M1,é81). In particular, let 1y be the
largest eigenvalue of E{[ X (¢) + Y(s)]V2X (1)} over B(Mj,8), then Ay <0 by the uniform
continuity. Also note that both E{X (#)VY (s)} and E{Y (s) VX ()} tend to O as 61 — 0. There-
fore, as §; — 0,

E{X;;(1)|X (1) =x,Y(s) =y, VX(t) = VY (s) =0}
= (E{X,'j(l‘)X(l‘)}, E{X,‘j(l‘)Y(S)}, IE{X,-J-(t)Xl(t)}, Ceey E{X,’j(l‘)XN(t)},
E{X;; (Y1)}, ... . E{Xij () Yn () )[Cov(X (£), Y (5), VX (), VY (s))] !

(58) X (x,,0,...,0,0,...,007

—1
= (1+ o) (B{X;j )X (1)}, E{X;; ()Y (5)}) (}e If) ()yc)

E{X;; )X ()}x — Ry] + E{X;; )Y (s)}[y — Rx]
1 —R2 ’

= (1 +0(1))

and similarly,

E{Y;j ()X () =x,Y(s) =y, VX(t) = VY (s) = 0}

59 . _ . —
(59 — (1 + o1y EHEOX O)x R)I)]——i_li{YlJ(S)Y(S)}[y Rx]
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By (58) and (59), there exists 0 < gg < 1 — R such that for §; small enough and all (x, y) €

[u, 00)? with (g9 + R)x < y < (g0 + R)~'x (so that x — Ry > gou and y — Rx > eou),
it 5, %, ) =E[{V2X(0)|X (1) =x,Y(s) =y, VX(1) =VY(s) =0} <0 and
So(t,s,x,y) = E{VZY(S)LX(I) =x,Y(s)=y,VX()=VY(s) =0} <0.

Let Ai(z,s,x,y) = V23X (1) — i(t,s,x,y) and Ay(t,s,x,y) = V2Y(s) — 2o(t, 8, x,y).
Due to the following decomposition,

u<x,y<oo)={x>u,y>(o+R x}U{y>ux<(o+R 'y
Ulx>u,uV (eg+ R)x <y < (g0 + R)'x},

we can write

[ee] o0
/ / Alt,s.x, y)dx dy
u u

o0 o0 o0 0
(60) =/ dx/ A(t,s,x,y)dy-i—f dy A(t,s,x,y)dx
u (e0+R)~1x u (g0+R)" 1y
00 (s0+R)~ 1y
+f dx/ A(t,s,x,y)dx,
u uV(eg+R)x

where the first two integrals on right are super-exponentially small since (¢g + R)~! > 1 and

Lix(t)zu.y )20+ R) X0} Y Ly (9)2u. X 020+ R 1Y )} = LX (0)+7 (5)1/22[1+(e0+R)~1Tu 2}
For the last integral in (60), we have

o (eo+R)"1x
/ dx/ A(t,s,x,y)dy
u uV(eg+R)x

00 (co+R)"'x
= [ x| dypx .y (x. yIVX (1) = VY (5) = 0)
u uV(eg+R)x

(61) x E{det(A1(t,s,x,y) + Z1(t, 5, x, y))det(Ax(t, 5, x, )

+ 2o (t, 8, %, ) LA (15,5, )41 (1,5,x,) <0}
X ]l{Az(t,s,x,y)+22(t,s,x,y)<0}|X(t) =x,Y(s)=y,VX()=VY(s) = 0}

) (e0+R)"x
::/ dx/ dypxa).vs)(x, YIVX () =VY(s) =0)E(t,s,x,).
u uV(ep+R)x

Note that the following are two centered Gaussian random matrices (free of x and y):

QX (1,5) = (QF(,9) 1 joy = (D1, 5,5, MIX@O) =x,Y(s) =y, VX () = VY (5) =0),

Q" (1.5) = (. Ni<ijen = (B2t 5,0, MIX@) =x,Y(s) =y, VX (1) = VY (5) =0).

Denote the density of the Gaussian vector ((Qg(t,s))lsisjsN»(Q,'Yj(t’s))lsisjsN) by
hy s (v, w), where v = (v;j)1<i<j<n € RVVTD2 = (w;) << janr € RN (N'+1D/2 Then

E(t,s,x,y) =E{det(Q¥(1,5) + Z1(t, 5, x, y))det(QY (¢, 5) + Ta(t, 5, x, y))

X QX (1 .5)+ 51 (1.5.2,3) <0 L{QY (1,543 (15,7, 7) <0}
(62)

/ det((vij) + 21 (1,5, x, ))
vi(vi)+ 1 (1,5,2,9) <0 Jw: (wij)+ T (,5,%,5) <0

x det((wjj) + Za(t,s,x, y))hs s (v, w) dvdw,
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where (v;;) and (w;;) are respectively the abbreviations of the matrices v = (v;;)1<;, j<n and
w = (w;j)1<i,j<n’- Recall thatx Ay > u and (¢ + R)x <y < (so+R) " 'x implies x — Ry >
gou and y — Rx > gou. By (58), there exists a constant 0 < ¢ < —XAggo/(1 — R?) such that for
81 small enough and all (¢,s) € B(M1,681),x >u,andu Vv (9 + R)x <y < (g9 + R) lx,

N 1/2
(vij) + Zi(t,s,x, ) <0, V|| :=<Z v%) < cu.
ij=1

Thus {v : (vij) + 21(t,5,x,y) A0} C {v: |(v;j)ll = cu}. This implies that the last in-
tegral in (62) with the integration domain replaced by {(v, w) : (v;j) + Z1(t,s,x,y) A
0,we RN,(N/“)/Z} is o(e_“,uz) uniformly for all (¢,s) € B(My,81), where o’ is a posi-
tive constant. The same result holds when replacing the integration domain by {(v, w) : v €
RNWN+1/2 (w;ij) + Xa2(2, s, x,y) &£ 0}. Therefore, we have that, uniformly for all (z,s) €
B(M1,81),x>u,andu Vv (g9 + R)x <y < (g0 + R) " 'x,

E(t,s,x,y)= /

RN(N+1)/2 A@N(NH)/Z det((vij) + 2(t, s, x, y))

2

x det((wi}) + Ta(t, s, x, ) s s (v, w)dvdw + o(e™*™).

Plugging this into (61) and (60), we obtain that the indicator functions 1iy2y <oy and
L(v2y(s)<0y In (57) can be removed, causing only a super-exponentially small error. There-
fore, there exists o > 0 such that for u large enough,

E{ME(X, K)YME(Y, L)}
= [ [ poxasro©0dids [ [ pxare VX0 = VY () =0)
K JL u u
x E{detV2X (1)detV?Y (s)|X (1) = x, Y (s) = y, VX (1) = V¥ (s) = 0} dx dy

2
+ ol expy— Y au?
p T+ R au”t ).

Case (ii): k,l > 0. Note that, if k =0 or [ = 0, then by the Kac—Rice formula, the terms
in (55) involving the Hessian will vanish, making the proof easier. Therefore, without loss of
generality, letk,[ > 1,0(K)={1,...,k},o0(L) ={1,...,1}, and assume all the elements in
e(K) and (L) are 1. By the Kac—Rice formula,

E{ME(X, K)YME(Y, L)}

= (— )k /K/LPVX‘K(t),VY‘L(s)(O, 0)dtds

o0 o0
x / / Pxo.re) (X YIVX |k (1) = VY| (s) = 0)

X (¥ 41 (5)>0,...¥n ()=} X (1) =x, Y (s) =y, VX|x (1) = VY|.(s) =0} dx dy

= (—1)k+l/K/vale(,),vylL(s)(O, O)dtds/u /M A(t,s,x,y)dxdy.
Let
My={{t,s)eK xL:
(63) r(t,s) =R, E{X()VYL(s)} =E{Y(s)VX |k ()} =0},
B(M3,8) ={(t,s) € K x L:d((t,s), M2) <8},
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where §; is a small positive number to be specified. Then, we only need to estimate

o0 o0
(64) / PV 0).9%.)(0. 0)d1 ds / f At x, y)dx dy,
B(MZ’(SZ) u u

since the integral above with B(M>, 8y) replaced by (K x L)\B(Myj,38) is super-
exponentially small due to the fact
I1+R
sup Var([X (1) + Y (5)]/2IVX (1) = VY (s) =0) < ——.
(1.9)€(K X L)\B(M2,8) 2

On the other hand, following similar arguments in the proof for Case (i), we verify that
removing the indicator functions 1y2 X g <0y and Ligay, () 0) in (64) will only cause a
super-exponentially small error. Combining these results, we have shown that the first ap-
proximation in (55) holds, completing the proof. [

From the proof of Proposition 7.1, we see that the same arguments can be applied to
E{M, (X, K)M,(Y, L)}, yielding the following result.

PROPOSITION 7.2. Let {(X(2),Y(s)) :t €T,s € S} be an R2-valued, centered, unit-
variance Gaussian vector field satisfying (H1), (H2), and (H3). Then there exists a constant
a > 0 such that for any K € oy T and L € 9;S, as u — oo,

E{M,(X, K)M,(Y, L)}

:(-1)"“/KfLE{detv2X|K(z)detv2Y|L(s)n{x(,)zu,y(s)zu}|VX|K(;):VY|L(s)=0}

2
u
X pVX\K(t),VY\L(S)(Ov 0)drds +0<6Xp{—1 TR — au2}>.

8. Proofs of the main results. PROOF OF THEOREM 3.1. By Lemmas 6.4, 6.3, and
6.5, together with the fact that Mf (X, K)<M,(X, K), we obtain that the factorial moments
and the last two sums in (21) are super-exponentially small. It then follows from (20) and
(21) that, there exists a constant o > 0 such that as u — oo,

P[sup X(t)>u,sup Y (s) > u}

teT seS

=> > IE{MME(X,K)Mf(Y,L)}+0(exp{— w? —au2}>.

k,! KeoT,Led;S I+R

The desired result is thus an immediate consequence of Proposition 7.1 and (5). O

PROOF OF COROLLARY 3.1. By Remark 5.1, both inequalities (20) and (21) still hold
with Mf (+) replaced by M, (). Therefore, the corresponding factorial moments and the last
two sums in (21) with Mf (-) replaced by M, (-) are super-exponentially small by Lemmas
6.4, 6.3, and 6.6. Consequently, there exists a constant & > 0 such that as u — oo,

P{supX(t) >u,supY(s)> u]

teT seS

=3 ¥ E{MM(X,K)MM(Y,L)}+0<exp{_ u> _Wz})'

k,l KeogT,Led;S I+R

The desired result is thus an immediate consequence of Proposition 7.2. [
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PROOF OF THEOREM 3.2. Note that in the proof of Theorem 3.1 we have seen that the
points in M3 defined in (63) make the major contribution to the joint excursion probability.
That is, with up to a super-exponentially small error, we can focus only on those product
faces, say J x F, whose closure J x F contains the unique point (+*, s*) with r(¢*, s*) = R
and satisfying o (J) C I,’f @*, s and o (F) C I{f (t*,s*) (i.e., the partial derivatives of r are
0 at (z*, s™) restricted on J and F). Specifically, let

T*={JeqT:t*eJ,o(J) CIE(t* s*),k=0,..., N},
S*=|FedS:s*eF,o(F)CIy(t*,s),£=0,...,N};
and foreach J € T* and F € S*, let
ME (X, J):=#{teJ:X(t)>u,VX;(1)=0,V>X;(1) <0,
5 X;(t) = Oforall j € ZF (*, s*) \ o ()},
ME (Y, F):=#{s € F:Y(s) >u, VY|r(s) =0, V2Y|r(s) < 0,
e5Yj(s) > Oforall j € Z§ (*, s*) \ o (F)}.

Note that both inequalities (20) and (21) hold with Mf(-) replaced by Mf*(-) when the
corresponding face therein belongs to T* or $*, and replaced by M,,(-) otherwise. Following
similar arguments in deriving Theorem 3.1 and Corollary 3.1, we obtain that, there exists
o > 0 such that as u — o0,

P{supX(t) > u,sup Y (s) > u}

teT sES

2
> E{Mf*(x,J)Mf*(Y,F)}Jro(exp{— . —au2}>.
JeT* FeS* 1+ R

The desired result then follows from Proposition 7.1. [
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