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UPCROSSING INEQUALITIES FOR STATIONARY SEQUENCES
AND APPLICATIONS

By MICHAEL HOCHMAN
Hebrew University of Jerusalem

For arrays (S;, j)1<i<; of random variables that are stationary in an ap-
propriate sense, we show that the fluctuations of the process (S, n)flozl can
be bounded in terms of a measure of the “mean subadditivity” of the process
(S;,j)1<i<j- We derive universal upcrossing inequalities with exponential
decay for Kingman’s subadditive ergodic theorem, the Shannon—-MacMillan—
Breiman theorem and for the convergence of the Kolmogorov complexity of
a stationary sample.

1. Introduction. Let us say that a sequence (X,);>, of real numbers has k
crossings (or upcrossings) of an interval [s, 7] if there are indices

I<ii<ji<ip<jo<--<ik<jk

such that X;, <s and X ;, > . Allowing X, to be random, it easily follows that
lim X, exists a.s. if and only if, for every interval of positive length, the probability
of infinitely many crossings of the interval is 0.

There are a number of classical limit theorems in probability that can be for-
mulated and proven in this way, the best known of which is Doob’s upcrossing
inequality for L' martingales [6]: if (Sp)p2 ) is an L' martingale, then, for s < 1,

S
P((Sn);2; has k upcrossings of [s, 7]) < SUpy 15w Il
k(t —s)
(see also Dubins [7]). A similar inequality was proven by Bishop for the time aver-
ages S, = % "_1 Xy of an L! stationary process (X,);2; [1, 2]. Assuming non-

negativity of the process instead of integrability, Ivanov [8] proved the following
beautiful result: for every s < ¢,

k
(1.1 P((Sn);2; has k upcrossings of [s, 7]) < <;>

(see [4]; for related results, see Jones et al. [9], and Kalikow and Weiss [10]). A re-
markable aspect of these inequalities is that they hold universally: except for trivial
normalization, they do not depend on the process in question. Neither martingales
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nor ergodic averages admit universal rates of convergence and it is all the more
surprising that such general bounds for the fluctuations exist.

In this paper, we establish a general upcrossing inequality for certain sequences
associated with stationary processes, in terms of a certain measure of “mean sub-
additivity” of the process. We consider arrays (S; j)1<i<; of random variables,
although we will usually identify the ordered pair (i, j) that indexes S; ; with the
integer interval [i; j] =1[i, j1 NN, and if U = [i; j] is such an interval, we write
Sy for §; ;. We assume the process to be stationary with respect to translation of
the indexing intervals, that is, that for every m € N, one has

(Sti:j)1<i<j = (Sti+m j+m))1<<; i distribution.

One very general way to obtain such arrays is by applying a function to samples
of stationary processes: if (X,);2 , is stationary and g is any function defined on
finite sequences, then §; ; = g(X;, X; 1, ..., X;) satisfies these assumptions.

Let I € N be an interval and § > 0. We say that a collection I, ..., I, of inter-
vals 8-fills I if all of the intervals are contained in / and |/ \ |J ;| < 8|I|, where
| - | denotes cardinality.

THEOREM 1.1.  Suppose that (S;,j)1<i<j is stationary in the above sense. Let
s<tand(0<d < %. Then, for every k,

P (S1,0);2 has k
(12) upcrossing of [s, t]
' there exists n > k such that S1 , >t

<c-p*+P| and[1;n] can be 3-filled by disjoint
intervals Vi, ..., V, satisfying SV]. <s

The constants c and 0 < p < 1 depend only on § (but not on the process oron s, t).

In applications, one optimizes over ¢ to get a bound for the left-hand side which
is often independent of the process. Theorem 1.1 is effective and the constants
may be computed explicitly, although they are surely not optimal. This inequality
cannot be reversed and in Section 2, we give a simple example in which the left-
hand side decays exponentially and uniformly for a certain class of processes, but
the right-hand side can decay arbitrarily slowly.

Theorem 1.1 can be generalized in several ways. It remains valid when one
starts with a “two-sided” stationary array (S; j)—oco<i<j<co and sets S, = S_, p,
and there is a version for S, = Sy, , where V; is an arbitrary increasing sequence
with 0 € V1. It can also be extended to the multidimensional setting, where the
process is indexed by cubes instead of segments. These versions require minor
modifications of the proof we give.

Our first application is to Kingman’s subadditive ergodic theorem. Let
(Xm.n)1<m<n be stationary, in the sense described above, and subadditive, that is,
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Xin < Xkm + Xim+1,n whenever k <m < n. Kingman’s theorem states that under
some integrability conditions, if X,, , is stationary and subadditive, then %X 1.n
converges almost surely. As examples of this situation, consider X, , = 7_, Y
where Y; is a stationary process or X, n = | Zp, ..., Z,||, where Z; is a stationary
sequence of operators.

Polynomial decay for upcrossings in Kingman’s theorem for integrable process-
es was proven by Krawczak [11]. We establish an exponential version of this, with

integrability replaced by a boundedness condition:

THEOREM 1.2.  Let (X, 1) 1<m<n be stationary and subadditive. Suppose that
X1.1=< M a.e. for a constant M. Then, for every s < t,

P((Sn)y2; has k upcrossings of [s, t]) <c - o~

for constants 0 < p < 1 and c that depend only on s,t and M.

We next turn to the convergence of Shannon information of samples. Given
a finite-valued process (X;)72,, the information of the sample Xy, ..., X, is the
random variable

I1(Xq,..., X)) =—1logP(Xy,..., X,).

Here, for a fixed sequence & =&, ..., §&,, we write P(§) for the probability of
observing this sample, so P(X1, ..., X},) is the probability of observing the sample
that was actually observed.

The Shannon—-MacMillan—-Breiman theorem [13] is one of the fundamental
theorems in information theory, asserting that %I (X1, ..., Xp) converges almost
surely. See, for instance, [12].

THEOREM 1.3.  Suppose that (X,);2, is a 0, 1-valued stationary process. Let
Sy = %I(Xl, ..., Xn). Then, for every s < t,

P((Sn)y2; has k upcrossings of [s, t]) <c - o~

and the constants 0 < p < 1 and ¢ depend on s, t.

The same result holds for processes with a finite number r of symbols, but the
constants will then also depend on . We note that there is no universal rate of
convergence for this limit and Theorem 1.3 seems to be the first effective proof
of its convergence. It is interesting that the classical proofs of the convergence
of %I (X1, ..., Xp) rely on the ergodic theorem and the Martingale theorem, but
despite upcrossing inequalities being known for both of these, it is unclear how to
combine them to deduce Theorem 1.3.

Bishop’s upcrossing proof of the ergodic theorem was part of a larger program
of Bishop’s to “constructivize” mathematical analysis. As Theorem 1.1 is effective,
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it can probably be adapted to this setting, leading to constructive proofs of the
Kingman and Shannon-MacMillan—Breiman theorems.

Another closely related result involves algorithmic complexity rather than Shan-
non information. For a finite string x of 0’s and 1’s, let x(x) denote the Kol-
mogorov complexity of x, sometimes referred to as the minimal description length
of x (see Section 4). Although «(-) is not formally computable, it has been ex-
tensively studied as a nonstatistical measure of complexity and is closely related
to Shannon’s theory of information; see, for example, [5]. The following result
is therefore an analog of Theorem 1.3; the existence of the limit was shown by
Brudno [3].

THEOREM 1.4. Suppose that (X,);2, is a stationary 0, 1-valued process.
Then, writing S,, = —%K(Xl, ..., Xy), for every s <t,we have

P((S,)°%; has k upcrossings of [s, t]) < ¢ - p*

for constants ¢ and 0 < p < 1 that depend only on s, t.

The rest of the paper is organized as follows. First, we use Theorem 1.1 to
derive the applications. In Section 2, we derive the result on Kingman’s theorem,
and show that the inequality in Theorem 1.1 cannot be reversed. In Section 3, we
prove the upcrossing inequality for the Shannon—McMillan—Breiman theorem and
in Section 4, we derive the inequality for Kolmogorov complexity. In Section 5, we
reduce Theorem 1.1 to a combinatorial lemma whose proof is given in Section 6.

2. The subadditive ergodic theorem and an example. In this section, we
discuss the relation between Theorem 1.1 and ergodic theorems.

PROOF OF THEOREM 1.2. Suppose that Vi, ..., V, are disjoint subintervals
of [1; n] such that ﬁxv,» <s.LetU =10,1]\ U;Zl V;. By subadditivity,
1 Vil 1 Vi U
Ly, =y XVi+ZXj,j5—Z| il ¢ 190y
n n |Vi iU n n

(in the last inequality, we used stationarity to get X; ; < M). Thus, if [I;n] is
8-filled by the V;, then |U| < én, so

1
~Xip<(1=8)s+6M
n

and if § = L=%, then it impossible that le » > t. Hence, for this §, when we appl
M—s p 24X, pply
Theorem 1.1 with the sequence §; ; = j_lﬁX i, j» the event on the right-hand side

of inequality (1.2) is empty. The theorem follows. [J



UPCROSSING INEQUALITIES AND APPLICATIONS 2139

Next, we show that decay of the right-hand side in Theorem 1.1 is not necessary
in order to get fast decay on the left. Let (X,,);2, be a stationary process with
values in [—1, 1] and let

| I
VT~ ,;
so S1., is obtained by repeating elements from the sequence of ergodic averages
(% (X1 +---+ X)) . The latter sequence obeys an upcrossing inequality which

does not depend on X,; thus, the former sequence also does. However, the follow-
ing proposition shows that one cannot obtain this from Theorem 1.1.

Sij= Xk,

PROPOSITION 2.1. Leté$ >0, and

there exists n > k such that Sy , > %
pr=P and [1, n] can be é-filled by disjoint
intervals V1, ..., V, satisfying Svj < —%

Then, for arbitrarily large k, there are processes for which px > 1/6 and, in par-
ticular, the convergence py — 0 is not uniform as the process (X,) is varied.

PROOF. Fix § > 0. Let n > 1/§ and let (X;){2, be the process whose unique
sample path, up to translation, is the sequence with period 2n in which blocks
of 1’s and —1’s of length n alternate. Set k = n2. Tt is easily verified that (a) the
probability that the first 2n/3 symbols of a sample are 1’s is 1/6 and Sy ., in this
case, is > 1/2; and (b) if X| = 1, then, taking j to be the first index with X; = —1,
we have §;r < —1/2 and [1; k] is §-covered by [j; k]. Thus, for each square k,
there are processes for which py > 1/6. O

3. The Shannon—McMillan-Breiman theorem. In this section, we prove
Theorem 1.3. Fix s < ¢ and a parameter § > 0. Set

1
j—i+1
In order to apply Theorem 1.1, for each n € N, we wish to bound the probability
of the event

Sij= (Xiy.or X))

B — S1.n > t and [1, n] can be §-filled by disjoint
" intervals Vi, ..., V, satisfying Sy, < ‘

Since
Sij>t & PX;,...,X)) <27 1U—i+D),
Sij<s ]P’(X,-,...,XJ-)>2—s(j—i+1)’
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we have the trivial bound
G.1)  P(B,) <2-™# (words w € {0, 1}"* which can be §-filled With)
. n) = El

disjoint words v satisfying P(v) > 275¢@)

where £(v) denotes the length of v.
To estimate the right-hand side of (3.1), we note that each word w that is counted
on the right can be constructed as follows:

(1) choose a subset I C[1;n] of size < én;
(2) choose the symbol w(i) foreachi € I;

(3) for each maximal interval J C [1;n]\ I, choose a word v = w|; with P(v) >
7—st(v).

To bound the number of words produced in (1)—(3), we bound the number of
choices at each step. In step (1), we have < 2(®+ologn) chojces, where h(x) =
—xlogx — (1 —x)log(1 —x) (this is a standard consequence of Stirling’s formula).
In step (2), we have at most 297 choices. Finally, in step (3), let Ji, ..., J, be the
maximal intervals in [1; n] \ /. The number of distinct words v of length |J;| and
satisfying P(v) > 27Iil is clearly bounded by 2°!/il, so the number of ways to
choose such words with lengths | /1], ..., |J| is at most
r

1_[ 2slil — 92—y slJil <sn,

i=1
It follows that the number of words counted on the right-hand side of equation (3.1)
is

< 2(s+h(8)+5)n+o(logn)’

SO

P(B,) < 2—(t—s—h(8)—5+o(1))n‘

Hence, if § is small enough in a manner depending on s, ¢, then this bound is
summable and gives

]P’(U B,,) <c- ,ok
n>k
for constants ¢ and 0 < p < 1 depending only on s, ¢. Since |, ; By is the event
on the right-hand side of inequality (1.1) in Theorem 1.1, this completes the proof
of Theorem 1.3.

4. Kolmogorov complexity. The Kolmogorov complexity «(x) of a 0, 1-
valued string x is defined as follows. Fix a universal Turing machine U and let
x* be a string of minimal length such that, when U is run on input x*, the out-
put is x. Then, «(x) is the length of x*. Although « () depends on the universal
machine U, changing U only changes « (-) by an additive constant.



UPCROSSING INEQUALITIES AND APPLICATIONS 2141

In this section, we prove Theorem 1.4. Note that S, , = %K(Xm, ..., Xp) 18 not
strictly subadditive, so Kingman’s theorem does not apply; nonetheless, we can
exploit the fact that it is “almost subadditive.”

PROPOSITION 4.1. Let (X,);2, be a 0, 1-valued stationary process and set
S, = 1/<(X1, ..., Xy). Then, for every s < t, there is a 6 > 0 and an N such that

the evgnt
there exists n > k such that S1 , >t
By = and [1, n] can be §-filled by disjoint

intervals V1, ..., V, satisfying Svj <S8
is empty forallk > N.

PROOF. We reason as in the previous section. Suppose that x € {0, 1}"* and
[1;n] can be §-filled by a disjoint collection of intervals {Vi,..., Vy,} with
ﬁk(xh/k) < 5. We can encode x by describing the choices of the three-step
process outlined in the previous section. In step (3), we encode the pattern x|y, by
writing down the algorithm that produces it. Thus, the estimate from the previous

section shows that the number of bits required is
h(®)n+n+ Y k(x|v,) < (s +h(8) + 8)n + o(logn).

We only require a constant-length program to extract the string x from this encod-
ing. We also require an overhead of O ((2(8) 4 §)n) to encode this information in
a self-punctuating way. Thus,

K (x) <o(logn) + (s + C'(h(8) + 8))n

and if § is small enough (in a manner depending on s, ¢), then this implies x (x) < ¢,
once n is large enough (how large n must be depends on C, C’, which, in turn,
depend on the Turing machine we are using, but is independent of s, ¢, § and the
process). The proposition follows. [

Theorem 1.4 now follows from Theorem 1.1.

5. Reduction of Theorem 1.1 to a covering lemma. The purpose of this sec-
tion is to reduce the proof of Theorem 1.1 to a combinatorial statement about in-
tervals, related to the effective Vitali covering lemma of Kalikow and Weiss [10].
This lemma is stated below in Lemma 5.1, but its proof is rather technical and we
defer it to Section 6.

Let (S j)1<i<; be stationary, in the sense discussed in the Introduction. Fix
s < t, a parameter § > 0 and an integer k. For i € N, we define the events

Ai ={(Si.i+n),—; has k upcrossings of [s, 71},

B — There is an n > k such that S; ;4, > ¢, and [i, i + n] can be }
;=

§-filled by disjoint intervals Vi, ..., V, satisfying Sy, <
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By stationarity, P(A;) = P(A;) and P(B;) =P(B;) for all i, j. We abbreviate A =
A1, B = Bp. Theorem 1.1 is then equivalent to

P(A) < cp* +P(B)

for constants 0 < p < 1 and c that depend only on s, ¢.
The proof proceeds as follows. Fix a large N and let

AlN = {(Si’i+n)£]:1 has k upcrossings of (s, #)}.
Since A= AN it suffices to show that, for each N,
P(AY) < cp* +P(B)
with ¢, p independent of N. Fix an integer R much bigger than N (we will even-
tually take R — oo) and let I C {1, ..., R} be the random set of indices defined
by
I={ie[l;R]: AlN occurs}.

By stationarity of §; ;, we have

1 & 1_ (& 1
PAY) ==Y PN = —E(ZXAN> =—E|I|.
R R\ R

We proceed to estimate the expected size of /. We divide I into two parts:
Ip={iel:Bjoccurs} and I{=1\ Iy.

Since %E(|Io|) = IP(B), it suffices to show that %llll < cpk.

By definition, for each i € I;, there is a (random) sequence of k pairs of non-
empty intervals U; (1) C V;(1) € --- C U; (k) € V;(k) whose left endpoint is i and
with length < N, and such that Sy, ) < s and Sy, > for 1 <m <k.

We now pass to a subsequence of the U;’s and V;’s by performing two refine-
ments of the sequence. First, clearly, |U;(m + 1)| > |V;(m)| > |U;(m)| because
SU;1(m)> SU;(m) F Svi(m)» and because of the given inclusions. Thus, |U;(m)| >
2(m — 1). If we delete the first kg = [k/2] + 1 pairs, then we are left with a se-
quence U; (kg + 1) C Vi(ko+1) C --- CU;(k) C V;(k) of at least k' = |k/2] — 1
pairs of intervals, all of which are of length greater than k.

Second, notice that if |V;(m)|/|U;(m)| <1+ 6, then i € Iy since U; (m) would
8-fill V;(m). Thus, for i € I, we also have |V;(m)|/|U;(m)| > 1 + 8. Choose g so
that

(14871 >72/8%,

thatis, g = (10g(72/82)/ log(1+6)]+ 1. By deleting the intervals U; (j), Vi (j +1)
when j # 0 (modg) and renumbering the remaining ones, we are left with a se-
quence of k” > [ (k' — 1)/q] pairs of intervals U;(1) € V;(1) C --- C U; (k") €
V;(k"), all having length > k and satisfying Sg.m) <S> S§,(my > > and which,
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additionally, satisfy the growth condition |V;(m)| > g—flU,- (m)| for every 1 <
m<k’.
We now apply a combinatorial result whose proof we defer to Section 6.

LEMMA 5.1. Let ¢ < 1/4. Suppose that J C N is finite and that for each
Jj € J,we are given a sequence of intervals Uj(l) C Vj(l) c...C ﬁj(L) C Vj(L)
with left endpoint j and satisfying |\7j (n)] > g%llj j(n)|. Suppose that none of the
Vi(n)’s can be 6¢-filled by a disjoint collection of U;(m)’s. Then,

g\ —(L—1)/(log 1/¢)
VE (1 + 6)

U Vj(L)‘.
jedJ
We apply the lemma to our situation with J = I}, L = k” and & = §/6. The

hypothesis is satisfied by definition of I;. It follows that there are constants ¢ > 0
and 0 < p < 1 depending only on § (hence on s, t), such that

U itk
iel

<c-p F(N+R)

| <c-p~*.

and the last inequality holds because | J; n Vi (k") € [1; N + R]. We thus have

P(A) = ~E|I| = ~E|lo| + ~E|I,| < P(B) + —"<1+N)
“R VTR RIS “r R
and the proof of Theorem 1.1 is complete by taking R — oco.

6. Proof of Lemma 5.1. The remainder of this paper is devoted to the proof
of Lemma 5.1. Some of the statements below are standard; we supply proofs for
completeness. Others parts of the argument are related to the effective Vitali cov-
ering lemma from [10]. See [12, 14] for other examples of covering lemmas in
probability and ergodic theory.

We say that a collection of segments is disjoint if its members are pairwise
disjoint. The following is a version of the classical Vitali covering lemma:

LEMMA 6.1. IfV is a collection of intervals, then there is a disjoint subcol-
lection V' €V with |JV'| > |UV|/2.

PROOF. Let V' C V be a minimal collection satisfying (JV' = [JV. Order
the intervals in V'’ by their left endpoints, say V' = {Vi, V,, ..., V,,}. Then, the
subsequence consisting of intervals with even indices is disjoint, similarly for the
subsequence with odd indices. One of these must cover at least half of V. [
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For ¢ > 0 and an interval U = [a; b], the e-blowup of U is
=la—¢|lU|,b+¢|U|]NZ.

Note that U C U*® and |U?| < (1+2¢)|U|. For a collection I/ of intervals, we write
Ut ={U®%:U elU}.

LEMMA 6.2. IfU is a collection of intervals, then || JU®| < (1 +2¢&)|JU].

PROOF. Let A = |JU and decompose A into disjoint maximal intervals
Vi,.ooy Vi, so [lJUU| =D |Vi]|. For each V;, one clearly has

U uvicv,
Uel:UcV;

thus

i=1

U

U v

Uel:UCV,

k
<> a+2e)Vil = +20)|Jul.
i=1

A tower of height M over a finite set / C N is a collection U = {U;(k):i € I,

1 <k < M} of intervals such that i is the left endpoint of U; (k) [we shall actually

only use the fact that i € U; (k)] and for each i € I, the sequence U; (1) C U;(2) C
-+ C U;(M) is strictly increasing. The kth level of U is the collection

Uk)=1{U;(k):i el}.

Note that the intervals in U/ (k) are not necessarily of the same size and, although
|U; (k)| < |U;(k + 1)|, it need not be true that |U; (k)| < |U;(k+ 1)[if i # j.

Let U = {U;(k)} be a tower of height M over a set /. The e-crust of U is the set
of V e U whose e-blowup is strictly maximal with respect to inclusion, that is,

V={VeldM):if V¢ C W* for some W €U, then V = W}.
It is clear that [ JU/ € | JV°?.

LEMMA 6.3. Let 0 <& < 1. Suppose that U = {U; (k)} is a tower over I of
height 2 satisfying

2
Ui (2)| = = |Ui(D)] foralliel
€

and YV CU(2) is the e-crust of U. Then:

(1) foreach U eU(1) and V €V, lfUﬂV;éﬁthenUCVS
(2) there exists Uc U() and a dlS]Olm‘ V CV such that |UL[| < 2|UZ/{|

U N UV) =2 and YU < (UVF) U UN).
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PROOF. Let U e U(1) and V € V with U NV # <. In order to show that
U C V&, it suffices to show that €|V | > |U]|. Let i € I be such that U = U; (1) and
write W = U;(2), the interval “above” U in 4. Since V is in the e-crust, we cannot
have V& C W?. Since V N W # &, this implies that

2
d+a|VI=|W|= 8—2|U|,

which gives the desired conclusion. _
To establish (2), apply the Vitali lemma to V to obtain a disjoint family VV € V
with |UV| > 3|UVI. Let

d={veum:un(Jv)=2}

The conclusion now follows from (1). [

We want to replace the constant 1/2 in the Vitali lemma with a constant close
to 1. This can be achieved using the standard trick of applying the Vitali lemma to
several layers of covers and iteratively disjointifying each level in turn.

Henceforth, all logarithms are taken to base 2.

LEMMA 6.4. Let 0 <& < 1. Suppose that U = {U;(k)} is a tower of height
M >1+41log(1/¢e) over a set J and

2
|Ujk+1)| > 8—2|Uj(k)|.
There is then a disjoint subcollection V C U such that || JV| > (1 —3e)|JU].

PROOF. SetUy=U and Vy = . For 1 <n < M, we inductively define sub-
collections V,,, U, CU(M — n) satisfying:

(1) Vyu, Uy SUp—1;

2) Ulp—1 € (UU) UUVy);
3) (Uvn)m(Uun)=®;

@) Uyl < 2 UUn-1 ).

To produce U, V,,, we apply part (2) of Lemma 6.3 to the top two layers of U, 1.
Clearly, the collection V = (U < -y Vi is disjoint and JU < (U V) U (UUm-1).
By property (4), we have

U] < (%)M_I\Uu\ <e|Ju

’

SO

U

- Ut |2 10U
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Using the inequality |(J V| > ﬁl (JV?| from Lemma 6.2, we have

Uv|= 114:288‘Uu‘ > (1-38)|Ju

’

as desired. [

For the remainder of this section, we adopt the following notation. Fix an
integer L and 0 < ¢ < 1, a finite set / C Z and two towers U = {U;(k)} and
YV ={V;(k)} of height L 4 1 over [ satisfying

Ui cVviOcudcvihc---cUi(L) cVi(L)

(for convenience, we start from level 0) and
2
[Vi(k)| = g—lei(k)I.
Note that this ensures a similar growth rate for the substack U.

LEMMA 6.5. Let L > 1+ log(1/¢e). Then, either there is a V € V(L) which
can be 6¢-filled by a disjoint subcollection of U, or else ||JV(L)| = (1 +
IJU ).

PROOF. Select a maximal disjoint subset W of the e-crust of V. By the Vitali
lemma and Lemma 6.3, we have

1 1
> wi=|Uw|= M‘UV(L)‘ > M‘UL{(O)‘.

Wew

We distinguish between two cases. First, if every W € W satisfies |W \ JU (L —
1)| > e|W/|, then, since W is disjoint, we would have

UV| = Uuo|+ U\ Ju@ - 1)
=|Juo|+ X w\Juw -1

Wew

> JuO)|+ ) elw|

Wew

= (1 * 2(1 j_zg))‘UL{(O)),

which gives the desired bound.
Otherwise, let W € W be such that |[W \ |JU(L — 1)| < g|W]|. Let

V={Ui(k):0<k<L—1and U;(L —1)NW # &},
Z={U;(k):0<k<L—1and U;y(L —1)C W}.
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By assumption, we know that

6.1) jwm(Uy)‘ > (1—&)|W|.
We claim that then
(6.2) ]Wm(Uz)(z(1—3e)|W|.

Suppose that this were not the case. There is then a subset A € W of size > ¢|W/|,
not covered by Z and all of whose points are at a distance of at least | W| from
Z\ W. By inequality (6.1), there is some U;(L — 1) € Y \ Z that intersects A at a
point 7. Since U; (L — 1) ¢ Z, it must intersect Z \ W at a point r’. Since U; (L — 1)
contains the interval with endpoints r, ', we have

|Ui(L = D] = |r —r'| = e|W],

SO
2
[Vi(L = DI = UL~ DI >2|W].

On the other hand, U; (L — 1) N W # & [because U; (L — 1) € V] and since U; (L —
1) CV;(L — 1), we also have V;(L — 1) N W # &. Since W is in the e-crust of V,
Lemma 6.3 implies that V; (L — 1) € W¥?, contradicting the size bound we got for
Vi(L —1).

To complete the proof, we apply Lemma 6.4 to the tower Z. We obtain a disjoint
subcollection of Z (and hence of /) whose members are contained in W and have
total size at least (1 — 3¢)| U Z|, which, by inequality (6.2), is at least (1 — 6g)|W|,
as required. [J

We can now prove Lemma 5.1, which we rephrase as follows (notice that our
tower is now numbered starting at O and that we have removed the tildes from the
notation).

LEMMA 6.6.  With the above notation, suppose that no interval V € V can be
6e-filled by disjoint elements of U. Then,

Uvaw)|.

g\ ~LL/log(1/e)]
Uuo) = (1+5)

PROOF. Set M =1log(1/¢). It suffices to prove

e (+5) o

and it is enough to prove this when L is an integer multiple of M; write L = kM.
We proceed by induction on k. The base of the induction is the previous lemma.
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Now, given that it is true for k and given L = (k+ 1) M, we can apply the induction
hypothesis to the restrictions of 4,V to levels 0, 1, ..., kM. This tells us that

Uukpn)| = (1 + %)k’UU(O)‘.

Now, consider the restriction of the towers to levels kM, kM + 1, ..., (k+ 1)M.
Applying the base case, we get

\Uu((k+ 1)M)\ > (1 + %)‘UU(kM)‘.

Putting these together completes the proof. [J

As mentioned in the Introduction, everything above can be carried out for sym-
metric intervals and for cubes in Z¢; the proofs generalize easily to that case, al-
though the constants change. We note that the Vitali lemma (Lemma 6.1) requires
a different proof in higher dimensions, but this is classical.

For completeness, we provide the proof of the higher-dimensional analog of
Lemma 6.2. Consider the case of squares in Z?. The e-blowup of a square U x V
is U® x V¢, which can be written as a disjoint union,

U xV8P=(U xU)UByUByUB3U By,

where By = U® x V \ U x V are two vertical strips of width ¢, By = U x V& \
U x V are two horizontal strips of height ¢, B3 is the union of two ¢ X € squares
outside the upper-left and lower-right corners of U x V and By is the union of two
& x ¢ squares outside the upper-right and lower-left corners of U x V. To obtain
an analog of Lemma 6.2, we must show that if {U; x V;} is a collection of squares
and U} x V¥ = (U; x Vi) UU,=1.2.3.4 B, as above, then, foreacht =1, 2, 3,4,

U Bi Jui xvi
i i

This follows from the one-dimensional case by decomposing | J; (U; x V; U B; ;)
into the union of the intersection of this set with parallel translates of lines. For
instance, for ¢ = 1, the intersection of | J; (U; x V; U B; ;) with each horizontal line
is the e-blowup (in the one-dimensional sense) of the intersection of |J; U; x V;
with that line and so the one-dimensional lemma can be applied. Now, sum over
all lines.

The proof for cubes in Z¢ is proved by induction on the dimension using a
similar strategy.

<2¢
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