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ENTROPY-CONTROLLED LAST-PASSAGE PERCOLATION!

BY QUENTIN BERGER? AND NICCOLO TORRI?

Sorbonne Université

We introduce a natural generalization of Hammersley’s Last-Passage
Percolation (LPP) called Entropy-controlled Last-Passage Percolation (E-
LPP), where points can be collected by paths with a global (path-entropy)
constraint which takes into account the whole structure of the path, instead of
a local (1-Lipschitz) constraint as in Hammersley’s LPP. Our main result is
to prove quantitative tail estimates on the maximal number of points that can
be collected by a path with entropy bounded by a prescribed constant. The
E-LPP turns out to be a key ingredient in the context of the directed polymer
model when the environment is heavy-tailed, which we consider in (Berger
and Torri (2018)). We give applications in this context, which are essentials
tools in (Berger and Torri (2018)): we show that the limiting variational prob-
lem conjectured in (Ann. Probab. 44 (2016) 4006—4048), Conjecture 1.7, is
finite, and we prove that the discrete variational problem converges to the
continuous one, generalizing techniques used in (Comm. Pure Appl. Math.
64 (2011) 183-204; Probab. Theory Related Fields 137 (2007) 227-275).

1. Introduction: Hammersley’s LPP and beyond. Let us recall the original
Hammersley’s Last-Passage Percolation (LPP) problem of the maximal number of
points that can be collected by up/right paths, also known as Ulam’s problem [16]
of the maximal increasing subsequence of a random permutation. Let m € N, and
(Zi)1<i<m be m points independently drawn uniformly on the square [0, 1]%. We
denote the coordinates of these points Z; := (x;, y;) for 1 <i < m. A sequence
(zig)1<e<k 1s said to be increasing if x;, > x;,_, and y;, > y;,_, forany 1 <¢ <k
(by convention ig = 0 and zg = (0, 0)). The question is to find the length of the
longest increasing sequence among the m points, which is equivalent to finding the
length of the longest increasing subsequence of a random (uniform) permutation
of length m: we let

(1.1) Ly =max{k: 331, ..., i) s.t. (Zi,)1<e<k is increasing}.

Hammersley [12] first proved that m~1/2£,, converges a.s. and in L! to some
constant, that was believed to be 2. Later, the constant has been proven to be indeed
2 (see [13, 17]), and estimates related to £,,, were improved by a series of papers,
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culminating in a seminal paper by Baik, Deift and Johansson [3], showing that
m~Y/(L,, — 2./m) converges in distribution to the Tracy—Widom distribution.

The main goal of the present article is to define the Entropy-controlled Last
Passage Percolation (E-LPP), a natural extension of Hammersley’s LPP. We in-
troduce the concept of entropy constraint, which depends on the structure of the
whole path, and is related to the moderate deviation rate function of the simple
symmetric random walk.

The E-LPP turns out to be crucial in the analysis of the directed polymer model
in a heavy-tailed environment in (1 + 1)-dimension. We refer to [7-9] for the def-
inition and a general overview of the directed polymer model. This model has
attracted much attention in recent years, in particular because it is in the KPZ
universality class: in particular, it is conjectured that at any fixed inverse temper-
ature 8, the transversal fluctuation exponent £ is equal to 2/3. Alberts, Khanin
and Quastel [1] recently introduced the concept of intermediate disorder regime
in which g scales with n, the size of the system. In the setting of a heavy-tailed
environment, this was considered first by Auffinger—Louidor [2], who showed that
rescaling suitably 8, the model has transversal fluctuations exponent & = 1. Dey
and Zygouras [10] then proved that with a different (stronger) rescaling of 8, the
model has Brownian fluctuations, that is £ = 1/2. Additionally, Dey and Zygouras
proposed a phase-diagram that connects the exponent of the transversal fluctuation
of the polymer & and the decay rate of 8 with the tail exponent « of the heavy-
tailed distribution of the environment. In [4], we start to complete this picture by
giving a complete description in the case of « € (0, 2): one of the main results
is a proof of Conjecture 1.7 of [10], describing explicitly the scaling-limit of the
model. One crucial tool needed in [4] is the E-LPP defined in the present article,
which allows to go beyond the Lipschitz setting of [2, 11], and treat intermediate
transversal fluctuations 1/2 < & < 1.

1.1. Organization of the article. All our results are stated in Section 2: in Sec-
tion 2.1 we give the definition and results for the E-LPP in continuous and in
discrete settings; in Section 2.3, we consider the problem of E-LPP with heavy-tail
weights that appears in [4], and we show that the continuous limit in [4], The-
orem 2.4, is well defined, completing the proof of [10], Conjecture 1.7; in Sec-
tion 2.4 we state the convergence of the discrete energy-entropy variational prob-
lem to its continuous counterpart. This result is crucial to prove the convergence in
Theorems 2.2-2.7 of [4]. The proofs of the all results are presented in Sections 3
to 5.

2. Main results. Operating a rotation by 45° clockwise, we may map Ham-
mersley’s LPP problem (cf. Section 1) to that of the maximal number of points
that can be collected by 1-Lipschitz paths s : [0, 1] — R. We now introduce a new
(natural) model where the Lipschitz constraint is replaced by a path entropy con-
straint.
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2.1. Entropy-controlled LPP. For t > 0, and a finite set A = {(#;, x;); 1 <i <
J}Cl0,t] x Rwith |[A|=j e Nandwith0 <1 <1, <--- <t; <t, we can define
the entropy of A as

1 & i —xim1)?

2.1 Ent(A) : 5 ; T

where we used the convention that (¢y, xg) = (0, 0). If there exists some 1 <i < j
such that t; = t;_1, then we set Ent(A) = +o00. This corresponds to the definition
(2.7) of the entropy of a continuous path s : [0, ] — R, applied to the linear inter-
polation of the points of A: to any set A we can therefore canonically associate a
(continuous) path with the same entropy. The set A is seen as a set of points a path
has to go through. For S = (S;);>0, a simple symmetric random walk on Z, and
if A € N x Z, we have that P(A C S) < e F"(%) (A C S means that Sy, = x; for

all i <|A|)—we used that for the simple random walk P(S; = x) < =¥ 12 by a
standard Chernoff bound argument.

Then, for any fixed B > 0, we will consider the maximal number of points that
can be collected by paths with entropy smaller than B, among a random set Y,
of m points, whose law is denoted P. We now consider two types of problems,
depending on how this set Y, is constructed:

(i) continuous setting: for ¢, x > 0, we consider a domain A,y := [0, ¢] X
[—x,x], and Y, = Y, (¢, x) = {Y1, ..., Yy} where (Y;)1<i<m is a collection of
independent r.v. chosen uniformly in A; x;

(i) discrete setting: for n,h € N, we consider a domain A, j := [0,n] x
[—h,h], and Y, = Vp(n, h) = {Y1,..., Yy} is a set of m distinct points taken
uniformly in A, 5.

We are then able to define the entropy-controlled LPP by

2.2 LBt x)= max |Al LB, h)y= max |A[
2.2) m () ACTm(t,x)| | m (1) Ach(n,h)l |
Ent(A)<B Ent(A)<B

the maximal number of points than can be included in a set A that has entropy
smaller than B. In other words, it is the maximal number of points in Y, or Y,
that can be collected by a path of entropy smaller than B. Note that we use the
different font to be able to differentiate the setting: £, A, Y for the continuous
case and L, A, Y for the discrete one. We refer to Figure 1 for a picture of an
optimizing path for the continuous E-LPP with entropy constraint B = 1, which is
compared to an optimizing path for Hammersley’s (1-Lipschitz) LPP.

We show the following result—the lower bound is not needed for our applica-
tions, but can be found in [5].

THEOREM 2.1. There are constants Co,co,c, > O such that: for any
t,x, B>0,n,h>1
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— 1 points collected =101 points collected
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F1G. 1. We sample m = 5000 points uniformly and independently in the box [0, 1] x [—0.5,0.5]
(note that \/m ~70.71). On the left: a (near-)optimal path for the continuous E-LPP (with constraint
Ent(s) < B = 1), which collects 151 points (we used a simulated annealing procedure, hence the
near-optimality of the path). On the right: an optimal path for Hammersley’s (1-Lipschitz) LPP,
which collects 101 points.

(i) continuous setting: for allm > 1 and all k <m
Co(Bt/xH)12m\k
k2 )
(ii) discrete setting: forall 1 <m <nh and all k <m
Co(Bn/h*)12m\k
)

(2.3) P(LP) (1, x) > k) < <

(2.4) P(LB) (n, h) > k) < <

The proof of Theorem 2.1 is not difficult but a bit technical, and we give it in
Section 3.

This result shows in particular that E,(nB)(t, x) is of order ((Bt /xz)l/ 4@) Am,
resp. L;,,B)(n, h) is of order ((Bn/h2)1/4ﬁ) A m, as stressed by the following
corollary. We stress that keeping track of the dependence on B is essential for the
applications we have in mind.

COROLLARY 2.2. Forany b > 0, there is a constant c, > 0 such that, for any
m > 1, and any positive B, and any t, x, respectively, n, h,

Lt x) ’ Ly (n, h) ’
E > < Cp; E ) <cCp.
(Bt /x4 Jm) Am (Bn/ WDV Jm) Am
REMARK 2.3. On may view Theorem 2.1 as a generalization of [11], Propo-
sition 3.3. More precisely, we recover [11], Proposition 3.3, by considering A, , =
[n, n]]2 and replacing the entropy condition Ent(A) < B by a Lipschitz condition,
that is considering only the sets A whose points can be interpolated using a Lips-

chitz path. Let us denote L f,lf P) (n) the LPP obtained. Now observe that if A satis-
fies the Lipschitz condition we have that Ent(A) < n/2 (recall the definition (2.1)):
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as a consequence it holds that L,(ﬁ /2 (n,n) > L,(,i“ P) (n). We also stress that our def-
inition of E-LPP opens the way to many extensions: in particular as soon as one is
able to properly define the entropy of a path (i.e., of a set A), one could extend the
results to the case of paths with unbounded jumps or even nondirected paths: this
is the object of [5], where a general notion of path-constrained LPP is developed
and studied.

Let us stress here that one might want to reverse the point of view, and estimate
the minimal entropy needed for a path to visit at least k points. This turns out to be
essential in Section 4 of [4]. One realizes that

inf Ent(A)<B <= sup |A| > k.
CYm ACTy,
|Al=k Ent(A)<B
Hence, an easy consequence of Theorem 2.1 is that for any £ < n (we state it only
in the discrete setting)

Co(Bn/h®) 2m\k
)
It therefore says that, with high probability, a path that collects k points in Y, C
An.p has an entropy larger than a constant times k*/m? x h?/n.

2.5) P(AcT}EfAlzkEnt(A) < B) < <

2.2. Open questions and directions. Our main goal has been to introduce a
generalized last-passage percolation, and Theorem 2.1 give the first estimates on
the model. Below, we explain how these estimates are already extremely useful
in the context of the directed polymer model; see Sections 2.3 and 2.4. However,
many questions are raised, and we provide here a few important open problems
and future questions of investigation.

(a) As a consequence of Theorem 2.1 (and Theorem 3.1 in [5] for the lower
bound), we have that ﬁ,(nB)(t, x) is of order ((Bt/x2)1/4ﬁ) A m. The next step
would then be to show that for fixed B, t, x, L35 (¢, x)/((Bt/x2)V/*/m) con-
verges a.s. to a constant C as m — 00, and identify the constant C. In this direction,
we consider in [5] the E-LPP in a Poissonian setting: the convergence then follows
from a subadditivity argument, and we expect that a “de-Poissonization” argument
would allow to transfer the convergence to the setting presented here.

(b) Once the constant C has been determined, the next natural step is to iden-
tify the fluctuations of [,,(nB)(t, x) — C(Bt/x»)'*/m, and also to determine the
transversal fluctuations of optimal paths. In [5], Appendix A, numerical simula-
tions are presented, and they suggest that m_l/ﬁ(ﬁ,(f)(t, x) — C(Bt /x4 /m)
converges in distribution, in the spirit of the result of Baik, Deift and Johansson
[3] (see Section 1).
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2.3. Application I. Continuous E-LPP with heavy-tail weights. In [4], we con-
sider the directed polymer model in heavy-tail environment, in weak-coupling
regimes (i.e., when the temperature diverges as the size of the system goes to
+00). We prove the convergence of the log-partition function (suitably centered
and rescaled) to a continuous energy-entropy variational problem 7g, defined be-
low in (2.9) (or in [4], Section 2.2).

Our E-LPP appears crucial to achieve this. In particular, it enables us to show
that the variational problem 7z is well defined when the tail decay exponent « is
in (1/2,2): this is Theorem 2.4, which proves the first part of [10], Conjecture 1.7.
The second part of this conjecture, that is, that 7 is indeed the scaling limit of the
log-partition function of the directed polymer in heavy-tail environment, is proved
in [4], Theorem 2.4.

Let us recall some notation from Section 2.2 in [4]. The set of allowed paths
(scaling limits of random walk trajectories) is

(2.6) D = {s 1[0, 1] = R; s continuous and a.e. differentiable},

and the (continuum) entropy of a path s € ¥ is defined by

1,
2.7) Ent(s) = 3 /0 (s'(1))* dt.

This last definition derives from the rate function of the moderate deviation of the
simple random walk (see [15] or [4], equation (2.14)).

We let P := {(w;, t;, x;)}i>1 be a Poisson point process on [0, co) x [0, 1] x
R of intensity u(dwdtdx) = %w“"—11{w>0} dw dr dx, where o € (0,2). For a
quenched realization of P, (minus) the energy of a continuous path s € Z is then
defined by

2.8) n(s)=mp(s)= Y. wlgnesl
(w,t,x)eP

where (7, x) € s means that (¢, x) is visited by the path s, that is, s; = x.
Using (2.7) and (2.8), we define the energy—entropy competition variational
problem: for any B > 0, we let

(2.9) Tp = sup {B7(s) — Ent(s)}.
s€P,Ent(s)<4o00

The next result shows that it is well defined, and gives some of its properties.

THEOREM 2.4. For a € (1/2,2), we have the scaling relation

(2.10) 7 Q pmay,

and Tg € (0, 400) forall B > 0 a.s. Moreover, E[(Tg)"] < oo forany v <o —1/2.
We also have that a.s. the map B +— Tg is continuous, and that the supremum in
(2.9) is attained by some unique continuous path s} with Ent(s}) < oo.

On the other hand, for a € (0, 1/2] we have Tg = +o0 for all B > 0 a.s.
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REMARK 2.5. As we discuss in Section 2.5 of [4], the fact that the maximizer
of Tg is unique could be used to show the concentration of the paths around s}
under the polymer measure P}’ p,» in analogy with the result obtained by Auffinger
and Louidor in Theorem 2.1 of [2].

2.4. Application II: Discrete E-LPP with heavy-tail weights. In this section,
we discuss the convergence of a discrete energy-entropy variational problem Trf ’,’1"’
defined below in (2.15), to its continuous counterpart 7g (2.9). This is a crucial
result that we need in [4] to prove Theorems 2.4-2.7.

We introduce the discrete field {w; x; (i, x) € N x Z}, which are i.i.d. nonneg-
ative random variables of law PP: there is some slowly varying function L(-) and

some « > 0 such that
2.11) P(w > x) = L(x)x“.

This random field is the discrete counterpart of the Poisson point process P intro-
duced in Section 2.3. We refer to Section 5.1 for further details.

Let us consider F(x) = P(w < x) be the disorder distribution (cf. (2.11)), and
define the function m(x) by

1
(2.12) m(x) = F~! (1 = —) 50 P(w > m(x)) = —
X
The second identity characterizes m (x) up to asymptotic equivalence: we have that
m(-) is a regularly varying function with exponent 1/c.
For any given box A, ; = [1,n] x [—h, h], we can rewrite the discrete field in

this region (w; x) (i,x)e A, , using the order statistics: we let M, (1) be the rth largest

value of () .ryen, , and ¥, € A, its position—note that (¥, 4!

simply a random permutation of the points of A, ;. In such a way,

(2,13) (wi,j)(i,j)EAn (M(n h) Y(I’l h))|An hl'

r=1

In the following, we refer to (M, (. h))l il s the weight sequence. We now define

(minus) the energy collected by a set A C Ay, and its contribution by the first £
weights (with 1 < £ < |A, x|) as follows:

|Ani]
(A= 3 M1 s

(2.14) r=l

4
(e> h
1 (A) = 2‘1M§” >1{Yr<n,h)eA}.
r=

We also set Q(>€)(A) =Qun(A) — fo}l(A).
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In such a way, we can define the (discrete) variational problem

(2.15) T = 2% B (A) — Ent(A)),

with B, , some function of n, h (soon to be specified), and Ent(A) as defined in
(2.1). We also define analogues of (2.15) with a restriction to the ¢ largest weights,
or beyond the £th weight

TP = max (8,42 (A) — Ent(A)),
ACA

n,h

(2.16)

ﬂn hs (>Z) (>e)
T = Q A Ent(A){.
Arg%h{ﬁnh (A) —Ent(A)}

The following proposition is crucial for the proof of Theorem 2.7 below, and is
also a central tool in [4], Section 4.

PROPOSITION 2.6. The following hold true:

e For any a < «, there is a constant ¢, > 0 such that for any 1 < £ < nh, for any
b>1,

1/3
(2.17) P(Tn’?’;’l’(‘) > b x (5n,hm<nh))4/3<%) ) < b3alt,

e We also have that there is a constant ¢ > 0 such that for any b > 1,

2\ 1/3
(2.18) IP’(T”%"’(>£) > b x (ﬂn,hm(nh/ﬂ))4/3<h—2n) ) < b/ +e—cb1/4.

The proof is postponed to Section 5.2. Observe that we need here to keep track

of the dependence on n, h: to that end, estimates obtained in Section 2.1 will be
crucial. Note already that if = ,B,, nm(nh) — B € (0,00), as n, h — o0, it gives

that Tf';lh "© s of order ,B4h2/n.
In the next result, we prove the convergence in distribution for (2.15), which
generalizes the convergence of related variational problems considered in [2, 11].

THEOREM 2.7. Suppose that %,Bn,hm(nh) — v e[0,00) as n,h — oco. For
every a € (1/2,2) and for any g > 0, we have the following convergence in distri-
bution:

.Bn h
2.19 T = — Ent
(2.19) 2Tk 7o Toa = sup om(s) = En(s),

with My :={s € I, Ent(s) < 00, maxe(o,111s(¢)| < q}. We also have

Bun: () (D) ) ._ @ ey _
(2.20) hzTn - mﬁ,q ._Ssel%{m (s) — Ent(s)},
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where w0 = Zle My, es) with {(M,,Y,)},>1 the order statistics of P re-
stricted to [0, 1] x [—q, q]; see Section 5.1. Finally, we have

(2.21) TO 227 and T, —— T,
Vil g oo 4 g0

3. Proof of Theorem 2.1 and Corollary 2.2.

3.1. Proof of Theorem 2.1. We start with the proof in the continuous setting.
The discrete setting follows the same lines and details will be skipped.

Continuous setting. Let us consider Slgt’B) the set of k-tuples in [0, 7] x R (i.e.,
up to time ¢) that have entropy smaller than B:
O<hq<--- <t <ty
B
gny) {((t@,xg))KM C10,1] x R; }
Ent((z¢, x¢)1<e<k) < B

We can compute exactly the volume of &; @.5)

LEMMA 3.1. We have, foranyt >0 and B >0

k
2
Vol(EB)) = Cp x B2, with C; = /2 .
['(k/2+ DLGk/2+ 1)

In particular, it gives that there exists some constant C such that

(g(t B)) (CBI/2f3/2)k

PROOF. The key to the computation is the induction formula below, based on

the decomposition over the left-most point in 6,5”3) at position (#, y) (by symme-
try we can assume y > 0): it leaves k — 1 points with remaining time ¢ — u and

entropy smaller than B — —2

ZBu
(3.1) Vol(£("P)) 2/u 0/} Ol(ES B 20y 4y au.
The induction is only calculations. For k = 1, we have
V2Bu t 4./2
vol(e?) 2/ / dudy :2\/23/ w2 du = ?IB]/ZIWZ,
u=0Jy= 0

so that we indeed have that C| = n(ﬁr (3/2)F(5/2))_1.
For k > 2, by induction, we have

ZBu 2\ (k=1)/2
Vol(E"P) =2¢; 1/ / u)3(k1)/2<B - y—) dydu.
u=0Jy= 2u
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Then, by a change of variable w = y?/(2Bu), we get that

V2B 2\ (k=1)/2 1
/ u(B B y_) / dy = B(k_l)/2/ (1— w)(k—l)/2 &w_l/zdw
y=0 2u 0 V 2

L i, 12D (= D/2 4+ DI(1/2)

V2 '(k/2+ 1)

Moreover, we also have

1
/t W 2(s — w6072 gy = Bh=D/2+1/241 / /21— ) 3E=D/2 gy
u=0

0
— t3k/2F(3/2)F(3(k —1)/2+1)
- FGk/2+ 1) '

Hence, the constant Cj verifies

F'(tk—1)/24+1) « ﬁf‘@(k —-1)/24+1)
C'k/24+1) 2 CGk/2+1)

which completes the induction, in view of the formula for C_;.

For the inequality in the second part of the lemma, we simply use Stirling’s
formula to get that there is a constant ¢ > 0 such that

Cr =2Cr_1 X/

’

T(k/2+1) > (k> and TBk/2+ 1) > (ck)>*/2. -

Let us denote N the number of sets A C Y, (¢, x) with |A| = k, that have
entropy at most B. We write

P(LE (t, x) > k) = P(Ng > 1) < E[NV].

Since all the points are exchangeable, we get
m
E[N] = (k)P(EIO € Gy s.t. (Za(l), el Zo(k)) c EIEI,B))’

where Z| = (t1, x1), ..., Zx = (&, xx) are independent uniform r.v. on the domain
A, x (with volume 2¢x). We then have that

Vol (& ®))
(t,B)y _ k
IP)(HO' € 6y s.t. (Zg(l), ceey Zg(k)) € 5k ) =k! (2tx)k

We therefore obtain, using that () < m*/k!, together with Lemma 3.1

CBI/2II/2m k
(B)

This gives the upper bound of Theorem 2.1(i).
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Discrete setting: Upper bound. The proof follows the same idea as above: we
skip most of the details. Define E ,E"’B) the set of k-tuples in [1, n] x Z that have
entropy smaller than B:

(nB) ( ) 1] 0<t1<---<tk§n;
E} {([vaﬁ)l t<k C 1,n| xZ }
== Ent((fe, Xe)1<e<k) < B
We can estimate the cardinality of E ,g"’B); however, not in an exact manner as
in the continuous case.

LEMMA 3.2. Forany n € N, it holds true that

nk/\/i
['k/2+ DI Bk/24+1)

Vol(ES ) < 2kCy x B¥?n?%/2, with ¢ =

PROOF. The analogous of (3.1) is here

n ~/2Bi
i Bx2/2i
(3.3) Vol(EP) =23 3 Vol(E P20y,
i=1 y=0
The induction is again straightforward calculations: we can use the computations
made in the continuous setting, together with the comparison between finite sums
and Riemann integrals that is,

Z g() = / g(z)dz if g is increasing,
(3.4) =0

n
Zg(i) <g(0) +/ g(z)dz  if g is decreasing.
. 0
i=0
Details are left to the reader. [

Again, we have IP)(L,(f)(n, h) > k) < E[Ny], where Ny is the number of sets
A C Yy C Ay with |[A] =k, that have entropy at most B. Then

m

where (Z {"’h) e Z,E"’h) ) are a uniform random choice of k distinct points from
Ay (which contains n(2h + 1) points)—the main difference with the continuous
setting comes from the fact that the Z;’s are not independent. We therefore have
that, using Lemma 3.2,

Biny] = Vol(E(”B))< mk  (CB/2\k
Nkl = k (Zni]z{—i—n) _(Znh)k( k2 )

We also used that () < m¥/k! and that (***") > 2nh +n — k)¥/k! with k < n.
This concludes the proof of the upper bound in Theorem 2.1(ii).
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3.2. Proof of Corollary 2.2. 'We prove it in the continuous setting, the discrete
one being similar. From Theorem 2.1, we deduce that for any u > (eCo)'/ 2 we
have

(3.5) PP, x) > u(Bt/x2) 4 Ym) < exp(—u(Bt/x2)* /m).

Applying this inequality with u = (eCp)'/?

[,,(nB)(n, h) < m, we get that for any b > 0

L1, x) b
EK«BwﬂﬂﬂmU%Am)]

< (eCo)*’* +

, and using also the a priori bound

(B)
IP’( Lm (£, ) >ul/b) du
€Co/2 \((Bt/x)/*m1/2) Am

< (eC())b/2 + cst.

4. Proof of Theorem 2.4. Let us recall that P := {(w;, t;,x;): i > 1} is
a Poisson point process on [0,00) x [0,1] x R of intensity u(dwdrdx) =
%w‘“‘l 1{w>0) dw df dx, as introduced in Section 2.3.

4.1. Ideas of the proof. First, we prove that 7g = +o0o0 when o < 1/2. Then
we prove the scaling relation (2.10), and finally we show the finiteness of the vth
moment (v < « — 1/2). We stress that the core of the proof is based on an appli-
cation of the continuous E-LPP: roughly, the idea of the proof is to decompose the
variational problem (2.9) according to the value of the entropy:

4.1) 773:sup{,3 sup n(s)—B}.
B>0' s€2,Ent(s)=B
Then a simple scaling argument gives that
sup 1 (s) @ Bﬁ sup 1w (s).
s:Ent(s)<B s:Ent(s)<1

The E-LPP appears essential to show that the last supremum is finite; see, in par-
ticular, Lemma 4.1 below. Then, at a heuristic level, we get that g is finite because

in (4.1) we have B « B as B — oo (remember that o« > 1/2). In the last part of
the proof, we prove the continuity of 8 +— 7 and of the existence and uniqueness
of the maximizer in (2.9).

4.2. Case o <1/2. Let us prove here that 75 = +o00 when « € (0, 1/2]. For
any k in Z, we define the event

G = {Pﬂ (871221 400) x B 1] x [2K=1, 28] @}.
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On the event Gy, we denote (wg, fx, xx) a point of P such that wy > 8~12%+1 and

(tg, xx) € [%, 1] x [2k=1, 2K9: considering the path going straight to (#, x;) we get
that

2
X
T = Bwy — —2;‘ > 2%k on the event Gy.
k

Then it is just a matter of estimating P(Gy). We stress that considering My the
maximal weight in [%, 1] x [2%=1,2K], we find that M, is of order (2]‘)1/0‘ (as
a maximum of a field of independent heavy-tail random variables, or using the
scaling relations below), so that we get that: if « < 1/2, P(Gr) — 1 as k — +o00;
if @ = 1/2, there is a constant ¢ > 0 such that P(Gy) > c forall k € Z; if o > 1/2,
P(Gr) — 1 as k — —oo. Note that the events Gy are independent, so an application
of Borel-Cantelli lemma gives that for & < 1/2, a.s. G occurs for infinitely many
k € N: since Tg > 2%k on Gy, it implies that 7g = 400 a.s. fora < 1/2.

On the other hand, let us remark that this argument also proves that when o >
1/2, a.s. there exists some ko < —1 such that Gy, occurs, and thus 75 > 2%k - (.

4.3. Scaling relations. For any « € (0,2) and a > 0, we consider two func-
tions ¢(w, t,x) := (w, t,ax) and Y (w, t,x) := (a= V2w, ¢, x) which scale space
by a (hence the entropy by a?) and weights by a !/, respectively. The random

sets @ (P) and v (P) are still two Poisson point processes with the same law, that

is, (P) <@ ¥ (P). This implies that (recall the definition (2.8))

1/a

w(as) @ a’"m(s).

Therefore,

4.2) sup {5n(s)—a2Ent(s)}@ sup  {Ba~ /%7 (s) — Ent(s)}.

s€P,Ent(s)<o0 s€P,Ent(s)<o0

Consequently, for any o € (0, 2), a2773 Ja? @ Tgq-1/e- In particular, for any g > 0
it holds true that for o > 1/2

2a
(4.3) T3 L g1,
Let us note that 77 > 0 a.s., as we already observed in Section 4.2.
4.4. Finite moments of Tg. We show that for a € (1/2,2) E[(7p)"] < oo for

any v < « — 1/2, which readily implies that 7g < oo a.s. For any interval [c, d)
with 0 <c¢ < d, we let

4.4) Ts(lc,d)) := sup {B7(s) — Ent(s)},
s€Z,Ent(s)€lc,d)
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and we observe that Tg = T([0, 1)) V sup;~ 7 ([2k, 2k+1)) Moreover, as in (4.2)
we have

o252 )L sup (2% Br(s) — 2% Ent(s))
s:Ent(s)€[1,2)

(4.5) <2%B sup m(s)—2k.
s:Ent(s)<2

We show the following lemma.

LEMMA 4.1. For any a < o, we have that there is a constant ¢, > 0 such that
foranyt > 1 we get

IP’( sup  7(s) > t) <c t %
5€9,Ent(s) <2

Note that this bound is sharp: let M be the largest weight in [1/2, 1] x [—1, 1],
then we have that for r > 1, the probability in Lemma 4.1 is bounded below by
P(M > t) > cyt ™. (The last inequality comes from the form of the intensity of
the Poisson point process.)

From this lemma and (4.5), we get that for any + > —1 and any k large enough

so that ,8*12_%2*" > 2, we get

P22 >0 <B( s x()> p125(1+2)
se€2,Ent(s)<

(4.6) < ca 12K (1 + 257

Then, for any # > 1 and a < «, we get by a union bound that

P(Tp>1) < > P(T(125,2%1) > 1)

k=0
log, t
< C;Zaﬂal‘_a Z Zk% +C£,2a,Ba Z 2—ak(l—i)
k=0 k>log, t

a 1 1
< !B 4 07 2) < 2¢ gm0

where we used that 7 + 2K > ¢/2 if k <log, ¢, and t 4+ 2 > 2¥ /2 if k > log, t. For
the second sum, we also used that 1 — i > 0 when « > 1/2. In particular, this
shows that for any § > 0, there is some constant c5 g > 0 such that for any 7 > 1

(4.7) P(Tp > 1) < cs pt @D,

which proves that E[(75)"] < oo forany v <o —1/2.
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PROOF OF LEMMA 4.1. Recall that Ent(s) < 2 implies that max|s| < 2.
Therefore we can restrict our Poisson point process to R4 x [0, 1] x [—2,2]. In
this case (cf. Section 5.1 below), we rewrite a realization of the Poisson point
process by using its order statistics. We introduce (Y;);cN an i.i.d. sequence of
uniform random variables on [0, 1] x [—2, 2] and (M;);cN be a random sequence
independent of (Y;);cry defined by M; = 417%(&; +--- + &)~V/* with (£;) j>1 an

i.i.d. sequence of Exp(1) random variables. In such a way, P 9@ (M;, Yi)ien and
m(s) = 2721 Mil(y,es)-

The proof is then a consequence of Theorem 2.1 (with B = 1), which al-
lows to use the same ideas as in [11], Proposition 3.3. We develop the argu-
ment used in [11] in a more robust way, which makes it easier to adapt to
the discrete setting. Using the notation introduced in Section 1, for any i > 0,
we denote Y; = {Y1,...,Y;} (Yo =9), and let A; = A;(s) =s NY; be the
set of the i largest weights collected by s. The E-LPP can be written here as
El@ := MaX;.Ent(s)<2 | Ai (s)|—we drop here the dependence on ¢, x.

Using that M; is a nonincreasing sequence, we write

oo 2/t

(4.8) )=y > M1y€q}<Zsz S

j=0 =2/
Then we fix some & > 0 such that 1/a — 1/2 > 28, and we let C =
Y322/ (1/271/2+29): we obtain via a union bound that

o
P( sup 7m(s)>1) < P(M L? s t24i(1/2—1/a+28))
(Ent(s)§2 ) ; Vit 7 o

= Z[ (62,1 > C'logi (27+1)12+7)

n ot ; —1/a+a)]
4.9 P(M, > C"'—(2/ .
4.9) + ( v > @)

Here, C’ is a constant that we choose large in a moment, and C” is a constant
depending on C, C’; we also work with 7 > 2 for simplicity.
For the first probability in the sum, we obtain from Theorem 2.1(i) (with m =

2/+1 and k = C'log#(2/+1)21?) that provided C’(log#)2/% > 2C}/?,

) / j+1y1/2+8) 1€/ oen2” —log2C’2/%
P(L5541 > C'logt(2/77) = (5) <1 :
Hence, for ¢ sufﬁciently large we get that
(4.10) Z P(L),, > Clogr(29F1)!/24) < ¢ =CTloe2 < ¢4

provided that we fixed C’ large.
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For the second probability in the sum, recall that M; D 41/ “Gamma(i)~ 1/,
so that for any a < «, E[(i 1/ “M;)“] is bounded by a constant independent of i.
Therefore, Markov’s inequality gives that

t L -
IP(MZJ- > C"'—(2) 1/‘”‘3) < c(logn)?t*(27)™,
log ¢
so that
- t 1/a+38
4.11 P( M, c%—-y“+><1t%ﬂ.
@10 Ry > ) <clogn

Plugging (4.10) and (4.11) into (4.9), we obtain that for any a’ < a < « there are
constants ¢ > 0 such that for any t > 2

]P’( sup 7(s) > t) <2c(logt)*t™* < v
Ent(s)<2

which completes the proof. [J

4.5. Continuity of p — Tg. An obvious and crucial fact that we use along the
way is that for any realization of P, B+ 7T is nondecreasing.

4.5.1. Left continuity. Let us first show that 8 — 7Tg is left continuous, since
it is less technical. Fix € > 0. For any g, there exists a path s/(;) with Jr(sés)) <00
such that 7g < ,Bn(sl(;)) — Ent(s/(;)) + ¢. Using this path sf;), we then simply write
that for any § > 0

Tp = Tp—s = (B — &)m(sy’) — Ent(sy”).

Letting § | O, we get that the right-hand side converges to ﬂrr(ség)) — Ent(s}(gg)) >
Tp — &. Since ¢ is arbitrary, one concludes that limsyo 7g_s = Tg, thatis B Tg
is left continuous.

4.5.2. Right continuity. It remains to prove that a.s. B+ 7g is right continu-
ous. We prove a preliminary result.

LEMMA 4.2. For any K > 0, P-a.s. there exists By > 0 such that for any
0=<p=K,

(4.12) Ts = Ts(10, Bol),
where Tg([0, Bo)) is defined in (4.4).
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PROOF. Let us recall that Tz = T([0, 1)) V supyq Tp([2%, 251)). Using
(4.6) with t = —1, for any a < o we have that

P(T5(128,25H1)) > —1) < cuB*245 (2F — 1) 7 < ¢ 250D,

Since % —1 < 0, by Borel-Cantelli lemma we obtain that P-a.s. there exists kg > 0
such that 773([2", 2k+1y) < 1 for all k > k. This concludes the proof. [J

Then, since we now consider paths with entropy bounded by By, we can restrict
the Poisson point process P to Ry x [0, 1] X [—+/2Bg, v/2Bp]. In this case, we
write a realization of the Poisson point process by using its order statistics. More
precisely we introduce M; := (8Bg)'/2%(E; + --- 4+ &)™ 1/*, where (&)en is an
i.i.d. sequence of exponential of mean 1 and (Y;); < is an i.i.d. sequence of uniform
random variables on [0, 1] X [—+/2 By, /2 Bop], independent of (£;);cN. Then P @
(Mi, Yi)ien and 7 (s) = 3272 Mil(y,es)-

Forany £ € N, we let 7(©) := Zle M;1y,es be the “truncated” energy of a path:
we can write for any 8 < K, and any § > O such that 8+ 8§ < K

Tp+s = Tp+s([0, Bol)

< sup {(B+87(s) —Ent(s))
s€P,Ent(s)<Bg

+(B+9) sup |n(s)—7r(g)(s)|.
s€Z,Ent(s)<By

We control the last term with the following lemma.

LEMMA 4.3. It holds that

‘max  |z(s) — 7P ()] =25 0.
s€Z,Ent(s)<By {— 00

Hence, for any fixed €, we can a.s. choose some £, such that for any 8 < K and
any § > O with 8+ <K,

Tp <Tpys < sup {(B+ ) (s) — Ent(s)} + K.
se€Z,Ent(s)<By

Then, letting § |, 0, and since the supremum can now be reduced to a finite set (we
consider only ¢ points), we get that for any 8 < K,

Tg<limTprs < sup  [BrO(s) —Ent(s)} +&<Tp +e.
3]0 s€Z,Ent(s)<Bg

Since ¢ is arbitrary, this shows that lims o 7g+s = Tg a.s., that is, g +— Tg is right
continuous.

PROOF OF LEMMA 4.3. Foranyi € N, we consider Y; ={Y1, ..., ¥;} and for
any given path s we define A; = A;(s) =s N Y; the set of the i largest weights
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collected by s. Then let [,530) = SUPse gy, |A;(s)], as introduced in (2.2). Realizing
that 1{y,es) = [A;(s)| — |A;—1(s)|, and integrating by parts (as done in [11]), we
obtain for any s € 5,

w(s) =) =) Mityes)

i>f

n
= lim Y M;(JAi] —Ai-1])
i={+1

n—1
=nlgrgo< Zl |Ail(M; — Mit1) + My | Ay | — M£|A£|>
i=0+

(0,0
(4.13) < Y £ (M; — M) +limsup M, LFO).

At this stage, the law of large numbers gives that limy,— 0o /%M, = (8By) /%
a.s., and Corollary 2.2 gives that limsup,,_, o, n_l/zﬁf,BO) < 400 a.s. Since o < 2,
we therefore conclude that limsup,,_, ., M), L£P =0 as.

Welet Ug:=>,_, EEBO)(Mi — M;_1). We are going to show that there exists
some £ such that Z,->€0 L’;B) (M; — M;_;) < o0 a.s., and thus limy_, oo Up =0
a.s. We show that E[U 1520] is finite for £ large enough. For any ¢ > 0, by Cauchy—
Schwarz inequality we have that

' 1/2

Up, < (Z (i—z—8)2>1/2<z (=2t (m; — M,-+1))2>

i>L i>{

Then we get that for £y large enough

E[UZ]<C Y i""*E[(LP)|E[(M; — M;—1)?]

i>Ly

< Cp, > T2 i X iTHY < 4o,

i>g

Here, we used Corollary 2.2 and a straightforward calculation that gives E[(M; —
Mi_1)2] < ci~272* for i large enough (see, for instance, equation (7.2) in
[11]). Provided e is small enough so that 2¢ — 2/a¢ < —1, we obtain that
E[U}]<oo. O

4.6. Existence and uniqueness of the maximizer. As a consequence of Lem-
ma 4.2, to show that the supremum is attained and is unique in (2.9), it is enough
to prove the following result.
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LEMMA 4.4. For a.e. realization of P and for any B > 0, we have that

s5(B) = argmax{Bm (s) — Ent(s)}

SEDR

exists, and it is unique. Here, we defined Y := {s € . Ent(s) < B}.

PROOF. Our first step is to show that &g is compact for the uniform norm
|l - lco- Let us observe that for any s : [0, 1] — R, the condition Ent(s) < B implies
that

X
|s(x) — s(y)| sf s'(t)]dt < 2B) P 1x — yIV2, vx,yelo, 1],
y

so that s belongs to the Holder Space C 1/2(10, 17). Hence, 2y is included in
C'/2([0, 11) which is compact for the uniform norm || - || by the Ascoli—Arzela
theorem. We therefore only need to show that Zp is closed for the uniform norm
- Mloo-

For this purpose, we consider a convergent sequence s, and we denote by s
its limit. Since Ent(s,) = %Hs,/l ||i2 for all n, we have that (s),),en belongs to the
(closed) ball of radius (2B)/2 of L2([0, 1]). By Banach—Alaoglu theorem, the se-
quence (s, )neN contains a weakly convergent subsequence. This means that there
exist ny and s* such that

1 1
‘/O(p(x)s,/lk(x)dxm)/o p(s)s*(x)dx Vg e L*([0,1]).

By uniqueness of the limit (and taking ¢(x) = 1{{0,y])(x)), this relation implies
that s(y) = foy s*(x)dx, that is ' = s* almost everywhere. Since the L? norm
is weakly lower semicontinuous by the Hahn—Banach theorem that is, [|s*||;2 <
liminfy_, o ||s,’,[k |2, we obtain that s € g, so Zp is closed. As a by-product of
this argument, we also have that the entropy function s — Ent(s) is lower semi-
continuous on (Zg, || - lloo)-

Existence of the maximizer. Since Zp is compact, the existence of the maxi-
mizer comes from the fact that the function

4.14) tg(s) := Bm(s) — Ent(s)

is upper semicontinuous, thanks to the extreme value theorem tells. Since we have
already shown that s — Ent(s) is lower semicontinuous, we only need to prove the
following.

LEMMA 4.5. For a.e. realization of P and for any B > 0, the function s
7 (s) is upper semicontinuous on (g, || - lloco)-



ENTROPY-CONTROLLED LPP 1897

PROOF. We recall that if s € Zp then max;c[o,1]|s(t)] < V2B. Therefore, us-
ing the same notation as above, we can write a realization of the Poisson point
process P by using its order statistics: P = (M;, Y;)ien, 7(s) = Y72 Mil{y,es)
and recall that for any £ € N we let 7 := Y"Y_ | M;1;y,c). Thanks to (4.3), we
only need to prove that for any fixed £ € N the function s — 79 (s) is upper semi-
continuous: then 7 (s), as the uniform limit of 77 (¥, is still upper semicontinuous.

For any s € g, we let ¢y := Y, \ {s N Y} be the set of all points of Y, =
{Y1,..., Y.} that are not in 5. Since there are finitely many points, we realize that
there exists n = n(s, £) > 0 such that dy (i, graph(s)) > n, with dy is the Haus-
dorff distance.

Given s € Y5, we consider a sequence (s,),,S, € Zp that converges to s,
lim,— o ISy — lloo = 0. We observe that whenever ||s,, — s|lco < n/2, we have
that dg (15, graph(s,)) > 1/2. This means that for n large enough

{sn N Y e} C{s N Yy},

which implies that ©(s) > lim SUP, oo T ©O(s,). O

Uniquenes of the maximizer. The strategy is very similar to the one used in [2],
Lemma 4.1 or [11], Lemma 4.2. For any s € Zp, we let I(s) := {s N Y}, where
we Yoo = {Y;,i € N}.

Let us assume that we have two maximizers s; # sp. Since Yoo iS dense in
[0, 1] x [—/2B, ~/2B], we have that I (s1) # I (s2). In particular, there exists ig
such that Y;, € I(s1) and Y;, ¢ I(s2), and since s1 and s, are two maximizers of
(4.14) it means

max fg(s)= max 1g(s).
s: Yioel(s) s Y,-0¢I(s)

This implies that

4.15 M;, = tp(s) — M;1(y;es) — Ent(s) }.
@15  BM; o e p(s) S:g(l)ag;(s){ﬁj;m Jlyjes) n(s)}

Conditioning on (Y;)jen and (M) jen, ji, we have that the left-hand side has
a continuous distribution—the distribution of Ml.g" conditional on (Y;)jen and
(M) jen, j#i, is uniform on the interval [Migfl, Ml.;j‘_l] —, while the right-hand
side is a constant—it is independent of M;,. Therefore, the event (4.15) has zero
probability, and by sigma subadditivity we get that P(I (s1) # I (s2)) = 0, which
contradicts the existence of two distinct maximizers. [

5. Proof of Proposition 2.6 and Theorem 2.7. Let us state right away a
lemma that will prove to be useful in the rest of the paper.
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LEMMA 5.1. For any n > 0, there exists a constant ¢ such that, for any t > 1
and any £ < nh, we have

h
P(MI" = tm(22)) < (ery=(-met,
¢

PROOF. We simply write that by a union bound

o ()< (2o ()
(-2

Then, since P(w; > x) is regularly varying with exponent —«, Potter’s bound (cf.
[6]) gives that there is a constant ¢, such that for any # > 1

h h h
Plw; > tm n <cpt TPy >m SR c t—(l—fi)an_,
L 7 Y] n ;

where we used the definition of m(-) in the last identity. This completes the
proof. [

5.1. Continuum limit of the order statistics. For any g > 0, let Ay gp =
1,n] x [—qgh, gh] and let (M,("’qh), Yr(n’qh))vl”’qh| be the order statistics in that
[ qh.q rel
box; cf. (2.13). If we rescale A, 4, by n x h, and we let (?,("’qh))lri”l'hl be

the rescaled permutation, that is, a random permutation of the points of the set
(10,11 x [—q, g1 N (&} x Z). Then for any fixed £ € N,

o~ ~ d
5.1) T ey Ly vy, asnh— oo,
where (Y;);en 1s an i.i.d. sequence of uniform random variables on [0, 1] x [—q, g].

. o . A
For the continuum limit for the weight sequence (Mr(n’qh))lr:f"h‘, we use some

basic facts of the classical extreme value theory (see, e.g., [14]), that is for all
LeN,

(n.qh)
(5.2) (M}”"’h) =i = 1,...,z> QM i=1.....0,
mn

where (M;);en is the continuum weight sequence. The sequence (M;);>1 can be
defined as M; := (2¢)"/* (&1 + -+ + é’i)_al, where (&;);en is an i.i.d. sequence of
exponential random variables of mean 1, independent of the Y;’s.

In such a way (M;, Y;);eN is the order statistics associated with a realization of
a Poisson point process on [0, c0) x [0, 1] x [—q, ¢] of intensity u(dw, df, dx) =
%w_a_l 1{w>0y dw dr dx.

PROOF OF (2.21). This is a simple consequence of the monotonicity of £

,,(,Zq) and of g — 7T, 4 (together with the fact that 7, is well defined). [
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5.2. Proof of Proposition 2.6. Let us first focus on T,f ,],1,,1,(/3). As in (4.4) in the
continuous setting, we introduce, for any interval [c, d),

ﬁll,hs(z) 0
5.3 T ,d)) = m Q7 (A) —Ent(A)}.
(5.3) n,h ([C )) ACAn,h,Er?{)((A)e[c,d){ﬂn’h n,h( ) nt( )}

Then we realize that for any d > 0,

s (€ ks (€ ks (£ _
=
Using that

rh 2 a2 ) < ps s QU@ =2d, forkz 1,
’ AEnt(A)<2kd

n,n» Z E
T2 0. ) < Bun sup 245,(A),
A:Ent(A)<d

with the choice d = bB and B := (B, m(nh))*3(n/h?)'/3, aunion bound gives
that

n k) e _ ~
]P’(Tfh'h © > pp) < ZP(ﬂn,h sup Q) (8) = 2F 1b,3>
k>0 AEnt(A)<2¢bf

(5.4) <Y P( sup @)= 2 bm(um)(Bn/ 1)),
k>0  A:Ent(A)<2kbB

where we use that Esatisﬁes the equation 3: ﬂn,hm(nh)(ﬁn/hz)l/“.

We then need the following lemma, analogous to Lemma 4.1.

LEMMA 5.2. Forany a < «, there exists a constant ¢ such that for any B > 1,
n,h>1andanyt > 1,

P( sup  QU)(8) =t xmuh)(Bn/h?)) < e,
A:Ent(A)<B

Applying this lemma in (5.4) (with B = 2Kb B, t = 23k/4=1p3/4) we get that for
any k > 0,

P sup  Q(A) =2 bmui) (Bn/h?) 1Y) < c(2p) T,
AEnt(A)<2kbf

so that summing over k in (5.4), we get Proposition 2.6.

PROOF OF LEMMA 5.2.  'We mimic here the proof of Lemma 4.1, but we need
to keep the dependence on the parameters n, i, B. For i > 0, we denote Y; :=

{Yl(n’h), cee Yl-(”’h)} with the Y;"’h) introduced in Section 2.4 (Yo = @), and for
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any A we let A; := A N Y; be the restriction of A to the i largest weights. As in
(4.8), we can write

log, ¢

1 ' o .
sup QU (A) < Y My Loy,

(5.5 X
m(nh)(Bn/h?)Y* " A Ena)<B 20

where Mi = Mi("’h)/m(nh) and Zi = LgB)(n,h)/(Bn/hZ)l/4 are the rescaled
weights and E-LPP (we drop the dependence on n, i, B for notational conve-
nience).

As in the proof of Lemma 4.1, we fix some § > 0 such that 1 /o —1/2 > 26, and
as for (4.9), the probability in Lemma 5.2 is bounded by

log, ¢

~ , N _—

56 2 [P(Lz”' > C'log1(2/+1)12%7) +P<sz ~ Chogt ) l/OH-(S)iI‘
j=0

For the first probability in the sum, we obtain from Theorem 2.1(ii) that pro-

vided that C’(log1)27% > 2C,/?,

C’(log1)2/% )
1 ) (logt) < t—(lng)C/z'IS '

(5.7)  P(Lys1 > C'loge(2/H1)1/249) < (5
Then the first sum in (5.6) is bounded by ¢ ~* provided that C” had been fixed large
enough.

For the second probability in (5.6), we use Lemma 5.1 above to get that for any
a<a,

~ ! iN—1/a+8 (n.h) t i\8/2 _j
IP’(MZ_, - () )§P<M2j - € () P2 )

(5.8) < c(logn)?t(2/) ™.

For the first inequality, we used Potter’s bound to get that m(nh27/) <
cm(nh)(27)~1/«+3/2 We conclude that the second sum in (5.6) is bounded by
a constant times (log#)%r=“.
All together, and possibly decreasing the value a a (by an arbitrarily small
anount), this yields Lemma 5.2. [J
Let us now turn to the case of Tf ’;l’h’(>e)
Lemma 5.2.

. We first need an analogue of

LEMMA 5.3. There exists a constant ¢ such that forany B> 1,n,h € N and
0<f¢<nh,foranyt >1,

IP( sup QU7 (A) =1 x m(nh/ﬁ)zl/Z(Bn/hz)l/“) <ct™UB eVt
A:Ent(A)<B
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PROOF. Analogously to (5.5), we get that

1
=0

Q A
m(nh/€)¢/2(Bn/ h%)1/4 % A:Er?tl(lg)EB i ()

log, (nh/t) M(n,h) Lgﬂfl)z
J

- 2i¢ .
= j; m(nh/€) €\/2(Bn/ h2)1/4

(5.9

Then we get similar to (5.7)—(5.8) that for any § > 0: (a) thanks to Theorem 2.1(ii),
we have

(n,h) , s
(5.10) P(& > c/ﬁ(21+1)1/2+5) - (l)c vt V2.

El/z(Bn/h2)1/4 - —\2
(b) thanks to Lemma 5.1, we have
M 1a+5 50/2
5.11 j of ———Y N “+>< 173 ()72,
>-11) (m(nh/z)— Vi) =ct ()

Lemma 5.3 follows from a bound analogous to (5.6). [

Then, setting By = (Bunm (nh /€)*3(€2n/h2))5 so that we have By =
Bu.nm(nh/0)€'/*(Ben/h?)'/*, we obtain similar to (5.4) that

B0 2 b % )

<Y P(Bun  sup Q) (A)=2bBy)
k>0 A:Ent(A)<2¥bf,

<3 P( sp QU0@A) = 2 mn o) (Ben/n)'?)
k=0 AEnt(A)<2%bB,

< Z(C(2kb)—a€/4 + e—c23k/8b3/8) < C/b_az/‘" i e_cfbl/zt‘
k>0

This concludes the proof of Proposition 2.6.

5.3. Proof of Theorem 2.7. For any g > 0, we consider the Poisson point pro-
cess restricted to [0, 1] x [—q, ¢g], and we label its elements according to its or-
der statistics (M;, Y;)ien. For any A C [0, 1] x [—q, gq], we define 7®A) =
Zle M;1{y,eay and 7CGOA) :=7(A) — 7O(A). In analogy with the discrete
setting (cf. (2.16)), we define

’7;(24) = sup {vn(>e) (s) — Ent(s)},
’ sEMy

7;(’2) = sup {vr®(s) — Ent(s)}.
sEMy

(5.12)
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We first show the convergence (2.20) of the large-weights variational problem,
before we prove (2.19).

Convergence of the large weights. Note that the maximum of Tnﬁ’ ’;Z’(e) and 77,{?

are achieved on Yy = Yy(g) and Y, = Y,(q), respectively, that is,
B, (0) )
Toon = gnca%(z{ﬁn,h Q, 4 (A) —Ent(A)},
(5.13)
T = sup {vr¥(A) —Ent(A)},
' ACY,

where Yy (g) (resp., Y¢(q)) is the set of the locations of the £ largest weights inside
Ay gn (resp., Ay 4). Since we have only a finite number of points, the convergence
(2.20) is a consequence of (5.1) and (5.2) and the Skorokhod representation theo-
rem.

Restriction to the large weights. To show the convergence (2.19), it is there-
fore enough to control the contribution of the large weights. Let § > 0 such that
L_ % > §. Using Potter’s bound (cf. [6]), we have that

o

4 (003 W2 4
(Bramnh /)t (57 ) = eTe @i,
Plugging it into (2.18) and taking b = by, := £03G39) we obtain that

n _ spl/4
Gy B(T 0 s ) st e 2,

uniformly on n, 2. Combined with (2.20) and the first part of (2.21), this gives the
convergence (2.19).

Acknowledgments. We are most grateful to N. Zygouras for many enlighten-
ing discussions.
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