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DECONVOLUTION USING MEYER WAVELETS

GILBERT G. WALTER AND XIAOPING SHEN

ABSTRACT. In this paper, we have a procedure based
on band limited orthogonal wavelets, the Meyer wavelets, to
solve convolution equations of the first kind, which is usually
an ill-posed problem. The problem will be converted into a
well-posed problem in the scaling subspaces, provided that

the kernel k € L1(R) and k(w) # 0. In the case k(w) has a
single zero, we search for a solution in the wavelet subspaces,
which can be used to solve the problem numerically. Results
related to the convergence rate and error bounds are obtained.
However, the stability of the discrete system depends on the
resolution level m.

1. Introduction. The problem of deconvolution is pervasive in
many applications. It consists of solving the convolution equation:

W | Ke=asers =g, ten,

— 00

with associated linear operator K defined by
(oo}

2) K: f(t) — / k(t—s)f(s)ds, teR,
—o0

where k(t) is a known fixed function or distribution, i.e., finding f in
terms of g. Such problems arise in mixture problems in statistics; in
this case k is a probability measure and ¢(t) is the density function of
the sum of two random variables [10]. In signal processing k is the
impulse response of a filter and f and g are respectively the input and
output [3]. In biomathematics, g might be the weight distribution and
f the age distribution of a fish population.

The difficulty is that (1) is a first kind integral equation which usually
leads to ill-posed problems. The subject has an extensive literature.
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Many procedures have been proposed to solve such problems [8], and
to improve the approximation, but none is completely satisfactory.

The regularization method, e.g., Tikhonov’s method [8], or Towney-
Phillips’s method [6, 5], is the most popular one, but it may suffer
from the fact that the approximate solution totally depends on the
chosen regularization parameter a. The probabilistic methods are
based on replacing the function f and g by stationary random processes;
however, they need to have certain prior information about f itself to
make any progress, see [1, 2] and [8].

In fact, the problem may not have a solution. This occurs when g is
not in the range of the operator. Even if g is in the closure of the range,
the solution may not exist since the inverse operator (deconvolution) is
usually not continuous.

In this paper we have a procedure based on band limited orthogonal
wavelets, the Meyer wavelets. The problem (1) will be converted into a
well posed problem in the scaling subspaces, provided that k € L'(R)
and k(w) # 0. In the case k(w) has a single zero, we look for an
approximate solution in both scaling subspaces and wavelet subspaces,
which can be used to solve the problem numerically.

Results related to the convergence rate and error bounds are obtained
for functions g in a Sobolev space. However, the stability of the
resulting discrete system is related to the resolution level m. For larger
m it has a larger condition number.

2. Background in Meyer wavelets. There are many wavelet
bases created and employed for different purposes. In this work the
scaling function of the Meyer wavelet is used to construct a wavelet
basis.

Recall the construction of Meyer wavelets. Let h be a probability den-
sity function with support in [—(7/3), (7/3)] and define ¢(t) as the func-
tion whose Fourier transform is the nonnegative square root of the inte-
gral ¢(w) = [f:j: h(z)dz]'/2. Then ¢ has support in [—(47/3), (47/3)],
and ¢ = 1, for w € [—(2n/3), (2r/3)]. It is easy to check that the or-
thogonality condition is satisfied [9, p. 37]. The mth scaling space
Vpn is composed of 2™*27/3 band limited functions. It has good fre-

quency localization but relatively poor time localization. In addition,
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the Fourier transform of the mother wavelet vanishes in a neighborhood
of the origin.

This approach to constructing a wavelet basis is different from the one
that is based on finite impulse response filters in the time domain. The
associated filters have an infinite number of nonzero coefficients (IIR).
For this reason, it is more difficult to apply the Mallat algorithm to this
type of wavelet directly. However, we can carry out the decomposition
and reconstruction in the frequency domain for Meyer wavelets.

Let a, »[f] denote the scaling function coefficients of f and b, [f]
the corresponding wavelet coefficients. Then denote

al (w) =27 Amonlfle"H 2y e
(3) Lw) =272 3"y, [ fle 2, Z
and
e .
w) =27 mnlfle” " me Z.
(4) bl (W) =272 N by [ fle T, Z

To simplify the notation, in the case of only one function involved in
the discussion, we will drop the superscript f in (3) and(4).

For f € L*(R), we have the projections onto the subspaces Vy and
Wy respectively given by

fO(t) = POf(t) = Z aO,n¢(t - TL),
oty =Pft)= > bonto(t—n).

In the frequency domain, the above equations are expressed by

fo(w) = ao(W)Gg( )s
F(w) = bo(w)(w).

At the resolution level m =1,

w
w

fi(t) = Z a1, V26(2t —n) = fo(t) + fO(1).

n=—oo
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Correspondingly, in the frequency domain,

B A= D a2 5) = nwi(2).

n=—oo

We can express a; in terms of by and ag by using the dilation equations
Pl(t) = V2II0T L cnd(2t —n), and (1) = V23 dad(2t — ),

where d,, = ¢1_n(—1)". Then we may write

fot) = n_f:m ( 'ijoo ao,jcn—2j) V26(2t - n),
and
o) = n:ioo ( ;i: bo,jdn—zj) V26(2t —n).

By (5), we have

o0 o0
a1, = E g,k Cn—2k + E bo, 1 dn—2k-

k=—o0 k=—o0

We then have,

a1(w) =mo (%)ao(w) +e 1 Pmg (% + W) bo(w),

where mo(w) = 352 (ck/V/2)e ™. These are the same functions
that appear in the frequency domain version of the dilation equations.

This is the reconstruction formula, given ag(w) and bg(w), we can
find a1 (w). This works at each scale to give us the tree algorithm for
the reconstruction in the frequency domain. In general, we have the
reconstruction algorithm:

(6)
w —i(w/2™ w
am+1(w) =My (W)am(w) +e (w/2 +1)m0 (W —|—7T)bm(W).
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Similarly, we can show that the decomposition algorithm in the
frequency domain takes the form:

w

@) =m0 g Ym0,

(7) B e
bm(w) = e_z(w/2 )mo (2m+1 —+ 71') am+1(w).

Next we state two lemmas related to the properties of Meyer wavelets
for later use.

Lemma 1. Let ¢ be a symmetric scaling function of a Meyer wavelet.
Then

(8) *(w) = i b(w + 2kr) > g, for all w € R.

k=—o00

Proof. We observe that the minimum value of q@(w) on the interval

[—7, 7] occurs at the end points since ¢(w) is nonincreasing on the
interval [0, (47/3)] and is even. But

() = (/O% h(u) du>1/2 - (/Om h(u) du)1/2 _ g -

Hence on [, 7], ¢(w) = v/2/2. Since ¢*(w) is periodic, (8) holds for
all w e R. o

Lemma 2. Let ¢ be the same as in Lemma 1. Then

(Y = $(w) o—i(w/2) (W)
(9) ¢>(2) ) + T

Proof. Since ¢(t) is real and nonnegative, we have by the dilation
equations in the frequency domain for ¢ and v,

)+ ) = ma(£)o( ) +mo (5 +)3(%),
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On the other hand, we have

mo(%) = Z d(w + 4kr), and

k=—o0

mo(% —|—7T) = Z (w + 4k + 27,

k=—o0

and therefore

mo<%) -l—mo(%-l-ﬂ) = i H(w + 2k7) = ¢* (w).

k=—o0

By Lemma 1, ¢*(w) > v/2/2, so its reciprocal exists and is continuous
(at least), and the conclusion follows. O

Kernels with nonvanishing Fourier transform. In this section
we deal with the case when k(w) # 0. Thus a solution to (1) is given
formally by taking the inverse Fourier transform of (1), if it exists,

(10) Fw) = gw)/k(w).

Unfortunately, the inverse Fourier transform may not exist (even in
the sense of distributions). To overcome this shortcoming we use the
Meyer wavelets introduced in the last section. We approximate g by
its projection

9m = ng € VTI’M
for which (10) has an inverse Fourier transform. Consequently, this
gives a function in V,, 11 which is an approximation, in some sense, to

f.

We start with an important lemma.

Lemma 3. Let g € Vy,, let k € LY (R), and let k(w) # 0, for
w € [—20mH+D) (47/3),20m+ 1) (47 /3)]. Then the convolution equation (1)
has a unique solution in the subspace Vy41.

Proof. Since k* f = g, by taking the Fourier transform on both sides,
we have

k@) f(w) = §(w),
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and hence, since g(w) has support in the same interval,

by = L (0W)/kW)  |w] < 2m(47/3),
Jw) = {0 lw| > 2m(4m/3),
is a formal solution of (1).

If g € V., then we may write

oo

9t) =Pug(t) = gm(t) = Y amnlgl2™?¢(2"t —n),

n=—oo

where -
amnlg] == / g(t)2™2p(2™t — n) dt.

— 00

‘We then have

Gm(w) = Z 9m7n2m/2¢3<2im>6i("/2m)“ = afn(w)éf;(%),

n—=—oo

and therefore have

(1) floy = Im) oy (1) 22,

k(w) k(w)

Since ¢(w/2™t1) = 1 on the support of ¢p(w/2™) C [—27(47/3),
2™ (47 /3)], we may rewrite (11) as

(12) F(w) = ag, () 2 "

A (E)(:(/j;%( - )

Notice that af,(w) is a periodic function with period 2™*lzr. We
extend (¢(w/2™)/k(w) periodically 2m+27, to get

o B((wt2m k) /2m)
Y1 () = k; T(w+2mienk)
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Since Ypmi1(w) = ¢(w/2™)/k(w) on the support of ¢(w/2™), we may
write

.  w W
(13) flw) = agn(w)ym+1(w)¢(W) = am+1(w)¢<m>v
where anp,11(w) = a%,(W)yms1(w) is a periodic function of period

2m+27. Therefore f € Vp41. On the other hand, since the
Fourier transform of the kernel is continuous and never vanishes in
[—20mF1) (47 /3), 20+ (47 /3)], the solution is unique. This completes
the proof of the lemma. o

In light of Lemma 3, if the righthand side function g € V;,,, we then
have the expansion

(14) ft) =P f(t) = Z am+1,n[f]2(m+1/2)¢(2m+1t —n).

n=—oo

Upon taking the Fourier transform, we have
A1) = 6 (@)Y (@),

which, on the interval [—2(™*1 (47/3),20m+1)(47/3)], may be ex-
pressed as

(15) hra ) = a6 5 ) o).

In order to get bounds on the Fourier coefficients of afnﬂ(u)) in both
n and m, we have to make some assumptions on the regularity. In what
follows, we assume that 12;, g, and (;3 € CP(R). We also now need the
condition that k(w) # 0 for all w € R, since we allow m to vary.

Under above assumptions, we then have 1/k € CP(R). As a result,
d(w/2™) /k(w) and ymy1(w) € CP(R). So it follows easily that the
Fourier coefficients in the expansion of y,,+1(w) have order O(|n|)~P)
for fixed m. In fact, the Fourier coefficients of a;, , , are given by

m+1

1 2 T . "

amm[f] = —2m+1ﬂ- /2 " a£z+1(w)€ i(n/2 Jw dw
—9om T

1 omtly

_ - g in 1 7. —i(n/2m N w
= Smrin /72er17r am(w)¢<2m)/k(w)e dw.
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For n # 0,

Amt1,n[f]
27n+1

_ L (= _p/ T [0 @)0w/2)] iz g,
2mtlg 2m+l1 _om+1g dwp ]Ag(

- 1 2m+1 p 2 tie dp ag 72(n/277H—1)w

- 2m+1ﬂ' —in _om+1lg dwl’ A

Consequently, we have half of the proof of

Lemma 4. The inverse operator of K—' of K exists and is contin-
wous from Vi, to V41 and has norm satisfying

(16) K] < ko,

where Ky, = S|, <om (4/3)x suplk(w)| L.

Proof. By Lemma 3, for any g € V,,, (1), has a unique solution
f € Vipe1. This enables us to define

KV, — Vit

by
g— fa
where Kf = g. Clearly, K is an injection. Then
2m (471/3)
an Kl = [ o) )P < K2l

2m ( 47\'/3

The following lemma is parallel to Lemma 3.

Lemma 5. Let the kernel k € L*(R), let the function f € V,,. Then
kxfe Vi

The proof, which is similar to the proof of Lemma 3 for a general
kernel k, is omitted.
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If g ¢ V,,,, replace g by gm = Pog, then (1) becomes
(18) kxf = gm,
which has a unique solution fm+1 € V41 by Lemma 3, such that
k% fri1 = gm.

We should like to know to what extent f,,,; approximates the “true”
solution f. We need another lemma to reach the result that we want.

Lemma 6 [4, p. 11]. Let K : L'(R) — L?(R) be a bounded operator.
The following are equivalent:

(1) ||[Kf —g||2 = inf{||Kz — g||p2 : @ € L'},
(2) Kf = Pg, where P is an orthogonal projection from L*(R) onto
Range (K).

By combining Lemma 5 and Lemma 6, we have

Corollary 7. Let the kernel k € L*(R) be continuous and bounded.
Then the least square solution of (1) in the space V,, satisfies K Py, f =

Im+1-

Under certain conditions, we can get an estimation of || g1 —
fllrz(ry-

Theorem 8. Let the kernel k € L*(R) have a nonvanishing Fourier
transform, k(w) # 0, let ¢p(w) be continuous on R and let 1 < oo < 3 be
real numbers such that

(1) the kernel |k(w)| > C~1(1 4 w?) /2,

(2) g € HP(R).

Then we have the estimate
(19) [ fms1 = fllezry < Cllg — gml|me.
orif f and fmy1 € HY(R), v < —q,

(20) | fm+1 = fllas < Cllg = gmll o+
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Proof. The calculation is simple; we may write

3() = gm(@) ‘ "

s — Flloecm = / o~

</ T 10() = G @)PCP( + W) du

<ct [ 1) — (@) P+ 2P d,

and the result follows for (19). A slight change will give (20). O

Remark 1. If we assume that the kernel and righthand side function
satisfy (1) and (2) in Theorem 8, then the solution function f must
be in L?(R). Notice that the differentiability of the Fourier transform
plays no role in the convergence rate; rather, it is the differentiability of
the functions in the time domain that is important. This corresponds
to membership in the Sobolev spaces.

Remark 2. In order for condition (1) to hold, the kernel generally
cannot be analytic on the strip containing the real line since then the
Fourier transform would decay too fast. But many interesting kernels
are not analytic. As an example, the bilateral kernel W (t) = (1/2)e~ 1
with Fourier transform W(w) = (1 + w?)~! satisfies (1), and has
operator bound k,, = 1+(2™(4/3)m)2. On the other hand, the operator
bound in (16) may be increasing very fast as m — oo. For example,
for the Gaussian kernel k(t) = (1/v27)e~ /2 with k(w) = e~ «*/2),

27\'2(27n71)15/9

km =e , and the hypothesis (1) is not satisfied.

Remark 3. In fact, even for k satisfying the hypotheses of Theorem 8
and a > 0, we have

21 J g (ans3) k(w)

1 /2 ‘(47 /3) ﬁm(w)em al:

||fm+1||oo = sup
teR

therefore lim,,,_, oo Hfm+1 |loo = 00 in many cases. This case can still be
handled if we consider the function

Er(m,A) = [[Pr(f)lloc + Allg = Pun(g)llc
= [lfms1lloc + Allg = Prm(9)]loo,
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and notice that lim,, oo || fnt1]lee = 00, but ||[g — Pun(g)||ec — O, as
m — oo. We can then choose the parameter, A, such that E¢(m, ) is
minimal with respect to m, as in other regularization methods.

4. Kernels whose Fourier transform contains single zeroes.
In the last section the kernels had nonvanishing Fourier transform.
However some kernels of interest may have Fourier transforms with
isolated zeros. In this section we consider the case of single zeros which,
we may assume without loss of generality, is located at zero. We will
look for the solution in scaling subspaces first and then in wavelet
subspaces.

4.1. The solution in scaling subspaces. We start with the
simplest case: the Fourier transform of the kernel only has a simple
zero at the origin. In this case, we may write

k(w) =ws(w), |s(w)]>0.

Formally, equation (10) can be written as

ws(w)f(w) = §(w),

or

(21) wiw) =4,

By the same argument as in the last section, f’ € V,,4;. This is
because

fl(w) = _iwf(w)7
also f/(0) = 0, so that [*°_ f'(s)ds = 0. Hence

ro=[ reas= [ re

If f/ € CP(R), p > 1, then, since it has compact support, f/(t) =
O(|t|=P) as in the last section and f(t) = O(|t|~P™1) and therefore
belongs to L?(R).
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Furthermore, the support of f is the same as that of f’ and by a
similar argument of Lemma 3, it follows that f € V,,,4o.

If the zero of l;:(w) is of higher order, then the same argument applies
except for requiring the condition f(") € CP(R), p > r. This gives us

Theorem 9. Let g € V,,, and let the kernel k € L*(R) satisfy the
condition that, except for a single zero of multiplicity r at 0, k(w) # 0.
Suppose §, ¢,k € CP(R), p > r. Then (1.1) has a solution in Vi 4ry1.

4.2. The solution in wavelet subspaces. We observe that any
Meyer wavelet has the property that its Fourier transform vanishes
in an interval neighborhood of the origin although the length of the
interval is decreasing to zero as the resolution level m — —oo. On the
other hand, we notice that the approach in the previous subsection uses
only the fact that l%(w) %0, for w # 0. In virtue of this zero property
of Meyer wavelets around the origin, we can weaken the hypothesis
to allow k to be zero in an interval. We now are looking for possible
solutions in wavelet subspaces other than in the scaling subspaces and
suppose g € W,,, the mth wavelet subspace. We have the following
lemma:

Lemma 10. If g € W,,, the convolution equation (1) has a solution
in Wi_1 @ Wy, @ Wit satisfying

(22)  [IfFIIZ2 < llgllZery sup {[k() "}
241 (r/3) < | <2743 (7 /3)

In general, if g € ©2Wx, m1 < ma, (1) has a solution in @ﬁff%Wk
satisfying

(23) 1£llz2 < llgllZ2(n) sup {Ik(@) '},
21+ (m/3) S| <22+ (/3)

Proof. Suppose g € W,,,, then we have:

w

() = 15 (5 ).
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and therefore § has support in [2™(27/3), 2™ (47 /3)|U[—2™F1 (47 /3),
—2m(27/3)].

As before we rewrite f(w) as

oy = 9@ _ b @)i(w/2m)
f) k(w) k(w)

where by Lemma 3, f € Vjio. However, f(w) = 0 for |w| <
2m=1(47/3). Thus Pif = 0, for all k < m — 1. Hence, since
Vinga = @?:EOOWk, we have f € W,,_1 ® Wy, ® Wy41. We denote

this solution by f+.

3

2
dw

To get the bound (22), we calculate,
9(w)

[Fl 2t (n/3) -2 (n/3)
e T B I
L2 27 2m+1(7/3) —2m+3 (7 /3) k(w)

<1191lz- sup {Ik(w)| 7%}
(@m+in/3) <l <(2m+an/3)

In the case that g € ®7;2Wy, we write g as,

g(t) = g™ (&) + g™ (@) + -+ 9™ (1),
where ¢g¥ = P*g € W}, m; < my. Consider the convolution equations
(24) ks f=gk mi<k<ms.

Each of the equations has a solution in Wy_1 & Wy & Wyy1; denote
this solution by fr—1 + fx + fr41, feri € Wiyi, i = —1,0,1. By the
linearity of the convolution operator, we have, by combining the fy,
that

f:fyj;l_1 ‘|’f7—7tl +f7:1+1+.'.+f7:2+1’ flj_ € Wy,

is a solution of (1) (here we have relabeled each of the components of
f). The result will follow from a routine induction argument. O

As in Section 3, we consider the case when the righthand side function
g ¢ ©72Wy, . In this case, we replace the function g by its projection
on the subspace @7;2Wj,, denoted by g;,,2.
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Since

mo
sz-i-l = Vm1 D (@ Wk)’

miy

it follows that g;7? = gm,+1 — gm,, Where gi is the projection of g onto
Vi.

We then consider the convolution equation:

(25) ko f(t) = g (t).

By Lemma 10, (25) has a solution f2 € ®m2"'Wj,. Recall L*(R) =

@ _ Wk, and for any f € L?*(R) we have the expansions of the
projections onto Vi,,41,

o0

fm2+1(t) = Pm2+1f(t) = Z (f7 ¢m2+1,n)¢m2+1,n(t)

mo+1 o

= 3 Y (k) rald):

k=—ocon=—oc

Therefore
mo+1 oo mo+1
Fras1@®) = frn—2(®) = > > (Fotkn)rn®) = > fH),
k=m;—1n=—o00 k=mi1—1
where
fk(t) = Z (fa wk,n)'l/}k,n(t) S ka miy — 1 S k S mo —+ ]_

In order to get the rate of convergence, we need following lemma [7]:

Lemma 11. Let f € H®. Then ||fm — fllus < Capl|f||ge2P=™,
where a > > 0 and Cyp is a constant independent of m and f.
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Proof. We calculate

o — 20 = i[ (@) — F@)P(+w?) d

2T
1
ST
2 (lw|/2m™)> (57 /4) (Br/4)<(Jw|/2m)<(57/4)

+/ }dw
(lwl/2m)<(37/4)

=0+ + I
Then we have Is = 0 and

1 X .
hi=o- (@) = F@)P(L +w?)’ dw
™ J(wl/2m)2 (57 /)

1
27 J(jwlj2m)> (57/4)

_ 1 = |f(w)|2(1+w2)aw
27 J(wlj2m)> (57/4)

2(a—p)
1 /4
< (= 2—2m(o¢—ﬁ) 2 .
<3(3) 111

A similar calculation will lead to the bound:

1 4 2(a—p)
12S—< ) g8 13,

7\ 37
Therefore, we have

Hfm - fHHB < Ca,3|‘f||H°‘2_m(a_ﬁ)7

where C,p is a constant only dependent on « and 3. i
Now we are in the position to state

Theorem 12. Let k € L'(R) and k(w) # 0, except at w = 0; let ¢
be continuous on R; let § >0, v >0 and let



DECONVOLUTION USING MEYER WAVELETS 531

(1) |w| k(W) > C*, asw — 0 and
(2) w|k(w)| > C1, as |w| — oo.
Then if
(3) §(w) = O(Jw|?), asw — 0, p > § and
(4) g€ H*(R), a =7,
there is a solution f € HP(R) such that

(26) |If = fr2ll32m)
< Ca,,@,'y [2m1 + 2—2(a—ﬂ)m2]2 . rnax{2—2’m167 22m2'y}

where Cy 5.~ 5 a constant independent of my and mo. If a — 3 > 1,
0<1,v<1, then

Hf_f;nan?{B_)O, as mg — 00, M1 = —Ma.

Proof. From conditions (1), and (3), we know that §(w)/k(w) is
bounded near 0, and from conditions (2) and (4) it belongs to H?(R).
Hence (1) has a solution f in H°(R). We denote by f/2 the solution
to (25) and by dB(w) = (w? + 1)” dw. We then write

27) (If = f2ll?
I e L .
< — d
SR P dp
1 2 ,
to- |f = fmzl”dB
T Joami(x/3)
1 o0
271' 27n2+4(ﬂ-/3)
1
27 Jara (n /)< w| <22+ (n/3)
=hL+L+ I+,

|f1*dp

\f = fm2?dp



532 G.G. WALTER AND X. SHEN

Then we have, since f € H*™7 as well, that

T A CYE . , ,
L= F@)P(1+ %) dw
—2m2t4 (7 /3) 1
(28) _ L F(L) 12 2\(a—7)
or | o |f(w)| (1 tw ) (1 + w2)(a7'yfﬁ) dw

1 1

2
= o7 22(a—y=B)(m2+4) (1 /3)28 11—

Similarly, we have,

1 1

2
(29) Iy < o 22(a—y—B)(mat4) (7/3)28 1z

For I, we have,

1 23

P 1
(30) I |FPdB < 2| £]15s-

o 271' _gmy (71./3)

By using the fact that
gmf = 9mao+1 — Gmy>

and the result from Lemma 11 that ||g — gm|3s = O(272m(=0)) we
get

1 2
(1+w?P dw

1 g(w) — gm>(w)
27 Joma (n/3)<|w|<2m2 4 (r /3)

s ()

1
(31) < s—sup (Ilg = gmas1llms

1/2-2
+{/ |gm1|2d6} } ,
(m/3)<|w/2™m1|<(47/3)

where the sup is taken over the interval 2 (7 /3) < |w| < 2™ (47/3).
This leads to the bounds

I4 < max(272m15, 22(77ﬁ)m2) . (0/127m204 + C/2ﬁm1)2.
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By combining these bounds with (27) to (31), we obtain (26). The final
result follows by taking m; = —mo = —m, and letting m — oo. This
last inequality then becomes

Iy < max(22m6, 22(7—6)771) . (C//2—moc + C/Z_ﬁm)2,

which completes the proof. ]

Remark 4. The results in this paper have been worked out only for
the Meyer type wavelets. We have used the fact that integration and
differentiation is possible in the multiresolution subspaces associated
with such wavelets and generally will change the scale by at most
one. This property does not hold for any other wavelets, e.g., if we
differentiate a Daubechies scaling function, the derivative will not be
an element in any of the subspaces in the multiresolution analysis. Thus
a different approach is needed in these cases. This will be the subject
of a future work.
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