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Abstract. We study the statistics of the largest eigenvalues of real symmetric and sample covariance matrices when the entries are
heavy tailed. Extending the result obtained by Soshnikov in (Electron. Commun. Probab. 9 (2004) 82-91), we prove that, in the
absence of the fourth moment, the asymptotic behavior of the top eigenvalues is determined by the behavior of the largest entries
of the matrix.

Résumé. On étudie la loi des plus grandes valeurs propres de matrices aléatoires symétriques réelles et de covariance empirique
quand les coefficients des matrices sont a queue lourde. On étend le résultat obtenu par Soshnikov dans (Electron. Commun.
Probab. 9 (2004) 82-91) et on montre que le comportement asymptotique des plus grandes valeurs propres est déterminé par les
plus grandes entrées de la matrice.
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1. Introduction and notation

We study the statistics of the largest eigenvalues of symmetric and sample covariance matrices when the entries are
heavy tailed. Extending the result obtained by Soshnikov in [16], we prove that in the absence of a finite fourth
moment, the asymptotic behavior of the top eigenvalues is determined by the behavior of the largest entries of the
matrix, i.e. that the point process of the largest eigenvalues (properly normalized) converges to a Poisson Point Process,
as in the usual extreme value theory for i.i.d. random variables. This result was predicted in the physics literature by
Biroli, Bouchaud and Potters [7].

We first consider the case of random real symmetric matrices with independent and heavy tailed entries. Let (a;;),
1 <i<n,1<j<nbei.id. random variables such that:

1— F(x) = F(x)=P(la;j| > x) = L(x)x~%, (D

where o > 0 and L is a slowly varying function, i.e., for all # > 0

L(tx)
im =1
x—o00 L(x)
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Consider the n x n real symmetric random matrix A, whose entries above the diagonal are the (a;;),1 <i < j <n.
Hypothesis (1) would be natural in the theory of extreme values for i.i.d. random variables. It simply asserts that
the distribution of the entries is in the max-domain of attraction of the Fréchet distribution with exponent o (see
[12], p. 54). Thus, for any o > 0 the point process of extreme values of the entries of A, (properly normalized) is
asymptotically Poissonian. More precisely, let

2
by,=inf{x: 1—F(x) < ——¢, 2)
nn+1)
then the Point Process
P = Z (Sh;l\aij\
I<i<jzn
converges to a Poisson Point Process with intensity
o«
px) = W
It is also classical that there exists another slowly varying function L, such that
by ~ Lo(m)n?®. 3)

When L = 1, then b, = (25H)1/e,
We denote by A1 > --- > X, the n (real) eigenvalues of A, and we consider the point process on (0, co) of (nor-
malized) positive eigenvalues of A,;:

Pa=3 8,1, L0

Theorem 1. We assume (1) with 0 < o < 4. For 2 < a < 4 we also assume that the entries are centered, i.e. B(a;;) =
0. The random point process P, converges in distribution to the Poisson Point Process P defined on (0, c0) with

intensity p(x) = xl"fw.

This result thus shows that the largest eigenvalues of A, behave as the largest entries of the matrix A, when 0 <
o < 4. It was proved in the range 0 < o < 2 by Soshnikov [16]. It implies for instance that the maximum eigenvalue
has a Fréchet limit distribution:

Corollary 1.

lim ]P(bi)q < x) =exp(—x"%). “4)

n—o00 n

One word of comment is in order here. When the entries have light tails, it is well known that the random field
of largest eigenvalues is not Poissonian but determinantal, and that the fluctuations of the top eigenvalue are asymp-
totically distributed as in the GOE, i.e. have a Tracy—Widom distribution [14]. We actually believe that the universal
Tracy—Widom picture holds as soon as « > 4, see [7] for a discussion and simulation. Some steps in this direction have
been achieved by Ruzmaikina [13], who proves that the Tracy—Widom limit holds for « large enough. (She claimed
that o > 18 is enough, we believe that the arguments of [13] only work if « > 36, see Remark 3.)

Let us first consider the case o > 2. It is well known that, if

1
I’L”:;Za)»i/x/ﬁ )

A n
)

Jn

denotes the spectral measure of WU converges weakly almost surely to a non-random limit, the semi-circle law,

b(x) = | mgzVA0? =% if |x| <20, ©)
0 otherwise,
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which depends only on the variance o2 of the entries. In the case where « > 4, Bai and Yin [1] have proved that the
top eigenvalue sticks to the bulk, i.e. that for all ¢ > 0,

1
Pl |—=A1 — 20
<' S
This shows that for « > 4, b, X1 = o0 so that our result in Corollary 1 ceases to be true. Our result shows that ﬁkl
2/a—1/2

§g>—>l, n— 00.

is, roughly speaking, of order n and thus diverges. This is in agreement with and sharpens Bai and Yin’s result,
who have shown that a finite fourth moment is necessary to have the convergence to the edge of the bulk.

The case o = 4 with infinite fourth moment seems very interesting and still open. It might exhibit an interesting
transition between the Tracy—Widom regime and the Poissonian one.

Coming back now to the case o < 2, the situation is different. The bulk itself is not a semi-circle. It was recently
proved by Ben Arous and Guionnet [4] that the spectral measure

fin=n"" Z(S)‘i/cn’

where
. 1
c,,:mf{x: 1-Fx) < —}
n

converges to a limiting distribution w,. This limit probability distribution w4 is not compactly supported and has a
polynomial tail of type xlcjfa dx for some constant C,. In this case (« < 2), this is perfectly compatible with the present
result: the extreme values of i.i.d. random variables with that distribution p, would have exactly the behavior we have
given.

We also study in this paper the behavior of the top of the spectrum for another very important family of random
matrices, i.e. the ensemble of large random sample covariance matrices.

In this setting, we consider A, a n x p random matrix with i.i.d. centered entries (a;;),1 <i <n,1<j < p and
we define as usual the sample covariance matrix X, = LA,,A;. The asymptotic behavior of the bulk of X, is also well
known by the classical result of Marchenko and Pastur [10], in the case where we assume a finite second moment.
The case where 0 < « < 2 is treated in [3].

Similarly to (2), let

1
byp =inf{x: 1-Fx) < —}
np

If A > -.- > A, are the ordered eigenvalues of AnA; and lim,, s oo 5 = y for some positive constant y > 1 defining
Pa=2 O,
1

we have the following:
Theorem 2. We assume (1) with 0 < a < 4. For 2 < o < 4, we also assume that the entries are centered, i.e.,
E(aij) = 0. The random point process P, converges in distribution, as p goes to infinity, to the Poisson Point Process

P defined on (0, 0co) with intensity p(x) = ZXIUT/Z

Again, as a simple corollary, we obtain the behavior of the maximal eigenvalue:

Corollary 2.
fim P( s, <x) = ex (—x72/2) @)
n— 00 b2 PS4 =expimy '

np
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The rest of the paper is organized as follows. First, in Section 2 we recall briefly the main results contained in [16],
i.e., the proof of Theorem 1 in the case 0 < o < 2. We then prove Theorem 2 in the case 0 < o < 2 in Section 3.
We then study in Sections 4 and 5 the case where 2 < o < 4 for the Wigner and the sample covariance matrix cases
respectively. This is a bit different in nature since we now have to perform a more subtle separation of scales. This is
done through an estimate of traces of high powers of our random matrices properly truncated. This combinatorial part
of the proof draws on the work of Soshnikov [14] and on the recent work by Péché and Soshnikov [11].

2. Wigner matrices when 0 < o < 2

In this section, we will recall the results in the paper of Soshnikov [16] (see also [15] for precise statement of
Lemma 3).

Let A, be n x n random (real) symmetric matrix with i.i.d. entries satisfying (1) with 0 < o < 2. Also let A} >
A2 > A3 >--- > A, beits eigenvalues and a;, j, its [-th largest entry in absolute value.

In order to prove Theorem 1 in this case, Soshnikov [16] proceeds as follows. The basic idea is to show that for
each finite k, and for each given ¢ > 0,

“(

We first consider the case where k = 1, which implies Corollary 1. The following crucial lemma is purely proba-
bilistic. It describes how the largest entries are placed in the matrix. This lemma will be adapted in all other sections.

Ak

—1

>g)—>0 as n — 00. (8)
laiy ji |

Lemma 3. (a) With probability going to one, there are no diagonal entries greater in absolute value than b,lll/ 20,
99/100 1/10

(b) With probability going to one, there is no pair (i, j) such that |a;;| > by, and |a;i| + |ajj| > by
(c) For any positive § > 0 with probability going to one there is no row that has at least two entries greater in

absolute value than b2/4 + 6.

(d) With probability going to one, there is no row such that its maximum and the sum of the absolute value of the

. . 3/44a/8
remaining elements in the row are both greater than bn/ ra/8,

Once one has proved the previous lemma, the next step is to relate the entries of the matrix with its maximum
eigenvalue A1. This can be done in two steps.
First, one can bound from below the top eigenvalue using the Rayleigh—Ritz representation of A;:

A1 = sup (A,v,v). 9

v:v|=1
Considering a well-chosen vector v in terms of the position of the largest entry of A,,, (9) will provide the inequality
2 = aiyji (14 0(1).

Secondly, one studies the following norm of the matrix A,, that is the norm of A,, as a linear operator from [, to

loo:
n
A = 10
Il Anlloo mgx;m,ﬂ (10)

Since A, is symmetric, we can show that || A, ||« is an upper bound for A;. Lemma 3 then relates ||A,||oo to the
maximum entry of the matrix A,. In fact, Soshnikov showed that, given ¢ > 0, there exists 6 > 0 such that for n
sufficiently large, one has:

P(‘ IAnlloe
maxij |Clij|

> 8) <n GXp(—I’le).
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This proves (8) when k = 1.
Now, for any finite k, using Lemma 3, it is possible to find some well-chosen unit vectors v, such that,

Apvg =laj j vk +r and  lrell = o(1).

This fact together with a standard result in perturbation theory of symmetric matrices (see for instance [5], p. 77)
imply that A, has eigenvalues |a;, ,|(1 +0o(1)), 1 <[ <k, for any finite k.

To finally get Theorem 1 we use induction on k in (8), supported by Corollary 1 and the following very classical
result about symmetric matrices, that can be found for instance in [5], p. 59.

Proposition 4 (Cauchy interlacing theorem). Ler A, be an n x n Symmetric matrix and Ay > Ay > --- > Ay its
ordered (real) eigenvalues. If one considers the restriction B of A, to any subspace of co-dimension 1 and denotes by
U1 > o >+ > Uy the eigenvalues of B then

A2 U] ZA2 2 U2 > > U] > Ag.

We briefly explain how to use the last statement in this setting. For simplicity, instead of describing the general
step of the induction, we describe only the step k = 2. First, one considers the submatrix obtained by removing the
i1-th row and the j;-th column from A,,. Clearly, this submatrix has a;, j, as largest entry in absolute value, and by the
interlacing property its largest eigenvalue will be greater than A,. Thus, one can apply Corollary 1 to finally get (8)
for k =2.

To get Theorem 1 as stated, i.e., to prove tightness and the convergence of P, to P, it suffices to prove, see [9]
Theorem 16.16, that for all intervals (a, b), where 0 < a < b one has that the random variable P, (a, b) converges in
distribution to P(a, b). This can be verified as follows.

Since

P(Py(a, 00) > k) = IP(XZH > a>,

n

it is easy to see that (8) proves the convergence in distribution of P, when restricted to an interval (a, 00), a > 0, i.e.
the random variable P, (a, c0) converges in distribution to P(a, co) which is a Poisson Process with parameter a “.
To derive the result for a general interval, we first note that since

P(P({b}) > 0) =0,

we can consider intervals (a, b] which can be written as the difference of I, = (a, c0) and I}, = (b, 00). Now,

P(Pa(a.bl=1) =Y P(Pu(a.00) =k, Py(b,00) =k —1). (11)
k=l

Each term inside the sum converges to P(P(a, 0o0) =k, P(b, 00) = k —1) and is also bounded by P(P, (a, o0) = k).
Since the sum

o
Z]P’(P,,(a, 00) = k)
k=l
is finite, an application of Fatou’s lemma shows that (11) converges to

P(P(a.bl=1) =Y P(P(a,o0) =k, P(b,o0) =k —I).
k=

~

The details omitted here will be considered in the next sections, specially the next one, where we follow the same
strategy in the case of Sample Covariance matrices with 0 < o < 2.
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3. Sample covariance matrices when 0 <« <2

The proof of Theorem 2 in this case is based on the following lemma, which is almost identical to Lemma 3 given in
last section.

Lemma S. Let A, be an x p random matrix with i.i.d. entries a;j, 1 <i <n, 1 < j < p, satisfying (1). Also assume
that limy,_, oo % =y for some constant y > 1. Then:

(@) If ng is the event ‘There is a row with 2 entries greater than bflp in absolute value’ then
. S\
¥6>3/4  lim, P(B,,) =0.

(b) Also,

n—oo

p
. . . 3/4+a/8 3/4+a/8
lim P|3,1<i<n, max |a;] >b,,[/7 o8 nd Zlalﬂ— max |a;jl >b,,1/7 /8 .
I<j<p . I<j<p
j:

(c) Similarly,

n
. . . 3/4+a/8 3/d+a/8\
lim IP(EI], 1<j<p, lrglagn laij| > bup and E laj| — lr;llafxn laij| > bup ) =0.

n—00 4
i=1

3.1. Proof of Lemma 5

Proof of (a). First, a basic fact from slowly varying functions that will be used repeatedly in this paper (see for
instance [6], Chapter I). Given any § > 0, one has that

P L(x) K x® asx — oo. (12)

We recall that f(x) <« g(x) means that the ratio f; ((;‘)) tends to 0 as x tends to infinity. Hence, using (12) and choosing
s=3+¢
4 9

P(B),) =P(3i <n,3j.k, j#k, st laj|=bppt

< pPn(1 = F())?

3/4+¢
and |ai| > byt )

2 3/44¢\2 1
<pnL(bap ) 3a/2+2ea
bup
— 0(n74e+9)
for a small enough 6, since for any & > 0, bzg/ 2 o 3 by the definition of by, . (]

Proof of (b). We split the proof in two cases. The idea in both cases is the same and the computation almost identical.
We start by assuming that 1 <« < 2.
Let T e Nbesuchthat 1/2T +1) <1/4 — /8.

Proposition 6. Assume that 1 < «a < 2. There exists 6 > 0 such that, for n sufficiently large,

P Z laij| < lbf,;;”o‘/g) > 1 —nexp(—n’).

2
. T+1)/(2T+1
j:|aij|<b,,(,, (¢ )
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Proof. In order to prove the last proposition we introduce Y. io = p, and for k > 1:

vh=#(1<j<p:lajl> blri,/;(ZTH)),
so that
T
Z l{j:\a,-j\<b,(£+l)/(2T+U}|a".l'| < Z Yikbr(ll;+l)/(2T+l). W

k=0
Lemma 7. Let k < T. There exists 6 > 0 such that P(Y* > 2EY¥) < exp(—p?).

Proof. By definition of Yik, and setting by convention b%(zT—H) =0,foralll <i<nand0<k <T,keN we have

EYf = pF (b)),
Also, using Chernoff’s inequality, we have that
1
P(v} > 2EY}) < exp(—ZEYik) (14)
Thus, we can argue as follows:

First, replace the value EYl.k in (14) and use the expression for F(x) given in (1). Hence, by (12) there exists ¢
sufficiently small such that

P(Yik = 2JEYik) < exp(-%pﬁ‘(bﬁ[/’QT-‘-l))) < CXp<—%pF(b,{[{(2T+D)>
1
< exp(_ZPL(bZI{(errI))/bZ;/(ZTJrl)) < exp(_p/4bz;gf/(2T+l)b;;/(ZTJrl))
< exp(—p/4(np)T/CTHD@O/@) < oxp(— ),

where the last inequality is justified by the hypothesis lim,_, % =vy. (]

Lemma 8. Assume that 1 < a < 2. Then,

T

1
ZEYikb’(ll;+l)/(2T+l) - Zbg{/}4+o¢/8' (15)
k=0

Proof. One has that

T T
2: E: k1, (k+1)/Q2T+1) =1 k/QRT+1)\, (k+1)/2T+1)
E |aij|> = EYi bnp = E 2pF(bnp )bnp
k=0

. T+1)/2T+1 =
Jilaij|<bLFD/CT+D k=0

T
k/Q2T+1 k+1)/Q2T+1); —ka/(2T+1
SZPZL(brL]/]( +))bl(’lp+ )/( +)bnpa/( +1)
k=0

T
1/2T+1 k(14+8— 2T +1
Szpbn[é( )an[(j a)/( )’
k=0
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where § > 0 can be chosen such that 1 + 8 — o < 0. Therefore,

(e.¢]
1/Q2T+1 k(14+8—a)/Q2T+1 1/4—a/8
E Z |al]|)§2pbn]/7( +)an;)+ Ot)/( +)§an,/; Ol/
j:|ai_j|<b)(1£+l)/(2T+l) k=0
< b1/4 o/8+a/2 < 4b3/4+oz/8 O (16)
Combining the last two lemmas with (13), we get Proposition 6. O

Now we turn back to the sum of all terms which have absolute value between b,(,gﬂ)/ CTHD and bﬁ,/,“’“"‘/ 16 This
T+1

sum is easier to handle since we have fewer entries. To simplify a little bit the notation below, put o = 57"

Proposition 9. There exists k > 0 such that

. 3/4 8
P(Hl’zl{j:b <|aul<b3/4+a/16}|a,]| > b / +a/ ) Sexp(—n’().

Proof.

3/4+a/8
E >
<E|l 1{1 bn1,<|a,j|<h3/4+a/16 laij| > anp )

SnIE”( {] bk <|a,j|}> ba/m)

/16 — 1 217(1/16
< nnl/zbnp F(b#p) / np

[ty
=n\—wa —
bnp
< exp(—n"), a7
for some sufficiently small ¥ > 0 since u > 1/2. (]

Let us finish the proof of statement (b) when 1 < o < 2. By part (a) we know that, with probability going to 1 as

p goes to infinity, there is at most one term in each line that exceeds b3/ /16 ;
3/4+a/16

in absolute value. So it is enough to
consider the sum of all entries less than or equal to b, and prove that in fact the probability that this sum is less

than b,,{,4+a/ 8 goes to one as p tends to infinity. We proved this statement in two parts, analyzed in Proposition 6 and
Proposition 9 respectively.

Case 0 <a <1:

We repeat the same argument and computation used in the other case. We begin by proving the counterpart of
Proposition 6 in this case.

Proposition 10. There exists 0 > O such that for n large enough

3/4 8 .
IP’(Z 1 sy < vseren, lagj] < b Asid ,v:) > 1 —nexp(—n’).
J

Proof. Lemma 7 is valid when 0 < o < 2 so that it is enough to prove
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Lemma 11. Let 0 <o <1 and T such that ﬁ < %. Then,

T
1
ZEYikb’(II;+1)/(2T+1) < Ebgéﬂa/g (18)
k=0

Proof. One has that

T T a
ZEYikb’(II;+1)/(2T+1) < ZZpF(bﬁl/)(2T+l))b’(ll;+1)/(2T+l) < 21)ZL(bﬁé<2T+l))bfll;;+1)/(2T+1)b;;a/(2T+1>
k=0 k=0 k=0

T
- 1
§2pb,11{,(2”1)2bﬁ](,1+5 @)/@2T+1) Sb,lz;/gz+a/4§ b2é4+a/8.

k=0
(]
Using Proposition 10 and Proposition 9 as before it is easy to prove statement (b) of Lemma 5. ]
]

Proof of (c). As one can easily see, the proof of item (c) of the lemma is identical to the proof of part (b) up to a
permutation of p’s and n’s. ]

Remark 1. Recalling definition (10), statement (b) of Lemma 5, Proposition 6 and Proposition 10 show that for every
& > 0 there exists n,(¢) and 6 > 0 such that for all n > n, one has

P(‘ IAnlloe
maxij |aij|

By part (c) of Lemma 5, the same is valid if one replaces || Ay ||co above by ||A, |1 = sup; Zf:] |ajl.

> s) <n exp(—ne).

Remark 2. From now on, if X,, and Y,, are two sequences of random variables defined on the same probability space,
we will use the notation X,, = Y,,(1 + o(1)) to indicate that for all ¢ > 0, the probability IP(|Y—: —1]>¢) goesto0

as n goes to infinity, i.e. the ratio )}f—: converges in probability to 1.
3.2. Proof of Theorem 2

Proof of Corollary 2. We begin by the proof of Corollary 2. The main thing to show is that

Al
- — L e
arc .
nJj
in probability as n tends to infinity (we recall that |a;, j, | = max |a;;|). In fact, if we assume (19), extreme value theory
for i.i.d. random variables tell us that

2
as .
lim P(% < x) = exp(—xfa/z), (20)
n—00 bnp

s0 (19) and (20) will imply Corollary 2. Thus, our task is to prove (19) and the idea is as follows: Given ¢ > 0, we
want to show that for n sufficiently large we have

r=al (1+o(D), 1)

r<ajj (1+0(), (22)
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with probability greater than 1 — ¢. The main tool used to prove both equations will be Lemma 5, and we will start
with the easiest inequality (21).

Since for all unit vectors v we have the bound (X, v, v) < A1, our task is the following: we must find a suitable
vector that gives us (21). Therefore, let (i1, j1) be the position of a;, j, in A, as the notation suggests. If one takes
v=1(0,...,0,1,0,...,0) where the sole non-zero entry of v is in the position i1, the vector v will do the job. In fact,

p

X v U Zalzll_ ’l/l Z llj l|/|( +0(1))

Jj=1 J=Lj#h

by part (b) of Lemma 5 and the fact that g;, j, is the maximum of np i.i.d. random variables. This proves (21).
To obtain (22) we first recall the definition of

n
1X oo = sup Y X1
L ]:1

The eigenvector equation for Aj

n
injvj =)\.1Ui
j=1

implies that

n

n
alvil <7 1Xijllv;| < suplu] Y 1Xi1

j=1 j=1
SO,
supuil < (sup ) sup Y"1,
1
j=1

Therefore, || X, || 1S an upper bound for Aj.
Hence, with probability going to one,

A1 = [ Xnlloo <sup{ZZ|alk||a,k|} <sup{Z|a,k|Z|a,k|}
J

j=lk=1

p n
< sqp{Daiu} sup{Dam} <l Anllooll Anll1=1

i k=1 U
<ai;, (1+o(D),

where the last inequality comes from Remark 1. O

Proof of Theorem 2. It is enough to show that for any finite kK we have forall 1 <[/ <k

1 1
lim P(—Al <x) = lim ]P’( a; §x>, (23)
e \ B2, proe \ B2, it

where q;; j, is the [-th term of the sequence |a;;| in the decreasing order.
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Letey, ..., ey be the standard orthonormal basis of R”. If we compute X,,.e;, we get:
n
Xnei[ szihei =Xi[i[ei[ + i, (24)
i=1

for some vector r; in R”.

Also, since X, is symmetric, one can find an orthogonal matrix U and a diagonal matrix D such that X, =
UDU~". Now, suppose that X;,;, is not an eigenvalue of D. Then D — X;,;, I is invertible and one can use Eq. (24) to
get:

1= lleil = UMD - X, DU | < 10N U || = Xii, D™ 72 (25)
which implies

min 3 — X < Il (26)

so there exists an eigenvalue A of X, such that
1A = Xipiy| < llrl- 27

If X;,;, is an eigenvalue of D — X;,;, 1, (27) is clearly satisfied.
We now know, by Lemma 5, that X;,;, = al.zl i (1 4+ o(1)). Therefore, if we manage to prove that 7; has a norm that
2

is negligible with respect to aj ;s

finite k.
Bounding the norm of r;, one gets

n 172 n
||r||=< > X%,-,> < > IXil

i=1,izi i=1,i#i

we will be able to say that X,, has eigenvalues aizljl(l 4+ o0(1)), 1 <1 <k for any

n 14
< >0 lawllaixl

i=1,i#i; k=1

p n
=Y laixl Y lail = S1.
k=1 i=1,i%i
We cannot estimate S; directly as we did in part (a) but if we define
p n
o= > laixl Y lail. (28)
k=1,k+ i=1,i%i

then

n p
st(sup > |aik|> > lail, (29)

i=1,i##i; k=1,k#j
which tells us that S, is negligible with respect to aizl i again by Lemma 5. Now,
n
Si—Sy=lail Y lail, (30)

k=1,k#i;
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2
iji
Lemma 5. Hence, S is also negligible with respect to a

which is also negligible with respect to a; . since ZZ:L k=i, |aik| is negligible by a direct application of part (b) of

2
iji*

We now know that ai21 i (1+4+o0(1)), 1 <1 <k, are eigenvalues of X,,. However, this does not imply that they are
exactly the k top eigenvalues. At the moment this is true only for the maximum, by Corollary 2, and we need to check
it for 1 < < k. In other words, what we get from the last statement is that for all 1 <[ <k, for p large enough:

n=al; (1+o(D), G3D

=i
and we need to prove the reverse inequality. To achieve our goal, we consider the compression of the matrix X,, step
by step, i.e., we cut from A, the row i; and from A/, the column i; and then we compute their product. By part

(a) of Lemma 5, the entry a;, j, is still in the matrix and the product X, ,(,2) is just the matrix X, without the row and
column i1. Now we know by the Cauchy Interlacing Theorem, see [5], Corollary 3.1.5, thatif k1 > --- > k1 are the

eigenvalues of X ,(12) , we have:
MZKIZA 2K 2 Kp—1 = Ap. (32)

Combining (32) with Corollary 2 applied for the matrix X ,(12), we get the desired inequality for A,. Repeating the
same argument for all 1 <[ <k, the proof is complete. O

4. Wigner matrices when 2 <« <4

Now we consider the symmetric random matrix (a; j)? =1 where the entries of A, are centered i.i.d. and satisfy (1)
with 2 < o < 4. We treat separately the case where o = 2.

4.1. Truncation

The main difference between the proof of this section to the previous one is that here we should care about the
contribution given by the bulk of the spectra, that is we should control in some way the smaller entries of the matrix
A, and then proceed as before. Thus, to investigate the behavior of the largest eigenvalue A, we split the above
random matrix as follows. Let 8 be such that

1 28 — )

! 20— 33
« P =0 (33)
and we define
A= (AijL 1<)} jmrs Ay =A, — Ay (34)

Since f < %, it is also clear that with probability going to 1, the largest entry of A, is the largest entry of A,. The
condition that 8 > 1/« is assumed to guarantee that we can study the asymptotic behavior of the eigenvalues of A; in
a similar way of the previous section. On the other hand, the condition that 8 < az((fo__a;) is assumed to guarantee that
the spectrum of A1, properly normalized, remains bounded.

4.2. Bounding the spectrum of A

We first investigate the behavior of the largest eigenvalue of A referring the reader to the results of [2] and [1]. These
papers deal with the case of random Wigner matrices with the presence of a finite fourth moment and they prove
boundedness of the spectra. Fix some ¢ > 0 such that

(1 11 B 1/8 o
S<mm{&_1’&_§’ﬁ<a_l_’3<5_§>>}'

Here, we will prove that the largest eigenvalue and the smallest eigenvalue of W%Al are bounded on a set of
probability arbitrarily close to 1. In this direction, our main result in this subsection will be:
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Proposition 12. Let s, be some sequence going to infinity in such a way that logn << sn <L n? where 0 <y <
min{g(2 —1-B(5— %)), 5 — } Then there exists a constant C > 0 such that E(Tr(—4 e L_)2n) < C(20) ;’/2

Before giving the proof, we indicate how to use Proposition 12 to deduce the desired result, that is the boundedness
of the largest eigenvalue of nZ/%A 1. We have

2/a—¢ 2sp, 2/a—e\\28,
IP’<M< 1 A1) Z4U> < E(i(1/(n JAD™M) < E(Tr(A1/(n )"
(40 )25n (40)25n

< exp(—=nsy)

for some constant n > 0, proving that A (W%Al) is bounded in probability. By symmetry, one gets the same result
for the smallest eigenvalue.

Proof of Proposition 12. To estimate E(Tr(— o Jrm: )>), we use the moment method. Developing the expectation, we
have that

250\ _ ~ ~ ~ ~ ~ ~ ~
E(TT(A]) ’ ) = ZEaioilailizai2i3ai3i4ai4i5 T aizxnfzizsnflaiszli()a (35)
P
where a;; = a;; l{lal |<nf} and & denotes the set of all closed paths P = {io, i1, ..., i25,—1, o} With a distinguished
origin, in the set {1, 2 ...,n}

The following two lemmas are a direct consequence of [8], Chapter VIII.9, Theorem 2.23.

Lemma 13. Let C, =E(a;j) = E(aijl‘aij‘fnﬁ). Then for n large enough, |C,| < L(n®)nP1~%) ywhere L is defined
in (1).

Lemma 14. Forany k > 2, let D2k = E(&Zk) = E(aZklla |<n#)- Then for n large enough, there exists a slowly varying
Sfunction ly such that D,%k < lo(nPnP k- "‘).

Thus it follows that
|r1(A1 —EAD) — M(AD] < |Culn < L(nP)nf=o0t (36)

SO one can write
1 1 1 1
Ml —An ) 2| —(A1=EAD )+ 01| —(A2) | + —|21(A1 —EAD) — A 1(A))], (37)
by, by, by by

where the last term tends to zero as n tends to infinity since (1 —«) + 1 — % < 0. Thus, we may assume that A is
also centered, i.e., the truncated variables Eli.,- are centered.

2sp

Now we move back to Eq. (35), to compute the expected value of the trace of nm//z‘fzé)m The first step after the
centering is to consider the contribution of even paths, i.e. paths such that each edge occurs an even number of times.

We refer to the paper of Soshnikov [17] for most of the details and further notation. To each path P =i, —
i1 —> iy = -+ — Iy, , — i, we first associate a set of s, “marked instants” as follows. We read the edges of P
successively. The instant at which an edge i — j is read is then said to be marked if up to that moment (inclusive)
the edge (i, j) was read an odd number of times. Other instants are said to be unmarked. Now, the number of possible
arrangements of marked/unmarked instants in a path of length 2s, is equal to the number of Dick paths, i.e., the
number of simple random walks of length 2s,,, starting and ending at 0, and conditioned to remain in the positive
quadrant. The number of Dyck paths is known to be the Catalan number: 5 !((2;,"4:!1)! .

We say that a vertex is marked if it occurs at a marked instant. For any 0 < k < s,,, we then define Nj to be the
subset of vertices in {1, ..., n} occurring k times as a marked vertex. Any vertex belonging to Ny is said to be a vertex
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of self-intersection of type k. For any 0 < k <s,, we denote by ny the cardinality of Ny and call (n,,n1,...,ny,) the
type of P. Note that all the vertices that appear in P belong to N, k > 1, except possibly the origin i,.
Then, it is easy to see that {1, ..., n} splits as the disjoint union of the sets N,, Ny, ..., Ny,. From these definitions,

one can see that

Sn

Sn
anzn and ankzsn. (38)

k=0 k=0

To estimate the number of possible paths and their contribution to the expectation, we proceed as follows. We
first determine the set of marked instants and the type of the path. Then, we assign labels chosen in {1, ...,n} to
each marked instant and to the origin of the path. Finally, we assign labels to each unmarked instant and consider the
expectation of the corresponding path.

Given the set of marked instants and the type of the path (n,,n1,...,ns,), one has exactly W
distribute the marked instants into the possible classes of self-intersection. The number of ways ktBZ distribute the

vertices of {1, ..., n} into the set of possible classes N,, N1, ..., N,, and determine the origin of the path is at most
!

on the number of ways to determine vertices at unmarked instants, that is fill in the blanks of the path. It was proved

in [17] that the number of ways to assign labels at unmarked instants is not greater than ]_[z": ) (2k)*™ . Indeed, the

number of possible ways to determine the right endpoint of an edge starting from a vertex of type k at an unmarked

instant is at most 2k.

To consider the expectation of a path P of type (n,, n1, ..., ny, ), we will need the following lemma.

ways to

n. This is because the origin is in general a non-marked vertex. There now remains to give an upper bound

Lemma 15. Consider an even path of type (no, ni, ..., ns,). One has

E(&ioil&ilizai2i3&i3i4&i4i5 o '&izsnfzizsnflaizsnflio) = O_an 1_[(1() (nﬂ)lnﬂ(Zi—(a/Z—l)))ni . (39)
i>2
Proof. Assume that a non-oriented edge (ij) is seen 2I/(ij) times. We denote by I(i;ij) (resp. I[(j;ij)) the num-
ber of times i (resp. j) is a marked vertex in (ij). We also set L(ij) = max{l(i;ij),l(j;ij)} and L'(ij) =
min{l(i;ij),1(j;ij)}
First, using Lemma 14, we deduce that
l—[ Eal?jl(ij) < l—[ lo(nﬂ)nﬁ(y(ij)—a)
@A) >1 @A) >1
< l—[ lo(nﬂ)nﬁ(2L(ij)+(2—(1)/2+2L’(ij)—2+(2—oz)/2)_ (40)
@:iEH>1
Second, we change the product in (40) over all edges to a product over all vertices. In fact, one can associate to
each edge occurring 4 times at least one marked occurrence of a vertex of self-intersection. To deal with vertices
where L'(ij) = L(ij) = 1, we say that L’(ij) is associated to the vertex which has the smallest multiplicity in the

path. Using the fact that the number of marked occurrences of any vertex in edges seen at least 4 times cannot exceed
the type of the vertex and (38), we get:

~2(ij .
[T B < ] tlo(nf)nf@i-o
@j):Gj)>1 ij):dGj)>1
< nP Ziinup>1 CLEDF@=) /DA 3 jya;jy>2 AL () =2+ (2~0)/2) Tt (nﬂ)k"k
k>2

< H(lo(nﬂ)inﬂ(%_(“_z)/z))"i. (41)

i>2
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Remark 3. Lemma 15 plays the role of formula 4.7 in [13] to bound the contribution of a single path of type
(ng, ni,...,ng,). Here is where we cannot understand the arguments of [13]. Indeed, with the notation of [13], we
believe that formula 4.7,

25, —1 1 p/2 Sn
(IE [T Guviuer |21 )W < —4’1_[(2kC)k"k [T (a2,

u=0 =3 k=p/2

should be written as

25, —1 1 P/4 Sn
(IE [T i fz]s,,>w,, < ¥ TTexer TT (arap)™.

u=0 k=3 k=p/4

since, as argued in Lemma 15, an edge seen p times implies the occurrence of a marked vertex of type at least p /4 but
not necessarily of type p/2. Mutatis mutandis, the other arguments of Ruzmaikina carry out to show that the universal
Tracy—Widom limit holds if o > 36.

We now call Z, the contribution of all even paths of type (n,,n1,...,n,) to the expectation IETr( el 5)2‘"
Writing

Al 25 Al 25 1 25n
ETr n2la—e =ETr n n2la—i/2—¢ )

we deduce that Z, is bounded by:

Sn

1 n! (2sp)!
fe = nsn@/@=2¢) polpyl...n n!nsn!(sn +1)! ]_[5" (k')”k 1_[( g

S

)kﬂk

% g2 ﬁ (llgnﬁ(zk—(a/z—l)))nk
k=2

1 neo+ 1) (2sy)! 1 g
S e S i n - S : l_[( 24
p#/e=1-2) 3 iy ini nn snl(sn + DT i T kD™

Sn

< g2 H(ltlgnﬁ(Zkf(a/Zfl)))nk

k=2
Sp—n Sn
< 1 (2sn)! " 1 st 1_[( k)knk
T p@Wa=2e=1)3 s ini g, 1(s, + 1)! lin 2nk' nSntno—n Hsn (k —l)knk
Sn
x stn l_[(ll;nﬁ(Zk—(a/Z—l)))nk
k=2
25! Sn 1 lk k., BQ2k—(a/2—1)) 1k 1
SR CVIN Y i i . 42)
Sn!(Sn + 1)! h an! n4k/a—2ks—l nn1(4/a—25—1)
First, we consider the contribution of simple paths, that is paths of type (n,,n1,0, ..., 0). We denote Z, ; this contri-

bution. Then

Qs a1
= no .
Sp!(sp + 1! nsn(4/a—1-2e)

e,s
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This follows from the fact that in simple even paths, any edge is seen twice and the choice of the origin and marked
vertices determines the path.

We next turn to the contribution of paths with self-intersections, which we denote by Z, ;. Now, if we take the sum
over all non-negative integers ny, ns, ..., ng, such that

Sn
> >0, (43)
k=2

we have that:

1k skpBQk=(a/2=1) }nk )

(2sp)! 25, ol
Zei < —sn!(sn+1)!na an; g"_k' nak/a—2ke—1

Now as ¢ < 2/a — 8 and s,n*? <« n**, we deduce that

Cs2nPé~(@/2-1) }M

Qs)! . 1
@) = 5 T MZOM 8la—de1
>

(2s,)! ey 1252nPG—/2)
spl(sp + D! n8/a—4e—1

(2sp)!
spl(s, + 1!

@)l o,
spl(sp + 1!

no 2252 P G-/ 1-8 ac+de

=o(1) (45)

In the last line, we have used the fact that s,, < n®/@—1-#G5-2/2))/8

Now, we will see that this is also true for a path such that an edge occurs an odd number of times, proving
Proposition 12. The necessary tools are the gluing and the insertion procedures developed in [11]. We refer to this
article for details and notation.

In [11], one can prove that given a path P of length 2s, with 2/ non-returned edges, it is possible to construct a
sequence (Py, Py, P2, ..., Py), 1 <J <2I, of subpaths of P such that the concatenated path W = Uijzo P;, i.e. the
path defined as if we read P; in order, has length 2s,, — 2/ and belongs to one of the following classes:

A W is a closed even path.

B W is a sequence of I <2 closed even paths where each origin is a marked vertex of P.

C W is a sequence of I <2 paths where each origin is a marked vertex of P and the union of these paths has only
even edges.

The surgery in P consists only to remove the last occurrence of odd edges and reorder the remaining subpaths with
the possibility of choosing the direction in which each subpath is read. To estimate the contribution of odd paths, one
can reverse the above procedure, defining an onto map from paths of classes A, B, C to the set of odd paths. This was
done in [11] and we concisely describe the method.

In case A, the simplest one, given a closed path W of length 25, — 2/ one needs only to choose J vertices to
split W, choose the order and direction of each subpath and how to assign and insert the 2/ unreturned edges. Also,
since a;; are bounded by nP, adding these 21 repetitions we multiply the contribution of the original path at most by
n?# . Briefly, the contribution of paths with 2/ odd edges such that W(P) € A can be bounded by:

21 21
(25, — 2D)! — 250 =20\ {2\ (25, —2D)! nb
Cr———— ng2n =Dy Jn - (== ) (46)
(Sn — D(sp — 1+ 1)! =\ J) @sp—al+ '\ n
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which can be bounded by:

(2s, —2I)!
&)
(sn — D(sp — L+ 1)!

2sn—1) uf _nf .

Sp—

no (C3sp) (nz/a_s) . “7
This is less than or equal to:

(25, —21)! 5o CasanP\?
2 no=" .
(sn = D(sp — 1+ 1)! n?/e—¢

(48)

The summation over / of the above gives a contribution which is negligible with respect to (20)*"ns, 3% since

2 2_g—B
S, L ne .
Also, [11] gives us the following estimate for the contribution of odd paths coming from the class B:

sp—1 21

21
3 ¢ ,J' 20\ (25, — 21 @i 20! 5 P | o)
J ) Gu—Dsn—1+ D! n2ja—e

=1 J=1

Again, proceeding as before there is a constant K > 0 such that (49) divided by the contribution of even paths can
be bounded by

sp—1

3 (Ksunf=2ere), (50)

=1

which tends to 0 as n goes to infinity. As shown in [11], with a little bit of effort, the counting in case C can be reduced
to the one in case A or B, which finishes the proof of the proposition.

Remark 4 (Case o« =2). When o = 2, we do not use Proposition 12 as it is written to bound the largest eigenvalue of
the truncated matrix. In fact, since one knows that, see [8],

F@) =E(a] 14, <x)

is a slowly varying function, we can show that for any 0 < § < ¢

A
P()\l(m) 24) —0 (Vl—)OO) 0

4.3. The largest eigenvalue of Ay

In this subsection we will prove that the largest elgenvalue of Aj is actually asymptotically given by its largest entry
in absolute value. For short, we denote by Ai; j»1,j =1,...,n, the entries of the matrix A and by A,1 j; the largest
one in absolute value. The aim of this subsection is to prove:

Proposition 16. One has that for any & > 0

M (A
P(’ ]A( 2)—1‘>€>—>O as n — o0.
|Ai1j1|

Proposition 16 will be enough to end the proof of the Corollary 1 as we will explain now. First, we point that
since the matrices that we are dealing are symmetric, ||A|| = max{|1;(A)[, |, (A)|} is exactly the operator norm of
the matrix. Then triangular inequality implies:

1 1 1 1 1
Amax(EA2> +)\min<EA1) =< kl(EAn> = )\max(EAl> +)\maX<EA2>' (51)
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. 2/0178
Now since %

goes to 0 as n goes to infinity, the boundedness in probability of the largest eigenvalue of

ey /a -Aj as proved in the last subsection implies that Amax( i A1) and )»mm( by A1) go to 0 in probability. Then, by
Proposition 16, we have that the largest eigenvalue of A, behave just as the largest eigenvalue of A», i.e.,

1 1
lim P(Amax<—An> §x) = lim P(Amax(—A2> §x> = lim P( i1 <x) =exp(—x"%). (52)
n— 00 by, n—00 b, n—00 by

Proof of Proposition 16. The proof of Proposition 16 relies on the two following lemmas, repeating the arguments
of Lemma 5.

Lemma 17. Let ¢ > 0 be fixed. With probability going to one, one has that

(a) There are no diagonal entry Al i greater in absolute value than bl/ e
(b) There is no pair (i, j) such that |A,J| > b99/100 and |A,,| + |AH| > bl/10
3/4+5

(c) Forany § > 0, there is no row that has two entries greater than b;,

Proof. (a) follows from basics results about extremes of n independent variables. For (b), one recalls (12) to compute
P3G, DI A1 = by "™ and |Aii| +14 51 = b,/ ") = 2(’;)F(b29/ O F @)

L(bgg/lOO)L(b,l/lo) (b;109a/100)

_ 0(n—18/100+0)

for some 6 > 0 small enough.
Similarly, another application of (12) yields

P(Ei <n3jk<n,j#k stlAyl= 6" and |Ai] = ")

F(b3/4+5)F(bz/4+5)

1

30 (1.3/448\2
=n’L(b") ,3/2+25a
n

— O(n—48+9)

3a /2428

for some 6 > 0 small enough. In the last line we have used that for any § > 0, b;, > nd. ]

We now show that the largest entry Ail./l determines the largest eigenvalue of A;. The idea is similar to the first
part with minor changes. Introduce the vector

1
v =—=(e; Tej),

V2

where the sign =+ is determined by the following rule: £ej, = +e;, if Ail i =0 and —ej, otherwise. Then, with
probability going to one,

1. 14 ~ ~
(Asvi,vi) = 2 Api + 5 Ajj + A | = 1A 1(1+o(D),

2 2

in view of item (b) of the preceding lemma and the fact that A j1jr 18 the largest entry of the matrix A;. Thus, again
with probability going to one,

Amax(A2) = Az j, 1(1+0(1)).
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We now turn to the upper bound which follows from the following lemma.

Lemma 18. One has that

n
lim IP’(EIi, 1<i<n, max [A;]> 6,/ and 37141 — max 4] > b2/4+°‘/‘6> —0.
n—00 I<j=n — I<j=n
j:
Proof. Recall that by (33) we have «ff > 1.
Now, a trivial union bound gives us that

p( 3 3 Ayl = %b2/4+a/16) - n]P’(#{j: nP < Ay] < B3R 5 %/32)
jonf<|Aj)<by T
<
< n1+bg/32(1_aﬂ) < exp(—n") (53)
for some sufficiently small « > 0. Thus, (53) together with part (c) of Lemma 17 yields Lemma 18. ]

Now, combining Lemma 18 with (c) of Lemma 17 and repeating the same argument done in last section to prove
part (b) in Lemma 5, Proposition 16 holds. (I

Proof of Theorem 1 when 2 < @ < 4. By Proposition 12, with probability going to 1, we know that the spectrum of

\/+/—A1 is bounded. Also, let A;, j, be the [-th largest entry in absolute value of A>. If one sets
n a—e

V) = ¢ + €

where ¢;, ¢, =e¢;, +¢j, if A;;j; > 0 and e;, — e, otherwise, then
n
Agop =) (Auiy & Aij)ei = |Aigjlor +7,
i=1
where
n
r=Ajie; £Ajjej + Z (Aiiy & Aijei.
i=1,iir, i

By the same arguments that we used in Theorem 2, one can show that % tends to 0 as n tends to infinity. This implies
an existence of an eigenvalue A of Aj such that A = [A;,,|(1 + o(1)). An application of Cauchy Interlacing theorem
just as before shows that in fact A = A;(A2), where X;(A;) represents the /-th eigenvalue of A; in descending order.
Since by Weyl’s inequalities, one has forall/ ,1 <[ <mn,

Mi(A2) + A (A1) <M (A1 + A2) < Ai(A2) +21(A)). (54)

Dividing Eq. (54) by b? and taking the limit one gets

lim IP’(A;(Al + Ap) < bnx) = lim P(A;(Az) < b,,x) = lim P(a;j, < bpx),
n— 00 n— 00 n— 00

which ends the proof of (b). O
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5. Sample covariance matrices when 2 <« <4

This section heavily uses the previous ones. We repeat the arguments of Section 3 using the results of Section 4. As
before, the first step is to truncate our matrix.

Define
A=A i Aa=Ag— Al (55)

and also
X = AAl, X2 =X, — X1. (56)

It is clear that X, = A1Al2 + AzAtl + A2Al2 and that the largest entries of A, belong to A;. We are going to study the
eigenvalues of X». The following lemma follows directly from the proof of Lemma 5 and Lemma 18.

Lemma 19. Ler Ay be defined as above. Also assume that p = | yn] for some constant y > 1. Then:

(a) If B? is the event ‘There is a row with 2 entries greater than b’ p in absolute value’ then
V8 >3/4 lim P(B})=0.
p—>00
(b) One has that

lim P(3i,1<i<n, max |a;|> by "% dZ|aU|— max |a,,|>lﬁ/4+"‘/16 = 0.
I<j=p <j=

p—>00

j=1

(c) One has that

p—>00

lim IP’(EI],1<J <p, max |alj| >b3/4+°‘/16 nd Z|a,1|— max Ialjl >b3/4+a/]6) 0.
j=1

If one takes v = (0,...,0, 1,0, ...,0) where the only non-zero entry of v is in the position i1, (Xov, v) will give
us the following bound:

max(X2) = a ; (14 o(1)). (57)

This inequality is justified by the preceding lemma, just as in Theorem 2, and by the fact that the diagonal of
Al A’2 + AzA’1 has only zeros. More than that, as in Section 3, we can also infer from Lemma 19 that

max(AzA ) 11/1(1 +0(1)) (58)
Now, using Rayleigh—Ritz representation and linearity of the scalar product, we have that

Amax(X») = max (X,v,v) = max ((A1 + A2)(A1 + A2)'v, v)

v:|v|=1 vijv|=1

= max ((le, v) + <A2A2v, v) + <A1At2v, v) + (AzAtlv, v))

v:v|=1
which, by Cauchy—Schwarz, yields

Amax (Xn) < Iﬁlx (X1v,v) + max (A2A2v v)+2 max HA v|| max ||A v

v:v|=

< Amax(X1) + Amax (A2At2) + 2()‘-max(Xl))Lmax (AZAIZ))I/2~ (59)
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In view of (57)—(59) and Wey!’s inequality for X, = X + X7, namely,

)&max(XZ) + )&min(Xl) = )\max(Xn)a

it remains to show that the largest eigenvalue of X is negligible with respect to a? ;, to conclude that

i1j
Amax(Xn) =a;,;, (14 0(1))

and, therefore, finish the proof of Corollary 2.

Thus, we turn back our attention to the truncated matrix X| = A Atl. As we did before, we will show that its largest
eigenvalue properly normalized remains bounded on a set of probability arbitrarily close to 1. Again, we study the
asymptotics of some expectations of X7.

By the results of the last section, we just need to control the expected value of some traces of the matrix X;.

Let s, be as in Section 4.2. One can write

E(Tr X{") = ZEai|ioai1izai3izai3i4 © o Qigg, ing, 2 Qing, 1 (60)

P
where & denotes the set of all closed paths P = {io,i{,...,i2,—1,i0} with a distinguished origin, in the set
{1,2,..., p} with the restriction i, € {1,2,...,n} for odd t. Now, since a;; # aj; orientation of an edge plays a

role.

We say that a path is odd if the number of passages in the direction i — j plus the number of passages in the
direction j — i is odd for some i and j. P is evenif it is not odd. Since we can center the random variables a;; llai,- |<nf
just as in Section 4, odd paths with a non-zero contribution have at least 3 passages in one direction of an odd edge.
We will prove that the contribution of odd paths to the sum (60) is negligible and that contribution of even paths can
be easily bounded by the results on the Wigner case. To do so, one can proceed as follows.

Constructa p x p random symmetric matrix M = (y;;)1<i, j<p such that y;; are independent identically distributed
random variables with the same distribution as aj;. Hence, if we denote [E(P) as the contribution of the path,

> E(P) <E(TrM>). (61)

PE?,Peven

In fact, one has a 1-1 relation between paths in the LHS and paths that give a non-zero contribution to the sum in
the RHS. Furthermore, if an edge (i, j) is read r times from left to right and s times in the opposite direction, then
p + s = 2q for some integer ¢ and we can use the inequality

Ea];Ed}; <Ela;j|"Elaji|" <Ey;, (62)

leading to (61).
Therefore, proceeding as in Section 4, Eq. (61) implies:

Proposition 20. There exists a constant C > O such that ]E(Tr(n 4/’; L )25n)) < (20°)%n % Moreover,
Sn

_ E(Tr(X, /n?/ 722

P(hmax(X1) = 80°n¥/*7%) < e

< exp(—nsn),

for some constant n > 0.

To prove that the contribution of odd paths is negligible with respect to (20)*" €72 , we can still bound the contri-
N

bution of each path using the inequality (62). Since to an odd path P, there conespgnds an odd path in the expansion
of E(Tr M%), we analyze their contribution as in Section 4.

C
Y EP) <o)t (63)

Pef,Podd
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This ends the proof Corollary 2 in the case of 2 < @ < 4. The proof of Theorem 2 in this case is identical to the
proof of the case 0 < o < 2.

Acknowledgments

The authors would like to thank two anonymous referees for the careful and meticulous reading of the paper. Their
comments and corrections helped in making this paper more coherent and error free.

References

[1] Z.D. Bai, P. R. Krishnaiah and Y. Q. Yin. On the limit of the largest eigenvalue of the large-dimensional sample covariance matrix. Probab.
Theory Related Fields 78 (1988) 509-521. MR0950344
[2] Z.D. Bai and Y. Q. Yin. Necessary and sufficient conditions for almost sure convergence of the largest eigenvalue of a Wigner matrix. Ann.
Probab. 16 (1988) 1729-1741. MR0958213
[3] S. Belinschi, A. Dembo and A. Guionnet. Spectral measure of heavy tailed band and covariance random matrices. Commun. Math. Phys.
(2009). To appear.
[4] G. Ben Arous and A. Guionnet. The spectrum of heavy tailed random matrices. Comm. Math. Phys. 278 (2008) 715-751. MR2373441
[5] R.Bhatia. Matrix Analysis. Springer, New York, 1996. MR1477662
[6] N. H. Bingham, C. M. Goldie and J. L. Teugels. Regular Variation. Cambridge Univ. Press, Cambridge, 1987. MR0898871
[7]1 G. Biroli, J. P. Bouchaud and M. Potters. On the top eigenvalue of heavy-tailed random matrices. Europhys. Lett. 78 (2007) 10001.
MR2371333
[8]1 W. Feller. An Introduction to Probability Theory and Its Applications, Vol. II. Wiley, New York, 1966. MR0210154
[9] O. Kallenberg. Foundations of Modern Probability. Springer, New York, 2001. MR1876169
[10] V. Marchenko and L. Pastur. The distribution of eigenvalues in certain sets of random matrices. Mat. Sb. 72 (1967) 507-536. MR0208649
[11] S. Péché and A. Soshnikov. Wigner random matrices with non-symmetrically distributed entries. J. Stat. Phys. 129 (2007) 857-884.
MR2363385
[12] R. Resnick. Extreme Values, Regular Variation and Point Processes 4. Springer, New York, 1987. MR0900810
[13] A. Ruzmaikina. Universality of the edge distribution of eigenvalues of Wigner random matrices with polynomially decaying distributions of
entries. Comm. Math. Phys. 261 (2006) 277-296. MR2191882
[14] A. Soshnikov. A note on universality of the distribution of largest eigenvalues in certain sample covariance matrices. J. Stat. Phys. 108 (2002)
1033-1056. MR1933444
[15] A. Soshnikov. Poisson statistics for the largest eigenvalues in random matrix ensembles. In Mathematical Physics of Quantum Mechanics
351-364. Lecture Notes in Phys. 690. Springer, Berlin, 2006. MR2234922
[16] A. Soshnikov. Poisson statistics for the largest eigenvalue of Wigner random matrices with heavy tails. Electron. Comm. Probab. 9 (2004)
82-91. MR2081462
[17] A. Soshnikov. Universality at the edge of the spectrum in Wigner random matrices. Comm. Math. Phys. 207 (1999) 697-733. MR1727234


http://www.ams.org/mathscinet-getitem?mr=0950344
http://www.ams.org/mathscinet-getitem?mr=0958213
http://www.ams.org/mathscinet-getitem?mr=2373441
http://www.ams.org/mathscinet-getitem?mr=1477662
http://www.ams.org/mathscinet-getitem?mr=0898871
http://www.ams.org/mathscinet-getitem?mr=2371333
http://www.ams.org/mathscinet-getitem?mr=0210154
http://www.ams.org/mathscinet-getitem?mr=1876169
http://www.ams.org/mathscinet-getitem?mr=0208649
http://www.ams.org/mathscinet-getitem?mr=2363385
http://www.ams.org/mathscinet-getitem?mr=0900810
http://www.ams.org/mathscinet-getitem?mr=2191882
http://www.ams.org/mathscinet-getitem?mr=1933444
http://www.ams.org/mathscinet-getitem?mr=2234922
http://www.ams.org/mathscinet-getitem?mr=2081462
http://www.ams.org/mathscinet-getitem?mr=1727234

	Introduction and notation
	Wigner matrices when 0 < alpha< 2
	Sample covariance matrices when 0 < alpha< 2
	Proof of Lemma 5
	Proof of Theorem 2

	Wigner matrices when 2 <=alpha< 4
	Truncation
	Bounding the spectrum of A1
	The largest eigenvalue of A2

	Sample covariance matrices when 2 <=alpha< 4
	Acknowledgments
	References

