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We consider a branching random walk on the lattice, where the branching
rates are given by an i.i.d. Pareto random potential. We describe the process,
including a detailed shape theorem, in terms of a system of growing lilypads.
As an application we show that the branching random walk is intermittent,
in the sense that most particles are concentrated on one very small island
with large potential. Moreover, we compare the branching random walk to
the parabolic Anderson model and observe that although the two systems
show similarities, the mechanisms that control the growth are fundamentally
different.

1. Introduction and main results.

1.1. Introduction. Branching processes in random environments are a classi-
cal subject going back to [25, 27]. We are interested in branching random walks
(BRW), where particles branch but also have spatial positions and are allowed to
migrate to other sites.

We consider a particular variant of the model defined on Z¢. Start with a single
particle at the origin. Each particle performs a continuous-time nearest-neighbor
symmetric random walk on Z¢. When at site z € Z¢, a particle splits into two new
particles at rate £(z), where the potential (§(z),z € Z%) is a collection of non-
negative i.i.d. random variables. The two new particles then repeat the stochastic
behavior of their parent, started from z. This particular model was first described
in [12], although until now analysis has concentrated on the expected number of
particles: see the surveys [11, 18, 21]. In this article we show that while the study
of the actual number of particles is more technically demanding, it is still tractable,
and reveals surprising and interesting behavior which warrants further investiga-
tion.

We begin by recalling what is known about the expected number of particles.
More precisely, we fix a realization of the environment (£(z),z € Z%) and take
expectations over migration and branching. We denote the expected number of
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particles by
u(z, t) = E* [#{particles at site z at time }].

The superscript & indicates that this expression is still random due to its depen-
dence on the environment. By considering the different possibilities in a infinitesi-
mal time step, one can easily see that u(z, t) solves the following stochastic partial
differential equation, known as the parabolic Anderson model (PAM):

oru(z,t) = Au(z,t) + E(Qu(z, t) forzeZd,tZO,
u(z,0) =1  forzezd.

Here, A is the discrete Laplacian defined for any function f:Z¢ — R as

Af@=Y (f0) - f@). zeZ

y~z

where we write y ~ z if y is a neighbor of z on the lattice Z?. Starting with the
seminal work of [12] the PAM has been intensively studied in the last twenty years.
Much interest stems from the fact that it is one of the more tractable models to
exhibit an effect called intermittency, which roughly means that the solution is
concentrated in a few peaks that are spatially well separated. For the PAM this
effect is well understood: see the surveys [11, 18, 21]. The size and the number
of peaks depends essentially on the tail of &, that is, on the decay of P(£(0) > x)
for large x. For a bounded potential the size of the relevant islands grows with ¢.
In the intermediate regime, when the potential is double exponentially distributed,
the size of the islands remains bounded. Finally, it is believed, and in a lot of cases
proven, that for any potential with heavier tails, there is a single island consisting
of a single point containing almost all of the mass. In the most extreme case when
the potential is Pareto distributed, a very detailed understanding of the evolution
of the solution has emerged; see [19, 22, 26].

While the expected number of particles, that is, the PAM, is well understood,
a lot less is known for the actual number of particles in the branching random
walk. The only results so far for this particular model concern higher moments of
particles

ES [#{particles at site z at time 7}"].

These were studied in a special case by [1] using analytic methods and for a larger
class of potentials and providing finer asymptotics in [14] using spine methods for
higher moments as developed in [15].

1.2. Main result. Motivated by the detailed understanding of the parabolic
Anderson model in the case of Pareto potentials, we from now on assume that
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{£(2), z € Z%) is a collection of independent and identically distributed Pareto ran-
dom variables. Denoting the underlying probability measure on (€2, F) by Prob,
we have in particular that for a parameter o > 0, and any z € Z¢,

Prob(&(z) > x) =x~¢ for all x > 1.

Moreover, we assume throughout that o > d, which is a necessary condition for
the total mass in the PAM to remain finite; see [12].

For a fixed environment £, we denote by Pyg the law of the branching sim-
ple random walk in continuous time with binary branching and branching rates
{£(z), z € Z¢} started with a single particle at site y. Finally, for any measurable
set I’ C 2, we define

P, (F x -):/FPyS(-)Prob(dé).

If we start with a single particle at the origin, we omit the subscript y and simply
write P¢ and P instead of P§ and IPy.

We define Y (z, t) to be the set of particles at the point z at time . Moreover, we
let Y (¢) be the set of all particles present at time ¢. We are interested in the number
of particles

N(z,t)=#Y(z,t) and N()=#Y(?).

The aim of this paper is to understand the long-term evolution of the branching
random walk, and we therefore introduce a rescaling of time by a parameter 7 > 0.
We also rescale space and the potential. If ¢ = ﬁ, the right scaling factors for
the potential, respectively, space, turn out to be

T q T q+1
a(T) = (10gT> and r(T)= (10gT> .

This scaling is the same as that used in the parabolic Anderson model (cf. [19, 26])
and guarantees the right balance between the peaks of the potential and the cost of
reaching the corresponding sites. We now define the rescaled lattice as

Lt ={zeR4:r(T)z €27,

and for z € R4, R > 0 define L7(z, R)= L7 N B(z, R) where B(z, R) is the open
ball of radius R about z in R?. For z € L7, the rescaled potential is given by
_E(r(D)2)

a(T) ~

and we set £7(z) =0 for z € R4 \ L7. The correct scaling for the number of parti-
cles at z is given by

&7 (2)

My (z,1) = log, N(r(T)z,tT).

1
a(T)T
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We will see that in order to bound the rescaled number of particles M7 (z, t), we
first have to understand at what time z is hit. We therefore introduce the hitting
time of a point z € L7 as

Hy(z) =inf{t > 0:Y(r(T)z,tT) # &}.

Our main result states that we can predict the behavior of the branching random
walk purely in terms of the potential. For this purpose we introduce the lilypad
model.

For any site z € L7, we set

. = yj—1—y j|>

h = inf —_

r@= .5 (;" &0y )
Y0=2,yn=0 ~
where throughout | - | will denote the £1-norm on R?. We call hr(z) the first hitting
time of z in the lilypad model. We think of each site y as being home to a lilypad,
which grows at speed £7(y)/q. Note that h7(0) = 0, so that the lilypad at the
origin begins growing at time 0, but other lilypads only begin to grow once they
are touched by another lilypad. For convenience, we set h7(z) = hr([z]7) for any
point z € RY \ L7, where

lr(T)z1] Lr(T)zal
[zlr = sesns
r(T) r(T)
This system of hitting times is an interesting model in its own right, describing a

first passage percolation model on Z<.
Although there are no “particles” in this system of growing lilypads, we define

for any z = (z1, ..., 24) c 74,

mr(z,t) = sup {Er(V)(t —h7 (1), —qlz — yl},
yeLt
which we think of as the rescaled number of particles in the lilypad model. We will
show that with high probability its value matches very closely that of M7(z,t).
We will give a heuristic explanation for these definitions in Section 1.6. For an
idea of how the system evolves, see Figures 1 to 6, where we plot the growth

F1G. 1. The grey squares represent the potential: dark means large potential. A lilypad starts to
grow from near the origin.
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FI1G. 2. Some more points of reasonable potential are hit and a number of other visible lilypads are
launched.

FIG. 3. A point of larger potential is hit and its lilypad, in yellow, grows faster.

F1G. 4. Space is covered quickly and the dark spots in the top left will soon be hit.

FIG. 5. The darkest spot is hit and launches a fast-growing pink lilypad.
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FI1G. 6. The whole visible region is covered.

of the sites hit as time advances. A simulation of the process can be seen at
http://tiny.cc/lilypads.

THEOREM 1.1 (Approximation by lilypad model). For any ts > 0, as
T — oo,

sup sup |Mr(z,t) —mrp(z,1)| — 0 in P-probability.

I<lec zeLr
Moreover, for any R > 0,as T — 00,

sup |Hr(z) —hr(z)]— 0 in P-probability.
zeL1(0,R)

REMARKS. (1) The lilypad model is well defined. It is not a priori clear that
the hitting times {h7(z)} are well defined. However, we will show in Lemma 3.4
that any finite ball gets covered eventually by the lilypad model, and in Lemma 3.6
that there is no explosion; that is, for any finite time ¢ there exists R > 0 such that
the lilypad model is entirely contained within B(0, R) at time ¢.

(2) Interpretation as a first-passage percolation model. As mentioned above it is
possible to interpret the lilypad hitting times as a first-passage percolation model.
We connect each pair of vertices in L7 via two directed edges. We associate to the
directed edge going from x to y the passage time ¢ ?T_(;)I Then h7(z) is the first
passage time from O to z.

(3) Convergence to a Poissonian model. From extreme value theory it can be
shown that in a suitable sense

Y Sk =T,

zeLT

where T is a Poisson point process on R? x R* with intensity measure dz x
ax~ @D dx . See [26] for precise statements and an application to the PAM. This
suggests that the lilypad model and therefore also the hitting times and number of
particles in the branching random walk should converge in distribution to a version
of the lilypad model defined in terms of the Poisson point process. We will carry
out the details of this analysis in a further paper.
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1.3. Applications of the lilypad model. Theorem 1.1 tells us that the BRW is
well approximated by the lilypad model. We now describe some consequences of
that approximation. As an easy first application, we describe the support of the
branching random walk. For this we define

St(t) = {Z eR?: HT([Z]T) < l‘} and s7() = {Z € Rd:hT([Z]T) < t},
which we think of as the support of the BRW and the lilypad model, respectively.

THEOREM 1.2. If dy denotes the Hausdorff distance, for any ts, > 0, as
T — oo,
sup du(St (), s7(t)) - 0 in P-probability.

t<too

REMARK. Note that our definition of the support S7(¢) is not the same as
[zeRY: Y (r(T)z,tT) # @),

which is the set of sites that are occupied at time ¢. For example, S7(¢) is by
definition always a connected set, since the underlying random walk is nearest-
neighbor, while the latter set may be disconnected since particles can jump away
from the bulk. However, the two sets are almost the same in the following sense:
Theorem 1.1 tells us that very shortly after a site has been visited by the BRW it
will be occupied by many particles, which ensure that the site will be occupied
from then onward.

A more striking application of our description is that the BRW shows intermit-
tent behavior: all the mass is concentrated around a single peak of the potential.

THEOREM 1.3. For t > 0 let wr(t) be the point in Lt that maximizes
{mr(z,t)}, where in the case of a tie we choose arbitrarily. Then, for any fixed
t>0,and e = glog_l/4 T,

z:ZELT(wT(t),ET) N(r(T)z,1T)
> ety NOr(T)z 1)

—1 in P-probability.

REMARK. One point localization and further extensions. The above theorem
tells us that with high probability almost all of the mass is contained within a small
ball about wr (¢). In fact, with high probability almost all of the mass is contained
actually at the single site wr (¢). Proving this is more difficult and will be carried
out in a further paper. Other, even more delicate results are known for the behavior
of the PAM, including the almost sure fluctuations of the process (see [19]), and
we plan to address the corresponding questions for the BRW in future work. We
will also postpone to future work a detailed description of further properties that
can be described by the lilypad model. These include a description of genealogies
of particles as well as aging for the process.
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1.4. The parabolic Anderson model revisited. We recall that the expected
number of particles at a site z at time ¢ is given by u(z,t), the solution of the
parabolic Anderson model. As pointed out in the Introduction, the parabolic An-
derson model has been studied extensively, and a reader familiar with the literature
will recognize that our predictions in terms of the lilypad model do not resemble
those for the parabolic Anderson model. This raises the natural question of how
different the actual number of particles is from the expected number.

We will make this comparison more transparent by first considering the sup-
port of the branching random walk. We already know from Theorem 1.2 that the
support is described by the lilypad model. Without this description, a naive guess
for the support of the BRW would be that a site gets hit roughly as soon as the
expected number of particles, that is, the solution of the PAM, at that site becomes
larger than 1. We show that this guess is dramatically wrong.

Previous work on the PAM has focused on showing, for example, one-point
localization, but to understand the expected “support” we need information on the
growth at every site, not just those with large potential. It turns out that by a simple
version of our arguments for the BRW, we can also describe the profile of the PAM.

For this, we define the growth rate of particles and “hitting time” ata site z € Lt
for the PAM as

Ar(z, 1) = log u(r(T)z,tT)

1
a(T)T
and

Tr(z) =inf{t > 0:u(r(T)z,tT) > 1}.
In a similar fashion to the lilypad model for the BRW, we can define the PAM
lilypad model by specifying the “number of particles” as

Ar(z, 1) = sup {7 (W)t —qlyl —qlz—yl} v O.

yeLr
Moreover, the “hitting time” for the PAM lilypad model is given by
g || g 1z =yl }
&r(y) Er(y) 1

We can also describe the support of the PAM and its lilypad model, which we
define, respectively, as

SIMy ={zeRY: Tr([zlr) <t} and sPM@)={z e R : 17 ([z]7) <1).

= inf
17 (2) ylenLT{

THEOREM 1.4. For any R, to > 0, the following hold as T — o0:
(1) sup, <, sup,er, [AT(z, 1) — A1 (2, 1)| = O in P-probability.
(ii) sup,cr,(0.r) |77 (z) — 11 (2)| — 0 in P-probability.

(iii) sup,,_ du(S¥™M @), s*M (1)) — 0 in P-probabililty.
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REMARKS. (1) One can show that

Ar(z,1) = sup {Erm —tr ()L —qlz—yl},
YELT

which is very similar to the definition of

mr(z,t) = sup {Er()(t —hr(»), —qlz — yl}.
YeLr
(2) We stress that although Theorem 1.4 is a new result, and we provide a short
and self-contained proof, it could be proved using existing PAM technology.

THEOREM 1.5. (i) The support of the branching random walk St (t) is con-
nected at all times, while the support of the PAM is disconnected in the sense that
foranyt >0,

liTm infP(SYM(z) is disconnected) > 0.
—00

(1) Let Wt (t) be the maximizer of the branching random walk and WTEAM(I)
the maximizer of the parabolic Anderson model (where possible ties are resolved
arbitrarily). Then for any t > 0,

3
(1) liTminf]P’(|WT(t) — WM )| < Z1og™1/* T) > 0.
— 00 (,]

At the same time, for any k > 0 and t > 0,

liminfP(|Wr (1) — Wp*M (@) > i) > 0.
T—o00

The explanation for this behavior is that in the PAM a site z outside the current
support can have such a high potential value £7(z) that in expectation it becomes
optimal to go straight to that site despite the high cost. This leads to exponentially
large values of the expectation in areas disconnected from the rest of the support;
see Figure 7 for an illustration.

However, the branching random walk can only spread at a speed that depends on
the values of the potential at sites that it has already visited. Therefore its support
remains connected and particles cannot jump ahead to profit from larger values of
the potential.

For the second part of the theorem we show that there are scenarios when the
BRW can catch up with the PAM. On the other hand, we can show that there are
times when the maximizers are spatially separated. See also Figures 8,9, 10 and 11
for an illustration.
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FI1G. 7. The blue regions show the support of the PAM at a particular time. Note that the support
is disconnected.

FI1G. 8.  Support of BRW (striped green) and PAM (blue) with same maximizer in 72

F1G. 9. Support of BRW (striped green) and PAM (blue) with different maximizers in 72
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FIG. 10. Number of particles in BRW (striped green) and PAM (blue) with same maximizer in 7.

1.5. Related work. There are several natural ways of letting a random en-
vironment influence the evolution of branching random walks. One possibility,
introduced in [9], is to model spatial heterogeneity by associating to each site a
randomly sampled offspring distribution. Alternatively, the offspring distribution
can also vary in time as an space-time i.i.d. sequence (see, e.g., [4, 8, 16, 28]), or
even both the motion of the particles and the offspring distribution can be influ-
enced by the environment; see, for example, [6].

Closely related to our model is a branching random walk on Z¢ in discrete
time with a spatial i.i.d. offspring distribution. Here, much more is known about
the number of particles. In their early work on this subject for d = 1, Greven and
den Hollander [13] and Baillon et al. [2] start with an infinite population and de-
scribe the local and global growth rates in terms of a variational problem (de-
pending on a drift in the underlying random walk). Many other authors address
the question of survival (see, e.g., [3, 10]) and recurrence vs. transience; see, for
example, [5, 6, 23, 24].

Since our interest is in the effect of heavy-tailed environments, we assume that
the branching rates are bounded away from zero and thus avoid the issue of re-
currence and transience. Indeed we see that as soon as a site is occupied, there
are almost immediately exponentially many particles, and we focus on analyzing
the growth of the branching process by describing when sites are hit and how the
number of particles evolves thereafter. We find that for our choice of potential
the sites that are hit, as well as the local growth rates, are—even after rescaling
appropriately—random. Furthermore, we will show that in our case the growth
rates for the actual number of particles deviates dramatically from those for the ex-
pected number. This is in sharp contrast to existing shape theorems for branching
random walks with spatial i.i.d. offspring distribution; see [6, 7]. More precisely,
in [6] it is proved that under a uniform ellipticity condition (and only in the recur-
rent case) the rescaled set of visited sites is well approximated by a deterministic,

FI1G. 11. Number of particles in BRW (striped green) and PAM (blue) with different maximizers
in Z.
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convex and compact set almost surely. This is strengthened in [7] under the as-
sumption that the environment is uniformly elliptic, and the number of immediate
offspring is uniformly bounded. Here the authors show that the local growth rates
of the quenched expectation (i.e., without averaging over the environment) as well
as that of the actual number of particles are described by the same deterministic
function.

Compared to work on the PAM, we see several similarities, most prominently
intermittency. However, there are also stark differences, both in the results—
Theorem 1.5 gives a snapshot, but this reflects just a small part of the contrast
described more fully by the clearly distinct lilypad models—and in the methodol-
ogy. Indeed, one of the main difficulties in studying intermittency in the PAM is
that one must control all possible “good islands,” whereas for the BRW we must
control not just all possible good islands but all possible paths, or sequences of
good islands. This increases the difficulty significantly and substantial technologi-
cal innovation is required.

1.6. Heuristics. 1t is already known from work on the PAM that if we look at
the expected number of particles at each site in Z¢, the system essentially behaves
as follows: the first particle chooses an optimal site z [which will be at distance of
order r(T) from the origin], runs there in a short time (order << T') and sits there
for time of order T to take advantage of the large potential at z.

Our first question is whether the branching system follows the same tactic. The
answer is no: the probability of one particle running distance r(7') in time < T is
extremely small, and so the behavior outlined above is effectively impossible. In
expectation there is no problem since the enormous reward more than compensates
for the small probability of the event, but without taking expectations it is clear that
in order to cover large distances, we need to have lots of particles already present
in the system.

Suppose that we have some particles at a site z, and that £(z) = Aa(T"). How
long does it take those particles to reach another site y? If |z — y| = Rr(T), where
R <1, then the probability that a single random walk started at z is at y at time
tT is approximately e ~“T)T4R (The dependence on t is of smaller order, which
explains why particles in the PAM run large distances in small times.) Thus we
need of the order of e*T)T4R particles at z before we can reach y. Particles breed
at rate £(z), so ignoring the motion for a moment, by time 7 we should have of
the order of e4’*DT particles at z. Thus we expect that it takes time r ~ g R/A to
reach y from z.

Given the calculations above, we are drawn to the idea that once a site z is
hit, particles move outward from z at speed proportional to £(z). We imagine a
growing “lilypad” of particles centered at z and growing outward at a constant
speed. Each site hit by z’s lilypad then launches its own lilypad which grows at
rate proportional to its potential. Of course if £(z) is large, then most of the sites hit
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by z’s lilypad have smaller potential, so their lilypads grow more slowly and have
no discernible effect. Only when z’s lilypad touches a point of greater potential do
we start uncovering new terrain at a faster rate.

In reality this does not accurately describe how particles behave because if
£(z) is large, then particles wait at z until the last possible second before running
quickly to their desired destination. Besides this, our rough calculations required
the potential at z and also the distance between y and z to be large. In particular we
should worry about the system at small times, since when we start with one parti-
cle at the origin, there might be no points of large potential nearby. Nevertheless,
this collection of deterministic (given the environment) growing lilypads does give
a caricature of the dynamics of the system that is surprisingly accurate and useful.

Now suppose that we want to know when particles first hit a fixed site z. In or-
der to hit z, we must find a point y; of large potential whose lilypad has touched z.
We must then ensure that y; is hit sufficiently early, so we must find a suitable
point y» whose lilypad has touched y;: working backward in this way, we con-
struct a sequence of points leading back toward the origin, and by looking at their
potentials—together with their positions relative to one another—we can decide
when z should be hit.

1.7. Organization of the paper. We begin with some simple estimates on ran-
dom walks and branching processes in Section 2. In Section 3 we develop some
initial estimates on the behavior of the system of lilypads outlined above. We then
move on, in Section 4, to give upper bounds on the number of particles in the
branching random walk, and then provide lower bounds in Section 5. These are tied
together in Section 6 to prove Theorems 1.1, 1.2 and 1.3. The relatively straightfor-
ward proof of Theorem 1.4 is given in Section 7, and then in Section 8 we compare
the BRW with the PAM by proving Theorem 1.5.

1.8. Frequently used notation and terminology. We suppose that under P¢,
and under an auxiliary probability measure P, we have a simple random walk
(X (u))y=0, started from 0, independent of the environment and of the branching
random walk above.

We fix ¢4, C4 > 0 such that for any R, T > 0 with Rr(T) > 1,

caRer(T) <#L7(0, R) < C4Rr(T).

Sometimes, for events A and B, we say “on A, P-almost surely B occurs.” By
this we mean that P(A N B¢) = 0.

Givenv € Y (¢),and s < ¢, we write X, (s) for the position of the unique ancestor
of v that was present at time s.

At the end of the article we include a glossary of frequently used notation for
reference.
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2. Simple estimates on random walks and branching processes. We col-
lect here a few basic results that will be needed later. Lemmas 2.1 and 2.2 will
be easy results about the growth of branching processes, and Lemmas 2.3, 2.4
and 2.5 give us control over simple random walks. We also give a Chernoff bound
in Lemma 2.6 and an estimate on the largest values of the potential in Lemma 2.7.

First we check that branching processes do not grow much slower than they
should. The following result is very basic, but will still be useful occasionally.

LEMMA 2.1. Let (Yy);>0 be a Yule process (a continuous-time Galton—
Watson process with 2 children at every branch) branching at rate r under an
auxiliary probability measure P. For any r’ < r, there exists a constant ¢ such that

P(Y; <exp(r't)) <cexp((r'—r)t/2)  forallt>0.
PROOF. Let Tp =0, and for n > 1 let 7,, be the nth birth time of the process,
and define V,, = T,, — T;,—1. Then the random variables (V,,n > 1) are indepen-

dent, and V,, is exponentially distributed with parameter rn. Thus, using Markov’s
inequality,

-1
P(T,>t)=P (ZV >t> < E[ /235 IVJ —rt/2 < H(l _ _) e T2

j=1
However,
ﬁ( 1! X”: 1 2": 1 1 12
1——.) :exp(— log<1——.>> §exp< <_+—2)> <cn
i 2j i 2j TiN2 2]

for some constant c¢. Taking n = |e” ], we get

P(Y, <)< P(T, > 1) <ce >/, O

Although the previous lemma is occasionally useful, we will need a slightly
different estimate in other places. Since our particles can move around, it will
often be more useful to be able to know that the number of particles at a single site
does not grow much slower than it should.

LEMMA 2.2. Suppose that £(0) > 4d. Then P$(N(0,1) < 3e¢@=21) <
15/16 for all t > 0.

PROOF. Let N (r) be the set of particles that have not left 0 by time z, so
that N (0, t) > N(¢). Clearly N is a birth—death process in which each particle
breeds at rate £(0) and dies at rate 2d. Note that ES[N(1)] = e¢©—2D" and, by
the Paley—Zygmund inequality,

Ef [N(z)]2
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Thus it suffices to show that E& [N (£)?] < 4¢*¢©=2d1 By choosing § > 0 small
and conditioning on what happens by time 8, if A’!(¢) and N%(¢) are independent
copies of N (1), then

ES[N(t 4+ 8)] = ES[N()?](1 — 8(5(0) + 2d))
+ ES[(NY (@) + N2(1))]560) + 0(5?)
50
%Ef [N(0)?*] = (£(0) — 2d) ES [N (1)?] + 2£(0)e* @241,
By solving this ODE we obtain

26(0) _ 2£(0) _
§ 21— 2(5(0)-2d)t EO)—2d)1
o= £0)—2d" (1 £(0) — Zd)e ’

which, when &(0) > 4d, is at most 4e2EO)=2d)1  qg required. [J

Recall that X (7),7 > 0 is a continuous-time random walk on Z%. We give a
lower bound on the probability that X (s7') = r (T )z. Define

2ds
(logR —logs) + ——

Els, Ry = .
1SR = et a(T)

LEMMA 2.3. ForzeLrands>0,T > e,
P(X(sT) =r(T)z) > exp(—a(T)T (qlz| + E7 (s, 121)))-

PROOF. Fix a path of length »(7T)|z| from O to r(7T')z. To reach r(T)z, it suf-
fices to make exactly r(7")|z| jumps by time ¢, all along our chosen path. Thus

r(T)z]
PXD=7)z (2d)—rl(T)|z| et (2([;?;)) h!
Using the fact that n! < n" = exp(nlogn), the above is at least
exp(—2dsT +r(T)|z|log(sT) — r(T)|z|log(r(T)|z]))
> exp(—r(T)|z|log(T?|z|/s) —2dsT)

|Z| 2ds
— exp<_a(T)T<qlzl + log T (log|z| —logs) + a(T)>)' O

Now we need an upper bound on the probability that X (#) = z. In order to
reach z, a random walk must jump at least |z| times, and this bound will be enough
for us, so for s > 0 and R > 0, define

Jr(s, R) = P(X (1) jumps at least Rr(T) times before time sT),
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and let

EX(s,R) =

g T (logs —log R + 1 +1log(2d) + (¢ + 1)loglog T).

LEMMA 2.4. Forany R>0ands >0,T > e,
Jr(s, R) < exp{—a(T)T(¢R — 7 (s, R))}.
PROOF. The number of jumps that X (1) makes up to time s7 is Poisson dis-
tributed with parameter 2ds T, so that
(2dsT)RrT)
(Rr(T))!
By Stirling’s formula n! > exp(n logn — n), giving a new upper bound of
exp(Rr(T)(—log(Rr(T)) + 1+ 1log(2dsT)))
=exp(—qr(T)RlogT
+r(T)R(1 +logs +log(2d) + (¢ + 1) loglog T — log R))
=exp(~a(T)T(qR - E7(s, R))),

where we used the definitions of (7") and a(T') as well as 8%. O

Jr(s,R) <

Our third estimate on random walks is slightly different. Instead of looking at
the probability that a random walk moves a long way in a relatively short time, we
now want to ensure that the probability a random walk moves a short distance in a
relatively long time is reasonably large. This is a consequence of a standard local
central limit theorem; see, for example, Theorem 2.1.3 of [20].

LEMMA 2.5. There exists a constant ¢ > 0 such that provided |z < \/t,
P(X(t)=z)=ct™ 2

The following well-known version of the Chernoff bound will also be very use-
ful.

LEMMA 2.6. Suppose that Z,...,Zy are independent Bernoulli random
variables, and let Z =" _, Z;. Then

P<Z < @) < exp(—@).
2 8

Finally, we give some simple estimates on the maximum of the environment
within a ball. For R > 0, let

Er(R) = . E7(2).
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LEMMA 2.7. (i) Forany T > e,any R > 0andv > 0,

o

P(Er(R) <v) <e @R
(ii) Provided that Rr(T) > 1, for any N > 1 and any v > 0,

CdeRdv_"‘>N

Pz e LrO.R):6r@) =) = N) = (<2

PROOF. (i) We may assume without loss of generality that va(T") > 1; other-
wise all points satisfy £7(z) > v. By independence,

P(Er(R) < v) =P(&r(0) < v)* 7R

< (1 . (Ua(T))—a)cder(T)d < e—cdev_"‘

’

where the last inequality follows from the inequality 1 — x < e™* and the fact that
r(T)* = a(T)~.

(i) The number of points in L7 (0, R) with (rescaled) potential larger than v
is dominated by a binomial random variable with CaeRr(T)? trials of success
probability v=%a(T)~*. Thus

d d
P(#|{z€ L7(0,R):&r(z) > v} > N) < (Cf’RA’;(T) ) yNeg(r)y=Ne

_ (CaRIr (MY
- N!

Since r(T)? = a(T)%, and N! > N¥e= N, we get the result. [

UfNaa(T)fNa.

3. First properties of the lilypad model. There are several fairly simple facts
about the environment that will be useful to us later. We begin with some almost
self-evident observations in Section 3.1 that nonetheless take some time to prove
rigorously: Lemma 3.1 tells us that the infimum in the definition of our lilypad
hitting times h7(z) is attained, Lemma 3.2 proves that the infimum may be bro-
ken up into more manageable chunks, while Lemma 3.3 records properties of the
potential along an optimal path. In Section 3.2 we bound the growth of our lilypad
model: Lemma 3.4 gives upper bounds on the time required to cover a ball about
the origin, and Corollary 3.5 gives a more explicit bound on the time to cover a
particular small ball. Then Lemma 3.6 ensures that the lilypad model does not
quickly exit large balls and thus does not explode in finite time. We will use many
of these results often, usually without reference.

3.1. An alternative formulation for hitting times in the lilypad model. ~As men-
tioned earlier, we want to show that the hitting times in the lilypad model have two
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equivalent formulations. We define

n
. lyj—1— yjl
hr(z) = inf e

V0sees Yn€LT : glq ST(yj)
yozz,yn:O j

and claim that

. Iz—yl}
h = inf{h )
Gt GO

First we check that the infimum is attained.

LEMMA 3.1. Forany T > 0, the infimum in the definition of h (z) is attained
for some sequence Yy, ..., yn, P-almost surely.

PROOF. Note that for A = 2 == by the definition of a(T) and r(T)

P@y € B(0, &) :&7(y) > ") < Ca(r(T)e") (a(T)exe =1%) 7
= C e 1/D@—dk

Therefore, by the Borel-Cantelli lemma, there exists K such that for all k > K,
Max,cp(, k) 57 (y) =< eI=2k By increasing K if necessary we may assume

also that }‘7(2¢ < e Suppose for contradiction that there exists a sequence

(¥j)j=0,...n With ygo = z and y, = 0 such that for at least one j, y; ¢ L7(0, )
and

"y =yl 1
~J - JJ h + —.
j§oq £ ,) @3

Define £ = max{j:y; ¢ B(0, eX)}, so that by assumption £ € {0, ..., n — 1}. Then
by the triangle inequality,

1 o lyj—1 =yl |vel ek
hr(z) + = > q— L >yq >q
2 12134:-1 Er(yj) maXyeLT(o,eK)éT()’) e(1I-MK
:qekK

This contradicts our choice of K, and we deduce that

n
. lyj—1—vjl
hr(z) = inf gL
Y05 yn€LT(0,K): ; Er(yj)
y():zsyn:()

This infimum is over a finite set, so the minimum is attained. [

We can now prove our alternative formulation of the hitting times.
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LEMMA 3.2. P-almost surely, for any z 20 and T > 0,

. Iz—yl}
h = inflh .
7(2) )lr;éz{ 7(y) +¢q 50)

PROOF. Fix z # 0. First suppose there exists y such that
|z — ¥l
Er(y)
Then by Lemma 3.1, there exist n and yy, ..., y, such that yg =y, y, =0 and

hr(y) =3"i_1qlyj—1 — ¥jl1/6r(y;). Defining yj = z and fori =0, ..., n letting
;41 = Yi» we have by definition of 27 (z)

hr(y) +

< h7(2).

G A 1z — ]
h 2 ZJ= )y +
@ = jzlq Er(y)) U ey

This is a contradiction, so we have established that

< hr(2).

) Iy—zl}
h fih .
T(Z)Syll?léz{ 7(y)+4qg 57 0)

For the opposite inequality, choose (by Lemma 3.1) n and distinct yy, ..., y, such
that yo =z, y, =0 and

lyj—1—yjl
§r(yj)

We claim that 27 (y) = 2?22 qlyj—1 —yjl/&r(y;). If not, then there exist m and
X0, - - ., X, such that xo = y1, x,, =0 and

Zoxjior =Xl e lyj—1 =yl
hr() =S g =1~ X1 i1 =il
o0 =L aT G T4 G

Let yp=yo=z,y;=yi,andfor j=2,...,m+ 1, y; =x;_1. Then

hr@) =) q

J=1

m+1 | r_ m . .

Yig — Yl lyo — y1l |xj—1 — x|

hr(z) < ) q =q + ) g——
; Er(y) Er(y1) ; Er(x))

= yj—1 =yl _
< ZC]7$T(W) 7(2).

This is a contradiction, so our claim that A7 (y1) = Z?:2q|yj_1 —yil/ér(yj)
holds. Then

j=1

|z — y1l
Er(y1)’

hr(z) =hr(y1) +4

which completes the proof. [J
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LEMMA 3.3. LetT >0, z € L1, and suppose that

= lyj—1 =il
hr(z) =S gL =21
0=

for distinct points yj, j =1,...,n with yo = z and y, = 0. Then, for any k €
{1,...,n},

n

lyj—1 —yjl
hr (yr) = q———
Tk J.Z;H Er(y;)

Moreover, the sequence (§7(y;), j > 1) is nonincreasing.

PROOF. We have already shown in the proof of Lemma 3.2 that

2 yj—1 =yl
h =Y g2
(1) j;q 0

Iterating the argument shows the first statement.

For the second statement, suppose that there exists k € {1, ...,n — 1} such that
Er (k) < &7 (Vk+1). We show that it is then faster to reach z without traveling
via yg. Indeed, by the triangle inequality

)3 lyji—1— il q|)’k—1_yk+1|
jell, ..., n}, j#k k+1 ST(}U) 5T()’k+1)
- ) ijel—yler |yk—1 = Ykl + |k — Vi1l
- jell,...n}, j£k k+1 ‘S;:T(yj) gT(ka)
n
B ST b Ly
] 1 S ( ])

contradicting the definition of A7 (z). U

3.2. Bounding the lilypad model. 'We want to make sure that the lilypad model
behaves relatively sensibly: that small balls are covered quickly, but large balls are
not. We begin with the former statement; more precisely, we show that for any
time ¢ > 0, we can find a radius R > 0 such that with high probability, B(0, R) is
covered by time ¢. For R > 0, let

hr(R)= sup hr(2).
z€B(0,R)

LEMMA 3.4. ForallkeN, T >eandy € (d/a,1),
- 4q

o0
— —_c2y=d)j
P(hT(z k) Wz(y 1)/() 2 :e cqg2'*Y ].
j=k
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Moreover, forany R >0, T > eand y € (d/a, 1),

oo .
P(ET(R) > 2V(k+l)qR + 47q12(y—1)k> < Z e_c.dz(ay—d)J'
1—-2v— =
j=k

PROOF. Let By = L7(0,27%). Define Ay = {3z € By:&7(z) = 2775}, Then
by Lemma 2.7(i), for any T > e,

_o2ay—d)k
e Cd? .

P(A}) <
Thus

o0 o0

DEVOED P

j=k+1 j=k+1

However, if Ay, Agyo2, ... all occur, then we may choose y; € B(0, 2_(k+j))
such that é7(y;) > 27 v(+1) for each j > 1. Clearly there exists n such that y; i =0
for all j > n. Take z € B(0,27%), and let yg = z. Then for j > 1,
—(k+j—1
lyj—1—yjl <612-2 ( +J. )
er(y) o 2vEED
so by the definition of h7(z),

=4q - 2()’—1)(/<+J')’

hr(e) <dq Y 20Dk < 4 po-n

=1_ 1
oy 1-2v-
which proves our first claim. For the second, it suffices to observe that if x €
B(0, R) and we can find the above sequence yi, y2, ..., then by Lemma 3.2
x =yl -ty , , RE2ED
hr<x)shT(y1>+qg( =4 ZZ S
<ork+tDyR 4 Lz(y—nk
= 1 —2r-1 ' -

By choosing y = (d/a+1)/2 and k =
corollary.

W loglog T, we get the following

COROLLARY 3.5. Forlarge T and any ¥ > 0,

44 log*(w“) T) < T

P(ﬁT(IOgZ(wH)(qH) 1> —a

Now we show that conversely, we can find a radius R > 0 such that with high
probability the lilypad model does not exit B(0, R) by time ¢.
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LEMMA 3.6. Foranyt > 0, provided that Rr(T) > 1,

(Bee Lr\BOR):hr@) <1} | max ()= qR/1]

As a result,

]P)(HZ eLr \ B(O, R):hT(Z) < I) < Cdeq*O!Rdfata.
REMARK. In particular, the lilypad model does not explode in finite time.

PROOF OF LEMMA 3.6. Let Dy = L7(0,R + 1) \ L7 (0, R), the bound-
ary of L7(0, R). Let 7 be the point with smallest lilypad hitting time in Dr,
that is, h7(Z) = minyep, hr(y). Then from the definition of A7, any point z €
L7 \ B(0, R) satisfies h7(z) > hr(Z). For the same reason, in the definition of
h7(Z), we can restrict the infimum to points y; within L7 (0, R) so that if we set

Yo =12,

hr(2) =

n ~
. |yi—1 — il |Z|
inf q >q
Y1uYn€LT (0.R): jZ::l Er (i) maxyerr(0,R) E7(Y)
Yn:()
> Al .
maxyer,(0,R) §7(y)

Then, by the above estimate, we have that

- R
{3z € L1\ BO, R):hr(z) <1) € {hy(G) <1} {yegﬁgﬂ)sm) > QT}

Lemma 2.7(ii), with N = 1, then tells us that

qR) —a pd—o . o
P( max >— ) <Cye R t
(yeLT(O’R)ST(y) =~ ) =Caeq

which gives the desired bound. [

4. Upper bounds. In this section we come back to the branching random
walk. We will check that particles do not arrive anywhere earlier than they should
and—as a consequence—that the number of particles at any site is not too large.
Our main tool will be the many-to-one lemma, also known as the Feynman—Kac
formula, which we introduce in Section 4.1. We then apply this to bound the hitting
times in terms of an object G, which we go on to study in Section 4.2. The tactic
will be to give a recursive bound on G 7 along any sequence of points of increas-
ing potential, and then in Section 4.3 we fix a particular sequence and calculate
the resulting estimate. Finally we apply this hard work in Sections 4.4 and 4.5 to
show, respectively, that particles do not arrive early and that there are not too many
particles.
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4.1. The many-to-one lemma. We introduce a standard tool, sometimes called
the many-to-one lemma (in the branching process literature) and sometimes the
Feynman—Kac formula (in the Parabolic Anderson and statistical physics litera-
ture). It gives us a way of calculating expected numbers of particles in our branch-
ing random walk by considering the behavior of a single random walk. Recall that
under P¢, (X (u)) u>0 1s a simple random walk on 74 independent of our branching
random walk.

LEMMA 4.1 (Many-to-one lemma/Feynman—Kac formula). If f is measur-
able, then Prob-almost surely, for any s > 0,

EE[ X (000, e0.0) | = EF[exp( [ £0X@) du) £((X )0, |

veY(s)

The interested reader may find a proof in [17], or for a more modern approach
[15]. Both references give far more general versions of this lemma, and in fact we
will need one such generalization. It is not too surprising, given that the many-
to-one lemma involves the equality of two expectations, that there is a martingale
hidden away here. For the more general version, essentially we want to stop the
martingale at a stopping time, rather than at a fixed time s; but while the concept
of a stopping time is simple enough for our single random walk (X (#)),>0, we
need something a bit more general for our branching random walk. This is where
the concept of a stopping line enters. There is a whole theory built around this
idea, but we will need only the simplest part of it, which can be deduced rather
easily, avoiding a detailed discussion. Indeed, fix 7 > 1 and a point z € L, and
imagine that any particle that hits r(7")z is absorbed there, alive but no longer
moving or breeding. When working with this alternative system, we will attach
a superscript ~ to our notation, so, for example, Y (s) will be the set of particles
present at time s in the alternative system.

We make two observations about the alternative system. First, the many-to-one
lemma still holds, but since particles stop breeding as soon as they hit z, if we
define

H7(z) = inf{t >0:X(T)= r(T)z},
then we have

F[ T Ao

veY (tT)

_ g |:exp(T /OFI;(Z)NS(f((uT))du)f(()?(u))ue[oytr])],

where (X (#))u>0 1s a simple random walk absorbed at r(7")z. Second, notice that
we may take the obvious coupling so that the two systems are identical until Hr (z);
in particular Hr(z) <t if and only if H7y(z) <t.
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Before we apply our two observations to prove a key lemma, we will introduce
some notation that we will use throughout this section. We will work with a fixed
large T, distinct points 71,22, ... € L7 and constants t, 1,1, ... € RT. We are
interested in bounding the event

Hr(z) <t,Hr(z;) > Hr () At; YVi < j,
Hr(zj) > Hr(z) Vi > j '

Similarly, we define A% (j, z,t) for the random walk by replacing Hy by Hy in
the above definition. Informally, A7 (J, z, t) [resp., A*}( J,z,1)] is the event that z
is hit by time ¢ by the rescaled branching random walk (resp., the rescaled random
walk), none of the z;, i > j are hit before z and those z;, i < j that are hit before z
are not hit before ¢;.

We will bound the probability of the event A7 (j, z, ) in terms of the following
key quantity:

AT(ijat):{

- ¢ H}(2)As
2) Gr(j,z,s,t)=E [exp(T/O E(XuT)) du)llA;(j,zyt)},

where the need for an extra parameter s > 0 becomes apparent later on.

LEMMA 4.2. P-almost surely, for any T > 0, distinct points 71,22, ... € L,
anyz € Lt,anyt,t;,tr,... € Rand any j >0,

Hy(z)
P5(Ar(j,z,1) < E* [exp(T/O g(X(uT))du>11A;(j,z,,)] =G(j,z,1,1).

PROOF. All statements below hold P-almost surely. By our second observa-
tion above,

P¥(Hr(z) <t, Hr(z:) > Hr(2) At; Vi < j, Hr(z;) = Hr (2) Vi > j)
= PS(Hr(2) <t, Hr(z:) > Hr(2) At; ¥i < j, Hr (z;) = Hr(2) Vi > ).

Now, if some particle is to hit z without hitting any of the z; too early (where “too
early” is interpreted appropriately depending on whether i < j), there must be a
first particle to do so; so writing Hp(z) for the (rescaled) first time that particle
v—or one of its ancestors or descendants—hits z,

P*(Hr(2) <t, Hr(zi) = Hr(2) At Vi < j, Hr (zi) = Hr(2) Vi > j)
<P eY(T): Hi(z) <t, Hi(z:) > HY(2) A4; ¥i < j,
H2(z;) = HY(z) Vi > )

g _ ) ) ) )
SEY D W Apen=Apng vl'sj,H;(z,->zH;(z)Vi>j}]'

veY (tT)
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We now apply the many-to-one lemma for the alternative system to the last expec-
tation to see that it equals

H3(2)
EE[GXP(TZ/ E(X(MYU)du)ﬂlﬁ;@>sr,ﬁ;@nz:ﬁ;a>AnVisjq]~
0 i) = BE Q) Vi >

But now we can use our second observation again to remove all the ~ superscripts
from the above statement and deduce the desired result. [l

Our first aim is to show that the probability that we hit z early is small. We use
Lemma 4.2, and our tactic is to let z1, 22, . .. be the set of points of large potential
in increasing order of &, and work by induction on the largest j such that we hit
zj before z. It will then be important how long we spend at z, and to control this
we will need to “decouple” the time in the exp(-) part of Lemma 4.2 from the time
in the indicator function, which explains the extra parameter s in the definition
of G7. We will concentrate on bounding Gr in the next section, but a clue as to
how we will use it comes via the following easy corollary of Lemma 4.2.

COROLLARY 4.3. P-almost surely, for any z € LT, any s,t > 0 and any
J=0,
PS(Hr(2) <s At Hr(z) > Hr(2) At Vi < j, Hr (zi) = Hr (2) Vi > j)
<Gr(j,z,s,1).

PROOF. By Lemma 4.2,
PS(Hr(z) <s At,Hr(zi) = Hr(2) A Vi < j, Hr (z) = Hr (2) Vi > j)
<Gr(j,z,s ANt,s At),
but G7(j, z, s, t) is increasing in both s and . [J
4.2. Bounding Gt. The work above will allow us to reduce the problem of
proving upper bounds to bounding Gr(J, z, s, t). As mentioned above, we want

to work by induction, and the following result allows us to bound Gr(j, -, -, -) in
terms of G7(j — 1, -, -, -). Recall that

Jr(t, R) = P(X (u) jumps at least Rr(T') times before time ¢ T').
LEMMA 4.4. Suppose that j > 1 and that E7(y) < &r(z1) <&7(z2) < -+ <
§r(zj) forall y ¢ {z1, z2, ...}. Then P-almost surely, for any z and any s,t > 0,
GT(]? Z, 8, t) S GT(] - 19 Z, 8, t)
+Gr(j—1,zj,t5, 0 DTETEDEDw (7 — 7)),

where for x e R, xy =x Vv 0.
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PROOF. The main idea is that either we hit z; before hitting z, or we do not.
In the latter case, we reduce to G7(j — 1, z, 5, ¢), and in the former case, our best
tactic is to get to z; as quickly as possible (since it has larger potential than any
other point we are allowed to visit) and stay there for as long as we can. Getting
there as quickly as possible gives us Gr(j — 1, zj,1;,1), and staying there until
time s gives us the exponential factor; then we must also at some point run to z,
which costs us J7 (z, |z — zj|).

By default, all statements below hold Prob-almost surely. If z = z;, then
Gr(j,z,8,t) <Gr(j —1,z,s,t), so the inequality trivially holds. We may there-
fore assume that z # z;. Note then that either Hj(z;) > Hj(z) or Hj(zj) <
H7(z). In the former case A}.(j — 1, z, t) occurs, and therefore

GT(j,Z,S, t) S GT(,] - 17Z’s’t)

‘ HE(2)As
+ FE |:6XP<T/(; f(X(uT)) du):H-A?(j,z,t):H-{H}k(Zj)<H;(Z)}:|'

On A%(j,z,1), since §7(z;) > &r(z;) foralli < jand t; < Hy(zj) < Hy(z;) for
all i > j, we have

r [ e (xwry)d
/0 £(XT)) du

H;(Zj)/\l‘j
< T/O E(XuT))du +a(T)TEr(z))(s —1)+.
Note also that
7.z, ) N{HF(zj) < Hp (2)}
CAF(j—1,zj,0)N{t; < H{(zj) < Hf(z) <t}.
Thus
GT(ja Z, 9, t) =< GT(.] - 1’ Z,8, t)

¢ HE (zj)N;
(3) + E [exp(T/(; 5(X(uT))du>]lA;(j1’Zj’,)

x exp(a(T)Tér(zj)(s — lj)+)ﬂ{H;(zj)<H}(z)5t}i|-

If (G, u > 0) is the natural filtration for X, we observe that
P8 (Hf(z)) < Hf ) < 11Guzpr) < Jr (1, |z = 21).

Inserting this into (3) (the first part inside the expectation is G H (Zj)T—measurable),
we obtain

GT(j,Z,s,t)fGT(j_l,Z,s9t)
£ H;(Zj)/\tj
+ E [exp(T/o S(X(MT)) du>]lA>;(j_l’Zj’t)j|

x exp(a(T)Tér (z)(s —1j)4)Jr(t, |z — zjl).
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We now recognize the expectation above as Gr(j — 1,z;,1;,t), which gives us
exactly the expression required. [

Now we have a way of reducing j until it hits 0, and so we need a bound on
Gr(0,z,s,1). Recall that hp(R) = maxzez,(0,R) hr(2). The lemma below gives a
simple bound when s is slightly smaller than 47 (z) and z is outside a ball about
the origin. It may be useful to imagine applying it when R is small and z is a long
way from B(0, R), so that hr(R) <& and gy —1)|z]| + gy R < 0. (This is exactly
what we shall do later.)

_ LEMMA 4.5. Let y € (0,1),6 >0 and t > 0. P-almost surely, if £7(y) <
Er(R) forall y ¢ {z1,22, ...}, thenfor z ¢ B(O, R), if yhr(z) — & >0,
Gr(0,z, yhr(z) —3,1)
<exp(a(T)T (Er(R)(yhr (R) = 8) +q(y — Dzl +qy R + EX(1, 121))).

PROOF. We again work P-almost surely throughout. Whenever y ¢ {zi,
22, ...}, we have £7(y) < &r(R), and therefore on A%.(0, z, ) we have

H (2)A(yhr(2)—6) _
T /0 £(XT))du < a(T)TEr (R)(yhr(2) —9).

Also,
|z] + R
q—= .
ér(R)

Iz—yl} =
h hr(R
){ T(y)+q$T(y) <hr(R)+

h7(z) < min
yeB(O,R

Thus
Gr(0,z, yhr(z) —3,1)
< ES[exp(a(T)T (Er (R)(yhr (R) — 8) + qv |zl + ¥ R))Lax 0,2.0)]
= exp(a(T)T (Er (R)(yhr (R) — 8) + gy |zl + g R)) P¥ (A7(0, 2. 1)).

However, P& (A7(0, z, 1)) is at most the probability that our random walk jumps
|z|r(T) times by time ¢ T, which is exactly J7(z, |z|). Applying Lemma 2.4 com-
pletes the proof. [

4.3. Fixing parameters. Until now we have worked with general points z; and
times #;. Now we want to specialize to our particular situation. We suppose that we
are given a fixed time 7o, > 1 and proceed to fix a variety of parameters which we
will use to ensure that the probability that particles arrive at any point z substan-
tially before h7(z) A too is small. We choose:

o Y e(5 D)
o 57 =1/(3log?” T);
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o yr=1-1/Gtclog’ T);

o O = logfz(ll”r])(q“) T, so that by Corollary 3.5, IP’(ET(QT) >67/2) — 0;
o 07 =(1—yr)0r/3=log ™V 2V+DE@+D T/ (91);

e pr =loglog T, so that by Lemma 2.7(ii), P(£7 (p7) > %) —0;

o vy = log 2V4/@=20+D4 T 50 that by Lemma 2.7(i),

P(Er(nr) < vr) = 0;
o Kr =log?Vdt2W+Dqe T 5o that by Lemma 2.7(ii),

P(#{z € B(0, pr):&r(2) = vr} > K1) = 0;

‘We also define

ry= {imeT) <57/2,Er(nr) = vr,

#{z € B(0, pr) :67(2) 2 vr} < K1, €7 (pT) < M}

too + (ST
We think of I'7 as a good event on which the environment behaves sensibly. Note

from above that P(I"'7) — 1.
We now let

Z={zeLr0,pr):r@) >Erim)}.  «(T)=#Z,

and

Z'={z¢ L1 (0, pr):£r(2) > &7 (1)}
We label the elements of Z as zy, ..., z(7) suchthat§7(z1) < --- < &r(ze (1)), and
the elements of Z’ arbitrarily as Ze(T)+1> T (T)4+25 - - - - Let t; = (yrhr(zi) — 01) +

for each i. Note that z; and #; only depend on the environment £ so that we are
allowed to apply the results in Sections 4.1 and 4.2. (Of course z; and #; also
depend on T, but keeping track of this would make our notation unwieldy.)

We can now translate our general results about G from the previous section to
get bounds for our particular choice of z; and #;.

LEMMA 4.6. On I'r, P-almost surely, for any z ¢ B(0, nt) and any t > 0,
Gr(0.z. (yrhr (@) = 87),..1) < exp(a(T)T (3q(yr — Dlzl + EF (¢, |21))).
PROOF. Note that if yrhr(z) — 87 <0, then
Gr(0,z. (yrhr(z) = 81) .. 1) < PS(A5(0,2,1))
<exp(a(T)T(—qlz| + EF(t. |z1))).
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where the first inequality comes directly from the definition of G7 and the sec-
ond is from Lemma 2.4. In particular, on I'7 this bound applies if z € B(0, 67) \
B(0, n7). Thus it remains to consider z ¢ B(0, 67) such that yrhr(z) — §7 = 0.
Since on I'7 we have ET(nT) < l_zT(GT) < ér, by Lemma 4.5 (with R = nr),

GT(O, Z, ()/T/’lT(Z) — 5T)+, t)

<exp(a(T)T(q(yr — Dzl + qyrnr + E2(1, 12]))).

However, we chose nr = (1 — y7)0r/3 < (1 — yr)|z|/3, and the result follows.
O

Now we want to apply Lemma 4.4 to bound Gr(J, -, -, -) for j > 1. Note that
we cannot induct directly on Gt since Lemma 4.4 relates Gr(j, z,-,-) to Gr(j —
1,zj,-,-) rather than Gr(j — 1, z, -, -). However, we can work with

Gr = max Gr(k(T), Zk, tk. too)-
k<k(T)

Since ¢ < 1, we can choose 77 such that

(4) Ex(toos ) <q(1 —yr)R/3  VYR>Br,T>T
and
(5) 1+exp(a(T)T - qBr) <exp(a(T)T -2qBr) VT =T.

LEMMA 4.7. OnT7,forall T > Ty, P-almost surely,

Gr < T q(yr—nr [3+2K719B7)

PROOF. By Lemma 4.4, P-almost surely, for j, k < «(T),

Gr(J, 2k Ik, o)
<Gr(j—1,zk, t, o)
+Gr(j— 1,21, too) e DTETCDGIDL (10 2 — 251)
=Gr(j—1, 2k tk, too)
+Gr(j — 1 zj . too)e™ DTV I (1 |2 — 21),
where we use that if 7, —7; > 0, then by Lemma 3.2 and since ¢; > yrhr(z;) — 6,
lzk — 21
Er(2))
Now, if |zx — zj| < Br, then [since trivially J7 (toc, |2k — zj]) < 1]

< ea(T)TqﬁT;

(tx — 1))+ < yr(hr(zi) —hr(z))) < yrq

A DTYTale=2il 1 (10, |24 — 21
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on the other hand, if |zx — z;| > B7, then by Lemma 2.4

(DT yrqlze—z;l JT( < DT (rrqlze—zjl—qlzx—z; |+ (tos, 12k —2 )

so that if T > Ty by (4),

ea(T)TVTqIZk—ZjIJT( |) <1< M Tabr

loos |2k — 2
Either way, we can conclude that for any j <« (T) and T > Tj by (5),

max Gr(J, 2k, k> too) < Max Gr(j — 1, zx, fk, too) (1 + @ DT4PT)
k<k(T) k<w(T)

< max Gr(j— 1, 2, ty, too)e® T 24PT

k<k(T)

Iterating this inequality «(7) times beginning with maxi<.r) Gr(k(T), z,
Ik, too) gives

(6) Gr < max GT(O 2k T tog) e T2(DaPr

k<k(T)

but on I'7, k (T) < Kr. Then applying Lemma 4.6 gives the result. [

Very similar arguments allow us to get an estimate on G 7 for any point outside
B(0, nr).

LEMMA 4.8. On I'r, P-almost surely, for any z ¢ B(0, nt) and any T > Ty,

< @MTar=Dr/3 | g a(TQOr=Dnr [3+@Kr+Dapr)

PROOF. Essentially we just apply Lemma 4.4 again to relate Gr(J, z, -, -)
to Gr(j —1,zj,-,-), which we can now control using Lemma 4.7. Indeed, by
Lemma 4.4, for any j <« (T) and s > 0,

Gr(Jj,z,8, 1)

<Gr(j—1,z,8,t0) + Gr kg}(a()}) DT (2k) (s — tk)+]T (foo Iz — Zk|)

When s = (yrhr(z) — 87)+, we get (s — fx)+ < yrq lSZT_(zZ:)" S0

G(j,z2,8,t0) <Gr(j —1,2,5, too)+GTkma(>;)e“(T)TVTq|Z Z"'JT(t |z — zkl).
<Kk

As in the proof of Lemma 4.7, considering two cases (when |z — zx| < Br and
when |z — zx| > Br), we get

ea(T)TyrqlszkIJT(too’ Iz — Zkl) < ea(T)TqﬂT_
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Thus
G(j.z. (yrhr(2) = 87),. o)
<Gr(j— Lz (yrhr (@) = 8r) . too) + Gre® T
Iterating « (T') times gives
G(k(T), z, (yrhr(2) = 81),, o)
<Gr(0,z, (yrhr(2) —87) . too) + K(T)Gre®MTebr,
then applying Lemmas 4.6 and 4.7 [together with the fact that on 'z, x(T) < K7]

completes the proof. [

4.4. Particles do not arrive too early. We are finally in a position to prove our
first real result, that Hr (z) does not occur significantly before ir (z) for any z.
PROPOSITION 4.9.  For any to > 0, there exists T, such that for all T > T3,
P(3z: Hr(z) < (yrhr(2) —81) A o) <P(I'%) + e T 0.

PROOF. All that remains is to tie together the threads developed above. Note
that by Lemma 3.6,

{3z € L7\ B0, pr —2):yrh1(2) — 81 <1oo}

q(pr —2)yr }

too + (ST
Since our random walks only make nearest neighbor steps, particles must enter
L7(0, p7) \ LT(0, pr — 2) before they can exit B(0, p7). Thus if there exists z
outside B(0, pr) such that H7 (z) < tso, then there must exist z within L7 (0, p7) \
L71(0, pr — 2) such that H7(z) < t~. Thus on I'r,

{3z: Hr (z) < (yrhr(2) — 87) Ao}
C{3zeLr(0, pr): Hr(z) < (yrhr(2) — 87) Atoo)-

If a point is hit early, then there must be a first point that is hit early; thus, recalling
that

AT(K(T), Z, ()/ThT(Z) — 5T)_|_ AN loo)
={Hr(2) < (yrhr(2) = 871), Atoo, Hr (zi) = t; A Hr (2) Vi <k (T),
Hry(zi) > Hr(2) Vi > «k(T)},

we have reduced the problem to showing that on I'7,

(N

crI¢§

c {éT(pT—z)z cre.

PS< U AT(K(T),Z,()/ThT(Z) —5T)+/\l‘oo)> Se*T.
z€L7(0,p1)



INTERMITTENCY FOR BRWRE 2229

However, by Corollary 4.3, forany z € L7,
P5(Ar(k(T), z, (yrhr(z) — 81) 4 N to)) < Gr(k(T), 2, (yrhr(2) = 87) 1, t0),
and by Lemma 4.8, for any z ¢ B(0, n7), on I'r, P-almost surely

GT(K(T)’ Z, (VThT(Z) - 6T)+a tOO)
< ¢MTqlyr=bnr/3 KTea(T)T(Q(VT—1)77T/3+(2KT+1)6L3T)‘

Now,
qtvr = Dnr _ q
3 812 log? 2WAD@HD T
and
3q

QK7 + Dapr = log2V 4 H2W DG+ De 7
so by taking T large (not depending on the environment &), we can certainly ensure
that

DT qlyr=Dnr 3+QKr+Dapr) < p=2T

Thus for large T, for any z ¢ B(0, n7), on I'7, P-almost surely
Gr(k(T), 2, yrhr (2) = 87, 10) < (K7 + De 2"

Also, on I'r, if z € B(0,n7), then hr(z) < 87 and hence PE(A7(k(T), z,
(yrh1(2) — 67)+ N tso)) = 0. We deduce that for large T,

P U AT(K<T>,z,(yThT(z>—8T)+moo))

z€L71(0,p07)
< Capfr(T) (Kr + e e T,

which converges to O as T — oco. [

4.5. There are not too many particles. Now that we have bounded the proba-
bility that any of our points is hit early, we check that the number of particles at
any site cannot be too large (given that no point is hit early). We work with the
same parameters as above, and the same choice of z;, #;,i > 1. Indeed our whole
tactic will be very similar, except that instead of looking at the expected number
of particles at z at time s A Hr(z), we will instead just look at time s [conditional
on not having hit z substantially before 7 (z)].

Define the events

Hr ={Hr(y) > (yrhr(y) — 81) N iso Yy}
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and for s > 0
5(5) = [HEW) > (yrhr () — 87) As Vy).

We know from Proposition 4.9 that P(Hr) — 1 as T — oo.
We begin with a lemma that allows us to control the number of particles at z by
linking to something we already know a lot about: Gr.

LEMMA 4.10. On I'r, P-almost surely, for any s <t and any z,
Ef[ sup  #{veY@l): X,wT) =r(T)ziy, |
ue(s—4or,s]
< e“(T)TéT(UT)SJT(S, |Z|)

x(T)
i Z Gr(j.zj.t). too)ea(T)Tér(Zj)(S—tj)-l-a(T)TST(zK(T))ST JT(S, Iz — Zj|)
j=1

X Lt <s)-

PROOF. The plan is as follows: we apply the many-to-one lemma to turn our
expectation over the branching random walk into an expectation involving only
one random walk. Then either we do not hit any z; before time s, in which case
our potential is small, or there is a last z; that we hit. For each j we then use
similar calculations to those in the proof of Lemma 4.4.

For s > 0, let

~"}(O, z,8)={Ju e (s —87,51: XuT)=r(T)z, Hf(zi) > s — 87 Vi} N H}(s),
and for j > 1, let

el =or sl Xl =r(Dz, J .

A‘* .,Z,S ={
r(:2.9) Hi(zj) <s—68r, Hj(zi) >s —8r Vi > j

Informally, A’;( J»z,s) says that we are at z around time s, we traveled via z;
(unless j = 0) and not via z; for i > j, and no-one was hit early.
First note that

Ef[ sup  #{veY@T): X,wT) =r(T)z)ix, ]

ue(s—or,s]|

= EE[ Z 1{3u€(s—5r,SJ:Xu(uT)=r(T)z,H%(y)>(yThT(y)—5T)/\s Vy}]
veY(sT)

By the many-to-one lemma, this equals

s
ES[eXP(T/O $(X(MT))du)ll{aue(s—aT,s]:X(uT):r(T)z}nH;(s)]-
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However, either we do not hit any z, or there is a last j such that we hit z; before
time s — 87, so the above is at most

ji:%)Ef [exp(T fos S(X(uT))du)]lA?(j’z,s)]

If t; = yrhr(z;) — 87 > s, then A%(j,z,5) = @. As in (7), on 't we have
yrhr(zj) — 01 >t forall j > k(T), so A”}(j, z,8) =@ for all j > k(T). Thus
we may restrict the sum above to j < «(T) such that h7(z;) < (s +67)/yr. We

then know that on fi’}( J»2,5), between times ¢;T and (s — 87)T our potential is
at most a(T )& (z;), and between times (s — 7)7 and sT our potential is at most
a(T)ér (zie(ry)- This tells us that

£t [exp(T [ g(X(uT))du)ﬂ it (m)]
<Ef [exp(T /Otj E(XuT))du+a(T)Tér(z;)(s —tj)

+a(T)TST(ZK(T))8T>ILA;(J"ZJ)}-
Recall that we defined
AiGozn=|
Note that for j > 1,
A5 (jiz,8) € AT, 240 5)
N{H(zj) € (tj,s —87),Iu e (s —87,s1: XuT) =r(T)z}.

Further, recalling that G,,, u > 0 is the natural filtration of our random walk X, we
have

PS(Hf(zj) <s —8r,Iuel(s — 87, s1: XuT) =r(T)z|G sz nis—snT)

< JT(S, |Z —Zj|).

H7(z) <t,Hj(zi) > Hf (2) ANt; Vi < ], }
Hj(zij) = Hf(2) Vi > j '

N
Thus since e7 /o’ s(X(MT))Ulu]lA*}(j,zj,S)]l{H?(Zj)>z,‘} is Gpx (- ;)-measurable,
lj
Ef [exp(T/O E(XT))du+ a(T)TEr(z;)(s — tj)>
x expla()Tr (2 (T)31 )1 |

1
<Ef [GXP(T/O S(X(uT))du)1A’;(j,z,-,s)1{H}*‘(z,-)>t,-}]

x exp(a(T)Tér (zj)(s —t;) + a(T)Tér (ze(r))d7) T (5, 12 — 2j1).
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However,
£ tiA(s—=38T)
E [GXP(T/O E(X(MT)) du)ﬂA)‘}(j,Zj,S)ﬂ{H;(Zj)>lj}i|

< GT(j’Zj’tj’tOO)’
so putting all of this together,
ES[#veY(T): Xy(sT) =r(T)z} 14, ]

< E¢ [exp(T /OS E(XuT)) d“)]lzi’;(o,z,s)]

«(T)
+ Z Gr(j.zj, 1), too)ea(T)TéT(Zj)(S*tj)Jra(T)TET(ZK(T))5T JT(S, |z — Zj|)
j=I
X Litj<s)-

Finally, since £7(y) < gT(’ZT) for all y ¢ {z1, z2, ...}, we have

N -
E* [exp<Tf0 S(X(MT))du)le*;(o,z,sJ < /DTS (s, 12]),

and the result follows. [
We now use our knowledge of Gr to get a bound in terms of m7(z, s).

LEMMA 4.11. There exists T3 such that for any T > T3, on I'r, P-almost
surely, for any s <t~ and any z,

Ef[ sup  #{veYT): X,wT) =r(T)z)ix, ]

ue(s—or,s]
<ex —{——1 —1/2
pla(T)T|mr(z,s) 2log T)).

PROOF. Note that, as in (7), we may assume that z € B(0, pr); otherwise the
expectation is 0. Clearly our starting point is Lemma 4.10. First we show that
ea(T)T‘gT(”T)SJT(s, lz|) < exp(a(T)T (mr(z,s)+ }‘log_l/2 T)).

To do this, choose y € B(0,n7) such that £ (y) = & (nr). Then applying
Lemma 2.4,

ADTE(n7)s Jr(s. 1z1)
<exp(a(D)T (Er (y)s — qlzl + EF(s. 1z1)))
<exp(a(T)T (Er(y)(s —hr(y)) —qlz —yl
+ErMhr (Y) +qlyl + E7(s. 121)))
< exp(a(T)T (m7(z, 5) + Er (Mhr (Y) + qly| + E7 (5. 121))).
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However, on I'7, we have hr(y) <é7/2 = 1/(6logw T),and ¢ > %, soonI'r,

1
Er(hr(y) <  max &7 (y)dr/2 < sy < —log™ V2T,
y'eLt(0,p7) 2t 8

for T large. Also |y| < nr < log_‘” T, and since |z| < pr, for large T we have
5%(s, Iz]) < (¢ +2)(loglog T)z/ log T. Thus

/DTS 1 (5, 12]) < exp(a(T)T (mr (z,8) + log™ /2 T)),
as claimed.
We now move on to bounding
k(T)
Z Gr(j, Zj.tj, too)ea(T)Tfr(Zj)(s—tj)-i-a(T)TET(ZK(T))ST JT(S, Iz — Zj|)]1{zj§s}-
j=1
By Lemma 2.4, J7 (s, |z —z;]) <exp(—a(T)T(q|z —z;| — 5%(s, |z—2z;1)), so the
above is at most
«(T)
Y Gr(izjs s too) Lngp ey =(s+5r)/yr)
j=1
x ea(T)T(ST(Zj)(s—hT(Zj)—q|Z—Z_/")+§T(Zj)(1—)/T)hT(Zj)+2$T(ZK(T))5T+g]2"(Sv|Z—Zj|))'

Since we are assuming z € B(0, or), and j < «(T) so z; € B(0, pr), we
have |z — z;| < 2pr so as above for large T we have 5%(s, lz —zjD) < (g +
2)(loglog T)Z/log T. Also, if hr(z;) <5 < t~, then on I'r we have &7 (z;)(1 —
yr)hr (zj) + 287 (2 (1)1 < (loglog T)/log”’ T. Thus, as Y > %, the above is at
most

k(T)
3" G, 2, 17, tog)e DT ET NG E)=glz=2D+(/8) log™'/2T)

j=1
However, é7(z;)(s —hr(zj)) —qlz—zj| <m7(z,s),andon I'r, x(T) < K7, and
Lemma 4.7 tells us that for each j <« (T),

Gr(j,zj,tj, too) <exp(a(T)T(q(yr — Dnr /3 +2KrqB7)).

As in the proof of Proposition 4.9, it is easy to check that this is at most e =27 < 1.
Putting all of this together, we get

«(T)
Z Gr(j,zj,tj, too)ea(T)TST(Zj)(s_[j—HsT)JT(S, Iz — Zj|)]l{zj§s}
j=1

1
<Kr exp(a(T)T(mT<z,s) +glog™? T))

< exp(a(T)T(mT(z, s)+ ;llog_l/2 T))
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Finally, by Lemma 4.10 and the above two calculations,

Ef[ sup  #{veYT): X,@T) =r(T)z)iy, ]

ue(s—or,s|

1 —1/2
§exp(a(T)T<mT(z,s)+ Zlog T))
1 —1/2
—|—exp<a(T)T(mT(z,s) + Zlog T))

1 —-1/2
§exp(a(T)T<mT(z,s)+§log T)) ]

We have now done the hard work, so we can show that the number of particles
at each point z behaves more or less as it should.

PROPOSITION 4.12. There exists Ty such that for all T > Ty,
P(Ju € (0,t00], 3z € L7 : M7 (2, u) > m7(z, u) + log=!/? T)
<2P(I'%) +2¢ T — 0.
PROOF. Since, for any z, mr(z, u) is increasing in u, Markov’s inequality and
Lemma 4.11 tell us that if s <ty and T > T3, thenon I'p
P5(Ju e (s —8r,51: N(r(T)z,uT) > DT (7w +Hog 12 T), Hr)

<ES[ sup  N(r(T)z,uT)ly, |eme (DT (nrGs=dn o1

ue(s—ar,s]
< DT mr @) 41/ log™ 2 T—my(z,5-87)~log™! /2 T)
By the definition of m7, on I'r we have since ¥ > %

mr(z,s) <mg(z,s —8r)+ sup &r(y)or
y:ihr(y)<s

<mz(z,s — 87) + (loglog T)/(3log” T)

1
<mr(z,s —87) + Zlog_l/z T,
)
Pt (Fue (s —dr,s1:N(r(T)z,uT) > (DT (7 () +log™!/2 n, Hr)

< e—(l/4)a(T)T10g_1/2T.
Written in terms of My, this is (on I'7)

1
3 _ .
P (Elu e(s—06r,8]:Mr(z,u) >mr(z,u) + 710g1/2 7 HT)

567(1/4)a(T)T10g’1/2T_
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Taking a union over s =87, 287, ..., [foo/87 137 and z € L1 (pr), on I'r we have
P¥(Fu € (0,1), 3z € Ly (pr): Mr(z,u) > my(z,u) +log™ /2 T, Hr)
<o b Lyt pomHeTIog T T

On I'7, we have y7hr(z) — 8T >t forall z € LT \ L7 (p7) [see (7)], and there-
fore on H7 there cannot exist z € L7 \ Lt (pr) such that M7 (z,u) > 0 for any
u < too. This allows us to change z € L7 (pr) to z € Lt in the estimate above.
Thus, applying Proposition 4.9, for large T,

]P)(HM € (0, too]» dzelLr: MT(Z, u) > mT(Z, M) 4 ]Og—1/2 T)
<P(I§) +P(HG) +e " <2P(If) +2¢7 — 0. O

5. Lower bounds. We now turn our attention to lower bounds on hitting times
and the number of particles. The key is to check that if y has reasonably large
potential, and we start with lots of particles at y, then we can travel to z in time
roughly g|z — y|/&7(y). We do this in Lemma 5.2. Since we are not likely to start
from a site with large potential, we must also check that things behave well near
the origin, which is carried out in Lemmas 5.3 and 5.4. These results are then
applied in Section 5.2 to check that Hr (z) is not too much larger than A7 (z), and
in Section 5.3 to ensure that there are never too few particles at a site.

Let ur = logl/4 T. Then for z € Lp, define

Hy(z) =inf{r > 0: N(r(T)z,tT) > exp(ur)}.

To avoid the randomness that occurs when we only have a few particles, we work
with H} (z) instead of Hr(z).

5.1. Preliminary estimates for the lower bounds. We start by checking that if
we start with lots of particles at a site y, the number of particles grows as expected.
3
LEMMA 5.1. Take y € Lt such that &7 (y) > a’f—%) and choose p € [1/2,1].
Then for any s > 0, for large T (depending only on d), for any s > 0,

ps<N(,,(T)y’ Hy )T + (1 n %)ﬂ) < Lea(T)Tsr<y>s<1+p/(2u%))+w)
Wy 64

1

2
< _e—log T'
2

PROOF. By definition there are e*” particles at »(7T)y at time H} (»)T. By
Lemma 2.2, we expect at least % exp(ur) of these to have at least

%eXP<(§T()’)a(T) = 2d)(1 + M%)ST )
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descendants at »(7')y at time H} VMDT+ 1+ M%)ST. Note that when T is large,
3 T

since £7(y) > % we have

Erar) - 20)(1+ )

Hr

> 51(0)a(T) + & (a(T) 0y + pur 241+ )
2uz Hr

zsm)am(l + ﬁ)

T

The result now follows from Lemma 2.6 since exp(—% . %exp(,ur)) <
%exp(— log2 T) when T is large. [J

Now that we know that the number of particles at y grows as expected, we can
check that particles move from y to z in time roughly g |z — y|/&7 (¥).

3
LEMMA 5.2. Take y,z € Lt such that y # 7 and a‘f—%) <E&r(y) <exp(ur).

Suppose that s > q|z — y|/&r(y). For large T (depending only on d and q),

pé (N(r(T)Z, H}(y)T—{— (1+L2>ST> < ea(T)T(ET(y)S—qZ—yI)ﬂLT) < e—long.
KT

Note in particular that if we apply this result at time s = g|z — y|/&7(y), then
we already see exp(ur) particles.

PROOF OF LEMMA 5.2. By Lemma 5.1, for large 7T,

P (W (rim. o+ (14215 o) = Loamsroaiais
T 212 ~ 64

1 2
< —elog’ T

2
By Lemma 2.3,

P(X(i)— (T)(z ))
2z ) =Ty

1 S
> exp(—a(n)7 (g1 - ) +5T<W’ 2-51))):
T

In words, we have a large number of particles at »(7')y just before the time we are
interested in, and each has a reasonable probability of being at (7")z at the time
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we are interested in. Applying Lemma 2.6, we are done, provided that
ﬁeu(T)TST(y)S(1+1/(4u2T))+uT—a(T)T(qIz—y\+5}(5/(2u2r),Iz—yl))

> ea(T)T(ér(y)s—qlz—yl)JruT’

which reduces to showing that

. AT Er (s/@u)=E7(s/Qup).la=yD) > 1.

3
However, since |z — y| <&r(y)s/q <sexp(ur)/q and &7 (y) > % for large T,

K |z — | s ds
& (—,Iz—y|)= (IOglz—yl—log( ))+
\2u2 log T 22 u3a(T)

s s d
=< ST0) (ur —logg +1log2 +2log ur) + ST dq
qlogT qlogT pur
< ZST(;’)S‘
quT

Thus for large T,

1%_8 AT Er()s/@ui)—E1(s/Qug) lz=yD) > ﬁ ea(T)TST(y)S/(SMZT),

but since y # z, we have |y — z| > 1/r(T) so that

. 2
a(T)TéT(yz)s > a1 2y| > 8T 5 199(128).
s Sy 8 ]

We now know that if there are lots of particles at y and y has reasonable poten-
tial, then we can travel from y to any other point z in a suitable time. We now make
sure that there are some points—indeed, all points close enough to the origin—
with lots of particles. We make no attempt to optimize our argument and use only
simple estimates.

LEMMA 5.3. For any ¢ > 0, P-almost surely, forall T > e,

P5(3z € B(0,10g? T): N(z,510g* T) < e log? T < ce Mo’ T

where A = 8;3%31) and c is a constant depending only on d and ¢.

PROOF. We write P! to mean the law of a BRW with branching rate 1 every-
where. Since P(£(z) > 1) = 1, if we can prove the lemma under P', then by an
easy coupling it must hold for P-almost every environment £. Also by adjusting ¢
it suffices to consider large 7.



2238 M. ORTGIESE AND M. I. ROBERTS

Note that by Lemma 2.1,
PU(N(4)10g? T) < 208" Ty < co=tloe’ T

However, since | X (4Alog? T)| is stochastically dominated by a Poisson random
variable of parameter 8dA log? T', we have

P(|X(4klog¢ T)| > 10g¢ T) < E[elX(4Mog¢ T)|log2]ef(log2)10g¢T

— S8d* log? T—(log2)log? T _ o8 log? T

and applying the many-to-one lemma,
P'(Jv e Y (4rlog? T):|X,(4x1og? T)| > log? T)
< 2T p(|X (4r10g? T)| > log? T) < e~ 102’ T,

— ¢
e Alog? T

So (adjusting ¢ as necessary) with probability at least 1 — ¢ we have at

least el T particles spread over B(0, log? T') at time 4Alog? T.

Take one such particle v. We now wait a further time 5log?® T — 4x1og? T,
which is at least (2log? T)?> when T is large. For any z € B(0,log? T), by
Lemma 2.5 the probability that v has a descendant at z at this time is at least

¢’log=%® T for some constant ¢’. Thus, by Lemma 2.6,
PY(N(z.510g T) < (¢'/2)e?198" T 1og=9 T)
< exp(—(c//S)ezmogd) Tlog™ 0 1).
Taking a union over all z € B(0, log? T) N Z¢, we get the desired result. [J

We have now established that with high probability every site within
B(0,10g? T) has lots of particles by time 5log?? T. Using Lemma 2.7 we can
ensure that at least one of these sites—call it zop—has reasonably large potential.
The small problem we face is that in the definition of A7, our trail of points starts
from 0 and not from zo. The following lemma helps us to get around this fact,
essentially by stating that travelling via zg does not cost much.

LEMMA 5.4. Fix T > e. Suppose that z € Lt and hr(z) = Z;%zl qlyj—1—
vil/ér(yj) where yo =z and y, = 0. Let

oo ifEr(yj) <uyp/a(T)Vj=1,
max{j > 1:&7(y;) > M3T/a(T)}, otherwise.
For any zg € Lt such that £1(z0) > 2u3T/a(T), we have

' z
| <hr(20) +¢ il

Ter(z0) £ (z0)
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PROOF. First note that since max ., §7(y;) < %ST (zo), by Lemma 3.3 and
the triangle inequality,

n
lyji—1—yjl ||
hrw)= > g2 L >2q—"

jomyr STO) £r(z0)

but also,
| yn' — 2ol Lyw| |20l
hr(yw) <h1(20) +q———— <hr(z0) +¢ +4q :
! &r(z0) ér(z0) §1(20)

Combining these two statements, we see that

Lyw| |20l

<hr(z0) +¢ :
Ter ) &r(20) O

5.2. Particles do not arrive too late. We are now ready to prove our main
result for this section, namely that the probability that anyone arrives late is small.
As we hinted earlier, we will apply Lemma 5.2 at time ¢q|z — y|/&r(y) to check
that we move from y to z in the time allotted. (The extra work to consider more
general s was not wasted, however: it will be used when we check that the number
of particles grows as claimed.) The rest of the proof simply involves tying up some
loose ends.

PROPOSITION 5.5. As T — o0,
P(3z: Hy(2) Atoo > hr(2) + (foo + 1) log~!/? T)— 0.

= ;3 and A = 823ﬁ%). We consider the following four events:

e I'7:in particular [see (7)], hT(z) > t for all z ¢ B(0, pr);

N(r(T)z, 510g2¢ T) > exp(A 10g¢ T) forall z e L7(0,r(T)"! 10g¢’ T);

e there exists zg € L7 (0, r(T)~! 10g¢’ T) such that &7 (z¢) > a( 7 and hr(zp) <
for all y # z in L7(0, p7) such that £7(y) >

A+ 1050

PROOF. Let¢ =

a(T), we have H.(z) < Hy(y) +

Werecall that P(I'7) — 1 as T — oo. By Lemma 5.3, the probability of the second
event also tends to 1 as 7 — oo. By Lemma 2.7 and our choice of ¢, together with
Corollary 3.5, the probability of the third event also tends to 1 as 7 — oo. Finally,
by applying Lemma 5.2 when s = g|z — y|/&r(y) [note that on "7, there exists
¢ such that £7(y) < cloglogT for all y € L7(0, pr)] together with the fact that
there are at most cfir(T)Zd,o%d < exp(log2 T) pairs of points y, z € L7(0, pr), the
probability of the fourth event tends to 1 as T — oo. Thus it suffices to prove
that on the intersection of these four events, for every z, we have H} (D) Nt <

hr(2) + (to + 1)/,u2T. In particular, we can assume that /;(z) < fso.
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Choose n and distinct yg,...,y, such that yo =z, y, =0 and hy(z) =
Z’}:ﬂijl — yjl/ér(yj). Let n’ be as in Lemma 5.4, and note that by
Lemma 3.3, &7(y;) = &7 (yw) > ;L3T/a(T) for 1 < j <n'. Since we are work-
ing on I'r, we may assume that y; € B(0, pr) for all j. Then from the fourth
event above,

n/

Hr(2) =Y (Hy(yj—1) — Hp(y))) + Hr (yw) — Hy(20) + Hr (20)
j=1

|)"—1—)"| |yn' — zol
1 2 J J 1 2 H/
<Z TrraTe G,y e )a T+ Hr o)
2) |y | + |20l
§1(20)

By Lemma 5.4 we have g|y,/|/é1(z0) < hr(20) +¢q|20|/ET (20). We know from the
510g2¢ T

<(1+p7)hr@+ (1+p + Hp(20)-

second event above that Hp(z0) < , and from the third event that zg is cho-

sen such that |zg| < <! ,(T) ,ht(20) < and &r(z0) > a(T) Thus when T is large,

[zol

&1 (20)

Hy2) < (1 +u;2)(hT(z)+hT(zo)+2q )+H;<zo)

(log? T) a(T)) 510g2¢ T
q
2u7 r(T) 2u3 T

< (L4 w71 (@) + u72 < hp () + (too + D/,
where we recall that a(T)/r(T) =logT/T and ur =log"/*T. O

< (1+p73)hr @+ 1+ MTZ)(

5.3. There are not too few particles. We now want to show that with high
probability, there are at least about m7(z, s) particles at each site z, for all s < t.
Again our main tool will be Lemmas 5.1 and 5.2. Since these lemmas apply only
at fixed times, and we want to be sure that there is never a time when the number
of particles is too small, we start by translating into continuous time.

LEMMA 5.6. Take y, z € Ly such that -

(el

N(r(T)z, Hp ()T + (1 + pu72)sT) < e“m”fﬂy)s—qlz—yl))

(T) <&r(y) < urt. Then for large T,

(~3%'7)
< exp 2logT.
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PROOF. Within this proof only, we will use the shorthand
Ny = N(r(T)z, Ht ()T + (1 + u7°)sT)
and
Es p, =exp(a(T)T (67 (y)s —qlz — yl) + pur).
For each j > 0, let

2=l J
§;i=4q .
&r(y)  4a(DT
Our plan is to apply Lemmas 5.1 and 5.2 with s = s; for each j, and then to show

that the number of particles cannot drop suddenly between s; and s for any ;.
For any j,

a(T)TEr () (sj41— ;) =7 (y)/4 < ur /4.
Thus if k = [4a(T) s,

P¥(3u € [qlz — yI/&7(¥). too) : Ny < Eu0)

-

~
Il
(=]

< Pg(ﬂue[Sj,Sj_H):Nu<Esj,1/4)

PE(Ny; < E;.172)

IA
.M”

~
Il
=]

k
+ Z Pt (Ju €lsj,sj41):Nu < E; 1/4|Ns; = Es; 1/2).
j=0
A simple application of Lemma 5.1 (if y = z) or Lemma 5.2 (if y # z) tells us that
the first sum is at most (4a(T)Ttoo + 1) exp(— log2 T) when T is large, and so it

suffices to prove the same for the second sum.
Let

I; = [HrO)T + (1+ u7?)s; T HrO)DT + (1 + u7?)sj 7).

Note that when T is large, |I;| < ﬁ for each j. Given that Ny; > Ey; 12,

and the probability that a particle does not move during an interval of length
% is exp(—d/a(T)), we expect at least Es; 12 exp(—d/a(T)) particles to
remain at r(7T)z throughout the interval /;. By Lemma 2.6, the event that
the number of particles that actually stay is less than %Es j.172exp(—d/a(T))
has probability at most exp(—%Esj,l/zexp(—d/a(T))) < exp(— log2 T). Since
%Esj-,l/Z exp(—d/a(T)) > Eg; 1/4 when T is large, this completes the proof. [
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PROPOSITION 5.7. As T — o0,

P(3s € [0, tool, 2: M7 (2, 5) < m7(z,5) —log /4 T) - 0.

PROOF. We may assume without loss of generality that #,, > 1. We work on
I'7 and assume that the event

My = {Hy (9) Atoo < hr () + (oo + Dz for all y)

holds. We know that P(I'7) — 1, and Proposition 5.5 tells us that P(H%) — 1, so
it suffices to prove our result under these conditions. In particular we may restrict
toz e L7 (0, pr).

Fix such a site z. Note that on I'r,

P5(3s € [0, too] : M7 (2, 5) <mr(z,5) — g, Hy)
< Y P¥(3s€l0,to]:N(r(T)z,sT) v 1

yeLr(0,p7)

< @DTErM6=hr O e—al=rl=u7") 347 ).

3
Observe that if &7 (y) < £, then &7 (y) (o — h7 (1)) — qlz — ¥] — pz! <0 for
large T, so the probability above is zero. Recall also that on I'r, there exists a

constant ¢ such that £7(y) < cloglogT for all y € L1 (0, pr). We deduce that we

. 3/4
may restrict the sum above to y such that lof(T)T <é&r(y) <cloglogT.

Fix such asite y € L. If s < Hj(y) Atoo + (1 + M}Z)q 2=V then on H' we

&r(y)°
have
2 oy lz=yl
s <hr(y) + (oo + g + (14 177)g ;
Er(y)
SO

Er(M(s —hr () —qlz =yl — up'
< (to + l)u;zér(y) + u}quz -yl - u}l
< (too + l)u;zcloglog T+ 2u;2q loglog T — ,u}l

which is negative for large T. Thus

/ - | — |
e nim s

—1
N(F(T)z,sT) v 1 < @ DT EOIG=hr ) —gle=yl=piz) ’H’T) _o.
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As aresult, it suffices to look at s > H7.(y) + (1 + ;L}z)q éZT_(;)l, and by substituting

. s—H;
inu= Yi@ we get that
I+pp

Pé(a [H/ e —'Z_y|,oo}:
se|Hr(y) + (1+uz )qET(y)t

-1
N(F(T)Z, ST) v 1 < DTErWM—hr(M)+—qlz=yl-pr )’ fH/T)

< pt <Elu c [q'g;(yy)' tw} N(r(T)z. Hy()T + (1 + p72)uT)
T

-2 / -1
< DT Er () (utupy +Hr (V) —hr () —qlz—y|—ur )7%/7"’ H}(y) < foo)

< P$<Elu S [q%,too}:
T

N((T)z, HyO)T + (1 + w5 2)uT) < ea(T)T(ér(y)u—qlz—yl))

By Lemma 5.6, this is at most exp(—%log2 T), and since there are at most
ctzir(T)2 p% < exp(% log2 T) suitable pairs of points y, z, the result follows. [

6. Proofs of Theorems 1.1, 1.2 and 1.3. It now remains to draw the results
of the previous sections together.

PROOF OF THEOREM 1.1. The fact that

sup sup |[Mr(z,1) —mr(z,1)| = 0
1<loo z€Ly

in P-probability follows immediately from Propositions 4.12 and 5.7. We therefore
concentrate on showing that sup,c; . . gy |Hr (z) — hr(z)| — 0 in P-probability.

Fix any R,d,e > 0. Clearly it suffices to prove the theorem when ¢ is
large, and by Lemma 3.4 by making ¢ large we may ensure that P(3z €
L7(0,R):h7(2) > teo — 6) < £/2. Now, by Proposition 5.5, we may choose T,
large enough such that for any 7 > T, we have

P(3z: Hy(2) Atoo > h1(2) +8) < €/2.
Then for T > T,
P(3z € L7(0, R): Hr () > hr(2) + )
<P(3z€ L7(0,R): Hp(2) Ao > h1(2) + )
+P(3z€ L7 (0, R):h7(2) > too — 8) <.
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For the lower bound on H7(z), by increasing T, if necessary we may assume
that for any T > T, we have (1 — yr)teo + 67 <8, where y7 and §r are as in
Section 4.3. By Proposition 4.9 we may also ensure that for 7 > T, we have

P(3z: Hr(z) < (yrhr(2) — 81) A tso) < €/2.
Then for T > T,
P(3z € L7(0, R): Hr(z) < hr(z) — )
<P3ze€Lr(0,R):hr(2) > i)
+P(3z: Hr (2) < yrhr (@) + (1 = yr)tes = 8,17 (2) < 1o0)
<¢&/24+P3z: Hr(z) < (yrhr(z) — 1) A tso)
<e. |

In order to prove Theorem 1.2 we first show that, with high probability, the
lilypad model does not change rapidly over small time intervals.

LEMMA 6.1. Forany t, 8, € > 0, there exists n > 0 such that for all large T,

]P’(sT(t—i—n)g U B(y,(S)Vtgtoo>zl—s.

yesr (1)

PROOF. By Lemma 3.6 we may choose R such that for any 7' > e,
P(3ze€ LT \ B(O,R):h7(2) <to + 1) < &/2.

Then by Lemma 2.7 we may choose T > 0 such that for any T > e,

P(ze?}-%{,m E7(2) > T) <e)2.
Now choose T, > e such that 1/r(Tx) < §/4, and choose n < (¢§/2T) Al. Asa
result of the above bounds, for any T > T, we have P(3z € s7(too + 1) :€7(2) >
T) <e.

Fix T > To and t < to, and take x € s7(t + 1) \ s7(¢). We will show that
if £7(z) <Y for all z € s7(t + n), then d(x, s7(¢)) <. Let w = [x]7, so that
we Ly and t <hr(w) <t —+n. Take yog, ..., y, € Lt such that yo = w, y, =0,
hr(yj) <t +nforall j, and

lvi—1—yjl

h =
rw=2q ()

j=1

Let k =min{j:y; € s7(¢)}. Then choose y € Lt such that |yr—1 — yk| = [yx—1 —
v+ 1|y — vkl and y ¢ s7(¢), but d(y, s7(¢)) < 1/r(T). That is, y is the first point



INTERMITTENCY FOR BRWRE 2245

in L7 on the geodesic between y; and yx— that is outside s7(¢). (There may be
more than one such point, but any will do.) Now,

k—1 n
lyji—1—yjl | V=1 — Vil lyj—1—yjl
hr(w)= ) q —+q + q———
j; Er(y)) Er (yk) j;k;rl Er(y;)
_k_l yji-1 =yl | Iye—1—Yl o yjci =il ly = wd
- ‘ > ‘
j:l Er(yj) Er (yk) s &) Er (yk)
k-1
| 1= | V-1 — ¥l
> YVj— y/ Y y +hr(y)

“=Tg0n e

|lw — y]
>q T +hr(y),

where the last line followed from the triangle inequality plus the assumption that
Er(z) <X for all z € s7(t + n). Thus |w — y| < (hr(w) — hr(¥))Y/q, and
since t < hr(y) and hr(w) <t 4+ n, we have |lw — y| < nY/q < §/2. But now
dx,st(@®) <|x —w|+|w—y|+d(y,sT()) <2/r(T)+ /2 < § which proves
our claim. [

PROOF OF THEOREM 1.2. Fix f, §, ¢ > 0, and apply Lemma 6.1 to choose
n > 0 such that for all large T,

IP<sT(z+n)g U B(y,é)thtoo)zl—s/S.

yest(t)
Fix o > 0, and choose T, large enough so that the above holds and, using
Proposition 4.9,
P(3z: Hr(z) < (hr(2) —n) Ateo + 1)) <€/3 forall T > Two.

On the event {H7(z) > (h7(z) — n) A (teo + 1) Yz}, if H7(2) <t < tso, We must
have hr(z) < Hr(z) +n and thus S7(¢) C st (t + n).

Increasing T, again as required, we can ensure that for all T > T, by Propo-
sition 5.5,

P(3z: Hr (2) Atoo > hr(2) + 1) < &/3.

On the event {H7(2) A too < hr(2) +1nVz},if h7(2) <t —n, then Hr(z) <t, and
thus s7(t — n) C S7(¢).
We have therefore established that with probability at least 1 — ¢, for any ¢ < f,

S Ssrt+m < |J B(G.9)
yéesr (1)
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and

styc | Byp.oc |J Bk,

yest(t—n) yeST (1)

which proves the theorem. [

Before proving Theorem 1.3, we do most of the work in the following lemma.
Forz e Ly and t > 0, let

m(z, 1) =&r@)(t —hr(2),.
Intuitively, m(z, t) is a rescaled count of how many particles should be born at z
by time ¢.
LEMMA 6.2. Forany t,e > 0 there exists 8 > 0 such that for all large T,

mr(z1,t) >mr(z2,t) > mr(y,t) Vy #m,)

P(3z1,z0€ Ly: - -
( b= i (z1, 1) —mr(z2,1)| <8

PROOF. Fix t,& > 0, and assume that 7 is large. By Lemma 3.6 we may
choose R > 0 such that

P(3z ¢ B(O, R) :riir(z,1) > 0) < &/4.
By Lemma 2.7 we may then choose YT > 0 such that
P(3z€ L7(0,R):é7(z) > Y) < ¢e/4.
We can also find 1 > 0 such that, by Lemmas 2.7 and 3.4,
P(mr(z,t) <nVz) <e/4.
For z1, zo0 € B(0, R), we are interested in the event
Mr(z1,22) = {|mr(z1, 1) —mr(z2, )| < 8, §7(z1) > n/2t, 67 (2z2) > n/21,
hr(z1) <t —n/2Y, hr(z2) <t —n/27}.

Qi 7 A A1
This is because, provided § < 5 Nar A3

m ! >m 1 2";1 , DY ,
P(321,Z2€LT: r (@1, 1) Zmr (22, 1) 7(y, 1) y;ﬁzl>

{nﬁT(Zl, 1) —mr(z2,1)| <8
(8) <P(3z ¢ B0, R):sir(z,1) > 0) +P(3z € L7 (0, R) :67(2) > T)

+P(mr(z,t) <nVz) + Z P(Mr(z1,22))-
21,22€L7(0,R)
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We now estimate P(Mr(z1, z2)). Suppose first that 27 (z1) < hr(z2). Then
Mr(z1,22)

< {smz) c [

Er(z)(t —hr(z1)) =6 g Er(z)(t —hr(z1)) +5}
t —hr(z2) 2t’ t —hr(z2) '

§r(z1) >n/2t,t — hr(z2) > n/2T}.

Now, &7(z2) is independent of {h7(z1) < hr(z2)}, hr(z2) and &r(z1). Further,
given {hr(z1) < hr(z2)}, é7(z2) is conditionally independent of hr(z1). Also
P(é7(z2) € [, i + v]) is decreasing in p for p > 1 and increasing in v. Thus

P(M7(z1,22) N {hr(21) < hr(22)})
<P(&r(z2) € [n/2t, n/2t + 48T /n))P(E7 (z1) > 1/2t)

=(n/2t)"a(T)™ ™ (1 — (1 + 8;?8)“)

22a+3t2a+la'r8

= a(T)Zan2a+2

By symmetry we also have
220{+3t20t+1aT8
IPD(-/\/tT(Zl, 22) N {hT(ZZ) = hT(Zl)}) = W’

and therefore

D24 2atly g
P(Mr(z1,22)) < PG

Plugging this and our previous estimates into (8), we see that
mr(z1,1) = mr(z2,t) = mr(y, 1) Vy # 21,
\mr(z1,1) — (22, 1) )
Ly 2202kl g s
a(T)Za,,IZoH-Z ’

P(Elzl,ZzeLT: <5

<3e/4+ CIR¥r(T)

which, by choosing § sufficiently small, we may ensure is at most . [

PROOF OF THEOREM 1.3. By Proposition 5.7, for large T we have
P(Mz(z,1) > mr(z, 1) —log V4T ¥z) > 1 —¢/5.

By Proposition 4.12, for large T we have
P(Mz(z,t) <m7(z, 1) +log V4T ¥z) > 1 —¢/5.
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By Lemma 3.6, we may choose R > 0 such that for 7 > e we have
P(hr(z) >t +1V¥z ¢ B(O,R)) > 1 —¢/5,

and then by Proposition 4.9, since if Hr(z) > ¢, then M7 (z,t) =0, for large T we
have

P(hr(z) >t + 1 and M7(z,1) =0Vz ¢ B(0, R)) > 1 —2¢/5.
Finally, by Lemma 6.2, there exists § > 0 such that for large 7 we have
IP’(EIzl eLy:myp(z1,t) >mr(z,t)+8Vz e LT) >1—¢/5.

Therefore, with probability at least 1 — ¢, all of the above events hold. Assume that
they do all hold, and fix z € L7 (0, R). Note that

mr(z,t) = sup{mr(y, 1) — qlz — yl},
y

so either mr(z,t) <mr(z1,t) — 6 or my(z,t) =m7(z1,t) — q|lz — z1]. Thus if
|z —z1] > 3log_1/4 T and T is large, then

Mr(z,t) <mr(z,t) +1log V4T <mr(z1,1) —2log™ V4T
< Mr(z1,1) —log /4T,

—1/4

We deduce that if |z — z1| > Slog T and T is large, then

N(r(T)z, tT) < ea(T)TMT(zl,t)fa(T)Tlogfl/“T _ N(r(T)Zl’tT)efa(T)Tlog’l/“T.
Summing up, with probability at least 1 — ¢ we have a point z; € L such that

> N(r(T)z,1T) < > N(r(T)z,tT)

z€Llr z€L7(z1,(3/q) log™ /4 T)
+ CqRI(TyemaMTlog™ AT N (1 (T 2y 1T).
The result follows. [

7. The parabolic Anderson model. Our aim in this section is to prove The-
orem 1.4. Recall that we defined

1
Ar(z, 1) = 2T log, ES[N(r(T)z,1T)]

and

Ar(z, 1) =sup{ér ()t —qlyl —qlz— yl} VO,
y

and that we claimed that these two objects are similar in size for all z when T is
large. The idea is that (in the rescaled picture) the size of the population at z is
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dominated by particles that look for the site y that maximizes &7 (y)t — q|y| —
qlz — y|, run quickly to y at cost g|y|, sit there breeding until just before time ¢
and thus gain a reward of &7 (y)¢, and then run quickly to z at cost g|z — y|.

We first rule out unfriendly environments. Define the event

Ar(t) = {Elk >0,3z € B(0,2" loglog T) : &7 (2) > %zk loglogT}.
By Lemma 2.7 we know that

IP(EIZ € B(0,2loglog T) : &7 (z) > %2]‘ loglog T)

—
< Cqe2®FVd (1oglog T4 (%) 27%(loglog T) ™

< C1*2%d=9 (1oglog )4~

for some constant C, and thus for any fixed ¢, P(Ar(¢)) — 0 as T — oo. We view
A7(t) as a bad event and work on the complement, A7 (7)€.

7.1. Upper bound.

LEMMA 7.1. For any ts > 0, there exists Ty > 0 such that for any T > Ty,
forallze Lt and all t <ts, on A1 (teo)€,

ES[N(r(T)z,tT)]
1
=3+ X ew(ar(srmn—ghl-gl -y

2 yeLr(0,loglogT)

loglog T)3
+(og0g )>)
logT

PROOF. Take z € Lt and t < t. We apply the Feynman—Kac formula and
split the probability space according to the supremum of | X (s)|.

T
ES[N(r(T)z,tT)] = EE[el0 EXOdsq i mra]

tT
= E[eh g(X(S))ds]l{x<rT>=r(T>z,sups§,T X (s)|=r(T) loglog T}]

tT .
+ E5[elo SO0 1y 1) (1) supy o X6 <r (T oglog T -
We check first that the term in which sup, 7 [X (s)| = r(T) loglog T is small.

T
Eé [e 0 s(x(s))dsjl{X(tT):r(T)z,supsstT | X (s)|>r(T)loglog T}]

o0 tT
X(s)d
= E Es[ef0 $X @) s]l{X(tT):r(T)Z,SupXS[T|X(s)|/(r(T)log10gT)e[2k,2k+')}]
k=0
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o0
< > exp(tT max &(x)
,g) p( x€B(0,2k+1r(T) loglog T) )

x Pg(sup X (5)| = 27 (T) loglog T)

s<tT

o0
< exp(tT max x))J t,2k10 logT).
_lg) p( xeB(O,Zk“r(T)log]ogT)S( )> r( glogT)

Now, we know from Lemma 2.4 that
Jr(r,2Floglog T) < exp(—a(T)T (2¥qloglog T — E2(r, 2 loglog T)))
and thus on A7 (fx)€,

tT
Eé [efo §X G ds]l{X(tT):r(T)z,supSStT | X (s)|=r(T)loglog T}]

o
<> exp(a(T)T<2k% loglog T — 2¥g loglog T + £ (t, 2" loglog T)))
k=0

However,
2%1loglog T

E%(t,2%1oglog T) <
T( 0glog )_ log T

(logt + 1 +1og(2d) + (¢ + 1)loglog T),

SO

T e ox (o)) e
E%[elo S(X(é))dé]1{X(tT):r(T)z,Sups5,T |X(s)|=r(T) loglog T}] < 3

for large T. In particular this shows that on A7 (fx)€, if |z] > loglog T, then
E[N(Fr(T)z,tT)] < % We may therefore assume that |z| < loglogT.

We are now left with the term when sup, ,7 | X (s)| < r(T") loglog T . We further
split our probability space depending on the site of maximal potential that we visit
before time 7.

tT
E5[elo” §(X6D) ds]l{X(tT):r(T)z,supSS,T X (s)| <r(T) loglog T} ]

tT ,
< > ES[elo é(X(s))dsll[ X(tT) =r(T)z,3s <t:X(sT) = r(T)y, ]]
y€eL7(0,loglogT) sup; <, E(X(sT) =& (T)y)

< Y. exp(a(T)TEr(y)r)
yeL7(0,loglogT)
x P§(3s <t:X(sT) =r(T)y, X(tT) = r(T)z)

< Y explaTerMn)Jr(t, 1y)Jr(t |z = yl)
yeLr(0,loglogT)

< > exp(a(T)T (Er ()t — qly| — qlz — y|)
yeLr(0,loglogT)

x exp(EF (¢, |y]) + EF(t. 1z — ¥1))).



INTERMITTENCY FOR BRWRE 2251

where the last inequality uses Lemma 2.4. For large 7 and y € L7(0, loglog T),
we have E2.(, |y|) < (loglog T)?/(2log T) and similarly for £%(t, |z — y|) since
we are assuming that |z| < loglog T. This gives the result. [

7.2. Lower bound.
LEMMA 7.2. For any tx > 0, there exists Tg > 0 such that for any T > Ty,
forall y,z€ Ly and all t < tx, on A1(tx0)¢,
ES[N(r(T)z,tT)] v 1

(loglog T)? )

> eXp(a(T)T<Sr(y)t —qlyl—qlz—y|—6 ]
ogT

PROOF. Fix t <. On A7 (), if |y| > loglog T or if |y| <loglog T and
either |z| > loglogT or ¢t <2/log T, then for large T,

Er ()t —qlyl — qlz — y| — 6(loglog T)*/log T <0,

so there is nothing to prove. We may therefore assume that |y| < loglog T, |z] <
loglog T and ¢ > 2/log T . Then by the Feynman—Kac formula,

ES[N(r(T)z,tT)]

tT
= ES[elo X6 Asq v mmr)0]

> E[elt” €XODO1 oy vsel1/tog T 1 /log 7L X0 Ty=r(1)2) )
S (a(DTEr () =2/ l0gT)
PE(X(sT)=r(T)yVs €[1/logT,t — 1/log T1, X(tT) = r(T)z).
By the Markov property,
PE(X(sT)=r(T)yVs €[1/1ogT.t — 1/1og T1, X (tT) = r(T)z)
= PE(X(T/logT) = r(T)y) PE(X(sT) =0Vs € [0, 1 —2/log T])
x P5(X(T/logT) =r(T)(z — y)).

By Lemma 2.3 and the fact that the probability our random walk remains at its
current location for time s is the probability that a Poisson random variable of
parameter 2ds is zero, this is at least

exp(—a(T)T (qly| + Er(1/1og T, |y1)))
x exp(—2d(t —2/1og T)T)

x exp(—a(T)T (qlz — y| + EF(1/10g T, |z — yl))).
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It is easy to check that since y, z € B(0, loglog T'), we have
Ex(1/10g T, |y|) < 2(loglog T)?/log T
and
£+(1/logT, |z — y|) < 3(loglog T)?/log T
for large T. Thus if T is large,
ES[N(r(T)z,1T)]
> exp(a(T)T (§r(y)t = qly| = qlz — y| = 6(loglog T)*/log T). O

7.3. Proof of Theorem 1.4. The two estimates given by the previous two lem-
mas are the tools we need to complete the proof of Theorem 1.4.

PROOF OF THEOREM 1.4. We begin with part (i). Fix o, > 0. For an upper
bound, we know from Lemma 7.1 that for all large 7', for any z € Lt and ¢ < to,
on AT (IOO)C$

ES[N(r(T)z,tT)]

=

+ Y exp(a(T)T(sT<y>r—q|y|—q|z—y|

yeL7(0,loglogT)

| =

loglog T)3
+( glog )))
logT

Since A7(z, 1) > supyeLT{éT(y)t —qly| — qlz — y|}, we immediately see that

ES[N(r(T)z,1T)]

! loglog T)?
< =+ Cy(loglog T)*r(T)* CXP(G(T)T()»T(Z, 1)+ (loglog T') ))’
2 log T
and thus
1 loglog T)® 1
Ar(z,1) = ———log, ES[N(r(T)z,tT)] < rr(z,1) + (loglog7)” | 1

a(T)T log T T

For a lower bound, we know from Lemma 7.2 that on A7 ()¢, forany y,z € Lt
and t < too,

ES[N(r(T)z,tT)] v 1
> exp(a(T)T (57 (»)t — qly| — qlz — y| — 6(loglog T)*/log T)).

Without loss of generality, we can assume A7(z, ¢) > 0. Then choosing y such that
Ar(z,1) =&r(y)t — qly| —gqlz — y|, we have

ES[N(r(T)z,tT)] v 1= exp(a(T)T (A1 (z, t) — 6(loglog T)?/log T))
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and thus

(loglog T)?

AT(Z’ t) = )‘T(Z’ t) -6
logT

Since P(A7(ts)) — 0 as T — 00, we have the desired result.

We now move on to part (ii). Fix R, e,§ > 0. It is easy to see by the triangle
inequality and Lemma 3.3 that 17(z) < hr(z) for all z € Lt and T > e, so by
Lemma 3.4, there exists o, such that

P(tr(z) <tew—8Vz€LT(0,R)) > 1—¢/4.
Moreover, by Lemma 3.4, again since 17(z) < hr(2),
P(tr(z) <8 ¥z € L7(0, (loglog T)*/log T)) > 1 — g /4.
By Lemma 2.7, we can find a large K such that
) P(3yo € L7(0,27%) 167 (o) = 4q275 /8) > 1 — /4.

Also we can choose T large enough such that P(A7 (fo0)€) > 1 — &/4. Then, with
probability at least 1 — &, we may assume that all of the above events hold, and it
suffices to show that then for any z with 77(z) < ts — 8, we have

(10) Ar(z,1) =0 Vi<tr(z) =8 and
(11) Ar(z,t7(2) +8) > 0.

To show (10), note that if |z| < (loglogT)*/logT, then 17(z) < & by as-
sumption, and the statement is trivial. Therefore we may assume that |z| >
(loglog T)*/1log T. By Lemma 7.1, on A7 (t5)¢ we have for any ¢ < 7,

ES[N(r(T)z,1T)]
1
<3+ X ep(amr (et —alyl—glz -l

yeL7(0,loglogT)

loglog T)3
+(og0g )))
logT

We claim that for every y,
51 () (11 (2) = 8) — qlyl = qlz — y| < —3(loglog T)*/log T,

which is enough to guarantee that Ar(z,t) =0 for all + < 77(z) — §. Indeed, if
&r(y) > 3(loglog T)3/(8 log T'), then by the definition of 77(z) we have

Er(y)(tr(2) — 8) —qlyl — gqlz — y| < —£7(y)8 < —3(loglog T)*/log T.
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On the other hand if £7(y) < 3(loglog T)3/(8 log T), since t7(z) < t~, We have
by the triangle inequality

Er(M(tr(@) —8) —qlyl —qlz =yl < &r(Mtr(2) — qlz|
<3t (loglog T)?/(8log T) — g(loglog T)*/log T,

which is smaller than —3(loglog 7')?/log T when T is large.
For (11), by Lemma 7.2 we have that on A7 (¢x)¢, forany y € L7,

ES[N(r(T)z, (rr(2) +8)T)] v 1
> exp(a(T)T (67 (y)(t7 (2) +8) — qlyl — glz — y| — 6(loglog T)*/log T)).
If |z| < 27X, then choose y = yo from (9), and note that
Er(30)(tr(2) + 8) — qlyol — qlz — yol = 4g27K — q27% — 227K = g27K|

2
50 A7(z, 77(2) +8) = 27K — 614381 On the other hand if |z] > 27, choose
v such that t7(z) = %(y)(m + |z — y]). By assumption we know that 17 (z) < txo,
and since by the triangle inequality t7(z) > ¢q|z|/ér(y), we deduce that &7 (y) >

g2 % /ts. Then

Er()(tr(2) +8) —qlyl —qlz — v =&r ()8 > ¢827% /1o,

and thus A7 (z, (77 (z) +8)T) > lggi;gKT — 6(10%;2%”2 > 0 provided T is large.
Finally, the proof of part (iii) of the theorem is essentially the same as the proof

of Theorem 1.2, checking that with high probability the PAM lilypad model does

not grow too fast, as in Lemma 6.1, and combining this with our knowledge of the

hitting times from part (ii) above. [

8. Comparing the BRW with the PAM. In this section we prove Theo-
rem 1.5. We start by showing the corresponding statements for the maximizers
of the lilypad models. As a first step, we construct conditions on the potential
under which we can control the maximum of the BRW lilypad. We will see in
Lemma 8.4 that these conditions occur simultaneously with positive probability
uniformly in 7.

BRW Setup. Fix T, t,«x > 0. Suppose thatr > 0 and n > 8gr/t (we will choose
r and n later) and that R > (%) V 3k. Assume that the potential (§7(z),z € LT)
satisfies the following conditions:

(A) there exists a site x in L7 (0, r) such that &7 (x) € [n, 2n);

(B) for all sites y € L7(0, R) \ {x}, we have that £7(y) <n/2;

(C) maxzer,0,n)hr(2) <t/8.
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PROPOSITION 8.1. Under assumptions (A), (B), (C) and for T sufficiently
large, if z € Lt is such that ht(z) <t, then
mr(z,t) =mr(x,1) —qlz — x| =&r(x)(t — ht (x)) — qlz — x|,

and otherwise mr(z,t) = 0. In particular, x is the unique maximizer of mr (-, t).

PROOF. The idea of the proof is first to check that all sites outside the ball
L7(0, R) are hit after time 7. Then we make sure that the site x with large potential
is hit so early that by time ¢ the lilypad has grown far enough to “overtake” all other
lilypads.

We first show that any site outside L7 (0, R) is hit after time ¢. Indeed, by
Lemma 3.6 we have that

(Bee Lr\BOR):hr <1} | max ()= qR/1]

However, gR/t > 21, so we have hr(z) >t forall z € L7 \ B(0, R).
For our next task, first suppose that |z| < % + r. Then since x € L7(0, r),

Er(0)(t —hr(x)) —qlz — x| > &Er ()t — &7 (x)t/8 — nt /8 —2qr
> 76 (x)t/8 —3nt /8 > &7 (x)1/2.
Since &7(x) > 2&7(y) forany y € L7(0, R) \ {x}, we therefore have

Er(x)(t —hr(x)) —qlz — x| > SI;P{ET(y)(t —hr(»)}
y#Ax
> sip{ér(y)(t—hr(y)) —qlz—yl}
VF#X

and hence

mr(z, 1) =&r () (t — hr (x)) — qlz — x| =mr(x,1) —glz — x|.

Now suppose that |z| > % +r.Weclaimthat hr (z) = hr(x) +qlz — x| /&7 (%).
Indeed,

lz—x| ¢t 1 |z
=51t4qg —
fr(x) 8 '
and for any yg,..., v, € L7(0, R) \ {x} with yp = z and y, = 0, by the triangle
inequality we have

=~ yj—yj-1l 2 lz| ¢
Z:c]4 >q-lzl=2qg—+ 5 +q—,
o Er(-n) n n 8

hr(x)+gq

k)

which proves the claim. As a result we have that for any y € L7 \ {z},

lx —z| ly —z|
=h h .
() 7(2) <hr(y)+gq £0)

hr(x)+4q
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Thus, for any y € L7 (0, R) \ {x} such that ~7(y) <, we have that since &7 (y) <
1
jET (x),

Er()(t—hr(»)) —qly—z] < ér(w(f —hr(¥) —q l;;?)

(Er()(t — hr(x)) — glx — z|).

N —

=<
We deduce that in this case too we have

mr(z, 1) =&r(x)(t —hr(x)) —qlx —z| =m7(x,1) — qlz — x|. O

On top of conditions (A), (B) and (C) outlined above, we now construct two
further scenarios in which the maximizers of the BRW and PAM lilypad models
agree, respectively, do not agree, at time ¢.

(S1) Suppose that for all y ¢ L7(0, R), we have that
Er() <n+aq(yl—r)/t.
(S2) Suppose that there exists a point x’ € L7 (0, R + 1) \ L7 (0, R) such that
Er(x) > 2n+q(R+1)/1,
and that for all y # x such that y ¢ L7 (0, R), we have that
Er(y) <n+q(lyl—r)/t.
Recall that

Ar(z, 1) = sup {Er ()t —qlyl —qly —z|} V0.
YELT

LEMMA 8.2. Suppose (A), (B), (C) hold.

(1) Ifin addition (S1) holds, then x [as defined in (A)] is the unique maximizer
of AT (-, t) and of mr (-, t).

(1) Ifin addition (S2) holds, then x [as defined in (A)] is the unique maximizer
of my (-, t), whereas x' is the unique maximizer of At (-, t) and |x — x'| > 2«.

PROOF. Under (A), (B), (C) we already know from Proposition 8.1 that x is
the unique maximizer of the BRW lilypad m7 (-, t). Moreover, |x| < r and |x'| >
R > (16r) Vv 3k so |x — x| > 2«. Thus it suffices to prove the statements about
At (-, ). Note from the definition of A7 (-, ¢) that in particular

sup Ar(z,t) = sup {ér(2)t — qlz|}.

zeLt zeLT
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(i) By the above it suffices to show that t&7(x) — g|x| > t&7(y) — q|y| for all
yeLr\{x}.Take ye L7\ {x}.If y e L7(0, R), then £7(y) < /2 and thus

17 (y) —qlyl =nt/2 <t&r(x) —nt/2 <157 (x) —4qr <t&7(x) —qlx|.
On the other hand, if |y| > R, then by assumption (S1),

ErMt —qlyl <nt +q(lyl —r) —qlyl <&r ()t —qlx|.
Thus x is the unique maximizer of A7 (-, t).
(i) Arguing as in part (i), we already know that A7 (y,t) < Ar(x,t) for all
y # x,x’. Thus we only need to show that Ay (x’,7) > Ar(x, ). Indeed, by the
assumption on &7 (x”), we have
er(x)t —q|x'| > 2nt + q(R+ 1) — q|x'| = &7 (x)t — q|x|.

Thus x’ is the unique maximizer of A7 (-, 7). O
Next we construct a scenario in which the support of the PAM lilypad is discon-
nected.

(S3) For R as above, suppose there exists x’ € Ly with 2R < |x'| <2R + 1
such that &7(x") € (2R + 1)q/t,5Rq/2t). Moreover, assume that for any y ¢
L7(0, R) U {x'} we have &r(y) < qlyl/t.

LEMMA 8.3. If events (A), (B) and (S3) hold, then the support of the PAM
lilypad model is not connected at time t.

PROOF. Recall that for z € L7, we defined

7 (x) = {g = )(|y|+|z—yl)}
Suppose that 7(z) = q(|x'| + |z — x'|) /&7 (x") <t. Then
! R
= = T <28 ) <

2

In particular if 7(z) = q(|x'| + |z — x’l)/ST(x/) <t, then z ¢ B(0,3R/2). More-
over,
R P L R I ——
Er(x’) (2R + g
Now suppose that 77(z) = q(|y| + |z — y])/ér(y) <t for some site y €

L7(0, R). By assumptions (A) and (B) we have £7(y) < 2n, which combined with
the triangle inequality yields

|z]
7(2) > qz—
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We deduce that for such z we have |z| <2nt/q < R, and thus z € B(0, R).
Finally, since under (S3) forany y ¢ L7 (0, R)U{x'}, £ (yyl) > t, we can conclude
that

lzeLr:tr(z) <t}

={zeLT:rr(z)= (|x/|+|Z—x/|)5f}

q
Er(x')

Ly nf —
U{ze ritr(2) = yeLT(OR){éT(y)(|y|+|Z yl)} }

However, by the above, the two sets on the right-hand side are nonempty and are
separated by distance at least R/2, which immediately implies that the support of
the PAM lilypad model at time ¢ is disconnected. [

Finally, we show that our conditions on the potential are fulfilled with positive
probability.

LEMMA 8.4. Foranyt > 0, there existr >0, n > 8qr/t and R > (2"1) Vv 3k

such that for any i =1, 2, 3, the probability that events (A), (B), (C) and (Sl) occur
simultaneously is bounded away from 0 for all large T .

PROOF. To show that there exist 7, 7, R such that events (A), (B) and (C) occur
simultaneously with probability bounded away from 0, we use similar tactics to the
proof of Lemma 3.4. As in Lemma 3.4 we take y € (d/w, 1), let By = L7(0, 27Ky
for k > 1 and set

A = {EIZ € Br:ér(2) > 2—yk}.
Then by Lemma 2.7,
B(af) <o~ "
Thus we may choose K such that
¢t qg+1
ﬂ A >1— e~ €% and 27K ( ) .
8 8q

As in the proof of Lemma 3.4, on the event ({2, Ax we have h7(27K) <

t/8. Now let r = 27K and 5 = r4/¢. By the second condition on K it is easy to
check that n > 8¢qr/t as required. Define

Ay ={3x € Bx :&r(x) €[n,2n), &7 (y) <n/2Vy € B \ {x}}.
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Then
P(Ag) = ca2 K r(T) (n™a(T)™ — 2n) " “a(T) ™)

x (1= (n/2)*a(r)=) ",

which for large T is at least

C—drdn_“ exp(—Cd2°‘rdn_“) = C_de_cdza’
4 4
by our choice of 1. Thus
Blar n () 4 ) > “eCa
k=K

On the event A/K NNk Ak, conditions (A) and (C) are satisfied. Since the po-
tential on L7 (0, R) \ L7(0, r) is independent of that on L7 (0, r), and

1 n\ ¢ CyRr(T)
P(sm) <1y e L0, R\ L1 O, r)) > (1 _ (5) a(T)“)

Z CRy

for some constant cg , depending on R and 7, conditions (A), (B) and (C) occur
simultaneously with probability at least ¢ R,ncde_cd /8.

Since (S1), (S2) and (S3) only involve sites outside L7 (0, R), they are indepen-
dent of the events above, and so it suffices to show that for some R > (%) V 3k,

each occurs with positive probability. Note that for any k£ > 1,
P(3y e Lr(kR,(k+ DR):&7(y) > q(kR —r)/t)
< Ca(tk+ D4 = kR (T) (q(kR — 1) /1) “a(T)™®

((k+ D4 — k%)
(k —r/R)~

< Cdd2d+aRd_ataq_akd_l_a.

< Cdefataqf(x

Thus

o0
P(3y ¢ L7(0, R):&r(y) = q(ly| —r)/1) < Cqd2?R*™*1%g~* Y k=172,
k=1

which we can make arbitrarily small by choosing R large. This in particular estab-
lishes that (S1) occurs with positive probability. The fact that (S2) and (S3) each
occurs with positive probability then follows by essentially repeating the calcula-
tion of P(A%) above. [
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REMARK. We could have proved Lemma 8.4 in a more elegant way by in-
troducing a scaling limit for the potential as in [26], Section 2.2. We chose the
more hands-on route in order to avoid introducing a new tool at the very end of the
article.

PROOF OF THEOREM 1.5. (i) Combining Lemmas 8.3 and 8.4 we know that
with positive probability the support s?AM(t) of the PAM lilypad model at time

t is contained in two disjoint sets that are separated by distance at least g. To-

gether with Theorem 1.4(iii) this implies that the actual support S;AM (1) is also
disconnected with positive probability.

(i1) By Lemma 8.4, there exists ¢ > 0 such that the probability that (A), (B), (C)
and either (S1) or (S2) occurs is bounded below by ¢.

From [19], Theorem 1.3, we know that with probability at least 1 — ¢/4, the
PAM is concentrated in a single site which they call Z;7, in the sense that

u(Zir,tT) - 3

Yezau(z, tT) — 4
This immediately implies that u(-, #T) is maximal in Z,7, that is, in our notation
that WEAM(¢) = Z,7/r(T).

The site Z; 7 is the maximizer of a functional ®;7 (z) [defined in terms of |z|, the
potential £ (z) and the number of paths leading to z]. Rather than stating the explicit
definition, we recall the following simplficiation. By [22], LemI}la 3.3, we can

tT

choose N large enough such that with probability at least 1 — ¢ /4, " € L7(0,N)

and %f”) € [%, N1. In particular, by [22], Lemma 3.2, we know that there exists

ZiT
r(T)’

@7 (rrz) ( q ) CloglogT
12 _— = - = _—
(12) ‘ a(T) §r(2) ; |z] log T
On the scenarios (A), (B), (C) and either (S1) or (S2), by the same argument (12)

also holds for z = w?AM(t). However, we have already seen in Lemma 8.2 that
there exists 6 > 0 such that on either event (S1) or (S2), we have that forall y € L7,

ter () — qly| < tér (wP™M@)) — g|wi™M@)| - 8.

Comparing with (12) and using that Z;r is the maximizer of ®;7 shows that nec-
essarily w?AM(t) =Z;7/r(T).

Moreover, the proof of Theorem 1.3 shows that with probability at least 1 — /4,
the maximizers of the lilypad model and the BRW are close, that is, |wr(t) —
Wr ()| < 2 log™4(T).

Hence, by combining all of the above, with probability at least ¢/4 we have
that wPAM (1) = WPAM and |wr (1) — Wr(1)] < glog—l/“(r), while at the same
time (A), (B), (C) and either (S1) or (S2) hold. The proof of statement (ii) is
then completed by Lemma 8.2, which implies that on (S1), |Wr (¢) — WTPAM =<

2log™"/* T, and on (S2), [Wr (1) = WpM@)| = . O

a constant C = C(N, g, t), such that for z =

=
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Glossary of notation.

Notation Definition/description
o Constant such that P(§(0) > x) =x~% forx > 1
d Dimension; we work in 74 and R4
q d/(a—d)
a(T) (T/1log T)4 (rescaling of potential &)
r(T) (T/log T)q"'1 (spatial rescaling)
ér(2) &E(r(T)z)/a(T) (rescaled potential at z)
Lt (zeR4:r(T)z €24}
Lr(y,R) L7 NB(y,R)
|- L' norm
X(1) Random walk, independent of BRW and environment
Y () Set of all particles at time ¢
Y(z,1) Set of particles at z at time ¢
N(t) #Y(t)
N(z,t) #Y(z,t)
Hr (2) Rescaled first time a particle hits z,

inf{t >0: N (T)z,tT) > 1}
Hp(z) Rescaled first time X hits z, inf{r > 0: X(¢T) =r(T)z}
H’T (2) Rescaled first time there are > exp(logl/ 4) particles at z
hr(2) infy, 0 vomz =0zt 4 2 B infy (i () + g 2
Mt (z,1) Rescaled # particles at z at time ¢,

Mr(z,0) = ggy7 log . N(r(T)z,1T)
mr(z,1) supy cra{§7 (V) (1 = hr (¥)) =z = ¥}
Jr(t, R) Probability X jumps > Rr(T') times before T
S} (t,R) %(log R —logt) + az(‘%f) (usually small)
EX(t, R) % (logt —log R + 1+ log(2d) + (g + 1) loglog T) (usually small)
%T(R) maxyep(o,R) 5T ()
ht(R) maxyep(0,R) 17 (y)
too Fixed time (we are usually only interested up to time #»o)
z {z € LT(0, pr) :67(2) > &7 (n7)}, where 07 is small
k(T) #7
s Zie(T) Elements of Z in increasing order of &
z {ze€ Ly \ L7(0, pr) &7 (2) > &7 (n7)}, where n7 is small
Ze(T)+15s - - - Elements of Z’ in arbitrary order
1., ... Usually t; = yrht(z;) — 87 where y7 ~ 1 and 87 is small
ALz ) { HY(2) 515;?}_*(@) z*H?(z) ALV }

T Zi) = HT(Z) Vi>j

Gr(j,z.5.1) ETexp(T fo 7™ e X T duy s . o)
Gr maxy <7y G (K (T), k., B, Too)
wr log!/4 T
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