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Abstract. We construct a one dimensional stochastic process with reflecting barrier of jump type and investi-
gate a limit distribution and stationary distribution of the process.

1. Introduction

In applications of the theory of stochastic processes, it is in some instances important
to get limit distributions or stationary (invariant) distributions of the processes. For exam-
ple, Kawamura and Saisho [2] treated a process representing the accumulation of toxic sub-
stances in human bodies and it was necessary to consider the steady-state of the accumulation.
Though limit distributions of one-dimensional Markov processes have been well investigated
(e.g. [5]), the limit distributions or stationary distributions of stochastic processes with reflect-
ing barriers described by Skorohod equations do not seem to be studied enough yet. Saisho
and Tanaka [4] considered reflecting Brownian motions on multi-dimensional domains and
showed symmetry of the processes with stationary distributions using the so-called penalty
method. Kawamura and Saisho [2] also studied the limit distribution of one-dimensional re-
flecting process representing a human metabolic system by using the penalty method. The
limit distribution of the associated penalized process and the stationary distribution of the re-
flecting process were given ([2] §2.2). However these previous studies were not successful in
determining the limit distribution of the reflecting processes. Our goal in the the present study
is to provide a simple but not trivial example of a stochastic process with reflecting barriers
that has a limit distribution: we construct a one-dimensional stochastic process of the jump
type with reflecting barriers and find the limit distribution of it. Our process can be regarded
as a mathematical model of some queuing system or a simple model of a neuronal excitation
system (see §2).

In §2 we construct our process and discuss the limit distribution and stationary distri-
bution of the process. Examples of some applications of our process are also given in this
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section. We find the limit distribution of the jump distances of the process in §3. The station-
ary distribution is also studied in this section.

2. Distribution of X,

Let (£2, F, P) be a probability space and {Y;};>0 be a Poisson process with parameter
A(> 0), Yo = 0on (£2,F, P), ie., Y; is Poisson-distributed with parameter At and set
Z; ==Y, — yt, t = 0 for some constant y (> 0). Let 71 < 70 < --- be jumping times of
{Y:};>0 and set 7p = 0.

REMARK 1. 17 — t%—1, k = 1,2,... are independently and identically distributed
(i.i.d.) exponential distributed random variables of parameter A.
Now we define {X;};>0 as follows:

X0 =0,
Xy =min{X,_+1, K}, k=1,2,...,
X,:max{X,k—y(t—rk), 0}, T <t <T4, k=0,1,2,...,
where K is a positive constant. We denote
AX; =X —Xi,t >0, Atp=1—T-1,k=1,2,....

REMARK 2. {X;};>0 can be considered to be a solution of the following one-
dimensional Skorohod equation of the interval I := (0, K) for {Z;};>0:

Xt:Z[‘i‘@t; tzos
where X and @ satisfy the following conditions:

X, eI =0, K],

@, is of bounded variation with &y =0,

t t
a>,=/ n(X)d|®]s |a>|,=/ Lspx,con ()|, .
0 0

1, x=0,
n(x) =
-1, x=K.

Here, 14(s) = 1 (s € A), = 0 (s ¢ A). The uniqueness of the solution of the Skorohod
equation follows from Lemma 2.2 and Lemma 2.3 (i) of [3]. For more details of the Skorohod
equations, see [3] and [6].

REMARK 3. Since we can write

o
PXi<x)=) P(Xy <x+yy. 0<y<Ty—w),
k=0



LIMIT DISTRIBUTION OF A ONE-DIMENSIONAL REFLECTING PROCESS 3

we see that the distribution of X; is determined by the distributions of {X, },=1,2,... and
{the1 — }n:O,l,Z,...-

We investigate herein the distribution of X; in the case that K = 2. However, we now
give two examples of our model for general K > 0. For K = 1 (Example 1), the process is
very simple and we have the limit distribution of the process.

EXAMPLE 1. It is known that the intervals of applications of stimuli to cells can be
naturally regarded as independent exponentially distributed random variables and that for two
successive stimuli separated by a brief interval (refractory period), the response (action poten-
tial) to the second stimulus is very small or almost negligible. Furthermore, it is known that
the strength of the action potential for the second stimulus depends only on the length of the
interval between the two stimuli and is independent of the strength of the given stimulus (for
more details see [1]). In case K = 1, {AX<,}u=1,2,... is regarded as a simple mathematical
model describing the action potentials of the cell. In this context we are also interested in
the distribution of {X,},=12,... and that of jump distances {AX<, },=1,2,.. for the process.
Indeed, if K =1 we have X, =0, X, =1,n=1,2,3,... and

AXy =1,

1, yAt, > 1
AX,, = ]
yAt,, otherwise, n=2,3,4,....

Thus, we have

1
P(AX,, =1) = P<Arn > —)
%

o
= / re Mdx
l/y

—e MY, n=23...,

P(AXy, =yAr)=1—e Y, n=273,...
which shows that this process has a limit distribution.

EXAMPLE 2. We consider the following queuing system:

1. there is only one server,

2. time intervals of arrival of customers are mutually independent and exponentially
distributed (i.i.d.),

3. each customer brings in a constant quantity of work unless the amount of task that
the server is performing at that instant is under constant amount K,

4. the server performs a constant task y per hour.
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This system can therefore be expressed by {X,},>0. That is, X; describes the size of the task
that the server is performing at time . We are interested in the stationary state of the system,
that is, the distribution of {X,};>0 for sufficiently large ¢.

In what follows we assume K = 2 and put v := % In this case, we have X;, = 0,
X, =1,

1, if yArp,>1,

Xoy = .
2 —yAtry, if yAm <1,
2, if X¢ |, —yAr, >1,

Xg, =1Xe,, — VAT +1, it0<X, ,—yvAt, <1,
1, if Xe |, —vAt, <0, n=3,4,...,

AXy =1, AXy, =1and

2—=Xq_, VAT, if X¢ |, —yA =1,

AXTH =
1, otherwise, n=23,4,....

Next, we write

p(x,y) == P(ka+1 =y|Xqy =x),
px, A):=P(Xq,, € AlXy,=x), x,yeR, AC(L,2).

Then we have the following lemma.

LEMMA 1.
p2,2)=1-¢"",
P2, (a,b]) = e B DV _ oG- | g <p<2,
P2, 1) =e?,
p(x,2) =1 —e OV o <2,
px,)=¢", 1<x<2,
p(1,2) =0,
p(l,(a,b]) = e TPV _ o=@ | g <p <2,
p(l, 1) =e".

PROOF. For p(2,2) we have

p2,2) =P(yAnq1 = 1)



LIMIT DISTRIBUTION OF A ONE-DIMENSIONAL REFLECTING PROCESS 5

l/y
= / re Mdx=1—e"".
0

For p(2, (a, b]) we have
p2,(a,b]) =Pla <2—yAt41+1=<D)

=PB—b<yATiy) <3—a)=e BV _ G,

Similarly we have

P2, D) =PyAuqp =2)=e %,
p(x.2)=Px — 1> yAgy) =1—e 7D,

p(x,1) =P(yAnq1 = x) =e ",

p(l,(a,b)) = PQ-b < yAnq <2—a)=e PV — e GOV,

p(LD) =PyAuyp =D =e".
The fact that p(1,2) = 0 follows immediately from the definition of X;. The proof is com-
plete. a

From Lemma 1, we have the following theorem.

THEOREM 1.
—2v —2v(,,—V\k—2
1. eV —e(ve™) k=2 —(k—1
P = P(Xy =1) = — 4 k2D
- vy, ,—vYk—2
2) ; e’ —eTve™) k=2, — (k=2
P i=PXy =2)=1- R — k2= k=2
b
Pla < Xy < b) = / pe (X)dx
a
— 1)k—Z{e—(k—b)v _ e—(k—a)v}
1
+ —{e—(3—b)v _ e—(3—a)v}{1 . (Ve_v)k_z} ,

1—ve™V
l<a<b<?2, k>2,

where

—QB—x)v _ —(B—x)v —v\k=2
ve ve O we )

P (x) = 1 — pe—v

PROOF. We prove the theorem by induction. For k = 2, we have P(X,, = 1) =
P(yArp >1)=e¢"V"and P(X;, =2)=0.Forl <a < b <2, we have

Pla <Xy, <b)=Pla<2—-yArp <b, yATp < 1)
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Q2-a)/y
— / )Lef)hxdx — 67(2717)11 _ ef(Zfa)v )
2-b)/y

Thus, the statement holds for k = 2. Now we suppose that the statement holds for k (> 2).
Then we have

PXg, =D=p(L, ) -PXy =D+ p2, 1) P(Xy, =2)

2
+/ px, DP(x < Xy <x+dx)
1

—2v —2v —v\k—2
o { eV —e Y(ve™)

— + vk—Ze—(k—l)v}

- vy, ,—vyk—2
+ e‘z"{l _ € ! —16 V(Vevv) _ vk—Ze—(k—Z)v}
—ve

N /2 —xv{ ve—(3—x)v _ ve—(3—x)\J(v€—V)k—2
e
1

1 — + 1)k—le—(k—x)v}dx
— ve

Vef3v _ 1)6’731)(1)6’71))](72
1—veV
E_ZV _ e—ZU(Ue—U)k—l

k—1 _—kv
= +v e .
1 —ve™

— 67211 + + kalefkv

Similarly, we have

P(Xy,, =2)=p,2)- PXy =D+ p2,2)- P(Xq, =2)

2
+/ p(x,2)P(x < Xq <x+dx)
1

eV — eV (ve7U)k7]

1 —ve™V

—1— _ k===l

Furthermore, for any 1 < a < b < 2, we have

P(a < X‘[k+1 = b) :p(lv (avb]) P(X‘Ek = 1)+p(27 ((l,b]) P(X‘[k :2)

2
+/ Pla<x—-yAty1+1<D)P(x < Xq <x+dx)
1
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—2v —2v —vyk—2
e —e ve
— {e—(Z—b)v _ e—(2—a)V}{ 1 W(zﬂ) ) + vk_ze_(k_l)v}

-V _ e*U(ve7U)k72

F (e Gt _ €(3a)u}{1 ¢
1 —ve™V

_ vk2e(k2)v}

2
+/ {ef(erlfb)v _ef(x+lfa)v}
1

{ ve7(37x)v _ ve7(37x)V(ver)k72

1 —ve™V

+ Vkle(kx)v}dx

— kal {ef(k+]7b)v _ ef(k+]7a)v}

1 -\ —(3—
+m[(l—ve”){e G=byy _ g=G-avy

+ v{e*(3fb)v . 67(37(1)11}{6711 . eiv(vefv)kfz}]

1
— vk—l{e(k-‘rl—b)v _ e(k+l—a)\J} + p—— {e—(3—b)l) _ e—(3—a)l)}{1 _ (ve—v)k—l} ,
which yields that the statement of the theorem holds for k 4 1. The proof is finished. a

DEFINITION 1. We call the triple (p", p@®, p(x)), 1 < x < 2 a stationary dis-
tribution of {Xy,} =12, if P(X;, = 1) = pW, P(X,, = 2) = p@ and fabp(x)dx
= P(a < Xg, < b)imply P(X,,, = 1) = pM, P(Xq,, =2) = p® and fab p(x)dx
= P(a < Xyg,,, <b)foranyn(>=3)and1 <a <b <?2.

PROPOSITION 1. {Xy, },u=12... has at most one stationary distribution.

PROOF. Suppose that (pV, p@_ p(x)), (g1, ¢®, q(x)), 1 < x < 2 are two pairs of
stationary distributions of {X, },=12,... and set

FA .= p(l) _ q(l) ,

(@]

r@ = p® _ @

r(x):=px)—qx).
Then we have
2
pD =D 1, 1)+ p@ . p2, 1) +/ px, Dp(x)dx
1

2
— p(l)efv +p(2)€721} +/ efxvp(x)dx’
1

2
p® = pW . p1,2)+ p@ . p2,2) + / p(x,2)p(x)dx
1
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2
=p? . (1-e™) +/ {1 —e " p@)dx,
1

b
/ p)dx = pV . p(1, (a, b)) + p@ - p(2, (a, b))

b 2
+/ / Px —yAtyqp1+ 1€ (y,y+dyDpx)dx
y=a Jx=1

— p® {e—(Z—b)v _ e—(2—a)v} +p® {e—(3—b)v _ e—(3—a)v}

b 2
+/ / vef(x“*y)”p(x)dxdy, l<a<b<?2,
y=a Jx=1
and
2
p 4+ p?® +f p(x)dx =1.
1
Since (g1, ¢®, g (x)) also satisfies the corresponding equalities, we have
2
rD = W=y 4 @p=2v 4 / e Vr(x)dx
1
2
r® =r@(1-e)+ / {1 —e @DV (x)dx
1
b
/ r(.x)d.x — r(]){ef(sz)v _ 67(27(1)1}} + r(2){67(37b)v _ 67(37(1)1}}
a

b 2
+/ / ve  CHI=VVe()dxdy
y=a Jx=1

2
rD 4, —i—/ r(x)dx =0.
1

Thus we have
2
rPev =/ (1 — e “Dr)dx. 1)
1

Therefore,

2 2
r(l) — V(1)€7U +e*l)\/‘ {1 _ e*(X*])V}r(x)dx +/ efxvr(x)dx
1 1

2
=rDe7v +e7”/ r(x)dx
1

— W 4o (—p D _ @y = v, @

b
/ r(x)dx — _efvr(Z){ef(Zfb)v _ 67(2761)1)} + r(2){67(37b)v _ 67(3*61)1)}
a
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b 2
+ / ve IV () dxdy
y=a Jx=1
b 2

:/ veyvdy/ e~ W HDVL(x)dx .
a 1

Setting J := flz e~ @DV (x)dx, we have

/b r(x)dx = (" —e™)J
a
forany 1 < a < b < 2. This implies
r(x) =ve™J. 2)
Combining (2) with (1), we have

2
r@e™v = M _ O _ / e~ WDV (x)dx
1

=V = 1r® -2y,

Therefore, we have r® = —¢2J and r) = ¢V J.
On the other hand, by (2) we have

2
J = / e~ OV VY g
1

Thus, we have (1—ve™")J = 0, which implies / = 0. Consequently, we have rD =@ =9
and 7 (x) = 0. The proof is complete. |

The limit distribution of {X<, },=1,2,... is given by the following theorem.

THEOREM 2. As n tends to o0, (pg), pg), Pr,(x)) converges weakly to

1 2 .
(P2, P2, pr (1)) given by

-2
o=
Too 1 —ve™?
—v
@ _q__°
Pro 1 —veV
ve—(3—x)v
D (X) = , 1l<x<?2,
1 —ve™V

and (pglo), Pgi), Do (X)) is the unique stationary distribution of { X, }n=12,....
PROOF. By Theorem 1 and Proposition 1, it is enough to prove that

(pglo), pifo) D1, (x)) is the stationary distribution of {Xi },=1,23,... That is, we will
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prove

2

P = p1 0+ p2 p@ D+ [ pl Dpecid
1
2

P2 =p0 . p1,2)+ p@ - p2,2) + / P(x.2) pry ()dx,
1

b 2
f P ()dx = p) - p(1, (a, b)) + p2 - p(2, (a, b])
a

b 2
+/ / lp(x, v,y +dyD) pr,(x)dx .
y=a Jx=

We have

2
p-p(L )+ p2 - p2, 1) + /1 P, 1) pry (X)dx

—2v —v 2 —3—x)v
e e ve
— e+ (1 — —v)é‘zv +/ €7vx—7dx
1

2
pOop(1,2)+ p@ - p2,2) + /1 Px 2) pr, (X)dx

e~V 2 1)6_(3_)()”
=({1—-—— | —¢" (1 - _”("_1)) —d
( 1—ve—”>( ¢ )+/; ¢ 1—ve™ *

—2v

eV 6—21) —3B—x)v ve
=l-— —e"+ — dx —
1 —ve™V + I —ve™ +/1 1 —ve™V I —ve™

and
p-p(L, (@, b)) + p2 - p(2, (a, b))

2
+/_ /_1 px, v,y +dyDpr., (x)dx

6721) eV
= (e e a)u}+< 4) (GBI _ ~G-am

1 —ve 1 —ve™V

—(3—x)v
/ / pe—Cl-yw e T ————dxdy
y=a Jx=1 1 -
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3-b 3 ve
— 6_( —b)v —6_( —a)v + (e v _eav)
1 —ve™V
—@=byv _ ,—B—a)y b
e e
= = x)dx ,
1 —ve™ /a Proe ()
which prove the theorem. |
3. Distribution of AX
In this section, we investigate the distribution of AX,,, n =1,2,.... Put
(I(x’ y) = P(AX‘L'k_H =Yy | X‘L’k =x) 5

qx, A):=P(AXy , € Al Xy =X),
Q(A,A)IZP(AX €A|er€A), x’yeR’ A C(0,1), AC(],Z).

Th+1
Then we have the following lemma.
LEMMA 2. Forl <a<b<2and0 <x <y < 1we have
q2, ) =e",
q@2,(@,bl)=e " —e v,
0, if b<2—y,

—3v _ ,,,—3v —vyk—2
g((@. ], (. y]) = {”e = e )
— ve

‘b—a)/P(Xy €(a,b]l), if 2—x<a,

+ l)k_le_kv } {e—(x—Z)v _ e—(y—Z)\J}

—2v _ —2v —v\k—2
¢((a. bl, 1)={”e ) +u’<‘e“‘””}(b—a)/P(ere(a,b]),
g, (x,yD =0,
g1, 1) =1.

PROOF. For ¢(2, 1), by the independence of X, and 7441, we have

q2,1) = P(yAtpy1 = 1|1 Xg =2)

\

= P(]/Afk+] 1) :efv.

For ¢ (2, (a, b]) we have
q2,(a,b]) = P(AXy,, € (a,b]| Xy, =2)
= P(a < yAtiq1 < b|Xy, =2)

=Pa<yAts <b)=e % —e ",
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Next we calculate g((a, b],1) - P(Xy € (a,b]), 1 <a <b <2
q((a,bl, 1) - P(Xy, € (a,b]) = P(Xy, — yATkt1 = 1, X € (a, b])
b o0
= / pr, (%) re Mdydx
a (x—=1)/y

{ vef2v _ V6721)(V671))k72

1 —ve™V

+ vk]e(kl)v}(b _ a) .

Since
q((as b]v (-xs y]) : P(X‘Ek € (avb]) = P(AX‘[]H,] € (-xv )’]7 X‘[k € (as b])
=PR—-y=<Xy —yAtq1 <2—x, Xy € (a,b]),
it is easy to see that ¢ ((a, b], (x, y]) = 0if b < 2 — y. On the other hand, if 2 — x < a, we
have
PR2—-y<Xy—yvAtip1 <2—x, Xy €(a,b])
b (u+y=2)/y
= / P, () re M dvdu
a (u+x=2)/y
B { ve—3v _ Ve—3v(ve—v)k—2

1 —ve™V

+ l)k—le—kv} . {e—(x—Z)v _ e—(y—Z)\J} . (b _ a) .
Last of all, it is easy to see g(1, 1) = 0, which yields ¢ (1, (x, y]) = 0. The proof is

finished. O
Now we have the distribution (q(Alk), qn,(x)), 0 <x <1of AXy fork > 3.

THEOREM 3. Fork > 3, we have

ve {1 — (ve™")F3)

1 —veV

q(Alk) = P(AXy =1)=e " 4 vk 2e k=D 4

and
b
P(a<Aer§b)=/ grn,(x)dx, O<a<b<l,
a

where

Tt i Lt
k T

k=2, —k=3+x)v
1 —ve™V

—3v —vyk—3
ve {1 — (™)™} ~@=2v 4 k=l =34y

+ -vxe
1 —ve™V

PROOF. We have

2
P(AXy =1)=P(Xy , =2)-9q2,1) —i—/ q((x,x +dx],)P(Xy_, € (x,x +dx])
1
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+PXgy_, =1-q, 1)

_ _ _ k=3
I PR ' —eV (ve™) N ([ QY
1 —ve™

2 —2v —2v —v)k—3
ve —ve ve
+/ (ve™) + k2= k=2 L gy
1 1 —ve™V

—2v —2v —p\k—3
e —e ve
+ { ( ) + 1)k—3e—(k—2)v} .1

1 —ve™V
—2v —2v —p\k=3
ve —ve ve
—e V4 ( ) + 1)k—Ze—(k—Z)v ]
1 —ve™

On the other hand, for0 < a < b < 1 we have

b
Pla < AXq <D) Z/ P(Xy_, = Dq(, (x,x +dx])
b
+/ P(ka—l = 2)‘](27 ()C, X+ d-x])

b p2
+/ / q((u,u+du], (x,x +dx])P(Xy,_, € (u,u +du])
a u=1

b —v —v —n\k—3

eV —e V(ve

:/ 1 — ( ) — kB k= pmvx gy
a 1 —ve™V

N b pr2 ve—3v _ ve—3l)(v€—l))k—3
a J2—x I —ve™v

+ l)k—Ze—(k—l)v}Ve—()r—Z)vdudx

b
N f g, ()dx .

The proof is complete. O

Now we put

ga(x,y) = P(AXq,, = y|AXy =x),

Tk+1

ga(x, A) == P(AX,,,, € A|AX, =x), O<x,y<1, AC(0,1).

Thk+1
Then we have the following lemma.
LEMMA 3. ForO<a<b<1land0 <x <y < 1we have
ga(l, 1) =e7V +ve™",

ga(l, (@, b)) = (1 +av)e ™ — (1 +bv)e ",
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Y

ga((x, 1, 1) = galx,1) =",

ga((x,y], (@, b)) = e — eV,

PROOF. For ga(1, 1) we have

gna(1,1) = P(AX =1|AX,, = 1)

Tk+1

=P Xy —yAT41 S 1|AXy =1)
P(Xy —yvAt 1, AXy =1)

P(AXy =1)
_ P(Xq —yAmup <1, AXy =1, X =1)
N P(AXq =1)
n P(Xy —vAtup =1, AXy =1, 1 <Xy <2)
P(AXy =1)
N P(Xy —yAT1 <1, AXy =1, X =2)
P(AXy =1)
_ P(Xg=D+PXqy —yAng <1, 1< X <2)
B P(AXq =1)
P(Ates1 = ) P(BXy =1, Xg =2)
P(AXy =1)

Since

—2v _ 6721)(‘)671))](72

e 9 —(k—
Py =1)=pll = 4 2oty

3

1 —ve™

2 o]
P(Xy —yAn_1 <1, 1 <Xy <2) =/ Pr (%) re Mdydx
1 (x—1)/y

/2 { ve—(3—x)v _ ve—(3—x)V(ve—v)k—2
1

- — + Uk—le—(k—x)v }e—v(x—l)dx
— ve

—2v —2v —V\k—2
ve —ve “Y(ve™) e
_ 4 k1= l)v’

1 —ve™V

P(Atk+1 > %) =eVand P(AXy =1, Xy, =2) =0,wehaveqga(l,1) = (1 +v)e™".
For ga((x, ¥], 1) we have
ga((x, v, ) = P(Xq, — yATkq < 1|AXy € (x, y])
P2 —-yAnq = DP(AXy € (x,y])
P(AXy € (x, y])
=P(Anq1 = 1/y)=e".
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Similarly, we also get ga(x, 1) = e™".
For ga(1, (a, b]) we have
ga(l, (a,b]) = P(a <2 — (Xg —yAnq1) = b|AXy = 1)

Pla<2— Xy —yAny1) <b, AXy =1,1 < Xq <2)

P(AXq = 1)
L Pla<2- Xy —yhuy) <b. Ay =1, Xy =2)
P(AXq = 1)
Since
P(AXy =1)=qy) = e 40 27027 4 sz{ll - iziwki}} ’
Pla<2— Xy —yAtiy1) <b, AXy =1, Xg =2)
=Pla<2—Xgq —vAuq) =DP(LXy =1, Xy =2)=0
and

Pla<2—(Xgq —yAty1) <b, AXy =1,1 < X <2)
=Pla<2—-Xg —yAu41) <b, 1 < Xy <2)
Xy =240

= P<O < Atg41 <
14

,2—b§X%<2—a>

X —2 X —24+0b
+P<7n{ ta <Afy) < — + ,2—(15er<2>
Y Y
2—a (x=24b)/y 2 (x—=2+b)/y
:/ Pr (x)/ Xe_)‘ydydx—i—/ pr, (%) re Mdydx
2—-b 0 2—a (x—2+a)/y

— quklem =2ty | k=2 —(k=2ta) _ g k=l —(k=24b)y k=2 (k=24

g*(H““)” + 67(1+a)U(v€7U)k72

1
+av+l) l —ve™?
—(+b)v | —(14b)v sy —v k=2
SIS I A -
I —ve™
we can get

gr(1, (a,b]) = e — e 4 v(ae™® — be™).

Last of all, we have

a0(Gx. v, (@, b)) = Pla<2—(Xgq —yAny1) =b, AXy € (x,¥])

P(AXy € (x,y])

a b
= P<— < Atgy1 < —) =e W — e, O
14 14
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DEFINITION 2. We call a pair (p", p(x)), 0 < x < 1 a stationary distribution of
{AXyYuetn, it P(AX,, = 1) = p® and [? p(x)dx = Pa < AX, < b) imply

P(AXq,, = 1) = pWand [’ px)dx = Pa < AX
O<a<b<l.

< b) for any n(> 3) and

T+l

PROPOSITION 2. (P(Al)’PA(X)), 0 < x < 1 is a stationary distribution of
{AX ¢, n=1.2.... if and only if

m_ e’
Pa =0

2
xXv _ v—rx e—(x+l)v

X) =ve
palx) =ve =

PROOF. Suppose that (pg), pa(x)) is a stationary distribution of {A X<, },=1,2,.... Then

(P(Al), pa(x)) must satisty

PV =pVga(, D) + [ gate, Dpa(x)dx

J2 padx = pl - qa(l. @, b)) + [} pa)ga(Cx, x + dx], (a. b]dx.

Y}

By Lemma 3 and the fact fol pax)dx =1 — p(A we have

P =P € +ve) +e (= pi),
which yields

m_ e’
Pa =90

On the other hand, using Lemma 3 again, pa (x) satisfies

b 1
/ pa)dx = p - qa(l, (a, b]) + /0 (™ — e pa(x)dx

forany O < @ < b < 1. Then we easily get

2
V— VX
pa(x) =ve™ — = ety
1 —ve™

The converse is easy and is omitted. The proof is finished. o

By Theorem 3 and Proposition 2, we consequently get the following theorem.
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THEOREM 4. As n ends to oo, the distribution (g}, qn, (x)) of AXr,, n = 1,2,...

tends to the following distribution (q(A]o)o, qrs (X)) weakly which is the unique stationary dis-
tribution of {AX <, }n=1,2,..:

(1]

[2]

[3]

[4]

[5]

(6]

—V

1 . _ €
Do "= T v
. v —vix — (1)
QAw(x)IZVé’x—iex , O0<x<1.
1 —ve™V
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