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Abstract. We obtain non-asymptotic Gaussian concentration bounds for the difference between the invariant distribution v of an
ergodic Brownian diffusion process and the empirical distribution of an approximating scheme with decreasing time step along a
suitable class of (smooth enough) test functions f such that f — v(f) is a coboundary of the infinitesimal generator. We show that
these bounds can still be improved when some suitable squared-norms of the diffusion coefficient also belong to this class. We apply
these estimates to design computable non-asymptotic confidence intervals for the approximating scheme. As a theoretical application,
we finally derive non-asymptotic deviation bounds for the almost sure Central Limit Theorem.

Résumé. Nous obtenons des estimées de concentration gaussienne non asymptotiques pour la différence entre la mesure invariante v
d’une diffusion brownienne ergodique et la mesure empirique d’un schéma d’approximation a pas décroissants évaluée le long d’une
classe admissible de fonctions tests f telles que f — v(f) soit un co-bord du générateur infinitésimal. Nous montrons que ces bornes
peuvent étre améliorées lorsque le carré de certaines normes du coefficient de diffusion appartient également a cette classe. Nous
déduisons de ces estimées des intervalles de confiance non asymptotiques explicitement calculables pour le schéma d’approximation.
Nous obtenons également, en terme d’application théorique, des estimées de déviations non asymptotiques pour le théoréme de la
limite centrale presque sir.
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1. Introduction
1.1. Setting

The aim of this article is to approach the invariant distribution of the solution of the diffusion equation:
dY,=b(Y)dt+ oY) dW,, (1.1)

where (W;);>0 is a Wiener process of dimension r on a given filtered probability space (2, G, (G)i>0,P), b : R - R4,
and o : RY — R? @ R” are assumed to be Lipschitz continuous functions and to satisfy a mean-reverting assumption
in the following sense. If A denotes the infinitesimal generator of the diffusion (1.1), there exists a twice continuously
differentiable Lyapunov function V : R4 — (0, +00) such that lim|x|— 400 V(x) = +00 and AV < B — 'V where g e R
and « > 0. Such a condition ensures the existence of an invariant distribution, see [16]. We will also assume uniqueness
of the invariant distribution, denoted from now by v. For in-depth discussions on the conditions yielding such existence
and uniqueness results, we refer to the monograph by Khasminskii [23] (see also its augmented second edition [22]) and
the survey paper [33]. Let us also mention Villani [45] for the convergence to the equilibrium distribution of the solution
of a particular Fokker—Planck equation which ensures the existence of an invariant distribution.
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We introduce an approximation algorithm based on an Euler like discretization with decreasing time step, which may
use more general innovations than the Brownian increments. Namely, for the step sequence (yx)kx>1 and n > 0, we define:

Xur1 =X, +Vn+]b(Xn)+«/ Yn+10 (X)) Upy1, )

where Xg € LZ(Q, Fo,P) and (Uy)n>1 is an i.i.d. sequence of centered random variables matching the moments of the
Gaussian law on R” up to order three, independent of Xj.

We define the empirical (random) occupation measures of the scheme in the following way. For any A € B(R?) (where
B(R?) denotes the Borel o-field on R¥):

Y A
Va(A) = vy (@, A) 1= Lkt Vidxe 1@ I (1.2)

> k=1 Yk -

The measure v, is here defined accordingly to the intrinsic time scale of the scheme. Namely, ', = >} _, yx represents the
current time associated with the Euler scheme (S) after n iterations. Since we are interested in long time approximation,
we consider steps (Yx)k>1 such that Iy, := ZZ:] Yk — +00. We also assume yi | 0. Observe that, for a bounded v-a.s.
- n
k

continuous function f, it is proved in [25] (see e.g. Theorem 1), that:
1 n
a.s.
() =1 Yo e 5 () = [ v, (13)
Fn =1 n R4

or equivalently that v, (w, -) > v, P(dw)-a.s. The above result can be seen as an inhomogeneous counterpart of stability
n

results discussed for homogeneous Markov chains in Duflo [15]. Intuitively, the decreasing steps make the approximation
more and more accurate in long time and, therefore, the ergodic empirical mean of the scheme converges to the quantity
of interest. Put it differently, there is no bias. This is a significant advantage w.r.t. a more naive discretization method
that would rely on a constant step scheme. Indeed, even if this latter approach gains in simplicity, taking yx = h > 0
in (S) would lead to replace the r.h.s. of (1.3) by the quantity V() = -/]Rd £V (dx), with v" denoting the invariant
distribution of the Euler scheme with step 4. In such a case, for the analysis to be complete, one needs to investigate the
difference v — v"* through the corresponding continuous and discrete Poisson problems. We refer to Talay et al. [43,44]
for a precise presentation of this approach.

Now, once (1.3) is available, the next question naturally concerns the rate of that convergence. This was originally
investigated by Lamberton and Pages [25] for functions f of the form f — v(f) = Agp, i.e. f — v(f) is a coboundary
for A. The specific reason for focusing on such a class of functions is that an invariant distribution v is characterized as a
solution in the distribution sense of the stationary Fokker—Planck equation A*v = 0 (where A* stands for the adjoint of
A). Thus, for smooth enough functions ¢ (at least C%(R?, R)), one has v(Ag) = fRd Ag@(x)v(dx) = 0. The authors then
investigate the weak convergence of v, (f) — v(f) once suitably renormalized. However, in these results, the assumptions
are made on the function ¢ itself rather than on f. To overcome this limitation and exploit directly some assumptions on
the function f requires to solve the Poisson equation Ag = f — v(f). This is precisely for this step that some structure
conditions are needed, namely (hypo)ellipticity or confluence conditions. We refer for instance to the work of Pardoux
and Veretennikov [37], Rothschield and Stein [41] or Villani [45] who discuss the solvability of the Poisson and of the
Fokker—Planck problems under some ellipticity or hypoellipticity assumptions. We also mention the work of Pages and
Panloup [35] who exploit some confluence conditions allowing to handle for instance the case of an Ornstein—Uhlenbeck
process with degenerate covariance matrix. We refer to Sections 2.2 and 2.3 for precise assumptions giving the uniqueness
of the invariant distribution of (1.1) and the expected smoothness properties for the associated Poisson problem.

In the current paper, our goal is to establish for this recursive procedure a non-asymptotic Gaussian control for the
deviations of the quantity v, (f) — v(f) for possibly unbounded Lipschitz continuous functions f. Such non-asymptotic
bounds are crucial in many applicative fields. Indeed, for specific practical simulations, it is not always possible to run
ergodic means for very large values of n. It will be direct to derive, as a by-product of our deviations estimates, some
computable non-asymptotic confidence intervals. A specific feature of such non-asymptotic deviation inequalities is that
their accuracy depends again on the status of the diffusion coefficient o with respect to the Poisson equation. Thus, if
llol|?> = v(||o||?) = A is a coboundary (where || - || denotes a matrix norm), we manage to improve our analysis, to
derive better concentration bounds in a certain deviation range as well as some additional deviation regimes. Also, this
additional study seems rather efficient to capture the numerical behavior of the empirical deviations. We refer to Sections 4
and 6.2 for details about these points. Eventually, our main deviation results allow to provide deviation inequalities for
plain Lipschitz continuous sources f in the ergodic approximation, by using a suitable regularization procedure, as
established in Theorem 7. As expected, dealing with this general class of functions requires more stringent constraints on
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the time steps, that must be small enough, and prevents from obtaining the fastest convergence rates (see again Theorem 7
and Section 5.3).

The main feature of the sequence (1.2) of weighted empirical measures is that it targets the true invariant distribu-
tion v of the continuous time diffusion. The price to pay is the use of an Euler scheme with decreasing step which is
a non-homogeneous Markov chain. This induces new difficulties compared to the extensive literature on deviation in-
equalities for ergodic homogeneous Markov chains. In particular, our approximation procedure produces some remainder
terms that need to be controlled accurately enough in a non-asymptotic way to produce tractable deviation inequalities
asymptotically close to their counterparts for the diffusion itself. This is a major difficulty compared to a CLT where these
remainder terms are simply requested to go to 0 fast enough.

As mentioned above and like for the CLT (see [6] for the diffusion or [25] for the weighted empirical measures v,,),
these deviation inequalities are naturally established for coboundaries f — v(f) = A(gp), the assumptions being made
on ¢. Our second objective in this paper is to state our results so that all assumptions could be read on the source function
f itself. This first requires to solve the Poisson equation in that spirit, that means deriving pointwise regularity on ¢ from
that supposed on f. Again, for Lipschitz sources, this step will require an appropriate regularization procedure.

In particular, we will not rely on the Sobolev regularity (see e.g. Pardoux and Veretennikov [37]) but rather on some
Schauder estimates in line with the works by Krylov and Priola [24], which allow to benefit from the elliptic regularity
for operators with unbounded coefficients. For more details, we refer to the introduction of Section 5.

1.2. Assumptions and related asymptotic results

From now on, we will extensively use the following notations.
For a given step sequence (), ),>1, we denote:

n n
VeeR, I := Zy,f, [y:= Zyk =r.

In practice, we will consider time step sequences: y;, =< nlg with 6 € (0, 1], where for two sequences (#y,),eN, (Vn)neN the
notation u, =< v, means that Ing € N, 3C > 1 such that Vi > ng, C~'v, < u, < Cu,.

1
For a vector v € R¥, k € {d, r}, we denote by |v] := (ZIJ‘ LV )2 its (canonical) Euclidean norm. Also, for a function
¥ 1 RY = RY, we set [ loo = SUpyepa [ (1)),

Hypotheses

(C1) The random variable X is supposed to be sub-Gaussian, i.e. its square is exponentially integrable up to some
threshold. Namely, there exists Ag € R* such that:

Vi <ro,  E[exp(rXol?)] < +o0.

(GC) The p-distributed i.i.d. innovation sequence (U,),>1 is such that E[U;] = 0 and for each (i, j, k) € {1,. P,

E[UIUJ] = 0ij, IE[U U] Uk] = 0. Also, (Up)n>1 and X are independent. Eventually, U; satisfies the followmg
Gaussian concentration property, i.e. for every 1-Lipschitz continuous function g : R” — R and every A > 0:

)\’2
E[exp(rg(U1))] <exp <ME[g(U1)] + 7)_

Observe that if U (aw) N, I,) or U; (law) ( (81 +6_1))®", i.e. for Gaussian or symmetric Bernoulli increments

which are the most commonly used sequences for the innovations, the above identity holds. On the other hand,
what follows can be adapted almost straightforwardly for a wider class of sub-Gaussian distributions satisfying
that for some @ > 0 and for any A > O:

wA?
E[exp(rg(U1))] < exp <AIE[g(U1)] + T)’ (1.4)
which yields that for any » > 0, P[|U1| > r] < 2exp(— g) (sub-Gaussian concentration of the innovation). The case
@ = 2 corresponds to the standard Gaussian concentration. This is also the constant in the logarithmic Sobolev
inequality fulfilled by the standard Gaussian measure, see [4].
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(C2) There exists a positive constant « such that,

sup ||a(x) ||2 <k,

xeRd

where |lo(x)|| stands for the operator norm of o (x), i.e. |lo(x)|| = sup,crr ;<1 |0 (x)z] (keep in mind that
1

llo ()l = llo*(x)|| = lloo™(x)||2). We then set [|0']loo := sup,era o (x)]-

(Ly) There exists a Lyapunov function V : RY — [v*, +00), with v* > 0, satisfying the following conditions:
(i) Regularity—Coercivity. V is a C? function, || D*V||» < +00 and limjy |00 V(x) = +00.
(i) Growth control. There exists Cy € (0, +00) such that for any x € R:

IVV )+ b)) < Cy V().

(iii) Stability. Let A be the infinitesimal generator associated with the diffusion equation (1.1), defined for all
XS Cé(Rd, R) and x € R4 by:

1
Ap(x) = (b(x), Vo (x)) + 3 Tr(S(0)D%p(x)), Z(x):=o00"(x),

where, for two vectors v;, vo € R4, the symbol (vy, vy) stands for the canonical inner product of v; and v;
and for M € RY @ R?, Tr(M) denotes the trace of the matrix M.
There exist ay > 0, By € R such that for all x € R4,

AV (x) < —ayV(x)+ By.

As a consequence of (Ly)(i), there exist constants K and ¢ such that for |x| > K, |V (x)] < E|x|2, which in turn
implies, from (Ly)(ii), that |b(x)| < /Cyclx|.

(U) There exists a unique invariant distribution, denoted from now on by v, for equation (1.1).

(S) For a Lyapunov function V satisfying (Ly), we assume that the step sequence (yx)x>1 satisfies for each k > 1,

L min(——o —_av
)/k S 2 mln( /7CVE’ CVHDZVHOO )
Condition (S) means that we assume that the time steps are sufficiently small w.r.t. the upper bounds of the coefficients
and the Lyapunov function.

Remark 1. We have assumed (U) without imposing some specific non-degeneracy conditions. Observe that (Ly) yields
existence of an invariant distribution (see e.g. Chapter 4.9 in [16]). Additional structure conditions on the coefficients
((hypo-)ellipticity [22,37-39], or confluence [35]) then yield uniqueness.

Assumption (S) is a technical condition which is exploited in order to derive the non-asymptotic controls of Theorem 2
(see especially the proof of Proposition 1 below).

Observe that, as soon as conditions (C2), (Ly), (U) are satisfied and E[U;] =0, E[U [@3] = 0, the following Central
Limit Theorem (CLT) holds (see Theorems 9, 10 in [25]).

Theorem 1 (CLT). Under (C2), (Ly), (U), if E[U;] =0, E[UFB] =0 and E[V(Xg)] < +00, we have the following
results.

@)
(a) Fastdecreasing step. If lim,, D — 0and E[U, |6] < +00, then, for any Lipschitz continuous function ¢ in C3(RY, R)
JT

with D¢ bounded and D3¢ bounded and Lipschitz, one has (with (L) denoting weak convergence)

VTava(Ap) (—va(o,/ |U*V<p|2dv).
R4

@
F'lg =9 € (0, 400] and if E[|U|¥] < 400, then for every Lipschitz
continuous function ¢ € ct (Rd, R) with (Di(p)ie{z’3,4} bounded:

(b) Critical and slowly decreasing step. If lim,,

L ~ o~ .. .
vV Iavn (A) £ N(ym,/ |0*Vgo|2dv) if ¥ < +oo (critical decreasing step),
R4

Ly P o~ .
—&Vn (Ap) — m  if ¥ = 400 (slowly decreasing step),
Iy
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with the notations of [25]

mi=— / (102<p<x)b(x)®2 + @4(x)>v(dx>,
Rd 2
where

1 1
Dy(x) = fR ,_ (E(D%(x)b(x), (o@u)®)+ ﬂD“<p(x)(a(x)u)@“)u(du)

and [ denotes the distribution of the innovations (Uy)r>1. In the above definition of ®4, the term D3¢ stands for
the order 3 tensor (33 xk(p)(i,j,k)e[l,dﬂ3 and we denote, for any x € R?, by D3¢ (x)b(x) the R? @ RY matrix with

XinXj,

entries (D3p(x)b(x))ij = Y41 (D3p(x))ijebk (x), (i, j) € [1, d]>.

Remark 2. Let us specify that for a step sequence (y,),en such that y, < n~?, 6 € (0, 1], it is easily checked that case

r®
\/'i,_—>y>0 wehave@e(0,3] If ¥ < +o0 then

r®
\/_
9=§and1fy=+oothenée(0,§).

(a) occurs for 6 € (3,

3/2)
Let us mention that, when sup, - 1:/_ < 400, i.e fory, <n=? 6 € (1/2, 1], the CLT of point (a) holds without the
condition E[Uf93] = 0 provided E[|U1| ] < 400 (see Theorem 9 in [25]). Moreover, the boundedness condition (C2)

can be relaxed to derive the CLT, which holds provided limy|— 00 % = 0 (strictly sublinear diffusion) in case (a)

and sup, cpd % < 400 (sublinear diffusion) in case (b). We refer again to Theorems 9 and 10 in [25] for further

considerations.

Remark 3. The reader should have in mind that an ergodic result similar to the one stated in the fast decreasing step
setting holds for the diffusion itself under the same structure assumptions, i.e. (C2), (Ly), (U) (see Bhattacharya [6]). In
fact (C2) can be partially relaxed as well, as mentioned above. Precisely, for (¥;)s>0 as in (1.1),

1 t
_/ A(p(Kg)dsi)N<0,/ |6*V<p|2dv) ast — +oo.
Vi lJo RY

Note that the asymptotic variance corresponds to the usual integral of the “carré du champ” w.r.t. to the invariant distri-
bution (see again Bhattacharya [6] or the monograph by Bakry et al. [4]), i.e.:

/}a*w(x)|2v(dx)=—2/ (Ag, ) (x)v(dx).
]Rd Rd

In both settings, the normalization is the same: /7 for the diffusion and /T, for the scheme. Except that, as emphasized
by Theorem 1, for slowly decreasing step — when 6 < 1/3 — the time discretization effect becomes prominent and “hides”
the CLT so that 6 = 1/3 (critical value between “fast” and “slow” settings) yields the fastest rate with a biased CLT.

Remark 4. We would like to mention that, in the biased case (b), for steps of the form y; = yok_l/ 3 k>1,itis
important for a practical implementation to choose yy in an appropriate way, namely by minimizing the function yy

Yio k2

—1/2 . . . .
c1yo + 2y, / , ¢1 = lim, W, c) = fRd |0*Vg0|2d v, which corresponds to the mean-variance contribution

deriving from the biased limit Theorem. Of course, c¢; is usually unknown, and the concrete optimization has to be
performed replacing c; by a computable estimate, like for instance upper bounds, ¢3 < ||0 || || V@]l 00, Se€ Theorem 4 and
Section 5 below.

The purpose of this work is to obtain non-asymptotic deviation results which match with the above CLT. In the current
ergodic framework, the very first non-asymptotic results were established for the Euler scheme with constant time step by
Malrieu and Talay in [30] when the diffusion coefficient o in (1.1) is constant. The key tool in their approach consists in
establishing a Log Sobolev inequality, which implies Gaussian concentration, for the Euler scheme. This approach allows
to easily control the invariant distribution associated with the diffusion process (1.1), see e.g. Ledoux [27] or Bakry et al.
[4] in a general framework. However Log Sobolev, and even Poincaré, inequalities turn out to be rather rigid tools and
are not very well adapted for discretization schemes like (S) with or without decreasing steps.
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Our approach relies on martingale techniques, which were already a crucial tool to establish the asymptotic results
of [25] and have been successfully used in Frikha and Menozzi [17] as well to establish non-asymptotic bounds for the
regular Monte Carlo error associated with the Euler discretization of a diffusion over a finite time interval [0, 7] and
a class of stochastic algorithms of Robbins—Monro type. Roughly speaking, for a given n, we decompose the quantity
Thva(Ap) as M,, + R, where (My)k>0 is a martingale which has Gaussian concentration and R, is a remainder term
to be controlled in a non-asymptotic way.

We can as well refer to the recent work by Dedecker and Gouézel [14] who also use a martingale approach to derive
non-asymptotic deviation bounds for separately bounded functionals of geometrically ergodic Markov chains on a general
state space.

Let us also mention that many non-asymptotic results have been obtained based on functional inequalities. Bolley,
Guillin and Villani [10] derived non-asymptotic controls for the deviations of the Wasserstein distance between a reference
measure and its empirical counterpart, establishing a non-asymptotic version of the Sanov theorem. Deviation estimates
for sums of weakly dependent random variables (with sub exponential mixing rates) have been considered in Merlevede et
al. [31]. From a more dynamical viewpoint, let us mention the work of Joulin and Ollivier [21], who introduced for rather
general homogeneous Markov chains a kind of curvature condition to derive a spectral gap for the chain, and therefore
an exponential convergence of the marginal laws towards the stationary distribution. We also mention a work of Blower
and Bolley [7], who obtain Gaussian concentration properties for deviations of functional of the path for metric space
valued homogeneous Markov chains or Boissard [9] who established non-asymptotic deviation bounds for the Wasserstein
distance between the marginal distributions and the stationary law, still in the homogeneous case. The common idea of
these works is to prove some contraction properties of the transition kernel of the Markov chain in Wasserstein metric.
However, this usually requires to have some continuity in Wasserstein metric for the involved transition law, see e.g.
condition (ii) in Theorems 1.2 and 2.1 of [7]. Checking such continuity conditions figures out to be difficult in practice.
Sufficient conditions, which require absolute continuity and smoothness of the transition laws are given in Proposition 2.2
of [7].

Though potentially less sharp for the derivation of constants, the adopted martingale-based approach in this work turns
out to be rather simple, robust and can be very naturally adapted to both discrete innovations and inhomogeneous time
steps dynamics like the one we currently consider.

It should as well allow to control deviations for functionals of the path, in the spirit of those considered in [34,35].
Also, the approach could possibly extend to diffusions with less stringent Lyapunov conditions, like the weakly mean
reverting drifts considered in [26], or even to more general ergodic Markov processes, see e.g. Pages and Rey [36]. These
aspects will concern further research.

As an application of our non-asymptotic concentration results, we will discuss two important topics:

— The first one is of numerical interest and deals with non-asymptotic confidence intervals associated with the estimation
of the ergodic mean. Such results can be very useful in practice when the computational resources are constrained (by
time, by the model itself, .. .). If we assume that ¢ € C3 (R4, R), Lipschitz continuous with (Diw)ie{m} bounded, such
that the mapping R? 5 x — (b(x), Vo(x)) and D3¢ are Lipschitz continuous, we then establish that there are explicit
monotonic sequences ¢, < 1 < C, converging to 1 such that foralln € N, a > 0 and y; =< k% 0¢ (%, 1],

a2
Pl/Tuv,(Ap) > al| < Cpexp| —¢p————— ). 1.5
[VEavn(Ag) = d] p( ¢ 2||o||%,o||w||§o) (-3

When the diffusion coefficient ¢ is such that ||o||> — v(]|lo||?) is itself a coboundary (or its counterpart for any other
norm dominating || - ||), the previous bound can be improved in a certain deviation range for a. Namely, we are able to
replace ||o ||C2>o by v(|lo 1) in (1.5), going thus closer to the theoretical limit variance involving the “carré du champ”.
Moreover, a mixed regime appears in the non-asymptotic deviation bounds which dramatically improves, from the
numerical viewpoint, the general case for a certain deviation range. In particular, the corresponding variance is closer
to the asymptotic one given by the “carré du champ” (see Theorem 8 below). In accordance with the limit results of
Theorem 1, the drifts associated with the fastest convergence rates can be handled as well. We obtain in full generality,
results of type (1.5) under slightly weaker smoothness assumptions, considering e.g. D3¢ being B € (0, 1]-Holder
continuous. Eventually, under suitable ellipticity conditions on o, we are able to give non-asymptotic deviation bounds
for a Lipschitz source f as well as explicit gradient bounds for the solution ¢ of the corresponding Poisson problem.

— The second one is mainly theoretical and concerns non-asymptotic deviation bounds for the celebrated almost-sure
CLT first established by Brosamler and Schatte (see [11] and [42]) and revisited through the ergodic discretization
schemes viewpoint in [25].

Both applications require a careful investigation of the corresponding Poisson equation Ap = f — v(f). We will in
particular prove that some pointwise regularity properties can be transferred from f to ¢.
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The paper is organized as follows. We conclude this section by introducing some notations. Our main results are
presented in Section 2. We first state therein the specific concentration results for functions f writing f = Ag + v(f)
(see Section 2.1). We then proceed with some suitable controls on the Poisson problem associated with .4 and f in
a confluent framework under the two main cases considered: namely a possibly degenerate setting, which requires a
strong confluence condition and smooth source and coefficients, and a non degenerate setting, which allows to weaken
the confluence condition as well as the smoothness assumptions on the source and the coefficients since in that case
we manage to benefit from an elliptic bootstrap property (see Section 2.2). We eventually give in Section 2.3 some
practical and tractable deviation bounds and non-asymptotic confidence intervals, including a Slutsky like result, for a
given specific source f under the afore mentioned conditions on the coefficients of (1.1).

We prove our main concentration result in Section 3. Section 4 is devoted to the case where lol? = v(llol?) is a
coboundary. We then prove in Section 5 the required controls on the Poisson equation for our deviation result to hold
as well as the practical controls of Section 2.3. Section 6.1 is dedicated to the non-asymptotic deviation bounds for the
almost-sure CLT and Section 6.2 to the numerical illustration of our non-asymptotic confidence intervals.

1.3. Notations

In the following, we will denote by C a real constant that may change from line to line and depend, uniformly in time, on
known parameters appearing in (C1), (GC), (C2), (Ly), (S). Other possible dependencies will be explicitly specified. We
will also denote by %, and e, deterministic remainder terms that respectively converge to 1 and 0 with n. The explicit
dependencies of those sequences again appear in the proofs.

For a function f € C#(R4,R), B € (0, 1], we denote

[flp:= SHpM <400

x#x' lx _x/|ﬁ

its Holder modulus of continuity. Observe carefully that, when f is also bounded, we have that for all 0 < 8’ < 8:

£ i
7 1__/
[flp <1f15 Qllfllsc) 7 (1.6)
Additionally, for f € CP (]Rd, R), p € N, we set for g € (0, 1]:

D f(x) = D*F(DI _

] .—
L/ ]ﬂ-_ s lx —x'|P -

x#x/,|a|=p

00,

where o (viewed as an element of Ng\{O} with Np := N U {0}) is a multi-index of length p, i.e. |o| := Z?:l o = p.
For notational convenience, we also introduce for k € Ny, 8 € (0, 1] and m € {1, d, d x r} the Holder space

P (RYR™) = | f € CH(RY, R™) : Vo € [1L K], sup [D? f(x)] < o0, [f®], < +oo]. (1.7)

xeR4

We also denote by Cf’ﬁ the subset of CK-# for which the functions themselves ares bounded. In particular, %! (R4, R™)
is the space of Lipshitz continuous functions from R? to R” and Cl?”g (R4, R™) denotes the space of bounded B-Holder
continuous functions. Observe as well that, if f € C kB k> 1, then f is Lipschitz continuous.

We will as well use the notation [n, p], (n, p) € (No)z, n < p, for the set of integers being between n and p. Also, for
a given Borel function f : RY — E, where E can be R, R, R QRY, q € {r,d}, we set for k € Ny:

Jie = f(Xk),

where (Xy)k>0 is the scheme introduced in (S). Eventually, for k € Ny, we denote by Fj := o((Xj)je[[o,k]]).

2. Main results
2.1. Result of non-asymptotic Gaussian concentration
Our main concentration result is given by the following theorem. In this theorem, we consider a slightly more general

situation than for the CLT recalled in Theorem 1. We only assume ¢ € C3B(RY,R), B € (0, 1] instead of ¢ € C*(R?, R)
with existing bounded partial derivatives up to order four (which in particular implies that in Theorem 1 ¢ € C*' (R4, R)).
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Theorem 2. Assume (C1), (GC), (C2), (Lv), (U), (S) hold. Consider a Lipschitz continuous (possibly unbounded)
function ¢ € C>P(R?,R) for some B € (0, 1]. Let us furthermore suppose that:

ICy e >0,Vx €RY,  |p(x)] < Cv (1 +vV (X)) (Gv)

Let 0 € [1/(2 + B), 1] and assume the step sequence (yi)k=1 is of the form y; < k7.
(a) Unbiased Case (sub-optimal convergence rate): Let 6 € (ﬁ, 1].

(i) Assume that the mapping x — (V@ (x), b(x)) is Lipschitz continuous.
Then, there exist two explicit monotonic deterministic sequences ¢, <1 < Cp, n > 1, with lim,, C,, =lim, ¢, =1,
such that for all n > 1 and for every a > 0:

2
P[|\/F7nvn(¢4(p)| > a] <2C, exp(—cn a—).

2o 1% Vel

(i) When the mapping x +— (V@(x), b(x)) is not Lipschitz continuous. The above result still holds for 0 < a < xn */_”

n

for a positive sequence x, — 0 arbitrarily slowly, so that x, \F{TZ_) — +o00. In particular, for a fixed a > 0, the above
n no N

concentration inequality holds for n large enough.

(b) Biased Case (Optimal Convergence Rate): Let 6 = ZL We set for any (k,t,u, x) € [1,n] x [0, 1]*> x R:

Afil(t, u, x) :=E[Tr((D o (x + yeb(x) + ut /yxo (x)Ux)o (1) Ui (0 () U ® Uro (x)*))], Q.1

keeping in mind that, since ¢ € C>F(R?, R), [D3<p],3 < 4-00. We define subsequently:

I & osp !
EP = >y /0 dt(l—t)tfo dull_ (1, u, Xp). 2.2)

Set now

Bip=EL ifpe.0),

Bup:=EF + Y f (1 — ) Tr(D*@(Xk—1 + tykbe—1)bk—1 ® bx—1) dt
e ﬁz g ( )dr 2.3)
1 n
+ v Te((D*@(Xi—1 + yibi—1) — D*o(Xi—1)) Zk—1),  if B =1.
g ol )51

There exist two explicit monotonic deterministic sequences ¢, <1 < Cy, n > 1, with lim,, C, = lim,, ¢, = 1 such that for
alln>1and a > 0:

(12
PH\/FnVn(A(P) + Bn,,B| = Cl] <2C, eXp<—Cnm)~

348
1101 P B, 1 1 as B
W AIRGIR  Jr = oo > 0. Also, for =1, the
(By.1)n>1 are exponentially integrable and if, furthermore, D3¢isC!, Bp.1 < —ym a.s. where ym is as in Theorem 1. In
any case, a bias appears in our deviatlon controls when we consider, for a given smoothness of order € (0, 1] for D3¢,

the fastest associated time steps yy < k=?,0 = 523 + ik

For B € (0, 1), the random variables |B, g| = |E,€}| <

Remark 5. Observe that, when 8 = 1, the above result provides a non-asymptotic counterpart of the limit Theorem 1.
In particular, the concentration constants appearing in Theorem 2 asymptotically match those of the centered CLT re-
called in Theorem 1, up to a substitution of the asymptotic variance fRd lo*Ve(x)|?v(dx) by its natural upper bound
lo 121 VelZ.-

Importantly, these bounds do not require “a priori” non-degeneracy conditions and only depend on the diffusion co-
efficient through the sup-norm of the diffusion matrix 3, assumption (C2). It will anyhow be very natural to consider



Non-asymptotic Gaussian estimates for ergodic approximations 1567

a non-degeneracy condition ([37,41]), or a confluence condition ([35]), when investigating the deviations for a given
function f, in order to ensure the solvability of the corresponding Poisson equation Ap = f — v(f) and to derive ex-
plicit upper bounds for || V||« in terms of the coefficients b, o and the source f which turn out to be crucial to design
computable non-asymptotic confidence intervals. These aspects are discussed in Section 2.2 below.

The alternative form of the asymptotic variance (cf. Remark 3) /Rd |o* Vo (x)|2v(dx) = =2 fRd [fxX)—v(f)]lex)v(dx)
suggests that for bounded source terms f, an associated natural variance bound would be 2|| |0 ||¢]lco- Such a control
would a priori require less regularity on ¢ than assumed in Theorem 2. One could for instance try to exploit suitable
regularization procedures, like for instance the one proposed in Section 5.3 for the proof of Theorem 7 below, to establish
non-asymptotic deviation results under weaker assumptions. Our main objective being to capture unbounded Lipschitz
functions f, these aspects will concern further research.

Remark 6 (Smoothness and Convergence Rate). Observe that, in coherence with the asymptotic setting of the CLT
recalled in Theorem 1, for a given ¢ € c3p (Rd, R), B € (0, 1], the fastest convergence rate for the deviations is attained
for 6 = ﬁ A bias appears, which can be difficult to estimate in practice since ¢ is usually unknown.

Remark 7 (On the smoothness property of x — (b(x), Vo(x))). The Lipschitz continuity assumption on the above
mapping appearing in case (i) might seem awkward at first sight. It is non-intrinsic in the sense that it involves both the
drift b of the model and the test function ¢. However, this condition naturally appears when ¢ is a smooth solution to the
Poisson equation Ag = f — v(f). Indeed, recalling the definition of A in (Ly)(iii), we can rewrite:

1
(Vo) b)) = fx) = v(f) — 3 Tr(Z (x) D¢ ().

Hence, the Lipschitz continuity of the function in the above left hand side readily follows as soon as the source f is
Lipschitz and if D?¢ is bounded and Lipschitz continuous (since o is also bounded and Lipschitz). Note that with
the previous notations for function spaces the previous conditions are implied if f € C"#(R?,R) c CO'(R4,R), ¢ €

CH(RY,R) = DX e Cy’ (RY, R @ RY) c C'(RY, RY @ RY). We refer to Section 5.1.2 for details.

We now state an improvement of the previous concentration bound when ||o || — v(||o’||?) is itself a coboundary, i.e.
when the Poisson problem A% = lol? = v(llol|?) can be solved with ¢ satisfying the assumptions required for ¢ in
Theorem 2. Precisely, we have the following result.

Theorem 3.

(a) Under the assumptions of Theorem 2 and with the notations introduced therein, provided that v, solution to the
Poisson equation A9 = ||o||* — v(||o ||?), satisfies the same smoothness and growth conditions as ¢, for B € (0, 1]
and 6 € (ﬁ, 1] (unbiased case), there exist two explicit monotonic deterministic sequences ¢, <1< Cy, n > 1,

with lim,, C, = lim, &, = 1 such that for alln > 1 and 0 <a < Xn*l_/(—ljj’ with (xn)n>1 a positive sequence x, — 0
n n
arbitrarily slowly, statisfying x, *F/Tl;_’; — +00:
n n
Vi Ap)| 2] 228 .
Pl v/ Thvn(Ap)| = a| <2C exp(—'E —) 2.4)
[[VEnv J=26, "2(le 1PVl

(b) If ¥ solve the Poisson equation AV = || ||> — v(||o ||*) mutatis mutandis for a matrix norm dominating the operator
norm (|| (x)|| = llo (x)||), then the above bound (2.4) still holds with v(||o ||?) instead of v(||o ||?).

Importantly, the above result allows to improve the natural variance bound ||Vgo||go||a ||C2,o of Theorem 2 by a more
refined, namely ||V(p||gov(||o||)2. Such a bound can be particularly interesting when the supremum norm of o is high
but its average w.r.t. the invariant distribution v significantly lower. We refer to Section 4, Theorem 8 (general form of
Theorem 3) and 6.2 (numerical results) for further discussions on that topic.

Of course Claim (b) is less sharp than (a) stated with the operator norm || - || but solving the Poisson equation for
lo(x)|| seems highly non trivial. By contrast, if ||o (x)|| = [|o (x)|| 7 := [Tr(co*(x))]'/? stands for the Frobenius norm,
Theorem 4 below yields the expected smoothness properties on ||o II% —v(||lo ||%) that ensure the existence of a solution
to A% = ||o ||%, —v(|lo ||%,) meeting the required smoothness conditions. The price to pay with such computable norms
being that they usually induce some dependence on the dimension d on the estimates (observe e.g. for the identity matrix
Iy of REQRY, || Iyl =d'/?).
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2.2. Uniqueness of the invariant distribution and regularity issues for the Poisson problem

For our deviation analysis to work, we need to have the uniqueness of the invariant distribution v and to establish some
pointwise controls on the solution of the associated Poisson equation. Namely, we need to have quantitative bounds on
its derivatives and the associated Holder continuity modulus up to order 3.

To do so, additionally to our main assumptions introduced for Theorem 2, we will work in the confluent setting. In di-
mension one, any ergodic diffusion is in some sense confluent (see [23], Appendix of the English translation, Theorem 2.2
p- 308 and its alternative proof in [29] Theorem 2). Here, we will suppose that the following condition holds:

e Confluence Conditions.
(DY) We assume that there exists & > 0 and p € (1, 2] such that for all x € RY, £ € R¢

* r . 2
<ws, s> 3 Z((;a - 2)% 4 |Do.j5|2) < —alel,

j=1
where Db stands here for the Jacobian of b, o.; stands for the jth column of the diffusion matrix o and Do.; for its
Jacobian matrix.

Within the confluent framework, we will consider from now on two kinds of assumptions which first give the unique-
ness of v and then can lead to the required smoothness and to computable gradient bounds, which are crucial since they
are precisely the quantities appearing in the non-asymptotic Gaussian deviation controls as emphasized in the statement
of Theorem 2.

— Strong Confluence condition and regularity of the coefficients, which means that the drift is sufficiently dominant in
the dynamics and the coefficients are smooth (see assumption (Cr) below). Note that these conditions may hold for
degenerate diffusion coefficients.

— Non-degeneracy of the diffusion coefficient and mild confluence condition and smoothness on the coefficients (see
assumption (Cyg) below).

Under a sufficiently strong confluence condition, i.e. when « is large enough in (DY), and provided that the coefficients
b, o, f are sufficiently smooth, it is quite direct to derive, through stochastic flow techniques a la Kunita, the required
pointwise bounds for the derivatives of the Feynman—Kac representation of the solution to the Poisson equation (see [35]
and Section 5.1).

In the non-degenerate case, the main advantage is that we can alleviate some restrictions on « and the smoothness
assumptions on b, o, f to benefit from an elliptic regularity bootstrap deriving from suitable Schauder estimates available
in the current setting from the work by Krylov and Priola [24].

We now introduce a smoothness assumption on b, o, f that will be useful in both considered cases.

e Smoothness of the coefficients and the source. For k € {1,3} and 8 € (0, 1) define

(R, ) The coefficients in equation (1.1) are s.t. b € CHB(R,RY), 0 € C]g‘ﬁ (R4, R9). Also, the source f for which we
want to estimate v( f) belong to Cck-B (R4, R).

With these assumptions at hand, we now introduce the first setting to be considered.
o The confluent and regular assumption (CR), holds if (D}), (R3,4), for some B € (0, 1], are in force and | Do |2, <

d 1 . .
2(343#—17 where || Do || oo := SUP, cRd (ijl ||Dc7.j(x)||2)2 recalling that, for every j € [1,d], |[Do.j(x)|| stands for the
operator norm of Do (x).
In particular, we do not impose in this case any additional structure condition on ¢ which can degenerate.

In our second main framework, we will assume some uniform ellipticity conditions.

o Non-degeneracy Conditions.
(UE) Uniform ellipticity. We assume that w.l.o.g. that » =d (r > d could also be considered) in (1.1) and that the
diffusion coefficient o is such that

Jo > 0,V(5,x) eR! x RY,  (00*(x)8,£) > o€

We now introduce our second main setting:

o The confluent and non-degenerate assumption (Cyg), holds if (DY), (Ry,p), for some B € (0, 1], are in force. If d > 1,
we also assume that || Do ||gO < zaf% and that the diffusion matrix X satisfies a structure condition: for each (i, j) €

[1,d]? %0 j(x) = i j (Xinjs - s Xa)-
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Theorem 4. Assume that (Lv) and either (CR) or (Cyg) are in force. Then there exists a unique invariant distribution
for the solution of (1.1), i.e. assumption (U) holds.
The associated Poisson equation

VxeRY Ap(x) = f(x) —v(f), (2.5)
admits a unique solution ¢ € C>F(R?,R), B € (0, 1) centered w.r.t. v. Furthermore, the following gradient bound holds

Vel < I
o

and the mapping x — (Vo(x), b(x)) is Lipschitz continuous.

2.2.1. About the regularity of the coefficients

Under (CRr), the derivatives can be expressed using iterated tangent processes and we cannot expect, without a priori any
non-degeneracy condition, for a smoothing effect to hold. To have ¢ € c3p (Rd, R), we need to consider a source f €
C3# (R4, R) and the same smoothness on b, o (Assumption (R3 g)). We refer to Section 5.1 for the proof of Theorem 4
under (CR).

In the non-degenerate case, the solvability of the Poisson problem is usually studied in a Sobolev setting, see e.g. [37].
Let us also indicate that pointwise gradient bounds have been obtained by the same authors in [38] for bounded drifts
and diffusion coefficients which are additionally supposed to be smooth, i.e. at least C,?”S with the notations introduced
in Section 1.3. We point out that these estimates do not apply in our current setting in which the drift has typically linear
growth.

We eventually mention the last paper by these authors, namely [39]. They derive therein the uniqueness of the martin-
gale solution to the Poisson equation in a potentially degenerate setting under suitable local Doeblin conditions. In that
framework, pointwise controls are obtained as well for the solution itself but not for its derivatives.

To obtain the required smoothness, we use here in the non-degenerate framework of (Cyg) some Schauder estimates,
deriving from the work of Krylov and Priola [24], which allow to benefit from the elliptic regularity. Namely, to obtain
the mentioned smoothness on ¢ solving Ap = f — v(f), that we expect to be in c3p (Rd, R), 8 € (0, 1), we can take a
source f € C#(RY,R) and b € CA(RY, RY), o € )P (R, RY).

We would eventually like to emphasize that the structure condition on ¥ might seem weird at first sight. It is actu-
ally needed to decouple the PDEs formally satisfied by (dy,¢);c[1,4] in order to exploit the a priori estimates of [24]
established for scalar valued PDEs. We refer to Section 5.1 for a proof and details.

2.2.2. About the confluence condition and the restrictions on o

We work here in the confluent setting of (D}). This assumption will allow, through a pathwise analysis associated with
the tangent flow, to derive a pointwise gradient bound. Another possibility to obtain such a bound is to assume a so-called
Bakry and Emery curvature criterion, see [3,4]. Under this condition, the gradient and semi-group commute up to an
exponential multiplicative factor (see equation (2.7) below).

> Bakry and Emery curvature criterion. First, we recall that the “carré du champ” operator I of a Markov process with
generator A reads, for every f, g in its domain D(A)

DU/ 0= 5 (AUR) ~ fAg —gAf) and T(/):=T(/, .
We also need to define the I'; operator
Da(f) = 3 (AT() ~ 20 (L Af).
In our Brownian diffusion setting, we have
v eRY, T(N)(x) =|o*V |
whereas the computation of I'; is significantly more involved. However, if the diffusion matrix ¥ = oo ™* is constant then:

Pa(f)(x) :=Te((D? f(x)E)°) — (V. DbEV £)(x).
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With these notations at hand, we say that the semi-group (P: )0 of A satisfies the Bakry and Emery curvature criterion
with parameter p > 0 if

(BE,) VfeDA), Taf)=pl().

Observe that for ¥ = I the condition (BE,) is actually equivalent to (DY) with a = p (and any p € (1,2] since
Do = 0) and reads

<Db(x) + Db(x)*

> s,s>5 —plél*.

The computation of the I'; for a general non-degenerate diffusion of the form (1.1) is not easy and is discussed in [1].
In particular, in full generality, the computation of I'> requires the coefficients of the operator itself to be smooth (i.e.
at least C2). We also refer to [2] if the diffusion matrix is scalar diagonal, i.e. Z(x) =c¢(x)1y, x € R?, where ¢ is real
valued. In that case, it is then shown that (BE,) holds if and only if:

1
—{(M @) + M @)g.§) < —ps ()lE P, 2.6)

where

1 2 1 d )
== ’ - d P - M
M (x) 2(g(x)Ag(x)+(b(x) Vo) = |[Ve)||) s + (2 4>Vg®V§(x) ¢ (x)*Db(x)

An important property when (BE,) holds, see again [3,4], is that the following commutation inequality holds:
Vi >0,Yx R, T(Pf)(x) <exp(—2pt) PT(f). 2.7)

To conclude, let us say that the Bakry—Emery curvature condition is a very powerful tool to derive pointwise gradient
bounds. In our framework, this is unfortunately not enough as soon as d > 1, because additionally to this kind of bounds
we also need, to enter in the framework of Schauder estimates under (Cyg), a control of the 8-Holder modulus of the
gradient (see Section 5.1.2). It does not seem that the condition (BE,) helps to get such controls. The restrictions on
the variations of Do appearing in both assumptions (Cyg) and (CRr) are precisely needed to derive in the first case the
bounds on [D¢]g and in the second one to prove that the derivatives exist up to order 3 and that [D3¢] g is controlled
as well. This explains why the conditions on Do are more stringent in the potentially degenerate setting (Cr). In each
case, those bounds are obtained through pathwise analysis and the restrictions on Do ensure the time integrability of the
iterated tangent flows, see again Section 5.1.2 and Appendix A in [35] for details.

2.3. Practical deviation bounds

2.3.1. A first non-asymptotic confidence interval result
Theorem 5 (Non-asymptotic confidence intervals without bias). Let the assumptions of Theorem 4 be in force. Then,
there exists a unique invariant distribution v for (1.1), i.e. (U) holds. Also, ¢ satisfies (Gv) introduced in Theorem 2 for
V(x)=<1+|x|%

Assume that (C1) (sub-gaussian tails of the innovation) holds and that the step sequence (Yx)ik>1 is such that yy =<
k=% 0e (ﬁ, 1]. Then, for (cp)n=1, (Cn)n>1 like in Theorem 2 with lim,, ¢, = lim, C, = 1, we have that for all n > 1,

a > 0 and for any matrix norm || - || dominating the operator norm || - ||
a’a?® ,
P[\/Fn|vn(f) —v(f)| >a] =2C, exp(—cnm) with ||o ||| o 1= Xs:ﬂgr|\|a(x) , (2.8)
_allo]lsl sy allo|lool f11 ﬂ _ (_ a_z)
[p|:v(f) c [Vn(f) Y o () + i >1—-2C,exp| —ca 5 ) (2.9

where the parameter « is the same as in the pointwise gradient bound of Theorem 4.

Proof. Equation (2.8) is a direct consequence of Theorem 2 and the gradient bound in Theorem 4. Indeed, the mean-value
Theorem readily yields that (Gy) holds. It then suffices to observe that v, (f) — v(f) = v, (Ag). To prove (2.9), setting
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Ao, fa = al|o ||oo L —+, it suffices to write:

IP>|:V(f) € [Vn(f) - %v Un(f) + a;;—’a:|:| =1 _P[\/r_n"}n(f) - V(f)| 2 a(r,f,oz]
and conclude by (2.8). O

2.3.2. A more refined non-asymptotic confidence interval when ||o ||> — v(||o ||?) is a coboundary
We provide in Theorem 6 below a kind of Slutsky’s Lemma when, for a matrix norm || - || dominating the operator norm
(e Jlo ) < [lo @I, lolI* = v(|lo]|?) is a coboundary.

Theorem 6 (Slutsky type concentration result for the coboundary case). Under the assumptions of Theorem 5, for
Be(0,1]and 0 € (ﬁ, 1] (unbiased case), assuming as well that there is a unique solution 9 to Ad = ||o ||> = v(||o||?)
satisfying the same assumptions as ¢ in Theorem 5, there exist two explicit monotonic deterministic sequences c, < 1 <

Cy, n > 1, with lim,, C, = lim,, ¢, = 1 such that for all n > 1, a > 0, the following bounds hold: if \/‘;—

deviations) then,

v () = v(f) }QC (_ a2a2> 2.10
H‘/_ Jondlop | == e Ty ) @10

ayva(lo DL a\/vn(lalz)[fhﬂ a0 exp(_c a_2>
/Ty ay/Ty N ! "2 )

Again, the non-asymptotic confidence interval is explicitly computable as a function of the given source f, the coeffi-
cients in the dynamics and the chosen (computable) matrix norm || - ||. It is also sharper than the one in (2.9).

P[v(f)e [Vn(f)_ n () + 2.11)

2.3.3. Towards Lipschitz sources in the non-degenerate case
We conclude this section stating a non-asymptotic deviation result for Lipschitz sources under some non-degeneracy
conditions (assumption (Cyg) of Theorem 4 replacing the condition stated there for f by a Lipschitz condition).

Theorem 7 (Non-asymptotic concentration bounds for Lipschitz functions). Let the assumptions of Theorem 4 with
(Cug) hold except that f is here only a Lipschitz continuous function. For a time step sequence (yi)i>1 of the form
Vi =X k=%, 0¢ (1/2, 1], we have that, there exist two explicit monotonic sequences ¢, <1 < Cp, n > 1, with lim, C,, =
lim, ¢, = 1 such that foralln > 1,a > 0:

a2a2
P[|y/To(va(f) = v()| = a] =2, exp(—cnm), (2.12)

where o is as in Theorem 4.

Such estimates are important since they allow to get rather close to the natural framework which appear in functional
inequalities (that mainly deal with Wasserstein distances and their possible deviations). Indeed, through the Monge—
Kantorovich formulation, the Wasserstein distance W1 involves Lipschitz functions, since it is precisely achieved taking
the minimum over Lipschitz functions for any possible coupling with marginal corresponding to the arguments of the
distance (see [4]).

In the literature, some non-asymptotic bounds can be found for the deviations of the Wasserstein distance between the
empirical measure of a homogeneous Markov chain and its stationary distribution (see Boissard [9]). Here, we manage
to get directly the non-asymptotic deviation bounds over all possible Lipschitz functions for the empirical measure of
the scheme aiming directly to approximate the target stationary distribution of the diffusion. Handling the Wasserstein
distance in our framework would amount to consider the supremum over the Lipschitz functions in the probability in
(2.12). This will concern further research.

We eventually point out that Theorem 7 is obtained through regularization arguments of the source f exploiting the
previous results of Theorems 2 and 4 (see Section 5.3 for details). This leads to a constraint on the steps, i.e. y;,, < =
(%, 1]. This is the price to pay, indeed a bigger 6 yields a lower convergence rate, to handle less regular Lipschitz sources.
Also, to perform the approximation procedure, we precisely need a kind of elliptic bootstrap (like in Theorem 4 under
(Cug)). This is why we impose the non-degeneracy assumptions.
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3. Proof of the concentration results (Theorem 2)

For notational convenience, we say that assumption (A) holds whenever (C1), (GC), (C2), (Lv), (U) and (S) are fulfilled.
We assume throughout this section that (A) is in force and that the function ¢ appearing in the lemmas satisfies the
smoothness assumptions of Theorem 2.

3.1. Strategy

To control the deviations of v, (Ag) we first give a decomposition lemma, obtained by a standard Taylor expansion. The
idea is to perform a kind of splitting between the deterministic contributions in the transitions and the random innovations.
Doing so, we manage to prove that the contributions involving the innovations can be gathered into conditionally Lipschitz
continuous functions of the noise, with small Lipschitz constant (functions (Y% (Xk—1, -))ke[1,,] below). These functions
precisely give the Gaussian concentration, see Lemma 2. The other terms, that we will call from now on “remainders”,
will be shown to be uniformly controlled w.r.t. n and do not give any asymptotic contribution in the “fast decreasing” case
0 > 1/(2 + B) (with the terminology of Theorem 2), see Lemmas 3, 4 and 5.

Lemma 1 (Local Decomposition of the empirical measure ). Foralln>1andk €[0,n — 1]:
1
P(Xr) — 9 (Xp—1) = veAp(Xk—1) + |:)/k/(; (Vo(Xi—1 + tyebe—1) — Vo(Xi—1), bi—1)dt

1
T Tr((D*¢(Xi—1 + vibi—1) — D*¢(Xi—1)) Za—1) + Vi (X1, Uk)i|

= e AXp—1) + (Y (Xp—1, Up) + R,ll,k(Xk—l)), 3.1

where for each k € [1, n], conditionally to Fi_1, the mapping u +— Y (Xr_1, u) is Lipschitz continuous in u with constant

VYVillore=1 1 Velloo-
Introducing for a given k, the mapping u — Ax(Xi—1, u) := ¥ (Xix—1,u) — E[Yx (Xk—1, Ur)| Fk—1], we then rewrite:
o(Xi) — @(Xi—1) = yeAp(X—1) + A (Xi—1, Up) + Ry ke (Xi—1),
with R, x(Xk—1) := erl’k(Xk,l) +E[Yk (Xk—1, Ux)| Fk—1]- The contribution Ay (Xx_1, Uy) can be viewed as a martingale
increment. Introduce now the associated (true) martingale
n
My:=) Mi(Xi—1. Up). (3.2)
k=1
Summing over k yields:
n
9(Xn) — 9(X0) = Tuvn(Ap) + My + Y Ry (Xi—1). (3.3)
k=1
Defining R, := Y j_; Ry x(Xx—1) +¢(Xo) — ¢(X,) we obtain the following decomposition of the empirical measure:
1
v (Agp) = _F_(Mn + Ry). (3.4)
n
— Unbiased Case (Sub-Optimal Convergence Rate). This case corresponds to fast decreasing steps of the form y; =<

k=%, 6 > 1/(2 + B). To investigate the non-asymptotic deviations of the empirical measure, the idea is now to write for
a,r>0:

ai

P[\/ivn (Ap) = a] < eXP( \/F—>E[8Xp(—%(% + Rn))i|

ex ex ex s +-=1,p,g > 1. 3.
= exXp ,—l.,n p r, n p T, n pP.4q
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We actually aim to choose ¢ := ¢g(n) — 1. For a suitable choice of g satisfying the previous condition, we manage, in the
n
fast decreasing case, to show that %, := E[exp(fl—ﬂRn D]1'/P — 1. For the term involving the martingale M,, we actually
n n

use the Gaussian concentration property (GC) of the innovation on its increments (Ax(Xk—1, Ux))ke[1,,]- Namely, using
the control of the Lipschitz constant of Ax(Xk_1, ) stated in Lemma 1, we derive:

qhr qr qXr
E exXp __Mn =E CXp| — = Mn—1 E exp __An—l(Xn—ly Un) ‘]:n—l
Fn Fn Fn
qr 2q? 2 2
<E|exp| —= —1)]ex (— lollsll Vel
)\‘ZQZ
<exp| ==—llo Vel ). (3.6)
2T,

iterating the procedure to derive the last identity. From (3.5), we thus get:

ai k2q
P[y/Tava(Ap) = a] < %, exp(—Jr_ + T
n n

Keeping in mind that we manage to find g := ¢(n) |, 1 such that the remainder %, |, 1, the result of Theorem 2 in the
considered case then follows from a quadratic optimization over the parameter A.

— Biased Case (Optimal Convergence Rate). This case corresponds to slow decreasing steps of the form y; =< k=,
0 =1/(2 + B). In this setting, some terms of the remainder R, in (3.4) give a non trivial asymptotic contribution. We
choose to substract them before studying the deviation (term B, g in (2.3)).

||a||§o||wu§o>-

3.2. Explicit controls on the remainders

Summing the increments appearing in (3.1), we now choose for the analysis to write for a given n € N the remainder R,
defined after (3.3) as

n
Ry = Rux(Xi1) + 9(X0) = 9(Xp) = (D2pn + D25 ) + Go — Ln,
k=1

where:
n 1
D2 pni= Z)/k/ (Vo(Xi—1 +1yxbi—1) — Vo(Xi—1), bi—1)dt,
0
k=1

1 n
Dy 5 = 5 Z Vk Tr((Dz(/’(Xk—l + Ykbr—1) — Dz(/)(Xk—l))Zk—l), a7
k=1 .

Gui=)Y E[Yn(Xi—1, U0 Fi1),
k=1
Ly == ¢(Xn) — ¢(Xo).

We refer to the proof of Lemma 1 to check that the above definition of G, actually matches the term /T, E ,’,S introduced
in equation (2.2) of Theorem 2. We rewrite from (3.4)

1 1 _
Vn (A<.0) = _F_(Mn +Ry) = _F_(Mn + (DZ,b,n + D2,Z,n) + G, — Ln)~ (3.8)
n

n

We now split the analysis according to the cases (a) and (b) introduced in Theorem 2.
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(@ 0e(1/2+ B), 11, B € (0, 1]. From (3.8), the exponential Tchebychev and Holder inequalities yield that, for all
reR, andp,qe(l,—l—oo),%—i—%:l,

IED|:\/ (AQD) > a]
o2 ) (oo~ 22m))
<exp —m exp M
1 1
2ph n ’ 4pi e 4pi i
x(Eexp(If’ (|Ln|+|Gn|)>> (Eexp(f |Dz,b,n|)> (Eexp(lf’ |D2,>:,n|)> . (3.9)

(b) 6= ﬁ, B e€(0,1].If B =1, denoting, Dy , := D2 p» + D2 5 n, we have from (3.7) and with the notations of (2.3),

(én + D3 ;) = /T'hBy, 1. We study the deviations of:

N‘,_‘

.
PLVTwvn(Ap) + Bug ia]zp[”n(Aqo)JrG - }

Iy VI
1 1
ai qi q DA »
< - E -—M E —I|L . 3.10
_exp< Vrﬂ)( exp( Fn n>> < exp<rn| n|>> ( )
For g € (0, 1), the contributions of D, ,, do not yield any asymptotic bias. Recalling from (2.3) that B3, g = E,f = Gli' ,

we write:

Gy
IEJJ[\/ Cpvn (Ap) + Bn,ﬂ = a] = P[Vn(A(p) + F_n = \/C:_,—n:|
1

1
ai A q 2pA 2p
<en( =75 ) (B~ ) ) (e 10))
1 1
4pa e 4pA W
x (]Eexp<lf’ |Dz,b,n|>> (]Eexp<lf’ |Dz,2,n|>> . G.11)
n n

Remark 8. Observe that in case (a), the “small steps” and the corresponding sufficient smoothness of ¢ prevent from the
appearance of a bias. As a result, the concentration bound is, at the non-asymptotic level, the same as in Theorem 1, up to
the additional upper-bound for the variance. In case (b), we subtract the terms 3, g that asymptotically give a bias. When

B =1, this is the case for both terms (12—)’1’ Dl%,n . Also, for D3<p eCl, By1= an/‘rﬂnln —n> —ym introduced in Theorem 1.

Gy
F}l :

For € (0,1)and ¢ € CS(Rd, R), [(p(3)]ﬁ < 400, the only term giving a bias is By, g = E,’f =
The lemma below provides the Gaussian contribution to be exploited in inequalities (3.9)—(3.11).

Lemma 2 (Gaussian concentration). Fora > 0, g € (1, 400), setting

= ——2 /T, (3.12)

~ qlloliZIIVellZ

we derive:

1 2
a Gin q a
exp(—k —)(]Eexp(——M )) 5exp<——>.
" ST r, 2q o113 1Vell%

Lemma 3 (Bounds for the Conditional Expectations). With the above notations, we have that for g € (0,1], 9 €
(215, 11:

348
Gl [P0 ISPENU P+ T 2
ca

" T,~ ' (+pRC+PHB+B VT,

a.s.
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Moreover, ay — oo, with ass = 0 if 6 € (ﬁ, 1] and ase > 0 if 6 = ﬁ.Also,for Be(,1],0¢€ (ﬁ, 10:

1
2pAy . = 2 An A2 a’p
E < — < 1 =), Vp>1. 3.13
< exP( Ty |G"|>> _CXP<«/F_na'l>_eXp<2an+ 2 b= G139

As indicated before, we now aim at controlling the remainders. In particular, from (3.5) and (3.7), we are led to handle
terms of the form

n n
Eexp(cZy,?|b(Xk_l)|2) (E : Eexp(cCV Zykz|V(Xk_1)|>
v

k=1 k=1

for small enough real constants ¢ > 0.
To this end, we will thoroughly rely on the following important integrability result for the Lyapunov function.

Proposition 1. Under (A) there is a constant cy := cy ((A)) > 0 such that for all ). € [0, cy], & € [0, 1]:

= supE[exp(AV5)] < +o0.

n>0

We now have the following results for the terms appearing in (3.7).

Lemma 4 (Initial term). Let g € (1, +00) be fixed and X, be as in (3.12) in Lemma 2. For functions ¢ satisfying (Gy),
i.e. there exists Cy o > 0 such that for any x € R, |p(x)| < Cy,o(1+ VX)), for p:= qu and j € {1,2}:

L . 2 2 : 2 2
L ' L (J+DpCy A L (J+DpCy a
<Eexp<jpkn| "|))1P < (I‘l,)jp exp<_ 2V,<p n +CV> =(1‘1,)jp exp( — V"p4 +_CV>,
l—‘n CVFn P cvg ”U”oo”kuoorn P

with cy, I‘l, like in Proposition 1.

Lemma 5 (Remainders). Let g € (1, +00) be fixed and A, be as in Lemma 2. Then, there exists C3.14 := C3.14((A), @)

such that for p = ﬁ:

4pA
(Eexp( ’F’ " |D2,z,n|>>
n

We also have:

-

)\'2 F(z) 2 1
< exp<c3,14p";7;)>(1¢)4v. (3.14)
n

— Ifthe mapping x — (V(x), b(x)) is Lipschitz continuous, then there exists C3.15 := C((A), ¢) > 0 such that

1
4ph ez 22(T)? L
Eexp( 221Dy pnl ) ) <exp me (13)%. (3.15)
'y rz
X 2 2
— Fora < vlolal Vel ¢ VTa there exists an R -valued sequence (Vn)n>1 such that |v,| < C3.16 := C3.16((A), @) and

4Cy|D%*¢ll3, PP

1
4pi »
<Eexp< lli n|D2,b,n|>> T () (3.16)

n

Also, v, = Voo Where Voo =0if 0 > 1/3 and voo > 0 for 6 =1/3.
n

Proof of Theorem 2. From Lemma 2 we get:

1
M, q ai, a?
Eexp| —gX —)) exp(— )fexp<——). 3.17)
( p( "T, JTs 2410 IV ll%

(a) We deal with the case 6 € (ﬁ, 11, B € (0, 1.
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(i) We suppose that the mapping X > (Ve(x), b(x)) is Lipschitz continuous. Plugging in (3.9) the controls from

(3.17), Lemma 3 equation (3.13) (|E | = ljr_l is a.s. bounded), Lemma 4 (with j = 2) and Lemma 5 (equations (3.14),
(3.15)), we get:

|:Vn (Ag) = «/_]

2 2 3pCy A2 i

Ay p L

Sexp<_%>exp< +&) Xp<#+c_v>(,¢)m
24llo 13 1Vel ) \20up 2 oTi ' p

27 @Hy2 2,17 @y2
pArs(Tn) L prs(Ty) L
XeXp(C3.14"F4zn (1y) ¥ x exp| Caas—5— ) (Iy) ¥
n n

2

exp| — — p— =~ + 3.14 + C3.15 + —
2q o113 1Vell% qllolZIVelZ, I Th \ cv " p
2
xexp<%+%). (3.18)

Recall now that for 0 > 5 + 5= 1/3, F / JT 0 F(z) /T n=— 0 (see Lemma 3 and Remark 2). We now take p :=
Eas) 38

Pn — 00, and therefore g := g, — 1, such that pl/ 2Ly N 0 so that from Lemma 3, p,,an — 0. Since
n n n n n
this in turn implies:

":sl—

<(fy)re

2
r®

mzm

! { Pn (6(’wé £ +20C C ](r<2>)2> ! } 0 (3.19)
= = — + 3.14 +C3.15 +—1—0. .
gnllo 3 IVel3 (T \ cv " Pn) n
1 2
We conclude from (3.18) setting ¢, = qn’l (1-d,),C, = (I‘l,)ﬁ exp(;—" + p”%) — 1. Observe that taking an increasing
n n

sequence (p,)n>1 readily yields C, |, 1, and g, |, 1. Also, the sequence (p,),>1 can be chosen in order to have, for n
large enough, d,, |, 0 so that ¢, 1, 1

2 2
(i) Assume a < 4°C"qu % ‘1{(2_> Plugging in (3.9) the controls from (3.17), Lemma 3, equation (3.13), Lemmas

4 (with j = 2), 5 (equations (3.14), (3.16)) we then derive:

[vn (Ag) = «/_]

2 2 2 3pC3 32 1

A p L

fexp<—%> exp( 4+ pa”)exp(#%-c—‘/)(l\l,)h
2q1lo 15 IIVe 5 2Lwp 2 eyl P

p)LZ (F(2))2

1
X exp<c3l4%> (1‘1/)41) (I‘l/)vn
Fn
3 cy pa’ a’ 1
< (1)) exp<—+ ")exp(— 1—
() p 2 2qllo 12Vl gllo1ZIIVelZ

6c2 1
Jp($e )]

where the sequence (v(,),>1 is defined in Lemma 5. Since 6 > 57—= > 1/3 (see Remark 2), we again take p := p, 1, +00
1/2

so that p,’“a, — 0 which also guarantees:
n

1 6C . 203 14(TP)2
_ i i {pn< Ve 3.14(T7) )+ }—>O G321)
dnllo 5 IIVells cyly Iy pn) n

3 2
In this case, we derive the result by setting ¢, := g, (1 —d,) — 1, C,, := (I‘l/)U”JrW exp(;—v + 22ty — 1 (see the
n n n

limits of v, following equation (3.16) and (3.34)). Again, (p,),>1 can be chosen in order to have the stated monotonicity
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for n large enough. Set now

__cvloliZIVell, g 3.2
" eI D20 G2
ACvIID?l%,  pa

VT

so that a < .
= Xn F'(IZ)

Thus, the slower p, goes to infinity, the wider the domain of validity for the estimate in the parame-
tera.

(b) It remains to analyze the case g € (0, 1], 0 = ﬁ Let us deal with 8 = 1. From (3.10), the controls of (3.17) and
Lemma 4 (with j = 1) we get:

= 2 2
G,+ Dy, a a? 2pCV(p)"n cy A
IE”|:v (Ap) + — > }fexp<—— exp| ——=—+— | (Iy)”.
" T, VT 2qllo 12,1 VellZ cyT2 p (1v)

Recalling the definition of A, in (3.12), we conclude as previously with obvious modifications of (¢;)u>1, (Cy)n>1. The
case S € (0, 1) is handled similarly starting from (3.11).
Also, when D3<p e C', we derive similarly to the proof of Theorem 10 in [25] that 5, | — —Vm.
n

Eventually, the final control involving the two sided deviation is derived by symmetry. ]
3.3. Proof of the technical lemmas

This section is devoted to the proof of the previously used Lemmas 1-5 and Proposition 1 which were the key ingredients
to derive Theorem 2.

Proof of Lemma 1. For k € [1, n], we first write:

P(X1) —9(Xi—1) = (0(Xi) — @(Xi—1 + vibi—1)) + (0(Xi—1 + vibi—1) — (X 1))

=:Ti—1,-(p) + T—1,a(p), (3.23)

in order to split the random and deterministic contributions in the transitions of the scheme (S).
We then perform a Taylor expansion with integral remainder at order 2 for the function ¢ in the two terms of the r.h.s.
of (3.23). Namely, with the above notations:

1
Ti—1,a(9) = yibr—1 - Vo(Xk—1) + )/k/ (Vo(Xi—1 + tyebi—1) — Vo(Xi—1), br—1)dt,
0
Ti—1.- (@) = /Viok—1Uk - Vo(Xk—1 + yxbk—1)
1
+ Vk/ (I-0 Tr(Dz(p(Xk—l + Ykbk—1 + 1/ Viok—1Up)ok—1Ur @ Ugoy'_ ) dt.
0

Hence,

©(Xi) — o(Xi—-1)
=Y Ap(Xi-1)

1
+ Vk/ (Vo(Xk—1 + tyrbi—1) — Vo(Xi—1), bi—1)dt + /yior—1Ux - Vo(Xk—1 + vibi—1)
0
1
+ Vk/ (1 =) Te(D*@(Xk—1 + vibk—1 + t/Vkok—1Ui)0k—1 Uk ® Uroy_; — D*p(Xi—1) Eg—1) dt
0
1
=y Ap(Xk—1) + Vk/ (Vo(Xi—1 + tybr—1) — Vo(Xi-1), br—1)dt
0

1
+ J/k/(; (1 =) Tr((D*@(Xk—1 + yebi—1) — D*@(Xk—1)) Zk—1) dt + Vi (Xe—1, Ux)

= e Ap(Xi—1) + D5, + D5 ¢ + (X1, Up), (3.24)
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where

Y (Xk—1, Up) = /Vi0k—1Ux - Vo(Xi—1 + vibr—1)
1
+ Vk/ (I—0 Tr(D2<P(Xk—1 + yibi—1 + 1 /Vkor—1Ur)ok—1Ur ® Uroy_,
0

— D*o(Xy—1 + yibk—1)Zk—1) dt. (3.25)

Observe now that, conditionally to Fy_1, the mapping u — 1, (Xx—1, 1) is Lipschitz continuous: indeed, the innovation
Uy does not appear in the other contributions of the right side of (3.24). Consequently, as ¢ is Lispchitz continuous we
derive, for any (u,u’) € (R9)?:

[k (Xi—1, u) — Y (Xi—1, &) | < P lok—1 1V @llo|u — u|.

The result is obtained by summing up the previous identities from k = 1 to n, observing, with the notations of (3.7), that
Ly =331 9(X0) — 9(Xk—1), Dopn ==y Ds o D2sn =Y 4y D 50 G =Y 4y Y (X1, Up). O

Proof of Lemma 2. The idea is to use conditionally and iteratively the Gaussian concentration property (GC) of the
innovation. Let us note that this strategy was already the key ingredient in [17]. In the current framework, we exploit that
the functions u > Ag(Xg—1,u) := Y (Xi—1, u) — E[Yx (Xk—1, Ur)|Fr—1] are conditionally independent w.r.t. F;_1 and
Lipschitz continuous with constant ,/¥k||o ||| V@ loo by Lemma 1. We thus write:

A P
Eexp<_;{_nMn> = ECXP<—;I,—n ];Ak(xk—h Uk))
g q*
=E|exp( =253 AxXe-1. Up) B[ exp( =2 A (Xa-1, Un) )| B
Tn Iy

q)\ n—1 qz)\’z 5 )
<E|exp| —- > A(Xiwt, Up) exp(Wyuwnoonwnm) : (3.26)
" k=1 n

where we used (GC) in the third line recalling as well that E[A,(X,,—_1, Uy)|F-1] =0.
Iterating the process over k, we obtain:

1
1 n q 2 2 2
qh a qh grllo s lVells,
(Eexp(—r—nMn>> = <Eexp(—r—n kE_] A (Xg—1, Uk))> < exp( oT, . (3.27)

Finally,
1
ra qir q g
exp| — ]Eexp(——M >> §exp< ,
( A% 1_‘n ) < Fn " v Iﬁn
where g : R* — R is defined by g(A) = _JLFT)‘ + % llo ||C2>O||Vg0||go. As a > 0, the function attains its minimum at A,
given in (3.12). This eventually yields the expected bound. ]

Proof of Lemma 3. From the definition in (3.25) and the Fubini theorem, we have that for each k € [1, n]:

1
E[vx (Xk—1, U Fi-1] = Vk/o (1 =) Tr(E[ D20 (Xk—1 + vibr—1 + t/7k0k—1 U ok—1 Ux ® Uro_,

— D> 9(Xi—1 + Vibk—1) Zi—1|Fi—1]) dt. (3.28)

Recalling that U has the same moments as the standard Gaussian random variable up to order three (see (GC)) and is
independent of Fj_1, a Taylor expansion yields:

E[Tr(D*@(Xk—1 + yibk—1 + t/Vkok—1U) k-1 Uk ® Uroy_; — D*@(Xx—1 + Yibk—1) k1)1 Fi—1]
= Tr(D*¢(Xk—1 + yibk—1)ok—1E[Ux ® Uilo}_;)



Non-asymptotic Gaussian estimates for ergodic approximations 1579

1
+/0 E[Tr((D @ (Xk—1 + yrbr—1 + ut /Vkok—1 Ut /Viok—1Uk) (0% -1 Uk ® Uroy_ 1)) | Fi—1] du

- Tr(D2go(Xk—1 + ykbk—1)Zk—1)
=Tr(D*¢(Xk—1 + yibk—1)ok—1 (E[Ux ® Ukl — I) of_,)

=0

1
+ t«/W/O E[Tr(([D*o(Xk—1 + vkbr—1 + ut \/ykox—1Ux) — D*@(Xk—1 + vibk—1) Jok—1Uk)

x (0k—1Uk ® Uroy_ )| Fi—1] du

recalling from (GC) that for each (i, j,1) € [1,7]?, E[ULU]U!|Fi—1] = E[UIU] U] = 0 (cancellation argument).
Hence,

1 148 1
[E[yx (X1, UDIFi—1]| < % fo (1—r)r1+ﬂ[w<”]ﬁE[ " llog—1 PP U+ /O uf du

fk_l]dt

348
_ 900y Nloet IPPROU )
I+hHR+PHG+H

recalling that the third derivatives of ¢ are §-Holder continuous for the first inequality. We thus derive:
- 1 3 (35
Gl _ 1§ [e@Igllo 13 ENU P T, 2

EB| = E[yk (Xk—1, UoIF
[E4] Nl fD VX, Uol ]| = A+PC2+PB+H T

=:a,.

Proof of Proposition 1. First of all, let us decompose the Lyapunov function V with a Taylor expansion like in Lemma 1.
We again use a splitting between the deterministic contributions and those involving the innovation. We write for each
neN:

Vi(Xp) = V(Xn-1)
1
=y, AV (Xyn-1) + )/,12/ 1-1 TI'(DZV(X,,_] + tYnbn—1)bp—1 ® bn—l) dt
0
Vn 2
) (D V(Xu- 1)) n—1) t Vn0u-1Un - VV(Xy—1 + Ynbu—1)
1
+ VHA (I-1) Tr(DZV(Xn—l + Ynbn—1 +1/Vnon-1Up)on-1Up ® Uno';::])dt

2
< ey V (Xam) + yaBv + Cv 2| D2V LV (Xo)

yi‘l |

||Dzv|| o 12 + /VuOn-1Un - VV(Xuot + Yabu—1) + 2 | D*V| N0 121U ?

syn(——V(Xn 1>+c>+mon 1Up - YV (Xnot + Yabu_1) + 2 ||Dzv|| o 125 |Un |2 (3.29)

for a constant ¢ :=¢(V, o, By ). We have in fact considered the time steps sufficiently small, indeed in (S), we have chosen
. ay . . . . . ..

foreachn e N, y, < min(; JCoE 3 IDVIe ). The two terms involving the innovation U,, in the above decomposition

can be controlled thanks to the Gaussian concentration hypothesis (GC). Let us define for all x € R4 and y,A > 0 the

quantities:

Li(y, A, x) = E[exp(kﬁa(x)Ul YV (x+ yb(x)))], Ly, )= E[exp(k% I D2VH00||0||§0|U1|2>}.
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The first one is directly controlled owing to hypothesis (GC):

A2 yulo*(x)VV b(x))|? 212y C v b
1L (Y, 2y X) < exp( Ynlo ™ (x) (x + yub(x))| ) < exp( Yn V”O”oo x4+ (x))> (3.30)
2 (Ly) 2
Furthermore, under (GC), for any ¢ < 5 3> Ie 1= ]E[exp(c|Un|2) ] < +o00. Hence, for any A < WC\WHM’ Jensen’s
inequality yields:
Ayl D2V lloo llo 13 MDDV s llo ||
L(ya, ») < [Eexp(clUa )] > = exp(yn 1n<lc>$). (3.31)

These controls allow to prove the integrability statement of the proposition by induction. For n = 0, recalling from
assumption (C1) that for any A < A, Eexp(MXoIz) < +o00 and from (Lvy)(@) that V(x) < Elxl2 outside of a compact set,
we derive that for all A € (0, )\_50)’ there exists C?, 5 € (1, +00) such that

Eexp(AV(Xo)) < C(\)/,x'

~ 2
Set now By := &+ In() 2Vl ana @y = min(L, % — ACy o 2,(1 4+ 3 Cy 1 + M2V ) € (0, L, for

A< oy
D2y
20y |12, (1431 Cy 14+ 212 Vloe 1y

Let us assume that for any A < Ay := min(%2, &y , £ ), the property
2 20y o2 14y Cy 141123V I ) T 1DV leollo 5
,3v
Vke[0,n—1], Eexp(AV(Xp) <Cya:=C}, Vexp (Pu-1)
dy

holds for a fixed n — 1 € Ny and let us prove (P,). By inequalities (3.29), (3.30) and (3.31) and the Cauchy—Schwarz
inequality, we derive that for any A < Ay,

Eexp(V (Xn)) = E[exp(AV (Xu-1))E[exp(A(V (Xy) = V (Xn-1)))|Fa-1]]

o ~
< E[exp(x[wxn_l)(l - %y) + cyn])h Vs 20, X))V 2 Lo (v, 2A>1/2]

~ o
= exp(xynﬁwﬂi[exp(k(l - Tvyn)V(xnl) + 22V Cy o 12,V (X1 + ynbnn)].

2 (L) (i)
Recall now that V(X,—1 4 Yubu—1) < V(Xu=1) + ¥al VV (X DlIba=1] + ZID*Vslbpor > = V(Xu—)D(1 +

2 <
ynCy[1 + 2BVl ) Thys,

Elexp(AV(X,))] < exp(iyuBv)E[exp(r (1 — yul@y) V(Xu-1))]
N ——
€[0,1)

(Jensen)

1 n n
< exp(AyaBv)E[exp(AV (Xu_i ))]( Yadv) <6Xp(/\yn/3v)c(l Ya@v)

using (P,_1) for the last inequality. From the above equation and the previous definition of Cy ; we have:

7. - n~ :BV
CXP()\Vn,BV)C‘(/,Ay W < Cy, <<= Cy,=> exp( 5y )

Hence, (P,) holds. Taking cy < Ay completes the proof. ]
Remark 9. Noting that v* := inf,_gs V (x) > 0, we get that for all (n,£) € N x [0, 1], and A < Ay (v*)!~5:

§
Eexp(ka) = ]Eexp()»(v*)S (%) > < Eexp(k(v*)s_lv,,) < Cy -1 < too.

——
>1
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Thus, we readily get as a by-product of Proposition 1 that, for all £ € [0, 1], A < Ay (v*)! ¢, sup,,cn Eexp(A V,f) < +o00.
We refer to Lemaire (see e.g. Theorem 17 in [28]) for additional results in that direction.

Proof of Lemma 4. Recalling from (Gy) that there exists Cy , > 0 such that for any x € R, lpx)| < Cy p(1+4/V(x)),
we get for j € {1, 2}:

L
[Eexp(jp)»n Iw(Xo)F— (X))l >] i

L
< [Eexp(jp)»n Cve(2+ «/V(FXO) + \/V(Xn)))i| i

TR 2 e L
<exp(2Cv‘p)L >[]Eexp<2]pCV¢ nM)T |:]Eexp<2]pCV¢ nM)]zm.

r, Ty

Write now for i € {0, n} by the Young inequality:

JVX; (jp)*Cy 12
2jpCrghn XD < vy 4 LVt
I, eyl

where cy is the positive real constant such that I‘l, = sup,> E[exp(cy V(Xy))] < +00 (see Proposition 1). We then get

[Eesa 3, £ 81 ) ]

An pCV(p n
=exp 2CV,¢F— exp W (EGXp(CvV(Xo)))ZW (ECXP(CVv(X )))2“’

(j+DpC 22 v\, L
< - F — \(1I,)/r.
ser( ool ) ]

Proof of Lemma 5.
e Proof of inequalities (3.15) and (3.16).
—If x = (Vop(x), b(x)) is Lipschitz continuous. We first rewrite from the definition of Dj 5 , in (3.7):

1
Dapn= Zyk[ (Vo(Xi—1 + tyebr—1) — Vo(Xi—-1), br—1)dt
— 0
—Zyk[/ Vo(Xk—1 + tykbk—1), bi—1 — b(Xi—1 + tyxb—1))dt

1
+/o (V. b)(Xg—1 + tykbk—1) — (Vo, b)(Xk-1)) df]

From the boundedness of Vg, and the Lipschitz property of the mappings x + b(x) (which has been assumed from the

very beginning) and x > (Vg (x), b(x)) (assumed for the current inequality), recalling that by_1 = b(Xk—_1), one derives
that:

|bg—

D2l <Y 2 (IV@llolbli + [(Ve, b))

n
Lo p2bal, Ci=C, 0. (3.32)
k=1 _

From this inequality, assumption (Ly)(ii) and the Jensen inequality (applied to the exponential function for the measure
ﬁ D k=1 )/,351(), we derive:

1

1 4p
4pr ap
Eexp( -2 1Dypnl ) ) < Zy,fﬂa exp p T C,/CV,/Vk ).
r, r<2>

n k=1
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From the Young inequality we obtain:

4pi, T 2V2pia T €Ty \?
Eex p( NN 1) <exp<< o ) )E[exp<6ka—1>]~
n

We finally derive with the notations of Proposition 1:
Aph, W 2pR2 (TP (CVTY iy pr2(rPy? L
(Eexp( T )) fexp< L )(IV)4P gexp<C3.154>(1V)4p,
n

l",% cy F%
setting C3.15 := 2‘Cﬂ)2 with C = L(||Vglleolbl + [(Ve, B)]1) as in (3.32).

2
_Ifa< % e fz_) _— Jg_) with the notation introduced in (3.22). Write first from (3.7) (definition of Dy 5 ),

using a Taylor expansion on V:

1
dph ip
(ECXP< lli n|D2,b,n|>)
n

4phy ! v
< (Eexp( l’z E Zy,ffo (1 —t)|Tr(D2<p(Xk_1+tykbk_1)bk_1®bk_1)|dt)) : (3.33)
" k=1

We first easily get from the assumptions on ¢ and point (ii) of (Ly) that:

1
L n ap
4ph 7 2ph
(Eexp( ll: z )) = (Eexp( 111 - Zy,fCVVk_lnDZ(pHOO)) :
n k=1

From the Jensen inequality, we derive:

1
1 n ﬁ
4pi, ap 1 2 2pAn F 2
<Eexp(—rn |D2,b,n|)) < (_F(Z) kE]ykIEexp 7||D o[ Cv Vi )
n =

We then have from the definition of A, in (3.12) that:

1

2 2
; :sznr,ﬁ)” 2o Cv _ I 20vp _1D%le
" T, Xy T, cvg lol&lIVeld —

The Jensen inequality for concave functions yields for each k € [[1, n]:

2 —
ECXP<L ”DZQDH Cy Vi 1> =Eexp(incy Vk—1) < (Eexp(ey Vi—1)) "
Thus, setting

T S R
vn o E N zrn ||D (p”OO;’ (334)

we finally derive,

1 n _
4p)\, 4p 1 Un n
[]Eexp(r—"lDz,h,nlﬂ < WZy,f(supE[exp(cVVl_l)]) = (1‘1/)1) =:C,,
n Iy k=1 =1

using again the notations of Proposition 1. This gives (3.16). ]

e Proof of inequality (3.14). We proceed as for the proof of (3.16) and (3.15). Write:

i

4pA ar

(se(F10n5a1))”
n
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4p
Z% ((D*o(Xk—1 + vkbk—1) — D*¢(Xi—1)) Zk— 1)\))

L L
2pin ! 2pA 1 Xz A\ 7
< (Eexp( o llol%[e?] Zyk b n)) (Eexp( oW [e®],C5 Y v Vi 2
n n k=1

L

| ¢ 2phn T iz
< T)ZyﬁEexp(—" "o l%[¢?], c: Ve 1|z) ,
Fﬂ F’l

k=1

41,272
Using once again the Young inequality and setting C3 14 : ”0"# v we obtain:

= 2)\ 2 @\ 2
4p e A2 (T »Cy 1 r 1
<Eexp< T nIDz,):,n|>> Sexp< 4" —l_fl ||a||io[(p(2)]l—cv (1‘1,)4P <exp C3.14p)\3 1:’ (1‘1,)4P.
n n n |:|

4. A refinement when || ||> — v(||o||?) is a coboundary

We will assume in this section that there exists a solution 9 of the Poisson problem A® = ||o’||*> — v(||o [|*), where || - ||
is a matrix norm such that || - || < || - ||, satisfying the assumptions stated for ¢ in Theorem 2. This is in particular the case
for the Frobenius norm || - || 7 under the assumptions of the previous Theorem 4.

In this special case, we have a slightly different concentration result improving our previous ones for a certain deviation
range.

Theorem 8. Under the assumptions of Theorem 2 and with the notations introduced therein, we have that:

(a) For Be (0,1] and 6 € (ﬁ, 1], there exist two explicit monotonic sequences ¢, <1 < C’,,, n > 1, with lim,, C‘n =
lim, ¢, = 1 such that for alln > 1 and a > 0:

B[|y/Frva (Ap)| = a] =2, eXp(—

Cn
®u(a@) ),
(o DIVel (“))

o4 ) (- 23)))
14,/1+4835 3 \a?) )L )T

235

where x4 = max(x, O) and ¢, == ( g}ll 2Bu(la 1Pl lles

(b) Forpe(0,1],0 = 2+ , there exist two explicit monotonic sequences ¢, < 1 < Cn, n > 1, with lim, C,, =lim, ¢, =1
such that for alln > 1 and a > 0:

' with &, being an explicit positive sequence s.t. ¢n | 1

Cn
o, .
2([o PIVel (a)>

Remark 10 (About deviation rates). Observe that in order to derive global deviation bounds (valid for every a > 0)
two concentration regimes appear in the previous bounds. For an arbitrary fixed a > 0, we have that for n large enough
(depending on a), the Gaussian concentration regime will give the fastest decay, since ——2 ___ 0. Also, when

i
a = /T, the two above contributions give a Gaussian bound, with suboptimal constants. Eventually, when a > /T,
for a fixed n, we have that the first term is “stuck” at the threshold ", whatever level a is considered, i.e. a(1 —

#ﬁ) — Efl I, whereas the second clearly becomes bigger.
14+ /14483 5L~ a—o0

P[|v/Tuvn(Ap) + By p| = a] <2C, exp(—

To summarize, when the Gaussian regime prevails (i.e. when \/‘;_ is small), the results of Theorem 2 have

been improved in the sense that the variance in the deviations is a sharper upper bound of the “carré du champ”
fRd |o*V(x)|?v(dx) appearing in the asymptotic Theorem 1. Indeed, we managed to replace the supremum norm |[||o |Hc2>O
deriving from Theorem 2 and the domination condition on the matrix norms by v(||o ||?). However, our martingale ap-
proach naturally leads to a bound in ||V¢ ||go.
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On the other hand, the global double regime seems to be the price to pay to benefit from the better approximation of
the “carré du champ” in the Gaussian regime.
Eventually, Theorem 3 is a direct consequence of the previous theorem in the Gaussian regime.

Proof. We focus on case (a) for € (0, 1), 60 € (1/(2+ B), 1]. Case (b) could be derived similarly following the proof of
Theorem 2. We restart from the computations of Section 3.1 that give for any A > 0 the control in equation (3.9). Let us
now deal with the term giving the concentration and write for any p > 1:
qr g p*(q))* el
Eexp(—F—Mn> < (Eexp( 'OI"_M — T Z e AY (Xk—1)

»

n

-1
2rp12 ° 11
x <Eexp(% kAz?(Xk_l))) Ny 4.1)
n k=1

Since for any x € R, A9 (x) = [|o(x)[|> — v(||o ||*), we obtain:

2 A 2 2 2 A A
7 :exp<p (qM) [éorllv(lHolH )>Eexp(_p?_Mn %Zykmom Dl )

The key idea is that we have exploited the Poisson equation solved by ¢ to replace the previous rough control
A 2
ex p(w) coming from the martingale increment obtained in equation (3.6) and the domination condition
A 2 2
on the matrix norms, by the above term exp(%]v(mam)). This last contribution will be part of the optimization
procedure over A. This improvement will be all the more significant that neighborhoods of the points where the norm of
the diffusion coefficient o attains its supremum are not very much charged by the invariant distribution. The point for .7

is then to prove that the remaining expectation is less than 1. It will be shown by exhibiting an appropriate underlying
supermartingale.

~ 2
Set to this end .77 := exp(— M)ﬂ Define now, for a given n € N and m € Ny, §,, := exp(—pﬂM —
% S vk llo (Xk—1)||?). From the definition of the martingale (My)x>1 in (3.2) and the controls of the Lipschitz

constants of the functions (Yx (Xx—1, *))ke[1,,] in Lemma 1, we get by iterated conditioning:

- 2 A 2 2 A
7 < E[sn_lexp(—L)z[W]‘ynl|a<xn_1>||2)E[exp(—p‘§—(Mn—Mn_o)\fn_lﬂ

2Fn
2 2 2 2 2
p=(gM)°[p] p=(g))
< E Snlexp<—72lyn||a(xnl>||2 exp( 252 yuloBllo (Xu—nI? ) | <EIS,ii1 < 1.
(GC) 2T 2T

In other words, (S;;)m>0 1s a positive supermartingale. We finally get that, for any p > 1:

1 2 2 2
1 p (g2 Leliv(lo 1)
77 < . 42
= eXp< o (42
) P2 (q))?[el}
For the term 25, we have that setting u := u(q,n, p, 1) = 72(,)_1)13,1 >

7= Eexp(ri > ykAﬁ(xk_1)>,
" k=1

so that this contribution can be controlled from the previous expansion of Lemma 1 exploiting the technical lemmas of
Section 3.1 replacing A by u and ¢ by ¢.

In case (a), for 8 € (1/2+ B), 11, B € (0, 1], the Holder inequalities yield that for all u € R4 and p, g € (1, +00),
14,1 =1, similarly to (3.9),

Ty = Eexp(rﬂ 3 yk.Az?(Xk1)>

™ k=1

1l
Q-
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< (sen(- ) o201 160)) (o221,

1

4p ap
(Eexp<—|D22n|>>4 , 4.3)

where the superscripts in ¢ emphasize that the contributions to be analyzed are those associated with the solution ¥ of
the Poisson problem with source || [|> — v(||o[|?).
Still for simplicity, we assume as well (case (i)) that the mapping x — (b(x), V& (x)) is Lipschitz continuous. Plugging

_ 09%lo 1SRN0 P 1 35
in (4.3) the controls established in Lemma 3 (inequality (3.13) with a 0+ 2B G1h) f ), Lemma 4 (with

j =2),Lemma 5 (inequalities (3.14) and (3.15)) and (3.27), then replacmg Ay by ., we get similarly to the first inequality
of (3.18) and with the notations of Lemma 3:

=2 2 2 2 S92 =2 2
1 3pC 1
%Sexp(%)exp(u__+p<an> )p( AR LS +C__v)(,¢)2,;

2T, 2T, p 2 cyl2 p
(2) 2 = 222
pu () L pu(T7) b
X exp<C3_14—2)(1‘1,)41’ X exp(C3,1542n (I%,)“P
Fl‘l Fn
2 /= 2 2 252 2 =942
w (qllollslly @) 3Cy 1 cy  pla,) 1+
< — C C : — — I;)7?.
< GXP(Fn( ) +p( T, [C3.14 + C3.15] + oL, )+ o X exp F + > (Iy)

Set now

~ ‘v ]3(613)2 e
Cp = — Iy)7,
n exp( b + ) ( V)

(2)\2 2

- (@) 3Cy 5 1
= C C - —.
én P( T, [ 3.14 + 3.15] + T, + 25

4.4)

(Fn )2

In the considered case, the exponent p := p, can again be taken such that p,, — +oc and p, — 0 in order to have,
n

¢, — 0, C, — 1 with the indicated monotonicity for large enough 7.
n n

We derive from the above control and (4.2) that for all ¢, p > 1:

1
A VN oot eadlleBu(lol\ A5 (o= 12 (Gllo BT
<Eexp(—r—nMn)) 5(%”% ")q fexp< or, G/ exp p F_n 2oo +z,)).

Plugging this bound in (3.9), using again the controls of Lemmas 4 and 5, eventually yields:

P[y/Thva(Ag) > a]

A A2 ol —1u?(qllo]%m?
ool e+ ) o P )

22 (@) 3CY cv  pal\, 1\
xexp(r—p( 1'1 [C3.14+C3.15]+ r#’))exp(? p2n>(lv)ﬂ
n

n cvlnp

>)

Choosing p := p, — +o00 and such that pn — 0, we get by a standard symmetry and with the notations introduced

in the proof of Theorem 2:

o=l 2 2 2
P[|\/ann(-/4(p)‘ >a] <2C,C," exp(—jl):_n) exp(%(_pq[¢]1;(|a| ) —i—w))

-1 2 rallo 2 ﬁZ
Xexp(ﬁ w (allo 5[0y va)).
pq Ty 2
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where ¢, is defined similarly to e, in (4.4) replacing p by p. In particular ¢, — 0. Note that for the previous choices of
n

~ _e-l 2 21 10
p, p, we have that C,, := C,,C,”* — 1 uniformly in p > 1. Recalling that u = %, we are thus led to minimize
n n

the polynomial function

P a’ +’\2A +)”4B
A= ——+ — — By,
v, ,"
where A, = A, (p) = ,oA and B, = B, (p)— Bn with
" [el3v(lo[|®) - o1t (qllollZml;
i ::qwlel D . ad B, =1 fl qll IHzoo PRY @5)

Note that both sequences (Kn)nz] and (§n) n>1 are bounded and bounded away from zero sequences (and do not depend
on p). The function P is clearly convex and coercive so it attains its minimum at Apyin, unique zero of the equation
P’ (Amin) = 0. This equation reads

5
ZBn 4B,

=0 (4.6)

which is the canonical form of this third degree equation to apply the Cardan—Tartaglia formula' so that

=3 (e Car) )+ (G i) | @)
Ain (0 v, V\38,) TT.B v, \V\38,) "T,82) | ‘

In order to derive our non-asymptotic bound, we select two “regimes” based on a first order expansion of Apin in two

cases J_ — 0and 2 ”m — 0, assuming that the free parameter p = pj, to be specified later on remains bounded, e.g.
p € (1, 3] (which 1mphes that both quantltles 2 and B remain bounded as well). Also, note that if p — 1, then B and

‘;” — 0. First, one easily checks that if (x,)>1 and (Yn)n>1 are two sequences of positive real numbers where (y,),>1 is
bounded then

3
i 1 2 if x, = o(y,?) (then x, — 0),
(on /3 +22)3 + (o — R +a2) T~ 70 S ' (“48)

(2x,)3  if y, = o(x;}) (then x, — +00).

2An

o If W =o(( B”) ) (hence goes to 0), setting then x,, = 5, r and y, = yields

a
Amin(p) ~ )w*(P) = asn — +o0o.

n
24,

Note that A* := A*(p) corresponds to the optimization of the quadratic part of P. Then

P(A*)=—a2 (uiﬁ):— « (1— @ ﬁ).
4A, 4A3 T, 4A,p 4A3(p— 1) Ty

Set now &, := DZ“(”) with a;, (a) = ZX*_F_ Then
2
1—
4A 1+ a,é(a)

1 1
UIf the equation 2+ pz+¢q =0 has a unique real zero z then its discriminant A = 4p3 + 27q2 >0and z4+ = (% (=g +,/ %)) 3+ (%(—q —/ %)) 3.
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1=¢ over (0, 1). Its optimum is attained for &* = ! which in

Lo (@5 (O T
turn yields on @)

P(*) = _“_f(l -——) “9)

1+ /1+4A"F"

Let us remark that, w1th the resulting specification of p = p;f : =1+

It remains to maximize the mapping & —

an (a)

€ (1, 3] (at least for large enough n), the

above COIIdlthIl Xp = o(yn ) in (4.8) is satisfied a posteriori.
o If — 400, then, still owing to (4.8),

Bwrn
1
- r 2a 3
Amin(0) ~ A*(p) = — VT
min (0) (o) > (B,,JFT) <4B ) 'y asn— +oo.

The value A*(p) corresponds to the quartic pseudo-optimum of P (i.e. obtained by neglecting the quadratic term). This
yields, when reintroducing the parameter p,

1

P(1*(p)) = 31“3(/)_1)3< An F—(;o—l)?)
p@B)I \*  @B)i 4l

The right hand side of this equality is a function of p € (1, +00). Its analysis yields that the optimum is attained in (1, 3/2]
and that it tends asymptotically in n to 3/2 in our considered regime. Taking as suboptimal p = 3/2 gives:

4

R YA ANy 3 410
For=-5(3) (-3%(%)) w1

From (4.10), (4.9) and (4.5), we conclude the proof of case (a) by setting ¢, := A, B, * which matches with the definition
in the statement of the Theorem.

In the biased case, the result follows similarly from the corresponding analysis performed in Section 2 taking A, (p) =
pq[w]%vz(\HU\Hz) O

Remark 11. ¢ When a < /I",;, one checks that Apin(0) < Ty, and P(Anin(p)) < —T,,. This behavior is consistent with
our non-asymptotic bound. However, for practical and numerical purposes observe that the optimum can be estimated.
Namely, plugging the identity (4.6) satisfied by Apin(p) in (4.7) into the definition of P, yields

mm(p) min(p)pgn
P()\min(p)) 2\/7 <_ - m >
1
- —f_”u@n(a,p)(w - DIE,@a0)
P 2 2
where

- ( a +<( 1)<2Zn)3+ a? >%>%+< a (( 1)<2Zn>3+ a? >%>;
a, = ~ - — _~ ~ - ~ ~ .
nid P VTuB, P 3B, B2T, VT.B, p 3B, B2T,

Then, an optimization in p € (1, +00) for given a, [, can be performed (noting that p — (p — DIBp=1 i e{l,2} are
bounded functions over (1, +00)).

5. Smoothness results for the Poisson problems (proof of Theorem 4)

We first prove here Theorem 4 which allows to derive from the deviation results of Theorems 2 and 3 the practical
deviation bounds of Section 2.3 (i.e. Theorems 5, 6 and 7). We recall that we work in the confluent setting of (D%) and
that we additionally consider two main types of assumptions:
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— Strong confluence conditions and smoothness (Cr). Namely, assumptions (Ly), (DE) and (R3,p) introduced in Sec-
tions 1.2 and 2.2 with the condition || Do ||, < xsf%
— Mild confluence conditions and non-degeneracy (Cyg). Namely, assumptions (Ly), D), (R, .) and (UE) introduced

in Sections 1.2 and 2.2 together, when d > 1, with the condition ||Da||(2)<> < 2(14%% and the technical structure

assumption on the diffusion coefficient that for each (i, j) € [1, d]]z, 2 i) =% j(Xinjs e Xd)-

It is well known that when (CRr) or (Cyg) are in force, there exists a unique invariant distribution for (1.1), i.e. as-
sumption (U) holds. We refer to [23,33,35,37] for proofs of this assertion. The next step consists precisely in investigating
the smoothness of the corresponding Poisson problem as well as some associated quantitative pointwise bounds on the
gradient of its solution, which is one of the key terms appearing in the deviation bounds of Theorems 2 and 3.

Let us indicate that the conditions appearing in (Cr) depend on pure pathwise properties, whereas the case (Cyg) takes
advantage of the regularity of the underlying semi-group which allows to alleviate some smoothness assumptions on the
coefficients and some restrictions on the variations of . When the dimension increases, it becomes useful to benefit from
the smoothing effects of a non-degenerate semi-group, especially if we keep in mind that one of our goals is to handle
Lipschitz continuous sources.

5.1. Proof of Theorem 4

Under (Cyg) or (CR), it is well known that the Poisson equation (2.5) that we now recall:
VxeRY,  Ap(x) = f(x) —v(f),

(R4, R) for any p > 1 under (Cyg) (see [37]),
or in C*# (R4, R) under (CR) (see Proposition A.8 in [35]). In both cases, we have the following representation:

admits a unique solution centered w.r.t. v and with linear growth, in W[% loc

o(x) = —/ (Pif(x) —v(f))dt where P, f(x):=E[f(¥"")] .1)

Ry

and Y,O’x solves (1.1) with Yé) ¥ = x. To comply with the framework of the above Theorems 5 and 6, the first step is to
establish a pointwise gradient control.

5.1.1. Gradient control

Under (Cyg) or (Cr) we manage to obtain pointwise gradient bounds for ¢. In our current confluent setting, these
estimates are obtained through controls on the tangent flow, again without any a priori uniform ellipticity condition of
type (UE).

Lemma 6 (Pointwise Gradient Bounds). Assume that (Cyg) or (Cr) holds. Then

Vel < I
o

with « as in (D).

Proof. Gradient Control in the Confluent framework. Assume now that (D2) holds. Observe that, as soon as (R 1,8) holds,
it is well known that that V, Yto’x is well defined and belongs to LZ(IP’), see [20]. Hence, fort > 0,i € [1,d]:

05 ELF ()] =E[(V £ (7). 0 1)],

t d t .
9, YN = e + /O Db(Y)")oy, Y  ds + ) /0 Do.; (Y2) 3y, YOr awy
j=1

where ¢; stands for the ith canonical vector and Db, Do € R4 @ RY.
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Let p € (1,2] be given such that (D%) holds. Considering the mapping y € R? - |y|?, where | - | stands for the
Euclidean norm of R, it is easily seen from Itd’s formula that:

19 YO 3y, YO~
0, Y2 P =1+4p /0 <7|8XI Y“M , Db(YSO’x)rx’ Y‘O,x|>|ax,. y2*|" ds
xi s Xi+S

d 0,x 0,x
0 N G o R

|y, Y |y, Y

d t 0,x 0,x 2 0,x 0,x 0,x\ 2
p [Do.j(Ys"" )0y, Y | {0y, Y5, Do.j (Y5 )0y, Y5 )|
Ll ) i i
+2 JX_;/O ( +(p—-2)

0, 0,
|9y, Yy |2 |9y, Y |4

X |8xl.YSO”‘|pds
19 YO 3y, YOF
:exp(p/ <X’—S0x,Db(YS0’x)x’—S0x>ds) x E(M),
0 \[dy, ¥y | [0y, Y5 |

d t 0,x 0,x 2 0,x 0,x 0,x\ 2

Do.j(Ys )0y, Y, 0y, Yy ", Do j(Yy 7)oy, Y.

X exp BZ/ <| 00 Wu¥s T () o)lOu¥s Doyl Jouls’ ) )ds .62
25 |0y, Y5 |2 |0, Y5 14

) d oty Yt 0,xy B ¥
where (M;)i>0 := (p 35—, fo(m, Do (Ys )IBx,» 7o
integrand and £(M); := exp(M; — %(M )+) denotes the associated Doléans exponential martingale. From condition (D),

we thus get:

)dWSj )r>0 1S a square integrable martingale with bounded

|92, Y% |7 < exp(—apt) x E(M),. (5.3)

We eventually derive:

+oo 0,x 0,x +oo 0,x|p11/p +oo [f]l
/ [E[(V£(Y,), 0y, Y, )]|dt§[f]1/ E[|ox Y, |"] dtf[f]lf exp(—at)dt =
0 0 0 o

From the above control and equation (5.1), we thus derive:

Vie[l,d],Vx eRY, o, 0(x)| < [fh (5.4)

Similarly, for any x € RY, Vo (x) = [/ E[(VY,O’X)*V FYE)1dt where VY™ = (8, v - 0, ¥>%) so that

(0, Y,)*
(V YIO,x)* —
(8, Y5

Hence, recalling that | - | stands for the Euclidean norm, [Vg(x)| < 0+°° ]E[||(VY,0’X)*|||Vf(Y,0’x)|]dt where we re-
call that for AcRIQRY, A := SUP|;|<1,zeRe |Az| denotes the operator (or spectral) matrix norm. Thus, |Vg(x)| <

IV flloo foT C EUICVY ) IP1VP dt = |V flloo foF ELIVY ¥ 11P1'/7 d1. Now,

[vy?| = sup | vy *z].
lzl=1

For any z € R, |z] < 1, setting ZOX ‘= VY,O’Xz, one has the following dynamics for the R¢-valued process
(Zs )se [0,¢]+

t d .t )
z)e :=Z+/0 Db(Yf**)Z?’x’zds—i—Z/O Do (Y)*) 20" d Wy .
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Hence, we derive similarly to (5.3) that |Z?’x’z|1’ < |z|P exp(— pat)E(M;), where £(M;) does not depend on z. Write

now,

1/p 1/p
B[ vr2 717 =E[ sup |20|"] ™" < B[ sup 1e1” exp(—panen ] " < exp(—an. (5.5)
lz|=1 lzI=1
This eventually proves the claim ||Vl :=sup,crd Vo (x)]| < Wf;”"". (Il

5.1.2. Additional smoothness

— Theorem 4 can be derived under (CRr), by iterating computations similar to the ones performed in Lemma 6. On the
other hand, to have the required smoothness, since we cannot expect some smoothing effect from a non-degenerate
diffusion coefficient, we have to impose that b, o, f themselves lie in C 3.B(R4, R) and the restriction on the variations
of o which ensures exponential integrability in time for the expectations of the iterated tangent flows, see Lemma A.8
in [35] for details (see the parallel between the above condition on Do and assumption (AC)) appearing p. 559 in
[35]).

— Proving Theorem 4 under (Cyg) requires more sophisticated tools (Schauder estimates for operators with unbounded
coefficients).

Proof of Theorem 4 under (Cyg). Let us begin with the scalar case. For d = 1, set for any x € R,

+00
v(x) :=—/ dtE[w(r") 8, 7]
0

- " th[u/(y,O’X) exp( | t b/(y;lx)ds>g( [ ta’(YSO’x)dWS>], (5.6)

where for any y € R, W(y) := 9y f(y). We observe that d,¢(x) = v(x). Also, from our assumptions on f, b, o, we have

that W, b', 0’ € Cg,ﬂ (Rd, R). Theorems 2.4-2.6 in Krylov and Priola, [24] then yield the existence of a unique solution to
the PDE:

Aw(x) + b (1) w(x) = W(x), where Aw(x) = Aw(x) + oo’ (x)w'(x), (5.7)
belonging to CZ”S (R4, R) and such that the following Schauder estimate holds:

IC=1, wlap<C(1+1¥lo,p), (5.8)

where || - ||2,5 and || - [lo,s are the associated norms of the Holder spaces Ci’ﬁ and C,?’ﬂ defined in (1.7). Indeed, from
(DY), we get that b'(x) < —a < 0 and the potential in (5.7) has the good sign. From (5.6) and the Girsanov theorem, we
also get:

+00
v(x) = —/ th[\I’(I?,O’X) exp(/lb/(?so’x)ds>],
0 0

where dY0% = (b(Y2") + 00’ (YOF)) ds + 0 (YO") dW;. Note that ¥ has generator 4. A simple identification procedure,
similar to the proof of Theorem II.1.1 in Bass [5] then gives v = w. The result follows from (5.8). Let us emphasize that
this is a quite deep and involved result for unbounded coefficients.

In the multi-dimensional setting, recalling the technical condition that for all i € [1, d],j > i, %; ix) =
%, j(xi, ..., xq), we have that differentiating formally the PDE (2.5) in the space variable x;,i € [1,d] yields that
Ox; ¢ = v; should satisfy:

Aw; () + B, by Owi (1) = B (x) — Y b (1) (x)
JelLdl\)

1
=5 D wTWagu - Y] Y 0T v, (5.9)

jelli-1] jelli—1] ke[j+1.d]\{}
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with ¥; (x) := 0y, f(x) and

- 1
Aw; (x) 3=-Awi(x)+Eaxizi,i(x)axiwi(x)‘l‘ Z y; Zi, j (%) dx; wj (x).
jell.d\i}

We would now like to enter the previous framework of Schauder estimates. To do so, we first observe from (D%) and
the Cauchy—Schwarz inequality that 9y, b; (x) < —a < 0. Consider now i =1 in (5.9). From our current assumptions on
f b and the previous computations on the gradient for the multi-dimensional case, it remains to prove W (x) := Wy (x) —
> 1 O bj(x)vj(x) € Cg”g (R4, R). This will be the case, once we will have proved that Vg is S-Holder continuous,
which is a priori not direct. This property is assumed for the remaining of the proof and shown below. In particular, it
leads to the restriction concerning the variations of o when d > 1. Hence, Theorems 2.4-2.6 in Krylov and Priola, [24]
still apply and give that there exists a unique solution w; € C;’ﬂ (R4, R) to (5.9) which also satisfies:

IC=Llwilag= ) [Dwi]+[DPwi], = C(1+1Tillo) = C((Lv), Rip), (UB).  (5.10)
a,|e|€[0,2]

The identification wi = dy,¢ = vy is standard. The control (5.10) allows to iterate, since it gives that Vw; =
(0, V1, -5 Oxy V1) = (Ox; x @15 - -+, Oxy.x; ) 18 B-Holder. We thus get by induction, from the specific chosen struc-
ture on o and by Theorems 2.4-2.6 in Krylov and Priola, [24], that for each i € [1, d] there exists a unique solution
w; € C;P (R, R) to (5.9) such that:

IC>1, |willap <C(1+1¥lg) =: C((Lv), Ry p), (UE)),

~ 1
T =i = Y0 b =5 D0 8 B0y v, (5.11)
Jell.d\{i} e il
The Lipschitz property of the mapping x — (Vo (x), b(x)) is eventually derived following the procedure described in
Remark 7. O

Remark 12 (Structure of o). We emphasize that the structure condition on ¢ assumed in Theorem 4 under (Cyg) is
mainly technical. It is of course always verified in dimension d = 1. For d > 1 it is motivated by the fact that, differentiat-
ing (2.5) without this assumption yields to consider a system of coupled linear PDEs with growing coefficients for which
the Schauder estimates have not been established yet. Following the existing literature for Schauder estimates for systems
(see e.g. Boccia [8]), we think that the results of Krylov and Priola should extend to this case. This would allow to get rid
of the indicated condition. Here, the condition simply allows to decouple the system.

Let us mention too that the results by Priola [40] could also be a starting point to investigate the smoothness of the
Poisson problem for degenerate kinetic models.

These aspects will concern further research.

Additional Smoothness continued: B-Holder continuity of the gradient through pathwise analysis. We control here,
under (DY), p € (1,2] and (Ry g), B € (0, 1], the B-Holder modulus of continuity of the gradient. We will progressively
see how the restrictions on Do come out. For (x, x’) € R2, write for each i € [1,d]:

+oo , ,
|93 0(x) — 0 (x')| = /0 (E[Wf(yto’x)’ Ox; Yto’xﬂ - E[Wf(yto’x ), B, Y )]) dt

IA

+o00 , ,
Vo (Y PIE[|Y = ¥ | ¥ (] 4+ 19 £ B o, ¥ — 0, ¥ []) dt

= (G} + G (x.x). (5.12)

Let us first deal with the expectation in G,13 . Namely, write

EHYtO’x - YzO’X/|/3}ax,' YtO’XH = E[}Yto’x - YtO’X/|ﬁﬂ]%EHax,- Yto,x|q]qi, pg>1p"+q '=1

Take now pf=¢q < p= %, g = 1 + B which leads to the same integrability constraints on the flows.
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_ 1
If B+ 1 < pin (D), then we readily get similarly to (5.3) that E[|0y, Y,O’xl‘fﬁ <exp(—oat).
If now 8 + 1 > p, as soon as (D(l;rﬁ ) holds for some & > 0, which is actually the case provided that

20
I Do |2, <

— 1
T+ B-p G-19

-1
for g = 1+ B, we again get similarly to (5.3) that E[|0,, Y, ,O’X |9]17 < exp(—at). On the other hand, the mean value theorem

yields:
1
ﬁﬁ]”

1 ) N3
fh—xﬁ</¢nEMVﬁ”““”WVﬁ)p
0

<|x- x/|ﬁ[exp(—a/3t)]ll+,3§p + exp(—a B 14p5p],

B 1 / /
Eﬂﬁ“—ﬁmﬁﬁigh—wW%L/dWVﬁ““”x)
0

exploiting (5.5) for the last inequality provided that (5.13), which in turn implies that (D};’S ) for some & > 0, holds if
1 4 B > p. Plugging these bounds in (5.12) gives that:

/ d\2 B on— Vs [Dp<p | Tigpsp ]y 8
V(x,x') € (RY)7, ‘Glprﬂ§(1+ﬂ) - lx —x|". (5.14)

We already see that, when 1+ 8 > p, for the parameter p of the initial confluence condition (DY), a first constraint on
the variations of o, namely (5.13) appears.
Let us now turn to Gg . Following the expansion of (5.2) write:

’ t ! ’ !
|8xi Yto’x - axi Yto’x |2 = 2/0 (8xi Yvox - 8Xi Yso’x > Db(YsO’x)axi Yso’x - Db(YsO’X )axi Yso’x )ds

d t .
+2§:/«Mﬁ“—&ﬂ@%paxﬂ“ﬁmﬁﬂ—Dmmﬁfwmwfwwy
j=1 0

d t
+Z/ |DU‘j(YSO‘X)3x,- YSO’X - Daj(YsO’X/)a)Ci Yﬁ)’x,}zds'
Jj=1 0

Let u(t) :=E|9y, Y,O’x — Oy, Y,O’x |2, # > 0. First note that u(0) = 0. Taking now the expectation and interchanging expec-
tation and time integration yields

t
u(t) = / EE,ds,
0

where (E;);>0 is a pathwise continuous process clearly determined by the terms inside the above time integrals. One
readily checks that, # — EE; is continuous so that u is continuously differentiable and satisfies

W (1) = 2E(0y, Y5 — 9, Y, DbV ), Y2 — Db(Y2)a, v

2

d
—%EZEJDJJQ?J)mJ?J-Dajofﬁdmg?”'
j=1

Using the Young inequality for a parameter ¢ € (0, 1], small enough and to be chosen further, we derive:

0,x 0,x’
9, YO — 9, Y,

0,x 0,x’
[0, Y, — 0y, Y, |

0,x 0,x
8y, Y0¥ — 3, Y

0,x 0,x"’°
|ax,- Yz - axi Yt |

2

Db(Y)

u%n;EZE[< Namyfi-—anyﬁ”
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t ! ’ !
+ / 1Db(Y>) = Db(Y> )| |85 Y™ ||, YF — 8y, Y |}
0

d 0,x 0,x" |2
0y, Y, " — 0y Y, /
|:(1 + &) Z DO'j 0,)6) |8x, Yt(),x - ax1 Yto,x’| |ax,~ Yt(),x — By Y,O’x |2
j=1 xi Lt xi Lt
d
S0 - o 02l 7 ]

From this computation, the point is now to make the confluence condition (D) appear and to separate the components
for which we will exploit the f-Holder continuity, namely Db, (Do) jc[1,,]- To do so we first observe that:

3, YOF — 0, YO

) iYO,x _ 5 iYO,x’ 0 9 iYO,x _9 iYO,x’ 1 d 0 2
< . tOx : tO,x’ ’Db(Yt ’x) . IOx : tOx’ >+ EZ( DU'-j(Y[ ’X) ()x 0,x’ >
105, ¥Y;7" = 0 Y | 105, Y, — 05 Y | = 105, Yy " — 0, Y |
1 2 ~
=—a+@2- p)5 Do = —a,
where we suppose from now on that
- 2 l 2 2 20
a:=—a+( P)2||DU||OO<O — ||Da||oo<2 . (5.15)

Hence,
Lt/(t) < 2E|:<—C~( + %'IDOHgo) }ax,- Yto,x . axi Yt(),x/|2:|
+2B[[| DB(Y)F) = DY) [0 YO [0 Y25 — 0, VO[]
d
E[(l +e7) Y01 po (1) = Doy (1) la Y|}
j=1
Using now again the Young inequality, with n € (0, 1] small enough, for the middle term of the above r.h.s., we obtain:
’ . € 2 Ui 0,x 0,x"|2
u'(t) < 2(—a + §||Dcr||oo + §>]E[|8xth — Y 7]
]

d
ZE | Do (Y;) — Do (¥, to’x)||2|3x1'Yt0’x |2]
j=l1

B[] DH(r) — Db (v o, v

< 2(—& + §||Da||§o + g>E[|8xi Yo — 9, v2 P

+ 0 IDBRE[|Y = v o Y2 P+ (1 4+ e )IDo BE[| Y — v [P lag Y24 (5.16)
Denote:
oo = —d+ §||Da||§o n g <o,
for €, n small enough. Setting for every ¢ > 0,
0y = TDBRE[| = 0 P [a, v P+ (146~ DoBE[Y0* = v ), 10 ),
hence equation (5.16) can be regarded as an ordinary differential inequation:

' (t) < =28e p,out) +r(1), u(0)=0
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We derive from the Gronwall lemma that
t
"2 - -
u(t) =E[ |y, Y2 — 8, v 1] =< exp(—Za&mgt)/ exp(26e,n.05)r (s) ds.
0

Reproducing as well the computations that led to (5.14), we derive:
t 1
2 ~ 121 L
u(t) < Cpeplx = x| ﬁ/ exp(—28c,1,0 ( —S))<E[|3x[ N
0

1
+ / dAE[| vy Qe
0

B
2(1+ﬁ)]m> s,

From the analysis leading to (5.3), (5.5) we now derive:
[0, Y2 — 0, Y

]
c . exp(2(a —a 1) exp2(a — Ba t
< Cney e exp(—Zae,n,(,t)[ PR .0 — @2145) ), P(~( om0 F 20148)) )]’
2 Ueno = C2(148) Ueno — BA2(1+p)

and
- 1 2
—ai4+p) < —a+ (2(1+B) — p)i | Do |5

Thus, az(144) < 0 as soon as

20
2(0+8)—p’

which is precisely the restriction on the variations of o appearing in (Cyg) when d > 1, then a»(148) > 0 and:

ID I3, < (5.17)

E[|3x,- Yto’x — ax,. Y,O'X,|2] < C_‘n,g’ﬁ|x — x/|2/3 exp(—&2(1+ﬂ)t).

This last control then gives the expected bound for the S-Holder modulus of the gradient. Namely, from (5.12), (5.14),

(0. 0ls < [Vfls |:]Il+/3§p n Hl+}3>p:| 4 ||Vf||ooén,s,ﬁ.

(I+p8) a A2(1+8)

5.2. Proof of the practical results of Section 2.3
We first begin with the proof of the

5.2.1. Slutsky like Theorem 6

We keep here for simplicity the generic notation || - || for any admissible matrix norm according to the assumptions of the
theorem. We first write:
v (f) —v(f) a
P|:\/an— >a|=Plv(Ap) > va(llo2) |- (5.18)
Vn(llol1?) VT

We then proceed similarly to Theorem 8, with an exponential Bienaymé—Tchebychev inequality, for any A > O we have:

n(f) - V(f)
{ va(llo 1)

<5 exp( - 7= fun(1017) ) exp(ian 40) |
=exp<—j% v(uo||2))E[exp(—j—lf_n[\/vn(||a||2)—\/v(uonz)])exp(kvnmq)))]
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ar (o)) = vl |?)
= exp( v(llo ||2))E|:exp<— exp(Av, (Ap))
VLo VTu Voo 1) + Voo 1)

_ B ar 2)]E|: < ak v (AD) ) o (A ]
eXp( 7 VIR JE o - R e + e ) PR A0 |

By the Holder inequality, for p, g > 1, such that % + % =1:

W)~ v(f)
p| /o) o) Za:|
[ Vo |P)

aBA v (AD) >]1/’7 ~ 1/G
E — E Aq v, (A .
SGXP( VT v(lel? )>[ eXp< VT V(o 1) 4+ V(o 12) [Eexp(2v: (Ap)]

The proof of Theorem 8 yields:

() = () oo 2T )
e vl ) > a] < sy own(— T ) o 2L, + PR

aph vy (AD) >>]/ﬁ
Eexof — , (5.19)
X( exP( STn on(lo ) + (o 1?)

where we recall from identity (4.5):

l

>
3

2 2 31,14 /5 2 2
v(||lo ~ o 04
261[<p]1 (ol )+en and anq o]} (qllolS[9]] v ).
2 4 2
Also, %, — 1 denotes a “generic” remainder. Observe that thanks to the bounds of Theorem 4 (stated in the above
n

Lemma 6), we get:

alf1vdol?)

A, <
"= 2a

+ep. (5.20)

aph v, (AD) 1/p.
VI oo 1P)++/v(llo 1)

Let us now handle the remainder [[E exp(—

[Eexp(_ apa v (AD) )}1/5
VT Vo (012 + Vvl 1)

pA v, (AD) /5
= E(exp[_ ap )(lvn A9)> +1Vn )< ))i|
[ T V(o) + Vo(lo ) ) A= T A=

: <[ (j_k \;%)}l/ﬁp[vn(/lﬂ) > 0]1/3

ap?h vy (AD) )}1/5 1/5)1/5
+|E — —_— Plv,(A%) <0 .
[ exp< s otey)] Pl <0l

Let us mention that we introduced the above partition in order to get a sharper constant in the final inequality, 1 below
instead of 2, which would follow getting rid of the indicator functions. Now, by Theorem 2 we easily get:

E[exp<_ aph vn (AD) )]1/5
VT Voa(lo112) +vv(llo 12)

a’p? A_2<||o||%o||wn§o
Tv(lo|?) Ty 2

<%, eXp( +en>)[]P’[vn(A1§‘) > 0]"7 4 P, (A9) <0]"/7]"/7, (5.21)
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7’12,:2 — 0, and so (P[v,(A9) > 0]"/9 + P[v,(A®) < 0]"/9)1/P < 21/P 5 1,

We choose p := p(n) — 400, such that

Moreover, exploiting again that for the Gaussian regime, ’f—jz — 0, we obtain by (5.19) and (5.21):

vu (f) —v(f) p (_ﬂ 5 ) (,05)»2 ~ PP < )
P[mir(llollz) zai| < %, exp Non v(||a|| ) exp T (A,,—I—en)—i—i(p_ Dr, B, ). (5.22)

From identity (5.22), the optimization over A is similar to the one performed in the proof of Theorem 8. This yields the
deviation bound (2.10). The non-asymptotic confidence interval in (2.11) is derived as for Theorem 5 from the gradient
bounds of Theorem 4 and (2.10).

5.3. Regularization of Lipschitz sources

We assume here that assumptions (C2), (Ly), (UE) are in force. We suppose as well that the following smoothness holds
for b, o:

(Rp,s) Regularity and Structure. We assume that there exists 8 € (0, 1) such that b, o in (1.1) belong to chA (R, RY) and
C;’ﬁ(Rd, RY ® RY) respectively. Also, for each (i, j) € [1,d]%, Zi j(x) = Xi j(Xinjs - - s Xa)-

Importantly, we are interested, under assumptions (C2), (Ly), (UE), (R, ), in giving controls for the estimation of
v(f) when the source f is simply Lipschitz continuous. This is indeed the natural framework for the source which can
be handled through functional inequality techniques, see [9,30].

To comply with our previous framework, namely to exploit the smoothness result of Theorem 4 under (Cyg), we need
to regularize the source. Let n be a mollifier (i.e. a non-negative compactly supported function such that fRd nx)dx =1).
Define for § > 0, ns(x) = 5%17(%). We regularize f introducing f5 := f * 15 where * stands for the convolution on R?.
From usual estimates, we obtain:

3Cy > 0,Vx eRY, | f5(x) = ()] = Gyl f1i, 529
VBe©.1), [Vfslg<Cylfhs™?.

We emphasize here that we will choose 8 later in order to be compatible with a certain range of step sequences. We
assume for simplicity that 6 € (1/3, 1] (no bias). Recall that we want to investigate:

P[\/Fn(vn(f)_v(f))Za]Z]P)|:(Vn(f8)_V(fé))"‘Rn,S(f)> . }

v (5.24)
Rus(f) = [(va(f) = v()) = (ma(fs) = v(f5)].
From (5.23), one readily gets:
|Ru.s(f)] <2Cy80 1. (5.25)

On the other hand, the coefficients b, o and the source f; satisfy assumption (R g) (observe indeed that the mollified
function fs € C LA (Rd, R)). Hence, Theorem 4 yields that there exists a unique solution g5 € C 3.8 (Rd, R) to the equation:

Ags = f5 —v([fs). (5.26)
Observe from the proof of Theorem 4 under (Cyg) (see equations (5.4) and (5.11)) and (5.23) that:

IVeslloe <a™'[f11, VB €(0,1),3Cp > 0.Vi € (1,2},

[e3"], < Co(1 + 1V falles) <Cps ™ [05”], < Cps ™", .21

[(Ves,b)], < Cps~".

Now, from (5.26) the deviation in (5.24) rewrites:

P[\/To (v (f) = v(f)) > a] = P[un (A@s) + Rus(f) > \/“F_] (5.28)
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From (5.25), the term R, 5(f) can be seen as a remainder as soon as JLFT > 2C,8[ f11 = |Ry,5(f)|. On the other hand,
the deviations of v, (Ags) can be analyzed as above, reproducing the proofs of Theorems 2 and 8, replacing the bounds
on ([w(i)]l)ie{l,g}, [(p(?’)] g appearing therein by those of equation (5.27). Precisely, we get from (5.25), similarly to (3.18)
(replacing the controls on ¢ by those on ¢; in the proofs of Lemmas 3 and 5):

1
u _& q B aiy, B \/F—nzcﬂ[f]l(S )
P[\vn(AwsHRn,a(f)\ > Jr_} fz[Eexp( T M)] exp( m(l a )

22 52 pCy A2 L
xexp( T+ pia) )exp<7\/(p 2 —i—%)(l‘],)h

2T, p 2 cyl2
21 @y2 21 @52
s Pr () L s Pr () L
x exp(CaMT (IV)4P X exp C3_15T (IV)“ , (5.29)
n n
4 C2
where Cg 15:=Cgd™ 2B vV (C‘/W) and Cg 4= ”U”% v precisely correspond to the modifications of the constants

4 [0®]
Csis5 = 2@ with C = §(||V<p||oo[b]1 + [V, b)]1) and C3.14 = “””+ ¢V jintroduced in the proof of Lemma 5
when replacing || D?¢||o by [|D?@slco < Cpd~F and [(Ve, b)]1 < C by [(Vgs, bl < Cps~PC. Similarly,

S o 1 e e LT iy s lol S PRIV T
n' (1+ﬁ)(2+ﬁ)(3+ﬂ) JT - (+PC+AGLE T,

is obtained from the definition of @, in Lemma 3 replacing [¢®] g by [gog)] g- From the above equation and Lemma 2 we
get similarly to (3.18):

P[\vnm—v(f)yz \/“F_}
:P[’vn(fl(pa) + Ry s(f)] = \/cll,—n:|
. 5y2 2 I'h4Cylf 1
(1] ) (c_V p(a,) ) (_ a (1_«/_ .
=2y e 2+ T o~ Ve a

- ! {£<6C‘2/’¢+2[C6 +c ](r<2>)2>+l}>)
gllo 12 1VeslZ | Tn \ cv 3140 3N rl))

where C;, > 0 is defined in (5.23). The Young inequality yields that for any &, > 0:

a
P — >
[|vn(f) v(f)|_m}
pla 6)2 ~1 2 a?
<2(1} l’exp( + +e&, T'hé” |expl ——————5-
(1) p 2 no 2qllo 1% I Ves %
1 D 6C%/ 2 1
x(1——m— 12¢,C7 ]2+—( 42 cl, +cd (re® )+—})) (5.30)
( q||o||%o||wa||%o{ nGUITE A (G4 Cs)(T7) p

=:d?

n

We now want to let p := p(n) — +00, &, — 0 so that the associated contributions in the above equation can be viewed
n n

as remainders. From the previous definitions of C gl 5. C g.l 4» We see that, to achieve this goal, two constraints need to be
fulfilled: namely, we must choose §, p such that

s;anSZ e 0 and p(afl)2 e 0.
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8) C 55 _ rn—(%(l—ﬁ)—ﬁe)

If 6 € (1/2, 1] there exists B € (0, 1) such that F,(l < C. In that case: ‘12 < Non — 0 for § =
n n
(L La_g—
r, (240 and ¢ < % Taking p := p(n) = F,(,Z(l Pr=Fe) yields p(aﬁ)2 7 0. On the other hand, &, =I'® also yields
e, 182 =T, — 0.
! (3B F(#) | B
For 6 € (1/3,1/2), T, * ~ diverges for any 8 € (0, 1), we then have ”T < Cn2~00+%), Hence, there exists 8 €
348 n
F( JE ) l_9(1+é) . —(%4‘5) s « 5
(0, 1) such that ”\/F_ <Cnz2 2’ — 0. However, taking 6 =T', , which seems to be an almost “necessary
n n

choice to satisfy the first constraint ¢, 117,82 — 0, yields:
n

(35)
ad = S_ﬂn‘— < p(I+BG=0)+eB(1-60) _ oo,
n

N

so that the second constraint cannot be fulfilled. This means that the regularization induces a constraint on the time steps
which must not be too large. In other words, under the sole Lipschitz assumption on the source f, the fastest convergence
regime is out of reach.

Summing up the previous computations, we complete the proof of Theorem 7.

6. Applications
6.1. Non-asymptotic deviation bounds in the almost sure CLT

Let (Up)n>1 be an i.i.d sequence of centered d-dimensional random variables with unit covariance matrix. We define the
sequence of normalized partial sums by Zg = 0 and

_ 22:1 Uk
NI
The almost sure Central Limit Theorem (denoted from now on a.s. CLT) describes how the weighted sum of the renor-

malized sums Z, which appear in the usual asymptotic CLT, behaves viewed as a random measure. Precisely, it states
that setting fork > 1, yxy = 1/k:

Zy: n>1.

x|

1 = w, a.s. dx
VnZ = T, ];J/kfszk - G, G(dx) :=exp(——>

2

The above convergence had been established in [25], as a by-product of their results concerning the approximation of
invariant distributions, under the minimal moment condition U; € L?(P), thus weakening the initial assumptions by
Brosamler and Schatte (see [11] and [42]). The underlying idea is to use a reformulation of the dynamics of (Z,),>0 in
terms of a discretization scheme appearing as a perturbation of (S). One indeed easily checks that, for n > 0:

Vn+1 . / 1 1 1
Zn+1=Zn_TZn+\/Vn+lUn+1+rnzn’ I'p = 1_n+1 _1+2(l’l+1)=0<ﬁ . (6.2)
Thus, the sequence (Z,),>0 appears as a perturbed Euler scheme with decreasing step y;, = % of the Ornstein—Uhlenbeck
process d X; = —%X ¢+ dt + dW; whose invariant distribution is G. Then the regular Euler scheme
Vn+1
Xnr1=Xp — i Xn + /Vn+1Un+1, (6.3)

satisfies (1.3) with v = G. The a.s. weak convergence (6.1) established in [25] follows as a consequence of the (fast
enough) convergence of Z, towards X,, as n goes to infinity.

Moreover, this rate is fast enough to guarantee that the sequence v satisfies the conclusion of Theorem 1 point (a)
L 1“5,2)
(when y, = XV

moment assumption U; € L3(P).

— 0), i.e. its convergence rate is ruled by a CLT at rate \/log(n). In fact this holds under a lower
n
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Let us mention that the convergence rates related to the a.s. CLT had already been investigated by several authors.
Let us quote among relevant works, Csorgd and Horvéth [13], for real valued i.i.d. random variables, Chadbane and
Maiouia [12], who investigate the convergence rate of the strong quadratic law of large numbers for some extensions
to vector-valued martingales, and Heck [19], for large deviation results. As an application of our previous results, we
will derive some new non-asymptotic Gaussian deviation bounds for the a.s. CLT, when the involved random variables
(Un)n>1 satisfy (GC). We insist here that the sub-Gaussianity of the innovations is crucial to get a non-asymptotic
Gaussian deviation bound. The result readily extends to the wider class of innovations satisfying the general sub-Gaussian
exponential deviation inequality (1.4). Also, we slightly weaken the regularity assumptions needed on the function f in
[25] for the associated a.s. CLT to hold.

6.1.1. Non-asymptotic deviation bounds

Theorem 9. Assume the innovation sequence (Uy,),>1 satisfies (GC) and let f be a Lipschitz continuous function such
that G(f) = fRd f(x)G(dx) = 0. Then, there exist two explicit monotonic sequences ¢, <1 <C,,n > 1, withlim, C, =
limy, ¢, = 1 such that for alla > 0 andn > 1:

2
a
P[ylog(n) + 1|v7 (f)| = a] <2C, exp<—cn72>, (6.4)
2IVell5
where ¢ denotes the solution of the Poisson equation:
4 | 1
Vx € RY, §A</)(X) — 3% Vo(x) = f(x), (6.5)

which, under the current assumptions, is unique and belongs to W2 (R4, R), for any p > 1, with [|[V¢|leo < 2[f]i.

,loc
Proof. For (Z,),>0 asin (6.2), and (X,),>0 as in (6.3) we introduce:
Ay =Z, —X,.

With the definition of v/ in (6.1), write vZ(f) = r%, S vk f(Zk—1). We also have similarly vX (f) := Fl” S vk X
f(Xk—1). For any A > 0, we derive similarly to (3.9) (see as well (5.29)) and with the notations of (5.24):

P[yT,vZ(f)| > d]
>a:|

_p[
1 n

< IP[\/FT = 2 (Zie) = F(Xien) + 0 (Ags) + Ru ()| 2 a}
" k=1

< 2exp<—\;ﬁ_<1 — chn[f]l(s))(Eexp(ﬁ[f]lkp}f(| . |)))% (Eexp<—qlfﬁ Mn>>ﬂ

a n

({0 100) 5] (0 )

Also, @5 corresponds to the solution of the Poisson equatlon (6.5) obtained

Zyk F(Zi) = FXim) + X ()

for §,q € (1,400), p = L7, p = 1.
replacing f by its mollified version fs. Now, we need the following lemma to control vnA(| )= F_n Y ket Vel Akl

Lemma 7. There is a non-negative constant Cg 7 such that for any A > 0:

3) 2 213
Ce7AE[|UL|IT 2 Cz 1T,
Eexp(Av2(1-1)) Eexp( §yk|Ak 1|><e (67 LRI i 6.7)

r, 21?2

For clarity, we postpone the proof to the end of the current section.
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On the other hand, from Section 5.3 we have that ¢; € C3B (R4 R) for any B € (0, 1). We derive from (6.6), (6.7)

similarly to the proof of Theorem 7 by setting A, 1= qq“Hv;”z , recalling that [V@|leo = | V@s [l 0ot
3
= a 4YT5Cy L1113 Corinl SLENU T,
PlyvT vZ( ) >a| <2ex (— - (1— nn ))ex( Lon 1 )
VTl (Dl 2 ] = 2000 3 g0, a P I,
3
67p[f]2)»2F() 1= cy p(aﬁ)2
CorPLIID (1) exp( £ + 21
2T'; Pq 2g
2\, 1
X X C314+C315 + —
( (i et ) o
L pla, )2 —1 2
<2(Iy)rd — r,é
( V) p(pq + 26] +8n n
_ ;)
Xexp<_ a’ (1_ b b URC T +ENUIPT, )2)>>
29q1IVell% " qqliVel% Iy ’

for &, > 0 and d3 as in (5.30). Choose again (p,),>1 and § as in Section 5.3 so that qn — 1, d3 —> 0 with the indicated
n
monotonicity for n large enough. We can now take p := p,, — +00 such that —> 0. The above inequality then gives
n

the result up to a direct modification of the sequences (Cp)n>1, (Cn)n>1- O

Proof of Lemma 7. The definition of A, implies:

Apyr = An(l - y”;) 0 Zn

where we recall from (6.2) that ry, := /1 — +1 -1+ IrEn)] +1) = 0( 2) In particular, there exists C; > 0 such that for
eachn > 1,
Ci
lrn| < PR (6.8)

Setting now pg = 1 and for n > 1:

n -1 n
Vi 2k
= 1—— et D a—
fn [H< 2)} 2% — 1
k=1 k=1

a direct induction on A, yields:

n

An=p1 Z”kpkzk Zum(Z ) s

k=1 n

Z (Z Tk ) 6.9)

Also, from the Wallis formula p, ~, /7 n, which implies that there exists C_‘z > 1 such that for each n > 1:
Cy ' < py < Cav/n. (6.10)

We now get from (6.9) and the Fubini theorem:

ZVHAk 1|<Z " Z(Z 'rm'p’”>|U|—nZl[Z (kzl "’”'p’”>]|UI|. (6.11)

llkl+1

Combining (6.8) and (6.10), we get that there exist constants C3, C4 > 0 such that for each k € [l +1,n].

k—1

k _
Yk |rm|,0m - |rm|,0m C
S k3/2l > Z : 6.12)

m=l k=I+1 Pk—1 m=l
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Plugging this inequality in (6.11), we derive:

n—1 n k—1 =
1 m nm U
u,m.osr—z[z o ]m_r Z|13/12| 6.1

=1 Lk= l+1 m=l

For any A > 0, equation (6.13) and the Gaussian concentration property (GC) of the innovation entail:

é C4)\.
e 4(24))
k=1 Fnk Fnk7

Eexp(rv/(l- | <HEexp<—|Uk|> nexp(

_ o CHENUNIT, r®  émer®
P T, 212

This completes the proof. U
6.2. Numerical results

We present in this section numerical results associated with the computation of the empirical measure v, illustrating our
previous theorems.

6.2.1. Sub-Gaussian tails

We first consider d = r = 1. Also, for simplicity, the innovations (U;);>1 and X¢ are Bernoulli variables with P(U; =
- =PU;=-1)= 1 We illustrate here Theorem 2 taking b(x) = —%, and o (x) = cos(x) in (1.1). This is a (weakly)
hypoelliptic example. Indeed, setting for x € R, X (x) = cos(x)d, and Xo(x) = —gax, we have span{ X1, [ X1, Xol} =R
We choose as well to compute v, (Ag) for ¢(x) = x + e cos(x) for ¢ =0.01, and ¢(x) = cos(x). The function ¢ is here
given. The assumptions of Theorems 3 and 8 (for the coboundary condition on || |2 — v(||o[||?)) follow from Theorem 18
in Rotschild and Stein [41] (up to the introduction of a suitable partition of unity). From Theorem 2, for steps of the form
Vk=1 = (k_e)kzl, 0 €[1/3, 1] (corresponding to § = 1 in Theorem 2), the function

log(P[|/Trva(Ag)| = al), 6e(1/3,1],

R = g 0(a) :=
@ O g Pl T (Ag) + Bot — EDI 2D, 0=173,

+8
3 (—)
leP1sllo ISP ENU P T, 2

is such that for a > a, := a, (#) where for 6 € (1/3, 1], a,(0) =0 and for6 = 1/3, a,(0) = ET e TR N

(a — an)z

ch———————>— +10g(2C,).
"20lo 12 IVellZ "

gno(a) < —

We plot in Figure 1 the curves of g, ¢ for 6 varying as 6; = % + (1 — %)%, for j € [1,3], ¢(x) = x + ecos(x) and in
Figure 2 the curve of g, ¢ for 6 =6y = % and ¢(x) = cos(x). The simulations have been performed for n =5 x 10% in
Figure 1, n =5 x 10° in Figure 2, and the probability estimated by Monte Carlo simulation for M C = 10* realizations
of the random variable |/T,v, (Agz))| in the unbiased case and in the biased case of the random variable |+/T, v, (Ap) +
(By,1 — E, )M |, where (B,,1 — E )M is obtained from B, — E, 1 replacing the integral over [0,1], that needs to be
evaluated at every time step, by a quantization of the uniform law on [0, 1] with M = 10 points. We refer to [18] or [32]
for details on quantization. We point out that this is one drawback that appears to obtain the fastest convergence rate, the
bias needs to be estimated and therefore the function ¢ in some sense known (since the approximation of the bias requires

to compute its derivatives). The corresponding 95% confidence intervals have size at most of order 0.016. To compare

(a—an(9))* o (a—ay(®)* o _(a—an(9)?
TMolRlvels Sn0.c(@) = =3 TR ve Sno.A(@) = =3, <50

and the optimal concentration P (Amin)(n, 6, a, p), obtained in Remark 11, optimizing numerically in p. The quantities
Vn, (62), vnc(lanolz) in the previous expressions actually correspond to the numerical estimation, for n. = 10* and
V=1 = (k’gc)kzl with 6¢ = % +1073, of v(c?), v(|o Ve|?) appearing respectively in the sharper concentration bound
of Theorem 8 when o2 — v(¢2) is a coboundary and in the asymptotic Theorem 1. In the unbiased case of Figure 1, we
plot the maximum in j of the (Sn,@j)je[[m]], (Sn,gj,c)je[[ljﬂ, (Sn,gj,A)je[[m]], (P (Amin)(n, 0}, a, p))je[[l,S]] corresponding
to j = 1. The associated curves are denoted by S, Sy.¢, Sn,4 and P (Amin) ().

with, we also introduce the functions S, ¢ (a) 1= —
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- i B e =
2 = <
-3 S <
Pin(n)
4 n,0,
9n,6,
9n,6,
-5 9ne,
Ongs ~
g5
-6 Spa =
Sn,c B
-7
-8
-9
-10
0 0.5 1 1.5 2

A0 Pin(n, 69))
n.8y <
ngy N

Sn,eo,cU h

nopA ~ 7 \

Fig. 2. Biased Case. Plot of a = g, g(a), for 6y = %, with ¢(x) = o (x) = cos(x).

Figures 1 and 2 correspond to the unbiased and biased cases respectively. In the unbiased case, we observe that the
curves almost overlay, the optimal deviation rate P (Amin) is very close to the empirical data. It is also below the numerical
estimation of the asymptotic threshold given by S, ¢ 4 which is, for our considered example, almost indistinguishable
from the coboundary S, ¢ . (indeed, since ¢ = 0.01, ||V(p||go <1+¢&%and v((72)||Vgo||(2)<> ~v(loV¢|?)) and far below
from the bounds of S, . In the biased case, P (Amin) stays very close to the theoretical asymptotic bound given by Sy, ¢.4
up to a certain deviation level a, namely for a € [0, 0.5]. It then remains the best bound provided by our results. In
this example, the improvement associated with S, g . is also notable. It is precisely because the source term has a more
oscillating gradient that we have also considered a larger running time, corresponding to n = 10°, for the empirical curves.
For this choice, we see relatively good agreement w.r.t. to the asymptotic deviation bounds of S, ;. 4.

Figures 3 and 4 thus illustrate that the explicit optimal rate of Remark 11 seems rather appropriate to capture the
deviations of the empirical random measures.

We eventually plot below the deviation curves with source ¢(x) = cos(x) adding a last curve obtained replacing in
the formula for P (Amin) of Remark 11 the ||V(p||gov(az) by v(lo Vg|?). For practical purposes, this last quantity is again
estimated numerically with the same previous parameters. Even if the analysis of Theorem 8 cannot be extended to justify
such a choice, the empirical evidence is rather striking.
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) P(min(n))
-10 P(Apin(n)) with carre du champ coboundary ~ x
Yn,0
Qn,e;
Ono; —
12 gm o
n, H5 T
Sy -
Spa
-14 ‘ fne
0 0.5 1 1.5 2

a

Fig. 3. Plotof a — g, ¢(a), for (9k)ke[[1,5]] , with ¢(x) = o (x) = cos(x).

6.2.2. Slutsky like result

In this paragraph, we illustrate our results from Theorem 6, which can be viewed as an extension of the usual Slustky’s
Lemma to our current framework, for a multidimensional process, precisely for r = d = 2 in the case B € (0, 1). In
order to converge as fast as possible without bias, we take 6 = ﬁ + ﬁ. We also choose a model which satisfies the
assumptions of Theorem 4 under (Cyg) and Lemma 6. We consider:

1+ cos(x1+x) sin(x;) sin(xy)
X —4 === 4] ==l
fx)= L b(x) = 1t on , 00" ()= gnc )sin(j_) R E
1+ |x|# —5x1 —5x2 sin(n) sin(rz)  — sine)
Remark that the non-degeneracy condition (UE) is fulfilled by X = oo*, as well as the condition set in Theorem 4 under
UE), 2 j(x)=2; j(xj,...,xq),Tora <1 < j <d. Furthermore, from the oles ecomposition, we write:
(Cug), Zi, j(x) = Z; j( ),forall 1 <i < j <d. Furth fi he Cholesky d positi i
cos(x1+x2)
costautny) 4 1 0
o(x)= sin(x;) sin(x) _ sin(x1)?sin(xp)? 41— sin(x)
4\/cus(x12+x2)+l 16((:05()(£+,\'2)+1) 2

Let us check that (D) is satisfied. Firstly, remark that Db+Db* is a constant matrix whose eigenvalues are {— @ s @}.
Direct computations yield that, for all x € R?, & € R?:

< Db(x) + Db(x)*

1 r
5 s,s>+ E;wa.j(x)sf5—3.085|s|2.

It can be checked similarly that the condition ||Da||(2)<> < 2(14%% is satisfied for « = 3.085 and B = 0.5 which we
consider below. Also, the condition (R g) clearly holds. In other words, all assumptions of Theorem 6 are in force. We
set for the following plot:

a’a’?

" =logP|v/Tulvy >aj, S E— )
87 (a) =1ogP[\/T,lva(f)| = a] @=—5 i

with ¢ =3.085, and [ f]; = 1.

Unlike in the previous simulations, we do not know here the value of v(f). In fact, in Section 6.2.1 we had chosen
to compute the deviation of Ag from 0 = v(Ag). Here, we estimate from the ergodic theorem v(f), taking g = 0.5, by
vpe (f) 22 0.71308 for n° =5 - 103. Running M C = 10% samples, we find that the size of the associated 95% confidence
interval is 3.208 - 10~*. Finally, the simulations are performed for n = 5 x 10*, and the probability is calculated by
Monte Carlo algorithm for MC = 10 realizations. The maximum size of the associated 95% confidence interval is
4.75054 - 1073, The innovations are Gaussian random variables.
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0 0.5 1 15 2

|x|#
1+|x|B°

Fig. 4. Plot of a — gy (a) with f(x) = B=0.5.

In Figure 4, we observe that the curve S, stays above g7 as proved in Theorem 6. However, remark that the graphs
are quite spaced. This can be explained, among other things, by the difference between v(||o ||2)% and the asymptotic

variance v(|o*Vg|?). Furthermore we have represented S, which is a kind of asymptotic version of P (Apin(n)) in the
previous plots.
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